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a.

ON THE DETERMINATION OF THE CONTROL PARAMETERS

OF THE OPTIMAL CAN-ORDER POLICY

MJ.G. vsn Ejjs

T'ilbrug University, P.O. Boz 90153, 5000 LE Tilbtu~ The Nerherlands

Abstract:
This paper considers the well-known class ofcan-order policies. This type ofcoordinated

replenishment policies accounts for a joint set-up cost structure, where amajor set-up

cost is incurred for any order and an individual minor set-up cost is charged for each

item in the replenishment. Recent comparative studies have pointed out that the

performance of the optimal can-order poliry is poor, compared to other coordinated

replenishment strategies, when the major set-up cost is high. This paper shows that

it is the traditional method to calailate the optimal can~rder parameters which performs

bad in such situations and not the poliry itself. Attention is focused to a subclass of

can-order policies, which isclose to the optimal can-order policy for high major set-up

costs. A solution procedure is developed to calculate the optimal control parameters

of this policy. It is shown that a properly chosen combination of the solution procedures

to calculate can-order parameters leads to a can-order strategy which performs as

well as other coordinated replenishment policies.

Adrnowledgement - The author would like to thank Franlc van der Duyn Schouten and Ruud Heuts

for the'v helpfull comments and suggestions towazds the improvement of this paper.
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1. Introduction

The main part of inventory management literature is focused on independent
replenishments of single items, whereas joint replenishments are common practice
in real-life procurement processes. The coordination of replenishment orders may
lead to considerable cost savings as a result of reduced ordering costs, reduced freight

rates, reduced handling oosts, quantity discounts or impravement of the implementation
of stock control. A realistic way to model the cost effectiveness of coordination is
by the joint set-up cost structure, where a major set-up cost is incurred for any order
and an individual minor set-up cost is incurred for each item in the replenishment.
So, the major set-up cost, associated with each order, is shared when two or more

items are jointly replenished.

The irnentory management literature on joint replenishment systems has mainly

been focused on this cost structure. Recent reviews are given by Aksoy and Erenguc
(1988) and Goyal and Satir (1989). For the case of stochastic demand, the optimal
poliry for the joint replenishment problem is unknown (except for the special case
of two items with Poisson demands (see Ignall,1969)). Therefore, attention has been
focused on special ordering policies, which are on one hand close to the (unknown)
optimal poliry and on the other hand are theoretically analyzable andeasy to implement.

Most extensively studied is the class ofcan-order poGcies, whichare characterized
by a set of three parameters (S„c„s,) for each item i. Inventory levels are continuously
monitored under this type of control. Item i will trigger a replenishment order whenever
its inventory position is at or below the 'must-order point' s,. At the same time, any
item j with an inventory position at or below its 'can-order point' c; is included in
the joint replenishment. The inventory position ofevery item j in the order is raised

up to its'order-up-to-level' S;. Silver (1974, 1981), Thompstone and Silver (1975)

and Federgruen, Groenevelt and Tijms (1984) developed algorithms to find

approximations of the parameters of the optimal can-order policy in case of (compound)

Poisson demands.

Another coordinated continuous review system is provided by the class of QS-

policies, which use a group reorder point to trigger an order. Under this poliry, the
inventory position of all items j is raised up to the order-up-to-level S; whenever the

combined ínventory position of all the items drops to or below the group reorder
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point. Under unit demand sizes, the combined order quantity is Q and the group
reorder point is reached whenever the total demand since the last order reaches Q.
In case of Poisson demands, Pantumsinchai (1942) developed an algorithm to determine
the parameters (Q and S, for each item i) of the optimal strategy within the class
of QS-policies.

[n the literature there have also been suggested several coordinated periodic
review policies which usually aze generalisadons ofperiodic single-item policies with
synchronized review intervals. An eicample of sucha multi-item system is a RS poliry
(determined by the parameters (R;,S; ) for every item i), where the inventory position
of item i is ordered up to S, every R; periods. To achieve coordination, the review-
intervals R, are chosen as multiples k; of some basic period. (See e.g. Chakravarty
(1986) and Atkins and Iyogun (1988)). Other coordinated periodic policies aze suggested
by IBM (1971), Naddor (1975), CarLson and Miltenburg (1988), Chalvavarty and Martin
(1988) and Sivazlian and Wei (1990).

Recently, Atláns and Iyogun (1988) and Pantumsinchai (1992) compazed the
performance ofdifferent coordinated replenishment policies under Poisson demands.
They concluded from their empirical results that the optimal QS and RS strategy
outperform the 'optimal' can-order suategy quite frequently. The performance of
RS and QS policies compared to the can-order policy improves as the major set-up
cost (relative to the average minor set-up cost) increases and reaches improvements
up to 20010. In these compazative studies, the can-order parameters were calculated
by the method ofFedergruen et al. (1984). Section 2 shows that the bad performance
of the can-order poliry is due to the decomposition assumption which is used by
Federgruen et al. As a consequence, it is the method to calculate the can-order
pazameters which performs bad in situations with high major set-up costs, but not
the can-orderpolicy itself. For high set-up cost ratios (i.e. the ratio of the major set-up
cost and the average minorset-up cost), attention is restricted to the subclass of can-
order policies with c, -S,-1 for all items i. Under this poliry all items aze jointly
reordered as soon as one item reaches its must-order point. Section 3 analyzes this
policy and develops a solution procedure to determine the set of parameters (S;,s;
) for each item i. In Section 4, the performance is compared with the performance

of the can-order strategy obtained by the traditional algorithm as well as the optimal

QS and RS strategy. Finally, the major conclusions aze summarized in Section 5.
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2. Evaluation o[ traditional approacó to determine canbrder parameters

Consider a family ofN items with demands generated by independent Poisson prooesses
with rate x; for item i. Unsatisfied demands are completely backlogged. The
replenishment lead time of an order is deterministic and equals L periods. The major
set-up cost, associated with any order, is denoted by A, and the minor set-up cost,
for each item i included in the replenishment, is a,. Let á be thc average minor set-up
cost, then the set-up cost ratio is defined by A~à. Holding costs aze chazged at a rate
h; per period on every unit of item i on stock. The management requires that a given
fraction ~ of demand has to be satisfied d'uectly from stock on hand. The criterion
is to minimize the sum of the long run average holding and ordering cost subject
to the service constraint.

Although the control mechanism of the can-order poliry is very simple, it is
difficult to determine the optimal control pazameters (S;,c„s;, i-1,..,N). The main
complication is caused by the interaction between items. When an order is triggered
by item i, because its imentory position falls to s„ this represents a spec'ra! repletishment
oppom~nity to order at reduced set-up costs for all the other items. Silver (1974)
suggested to decompose the N-item problem in N single-item problems by assuming
that special replenishment opportunities for item j ( the trigger moments of all the
other items) occur according to a Poisson process with rate W; which is independent
of the demand process of itemj. Let ~; denote the expected number of replenishments

per unit time that is triggered by item i, then p~ -~ F; . This idea was used in
iy

the papers by Silver (1974, 1981), 7'hompstone and Silver ( 1975) and Federgruen
et al. (1984). They developed solution procedures to find the optimal parameters
S;,c„s, for item i in the resulting single-item problem with special replenishment
opportunities occurring at agiven rate w;. The actual rates ~, of special replenishment
opportunities are calculated by an iterative procedure.

The procedure of Federgruen et al., which uses a specialized policy iteration
algorithm, gives exact cost expressions when the decomposition assumption holds.
Silver (1974) already noted that the special replenishment opportunity model tends
to overestimate the real cost and to underestimate the real service. These findings
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were confirmed by our own simulation results. The extent of overestimation of the
real eost increases as the set-up cost ratio increases. The conclusions in the comparative
studies of Atkins and Iyogun (1988) and Pantuatsinchai (1992) are based on the cost
which are computed from the model of Federgruen et al. In our opinion, it would
be better to use in these mtnparisons the real (simulated) oost of the can-order strategy,
which is suggested by the model. In Table 1, the simulated cost is compared with
the model cost for the examples in Table 5 of Atkins and Iyogun (1988). It turns out
that the percentage cost etror may be significant.

Table 1: Comparison of model cost and simulated cost

example model cost simulated cost oIo cost error

1929 1626 18.63
1991 1676 18.79
2043 1727 18.30
1869 1610 16.09
1504 1263 19.08

Note: Input-data are identical to Table 5 in Atkins and Iyogun (1988).
oIo cost error-100 ~( model cost-simulated cost)~simulated cost.

When the set-up cost ratio is zero, then the optimal can-order policy will be
an independent policy with c, -s, for all items i. On the other hand, when the set-up
cost ratio is infinite (because the minor set-up cost is negligible for each item), then
the optimal policy has c, -S,-1 for all items, which implies that all items are jointly
replenished as soon as an item triggers an order. (Since c, -S,-1, an item is not ordered
if there has been no demand for it after the preceding order). The above mentioned
two special policies canbe considered as extreme policies within the class ofpossible
can-order policies.

One may imagine that the optimal can-order policy will tend to a
(S,S-l,s) policy for high set-up cost ratios. Since all items are ordered simultaneously
under a(S,S-l,s) policy, the control parameters (S;,s„ i-1,..,N) have to be chosen
such that the residual stock (i.e. the stock above the must-order point when an order
is triggered) will be close to zero for every item. This implies that during a cycle
between two trigger moments the probabitiry of a special replenishment opportunity
will be rather low in the beginning of the cycle and high at the end. This contradicts
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with the approximate assumption of Poisson arrivals of special replenishment
opportunities, which is made by Silver, Federgruen and others. Numerical examples
point out that the misspecitication in the cost of a reasonable (S,S-],s) strategy is
very high if the method of Federgruen or Silver is used. In fact, their models will
hardly suggest a strategy of (S,S-l,s)-type because the cost of such a strategy is
overestimated even more than can-order strategies with other pazameter settings.

Hence, we conclude that the traditional approacó to determine the can-order
pazameters leads to bad results for high set-up cost ratios because in this situation
the optimal solution dces not satisfy the assumption of Poisson arrivals of special
replenishment opportunities. In the next section, an alternative solution method is
proposed for these cases. This method determines the parameters of a(S,S-l,s) poliry,
which is, ingeneral, close to the optimal can-order poliry insituations with high set-up
cost ratios.

3. Determination of the parameters of the optimal (S,S-l,s) policy

This section is divided in three parts. In the first part, a cost expression is derived
for a given (S,S-l,s) strategy. The second part develops a method to 5nd the must-order
point s; (i-1,..,N) given a vector 0: -(A,,..,oN)-(S,-s,,..,5„-sN). Finally, the results of
the first and the second part are used in the third part, which presents a heuristic
algorithm to determine the optimal pazameters of a(S,S-l,s) poliry.

3.1. Cost expression for a given (S,S-l,s) strategy
Note that the inventory position of each item i equals S, at the beginning ofan order
cycle, which ends as soon as any item reaches its must-order point. The stochastic
process, which describes the changes in the vector of the imentory positions just before

an order, is a discrete-time Markov chain with a finite state space.

For a given (S,S-l,s) strategy, define:
C: long run average cost per unit time;

p; : probabiliry that no demand arrives for item i during an order rycle;

q, : expected holding cost of item i during an order cycle;

T: expected length of an order cycle.



Then, from the theory of regenerative processes, it follows that

N
A t~{(1 - po)a~ f ~~}

C - ~"~ .
s

Suppose an order cycle starts at time 0. To analyze the expected (order) cycle
time, define the following stochastic variables:

T, : time until the cvmulative demand for item i reaches the level S, -s; ;

T: time until any item triggers an order.

(1)

Note that item i will trigger an order as soon the total demand for item i from time

0onwards equals S;-s,. Because demands for individual items are generated according

to independent Poisson processes, it follows that T; is Erlang-distributed withparameters

~l; and S;-s;. Denote the con-esponding probability density function and the distribution

function by f; (t) and F; (t) respectively. Noting that T- min; T, it follows that the

distnbution function and the density function ofT, denoted by F(t) and f(t) respectively,

are given by

and,

N

F(t) - 1 - ~ ( 1 - Fr(t) ) , (2)
i-i

N N

.f(t) - ~ f,ít)~ ( 1 -F~(t)) -
r.l ~.~

The expected length of an order cycle is then given by

N

z L f (1 -F(t)}dt - f {~ (1 -F~(t))}dt .
r-0 r-0 !-~

(3)

(4)

This integral can be approximated arbitrarily close by numerical integration.
Define:

~; (k) : the probability that at time T the residual stock of item i equals k;

H; (x,y,t) : expected total holding cost for item i during an order rycle of t periods

given that the inventory on hand equals x at the beginning and equals y
at the end of the cycle.
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The probability mass function of the residual stock of item i(i-1,..,N), which turns
out to be an important factor, is determined in Appendix 1.

Consider the expected holding cost per order rycle in case the lead time is
negligíble. Then, the inventory on hand of item i decreases from S, to s, f k(k-o,..,S,-
s, ) with probability ~; (k) during an order rycle. If the order rycle time is t periods,
the expected holding cost during that rycle equals H, (S„s; t k,t). A general expression
for H; (x,y,t) is derived in Appendix 2.

The problem of determining the expected holding cost during a rycle is
complicated when there is a positive lead time L because the inventory position and
the inventory on hand differ duringa lead time L after an order. A standard convention
to handle positive lead times, which is also used by Federgruen et al., is to shift the
holding cost in [L,Tf L] back to the interval [o,T]. Because the demand for item i
during the lead time L is generated by an independent Poisson process with rate

A, L, the inventory on hand at time L equals S; -j with probability ( k' L y e-~' ~.
jl

Now, it is easily seen that

~i - [r
~-0

sr~,

(z~L~e-"'~ ~ ~~(k) f Ht(S~-j,sttk-j,t)f(t)dt. (5)
i ( k-0 r„p

Using formula (al), (a3) and (a4), equation (5) can be approximated arbitrarily close
by numerical integration.

Finally, the probability p" is equal to ~;(S;-s;). This completes the derivation
of the elements of cost formula (1).

3.2. Determination of the must-order points
This subsection investigates the determination of the must order points given avector
~-(~,,..,AN) -(S,-s,,..,SN-s„). The problem is to find the lowest value of s, (i-1,..,N)
such that a given fraction of demand, ~, is satisfied directly from stock on hand.

Define, for a given (S,S-l,s) strategy, for item i:
9; : long run fraction of demand satisfied directly from stock on hand;
ES; : expected number of shortages during an order cycle;
EQ; : expected order quantity per order cycle.
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From the theory of regenerative processes, it follows that

ES
~ - I - ~ .

EQ~
(6)

Recall that ~; (k) is the probability of having a residual stock of k units for item i
at time Tand that the demand for item i during the lead time is generated by a Poisson
procxss with rate x, L Then it easily follows that

e' ,L L~
~; - ~ ~;(k) ~ (j-si-k) ( t e-~`'~ . (~)

t.o ~-,,.t !1

By defining a~ (k) ;-~(~'Ly e-a~l, formula (7) can be rewritten as
I-k 11

e,

~; - ~ ~~(k){ ~;La;(kts;)-(k}s;)a;(kts;'1) } .

Furthermore,

e,
EQ~ a ~(0~-k)~~(k) .

k-0

(8)

(9)

Once the probability function ~; (k) of the residual stock has been calculated, .~ can

be obtained from (6), (8) and (9).

Afgarithm to detamirtt s, given the t~ctor d

Step 1: Determine the probability function ~;(k), k-0,..,d; from (al) and (a3).
Step 2a: Initialize s;:-0; calculate EQ, from (9).
erPp 2b: raleu!ate ES; Fra:n (fl).
Step 2c: Stop if ES, ~(1-~)EQ;; otherwise increase s; by one unit and go back to

Step 2b.

3.3. Solution method to determine pmameters of the optimal (S,S-I,s) policy

The results of Section 3.1 and 3.2 can be used to determine the optimal must-order

points and the corresponding cost for a given vector 0. Now, an iterative solution
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method will be proposed to find an approximation for the vector 0 of the optimal
(S,S-l,s) policy. The heuristic is outlined in the following algorithm.

Al,gnritlun to deYermine the optima! vaxor d

Step 1: Determine TD ~

N

2(~ t~4~)
l~l

N

~ ~ t hl
l~

For all items i, determine the integer value of ~, for which the

difference between ~ ( ~' TD ) ~ e -a, r, ~ N ~ ~~~~

I-o !l N}1

Determine the corresponding must-order points by the method of Section
3.2 and calculate the cost C by formula (1); Set C~,-C.

Step 2: i: -0;
Repeat (until i-N)

~ i:-if 1;

~ Carry out an one dimensional search on A; by the Golden-Section
heuristic;

~ Update t,, and Cd, if a better solution has been found.
Step 3: Stop if the vector A has not been changed in Step 2 or C~ has not been

decreased by more that eolo; otherwise go back to Step 2.

The starting value for A(Step 1) has been suggested by Love ( 1979) in a related
context (Love provides no motivation for this heuristic). Note that Tp is the optimal
length of an order cycle in the deterministic demand case. ( From prior numerical
examples it appeared that the obvious choice of ~; -~l;Tp does not work satísfactorily).

In every iteration (Step 2), an one dimensional search is carried out for each
item: O; is varied, while the other ts,, j wi, remain the same. To save computation time,
the Golden-Section heuristic is used (which assumes convexity ofC in ~, ). For every

evaluation of a possible value of 0„ the must order points of all items have to be
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calculated (since 0; can also affect other must-order points), together with the
corresponding cost for the whole family. The iterative process terminates as soon
as the vector A remains the same in two successive iterations or the minimal cost
has been decreased less than a prespecified percentage of eoI'o.

4. Numerical results

The above procedure has been applied on several numerical examples. Two families
of items are considered, consisting of 4 and 8 items. The values of Jl;, a; and h; are
listed in Table 2 for both families. For different experiments the lead time Lisvaried
over two level (0.2 and 1), the required service level ~ is also varied over two levels
(0.95 and 0.99) and the major set-up cost A is varied over three levels (25, 250, 500).

Detailed results of the 24 examples are given in Appendix 3.

Table 2: Data for numerical examples

family with N-4

item i ,L, a; h,

1 20 10 5
2 15 20 5
3 10 30 5
4 5 40 5

family with N-8

item i l, a; h;
1 20 10 5
2 15 10 5
3 10 20 5
4 5 20 S
5 20 30 5
6 15 30 5
7 10 40 5
8 5 40 5

The performance of a given coordinated replenishment strategy is measured

by the percentage cost saving over the optimal independent (S,s) strategy. The opdmal
(SS) strategy can be obtained by the approach of h'edergruen et al. (1984) with ~.;

-0 and c; -s; for all items i. The cost which is computed from the model is exact

because no assumption on the amval process of the special replenishment opportunities

is needed (N.; -0). The percentage cost saving is calculated as
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96 cs. - 100 . cost of independent strategy - cost of coordinated strategy . ( IO)
cost of independent strotegy

First, the performance of the optimal (S,S-l,s) strategy is compared with the
performance of the optimal (S,c,s) strategy, obtained by the traditional approach of
Federgruen et al. Table 3 gives the average percentage cost saving for fixed values

of the set-up cost ratio A~à. Note that the performance of the (S,c,s) strategy is based
on the real (simulated) cost of the strategy that follows from the model.

Table 3: Average olo cs. of optimal (S,S-ls) and (S,cs) policy

A~á
1

10
20

(S,S-l,s) (S,c,s)

0.07 8.88
34.80 30.73
41.02 35.43

Note: the average performance for a fixed set-up cost ratio is based on 8 obsecvations.

Asexpected, the (S,S- ls) policy performs less than the (S,cs) policy for the low set-up

cost ratio. In some individual cases, the optimal ( S,S-l,s) strategy has even a higher
cost than the optimal ( S,s) strategy. However, the (S,S-l,s) poliry outperforms the

(S,c,s) poliry for high set-up cost ratios. It can be noted that the differences would

even be larger if the cost from the model ofFedergruen et al. had been used, as Atkins

and Iyogun ( 1988) and Pantumsinchai (1992) do.
Atkins and Iyogun ( 1988) and Pantumsinchai ( 1992) conclude from their

numerical experiments that the can-order policy may perform very poor, relative to

QS and RS policies, for high set-up cost ratios. In these situations, we recommend

to use the (S,S-l,s) poliry, where the parameters are determined by the method in

Section 3. The model of Federgruen et al. should be used for low set-up cost ratios.

i.et ~A~~' `uc iiic best can-order strategy in a given situation. Based on numerical

experience, we suggest the following rule of thumb to determine the parameters of

CAN:
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Procadune to dele~rnine tlhe pm~vndas of G4N
~ If A~ás2 : Use the model of Federgruen et al. to determine the

pazameters S;, c, and s, for each item i.
~ If 2~A~à ~ 5: Determine the parameters S„q and s, for each item i with the model

of Federgruen et al. and with the model in Section 3; Choose the
parameters according to the strategy with the lowest cost.

~ If A~ázS : Use the method of Section 3 to obtain the parameters A, and s,
for all items i; Set S,:-s, t0, and c,:-S,-1.

The performance ofCAN is compazed with the performance of the optimal
QS and RS poliry for our 24 examples. Atkins and Iyogun ( 1988) and Pantumsinchai

(1992) give algorithms to calculate the optimal parameters for respectively a RS policy

and a QS poliry in case of stock-out costs. However, it is easy to adapt their algorithms

to the seivice level case. ( Atkins and Iyogun tried two versions of the periodic RS

poliry, called P and MP. Under P, the review period R; is equal for all items, whereas

R; is an integer multiple k; (which can be different for several items) of some basic
period under MP. Details are given in their paper. The adapted version ofP has been
used in our numerical analysis). The average performance of CAN and the optimal
QS and RS strategy is shown for fixed values of A~á, l, and ~ in Table 4. Tocompare
our results with the results of the other comparative studies, the performance according
to the cost from the model of Federgruen et al. (FED) has also been calculated.

By comparing the performance of the RS and the QS policy on one side and

FED on the other side, the same conclusions can be drawn as in earlier studies. How-
ever, if the performance of the RS and the QS poliry is compared with CAN, then
it appears that the can-order policy performs at least equally well as the other policies,
even for high set-up eost ratios. This supports our conjecture that the poor perfonnance

of the can-order poliry in some cases is due to the method to determine the control

parameters and not to the policy itself.

It seems that the service level has a significant impact on the percentage cost

saving of, in particular, the RS and the QS policy. ( This was already noted by

Pantumsinchai (1992) for the QS policy with respect to the stock-out cost). The

percentage cost savings are higher for the family of 8 items. However, the relative

performance of the different policies is not affected by the number of items.
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Table 4: Average oIa c.s. of several policies

factor RS QS CAN FED

A~á (8 observations)

1
10
20

-1.89
34.70
40.83

0.93
35.71
42.13

8.88
34.78
41.01

7.72
21.83
24.26

L (12 observations)

0.2
1.0

24.29
24.39

26.44
26.07

28.78
27.69

18.25
17.63

a (12 observations)
0.95
0.99

28.41
20.27

29.92
22.58

30.19
26.28

19.34
16.53

This section will be closed with some remarks on the misspecification in the
cost when the special replenishment opportunity model is used. The percentage cost
error of the model of Federgruen et al. is defined by:

96 c. e . - 100 . cost of modcl - actr~al cost (11)
actual cost

It has already been mentioned that the percentage cost error will be very large for

an arbitrary (S,S-l,s) suategy. This conjecture is verified by calculating the cost of

the optimal (S,S-l,s) strategy (obtained with the approach in Section 3) with the method

ofFedergruen et al. Recall that W~ -~ f; , where E, denotes the e~ected number
i~i

of replenishments per unit time that is triggered by item i. Note that l;; is equal to
~;(0)~T. The average percentage cost error of the (S,c,s) strategy, calculated by the

aDDroach of Federgruen et al., has also been calculated. Table 5 shows that the average

percentage cost error is very large for high set-up cost ratios. The cost errors are

dramatic for the (S,S-l,s) strategy. Hence, the model of Federgruen et al. will neglect

such a policy, when searching for the optimal can-order policy.
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Tabk S: Average oIo c.e. of (S,c,s) and (S,S-l,s) strate~

A~á
1

10
20

5. Conclusions

(S,c,s) (S,S-l,s)

1.23 5.75
11.85 30.18
14.91 37.73

Our analysis shows that can-order policies indeed do not outperform other coordinated

replenishment policies like RS or QS policies. Nevertheless, the conclusions made
in the compazative studies of Atkins and Iyogun (1988) and Pantumsinchai (1992)
aze wrong. It has been shown that the performance of the can-order policy ought
not to be evaluated by the special replenishment opportunity model, suggested by
Silver (1974) and Federgruen et al. (1984), in situations with high set-up cost ratios,

because this model gives inaccurate results in such circumstances. For the case of

Poisson demands, we developed a solution method to find the parameters ofa(S,S-l,s)
policy, which is a close to optimal can-order policy in situations with high set-up cost
rados. Numerical analysis points out that aproperly chosen combination ofboth solution
techniques leads to a can-order strategy which performs as well as the optimal RS
or QS policy, as distinct from conclusions in the above mentioned comparadve studies.
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Appendla: 1: Determinstion of probability tY~nction of residusl stock

It turns out that the problem of determining the probability function of the residual
stock is an important issue. A similar problem was solved by Miltenburg and Silver

(1984a,b) for the situation where the inventory position of each item is modelled
as a diffusion process. For this situation, they showed that the probability distribution

function has a specific form and developed some heuristics to estimate the shape
and location parameters.

In the case of Poisson demand, define T;, f;(t) and F;(t) as in Section 3. The

probability that item i triggers the following order is equal to the probability that

T; is smaller than all the other Tj. Hence,

~,(~) - Pr(T,~7'j,`dj.i} -

f f~(t)~ Pr{T~~t}dt z f f~(t)~ (1 -Ft(t))dt .
,zo ~.~ ,.o i~i

Now, define T~~' as the time until any item j.i reaches its must-order point

if item i is left out of consideration, i.e. T~"' - min;,,T„ and denote the distribution

function and the probability density function of T~~" by F~"'(t) and f~~'(t).

So,

Ft-~~(t) - 1 -~ (1 -Ft(t)) ,
~.i

and

ft-~~(t) - ~ .Íj(t) ~ (1 -Fk(t)) .
~.i t.~.i

Lemma:

The probability that the residual stock of item i is k(k-1,..,0,) is equal to:

- k S ce,-k)
~~(k) - j ( ' ) e-'~'fc-~~(s)ds, k-1,..,Ai.

~1.0 (0~-k)1
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Proof..
We present a formal proof of (a3) for the case N -2. This proof canbe straightforwardly
generalized to the case N~ 2, by replacing T, by miry„ T~ . Define,

X, (s): the excess stock above the must-order point of item 1 at time s.

Then, for k ~ 0, ~, (k)-

f Pr(Xl(nun (T~,T2))-k)~Ti~s,Tz-s) dPr(T~~s,T2-s)
,-o

f Pr(Xl(min (T1,Tz))-k)~T~~s,T2-s) dPr(T~~s,T2-s)
,-o

- j Pr(Xl(s) -k~Ti~s,T2-s) dPr(T~~s,Tz-s)
~-0

- f PríXlís)-k~T1is,Tz-s) Pr(Tlis) dPr(Tz-s)
,-o

- f Pr(Xl(s)-k,Ti~s~T2-s)dPr(T2-s)
,-o

- f Pr(Xl(s)-k~T2-s) dPr(T2-s)
,-0

t

- ~ (~ls)te~-k~ -x~a fc-u(s)dse
,-0 (A~ -k)
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Numerical integration can be used to approximate the probability function of the
residual stock from (al) and (a3).

Another expression for the probabilty function of the residual stock can be
obtained as follows. Let y, -,1, ~(~,.1, ). Then, ~, (0) can be calculated from

e, -1 e,-, - ~ e,., -1 e„- ~
e~ 11 1~-1 1~.1 !N

y~ ~ Yl ... ~ 71-1 ~ yi.~ ... ~ yx CI(I~..-.!x) .
1~`0 l~-~'0 1~.1'0 1N-~

where,

(e,-1 t~ jY)I
v.; 1~;(i,....jN) - .(e;-1)!jI(!~ )

~.i

It can also be shown that ~; (b), for b-1,..,e„ is equal to

e, -1 e,-, -1 e,.; -1 e~-, - ~ e,,, -1 e„-t
e,-b e~ JI 1o-1 1,., 1.-1 la~ Ix

Y~ ~ Yk ~ Yi ... ~ YI-1 ~ Yr.l ... ~ yk-t ~ Yk.i ... ~ YN Ci.t(jl,..~Jx)
k.l 1~'0 1~-~`o I~.~'o It-i`u h.,-u 1M.U

where,

(e,-btet-lt ~ j~)1
v.l,k

C;~t(ilr.rJN) - .(e,-b)1(ek-1)! jI (i~!)
..l.rc

It is obvious that this e~cpression is numerically intractable when N or e; (for some
i) is large.
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Appendix 2: Determination ot H, (x,y,t)

Recall that H, (x,y,t) is expected holding cost for item i during an order cycle of t
periods given that the inventory on hand equals x at the beginning and equals y at
the end of the cycle. [t can bc shown that the (x-y) demands are homogeneously
distributed over [O,t] (see e.g. Tijms ( 1986)). Five different situations are distinguished,
depending on whether x and y are positive or negative and whether the particular
item triggers the order or not. Note that in case x-y-~, the last demand of item i
was at time t(since the item triggers the order). The following formula for H;(x,y,t)
summarizes all five different cases:

hi 2 (x}Y) i.f x~~.Y20,x-y~ts~,

h~2(xfytl) ifx~0,yz0,x-y-~r,

1`1r(x,Y,t) - ~~ t x(x;l) ifx~0,ys0,x-y~A~,
2 (x-Ytl)

hi 2 x(x}1) ifx~~,Y'O,x-y-Ar,
(x-Y)

0 if xs0 .

Appendix 3: Numerical results

(a4)

Before a detailed list of the output of the 24 examples is given, some remarks are
made on the numerical integration method which is used to solve the integral equations

(3), (S), (al) and (a3). Note that these equations have the following form: f ;f(r) dt,
r-o

where ~(t) is a complex function of t which can not be simplified.
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Atgivrrrhm for ,ru~teru.at inte~rrt;orr

Step 1: Determine t~, such that the cumulative probability density of t higher than
tr, is less than 10"'.

Step 2: Determine 25 integration points, where u,:-0 and ty:-u;.,tt,,,,~24 for
j - 2,..,25.

Step 3: The function ~(t) is approximated by a piece-wise lineaz function

~(t) ~aJttbJ fortE[uJ,uJ,I] f-1,..,?d,

where a; and b; are given by

a - `.P(uJ,i) - :f(uJ) , b -
:Q(uJ)uJ.~ - ~(uJ.i)uJ .J uJ,~ - uj J uJ`~ - uJ

Calculate a; and b; for j-1,..,24.
Step 4: Calculate

u r~~~ u r~~~
f ~(t)dt d ~ f ~(t)dt - ~ f {aJttbJ}dt -

r~o l~~ r-r~ J-1 ,.r~

u

~{2aJ(ui 1- ui)tbJ(ui.i'uJ)}-

The cost C, calculated by formula (1) deviated at most l01o from the simulated
cost for the optimal (S,S-l,s) strategy in our 24 examples. e was set equal to O.lolo
in the experiments. The number of iterations ( including the determination of the

starting values) varied between 2 and 5.
The detailed results for each example are presented in Table A.1. De input-

parameters N, L, ~ and A are atready defined The variables Cl up to C7 are explained

below the table.
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Tabla ~.i: Detailed numerical results

1 4 0.2 0.95 25
2 4 0.2 0.95 250
3 4 0.2 0.95 500
4 4 0.2 0.99 25
5 4 0.2 0.99 250
6 4 0.2 0.99 500
7 4 1.0 0.95 25
8 4 1.0 0.95 250
9 4 1.0 0.95 500

10 4 1.0 0.99 25
11 4 1.0 0.99 250
12 4 1.0 0.99 500
13 8 0.2 0.95 25
14 8 0.2 0.95 250
15 8 0.2 0.95 500
16 8 0.2 0.99 25
17 8 0.2 0.99 250
18 8 0.2 0.99 500
19 8 1.0 0.95 25
20 8 1.0 0.95 250
21 8 1.0 0.95 500
22 8 1.0 0.99 25
23 8 1.0 0.99 250
24 8 1.0 0.99 500

C1 C2 C3 C4 C5 C6 C7

279.7 275.2 321.7 299.1 307.4 294.4 308.6
563.2 493.0 626.5 469.0 467.9 456.7 693.7
766.2 655.2 864.2 608.3 590.3 577.5 955.0
316.1 311.5 365.4 342.7 370.3 357.4 333.4
606.4 541.9 670.5 520.0 556.1 531.2 737.5
820.9 713.1 923.6 658.5 693.6 667.7 1003.7
314.5 311.6 349.5 335.3 333.0 326.1 341.8
579.5 521.5 638.0 484.1 488.7 477.2 711.9
761.4 666.9 799.7 606.0 608.0 598.9 972.6
374.4 371.0 418.4 400.3 420.0 402.5 385.8
659.5 598.7 719.2 569.0 588.7 571.4 788.6
847.8 747.5 957.2 700.5 721.8 700.7 1044.4
547.9 538.4 0.00 599.5 592.3 576.8 622.0

1007.2 866.6 0.00 812.3 771.7 764.6 1391.3
1356.7 1111.3 0.00 1004.6 935.3 920.3 1912.9
625.1 616.1 0.00 696.5 711.6 697.7 671.5

1103.9 965.9 0.00 913.5 935.3 911.2 1479.1
1429.2 1186.2 0.00 1078.8 1112.3 1085.3 2010.5
617.9 611.4 0.00 652.4 643.3 636.1 685.8

1049.1 924.9 0.00 830.7 827.4 814.6 1427.8
1344.6 1117.8 0.00 992.0 977.5 965.4 1943.6
730.1 722.9 0.00 810.7 814.7 796.8 789.9

1197.7 1066.3 0.00 1018.8 1011.7 993.8 1566.8
1532.5 1299.8 0.00 1170.1 1177.5 1159.9 2092.0
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Legend to Table A.1.

Cl : cost calculated from the model of Federgruen et al. for the (S,cs) strategy obtained
by the same model;

C2 : simulated cost for the (S,c,s) strategy obtained by the model of Federgruen et al.;
C3 : cost calculated from the model of Federgruen et al. for the (S,S-l,s) strategy obtained

by the algorithm in Section 3;
C4 : exact cost calculated by formula (1) for the (S,S-l,s) strategy obtained by the algorithm

in Section 3;
CS : exact oost aooording to optimal RS policy obtained by an adapted version of the method

of Atkins and Iyogun (1988) (the optimal R was found by a grid search with steps
of 0.05);

C6 : exact cost according to the optimal QS policy obtained by an adapted version of the
method of Pantumsinchai (1992);

C7 : exact cost according to the optimal (S,s) polic.y obtained by the model of Federgruen
et al. (1984).



Discusaion Paper Series, CentER, Tilburg University, The Netherlanda:

(For previous papers please consult previous discussion papers.)

No. Author(s)

9151 A.P. Barten

9152 R.T. Baillie,
T. Bollerslev and
M. R. Redfearn

9153 M.F.J. Steel

9154 A.K. Bera and
S. Lee

9155 F. de Jong

9156 B. le Blanc

9157 A.J.J. Talman

9158 H. Bester

Title

Consumer Allocation Models: Choice of Functional
Form

Bear Squeezes, Volatility Spillovers and
Speculative Attacks in the Hyperinflation
1920s Foreign Exchange

Bayesian Inference in Time Series

Information Matrix Test, Parameter Heterogeneity
ARCH: A Synthesis

A Univariate Analysis of EMS Exchange Rates Using
a Target

Economies in Transition

Intersection Theorems on the Unit Simplex end the
Simplotope

A Model of Price Advertising and Sales

9159 A. bzcam, G. Judge, The Risk Properties of a Pre-Test Estimator for
A. Bera end T. Yancey Zellner's Seemingly Unrelated Regression Model

916G R.M.W.J. Beetsma

9161 A.M. Lejour and
H.A.A. Verbon

9162 S. Bhattacharya

9163 H. Bester,
A. de Palma,
W. Leininger,
E.-L. von Thadden
and J. Thomas

9164 J. Greenberg

9165 Q.H. Vuong and
W. Wang

9166 D.o. Stahl II

9167 D.o. Stah1 II

Bands and Statistical Properties of EMS Exchenge
Rates: A Monte Carlo Investigation of Three
Target Zone Models Zone Model

Centralized and Decentralized Decision Making on
Social Insurance in an Integrated Market
Multilateral Institutions

Sovereign Debt, Creditor-Country Governments, and
Multilateral Institutions

The Missing Equilibrie in Hotelling's Locatíon
Game

The Stable Value

Sellecting Estimated Models Using Chi-Square
Statistics

Evolution of Smart„ Players

Strategic Advertising and Pricing with Sequential
Buyer Search



No. Author(s)

9168 T.E. Nijman and
F.C. Palm

9169 G. Asheim

9170 H. Carlsson and
E. van Damme

9201 M. Verbeek and
Th. Nijman

9202 E. Bomhoff

9203 J. Quiggin and
P. Wakker

9204 Th. van de Klundert
and S. Smulders

9205 E. Siandra
9206 W. Hërdle

920~ M. Verbeek and
Th. Nijman

9208 W. Hërdle and
A.B. Tsybakov

9209 S. Albmk and
P.B. Overgaard

9210 M. Cripps and
J. Thomas

9211 S. Albaek

9212 T.J.A. Storcken and
P.H.M. Ruys

9213

9214

9215

9216

R.M.W.J. Beetsma snd
F. van der Ploeg

A. van Soest

W. GUth and
K. Ritzberger

A. Simonovits

Title

Recent Developments in Modeling Volatility in
Financiel Data

Individuel and Collective Time Consistency

Equilibrium Selection in Stag Hunt Games

Minimum MSE Estimation of a Regression Model with
Fixed Effects from a Series of Cross Sectiona

Monetary Policy and Inflation

The Axiomatic Hasis of Anticipated Utility; A
Clarification

Strategies for Growth in a Macroeconomic Setting

Money and Specialization in Production

Applied Nonparametric Models

Incomplete Panels and Selection Bias: A Survey

How Sensitive Are Average Derivatives?

Upstream Pricing and Advertising Signal Downstream
Demand

Reputation and Commitment in Two-Person Repeated
Games

Endogenous Timing in a Game with Incomplete
Information

Extensions of Choice Behaviour

Exchange Rate Bands and Optimal Monetary
Accommodation under a Dirty Float

Discrete Choice Models of Family Labour Supply

On Durable Goods Monopolies and the (Anti-) Coase-
Conjecture

Indexation of Pensions in Hungary: A Simple
Cohort Model

921~ J.-L. Ferreira, Credible Equilibria in Games with Utilities
I. Gilboa and Changing during the Play
M. Maschler



No. Author(s) Title

9218 P. Borm, H. Keiding, The Compromise Value for NTU-Games
R. Mclean, S. Oortwijn
and S. Tijs

9219 J.L. Horowitz and
W. Hgrdle

9220 A.L. Bovenberg

9221 S. Smulders and
Th. van de Klundert

9222 H. Bester and
E. Petrakis

9223 A. ven den Nouweland,
M. Maschler and
S. Tijs

9224 H. Suehiro

9225 H. Suehiro

9226 D. Friedman

922~ E. Bomhoff

9228 P. Horm, G.-J. Otten
and H. Peters

9229 H.G. Bloemen and
A. Kapteyn

9230 R. Beetsma and
F. van der Ploeg

9231 G. Almekinders and
S. Eijffinger

9232 F. Vella and
M. Verbeek

9233 P. de Bijl and
S. Goyal

9234 J. Angrist and
G. Imbens

9235 L. Meijdam,
M. van de Ven
and H. Verbon

Testing a Parametric Model against a
Semiparametric Alternative

Investment-Promoting Policies in Open Economiea:
The Importance of Intergenerational and
International Distributional Effects

Monopolistic Competition, Product Variety and
Growth: Chamberlin vs. Schumpeter

Price Competition and Advertising in Oligopoly

Monotonic Games are Spanning Network Games

A "Mistaken Theories" Refinement

Robust Selection of Equilibria

Economically Applicable Evolutionary Games

Four Econometric Fashions and the Kalman Filter
Alternative - A Simulation Study

Core Implementation in Modified Strong and
Coalition Proof Nash Equilibria

The Joint Estimation of a Non-Linear Labour Supply
Function and a Wage Equation Using Simulated
Response Probabilities

Does Inequality Cause Inflation? - The Political
Economy of Inflation, Taxation and Government
Debt

Daily Bundesbank and Federal Reserve Interventions
- Do they Affect the Level and Unexpected
Volatility of the DM~S-Rate?

Estimating the Impact of Endogenous Union Choice
on Wages Using Panel Data

Technological Change in Markets with Network
Externalities

Average Causal Response with Variable Treatment
Intensity

Strategic Decision Making and the Dynamics of
Government Debt



No. Author(s)

9236 H. Houba and
A. de Zeeuw

9237 A. Cameron and
P. Trivedi

9238 J.-S. Pischke

9239 H. eloemen

924G F. Drost and
Th. Nijman

9241 R. Gilles, P. Ruys
and J. Shou

9242 P. Kort

9243 A.L. Bovenberg and
F. ven der Ploeg

9244 W.G. Gale and
J.K. Scholz

9245 A. Bers and P. Ng

9246 R.T. Baillie,
C.F. Chung and
M.A. Tieslau

9247 M.A. Tieslau,
P. Schmidt
and R.T. Baillie

9248 K. Wgrneryd

9249 H. Huizinga

925G H.C. Bloemen

9251 S. Eijffinger and
E. Schaling

9252 A.L. Bovenberg and
R.A. de Mooij

9253 A. Lusardi

9254 R. Beetsma

Title

Strategic Bargaining for the Control of a Dynamic
System in State-Space Form

Tests of Independence in Parametric Modela: With
Applications and Illustrations

Individual Income, Incomplete Information, end
Aggregate Consumption

A Model of Labour Supply with Job Offer
Restrictions

Temporal Aggregation of GARCH Processes

Coalition Formation in Large Network Economies

The Effects of Marketable Pollution Permita on
the Firm's Optimal Investment Policies

Environmental Policy, Public Finance and the
Labour Market in a Second-Best World

IRAs and Household Saving

Robust Tests for Heteroskedasticity end
Autocorrelation Using Score Function

The Long Memory and Variability of Inflation: A
Reappraisal of the Friedman Hypothesis

A Generalized Method of Moments Estimator for
Long-Memory Processes

Partisanship as Information

The Welfare Effects of Individual Retirement
Accounts

Job Search Theory, Labour Supply and Unemployment
Duration

Central Bank Independence: Searching for the
Philosophers' Stone

Environmental Taxation and Labor-Market
Distortions

Permanent Income, Current Income and Consumption:
Evidence from Panel Data

Imperfect Credibility of the Bend and Risk Premia
in the European Monetary System



No. Author(s)

9301 N. xehana ana
S. Nitzan

9302 w. Gvth and
S. Nitzan

9303 D. Karotkin and
S. Nitzan

9304 A. Lusardi

9305 w. cucn

9306 B. Peleg and
S. Tijs

9307 C. Imbens and
T. Lancaster

9308 T. Ellingsen and
K. WArneryd

9309 H. Bester

931o T. Callan and
A. van Soest

9311 M. Pradhan and
A. van Soest

9312 Th. Nijman and
E. Sentana

9313 K. Whrneryd

9314 O.P.Attanasio and
M. Browning

9315 F. c. Drost ana
B. J. M. Werker

9316 H. Hamers,
P. Borm and
S. Tijs

9317 w. Guth

9318 M.J.G. van Eijs

Title

Credibility and Duration of Political Conteats and
the Extent of Rent Dissipation
Are Moral Objections to Free Riding Evolutíonarily
Stable?

Some Peculiarities of Group Decision Making in
Teams

Euler Equations in Micro Data: Merging Data from
Two Samples

A Simple JustiFication of Quantity Competition
and the Cournot-Oligopoly Solution

The Consistency Principle For Games in Strategic
Form

Case Control Studies with Contaminated Controls

Foreign Direct Investment and the Political
Economy of Protection

Price Commitment in Search Markets

Female Labour Supply in Farm Households: Farm end
Off-Farm Participation

Formal and Informal Sector Employment in Urban
Areas of Bolivia

Marginalization and Contemporaneous Aggregation
in Multivariate GARCH Processes

Communication, Complexity, end Evolutionary
Stability

Consumption over the Life Cycle and over the
Business Cycle

A Note on Robinson's Test of Independence

On Games Corresponding to Sequencing Situations
with Ready Times

On Ultimatum Bargaining Experiments - A Personal
Review -

On the Determination of the Control Parameters of
the Optimal Can-order Policy



ui A n~ ~ ~ ~iin ui~n~~uni~


	page 1
	page 2
	page 3
	page 4
	page 5
	page 6
	page 7
	page 8
	page 9
	page 10
	page 11
	page 12
	page 13
	page 14
	page 15
	page 16
	page 17
	page 18
	page 19
	page 20
	page 21
	page 22
	page 23
	page 24
	page 25
	page 26
	page 27
	page 28
	page 29
	page 30
	page 31
	page 32

