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1 General Introduction 
 

Private labels (PLs), also known as store brands or retailer brands, have been extremely 

successful in the past years, and are becoming more and more important. Yearly PL sales in the 

consumer packaged goods (CPG) industry in the U.S. exceed $115 billion, and account for a 

market share of more than 22% (PLMA 2016). PL sales in European CPG markets, traditionally 

at the forefront of PL development, are even more substantial with PL shares often exceeding 

30%, while still showing impressive growth rates. In Spain and Poland, for example, PL shares 

have increased by a staggering 10% from 2009 to 2013, resulting in market shares of 41% and 

24%, respectively (Nielsen 2014). 

Originally created to provide the cheapest products in the assortment, PLs used to be generic 

products with little power to differentiate and an acceptable, but low, quality. Times are 

changing, however, and PLs have evolved from generics to products with quality comparable to, 

or even exceeding that, of national brands (NBs). This transition has been documented in the 

academic literature by, amongst others, Geyskens, Gielens, and Gijsbrechts (2010), who studied 

vertically differentiated, multi-tiered PL portfolios, Martos-Partal, González-Benito, and 

Fustinoni-Venturini (2015), who investigated PLs’ ability to attract other than merely highly 

price-sensitive customer segments, and ter Braak et al. (2014), who researched the rise of 

premium PLs, which are positioned to compete heads on with the highest-quality NBs (ter Braak, 

Geyskens, and Dekimpe 2014). 

Yet, while acknowledging the increasing quality parity with NBs, consumers may still not 

differentiate among different PLs. Indeed, Schnittka et al. (2015) provide evidence that 

consumers may be able to recognize PLs, but not be able to associate them with the correct 
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retailer. Similarly, Szymanowski and Gijsbrechts (2012) have demonstrated that consumers 

consider PLs as a separate brand class rather than individual private brands from different 

retailers. To overcome this impediment and unlock PLs’ true potential, retailers’ next step is to 

create unique PL brands and clearly distinguish these brands from other retailers’ PLs and 

competing NBs (Planet Retail 2010). This transition is feasible, as retailers have achieved the 

“necessary mass” for investments in branding activities (Kumar and Steenkamp 2007, p. 9).  

A key element in creating “true” PL brands is a fitting brand name, which allows consumers 

to more easily differentiate among various PLs. After all, “the key to branding is that consumers 

perceive differences among brands in a product category” (Keller 2012, p. 36). In addition, 

launching bolder new PL products, characterized by unique (combinations of) features that 

satisfy specific consumer needs, help retailers in creating unique PL brands. 

Some brands have already made this transition. One example is Loblaw’s “President’s 

Choice,” which is now considered to be the most trusted CPG brand in Canada.
1
 Consumers 

consider “President’s Choice” to be a brand in its own right and Loblaw’s SVP marketing even 

went so far as to say “I take offense to thinking about President’s Choice as a store brand [as] 

Canadians don’t consider it one” (Kolm 2016, p. 1). In addition, President’s Choice launches 

more than 600 new SKUs per year, including very unique products such as President’s Choice 

“The Decadent”, which features substantially improved and new ingredients compared to all 

incumbents (Kumar and Steenkamp 2007). Shortly after its launch, it became the market leader 

in the chocolate cookie category despite its limited distribution in one retail chain only. 

I study the evolution from PLs as brand class to individual PL brands from three 

perspectives, as reflected in three essays. In the second chapter of this dissertation (essay 1), I 

study the antecedents and performance implications of retailers’ decisions whether to attach their 

                                                           
1
 Gustavson Brand Trust Index (http://www.uvic.ca/gustavson/brandtrust/index.php). 
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banner name to a PL tier rather than developing a stand-alone PL brand name. In the third 

chapter (essay 2), mirroring the contention that it “is easier to build equity in a single brand” 

(Kolm 2016, p. 1), I study how the rebranding of multiple, category-specific PLs to one umbrella 

brand across product categories affects the PL brand’s strength, its marketing effectiveness, as 

well as its marketing support. Finally, in the fourth chapter (essay 3), I document retailers’ 

practice to launch more and more unique PL SKUs, historically a forte of NBs, and assess to 

what extent unique new-PL SKUs, as compared to unique new-NB SKUs, help in growing the 

retailer’s category sales. 

Specifically, in chapter 2, I study the drivers and performance implications of retailers’ 

branding strategies for their premium and economy PL tiers. Retailers can opt for store-banner 

branding – and use their store-banner name and/or logo to reveal their ownership – or they can 

use stand-alone branding – and avoid an explicit link between store brand and retail banner. I 

develop a conceptual framework that relates a retailers’ branding decision for a PL tier to retailer 

characteristics (retailer positioning and prior branding decisions) and market characteristics 

(retail environment and institutional environment). For each contingency factor, I advance 

hypotheses for their effect on a retailer’s propensity to use store-banner branding for its premium 

tier and whether this effect is weaker/stronger for the economy tier. I test these hypotheses on a 

large pan-European sample of premium and economy tiers that were introduced over almost 15 

years. For the premium tier, retailers’ propensity to use store-banner branding is higher when 

they have a HiLo price format, a higher brand equity, and when they have used store-banner 

branding in the past (on their standard tier and in other markets). The attractiveness of using 

store-banner branding for the premium tier also varies across countries: it is more likely to be 

chosen when the retail environment is less concentrated, when uncertainty avoidance and rule of 
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law are higher, and when power distance is lower. For most of these drivers, the effect is 

significantly weaker for the economy tier. Retailers whose premium-tier branding decision is 

congruent with the proposed contingency framework perform better. For the economy tier, 

congruence is not associated with higher performance. 

In chapter 3, I study the consequences of consolidating multiple category-specific PL brands 

by “opening the umbrella” and unifying them under a common brand name. While 

retail managers operate under the impression that such rebrandings will strengthen their 

PL brand, the actual success of this strategy remains an open question. Indeed, the evaluation of 

such a rebranding operation is intrinsically quite intricate. First, the performance assessment is 

often convoluted. Retail managers typically like to report the total (positive) impact of their 

decisions. Yet, in this “total effect,” it remains unclear which part is due to the new umbrella 

brand being more attractive than the earlier category-specific brands (“brand-strength effect”, 

i.e., changes in the strength of the consolidated PL per se), and which part is due to other factors, 

such as a changed marketing-mix effectiveness (“marketing-effectiveness effect”, i.e., 

altered marketing-mix effectiveness due to the rebranding) and company decision rules that back 

up the rebranding strategy (“marketing-conduct” effect, i.e., managers’ support of the rebranded 

PL line with additional marketing-mix resources). Second, not only are effects on the rebranded 

tier important, but the other PL tiers of the retailer may be affected as well. Third, retailers 

typically assess sales implications, whereas a rebranding is likely to also come with changes in 

the products’ margins, such that profit implications need to be considered as well. I study 

rebrandings of three retail banners from two countries to disentangle and quantify the various 

constituent effects. The proprietary data feature four years of data, including sales, profits, prices, 

price promotions, and advertising for all SKUs in 50+ product categories. The results show that a 



Chapter 1: General Introduction 

 

5 

PL’s brand strength decreases with the rebranding, while its marketing effectiveness generally 

increases. Whether the rebranding affects marketing conduct depends on the management level 

involved in setting the marketing mix. I find a positive marketing-conduct effect for advertising, 

which is typically managed by higher-level management, but no effect for category-level 

decisions such as price and temporary price cuts. 

In chapter 4, I study the importance of product uniqueness in a new SKU’s ability to grow 

retailers’ category sales. Although brands aspire to launch bolder new products, it does not come 

as a surprise that many of them are hardly unique, given the staggering numbers of new-SKU 

introductions each year on retailers’ shelves. On the one hand, a more unique new SKU may be 

able to grow the category by appealing to hitherto underserved market segments (market 

expansion) or by attracting more sales from existing customers (relationship deepening). On the 

other hand, more unique new SKUs may impose higher search costs for consumers (consumer 

costs) and a higher burden on the retailers’ category managers (category-manager costs), as a 

result of which category sales may not increase and even decrease. The net effect of these 

countervailing forces can be influenced by the parent brand’s characteristics and the competitive 

structure of the category. Using household-panel data and rich SKU-level information on up to 

28 product attributes that allow me to construct a nuanced measure of uniqueness, I study the 

performance of 2,337 newly-introduced SKUs across 16 product categories and three retailers 

over a seven-year period in the Belgian CPG market. The results show that unique new SKUs 

perform better when being introduced by strong PL brands. In contrast, new unique SKUs by 

weak brands reduce the odds of category growth, irrespective of the brand type. The brand’s 

track record at the retailer (historical launch intensity and new-SKU success) is important for 

new NB-SKU success in that unique SKUs perform better if the brand has been successful in the 
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past, but did not launch many new SKUs. As for the competitive environment, more unique 

SKUs perform better if introduced in categories with a low PL share and a low NB 

concentration, provided they are PLs. 

In sum, with these three essays, I shine some first light on how PLs make the transition to 

become brands in their own right, both in terms of their branding (essays 1 and 2), and new-

product introduction decisions (essay 3). Collectively, this provides retail managers with 

guidelines on how to more effectively employ their PLs and NB manufacturers with a new 

perspective on the implications of PLs’ next step in the evolution.  
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2 Let Your Banner Wave? Antecedents and Performance 

Implications of Retailers’ Private-Label Branding Strategies 
 

2.1 Introduction 

Private labels (PLs) continue to gain importance in grocery retailing. A recent study by 

Accenture, for example, reports that over 60% of U.S. shoppers fill their grocery carts at least 

half with PL products (Store Brands Decisions 2012a). In Western Europe, the most developed 

region in terms of PLs, PL unit share reached a record high of 49% in 2013 (IRI 2014). 

Originally introduced as no-name products, PLs have changed drastically over the last decade, 

and are making the transition to brands in their own rights.  

In light of this development, retailers have to decide how closely the store brand should be 

associated with the retail banner. Basically, retailers can choose between two PL-branding 

strategies. First, they can opt for store-banner branding, and clearly reveal ownership of their PL 

lines. This can be done by using their store-banner name in the name of the PL, and/or by clearly 

displaying their logo on the packaging (Kotler 2000). Alternatively, they can decide to use stand-

alone branding, and avoid an explicit link between the PL and the store banner (Ailawadi and 

Keller 2004). In this case, the banner name is not reflected in the PL name, nor is the retailer’s 

logo prominently displayed on the packaging. Two recent marketplace developments add weight 

to this decision. First, many retailers are in the process of adding premium and economy tiers to 

their PL portfolio, and move from a single, standard-tier offering to a multi-tier offering (ter 

Braak, Dekimpe, and Geyskens 2013a). For each such addition, a branding decision has to be 

made. Second, retailers are increasingly active, and offering their PLs, in multiple countries 

(Store Brands Decisions 2010). As such, they not only have to make a PL-branding decision for 
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every new tier that they introduce, but also for every country where they do so.  

Interestingly, retailers’ PL-branding practices vary widely: U.K.’s Tesco, for example, has its 

banner name in the naming of both its economy (“Tesco Everyday Value”) and premium (“Tesco 

Finest”) tier, consistent with the branding strategy used on its long-standing standard tier 

(“Tesco”). Also U.S.-based Meijer followed the store-banner branding strategy of its standard 

tier (“Meijer”) when it introduced its premium tier (“Meijer Gold”) in 2005. Both retailers 

therefore follow a pure corporate-branding strategy in the typology of Rao, Agarwal, and 

Dahlhoff (2004). Swiss’s SPAR, on the other hand, opts for a mixed strategy: it already featured 

a store-banner branded standard tier (“SPAR”) when it added a stand-alone branded economy 

tier (“Jeden Tag”) and a store-banner branded premium tier (“SPAR Premium”). Moreover, the 

same retailer sometimes uses different branding strategies across countries. For many years, 

Carrefour used the stand-alone label “No. 1” for its economy tiers in Poland and Romania, but 

“Carrefour Discount” in France. As such, some retailers adapt their PL architecture to the 

varying conditions in local markets (Planet Retail 2014b). 

This wide diversity of branding practices – across PL tiers, retailers, and markets – stands in 

sharp contrast with the scant academic literature on the topic, which has almost exclusively 

favored store-banner branding.
2
 Analyzing U.S. grocery chains, Dhar and Hoch (1997) find that 

placing the chain name prominently on the PL generally enhances the retailer’s PL share. Using 

household level data from two French test markets, Ngobo (2011) reports that the effect of the 

share of PL SKUs in retailers’ assortments on store loyalty is larger when these are store-banner 

branded, while Schnittka et al. (2015), using a survey in Germany, conclude that store-banner 

branding increases PL recognition and PL attitude for the standard tier but not for the economy 

                                                           
2
 A notable exception is the recent study by Aribarg et al. (2014), which shows that copycatting of a leading national 

brand is more likely to backfire with certain customer segments when store-banner branding is used. 
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tier. Clearly, none of these studies explored cross-country differences, and all three ignored the 

fastest-growing (IRI 2014) and most profitable (ter Braak et al. 2013a) tier, the premium one. 

The current research expands this domain of inquiry by distinguishing between premium and 

economy PL tiers, between different retailers, and between different markets. By doing so, we 

aim to reduce the current discord between theory and practice on PL branding. Specifically, the 

research questions we address are: (i) What are the (retailer and market) drivers associated with 

retailers’ propensity to use store-banner branding for their premium and economy PL tiers?, (ii) 

What are the consequences of store-banner branding for retailer performance in the face of these 

factors?, and (iii) Do the answers to the questions above differ across the two tiers?  

From a theoretical point of view, we address the repeated calls for more research on this 

issue (Ailawadi and Keller 2004, p. 339; Dekimpe et al. 2011, p. S23; Geyskens et al. 2010, p. 

805). Prior insights from the NB literature on branding decisions may not generalize in a 

straightforward manner to our PL setting, for three reasons. First, to assess the success of a PL-

branding strategy, the retailer has to consider not only the performance of the PL itself, but also 

its effects on the NBs that it offers, which requires an integrated performance metric. Second, 

compared to NBs – which are offered in one or a few categories only – PLs are offered in 

multiple product categories. As consumers may transfer their experiences with a PL in one 

category to another, cross-category learning effects become a more important consideration for 

PLs than for NBs (Szymanowski and Gijsbrechts 2012). Finally, (positive and negative) image 

spillovers from product to manufacturer are not very likely to occur for NB manufacturers since 

they mostly use a “house of brands” strategy (Kapferer 2008) that keeps the corporate connection 

hidden from consumers (Rao et al. 2004). In contrast, if a retailer uses store-banner branding, the 

link between PL product and retailer becomes obvious. Consequently, both positive and negative 



Chapter 2: Private-Label Branding Strategies 

10 

spillovers are more likely. Positive spillovers may materialize through familiarity effects, as 

consumers feel less uncertain about the quality of an unknown product if they are familiar with 

the brand name (Sethuraman and Gielens 2014). Negative spillovers may materialize, for 

example, in the presence of a product-harm crisis (Ailawadi and Keller 2004). 

Managerially, evidence of practices followed by other retailers, and the performance impact 

of these practices, will help retailers that do not yet feature certain tiers in certain countries make 

better-informed branding decisions for future introductions. Since we test our hypotheses on a 

uniquely assembled dataset that covers all major grocery retailers of 27 Western- and Central-

European countries, our findings reflect the combined industry wisdom.
3
 Given that several 

retailers do not yet have much experience in this domain, they can turn to our framework to 

understand under what circumstances different branding strategies are more or less called for.  

We focus on the premium and economy tier, rather than the more traditional standard tier, for 

two reasons. First, in contrast to the standard tier which has been around for several decades 

(Geyskens et al. 2010), many retailers do not yet carry an economy and/or premium PL tier, 

which increases the managerial actionability of our insights. Second, obtaining the precise 

introduction date (and the values of the relevant drivers at that time) for more than 150 retailers 

across 27 different countries (as discussed in more detail in the data section) would be 

notoriously difficult.
4
 Premium- and economy-tier introductions are a more recent phenomenon, 

making a historical data collection effort feasible. 

 

                                                           
3
 We do not consider hard discounters because their vastly different business model entails a different role of PLs in 

their assortment (Cleeren et al. 2010). 
4
 Because of a similar difficulty, Steenkamp, van Heerde, and Geyskens (2010, p. 1016) had to discretize the 

introduction date in their cross-country study (prior versus after 1985). In a similar vein, in their study on three-

tiered PL portfolios, Geyskens et al. (2010, p. 795) investigate the introductions of the premium and economy tier 

(but not the standard tier), because these could be observed within their available data period. 
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2.2 Conceptual Framework 

Standard PLs, which are positioned as mid-quality alternatives that imitate mainstream NBs at a 

lower price, have been around for a long time. Rather than restricting themselves to a single 

standard PL line, retailers are recently moving to two- and three-tiered PL programs by 

introducing premium and/or economy tiers. Premium PL tiers are at the top end of the market 

and deliver quality equal to premium-quality NBs, with similar (and sometimes even higher) 

prices (Kumar and Steenkamp 2007). As such, they are vertically differentiated from standard 

PL tiers in terms of quality. They are also horizontally differentiated from standard PL tiers and 

competing NBs by offering unique features such as ingredients, flavors, or packaging that cannot 

be found elsewhere (ter Braak et al. 2014). Economy PL tiers are vertically differentiated from 

standard PLs in terms of quality. Economy PLs are bottom-of-the-market PLs with the lowest 

price, but with acceptable quality (Geyskens et al. 2010). Following Geyskens et al. (2010) and 

ter Braak et al. (2014), we make abstraction of much smaller theme-based PL lines that cater to 

specific benefit segments, such as halal or seasonal products.  

Figure 2.1 depicts our conceptual framework. The focal variable in this framework is a 

retailer’s decision whether or not to use store-banner branding for its premium and economy PL 

tier in a specific market. PL tier introductions take place across multiple product categories, for 

which a common branding strategy is chosen (de Jong 2007; Gielens 2012; ter Braak et al. 

2014).
5
 We therefore study the retailer’s branding decision for such a broad PL tier introduction, 

rather than for the addition of a single PL SKU to an individual product category.  

                                                           
5
 Although a PL tier may be rolled out over time – category by category – the branding decision is a retailer-specific 

decision that does not vary on a category-to-category basis. Evidence for this is provided by both the academic 

literature (see, e.g., ter Braak et al. (2014, p. 130) and Gielens (2012, p. 412)) and the business press (see, e.g., de 

Jong (2007, pp. 73-125)). In addition, we coded the PL assortment of 12 retailers from six countries with relatively 

easy-to-access online shops. In all cases, the retailer used the same branding strategy across all product categories in 

which the PL tier was offered. Finally, through AiMark we obtained information on the branding decisions based on 

GfK and Kantar Worldpanel data for 2014 for 18 retailers from five countries and 79 product categories. For each of 
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When made incorrectly, the PL-branding decision may backfire and tarnish the retailer’s 

performance (Thain and Bradley 2012). When made right, the PL-branding decision can help the 

retailer in defining “what it stands for” (Ailawadi and Keller 2004, p. 338) and increase its 

performance. Retailers, therefore, should not take PL-branding decisions lightly, and factor in 

retailer and market characteristics in making these decisions. In terms of retailer characteristics, 

we consider the retailer’s positioning, which affects how the retailer may signal its PL-product 

position through the branding strategy that was chosen, and the retailer’s prior branding 

decisions, which influence to what extent it may benefit from increased marketing productivity 

through learning effects. In terms of market characteristics, we study the retail environment, 

which influences the extent to which retailers wish to differentiate from each other, the informal 

institutional (or cultural) environment, which influences the needs consumers satisfy through the 

acquisition and use of products, and the formal institutional environment, which affects the 

extent to which PL manufacturers live up to the rules and produce PLs that meet the agreed-upon 

quality level. Realizing that the success of their international PL strategies relies on their ability 

to build tailored solutions to each market (Planet Retail 2014b), retailers may be more likely to 

use store-banner branding in some markets than in others.  

In the following section, we develop hypotheses for the drivers of retailers’ propensity to use 

store-banner branding (and reveal ownership by using the store-banner name and/or logo) on 

their premium and economy PL tiers in different markets, and provide arguments for the effect of 

this choice on retailer performance. Our performance metric is a retailer’s sales productivity,

                                                                                                                                                                                           
these 79 categories (covering a broad selection of household care, personal care, food, and beverage categories), 

GfK/Kantar coded whether a premium and/or economy tier was offered by any of the retailers as well as the name(s) 

of every PL SKU in those categories. Again, there was no category-specific variation in terms of branding strategy 

used. Collectively, this information provides strong support that the PL-branding decision is retailer- rather than 

category-specific.  



 

 
 

1
3
 

FIGURE 2.1 

Conceptual Framework 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Note:  To assess the performance implications, we consider the impact of a PL-branding decision that is congruent (versus incongruent) with the decision 

called for given the various contingency factors. 

 
PL-branding decision 

Store-banner branding 

Stand-alone branding 

PL tier 

Market characteristics 

Retail environment 
• Market concentration 

• Hard-discounter share 

• Competitors’ branding decisions 

Institutional environment 
• Uncertainty avoidance 

• Power distance 

• Rule of law 

Retailer characteristics 

Retailer performance 

Retailer positioning 
• Price format 

• Retailer brand equity 

Prior branding decisions 
• Standard-tier decision 

• Other-market decisions 

C
h
ap

ter 2
: P

riv
ate-L

ab
el B

ran
d
in

g
 S

trateg
ies 



Chapter 2: Private-Label Branding Strategies 

14 

which reflects a retailer’s combined focus on PL and NB sales (Raju 1992), across the various 

categories in the store (Sudhir and Datta 2008). As premium PLs are the most profitable (ter 

Braak et al. 2013a) and fastest-growing (IRI 2014) tier, which is currently seen as the “Holy 

Grail” by many retailers (Pauwels and Srinivasan 2009), we will use that tier as base case in our 

theorizing. For the economy tier, we provide arguments as to whether or not the impact of the 

drivers is likely to be attenuated or amplified relative to the premium tier. 

Retailer Positioning 

From an information-economics perspective, retailers with a specific positioning may be more 

inclined than others to use store-banner branding to signal what their PLs stand for. We consider 

(i) the retailer’s price format and (ii) its brand equity. 

Price format. Retailers typically follow one of two major price formats (Hoch, Drèze, and 

Purk 1994). Retailers with an EDLP strategy do not run many temporary price promotions but 

charge a similar low price every day and offer a limited service (Ellickson, Misra, and Nair 

2012). Retailers following a HiLo strategy focus on image rather than price (Lal and Rao 1997). 

They frequently lower their prices below the EDLP price level but charge higher prices on an 

everyday basis, while offering a higher service level (Gauri, Trivedi, and Grewal 2008). This 

brings the advantage of a more upscale image (Baker, Grewal, and Parasuraman 1994; 

Steenkamp and Wedel 1991). Since “store image acts as an important indicator of PL quality” 

(Semeijn, van Riel, and Ambrosini 2004, p. 248), HiLo retailers may reduce the quality 

uncertainty surrounding their premium tiers by exploiting their upscale image and using a store-

banner-related name. This could positively affect the premium tier’s sales, and thereby retailer 

performance. In addition, store-banner branded premium PLs may work as “silent salesmen” 

who continue to promote the store during the span of their use in the home, and thereby further 
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increase retailer (PL and NB) sales (Store Brands Decisions 2011).  

Although HiLo retailers may also have an interest in reducing the quality uncertainty 

surrounding their economy tiers by tying them to their upscale image, cue-consistency theory 

holds that when two cues are inconsistent, they are less predictive of quality than when they 

present consistent information (Miyazaki, Grewal, and Goodstein 2005). EDLP retailers 

emphasize the value/low-price dimension of their stores (Lal and Rao 1997), which does not 

match the signal sent by higher-priced premium PLs. HiLo retailers, in turn, emphasize the 

upscale dimension of their stores (Gauri et al. 2008), which is inconsistent with the bottom-of-

the-market positioning of economy PLs. Because of that, HiLo retailers are less likely to use 

store-banner branding on their economy than on their premium tier. In sum: 

H1a:  A retailer with a HiLo price format is more likely than an EDLP retailer to use store-

banner branding on its premium tier. 
 

H1b:  The effect of a retailer’s price format on its propensity to use store-banner branding on its 

PLs is weaker for the economy tier than for the premium tier. 

 

Retailer brand equity. Retailers that are higher on brand equity are more likely to use store-

banner branding on their premium PL tiers to signal that they convey credible information about 

the characteristics of their PLs to consumers, regardless of the quality positioning of these PLs 

(Dhar and Hoch 1997). As consumers may be uncertain about what to expect from the newly-

introduced premium PL tier, store-banner branding can be used by a high-equity retailer as a 

signal to consumers that its product claims are credible – since false claims would put the future 

reputation of the retailer at stake and result in intolerable economic losses (Kirmani and Rao 

2000) – thereby lowering consumers’ perceived purchase risk and increasing retailer 

performance. While also low-equity retailers may suffer from false claims, these losses are more 

severe for high-equity retailers, as they stand to lose more.  

We argue that this relationship is weaker for the economy tier than for the premium tier. 
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From an information-economics perspective (Erdem, Swait, and Valenzuela 2006), signaling is 

particularly relevant when consumers are uncertain about a product’s positioning. Since retailers’ 

PL expertise lies traditionally in the offering of functional, price-based products (Kumar and 

Steenkamp 2007), consumers are more likely to be uncertain about the positioning of premium 

PLs than about the positioning of economy PLs. We therefore hypothesize: 

H2a:  A retailer with a high brand equity is more likely than a retailer with a low brand equity 

to use store-banner branding on its premium tier. 
 

H2b:  The effect of a retailer’s brand equity on its propensity to use store-banner branding on its 

PLs is weaker for the economy tier than for the premium tier. 
 

Prior Branding Decisions 

Retailers may be inclined to repeat their prior branding decisions to benefit from learning effects. 

We include (i) the retailer’s branding strategy for its standard tier in the country at hand, and (ii) 

its experience with using store-banner branding for the same tier in other countries.  

Standard-tier decision. When introducing a premium tier, retailers tend to already feature a 

standard tier. Figuring that “success speaks for itself” (Rao, Chandy, and Prabhu 2008, p. 61) and 

in an attempt to raise the effectiveness of their marketing-mix decisions (Erdem and Sun 2002), 

they may brand their premium tier in the same way as they branded their standard tier in the past. 

Using the same branding strategy as for the standard PL tier is more likely for premium tiers 

than for economy tiers. Retailers may take into account that a sales shift from the incumbent 

standard PL tier to the newly-introduced PL tier, which becomes more likely if the standard tier’s 

branding strategy is copied, is more appealing for a premium than for an economy tier, given the 

higher selling price and margin of the former (ter Braak et al. 2013a). As such: 

H3a:  A retailer that already uses store-banner branding on its standard tier is more likely to use 

store-banner branding on its premium tier. 
 

H3b: The effect of using store-banner branding on the standard tier is weaker for the economy 

tier than for the premium tier. 
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Other-market decisions. Retailers may not only fall back on their decision made for the 

standard tier, but also on previous decisions made for the same tier in other markets (countries). 

This intraretailer transfer of knowledge (Gielens and Dekimpe 2007) may result because of a 

centralized decision-making structure (Yu and Cannella 2013), or because of country managers 

copying the decisions of other business units in the organization (Greve 1996). Thus: 

H4a:  The more a retailer already uses store-banner branding for its premium tiers in other 

markets, the more likely it is to do so again in new markets.  
 

H4b: The effect of using store-banner branding on the same tier in other markets is weaker for 

the economy tier than for the premium tier. 

 

Retail Environment 

We consider the retail market’s concentration, the share of hard discounters in the market, and 

competitors’ branding strategies in a country. 

Market concentration. Market concentration reflects the degree of competition in a retail 

market, such that higher (lower) concentration indicates lower (higher) competition. A lower 

level of market concentration provides consumers with a larger number of retailers to choose 

from. Retailers try to stand out from this competitive clutter by being seen as unique and 

different from other players in the market, which has become “more critical – and more difficult 

– than ever” (Store Brands Decisions 2014, p. 1). Since premium PLs are genuinely unique 

products, they can be an excellent instrument to do so (Sethuraman and Raju 2012). The closer 

the premium PL tier can be associated with the retailer, the more it can be a useful tool to 

differentiate the retailer from its competitors (Thain and Bradley 2012). This is especially the 

case if store-banner branding is used to highlight the exclusivity of these top-quality products at 

the retailer. Hence, we expect that retailers are more likely to use store-banner branding on their 

premium tier in markets with lower market concentration. 
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Economy PLs are low-priced PL goods that help the retailer serve the price-sensitive 

consumer and limit the onset of price-oriented competitors. They appear mostly in basic, 

functional, low-involvement categories (Kumar and Steenkamp 2007). In contrast to premium 

PLs, the differentiating role of economy PLs is marginal (Geyskens et al. 2010). As such:  

H5a:  The higher a country’s market concentration, the less likely a retailer is to use store-

banner branding on its premium tier. 
 

H5b: The effect of a country’s market concentration on a retailer’s propensity to use store-

banner branding on its PLs is weaker for the economy tier than for the premium tier. 

 

Hard-discounter share. Hard discounters distinguish themselves from more traditional 

retailers by offering lean, PL-dominated assortments that enable extremely efficient operations 

and even lower prices (Vroegrijk, Gijsbrechts, and Campo 2013). Hard discounters’ PLs account 

for at least half of their offerings; in the case of Aldi, Europe’s largest hard discounter, the 

number even exceeds 90% (Steenkamp and Kumar 2009). To create the perception among 

shoppers that they have choice, despite their overwhelming PL focus, hard discounters typically 

use stand-alone brands on their PLs (de Jong 2015). Hard discounters’ success has become a 

major source of concern for mainstream retailers (Kumar and Steenkamp 2007), who fight back 

by maximally differentiating themselves from hard discounters (Cleeren et al. 2010). Mainstream 

retailers are therefore more likely to use store-banner branding on their premium tiers when the 

success of hard discounters in a country is higher.  

We expect the relationship between a country’s hard-discounter share and the retailer’s 

likelihood to use store-banner branding to be stronger for the economy tier than for the premium 

tier, since economy PLs are specifically aimed at protecting the bottom of the market against 

hard discounters (Vroegrijk, Gijsbrechts, and Campo 2016). Thus: 

H6a:  The higher a country’s hard-discounter share, the more likely a retailer is to use store-

banner branding on its premium tier. 
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H6b: The effect of a country’s hard-discounter share on a retailer’s propensity to use store-

banner branding on its PLs is stronger for the economy tier than for the premium tier. 

 

Competitors’ branding decisions. Retailers may copy competing retailers’ branding decisions 

to maintain their relative competitive position and prevent others from leading the race 

(Lieberman and Asaba 2006). In addition, imitation may give them legitimacy in the eyes of 

internal and external stakeholders, including consumers (DiMaggio and Powell 1983). Imitation 

is seen as especially appealing in uncertain conditions (Koçak and Özcan 2013). Studies of 

market entry have found that the farther out a firm ventures, the greater the level of uncertainty 

(Henisz and Delios 2001). Premium PLs are among the highest-priced products in the store, and 

are horizontally differentiated from NBs. When introducing a premium tier, retailers clearly 

venture into new territory, both in terms of quality and in terms of price (Thain and Bradley 

2012). This brings along considerable uncertainty for the retailer. In the face of this uncertainty, 

retailers may imitate the decisions of their competitors in the market (Eapen and Krishnan 2009). 

For economy PLs, retailer uncertainty is much lower. In contrast to premium PLs, retailers 

are familiar with the lower quality/lower price positioning, as this is how historically the 

standard tier has been perceived relative to the NBs (Kumar and Steenkamp 2007). Retailers may 

therefore be less inclined to seek legitimacy through imitation for their economy than for their 

premium tier. In sum:  

H7a: The more competitors use store-banner branding for their premium tier, the more likely a 

retailer is to use store-banner branding on its premium tier.  
 

H7b:  The effect of competitors’ store-banner branding decisions for the same tier on a 

retailer’s propensity to use store-banner branding on its PLs is weaker for the economy 

tier than for the premium tier. 

 

Institutional Environment 

The institutional environment encompasses informal and formal institutions. Culturally-

supported beliefs and norms are part of the informal institutions of the environment. Following 
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Erdem et al. (2006), the most relevant cultural mechanisms in a PL context are the market’s 

uncertainty avoidance and its power distance. The institutional environment also encompasses 

formal institutions (Peng, Wang, and Jiang 2008), of which rule of law is a crucial component. 

Uncertainty avoidance. At first glance, one might argue that retail managers in uncertainty-

avoidant countries will be more risk averse, and therefore less inclined to use store-banner 

branding on their premium tier. Indeed, retailers may perceive store-banner branding as the more 

risky option because a single product with quality problems can have a boomerang effect on the 

retailer’s performance. The opposite is, however, likely to be true. Stakeholder theory argues that 

a firm’s most risk-averse approach is to address the issues and interests of its stakeholders in a 

proactive, accommodative manner, whereas the riskiest option is to ignore stakeholder concerns 

(Jawahar and McLaughlin 2001). Consumers – the most important external stakeholder group for 

retailers (Chun and Davies 2006) – may feel particularly uncomfortable adopting a retailer’s 

premium PL when they are uncertainty avoidant. Premium tiers are mainly offered in categories 

associated with a high functional risk (ter Braak et al. 2014), while their high price also creates 

substantial financial risk. Both types of risk may deter uncertainty-avoidant consumers from 

trying a premium tier. In such instances, consumers expect a sign of quality reassurance from the 

retailer, which can be provided through store-banner branding. Doing so on the premium tier can 

therefore be less risky than failing to respond to stakeholder interests, something especially 

retailers operating in more uncertainty-avoidant markets will appreciate (Jawahar and 

McLaughlin 2001). The fact that addressing stakeholder concerns is the more “certain” option 

has also been established in the context of a firm’s sustainability efforts, where risk-averse 

managers have been shown to view precarious greening practices as less risky than failing to 

respond to stakeholder pressures for such moves (Leonidou, Katsikeas, and Morgan 2013). 
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Compared to the premium tier, retailers do not have to take consumer stakeholder issues into 

account to the same degree for their economy tier, because consumers have fewer issues with the 

latter to start with. Indeed, economy PLs have rock-bottom prices and thus are characterized by 

lower financial risk. Also, economy PLs are typically offered in easy-to-produce commodity 

categories, where the risk of product malfunctioning, also known as functional risk, is lower (ter 

Braak et al. 2013a). Therefore, the need for risk-relieving information such as the retailer name 

may not be called for as much for the economy tier.  

H8a:  The higher a country’s uncertainty avoidance, the more likely a retailer is to use store-

banner branding on its premium tier. 
 

H8b: The effect of a country’s uncertainty avoidance on a retailer’s propensity to use store-

banner branding on its PLs is weaker for the economy tier than for the premium tier. 

 

Power distance. Brands are major conduits through which class differences and social 

aspirations can be expressed. Indeed, consumers send signals about their social class to other 

consumers by selecting the brands they purchase and own (Wernerfelt 1990). In high power 

distance cultures, consumers are highly motivated by status and affiliation norms (Roth 1995), 

and therefore attach more importance to products’ brand names than consumers in low power 

distance cultures (Erdem et al. 2006). Buying NBs – rather than PLs – is a means through which 

consumers can express class differences and aspirations. As such, retailers will feel more of a 

need to “disguise” their PLs with stand-alone brand names in high power distance cultures, and 

be less inclined to display their premium label as such by selecting a store-banner-related name. 

Hence, we expect power distance and retailers’ propensity to use store-banner branding for their 

premium tier to be negatively related. 

With the economy PL tier, upholding and emphasizing status differences is more difficult as 

the stigma of a bottom-of-the-market commodity product is more apparent, regardless of how 

these PLs are branded. We therefore hypothesize: 
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H9a:  The higher a country’s power distance, the less likely a retailer is to use store-banner 

branding on its premium tier. 
 

H9b: The effect of a country’s power distance on a retailer’s propensity to use store-banner 

branding on its PLs is weaker for the economy tier than for the premium tier. 

 

Rule of law. Retailers typically source their PLs from independent suppliers. A strong rule of 

law ensures transactional integrity (Oxley and Yeung 2001) and disciplines these suppliers to 

fulfill the product specifications as laid out in the contract (Steenkamp and Geyskens 2014), 

thereby lowering the risk of product defects. Since premium PLs are produced with expensive, 

high-quality ingredients (ter Braak et al. 2014), they are products for which deviating from 

contractually-defined production standards may pay off considerably for PL suppliers. What is 

more, the premium PL’s unique features make it difficult for the retailer to replace a cheating 

supplier. The combination of high pay-offs from cheating with a low probability of being 

replaced, makes deficiencies more likely for premium PLs in countries characterized by a weak 

rule of law. Retailers may insulate themselves from these negative spillover effects by using 

stand-alone branding for their premium tier in countries that score low on rule of law.  

For economy PLs, deviating from production standards is less alluring to suppliers. Not only 

do they have less to win by cheating (economy PLs being bottom-of-the-market products), their 

risk of being replaced when caught is also higher. Being standardized, no-frills products, many 

suppliers are capable of supplying economy PLs in a category (de Jong 2015; ter Braak et al. 

2013a). Because of this, suppliers of economy PLs will be less inclined to cut corners, making a 

strong rule of law less essential. We therefore hypothesize:  

H10a:  The stronger a country’s rule of law, the more likely a retailer is to use store-banner 

branding on its premium tier. 
 

H10b: The effect of a country’s rule of law on a retailer’s propensity to use store-banner 

branding on its PLs is weaker for the economy tier than for the premium tier. 
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Performance Implications of the PL-Branding Decision 

The preceding sections argue that the PL-branding decision is contingent on various retailer and 

market factors. The logic of contingency theory (Zeithaml, Varadarajan, and Zeithaml 1988) 

suggests that store-banner branding may be preferable in one case, but stand-alone branding in 

another. Put differently, the effectiveness of a strategic choice depends on its congruence with 

the situational characteristics faced by the firm (McKee, Varadarajan, and Pride 1989).  

To specify which choice makes most sense in a given setting, we combine marketing theory, 

which guided the development of our contingency framework, and the combined industry 

wisdom, as reflected in a broad cross-section (across both retailers and markets) of observed 

branding decisions. When retailers take a branding decision, they are expected to take these 

contingency factors into account and anticipate their effect on performance. According to 

Darwinian economics (see Anderson 1988), individual firms/managers can occasionally make 

mistakes, but with time and across a large number of firms/managers, observed behavior will be 

near optimal (Bowman 1963). Conforming to these “industry recipes” (i.e., the cognitive 

consensus about the fitting strategy in the face of certain organizational and environmental 

variables) can thus be expected to result in performance benefits (Eapen and Krishnan 2009). 

Conformity is “especially appealing in uncertain conditions” (Koçak and Özcan 2013, p. 

2592, italics added), because the potential risks and rewards of any action are amplified by the 

uncertainty (Greve 1996). Since the premium-tier decision involves much more uncertainty than 

the economy-tier decision (Thain and Bradley 2012), we expect that the performance effects for 

the latter will be smaller. We hypothesize: 

H11a:  When a retailer adheres for its premium-tier branding decision to the contingency factors 

at hand, its performance will improve. 
 

H11b: The effect of adhering to the contingency factors is smaller for the economy-tier branding 

decision than for the premium-tier branding decision.  
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2.3 Research Setting 

Sample 

The European grocery retail market is well suited to test our framework. Western Europe is by 

far the most developed PL region in the world, which has been used repeatedly to study PL 

phenomena (see, among others, Ailawadi, Pauwels, and Steenkamp 2008; Erdem, Zhao, and 

Valenzuela 2004; ter Braak et al. 2013b). Central Europe, in turn, has recently started to catch up 

in terms of PL share, showing double-digit PL growth rates (Nielsen 2014b). As importantly, 

European retailers show considerable variation in their PL-branding strategy.  

We consider a broad cross-section of leading grocery retailers in 17 Western (Austria, 

Belgium, Denmark, Finland, France, Germany, Greece, Ireland, Italy, Luxembourg, the 

Netherlands, Norway, Portugal, Spain, Sweden, Switzerland, and the United Kingdom) and 10 

Central (Bulgaria, the Czech Republic, Estonia, Hungary, Latvia, Lithuania, Poland, Romania, 

Slovakia, and Slovenia) European countries. We study retailers if they were among the 12 largest 

retailers in a given country based on their 2000 market share (provided this was larger than .01% 

in 2000) and featured a standard tier. For each of the 223 retailers that satisfy these criteria, we 

identify all premium and economy PL tiers introduced between 2001 and 2013. As such, we also 

include information on retailers that were no longer active at the end of the observation period. 

We use historical analysis (Golder and Tellis 1993), and collect data on the PL-branding 

decisions through extensive field research. First, we obtained data from the retailers’ web sites, 

press releases, and annual reports. Second, we screened numerous industry reports on the retail 

industry, including Planet Retail, GfK, IRI, and AC Nielsen reports, and Store Brands Decisions 

articles. For those instances where we were not able to get the required information through 

secondary sources, we contacted the company directly. This resulted in 222 cases or PL-branding 
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decisions, 103 for premium and 119 for economy tiers, from 156 different retailers.
6
 

Variable Description 

We first describe our focal variable, the PL-branding decision. Next, we discuss the 

performance metric, the retailer’s sales productivity growth. Finally, we describe how we 

measured the drivers of the PL-branding decision. We refer to Table 2.1 for descriptives. 

PL-branding decision (SBB). The PL-branding decision captures whether or not the retailer’s 

ownership of the PL tier is clearly reflected in the name and/or communicated through its logo 

on the packaging (1 = yes, 0 = no). Tesco, for example, identifies itself on all of its PL tiers by 

explicitly adding its name (“Tesco Everyday Value”, “Tesco”, and “Tesco Finest” for the 

economy, standard, and premium tier, respectively), while Albert Heijn prominently displays its 

logo on the packaging of the economy PL to reveal its ownership. We refer to Appendix 2.A for 

illustrations of the different branding practices. Of the 103 (119) premium (economy) tiers in our 

sample, 76 (19) feature store-banner branding.  

As Figure 2.2 illustrates, retailers’ PL-branding practices (for the same tier) vary within 

countries, parent companies, and retailers. The dashed line presents, over time, the share of 

country-tier observations that shows variation (no uniformity) in branding decisions. We also 

observe variation in branding decisions within parent companies (dotted line) and within retailers 

(solid line). Moreover, this variation is increasing over time. Even though the cross-retailer 

variation is clearly more pronounced than the within-retailer variation, it is important to note that 

the latter is present as well. In each of the last five years of our observation window, more than 

10% of the cases reflect that the same retailer used a different PL-branding strategy for the same 

tier in different countries. 

                                                           
6
 In a few instances, the branding decision for the premium (3.3%) or economy (2.6%) tier could not be obtained. 



 

 

2
6
 

TABLE 2.1 

Descriptive Statistics 

 PL-Branding Decision (N = 222) Retailer Performance (N = 207)
 

Supporting Reference 
Variable Mean SD 

Range 
Mean SD 

Range 

Min Max Min Max 

PL-branding decision (1 = SBB) .428 .496 0 1     Dhar and Hoch (1997) 

Premium PL tier (1 = yes) .464 .500 0 1     ter Braak et al. (2014) 

   Premium PL tier: SBB     .357 .480 0 1 

   Premium PL tier: SAB     .116 .321 0 1 

Economy PL tier (1 = yes) .536 .500 0 1     ter Braak et al. (2014) 

   Economy PL tier: SBB     .087 .282 0 1 

   Economy PL tier: SAB     .440 .498 0 1 

Retailer positioning          
Price format (1 = HiLo) .734 .443 0 1 .749 .435 0 1 Ailawadi et al. (2010) 

Retailer brand equity (1 = high) .176 .381 0 1 .174 .380 0 1 Lovett, Peres, and Shachar (2013) 

Prior branding decisions          
Standard-tier decision (1 = SBB) .703 .458 .000 1.000 .710 .455 .000 1.000 Dhar and Hoch (1997) 

Other-market decisions  .475 .234 .000 1.000 .479 .227 .000 1.000 Gielens and Dekimpe (2007) 
Retail environment          

Market concentration 41.137 14.340 1.830 65.240 41.960 13.926 4.360 65.240 Gielens and Steenkamp (2007) 

Hard-discounter share 5.671 5.250 .000 22.940 5.741 5.197 .000 22.940 Lamey (2014) 

Competitors’ branding decisions .453 .379 .000 1.000     Gielens and Dekimpe (2007) 

Institutional environment          
Uncertainty avoidance 70.545 23.423 23 112 71.324 23.243 23 112 Erdem et al. (2006) 

Power distance 48.486 18.106 11 104 48.357 17.517 11 104 Erdem et al. (2006) 

Rule of law 1.278 .550 -.269 2.000 1.303 .523 -.194 1.988 Steenkamp and Geyskens (2006) 

Control variables          
Retailer size (sqm) 431,833 666,854 700 4,240,981 455,019 683,398 700 4,240,981 Gauri (2013) 

Market size (million euros) 38,026 48,454 190 179,918 39,455 48,862 502 179,918 Homburg, Vollmayr, and Hahn (2014) 
Multi-banner parent (1 = yes) .707 .456 0 1 .710 .455 0 1 Eckert and West (2008) 
State of economy .000 .055 -.139 .144 .002 .055 -.139 .144 Lamey et al. (2012) 

Retailer performance          

Sales productivity growth (%)     .350 7.168 -18.298 27.687 Reinartz and Kumar (1999) 

Notes:  SBB = store-banner branding; SAB = stand-alone branding. 

 For the continuous variables, we report the statistics prior to taking the logarithm and before mean centering. 

 For the dummy variables, we report the percentage of observations having the value of 1. For example, we observe 46.4% premium tiers in our sample.  
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FIGURE 2.2 

Variation in PL-Branding Strategies over Time 

 
 

Note:  The dashed, dotted, and solid line present the share of, respectively, country-tier, parent company-tier, and 

retailer-tier observations with variation in the branding decision. The 2007 premium-tier observations in 

Switzerland, for example, show variation, as COOP and MIGROS employed store-banner branding, while 

Denner used stand-alone branding. Similarly, the 2009 premium-tier observations for the Auchan Group lack 

uniformity as some of its retailers (Jumbo in Portugal and Auchan in France) use store-banner branding, but 

others (Sabeco in Spain and Pão de Açúcar in Portugal) use stand-alone branding. Finally, Carrefour’s 2011 

economy-tier observations show variation, as store-banner branding was adopted in France and Belgium, 

while stand-alone branding was used in Poland and Romania. 

 

Retailer performance (PERFORMANCE). Following Reinartz and Kumar (1999), we 

measure a retailer’s performance in terms of its sales productivity growth. Sales reflect the 

“primary output unit of interest for managers in measuring their performance” (Gauri 2013, p. 3). 

We focus on the total sales productivity, as retailers tend to assess their performance both across 

categories (Sudhir and Datta 2008) and across NBs and PLs (Raju 1992). To control for size 

differences over time and across retailers (Dunne, Lusch, and Gable 1995), we operationalize a 
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retailer’s sales productivity as its yearly grocery revenues divided by the total sales area in 

square meters. Productivity growth is calculated as a retailer’s productivity in the year of the 

introduction of a new PL tier, relative to its productivity in the year before. 

Type of tier (TIER). We distinguish between premium and economy tiers, based on the brand 

name and/or the classification offered on the retailer’s web site. 

Price format (PRICE). In line with Ailawadi et al. (2010) and Bell and Lattin (1998), we 

measure a retailer’s price format through a dummy variable, where 1 denotes a HiLo format 

(73% of all observations) and 0 an EDLP format (27%). 

Retailer brand equity (EQUITY). A dummy variable is used to capture whether the retailer is 

among the most valuable grocery retail brands in Europe. Based on the ranking provided by 

Interbrand (see Lovett et al. 2013), we classify a retailer as having a high brand equity if it is in 

Interbrand’s “Top 50 European retailers” list. 18% of the observations in our sample come from 

high-equity retailers.  

Prior branding decisions (PRIOR
SPL 

and PRIOR
MKT

). The variable PRIOR
SPL

 takes the value 

of 1 if the retailer uses store-banner branding on its earlier-introduced standard PL tier, and 0 

otherwise. PRIOR
MKT

 is operationalized as the proportion of a retailer’s other markets where it 

uses store-banner branding for the tier at hand. Values can range from 0 (none of the operations 

abroad use store-banner branding for the tier at hand) to 1 (all of the retailer’s operations abroad 

do so). In the absence of such foreign operations, the proportion is, following Rust, Lemon, and 

Zeithaml (2004), set at the sample mean. Table 2.2 offers an overview of the branding decisions 

for the premium and economy tier, dependent on the followed strategy for the standard tier. 
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TABLE 2.2 

 Branding Decisions for the Premium and the Economy Tier  

Depending on the Standard-Tier Decision 

 

Standard tier 

Premium tier Economy tier 

SAB
 

SBB
 

SAB SBB 

Stand-alone branding (SAB) 66 
a
 21

  
5  39  1  

Store-banner branding (SBB) 156  6  71  61  18  

Total 222  27  76  100  19  

a 
 To be read as follows: In 66 of the 222 instances, retailers offered the standard tier with a stand-alone 

brand name. Of these, 21 introduced a premium tier with a stand-alone brand name and five with a 

store-banner brand name. 

 

Market concentration (CONC). Market concentration is operationalized as the combined 

market share of a country’s top-12 retailers, excluding hard discounters. 

Hard-discounter share (HDSHARE). Following Lamey (2014), we measure hard-discounter 

share as the combined market share of the hard discounters that operate in a country. 

Competitors’ branding decisions (COMP). This variable captures the proportion of 

competing retailers in the same market that use store-banner branding for the tier at hand. Values 

can range from 0 (no competitor uses store-banner branding for the corresponding tier) to 1 (all 

competitors use store-banner branding). Mean substitution was again used in case of a missing 

observation (i.e., when no competitor had ever introduced such a tier before). This 

operationalization is similar to Gielens and Dekimpe’s (2007) imitation variables. 

Uncertainty avoidance (UNC). We use the measure listed in Hofstede (2001).  

Power distance (POWDIS). The values for power distance are taken from Hofstede (2001). 

Rule of law (ROL). Rule of law measures the extent to which agents have confidence in, and 

abide by, the rules of society, and includes the quality of contract enforcement and property 

rights needed for high production standards (Steenkamp and Geyskens 2014). Scores are taken 
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from the World Bank, and range from about -2.5 to 2.5 (Kaufmann, Kraay, and Mastruzzi 2011).  

Control variables. We include four control variables to allow for a stronger test of our 

hypotheses. We control for retailer size, measured as the total sales area in square meters of all 

outlets the retailer operates in a given country, and for market size, measured as the total grocery 

sales revenue in a country. Furthermore, we include a dummy variable that captures whether the 

retailer is owned by a multi-banner parent company, i.e., a company that operates multiple retail 

banners. Finally, we control for the state of the economy of a country through a cyclical 

component that is extracted from the log-transformed GDP-per-capita series by the Hodrick-

Prescott filter (see Deleersnyder et al. 2009 for a similar practice).  

 

2.4 Method 

Drivers of the PL-Branding Decision 

Retailers select a PL-branding strategy at the time of a PL tier’s introduction. Rebranding is rare, 

so most retailers keep the initially-selected branding strategy for several years. Given our interest 

in the impact of the different drivers at the time of the initial branding decision, each decision 

can contribute one observation. Allowing for multiple observations of a given tier, i.e., one per 

year that the tier is kept in the retailer’s PL portfolio, would artificially inflate the sample size. 

This would also be conceptually misleading, as it would measure a retailer’s propensity to 

maintain a certain branding strategy (which may display considerable inertia), rather than its 

propensity to select one branding strategy over the other when adding a new tier to its portfolio.  

We consider all branding decisions for premium- and economy-tier introductions between 

2001 and 2013, and measure all time-varying covariates in the year prior to the decision at hand. 

To reflect the binary nature of the PL-branding decision, we specify a probit link function. 

Following Steenkamp and Geyskens (2014), we take the natural logarithm of all continuous 
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variables (except the ones that include zero or take on negative values) to accommodate 

decreasing marginal returns, and mean-center the continuous variables for ease of interpretation. 

We allow the effect of the drivers to differ between the premium and economy tier by including 

interaction effects with the economy-tier dummy variable. The premium tier therefore reflects 

the base category: 

(2.1) Pr(SBB𝑖,𝑟𝑐 = 1) = Φ{β0 + β1PRICE𝑟 + β2EQUITY𝑟 + β3PRIOR𝑖,𝑟𝑐
SPL + β4PRIOR𝑖,𝑟𝑐

MKT +

β5CONC𝑖,𝑐 + β6HDSHARE𝑖,𝑐 + β7COMP𝑖,𝑟𝑐 + β8UNC𝑐+ β9POWDIS𝑐 + β10ROL𝑖,𝑐 +

ECOTIER𝑖,𝑟𝑐[γ0 + γ1PRICE𝑟 + γ2EQUITY𝑟 + γ3PRIOR𝑖,𝑟𝑐
SPL + γ4PRIOR𝑖,𝑟𝑐

MKT +

γ5CONC𝑖,𝑐 + γ6HDSHARE𝑖,𝑐 + γ7COMP𝑖,𝑟𝑐 + γ8UNC𝑐+ γ9POWDIS𝑐 + γ10ROL𝑖,𝑐] +

∑ η𝑗CONTROL𝑖,𝑟𝑐,𝑗
4
𝑗=1 }, 

i = 1, 2; r = 1, …, R; c = 1, …, C 

where SBB𝑖,𝑟𝑐 denotes whether retailer r in country c used store-banner branding on tier i in its 

introduction year. The tier-specific subscript i distinguishes between premium tiers (i = 1) and 

economy tiers (i = 2), PRICE𝑟 reflects the retailer’s price format, EQUITY𝑟 its brand equity, 

PRIOR𝑖,𝑟𝑐
SPL the retailer’s PL-branding decision on the standard tier, PRIOR𝑖,𝑟𝑐

MKT the experience it 

has with using store-banner branding on tier i in other countries, CONC𝑖,𝑐 the retail market’s 

concentration, HDSHARE𝑖,𝑐 the combined market share of all hard discounters, COMP𝑖,𝑟𝑐 the 

proportion of competing retailers that use store-banner branding on tier i in country c, UNC𝑐 the 

uncertainty avoidance, POWDIS𝑐 the power distance, and ROL𝑖,𝑐 the rule of law at the time of tier 

i’s introduction. ECOTIER𝑖,𝑟𝑐 is a dummy variable that reflects whether tier i is an economy tier. 

CONTROL𝑖,𝑟𝑐 is a vector of control variables (retailer size, market size, multi-banner parent, and 

state of the economy). Ф is the standard-normal cumulative distribution function, and β, γ, and η 

are the variables’ coefficients. To account for the potential intercorrelation among observations 
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on the same retailer (which may contribute two observations (one per tier) for each country it is 

active in) and/or country (where up to 12 retailers can each contribute two observations), we use 

a robust two-way clustered-error term estimation (Cameron, Gelbach, and Miller 2011).  

Fit 

Based on the PL-branding decision model, we first identify whether the retailer’s actual branding 

decision is congruent with the one predicted by our contingency framework, as the latter is “the 

choice that makes most sense, based on the available information” (Martin 2013, p. 32). 

Following Stepanova and Thomas (2002) and ter Braak et al. (2014), we set the cut-off value for 

an observation to be predicted as using store-banner branding to the observed tier-specific 

sample mean (store-banner branding is used on 16% of the economy tiers, and on 74% of the 

premium tiers, as detailed in the data section). A dummy variable “FIT” is coded 1 if a retailer’s 

decision is congruent with the contingency factors faced, and 0 otherwise (e.g., Brouthers, 

Brouthers, and Werner 2003; Sampson 2004). We then test in the second stage whether a 

retailer’s performance is affected differently depending on whether the fitting branding strategy 

(as inferred from our contingency framework) was followed (FIT = 1) or not (FIT = 0). 

Retailer Performance 

To test the performance impact of using a fitting versus non-fitting branding strategy (H11), we 

relate the branding decision to the retailer’s sales productivity change. Retailers are likely to 

select the branding strategy that they perceive as optimal given their characteristics and market 

conditions. To account for this type of endogeneity, we use two-stage least squares (2SLS). As 

such, the first-stage model is estimated and the predicted propensity to use store-banner branding 

calculated (𝑆𝐵�̂�𝑖,𝑟𝑐). Rather than including the observed branding strategies as variables in the 

second stage, the predicted values 𝑆𝐵�̂�𝑖,𝑟𝑐 are used (Rust, Moorman, and Dickson 2002). 
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We use “competitors’ branding decisions” and the interactions of market concentration and 

hard-discounter share with the economy-tier dummy variable as exclusion restrictions. We 

expect these variables to have an effect on the retailer’s own PL-branding decision (as we 

theorize in H5-H7), while being uncorrelated to omitted variables (such as the retailer’s 

operating costs) that may affect its performance following the branding decision.  

As for the competitors’ branding decisions, many of these have been made a substantial 

number of years prior to the focal retailer’s branding decision and hence are very unlikely to be 

directed at the focal retailer. Second, these instruments are derived from up to 11 competitors’ 

branding decisions. It seems highly unlikely that these firms collectively make branding 

decisions (which are maintained for a number of years) with the goal of harming one particular 

competing retailer, while not harming the other retailers of the group. Finally, in the spirit of 

Germann, Ebbes, and Grewal (2015), we argue that operational processes and costs cannot be 

easily observed by competitors (Grewal and Slotegraaf 2007) and therefore cannot be acted on 

strategically. As such, we follow a common practice in the literature and use competitors’ 

decisions as instruments (see, e.g., Dinner, van Heerde, and Neslin 2014; Germann et al. 2015).
7
 

As for market concentration, more intense competition forces a retailer to improve its 

operating efficiency (Ramaswamy 2001). Similarly, hard discounters have extremely well-

designed business processes, which can provide a source of learning to traditional retailers (AT 

Kearney 2011), allowing them to improve their operating costs (Cleeren et al. 2010). Operational 

efficiency is a retailer-wide characteristic (Moatti et al. 2015) that permeates the entire 

organization along multiple dimensions, including headquarter operations, logistics, labor, and 

                                                           
7
 Finding appropriate instruments is always a challenge. For “competitors’ branding decisions” to be valid as an 

instrument, no common demand shocks may occur across retailers. While we are not able to entirely rule out such a 

joint shock, it is highly unlikely given that competing retailers typically took their PL-branding decisions at different 

points in time. 
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general administrative costs (p. 749). Hence, it is unlikely that our instruments (the interaction 

effect of market concentration and hard-discounter share with the economy-tier variable) would 

relate to the retailer’s omitted variables (such as the retailer’s operational costs or efficiency), 

thereby meeting the exclusion restriction. This results in the following model: 

(2.2) PERFORMANCE𝑖,𝑟𝑐 = δ0 + δ1FIT𝑖,𝑟𝑐 + δ2𝑆𝐵�̂�𝑖,𝑟𝑐 + ECOTIER𝑖,𝑟𝑐[δ3 + δ4FIT𝑖,𝑟𝑐 +

δ5𝑆𝐵�̂�𝑖,𝑟𝑐] + δ6PRICE𝑟 + δ7EQUITY𝑟 + δ8PRIOR𝑖,𝑟𝑐
SPL + δ9PRIOR𝑖,𝑟𝑐

MKT + δ10CONC𝑖,𝑐 +

δ11HDSHARE𝑖,𝑐 + δ12UNC𝑐 + δ13POWDIS𝑐 + δ14ROL𝑖,𝑐 + ∑ δ𝑗CONTROL𝑖,𝑟𝑐,𝑗−14
18
𝑗=15 +

휀𝑖,𝑟𝑐, i = 1, 2; r = 1, …, R; c = 1, …, C 

where PERFORMANCE𝑖,𝑟𝑐 represents the retailer’s productivity growth, δ the parameters, and all 

other variables are as detailed above. In line with the first-stage model, the second-stage 

specification is estimated with robust two-way clustered errors by country and retailer.
8
  

 

2.5 Results 

Drivers of the PL-Branding Decision 

The results of our PL-branding decision model are presented in Table 2.3. We use one-sided tests 

for the directional hypotheses, and two-sided tests for the non-directional control variables. The 

maximum VIF value only marginally (11.36 for the rule-of-law variable) exceeds the commonly-

used threshold of 10 (Hair et al. 2010). Hence, multicollinearity is not likely to be a problem. 

Our model fits the data well. We observe a classification accuracy of 80%, which is substantially 

higher than the proportional-chance criterion (Morrison 1969) of 68%. Moreover, the model 

predicts both store-banner branding (88%) and stand-alone branding (74%) well. 

                                                           
8
 To account for unobserved regional heterogeneity, we distinguished between seven fairly homogeneous regions 

based on the CIA World Factbook (Southwestern, Western, Central, Northern, Eastern, Southeastern, and Southern 

Europe). To control for these regions, we added six dummy variables to our model. None of the associated 

parameters was significant (p > .10). For reasons of parsimony, these dummy variables are excluded from our focal 

model. Note that the two variables that pertain to the retailer’s prior branding decisions also capture unobserved 

heterogeneity, across retailers and across countries.  
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TABLE 2.3 

Drivers of the PL-Branding Decision (N = 222) 

 

DV: PL-Branding Decision  
(1 = store-banner branding) 

Hypothesis
a
 Coefficient

 
Standard Error 

Intercept    -2.746 ††† .905 

x economy tier    .374  1.135 

Retailer positioning 
Price format  H1a + 3.392 *** 1.238 

x economy tier  H1b - -2.123 * 1.372 

Retailer brand equity  H2a + 6.788 *** 1.067 

x economy tier  H2b - -7.505 *** 1.087 

Prior branding decisions 
Standard-tier decision  H3a + 3.764 *** .910 

x economy tier  H3b - -3.200 *** 1.095 

Other-market decisions  H4a + 9.275 *** 1.576 

x economy tier  H4b - -8.731 *** 1.727 

Retail environment 
Market concentration  H5a - -6.946 *** 2.878 

x economy tier  H5b + 6.677 ** 2.966 

Hard-discounter share H6a + -.137  .060 

x economy tier  H6b + .227 *** .084 

Competitors’ branding decisions H7a + -1.632  1.043 

x economy tier  H7b - 1.351  1.099 

Institutional environment 
Uncertainty avoidance  H8a + 4.569 *** 1.426 

x economy tier  H8b - -5.584 *** 1.557 

Power distance  H9a - -2.291 ** 1.089 

x economy tier  H9b + 2.947 ** 1.313 

Rule of law  H10a + 3.130 ** 1.348 

x economy tier  H10b - -3.540 ** 1.652 

Control variables 

Retailer size    .461 ††† .143 

Market size    -.421 ††† .111 

Multi-banner parent    -.173  .416 

State of economy   7.689 ††† 2.721 

* p < .10, ** p < .05, *** p < .01 (one-sided) 

† p < .10, †† p < .05, ††† p < .01 (two-sided) 
a 
Supported hypotheses are indicated in bold. 
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The PL-branding decision is highly contingent on the factors identified in Figure 2.1. As for 

the retailer factors, retailers with a HiLo format are more likely to use store-banner branding for 

their premium tier than EDLP retailers (β1 = 3.392, p < .01). We find the effect to be significantly 

smaller for the economy tier (γ1 = -2.123, p < .10). As such, both H1a and H1b are supported. In 

addition, we provide evidence that retailers with a high brand equity are more likely to use store-

banner branding for their premium tier (β2 = 6.788, p < .01), and this effect is significantly 

smaller for their economy tier (γ2 = -7.505, p < .01), supporting H2a and H2b.  

We also find evidence for our hypotheses regarding retailers’ prior branding decisions. If the 

standard tier carries the store-banner name, premium tiers are more likely to use this branding 

strategy as well (H3a: β3 = 3.764, p < .01), in line with ter Braak et al. (2014) who show that 

retailers heavily build on their experience with standard PLs in building their premium tiers. This 

effect is significantly weaker for economy tiers (H3b: γ3 = -3.200, p < .01). Similarly, retailers 

that tend to use store-banner branding for their premium tiers in other markets are more likely to 

do so again (H4a: β4 = 9.275, p < .01). As with the earlier standard-tier decision, this source of 

learning plays less of a role for economy tiers (H4b: γ4 = -8.731, p < .01).  

Turning to the retail environment, we find a significant link between a market’s 

concentration and the propensity to use the store-banner brand option. In markets with low 

concentration, a retailer is more likely to choose a PL-branding strategy that makes its premium 

tier stand out from the crowd (β5 = -6.946, p < .01), as hypothesized in H5a. This source of 

differentiation plays less of a role for the economy tier (γ5 = 6.677, p < .05), in support of H5b. 

We do not find a significant correlation between a country’s hard-discounter share and the PL-

branding decision for the premium tier (H6a: p > .10). In line with H6b, however, we do find a 

more positive effect of the hard-discounter share on the likelihood of using store-banner 
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branding for economy tiers (γ6 = .227, p < .01) than for premium tiers. Contrary to H7, we do not 

find retailers to imitate their competitors’ prevailing branding strategy for premium tiers (p > 

.10), nor do we find this effect to differ for economy tiers (p > .10).  

As for the institutional environment, our findings strongly indicate that the higher a country’s 

uncertainty avoidance, the more likely retail managers are to make use of the risk-relieving 

function of a premium tier bearing the store-banner name (β8 = 4.569, p < .01), in line with H8a. 

This is less the case with the economy tier (H8b: γ8 = -5.584, p < .01). Also, the higher a 

society’s emphasis on status, the more retailers are likely to select a stand-alone brand name for 

their premium tiers (β9 = -2.291, p < .05). This is significantly different for economy tiers (γ9 = 

2.947, p < .05), such that we find support for both H9a and H9b. The higher a country’s rule of 

law, the more likely a retailer becomes to use store-banner branding for its premium tier (β10 = 

3.130, p < .05), supporting H10a. We also find corroborating evidence that the effect of rule of 

law is significantly lower for economy than for premium tiers (H10b: γ10 = -3.540, p < .05).  

Finally, as for the control variables, we find that the larger the retailer (η1 = .461, p < .01) and 

the more positive the state of the country’s economy (η4 = 7.689, p < .01), the more likely the 

retailer is to develop a tier with a store-banner-related brand name. In larger markets, on the 

other hand, retailers are less likely to use store-banner branding (η2 = -.421, p < .01).  

The Effect of the PL-Branding Decision on Retailer Performance  

To assess the performance implications of retailers’ PL-branding decisions, we link them to the 

change in their sales productivity from the year prior to the branding decision to the year of the 

decision. Following You, Vadakkepatt, and Joshi (2015), we excluded some observations 

identified as extreme outliers based on Cook’s D value. Our instruments are strongly correlated 

with the PL-branding decisions (χ
2
(4) = 9.308, p < .05) and are also valid, as confirmed by the 
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Sargan test (p > .10). Parameter estimates are presented in Table 2.4.  

TABLE 2.4 

The Effect of the PL-Branding Decision on Retailer Performance (N = 207) 

DV: Sales Productivity Growth Hypothesis
a 

Coefficient
 

Standard Error 

Intercept   -.055 †† .025 

x economy tier   .039 
 

.033 

Fit      

Fit  H11a + .043 ** .026 

x economy tier H11b - -.052 * .033 

PL-branding decision     

Store-banner branding  .001  .002 

x economy tier  -.007  .013 

Control variables 

Price format  -.004  .018 

Retailer brand equity  -.031 †† .014 

Standard-tier decision  .026 †† .013 

Other-market decisions  .040  .030 

Market concentration  -.000  .023 

Hard-discounter share  .001  .002 

Uncertainty avoidance  -.013  .035 

Power distance  .035  .040 

Rule of law  .012  .027 

Retailer size 
 

 -.005  .004 

Market size  .001  .006 

Multi-banner parent   .007  .011 

State of economy  -.257 †† .123 

* p < .10, ** p < .05, *** p < .01 (one-sided) 

† p < .10, †† p < .05, ††† p < .01 (two-sided) 
a
 Supported hypotheses are indicated in bold. 

 

In support of H11a, we find that a premium tier has a more favorable impact (δ1 = .043, 

p < .05) on the retailer’s sales productivity when introduced with a fitting branding strategy than 

with a non-fitting strategy. Moreover, as predicted in H11b, we find this effect to be significantly 

smaller (δ4 = -.052, p < .10) for the economy tier than for the premium tier. When introducing a 

(lower-price, lower-quality) economy tier, which is often done to prevent a further erosion of 

one’s customer base by hard discounters (Vroegrijk et al. 2013), the branding strategy used in the 

process does not matter much: neither the main effect for the selected branding strategy (δ2 
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+ δ5 = -.007, p > .10) nor the fit measure (δ1 + δ4 = -.009, p > .10) are significant. This situation is 

very different for premium tiers, which are used more to differentiate the retailer from competing 

supermarkets: while neither store-banner branding nor stand-alone branding is the superior 

alternative in all instances (δ2 = .001, p > .10), the alignment of the selected branding strategy 

with the specific features of both the retailer and the market positively affects its performance. 

Robustness Checks 

We assess the robustness of our findings for both the PL-branding decision model and the 

retailer performance model in various ways (detailed results are provided in Appendix 2.B). 

PL-branding decision model. Given our broad coverage of 27 countries, it was not practically 

feasible to expand our sample beyond the 12 largest retailers in each country. However, in the 

spirit of Dekimpe et al. (1998), we assess the sensitivity of our findings to the sample-inclusion 

criterion by considering instead a more stringent rule, in which we focus on the top-10 retailers. 

Our findings are robust to this alternative sample composition. 

Second, two tiers follow a stand-alone house-of-brands strategy, an approach that is usually 

observed with hard discounters, but less so with conventional super/hypermarkets. We re-

estimate our model without these two observations, and find support for the same hypotheses. 

Finally, in line with both the product-management (e.g., Lehmann and Winer 2006, p. 213) 

and brand-management (e.g., Keller 1998, p. 135) literature, we took the choice for a specific tier 

introduction (premium vs. economy) as given. Following that decision, management has to select 

an appropriate marketing strategy, which includes the naming of the tier. In the PL literature, 

further support for this argumentation is provided by Kumar and Steenkamp (2007, p. 25, italics 

added) who state that: “for each own label, retailers have to make decisions on the overall 

strategy, consumer proposition, and objectives for the proposed brand. Once these are 
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articulated, then follow the more tactical decisions on branding.” Nevertheless, we empirically 

tested for the endogeneity of the PL tier selection (premium versus economy tier) by means of a 

Durbin-Wu-Hausman test (Steenkamp and Geyskens 2014). We included the proportion of 

retailers in the country that offers a premium tier in the year prior to the focal retailer’s premium-

tier introduction and the proportion of retailers in a country that offers an economy tier in the 

year prior to the focal retailer’s economy-tier introduction as instruments in the first-stage 

regression. These have a significant effect on the type of tier that is offered (χ
2
(2) = 19.357, p < 

.01). From this first-stage regression, we compute the residual and include it as an additional 

regressor in the PL-branding decision equation. The parameter of the residual is not significant 

(p > .10). This supports that endogeneity of the tier selection is indeed not an issue in our setting. 

Retailer performance model: alternative operationalizations of the fit variable. We consider 

two alternative operationalizations of the fit variable. First, we assign an observation to the 

branding strategy for which it has the highest predicted probability (cut-off at 50% rather than 

the tier-specific sample mean), and derive the (discrete) fit variable based on this classification. 

Second, we replace the discretized fit variable with a continuous version: 1 – |𝑆𝐵𝐵𝑖,𝑟𝑐 – 𝑆𝐵�̂�𝑖,𝑟𝑐|.  

Our results again remain substantively the same. 

Retailer performance model: alternative performance metrics. We operationalized our 

retailer performance variable as (productivityt / productivityt-1) – 1. To more freely estimate the 

relationship between the productivities in the two time periods, we re-specify the equation in 

levels. Our dependent variable then becomes the retailer’s productivity in t, and its productivity 

in t-1 is added as an additional covariate. Again, we find support for H11a and H11b.  

We studied the retailer’s performance in the year of the focal event. To allow for more time 

for the effects of the PL-branding decision to unfold, we change our dependent variable to 
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capture the sales productivity growth over two years – from the year prior to the branding 

decision to the year after the decision. We again find support for both hypotheses.  

Our productivity measure represents one of three main types of retailer performance 

measures (Dunne et al. 1995). To further explore the generalizability of our findings, we also 

consider two market-based performance measures, namely a retailer’s sales growth and market-

share growth.
9
 Again, we find strong support for our two fit-related hypotheses.

10
   

Retailer performance model: corrective actions. As a final robustness check, we consider the 

branding strategy’s “survival.” This approach considers subsequent “corrections,” either a 

change from one branding strategy to the other (i.e., from store-banner branding to stand-alone 

branding or vice versa) or the discontinuation of a PL tier (in which case the initially chosen 

branding strategy also disappears). Of the 44 tiers that were classified as non-fitting, 16% were 

subsequently corrected. In contrast, of the 178 tiers that were introduced with a fitting PL-

branding strategy, only 7% were corrected. A χ
2
 test reveals a significant difference between 

these two proportions (χ
2
(1) = 3.789, p < .05). 

 

2.6 Discussion 

A key issue that retailers face once they have decided to introduce a new economy or premium 

PL tier is whether or not to use their store-banner name and/or logo to clearly reveal their 

ownership of these products. In this paper, we analyzed more than 220 PL-branding decisions 

made by over 150 retailers across more than 25 countries. We focused on the following 

questions: (i) What are the factors associated with the likelihood of store-banner branding?, and 

                                                           
9
 Given the scope of this research, we restrict our analysis to market-based and productivity-based performance 

measures, and do not study the third group, profitability measures, as they are not available across 150+ retailers in 

27 countries (for a similar reasoning and approach, see Kumar and Karande (2000) or Reinartz and Kumar (1999)). 
10

 To make abstraction of major acquisitions/divestures or mergers, we trimmed the sample with respect to the sales 

area change at the 1% level. An example is Tesco’s 2006 acquisition of various Edeka supermarkets and Carrefour 

hypermarkets in the Czech Republic, which almost doubled its selling space in that country. 
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(ii) What are the performance implications of store-banner branding in the face of these factors? 

Also, (iii) do the answers to the questions above differ across the two tiers? In so doing, we 

addressed two key tensions characterizing the extant literature on PL branding. First, despite 

repeated calls for more research on PL branding (e.g., Ailawadi and Keller 2004; Dekimpe et al. 

2011; Geyskens et al. 2010), remarkably few studies have looked into the issue. Second, the few 

studies that did so almost uniformly favored store-banner branding. We identified a mix of 

retailer and market factors that are associated with retailers’ choice of store-banner branding over 

stand-alone branding, and tested whether choices made in alignment with these factors were 

associated with a higher retailer performance.  

Foremost, the results show that store-banner branding is not uniformly preferred. Retailers’ 

choices of store-banner branding versus stand-alone branding are not made lightly, however. 

They are largely in line with our theory-based expectations, which shows the rationality in retail 

managers’ branding decisions. For the premium tier, we find support for eight of our ten 

hypothesized drivers. Retailers’ propensity to use store-banner branding on their premium tier is 

higher when they have a HiLo price format, a higher brand equity, and when they have used 

store-banner branding before (on their standard PL tier as well as in other markets). The 

attractiveness of using store-banner branding on the premium tier also varies across countries: it 

is more likely to be chosen when the retail environment is less concentrated, when uncertainty 

avoidance and rule of law are higher, and when power distance is lower. For all of these drivers, 

the effect is substantially weaker for the economy tier than for the premium tier. The hard-

discounter share in a country, on the other hand, affects the retailer’s propensity to use store-

banner branding more strongly for the economy than for the premium tier. Further diagnosis of 

the net effect for the economy tier reveals that the number of drivers in our analysis that is 
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significant is smaller for the economy than for the premium tier (three as opposed to eight 

drivers). In particular, retailers are more likely to use store-banner branding on their economy 

tier when (i) they have a HiLo format (β1 + γ1 = 1.270, p < .05), (ii) the hard-discounter share is 

higher (β6 + γ6 = .090, p < .10), and (iii) uncertainty avoidance is lower (β8 + γ8 = -1.060, p < 

.05). All other drivers do not significantly affect retailers’ propensity to use store-banner 

branding on their economy tier, even though several of them are taken into account when 

branding the premium tier. Also, designing an appropriate PL-branding strategy for the premium 

tier is found to affect retailers’ performance, while no such effect is found for the economy tier. 

Our findings are not merely of historical interest, but may offer guidelines to retailers that do 

not (yet) feature a three-tiered PL program. In our European sample of the leading 12 retailers 

per country, for example, close to 60% of the retailers had not yet introduced a premium tier by 

the end of the observation period, among which the market leaders in Spain (Mercadona), 

Belgium (Colruyt), and Portugal (Pingo Doce). Similarly, 25% did not yet offer an economy tier, 

among which Kaufland and Rema 1000, the 2013 market leaders in, respectively, the Czech 

Republic and Norway. The many retailers that are currently considering a move to a three-tiered 

PL offering (IRI 2013, p. 7) can use our findings to legitimize their future branding decisions. 

Moreover, given that European retailers are at the forefront of many PL developments, 

examining what the 150+ retailers in our sample have done, and what has (not) worked for them, 

can offer important insights as to what is in store for the rest of the world. Interestingly, 

European retailers are rapidly becoming more global in their operations (Bronnenberg and 

Ellickson 2015), and try to leverage their PL skills across many (also developing) markets 

(Gielens and Dekimpe 2008). Local incumbents can use our insights to better anticipate the PL 

strategies of these powerful new entrants, considering both the latter’s branding decisions in 



Chapter 2: Private-Label Branding Strategies 

44 

previously-entered markets (given the significance of the “other-market decisions” parameter) 

and relevant own-market characteristics (given the significance of the market concentration, 

hard-discounter share, uncertainty avoidance, power distance, and rule-of-law parameters). 

Our study suffers from some limitations that offer avenues for further research. First, as we 

used an observational rather than an experimental design, one must be careful with causality 

inferences. For example, our results show that adherence to the industry norm increases 

consumers’ preferences for a given retailer. However, it is also possible that consumers’ 

preferences help shape the resulting industry norm. Second, a strength of this study is that it 

covers multiple countries, with global as well as local players, over a time period of more than a 

decade. Its broad scope, however, made it impossible to collect more data on the marketing mix 

of all retailers in our sample or detail their marketing actions surrounding the introduction of the 

PL tier. Still, for 78 branding decisions (38 premium, 40 economy), we were able to obtain data 

on the number of SKUs at the time of the introduction. The tier size, normalized for the average 

store size of the retailer in the country at hand, was not significantly related (p > .10) to the fit 

measure (r = -.142 for the premium and .034 for the economy tier), or to the productivity growth 

(r = -.179 for the premium and .053 for the economy tier). As such, its omission from our model 

is unlikely to have driven our testing of H11. Still, future research should deepen our 

understanding of the role of the marketing mix. 

Third, subject to data availability, future research could examine interactions between a 

retailer’s positioning strategy, the characteristics of the market environment in which it operates, 

and the PL tier that is being branded. Unfortunately, our study lacks sufficient power to 

simultaneously include these (higher-order) interactions in our model. Nevertheless, as a first 

probe and to stimulate future research, we tested these interactions on a piecemeal basis. As 
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expected, the relationship between uncertainty avoidance and store-banner branding (H8a) is 

especially strong for retailers with a low brand equity (β = -3.418, p < .01), while H8b holds 

irrespective of the retailer’s brand equity (p > .10). On the other hand, consumers will need to 

avoid uncertainty less when the retailer has a low-price image (β = 1.779, p = .10). Finally, the 

relationship advanced in H8b becomes more negative for upscale retailers (β = -7.553, p < .01). 

Finally, a PL tier may be rolled out over time, category by category. The variation in the 

order of roll-out across retailers may have rendered our dependent variable noisy, decreasing the 

likelihood of finding support for our hypotheses. The fact that we do find significant effects, 

despite the noisiness of our productivity measure, suggests that our results are conservative. 

Nevertheless, in addition to the aggregate performance measures studied here, future research 

could consider the potentially heterogeneous impact across individual product categories.  
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Appendix 2.A 

Examples of PL-Branding Strategies 

  

Store-Banner Branding 

 

 

Stand-Alone Branding 

Example 

 

 

 

 

Country  Belgium  U.S.  Germany  Switzerland 

PL tier  Economy  Premium  Economy  Premium 

Retailer name 
 

 Delhaize  Meijer  real,-   Denner 

Retailer logo 

 

 

 

 

PL name 
 

365 Meijer Gold TiP Primess 

PL logo 
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Appendix 2.B 

Table 2.B1 

Robustness Checks: PL-Branding Decision Model 

 

DV: PL-Branding Decision  
(1 = store-banner branding) 

Hypothesis
a Focal  

Model 

Alternative Sample:  

Top-10 Retailers 

Alternative Sample:  
Without HOBs

b
 

Intercept   -2.746 ††† -2.334 ††† -2.750 ††† 

x economy tier   .374  -.122  -.390  

Retailer positioning   
Price format  H1a + 3.392 *** 3.118 *** 3.424 *** 

x economy tier  H1b - -2.123 * -1.700 
c
 -2.137 *

 

Retailer brand equity  H2a + 6.788 *** 6.506 *** 6.803 *** 

x economy tier  H2b - -7.505 *** -7.156 *** -7.456 *** 

Prior branding decisions   

Standard-tier decision  H3a + 3.764 *** 3.402 *** 3.789 *** 

x economy tier  H3b - -3.200 *** -2.761 *** -3.250 *** 

Other-market decisions  H4a + 9.275 *** 9.067 *** 9.434 *** 

x economy tier  H4b - -8.731 *** -8.582 *** -8.987 *** 

Retailer environment   

Market concentration  H5a - -6.946 *** -5.813 ** -7.006 *** 

x economy tier  H5b + 6.677 ** 5.411 ** 6.797 ** 

Hard-discounter share H6a + -.137  -.139  -.138  

x economy tier  H6b + .227 *** .265 *** .228 *** 

Competitors’ branding decisions H7a + -1.632  -1.387  -1.653  

x economy tier  H7b - 1.351  1.058  1.399  

Institutional environment   

Uncertainty avoidance  H8a + 4.569 *** 4.375 *** 4.600 *** 

x economy tier  H8b - -5.584 *** -5.503 *** -5.594 *** 

Power distance  H9a - -2.291 ** -2.409 *** -2.285 ** 

x economy tier  H9b  + 2.947 ** 3.185 *** 2.892 ** 

Rule of law  H10a + 3.130 ** 2.657 ** 3.159 *** 

x economy tier  H10b - -3.540 ** -3.025 ** -3.639 ** 
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(Table 2.B1 continued) 

 

Control variables   

Retailer size   .461 ††† .426 ††† .459 ††† 

Market size   -.421 ††† -.378 ††† -.420 ††† 

Multi-banner parent   -.173  -.213  -.176  

State of economy  7.689 ††† 8.066 †† 8.023 ††† 

Hit rate (%)  80.180  79.024  81.364  

Hit rate (store-banner branding) (%)  88.421  84.783  88.421  

Hit rate (stand-alone branding) (%)  74.016  74.336  76.000  

N  222  205  220  

Max. VIF value  11.364  11.403  11.347  

* p < .10, ** p < .05, *** p < .01 (one-sided) 

† p < .10, †† p < .05, ††† p < .01 (two-sided) 
a 
Supported hypotheses are indicated in bold. 

b 
House-of-brands. 

c 
p = .10 
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Table 2.B2 

Robustness Checks: Retailer Performance Model 

DV: Sales Productivity Growth Hypothesisa Focal Model 50% Cut-Off Continuous Fit 

Alternative Performance Metrics 

Levels  Effect in t+1 Sales Growth Market-Share 

Growth 

Intercept  -.055 †† -.052 ††† -.083 †† -461.714 † -.093  -.041  -.074 † 

x economy tier   .039  .038  .079 † 398.064 †† .064  .075 ††† .033  

Fit                

Fit  H11a + .043 ** .041 ** .077 ** 330.811 ** .073 * .061 *** .060 *** 

x economy tier H11b - -.052 * -.048 ** -.099 ** -403.508 ** -.089 ** -.049 * -.071 ** 

PL-branding decision and selection                

Store-banner branding  .001  .001  .000  5.467  -.002  .004  .003  

x economy tier  -.007  -.007  -.007  -23.888  -.008  .011  -.006  

Control variables                

Price format  -.004  -.006  -.007  -22.945  -.003  -.006  .008  

Retailer brand equity  -.031 †† -.029 †† -.029 †† -146.504 †† -.036  -.023  -.061  

Standard-tier decision  .026 †† .027 ††† .028 †† 100.195  .064  .016  .020  

Other-market decisions  .040  .041  .040  216.039  .123 †† -.024  -.062  

Market concentration  -.000  -.001  -.001  21.368  -.003  -.016  -.017  

Hard-discounter share  .001  .001  .001  3.425  -.002  -.002  -.003 † 

Uncertainty avoidance  -.013  -.011  -.012  79.149  -.026  -.028  -.028  

Power distance  .035  .033  .034  120.238  .012  .033  -.017  

Rule of law  .012  .013  .014  30.522  .040  -.008  -.078  

Retailer size   -.005  -.005  -.005  -27.987  .004  -.008  .005  

Market size  .001  -.000  .000  17.896  -.011  -.004  .013  

Multi-banner parent  .007  .007  .006  23.909  .014  .019  .054  

State of economy  -.257 †† -.254 †† -.265 †† -1223.572 †† -.244  -.145  -.069  

Lagged productivity        1.014 †††       

RMSE  .070  .070  .070  364.062  .132  .080  .173  

N  207  207  207  207  198  201  201  

Sargan score (p-value)  5.061 (.887) 4.813 (.903) 4.750 (.907) 3.965 (.949) 7.987 (.630) 7.051 (.721) 6.737 (.750) 

* p < .10, ** p < .05, *** p < .01 (one-sided) 

† p < .10, †† p < .05, ††† p < .01 (two-sided) 
a Supported hypotheses are indicated in bold. 
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3 Opening the Umbrella: The Performance Implications of Private-

Label Rebranding 
 

3.1 Introduction 

Private labels (PLs) already account for 23% of grocery sales in the U.S. (PLMA 2016). In 

several European countries (e.g., Spain, the U.K.), market shares are fast approaching the 50% 

mark (Nielsen 2014b). With PLs no longer having to justify their quality (Planet Retail 2013), 

some are making the transition to consumer packaged goods (CPG) brands in their own right 

(Seenivasan, Sudhir, and Talukdar 2016). Many retailers, however, still offer PLs with brand 

names that are restricted to a narrow set of closely related product categories which individually 

lack the muscle to be turned into strong brands of their own. To overcome this impediment, 

retailers are increasingly consolidating their category-specific PL brands by “opening the 

umbrella”, and unifying them under a common brand name. U.S.-based Save-A-Lot, for 

example, has only just announced that it will rebrand its standard PLs under a single brand name 

across the store to replace the multiple individual brand names (Store Brands Decisions 2016). 

European examples include the Belgian market leader Colruyt, which recently replaced its more 

than 50 category-specific standard PL brands, such as “Cribbits”, “Davinia”, and “Galaxi”, with 

one umbrella brand name (“Boni Selection”). Similarly, the retail chain SPAR unified its 50+ 

economy PL brands in the Netherlands (among which “Casa Italiana”, “Landhof”, and 

“Koningssuper”) under a single umbrella brand name, “OK€”.  

Are such rebranding strategies successful? Industry experts believe they are (Packaging 

Digest 2011; Planet Retail 2014a), and also retailers tend to be optimistic about their PL 

rebranding efforts (Store Brands Decisions 2012b). SuperValu, for example, expected its PL 

sales to grow by about $70 million per year after the rebranding (Chicago Tribune 2011). 
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However, even if higher sales are realized following the rebranding, this does not necessarily 

mean that the equity of the PL brand has increased. An increased equity can manifest itself in 

two, not necessarily congruent, ways (Keller 1998). On the one hand, a higher brand equity may 

be reflected in an increased intrinsic brand strength when the new umbrella PL brand is more 

attractive than the earlier category-specific brands. On the other hand, an increased brand equity 

can also manifest itself in an increased marketing effectiveness (Datta, Ailawadi, and van Heerde 

2017). Practitioners often operate under the assumption that “is easier to build equity in a single 

brand” (Kolm 2016, p. 1) and that umbrella branding will “help create efficiencies in [...] 

marketing” (Store Brands Decisions 2012c, p. 1). But do brand-equity changes actually 

materialize? And are they necessarily positive? Indeed, the rebranding could also backfire if 

consumers had developed favorable associations with the previous category-specific brand 

names, which could make them reluctant to embrace the new umbrella positioning. 

Even if a PL-rebranding strategy does not lead to a change in brand equity (whether through 

a changed brand strength or through a changed marketing effectiveness), sales may increase 

when managers keenly support the rebranding with additional marketing support. Put differently, 

the retailer’s marketing conduct can be the real driver behind the apparent success of the PL-

rebranding strategy, and create a positive sales effect even in the wake of a decline in intrinsic 

customer appreciation.  

The total effect of a PL-rebranding strategy thus emerges through three constituent effects (a 

change in brand-strength, marketing-effectiveness, and marketing-conduct effect) that do not 

necessarily move in the same direction. To complicate matters, many retailers offer more than 

one PL tier, and the rebranding may not only affect the focal PL tier, but also the other tier(s) in a 
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retailer’s PL portfolio. Against this background, we aim to address the following four research 

questions: 

1. Does the focal PL tier’s intrinsic brand strength change following the rebranding to an 

umbrella brand? 

2. Does the focal PL tier’s marketing effectiveness change following the rebranding to an 

umbrella brand? 

3. Does the focal PL tier’s marketing conduct change following the rebranding to an 

umbrella brand? 

4. How are other PL tiers affected following the focal PL tier’s rebranding to an umbrella 

brand? 

We address these questions in the context of the Dutch retail banner SPAR which rebranded 

its 50+ category-specific economy PL brands to a unified umbrella brand. Importantly, we not 

only study the brand-equity and sales implications of this rebranding exercise, but also quantify 

its profit implications. Profit margins in the grocery retail sector are very thin (ter Braak et al. 

2013a), and may be insufficient to account for the changed marketing conduct surrounding the 

rebranding exercise. To rule out that our findings are idiosyncratic to the specific retailer under 

investigation, we subsequently extend our analysis to two additional retailers (Attent in the 

Netherlands and Colruyt in Belgium), which differ substantially in terms of size, format, and 

positioning. 

Our study offers contributions from both a theoretical and a managerial perspective. From a 

theoretical point of view, a wealth of marketing scholarship (see, for example, Erdem and Sun 

2002; Henderson and Arora 2010; Sattler et al. 2010) has examined the umbrella branding of 

national brands (NBs). However, prior insights from the NB literature may not generalize in a 
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straightforward manner to a PL setting for a variety of reasons. First, NBs have a greater stake in 

individual categories, and are able to invest considerably more in developing category-specific 

associations for their brands than retailers can for each of their many categories (Lamey et al. 

2012). Second, NB umbrella branding hinges on the premise that a transfer of quality perceptions 

takes place across product categories (Erdem 1998). While NBs are typically limited to a few 

highly related categories, such as toothbrushes and toothpaste, PLs are available in many 

unrelated categories, ranging from household supplies to baby food (DelVecchio 2001). Third, 

compared to NB manufacturers, retailers are much more autonomous in setting the marketing 

mix for their PLs, and do not need to convince another party of the desirability of a change in 

marketing support (Ailawadi et al. 2009). As such, the marketing-conduct effect may be more 

pronounced. Finally, most retailers nowadays offer a PL portfolio that consists of two or more 

tiers that are inter-dependent (Geyskens et al. 2010), complicating matters further compared to 

most NBs. 

In sum, the impact of PL rebrandings remains an empirical puzzle. The importance of PL 

umbrella branding and the intricacies in evaluating its impact stand in sharp contrast with the 

scant literature on this issue. We aim to fill this void, and thereby address repeated calls for more 

research on umbrella-branded PLs (Dekimpe et al. 2011, p. S22; Keller, Dekimpe, and Geyskens 

2016, p. 16; Lourenço and Gijsbrechts 2013, p. 381). 

Managerially, we speak not only to the retailers’ top-level management, which has to decide 

whether or not to engage in a PL rebranding exercise, but also to the category managers who 

have to implement the strategy. First, retail banners have been reported to engage in rebrandings 

hoping to increase their PLs’ equity (Packaging Digest 2011). We study whether top-level 

management’s expectations indeed materialize. Second, our insights allow category managers to 
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make better informed decisions given the potentially changed effectiveness of the various 

marketing instruments. By identifying category managers’ extent of self-confirming behavior 

and/or hubris, we raise awareness for the pitfalls in supporting a rebranded line too much or too 

little. Finally, we assess the profit implications of PL rebrandings. While marketing theory 

suggests procurement-cost advantages of umbrella branding, i.e. lower production costs (Keller 

2013, p. 400), increased marketing conduct may absorb these potential advantages.  

 

3.2 Theoretical Background 

A rebranding may have an intrinsic brand-strength effect, can alter the effectiveness of the 

retailer’s marketing support activities, and may induce managers to change the extent of 

marketing support. These effects can manifest themselves not only with the focal PL tier, but 

also with the other tiers in the retailer’s PL portfolio. 

Brand-Strength Effect 

Rebranding PLs with an umbrella brand name can facilitate consumers’ mental categorization 

and evaluation of these products, as only one recurring brand name across categories is used. 

Categorization theory suggests that consumers organize objects into different cognitive clusters 

to increase processing efficiency (Cohen and Basu 1987; Mervis and Rosch 1981). When a new 

object can be categorized as a member of a previously defined cluster, consumers can retrieve 

their evaluations associated with that cluster and apply it to the new object, resulting in a better 

understanding and reduced confusion (Liu et al. 2017). In a retail setting, consumers frequently 

rely on external cues, such as brand names (Aribarg et al. 2014; Richardson, Dick, and Jain 

1994) and/or logos (Keller et al. 2016) to categorize products vis-à-vis other products. Having 

the same brand name across the assortment (as opposed to multiple, different brand names) 

significantly reduces consumers’ cognitive burden. With reduced cognitive effort to assess a 
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product, consumers’ uncertainty may decrease, which positively affects their utility for a product 

and, ultimately, the brand strength (Erdem 1998). 

By using the same brand name across many product categories, retailers also signal more 

clearly that the rebranded products are private labels as opposed to sending an ambivalent signal 

about the brand type (Szymanowski and Gijsbrechts 2012). Consumers may not be able to 

correctly classify a product as PL or NB if PLs do not feature a distinct design grid, but rather 

mimic national brands by using category-specific brand names (de Jong 2015). With an umbrella 

brand name, the classification as a PL is facilitated. This can make PLs more appealing, 

especially for the sizeable segment of PL prone consumers (Ailawadi, Neslin, and Gedenk 2001). 

Such consumers consider purchasing PLs a “smart” strategy (Vroegrijk et al. 2016), and clearly 

appreciate the value of PLs. To them, the PL’s brand strength could increase after the rebranding. 

In contrast, rebranding to an umbrella brand may create confusion among consumers as all 

category-specific brands with a familiar and possibly unique positioning disappear. Consumers 

may have been able to develop their own associations with the category-specific brands, 

especially as these did not need to compromise their positioning relative to brands in other 

product categories (Aaker and Joachimsthaler 2000; Rao et al. 2004). Moreover, category-

specific brands can more easily have a positioning that is congruent with the category (Inman, 

Shankar, and Ferraro 2004) and/or adheres to the prevalent trade dress (van Horen and Pieters 

2012).
11

 As umbrella PL brands have to adapt to a common design grid across categories (de 

Jong 2015), positive category-specific associations and/or trade dress advantages can get lost 

with the rebranding, which could lower consumers’ appreciation of a product. As such, the PL’s 

brand strength could decrease.  

                                                           
11

 The term “trade dress” refers to “characteristics of the visual features of a product or its packaging (e.g., color, 

graphic design, texture, shape)” (Aribarg et al. 2014, p. 659), and helps consumers in recognizing that a product 

belongs to a particular product category. 
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Marketing-Effectiveness Effect 

Umbrella branding makes a marketing action (such as a new product introduction, advertising, or 

a price cut) in non-focal product categories more visible to consumers of a focal category (Erdem 

and Sun 2002). An advertising campaign for the PL in the cheese category, for example, may 

remind consumers not only of the umbrella brand’s product in that category, but also of PL 

products in other categories. This is especially relevant for PLs, which tend to make less use than 

NBs of the regular marketing-mix instruments (Gielens 2012), and hence have a more difficult 

time to benefit from marketing-mix actions. Therefore, the marketing effectiveness for the PL 

could increase after the rebranding. 

Conversely, the visibility of marketing actions across many product categories, as facilitated 

by an umbrella-branded PL tier, may lead to a wearout effect and let consumers pass a “tipping 

point” after which marketing effectiveness decreases (Naik 1999). For example, consumers may 

be overwhelmed by the many SKUs that now carry the same name, and/or perceive less variety 

in the store (Rooderkerk, van Heerde, and Bijmolt 2013). Similarly, running many promotions of 

products with the same name may lead to a “discounting of the discounts” (Gupta and Cooper 

1992). 

Marketing-Conduct Effect 

In line with optimistic industry reports, retail managers tend to have preconceived beliefs that a 

PL-rebranding strategy will de facto have positive performance implications. If a marketing 

tool’s effectiveness increases, it may provide an opportunity to increase one’s spending on that 

tool (Joshi and Hanssens 2010; van Heerde et al. 2013), which would result in a further sales 

increase.  

Moreover, research on embedded exchange theory has shown that managers are prone to 
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facilitate the outcome of their expectations through their behavior to make sure they are right 

(Sorenson and Waguespack 2006). In case of a PL rebranding, this “self-confirming conduct” 

may manifest itself through an increased marketing support for the rebranded PL line, e.g., by 

introducing additional SKUs, decreasing the regular prices, or offering more temporary price 

cuts, even if the effectiveness remains constant. In addition, managers may feel a great sense of 

personal responsibility from having invested substantial time and resources in a project, leading 

to an “escalation of commitment” or increased investment (Schijven and Hitt 2012; Staw 1981). 

This may even happen in the face of negative performance feedback, where managers commit 

additional resources to save their project (Duhaime and Schwenk 1985). This holds especially for 

decisions about new products, which require a high level of managerial commitment to begin 

with (Biyalogorsky, Boulding, and Staelin 2006; Varadarajan, DeFanti, and Busch 2006). 

Through “self-confirming conduct” and “escalating commitment,” managers may increase the 

marketing support for their rebranded PL tier, thereby inflating the sales success of the PL-

rebranding strategy, even when this could come at the detriment of decreased profits.  

In contrast, and in light of the positive trade press on PL rebrandings, managers may be 

overly confident when implementing their rebranding. If managers exhibit exaggerated levels of 

self-confidence or overoptimism (Hayward and Hambrick 1997; Roll 1986), they may have the 

hubris to believe they are better than other managers in having created a superior brand (Mueller 

and Sirower 2003; Sorescu, Chandy, and Prabhu 2007). Overconfident managers may trust the 

rebranded PL will “take off” on its own and cut back on its marketing support. Managers’ 

overconfidence and the resulting reduced marketing support have been identified in the literature 

as major obstacles to the success of new-product introductions (Ahearne et al. 2010).  
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Effects on Other PL Tier(s) 

More and more retailers offer a PL portfolio consisting of multiple PL tiers (economy, standard, 

and/or premium tier), which consumers assess in conjunction rather than in isolation (ter Braak 

et al. 2014). For a variety of reasons, rebranding one PL tier may affect the other tier(s) as well. 

Changing the attractiveness of the focal tier may come at the expense of the other tier(s), as 

consumers can substitute one for the other (Geyskens et al. 2010). While this would speak for 

competition across the various PL tiers (and a reduced brand strength and/or marketing 

effectiveness of the non-focal tier), recent research has found that consumers also transfer 

positive experiences from one PL to another (Szymanowski and Gijsbrechts 2012). In the latter 

case, PL tiers could synergistically support each other. In addition, retailers may have a fixed 

budget for their marketing actions (Shah, Kumar, and Zhao 2015), such that support for a 

retailer’s other PL tier(s) may decrease if the focal tier’s support increases, and vice versa. On 

the other hand, the rebranding of an entire PL line is a major venture, which attracts substantial 

attention from top-level management. In such a case, additional resources may be freed up 

(Dutton and Ashford 1993), which would allow for more support for all PL tiers. Thus, it is 

unclear whether the rebranding of the focal PL tier affects the other PL tier(s) similarly or 

oppositely.  

In sum, the rebranding may affect, for each product category, the focal PL’s brand strength 

and/or marketing effectiveness, which together reflect the change in the tier’s brand equity, as 

well as lead to a change in the marketing conduct. Taken together, these three constituent effects 

form the total effect in terms of sales and, ultimately, may influence profits as well. Similarly, 

the corresponding parts of the other PL tier may be influenced. Figure 3.1 presents our 

framework and the three constituent effects. 
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3.3 Data 

Setting 

We study the PL rebranding of the leading Dutch convenience store retailer, SPAR. The 

Netherlands has a highly developed retailing landscape, which has been used repeatedly to study 

retailing in general and PLs in particular (e.g., Ailawadi et al. 2008; Sotgiu and Gielens 2015). 

SPAR uses a Hi-Lo price positioning strategy with frequent temporary price cuts and a high level 

of service. It operated 227 outlets at the end of 2014 (GfK 2016). From March 2013 to 

November 2014, SPAR rebranded all its category-specific economy PL brands to one umbrella 

brand, “OK€”. Figure 3.2 depicts four example SKUs before and after the rebranding. 

SPAR’s PL rebranding is well suited for our research purposes for three reasons. First, it 

provides a very clean setting that allows us to study the effect of the rebranding in isolation. 

During the rebranding, SPAR did not change the physical specifications (e.g., ingredients, 

package type) of its PL products nor its PL suppliers.
12

 Moreover, the rebranding took place on a 

category-by-category basis such that all SKUs within a category were rebranded within the same 

week. The order in which categories were rebranded was determined by the ending date of the 

contract with the PL supplier of that category.
13

 Typically, PL suppliers have very short, 12 to 24 

months long, contracts (de Jong 2015; ter Braak et al. 2013a). Whenever a contract was to be 

renewed, the category was rebranded. As such, the order of the rebranding was not chosen to 

maximize retailer performance and is not likely to be endogenous. Second, we obtained  

information on all product categories that were rebranded, ranging from dairy and non-dairy 

food to beverages, household care, and personal care. For every SKU in those categories, we 

obtained the retailer’s store-scanner data on its volume and value sales, which allowed us to

                                                           
12

 Personal communication with Jan-Hein van Spaandonk (PL brand manager SPAR) on April 8, 2015. 
13

 For the rebranded PL tier, one supplier was used per category. 
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FIGURE 3.1 

Framework of PL Rebranding Including the Three Constituent Effects 

 
Note: The multiple layers indicate different product categories and reflect that we estimate the impact of the rebranding at the product category level. 
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FIGURE 3.2 

Rebranding in four Example Categories to the Umbrella Brand “OK€” 
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calculate price, temporary price cuts, and assortment size. In addition, we acquired the retailer’s 

advertising spending from Nielsen. Third, the retailer shared its proprietary wholesale prices with 

us, which allows us to also consider profit implications. These data are available for both PL tiers 

carried by SPAR, viz. the rebranded PL tier (the focal PL tier) and its standard PL tier (the other 

PL tier). Finally, the retailer communicated the name change clearly as a rebranding to its 

consumers, through shelf labels as well as flyers at the cash registers. 

To assess the generalizability of our findings, we replicate our analyses for two additional 

retailers: Attent and Colruyt. Attent is active in the same market as SPAR, has the same parent 

company, and rebranded the same PL tier, but differs considerably in terms of positioning and 

size. Compared to SPAR, Attent operates smaller neighborhood stores, provides less service, and 

sets its own marketing-mix strategy. It offers fewer temporary price cuts than SPAR and uses no 

advertising. Attent operated 72 outlets at the end of 2014.  

Colruyt, in contrast, is the market leader in Belgium, operates a low-price supermarket 

format with an average service level (GfK 2016), and is substantially larger in terms of total 

revenue than either SPAR or Attent. Colruyt further differs from SPAR in that it has rebranded 

its standard PL from category-specific brands to the umbrella brand “Boni Selection” (the focal 

PL tier). It offers a second PL tier which is positioned as an economy PL (the other PL tier). For 

Colruyt, we have access to GfK household panel data, including a variety of marketing-mix 

tools, but no wholesale price data. Given the numerous differences across SPAR, Attent, and 

Colruyt, the latter two retailers provide a strong validation test for our insights. A summary 

comparison of the three retailers is provided in Table 3.1.  
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TABLE 3.1 

Summary Comparison of the Three Retailers Studied 

 SPAR Attent Colruyt 

Country in study The Netherlands The Netherlands Belgium 

Store format Convenience Neighborhood Supermarket 

Service level High Mid Low 

Price positioning Hi-Lo Hi-Lo EDLP 

Total value sales (in million 

USD) 
593.1 168.2 7,332.2 

Number of outlets 227 72 233 

Selling space (in sqm) 94,400 22,600 340,000 

PL share 39.6% 45.3% 54.6% 

Rebranded PL tier Economy PL Economy PL Standard PL 

Rebranded PL tier’s share 11.9% 13.4% 32.8% 

Notes: Based on GfK (2016) and Euromonitor (marketing information database), store scanner data (SPAR and 

Attent), and household panel data (Colruyt). Data for 2014, except PL share and rebranded PL tier’s share, 

where averages are taken across the entire data period. 

 

Data Set 

We use store-scanner data from SPAR that encompasses weekly data from 2011 to 2014. The 

data come at the category-SKU-week level. Across categories, we observe, on average, 127 

weeks before and 64 periods after the rebranding. Next to volume and value sales, we also 

obtained wholesale prices. To reduce the impact of extreme values, we Winsorize SKU volume 

and value sales within each SKU at the 1% and 99% level (see, e.g., McAlister et al. 2016 and 

Rego, Morgan, and Fornell 2013 for a similar practice). As we are studying the effect of 

rebranding at the PL-tier level (the focal PL tier and the other PL tier), we aggregate the data 

across SKUs to the PL-tier level, using the procedure outlined in Pauwels and Srinivasan 

(2004).
14

 We analyze 55 categories, all of which (i) feature both PL tiers, (ii) are not fresh goods 

                                                           
14

 In line with Gielens (2012) and ter Braak et al. (2013a), we do not include temporary SKUs with an average 

market share less than .1% across the entire time span. 
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categories where products are mostly unbranded (Ailawadi and Harlam 2004), and (iii) have at 

least 26 weeks of non-zero sales data both before and after the rebranding. In total, we analyze 

20,098 observations.
15

  

Operationalization 

Similar to Sotgiu and Gielens (2015) and Kumar, Sunder, and Sharma (2015), we use volume 

sales as our performance metric. Volume sales continues to be an important performance 

indicator for managers that is particularly well suited “if [we] want to imbed the sales response 

function in a profit function to assess the impact of changes in the marketing mix” (Hanssens, 

Parsons, and Schultz 2003, p. 52). 

We study four marketing-mix tools: price, temporary price cuts, assortment size, and retailer-

level advertising. The advertising and pricing variables are deflated with the consumer price 

index. We control for the retailer’s size, the level of consumer confidence, as well as national 

holidays to arrive at more precise estimates of our key parameters. Table 3.2 provides a detailed 

overview of the operationalization of all variables. 

Descriptive Statistics 

As an illustration, panel A of Figure 3.3 presents for the dog food category the sales evolution of 

the focal PL tier from one year before to one year after the rebranding, while panel B gives the 

corresponding evolution in price and assortment size.  

All variables are normalized to easily detect relative changes (Lourenço, Gijsbrechts, and 

Paap 2015; van Heerde, Gijsbrechts, and Pauwels 2008). We normalize by dividing the   

variables’ values (mktg for marketing-mix variables and s for sales) by the category-specific PL- 

tier average (𝑚𝑘𝑡𝑔𝑗,𝑖,. and  𝑠𝑖,. with j, i, and t referring to marketing-mix tool, category, and week,

                                                           
15

 Theoretically, we could observe 22,800 observations (208 weeks x 55 categories x 2 PL tiers), but some 

categories were introduced during our data period, which slightly reduces the total number of observations. 
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TABLE 3.2 

Variable Operationalizations 

Construct Notation Definition Reference  

Volume sales si,t Quantity sold (expressed in equivalent units, such as grams, milliliters, or 

pieces) of category i in week t. 

Lourenço and Gijsbrechts (2013) 

Rebranding REBRi,t Category-specific step dummy variable that takes on the value of 1 in the week 

in which the category’s rebranding starts and 0 before. 

Tsai, Dev, and Chintagunta (2015) 

Price mktg4,i,t SKU-weighted
a
 actual price per unit volume in category i and week t.  Kumar et al. (2015) 

Temporary price 

cuts 

mktg5,i,t SKU-weighted
a
 share of products with a temporary price cut across SKUs in 

category i and week t according the algorithm by Gedenk and Neslin (2000), 

using 10% as the discount threshold value. This algorithm allows for price 

promotions of up to six weeks. 

Gedenk and Neslin (2000) 

Assortment size mktg6,i,t Distribution (across outlets)-weighted number of SKUs offered in category i 

and week t.  

Sotgiu and Gielens (2015) 

Advertising mktg7,t The retailer’s total spending on advertising (advt) in thousand Euros in week t. 

To allow for carry-over effects, an adstock variable is defined as mktg7,t = c advt 

+ (1-c) mktg7,i,t-1. The decay parameter c is determined using a grid search 

procedure over the interval [0, .9] in .05 increments. 

Datta et al. (2017) 

Wholesale price wpt SKU-weighted
a
 wholesale price per unit volume in category i and week t.  Pauwels and Srinivasan (2004) 

Trend Ti,t Variable running from t = 1 up to t = 208 for each category i. Narayanan, Desiraju, and Chintagunta 

(2004) 

Outlets SIZEt The number of outlets the retailer operates in week t. Gielens and Dekimpe (2007) 

Consumer 

confidence 

CONFt Monthly composite indicator developed by the Directorate General for 

Economic and Financial Affairs of the European Commission, capturing 

households’ expectations of their financial situation, the general economic 

situation, unemployment, and savings over the next 12 months. 

Lemmens, Croux, and Dekimpe (2007) 

Holiday HD1-8,t Eight pulse dummy variables, each capturing a national public holiday (New 

Year’s Eve, Good Friday, Easter, Queen’s/King’s Day, Liberation Day, 

Ascension Day, Pentecost, and Christmas). They take on the value of 1 in the 

week of the public holiday and 0 otherwise.  

Ailawadi, Lehmann, and Neslin (2003) 

a 
We aggregate from the SKU-level to the PL-tier level using full-period market shares as weights (for a similar practice, see, e.g., Pauwels and Srinivasan 

2004). 
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FIGURE 3.3  

Evolution of Sales, Price, and Assortment Size for the Dog Food Category  

from One Year Before to One Year After the Rebranding 

Panel A: Evolution of Sales 

 

Panel B: Evolution of Price and Assortment Size 
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respectively, and the dot in the subscript to an average over the time dimension) and multiplying 

the resulting value by 100 (𝑀𝐾𝑇𝐺𝑗,𝑖,𝑡 = (𝑚𝑘𝑡𝑔𝑗,𝑖,𝑡/ 𝑚𝑘𝑡𝑔𝑗,𝑖,.) ∗ 100 and 𝑆𝑖,𝑡 = (𝑠𝑖,𝑡/ 𝑠𝑖,.) ∗

100). As such, values below (above) 100 indicate that the variable is lower (higher) in a 

particular week relative to its average value over time. As Figure 3.3A shows, sales for the dog 

food category remained relatively stable before, but increased after, the rebranding. This 

supports the generally positive sentiment about rebranding. While prices remained fairly 

constant, assortment size increased visibly after the rebranding, which raises the question 

whether the observed sales increase is really due to the rebranded PL having become stronger, or 

to a self-fulfilling adjustment in the marketing mix.  

To gain more general insights into the effects of the PL rebranding on the retailer’s volume 

sales, its marketing-mix setting, as well as its wholesale prices, we provide an overview of the 

average values across categories before and after the rebranding in Table 3.3. Since all variables 

are normalized, they are comparable across categories where different measurement units may be 

used. Volume sales for the focal PL tier were 3.69% lower in the period after the rebranding as 

compared to the period before. As for the marketing mix, price, temporary price cuts, assortment 

size, and advertising increased moderately (+2.38% for assortment size) to substantially 

(+307.51% for advertising). Somewhat more than (consumer) prices, the focal PL’s wholesale 

prices increased by 3.64%. The other PL tier’s sales volume decreased by 2.13%, with 

marginally lower prices (-1.11%), and increased support through temporary price cuts 

(+41.11%). Assortment size and wholesale prices remained almost constant.  
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TABLE 3.3 

Key Variables’ Values Before and After the Rebranding (Ncategories = 55) 

Variable 
Focal PL Tier Other PL Tier 

Before   After % Change Before   After % Change 

Volume sales 100.87 97.15 -3.69 101.37 99.21 -2.13 

Price 99.12 101.87 +2.77 100.32 99.21 -1.11 

Temporary price cuts 91.42 123.70 +35.31 90.32 127.45 +41.11 

Assortment size 98.81 101.16 +2.38 100.25 100.48 +.23 

Advertising 43.39 176.82 +307.51 43.39 176.82 +307.51 

Wholesale price 98.83 102.43 +3.64 99.75 100.48 +.73 

Notes:  Per category, volume sales are normalized by 𝑠𝑖,. and marketing-mix variable j by 𝑚𝑘𝑡𝑔𝑗,𝑖,.. The resulting 

values are multiplied by 100. As such, values below (above) 100 indicate that the variable is lower 

(higher) in a particular week relative to its average value over time. Following Pauwels and Srinivasan 

(2004), the data are aggregated across categories using time-invariant market shares. 

 

3.4 Method 

Modeling Approach 

Given our research objectives, our model should accommodate three issues. First, the model 

needs to allow us to separate the brand-strength, marketing-effectiveness, and marketing-conduct 

effects. Second, our approach has to take the hierarchical structure of the data into account in 

which weekly observations are nested within product categories. Third, given that a retailer’s PL 

portfolio typically includes inter-dependent tiers, our model should account for their dependency 

in the estimation.  

In what follows, we describe two models, a market-response model and a marketing-mix 

model, that enable us to decompose the total rebranding effect into its three constituent effects 

with separate volume-sales contributions. The market-response model allows us to estimate (the 

changes in) both the brand strength and the effectiveness of the various marketing-mix tools. The 

marketing-mix model allows us to assess the expected level of the marketing tools in the absence 
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of a rebranding as well as their change with the rebranding. After having discussed both models, 

we delineate the derivation of the three constituent effects. 

Market-response model. We use a semi-logarithmic model and relate volume sales to the log 

of the continuous covariates (Hanssens et al. 2003). Modeling volume sales (rather than any 

transformation) allows us to decompose sales linearly (van Heerde, Gupta, and Wittink 2003; 

van Heerde, Srinivasan, and Dekimpe 2010), while working with the logarithm of the 

covariates
16

 allows for diminishing returns to scale.  

Formally, the market-response model is specified as:  

(3.1) 𝑆𝑖,𝑡 = 𝛽1,𝑖 + 𝛽2,𝑖 ln(𝑇𝑖,𝑡) + 𝛽3,𝑖 ln
2(𝑇𝑖,𝑡) + ∑ 𝛽𝑗,𝑖 ln(𝑀𝐾𝑇𝐺𝑗,𝑖,𝑡)

7
𝑗=4  

+ 𝑅𝐸𝐵𝑅𝑖,𝑡[𝛽1,𝑖
𝑟𝑒𝑏𝑟 + 𝛽2,𝑖

𝑟𝑒𝑏𝑟 ln(𝑇𝑖,𝑡) + 𝛽3,𝑖
𝑟𝑒𝑏𝑟 ln2(𝑇𝑖,𝑡) + ∑ 𝛽𝑗,𝑖

𝑟𝑒𝑏𝑟 ln(𝑀𝐾𝑇𝐺𝑗,𝑖,𝑡)
7
𝑗=4 ]  

+ ∑ 𝛿𝑘𝑋𝑘,𝑖,𝑡
10
𝑘=1 + 휀𝑖,𝑡, 

where Si,t represents a PL tier’s normalized volume sales in category i and week t. In the spirit of 

Narayanan et al. (2004), we allow for a flexible evolution of the PL tier’s sales,
17

 while 

safeguarding against overfitting, by including both ln(Ti,t), a trend variable running from t = 1 up 

to t = 208 for each category i, and its square, ln
2
(Ti,t). MKTGj,i,t represents four marketing-mix 

tools: price (j = 4), temporary price cuts (j = 5), assortment size (j = 6), and advertising (j = 7). 

REBRi,t is a rebranding step dummy variable that takes on the value of 1 after the rebranding in 

category i and 0 before, and Xk,i,t is a set of control variables (k = 1, …, 10). As control variables, 

we include eight holiday dummy variables, reflecting public holidays during which consumers 

may purchase more or less PLs (Gielens 2012). We also include the logarithm of the consumer 

confidence index to control for consumers’ tendencies to purchase more PLs in economic 

                                                           
16

 We add 1 to all take include zero or negative values before taking the logarithm. 
17

 As we allow the intercept and parameters of the trend and squared trend to change with the rebranding, we have 

six parameters representing the evolution in sales. This enables us to capture a large variety of trajectories in a 

parsimonious way. Moreover, to better isolate the effects of interest, we do not use the immediate four weeks before 

and after the rebranding in the estimation (Vroegrijk 2012). 
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downturns (Lamey et al. 2007). To account for the varying number of outlets open in any given 

week, we add the logarithm of the number of outlets. Both consumer confidence and number of 

outlets are mean centered to allow us to evaluate the brand strength at their mean levels.
18

  

β and δ are the parameters, where 𝛽1−7,𝑖 indicate the variables’ effect before the rebranding, 

𝛽1−7,𝑖
𝑟𝑒𝑏𝑟  the change in effect after the rebranding, and δ1-10 the control variables’ effect on category 

i’s sales. εi,t is a residual. All β parameters are allowed to vary over categories i and are specified 

to consist of a fixed component 휃𝑚,0 (휃𝑚,0
𝑟𝑒𝑏𝑟) and a random error term 𝑈𝑚,𝑖 (𝑈𝑚,𝑖

𝑟𝑒𝑏𝑟), which is 

assumed to be normally distributed with zero mean and variance 𝜏𝑚
2  (𝜏𝑚

2,𝑟𝑒𝑏𝑟
), with m (m = 1, …, 

7) numbering the parameters:
19

 

(3.2) 𝛽𝑚,𝑖 = 휃𝑚,0 + 𝑈𝑚,𝑖 

(3.3) 𝛽𝑚,𝑖
𝑟𝑒𝑏𝑟 = 휃𝑚,0

𝑟𝑒𝑏𝑟 + 𝑈𝑚,𝑖
𝑟𝑒𝑏𝑟 

Marketing-mix models. For every marketing-mix tool, we specify a marketing-mix model to 

capture (i) its level before the rebranding and (ii) the change after the rebranding. The marketing-

mix model is expressed as follows: 

(3.4) ln(𝑀𝑇𝐾𝐺𝑗,𝑖,𝑡) = 𝛼1,𝑗,𝑖 + 𝛼2,𝑗,𝑖 ln(𝑇𝑗,𝑖,𝑡) + 𝛼3,𝑗,𝑖 ln
2(𝑇𝑗,𝑖,𝑡) 

+ 𝑅𝐸𝐵𝑅𝑗,𝑖,𝑡[𝛼1,𝑗,𝑖
𝑟𝑒𝑏𝑟 + 𝛼2,𝑗,𝑖

𝑟𝑒𝑏𝑟 ln(𝑇𝑗,𝑖,𝑡) + 𝛼3,𝑗,𝑖
𝑟𝑒𝑏𝑟 ln2(𝑇𝑗,𝑖,𝑡)] 

+ ∑ 휁𝑗,𝑘𝑋𝑘,𝑖,𝑡
10
𝑘=1 + 휁11,𝑗ln (𝑆𝑖,𝑡−1) +  휂𝑗,𝑖,𝑡, 

where all variables are defined as above, with α and ζ representing the parameters.
20

 𝛼1−3,𝑗,𝑖 

allow us to calculate the level of instrument j in category i before the rebranding, while 𝛼1−3,𝑗,𝑖
𝑟𝑒𝑏𝑟

 

                                                           
18

 To avoid the “curse of dimensionality” (cf. Sinha et al. 2005) in parameter space, we refrain from estimating 

potential cross-tier and/or cross-category marketing-mix effects in this specification. 
19

 The effects of the control variables are specified to be fixed for reasons of parsimony. While we could specify 

these effects as random, Raudenbush and Bryk (2002) caution against such practice because it negatively affects 

model convergence and stability of the parameter estimates. 
20

 We estimate a fixed-effects model (parameters fixed over i) for advertising (𝑀𝑇𝐾𝐺7,𝑡), as its values do not vary 

over product categories i. 
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capture the conduct change with the rebranding. We include lagged sales as an additional control 

variable in the marketing-mix model to allow for feedback loops.
21

 Retailers may set their 

marketing support dependent on prior performance (see, e.g., Ataman, van Heerde, and Mela 

2010), which is captured by ζ11,j. ηj,i,t is a residual. 

All α parameters are again allowed to be category-specific, and consist of a fixed component 

𝜆𝑛,𝑜 (𝜆𝑛,0
𝑟𝑒𝑏𝑟) and a random error term 𝑅𝑛,𝑖 (𝑅𝑛,𝑖

𝑟𝑒𝑏𝑟), which is assumed to be normally distributed 

with zero mean and variance 𝜈𝑚
2  (𝜈𝑚

2,𝑟𝑒𝑏𝑟
), with n (n = 1, …, 3) numbering the parameters: 

(3.5) 𝛼𝑛,𝑖 = 𝜆𝑛,𝑜 + 𝑅𝑛,𝑖 

(3.6) 𝛼𝑛,𝑖
𝑟𝑒𝑏𝑟 = 𝜆𝑛,0

𝑟𝑒𝑏𝑟 + 𝑅𝑛,𝑖
𝑟𝑒𝑏𝑟 

Dependency of PL tiers. Equations (3.1)-(3.6) are used to estimate the effects of the 

rebranding on the focal PL tier. However, the rebranding may also affect the retailer’s other PL 

tier (research question 4). To investigate to what extent this is the case, we specify a similar set 

of equations for the other PL tier and estimate, to increase efficiency, each equation 

simultaneously with the corresponding equation for the focal PL tier. Hence, the error terms εi,t 

(ηj,i,t) can be correlated across PL tiers, and are distributed MVN (0, Σ) (Malshe and Agarwal 

2015). 

Derivation of Constituent Effects 

The three constituent effects (change in brand strength, marketing effectiveness, and marketing 

conduct) are derived from the market-response and marketing-mix models introduced in, 

respectively, Equations (3.1)-(3.3) and (3.4)-(3.6). For each of the effects, the Delta rule is used 

to derive the associated standard errors (van Heerde et al. 2013). Given that consumers may need 

                                                           
21

 To assess whether the focal and/or other PL tier’s marketing variables follow the marketing variables of each 

other or that of the NBs, we calculate the average correlation (over categories) of the focal PL’s marketing variables 

with the corresponding marketing variables at the other PL tier and at the national brands and found them to be .044 

on average. 
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some time to get accustomed to the rebranded products, we evaluate the impact of the rebranding 

following a dust-settling period (cf. Sriram, Balachander, and Kalwani 2007), denoted as 𝑇𝑖
+, and 

set at six months.
22

 Similarly, retailers may tactically adjust their marketing mix prior to the start 

of the rebranding (e.g., to clear their inventories), calling for a pre-branding adjustment period 

(which we again set at six months), denoted as 𝑇𝑖
−, when determining the “old normal.” 

Sales change stemming from the brand-strength effect. Following Leeflang et al. (2009), we 

use a brand’s baseline sales as our measure of brand strength, which we define (consistent with 

prior literature) as the sales corresponding to the bare minimum of marketing support. Hanssens, 

Wang, and Zhang (2016) and Slotegraaf, Moorman, and Inman (2003), for example, have set this 

minimum at zero, which makes conceptual sense for temporary price cuts and advertising 

(Abraham and Lodish 1993), but less so for price and assortment size. For the latter two, a non-

zero base support is required, as, e.g., an assortment size of zero implies no sales by definition 

(Ataman et al. 2010). To account for this, we set assortment size to the minimum level observed 

for the focal PL tier in our data span. For price, we use the logical counterpart, i.e. the maximum 

level observed in that time window. 

Importantly, the strength of a brand is not necessarily constant, but can (even in the absence 

of a rebranding) vary over time (Ho-Dac, Carson, and Moore 2013). To that extent, Sriram et al. 

(2007) included quarter-specific intercept terms to estimate brand-strength values on a quarterly 

basis. Instead of such a piecewise approximation, we allow for a flexible, yet more parsimonious, 

evolution through the log trend and its squared counterpart.  

In the absence of a rebranding, the baseline sales at the end of the dust-settling period 

(denoted at 𝑇𝑖
+), would have corresponded to: 

                                                           
22

 We assess the sensitivity of our findings to the length of the dust-settling and adjustment period in Appendix 3.A, 

and find them to be robust. 
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(3.7a) 𝑆𝐵𝑆𝑖
without = 𝛽1,𝑖 + 𝛽2,𝑖 ln(𝑇𝑖

+) + 𝛽3,𝑖 ln
2(𝑇𝑖

+) 

+ 𝛽4,𝑖 ln(𝑃𝑅𝐼𝐶𝐸𝑖
𝑚𝑎𝑥) +  𝛽5,𝑖 0 + 𝛽6,𝑖ln(𝐴𝑆𝑆𝑂𝑅𝑇𝑀𝐸𝑁𝑇𝑖

𝑚𝑖𝑛) + 𝛽7,𝑖 0 

where 𝛽1−7,𝑖 are as outlined above, and 𝑃𝑅𝐼𝐶𝐸𝑖
𝑚𝑎𝑥 and 𝐴𝑆𝑆𝑂𝑅𝑇𝑀𝐸𝑁𝑇𝑖

𝑚𝑖𝑛 refer to the base 

support level of price and assortment size, respectively. The minimum support level for 

temporary price cuts and advertising is 0. 

Following the rebranding, the baseline sales estimate, again evaluated at 𝑇𝑖
+, changes to: 

(3.7b) 𝑆𝐵𝑆𝑖
with = 𝛽1,𝑖 + 𝛽1,𝑖

𝑟𝑒𝑏𝑟 + (𝛽2,𝑖 + 𝛽2,𝑖
𝑟𝑒𝑏𝑟) ln(𝑇𝑖

+) + (𝛽3,𝑖 + 𝛽3,𝑖
𝑟𝑒𝑏𝑟) ln2(𝑇𝑖

+) 

+(𝛽4,𝑖 + 𝛽4,𝑖
𝑟𝑒𝑏𝑟) ln(𝑃𝑅𝐼𝐶𝐸𝑖

𝑚𝑎𝑥) + (𝛽5,𝑖 + 𝛽5,𝑖
𝑟𝑒𝑏𝑟) 0 

+(𝛽6,𝑖 + 𝛽6,𝑖
𝑟𝑒𝑏𝑟) ln(𝐴𝑆𝑆𝑂𝑅𝑇𝑀𝐸𝑁𝑇𝑖

𝑚𝑖𝑛) + (𝛽7,𝑖 + 𝛽7,𝑖
𝑟𝑒𝑏𝑟) 0 

and the change in sales attributed to an altered brand strength becomes: 

(3.7c) ∆𝑆𝐵𝑆𝑖 = 𝛽1,𝑖
𝑟𝑒𝑏𝑟+ 𝛽2,𝑖

𝑟𝑒𝑏𝑟 ln(𝑇𝑖
+) + 𝛽3,𝑖

𝑟𝑒𝑏𝑟 ln2(𝑇𝑖
+)+ 𝛽4,𝑖

𝑟𝑒𝑏𝑟 ln(𝑃𝑅𝐼𝐶𝐸𝑖
𝑚𝑎𝑥) 

+ 𝛽6,𝑖
𝑟𝑒𝑏𝑟 ln(𝐴𝑆𝑆𝑂𝑅𝑇𝑀𝐸𝑁𝑇𝑖

𝑚𝑖𝑛) 

Sales change stemming from the marketing-effectiveness effect. To separate the sales change 

that can be attributed to the changed effectiveness of the various marketing-mix instruments 

from potential changes in the level of these instruments, we consider unchanged “discretionary” 

(i.e., in excess of the required base) support levels and compare the associated sales with, 

respectively, post- and pre-effectiveness estimates. For reasons of brevity, we only present the 

equation for price (j = 4), but note that it extends in a straightforward manner to the other 

marketing-mix tools:  

(3.8a) ∆𝑆𝑀𝐸4,𝑖 = [(𝛽4,𝑖 + 𝛽4,𝑖
𝑟𝑒𝑏𝑟) (𝛼1,4,𝑖 + 𝛼2,4,𝑖 ln(𝑇𝑖

−) + 𝛼3,4,𝑖 ln
2(𝑇𝑖

−) − ln(𝑃𝑅𝐼𝐶𝐸𝑖
𝑚𝑎𝑥))] 

− [𝛽4,𝑖  (𝛼1,4,𝑖 + 𝛼2,4,𝑖 ln(𝑇𝑖
−) + 𝛼3,4,𝑖 ln

2(𝑇𝑖
−) − ln(𝑃𝑅𝐼𝐶𝐸𝑖

𝑚𝑎𝑥))],  

which simplifies to: 

(3.8b) ∆𝑆𝑀𝐸4,𝑖 = 𝛽4,𝑖
𝑟𝑒𝑏𝑟 [𝛼1,4,𝑖 + 𝛼2,4,𝑖 ln(𝑇𝑖

−) + 𝛼3,4,𝑖 ln
2(𝑇𝑖

−) − ln(𝑃𝑅𝐼𝐶𝐸𝑖
𝑚𝑎𝑥)]. 
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As such, a positive marketing-effectiveness effect comes from a more positive parameter 

estimate (positive 𝛽𝑗,𝑖
𝑟𝑒𝑏𝑟) for temporary price cuts, assortment size, and advertising and, in line 

with Bijmolt, van Heerde, and Pieters (2005), a more negative parameter estimate (negative 

𝛽𝑗,𝑖
𝑟𝑒𝑏𝑟) for price. 

Sales change stemming from the marketing-conduct effect. Finally, to determine how much 

extra sales can be attributed to a marketing-conduct effect, we first determine how much the log 

of the (discretionary) marketing support levels in 𝑇𝑖
+ have increased with the rebranding. These 

changes in the log of the marketing support are transformed to a change in category volume sales 

by multiplying them by tool j’s effectiveness at that time: 

(3.9) ∆𝑆𝑀𝐶𝑗,𝑖 = [𝛼1,𝑗,𝑖
𝑟𝑒𝑏𝑟 + 𝛼2,𝑗,𝑖

𝑟𝑒𝑏𝑟 ln(𝑇𝑖
+) + 𝛼3,𝑗,𝑖

𝑟𝑒𝑏𝑟 ln2(𝑇𝑖
+)] (𝛽𝑗,𝑖 + 𝛽𝑗,𝑖

𝑟𝑒𝑏𝑟) 

Total effect within a category. We arrive at the total sales effect of the PL rebranding for 

product category i by combining the three constituent effects, where the marketing-effectiveness 

effect and the marketing-conduct effect are summed over the four marketing-mix instruments: 

(3.10) ∆𝑆𝑇𝐸𝑖 = ∆𝑆𝐵𝑆𝑖 +∑ ∆𝑆𝑀𝐸𝑗,𝑖 +∑ ∆𝑆𝑀𝐶𝑗,𝑖
7
𝑗=4

7
𝑗=4  

Total effect across categories. So far, we have studied category-specific constituent effects. 

Yet, the rebranding decision is made at the retailer level. To provide top-level managers with 

information about the rebranding’s overall success, we sum the category-specific effects to the 

retailer level. Each effect is expressed in normalized volume sales, which is comparable within a 

category, but not across categories, as different units (liters, grams, or pieces) may be used per 

category and category sizes differ. Therefore, we first transform each effect from Si (normalized 

volume sales) to revi (absolute value sales in Euros), which can then be (meaningfully) 

aggregated. We do so by multiplying each effect (∆SBSi, ∆SMEj,i, ∆SMCj,i, and ∆STEi) by 𝑠𝑖,.. This 
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gives us the absolute change in volume sales. We multiply the absolute change in volume sales, 

in turn, by the price in the absence of a rebranding
23

 to arrive at the absolute change in value 

sales. We use the price in the absence of a rebranding to allow for a clean separation of the 

constituent effects without double counting potential price adjustment effects after the 

rebranding, which would enter both here and in the marketing-conduct effect of price. Finally, 

we again use the Delta rule to derive standard errors. Formally:  

(3.11) ∆𝑟𝑒𝑣𝑇𝐸 = ∆𝑟𝑒𝑣𝐵𝑆 + ∑ ∆𝑟𝑒𝑣𝑀𝐸𝑗 + ∑ ∆𝑟𝑒𝑣𝑀𝐶𝑗
7
𝑗=4

7
𝑗=4  

Endogeneity 

The marketing-mix variables MKTGj,t in the market-response model may depend on unobserved 

demand shocks, and hence may be endogenous. We derive our instrumental variables (IVs) from 

two conceptually different groups. As advocated by Nevo (2001) and consistent with prior 

research, we include the retailer’s lagged wholesale prices as a first group of instrumental 

variables, resulting in two instruments (one per PL tier). A retailer’s wholesale prices are 

expected to be correlated with its marketing mix but uncorrelated with demand and unobservable 

demand shocks (see Chintagunta (2002) and Shah et al. (2015) for a similar reasoning). The 

second group of IVs consists of lagged marketing variables from a similar but different market. 

The logic is that shocks in the market structure (such as changes in supplier concentration) that 

cause exogenous variation in marketing variables in one market will cause similar exogenous 

variation in the focal market (Hausman 1996; for a similar practice, see Sotgiu and Gielens 

2015).
24

 This group contributes five instruments (tier-specific price and assortment size 

                                                           
23

 The marketing-mix value in the absence of a rebranding, evaluated at 𝑇𝑖
+, is denoted as 𝑚𝑘𝑡𝑔𝑗,𝑖,𝑡

𝑤𝑖𝑡ℎ𝑜𝑢𝑡 =

 e[𝛼1,𝑗,𝑖 + 𝛼2,𝑗,𝑖 ln(𝑇𝑖
+) + 𝛼3,𝑗,𝑖 ln

2(𝑇𝑖
+)] 𝑚𝑘𝑡𝑔𝑗,𝑖,..  

24
 Specifically, we use for each marketing-mix instrument the corresponding (lagged) marketing-mix value from 

Colruyt, the Belgian retailer that is part of our generalizability exercise. 



Chapter 3: Rebranding Private-Labels 

76 

instruments, and one non-tier-specific advertising instrument).
25

 Finally, because we instrument 

for the interaction effects of the endogenous variables with the rebranding dummy variable as 

well, we include the interactions (7 in total) of the original instruments with the rebranding 

dummy variable as IVs (Wooldridge 2002, pp. 121-22; see van Heerde et al. 2013 for a similar 

practice).  

To establish for which marketing-mix instruments endogeneity is an issue, we use the 

Durbin-Wu-Hausman test (see, e.g., Steenkamp and Geyskens 2014 for a similar practice). F-

tests reveal evidence (p < .01) of endogeneity for price, assortment size, and advertising. We 

account for endogeneity by adopting a two-stage least squares approach (2SLS), while also 

taking the nested data structure into account. We treat price, assortment size, and advertising as 

well as their interactions with the rebranding dummy variable as endogenous (Wooldridge 2002, 

pp. 121-22), for a total of six variables. As we have more IVs (14) than endogenous variables 

(6), our model is overidentified. 

 

3.5 Results 

We first present the parameter estimates of the market-response and marketing-mix models. 

Next, we discuss the findings regarding the constituent effects before turning to our two 

extensions, (i) the profit implications and (ii) a replication for two different rebranding cases. 

Appendix 3.A explores the sensitivity of our results, and reports the findings of five robustness 

tests: alternative time horizons for the evaluation of the constituent effects, value sales as 

alternative dependent variable in the market-response model, an alternative operationalization of 

the temporary price cuts variable, additional dynamics through an explicit post-promotion dip, 

and pairwise simultaneous estimation of market-response and marketing-mix models. 

                                                           
25

 The Durbin-Wu-Hausman test (below) reveals no evidence of endogeneity for temporary price cuts.  
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Market-Response Model 

Our model shows a good fit with a (pseudo) R
2

 of .64.
26

 Multicollinearity does not seem to be an 

issue, as the correlations between our continuous variables are well below .80 (max r = .49), as 

shown in Table 3.4. The Sanderson and Windmeijer (2016) multivariate F-test confirms that our 

instruments are strong (all p’s < .01), with the predicted values from the first-stage regressions 

being highly correlated with the original regressors (r’s ranging from .82 to .99). The Sargan test 

confirms that our instruments are uncorrelated with the error term (p > .10), which attests to their 

validity.  

Table 3.5 presents the results of the market-response model. Our parameter estimates have 

strong face validity: for both PL tiers, price has a negative effect on sales, while temporary price 

cuts and assortment size positively influence sales. For advertising, we find positive but non-

significant effects on category sales. This is not entirely unexpected as advertising often does not 

have a significant effect (Allenby and Hanssens 2005), and since we are studying advertising at 

the retailer-level, which mainly involves generic (across categories) messages (Dekimpe et al. 

2011). Hence, we find that all parameters are in the expected direction, with six out of eight 

being significant. Next, we turn to the effects of the rebranding for both PL tiers. Rather than 

discussing the individual parameters of changes in intercept (𝛽1
𝑟𝑒𝑏𝑟), trend (𝛽2

𝑟𝑒𝑏𝑟), and squared 

trend (𝛽3
𝑟𝑒𝑏𝑟) with the rebranding, we focus on the net change in brand strength, which results 

from these three parameters. A visualization of the (average across-category) brand-strength 

evolution from 52 weeks before to 52 weeks after the rebranding is depicted in Figure 3.4, Panel 

A.  

Rebranding. Following the rebranding, brand strength decreases and remains stable at a level

                                                           
26

 The pseudo-R
2 
is computed as the squared correlation between predicted and actual values. 



Chapter 3: Rebranding Private-Labels 

78 

TABLE 3.4 

Average Correlations across Product Categories 

Variable (1) (2) (3) (4) (5) (6) (7) (8) 

(1) Sales  -.354 .334 .358 -.019 -.007 -.028 -.122 

(2) Price -.205  -.289 .006 -.052 .059 -.083 .013 

(3) Temporary price cuts .013 -.042  .068 .034 .029 .025 .070 

(4) Assortment size .486 -.008 .027  -.057 -.314 .086 -.133 

(5) Advertising .056 -.013 .008 .134  .095 .333 .552 

(6) Number of outlets .119 -.273 -.005 -.024 .095  -.537 .328 

(7) Consumer confidence -.097 .173 .026 .027 .333 -.537  .303 

(8) Trend .104 -.084 .056 .245 .552 .328 .303  

Notes:  Values below (above) the diagonal show average correlations for the focal (other) PL tier. The correlations are different 

between the two tiers as, e.g., the number of temporary price cuts varies substantially between the focal PL tier and the 

other PL tier. Values represent average correlations across product categories, before taking the logarithm and before 

mean-centering. 

 

below the expected pre-rebranding evolution for the remainder of the first year (𝛽1
𝑟𝑒𝑏𝑟, p > .10; 

𝛽2
𝑟𝑒𝑏𝑟 = -11.27, p < .05; 𝛽3

𝑟𝑒𝑏𝑟 = 2.15, p < .05).
27

 This seems to indicate that rebranding to an  

umbrella brand has created some resentment among consumers, e.g., because familiar brands 

with a congruent positioning with the product category have disappeared. Consumers’ 

responsiveness to price (𝛽4
𝑟𝑒𝑏𝑟 = -32.24, p < .01), assortment size (𝛽6

𝑟𝑒𝑏𝑟 = 30.05, p < .01), and 

advertising (𝛽7
𝑟𝑒𝑏𝑟= 1.52, p < .05) increases, speaking to visibility advantages of marketing 

actions across product categories. Temporary price cuts, on the other hand, become less effective 

(𝛽5
𝑟𝑒𝑏𝑟 = -2.67, p < .05), possibly due to a “discounting of the discounts” effects as consumers 

become less reactive to price cuts when seeing them across many product categories of the same 

brand. 

Turning to the other PL tier, we find very similar results. Following the rebranding, the other 

PL tier’s sales decrease and stabilize within few weeks at a lower level (𝛽1
𝑟𝑒𝑏𝑟 = -185.45, p < .05;

                                                           
27

 The semi-log functional form of the market-response model in combination with the normalized dependent 

variable 𝑆𝑖,𝑡 (average  = 100) has the attractive feature that the parameter estimates divided by 100 give the elasticity 

at the mean (Hanssens et al. 2003, p. 101). 
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TABLE 3.5 

Parameter Estimates of Market-Response Model (N = 20,098) 

DV: Sales (S)  Parameter Focal PL Tier Other PL Tier 

Variable (R
2
 = .64) Main Rebranding Main Rebranding Main Rebranding 

Intercept 𝛽1 𝛽1
𝑟𝑒𝑏𝑟 -72.740 ** 24.667  79.135  -185.450 ** 

Trend 𝛽2 𝛽2
𝑟𝑒𝑏𝑟 12.652 *** -11.267 ** 10.464 *** -25.321 *** 

Trend
2

 𝛽3 𝛽3
𝑟𝑒𝑏𝑟 -1.617 *** 2.146 ** -1.696 *** 3.344 *** 

Price 𝛽4 𝛽4
𝑟𝑒𝑏𝑟 -33.390 *** -32.235 *** -127.100 *** -52.461 *** 

Temporary price cuts 𝛽5 𝛽5
𝑟𝑒𝑏𝑟 2.061 ** -2.665 ** 10.739 *** -6.507 *** 

Assortment size 𝛽6 𝛽6
𝑟𝑒𝑏𝑟 64.383 *** 30.053 *** 120.610 *** 105.370 *** 

Advertising 𝛽7 𝛽7
𝑟𝑒𝑏𝑟 .250  1.522 ** .526  1.248  

Control variables 𝛿𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are portrayed in bold. 

Due to space limitations, we do not report the parameter estimates of the control variables. These are available upon request. 
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FIGURE 3.4 

 Evolution in Brand Strength and Marketing Conduct after Rebranding for the Focal PL Tier 

Panel A: Brand Strength Panel B: Price 

  

Panel C: Assortment Size Panel D: Advertising 

  
Notes:  The solid lines represent the average evolution, based on the parameters of the intercept (sales: 𝛽1, marketing mix: 𝛼1,𝑗), trend (sales: 𝛽2 and 𝛽3, 

marketing mix: 𝛼2,𝑗 and 𝛼3,𝑗), minimum support (sales: 𝛽𝑗 , 𝑗 = 4, … , 7) and their respective changes with the rebranding (𝛽1−7
𝑟𝑒𝑏𝑟  and 𝛼1−3,𝑗

𝑟𝑒𝑏𝑟 ), while 

the dashed lines represent the predicted evolution after the rebranding based on the pre-rebranding parameters (𝛽1−7 and 𝛼1−3,𝑗). We do not display 

the immediate four weeks before and after the rebranding as these were excluded in the estimation (see Footnote 17). 
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𝛽2
𝑟𝑒𝑏𝑟 = -25.32, p < .01; 𝛽3

𝑟𝑒𝑏𝑟= 3.34, p < .01).
28

 Consumers’ responsiveness to price (𝛽4
𝑟𝑒𝑏𝑟 

= -52.46, p < .01) and assortment size (𝛽6
𝑟𝑒𝑏𝑟 = 105.37, p < .01) increases, as for the focal PL 

tier. For advertising, we find a positive, albeit only marginally significant increase in 

effectiveness (𝛽7
𝑟𝑒𝑏𝑟 = 1.25, p = .13). Similar to the focal PL tier, temporary price cuts 

(𝛽5
𝑟𝑒𝑏𝑟 = -6.51, p < .01) become less effective. 

Marketing-Mix Models 

Table 3.6 presents the results of the marketing-mix models. The four models exhibit an excellent 

fit, as indicated by an average R
2 

of .73 (price: .72; temporary price cuts: .43; assortment size: 

.84; advertising: .92). For reasons of brevity, we focus on the net change in a marketing-mix 

instrument after the rebranding rather than the individual parameters, although we present these 

in Table 3.6. As for brand strength, we present a visualization of the evolution after the 

rebranding in Figure 3.4, Panels B (price), C (assortment size), and D (advertising). 

Rebranding. Following the rebranding, the focal PL tier’s prices increase, stemming from a 

positive and significant change in the squared trend (𝛼1,4
𝑟𝑒𝑏𝑟, p > .10; 𝛼2,4

𝑟𝑒𝑏𝑟, p > .10; 𝛼3,4
𝑟𝑒𝑏𝑟 = .01, p 

< .10). For temporary price cuts, we find no significant changes (𝛼1,5
𝑟𝑒𝑏𝑟, 𝛼2,5

𝑟𝑒𝑏𝑟, 𝛼3,5
𝑟𝑒𝑏𝑟; p’s > .10). 

The effect on the assortment size of the focal PL tier nets out to a relatively stable assortment 

size after the rebranding (𝛼1,6
𝑟𝑒𝑏𝑟 = -.22, p < .10; 𝛼2,6

𝑟𝑒𝑏𝑟 = .15, p < .10; 𝛼3,6
𝑟𝑒𝑏𝑟= -.02, p < .05). 

Finally, advertising demonstrates a substantial increase in advertising for the first year following 

the rebranding that flattens out towards the end of the observation period (𝛼1,7
𝑟𝑒𝑏𝑟= -19.94, p < .01; 

𝛼2,7
𝑟𝑒𝑏𝑟= 12.65, p < .01; 𝛼3,7

𝑟𝑒𝑏𝑟= -1.47, p < .01). Importantly, this strong increase in advertising 

matches well with the model-free evidence, presented in Table 3.3. 

                                                           
28

 Corresponding to Figure 3.4, a graphical depiction of the other PL tier’s brand-strength evolution is presented in 

Appendix 3.B, Panel A. 
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For the other PL tier, our results indicate no statistically significant changes for price (𝛼1,4
𝑟𝑒𝑏𝑟, 

𝛼2,4
𝑟𝑒𝑏𝑟 , 𝛼3,4

𝑟𝑒𝑏𝑟; p’s > .10).
29

 We find a small increase in temporary price cuts (𝛼1,5
𝑟𝑒𝑏𝑟 = .73, p < .05; 

𝛼2,5
𝑟𝑒𝑏𝑟= -.48, p < .05; 𝛼3,5

𝑟𝑒𝑏𝑟= .09, p < .01) and no change in assortment size (𝛼1,6
𝑟𝑒𝑏𝑟, p > .10; 

𝛼2,6
𝑟𝑒𝑏𝑟= -.03, p < .10; 𝛼3,6

𝑟𝑒𝑏𝑟= .01, p < .05). 

Constituent Effects 

Table 3.7 provides the constituent effects for both PL tiers. In terms of brand strength, there is 

clear evidence of a decrease. Not only do we see many more categories with a negative effect 

(50) compared to a positive effect (5), also the number of significant effects is much higher (19 

vs. 1). In addition, the effect across categories is highly significant and negative 

(∆revBS = -1,405.92, p < .01). This corresponds to a sales decrease of about 25%, relative to the 

value sales levels in 𝑇𝑖
+ in the absence of a rebranding.  

As for the marketing-effectiveness effect, there is clear evidence of a positive influence,
30

 as 

reflected in three out of the four effects across categories (∆revME4 = 346.61, p < .01; ∆revME5, 

p > .10; ∆revME6 = 489.48, p < .01; ∆revME7 = 66.45, p < .01) and the frequency of positive 

category-specific effects (positive: 196; significantly positive: 89). Interestingly, the positive 

marketing-effectiveness effects only partially compensate the negative brand-strength effect: the 

total effect is a small, negative brand-equity effect (∆revBS + ∆revME4-7 = -502.27, p = .09), which 

corresponds to about 9% of the sales level in the absence of a rebranding. 

Next, in terms of marketing conduct, the evidence is more mixed. For the marketing-conduct 

effects of price, temporary price cuts, and assortment size, we do not find significant effects 

across categories (∆revMC4, ∆revMC5, ∆revMC6; p’s > .10). Only for advertising, we find a  

                                                           
29

 Corresponding to Figure 3.4, a graphical depiction of the other PL tier’s marketing-mix instrument evolution is 

presented in Appendix 3.B, Panels B-D. 
30

 A positive effect stems from an increase in marketing effectiveness, i.e. a positive 𝛽𝑗,𝑖
𝑟𝑒𝑏𝑟  for temporary price cuts, 

assortment size, and advertising and a negative 𝛽𝑗,𝑖
𝑟𝑒𝑏𝑟  for price. 
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TABLE 3.6 

Parameter Estimates of Marketing-Mix Models (N = 20,098) 

DV: Marketing Mix (ln(MKTG)) Parameter Focal PL Tier Other PL Tier 

Variable Main Rebranding Main Rebranding Main Rebranding 

Price (R
2 
= .72)           

Intercept 𝛼1,4 𝛼1,4
𝑟𝑒𝑏𝑟 4.622 *** .047  4.601 *** -.012  

Trend 𝛼2,4 𝛼2,4
𝑟𝑒𝑏𝑟 .043 * -.026  .023  .007  

Trend
2 

𝛼3,4 𝛼3,4
𝑟𝑒𝑏𝑟 -.013 *** .012 * -.005  -.001  

Control variables 휁4,𝑘   

Temporary Price Cuts (R
2 
= .43)           

Intercept 𝛼1,5 𝛼1,5
𝑟𝑒𝑏𝑟 4.491 *** .158  4.107 *** .725 ** 

Trend 𝛼2,5 𝛼2,5
𝑟𝑒𝑏𝑟 -.046  -.090  -.174 ** -.482 ** 

Trend
2
 𝛼3,5 𝛼3,5

𝑟𝑒𝑏𝑟 .004  .022  .024 ** .090 *** 

Control variables 휁5,𝑘   

Assortment Size (R
2 
= .84)           

Intercept 𝛼1,6 𝛼1,6
𝑟𝑒𝑏𝑟 4.331 *** -.215 * 4.593 *** .035  

Trend 𝛼2,6 𝛼2,6
𝑟𝑒𝑏𝑟 -.009  .151 * .006  -.032 * 

Trend
2
 𝛼3,6 𝛼3,6

𝑟𝑒𝑏𝑟 .013 * -.024 ** -.001  .008 ** 

Control variables 휁6,𝑘   

Advertising (R
2 
= .92)           

Intercept 𝛼1,7 𝛼1,7
𝑟𝑒𝑏𝑟 -2.109  -19.938 *** -2.109  -19.938 *** 

Trend 𝛼2,7 𝛼2,7
𝑟𝑒𝑏𝑟 2.820 *** 12.649 *** 2.820 *** 12.649 *** 

Trend
2
 𝛼3,7 𝛼3,7

𝑟𝑒𝑏𝑟 -.465 *** -1.473 *** -.465 *** -1.473 *** 

Control variables 휁7,𝑘   

Wholesale Price (R
2

 = .78)    

Intercept 𝛼1,8 𝛼1,8
𝑟𝑒𝑏𝑟 4.622 *** -.051 * 4.561 *** -.048 *** 

Trend 𝛼2,8 𝛼2,8
𝑟𝑒𝑏𝑟 -.070 ** .035 ** .006  .047 *** 

Trend
2
 𝛼3,8 𝛼3,7

𝑟𝑒𝑏𝑟 .015 ** -.001 ** .000  -.001 *** 

Control variables 휁8,𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are 

portrayed in bold. For advertising, no multivariate HLM is estimated as the data are not category-specific. 

Due to space limitations, we do not report the parameter estimates of the control variables. These are available 

upon request. 

 

marginally significant, positive effect (∆revMC7 = 555.03, p < .10). Also the category-specific 

effects indicate no substantial marketing-conduct effects, with almost as many positive (95) as 

negative (125) effects and very few significant ones. Overall, across all three components, we 

find that the rebranding did not increase the focal PL tier’s value sales (∆revTE, p > .10). 

Turning to the other PL tier, we find comparable effects to those of the focal PL tier. 

Specifically, we find for 53 out of 55 categories a decrease (17 significant) in brand strength that  
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TABLE 3.7 

Constituent Effects (Ncategories = 55) 

Constituent Effect   

Focal PL Tier: ∆rev Stemming from ... Pos. 
Sig. 

Pos. 
Neg. 

Sig. 

Neg. 

Effect Across 

Categories 

∆Brand Strength 5 1 50 19 -1,405.92 *** 

∆Marketing Effectiveness       

Price (j = 4) 55 30 0 0 346.61 *** 

Temporary price cuts (j = 5) 46 0 9 2 1.11  

Assortment size (j = 6) 55 23 0 0 489.48 *** 

Advertising (j = 7) 40 36 15 13 66.45 *** 

∆Marketing Conduct       

Price (j = 4) 15 0 40 1 -254.34  

Temporary price cuts (j = 5) 7 0 48 1 -1.05  

Assortment size (j = 6) 32 1 23 1 -72.74  

Advertising (j = 7) 41 0 14 0 555.03 * 

Total Sales Effect of PL Rebranding 22 13 33 12 -275.38  

Other PL Tier: ∆rev Stemming from ... 

∆Brand Strength 2 0 53 17 -12,952.20 *** 

∆Marketing Effectiveness       

Price (j = 4) 55 30 0 0 1,853.33 ** 

Temporary price cuts (j = 5) 15 0 40 7 -836.67 *** 

Assortment size (j = 6) 55 11 0 0 5,733.66 *** 

Advertising (j = 7) 36 34 19 17 518.27 *** 

∆Marketing Conduct       

Price (j = 4) 26 3 29 5 -284.64  

Temporary price cuts (j = 5) 38 3 17 0 91.60  

Assortment size (j = 6) 30 7 25 5 959.84  

Advertising (j = 7) 38 0 17 0 6,139.89  

Total Sales Effect of PL Rebranding 26 17 29 7 1,223.08  

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Numbers in columns 2-5 represent the number of categories with a positive, significant positive, negative, 

or significant negative effect, respectively. In line with Lamey et al. (2014, p. 26) and Lodish et al. (1995, 

p. 128), we use p < .20 as cut-off for testing the significance at the category level. 

 

is also reflected in the effect across categories (∆revBS = -12,952.20, p < .01). There is clear 

evidence for an increase in marketing effectiveness, with 161 categories (75 significant) showing 

a positive effect compared to only 59 (24 significant) displaying a negative effect. This is also 

revealed in the effect across categories for three marketing-mix instruments (∆revME4 = 1,853.33, 

p < .05; ∆revME6 = 5,733.66, p < .01; ∆revME7 = 518.27, p < .01). Only for temporary price cuts, 

we find a negative marketing-effectiveness effect (∆revME5 = -836.67, p < .01). 
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Finally, we do not find evidence for a unidirectional marketing-conduct effect. While 132 

categories show a positive marketing-conduct effect (13 significant), this is offset by 88 

categories with a negative effect (10 significant), resulting in no significant marketing-conduct 

effects across categories (∆revMC4-7; p’s > .10). As with the focal tier, the total effect (∆revTE, 

p > .10) is not significantly different from zero. 

Extensions 

We extend our analysis in two directions. First, we shed light on the profit implications of the PL 

rebranding. Next to sales implications, the rebranding may affect the PL tiers’ bottom line, e.g., 

trough procurement-cost advantages (Aaker and Joachimsthaler 2000). Yet, it is not clear 

whether these advantages indeed materialize for no-frills, low-price PLs, where costs are already 

at a very low level (ter Braak et al. 2013a). Moreover, even if these cost advantages materialize, 

it is not clear whether profits are indeed increased as they may be offset by changes in the 

marketing conduct. Second, we replicate our analysis for two other rebranding cases, and assess 

the generalizability of our findings in substantially different contexts. 

Profit implications. We assess the profit implications of the rebranding by comparing the PL 

tier’s weekly profits following the rebranding to the profits the retailer would have made in the 

absence of a rebranding. In the latter case, the profits would have corresponded to absolute 

volume sales (𝑠𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡)

31
 multiplied by the absolute margin, i.e. the difference between the 

                                                           
31

 𝑠𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 = 𝛽1,𝑖 + 𝛽2,𝑖 ln(𝑇𝑖

+) + 𝛽3,𝑖 ln
2(𝑇𝑖

+) + ∑ 𝛽𝑗,𝑖 ln(𝑀𝐾𝑇𝐺𝑗,𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡)7

𝑗=4  and, accordingly, 𝑠𝑖
𝑤𝑖𝑡ℎ = (𝛽1,𝑖 +

𝛽1,𝑖
𝑟𝑒𝑏𝑟) + (𝛽2,𝑖 + 𝛽2,𝑖

𝑟𝑒𝑏𝑟) ln(𝑇𝑖
+) + (𝛽3,𝑖 + 𝛽3,𝑖

𝑟𝑒𝑏𝑟) ln2(𝑇𝑖
+) + ∑ (𝛽𝑗,𝑖 + 𝛽𝑗,𝑖

𝑟𝑒𝑏𝑟)7
𝑗=4 ln (𝑀𝐾𝑇𝐺𝑗,𝑖

𝑤𝑖𝑡ℎ),  

where marketing-mix values with the rebranding are calculated as: 

 𝑀𝐾𝑇𝐺𝑗,𝑖,𝑡
𝑤𝑖𝑡ℎ = e[(𝛼1,𝑗,𝑖 + 𝛼1,𝑗,𝑖

𝑟𝑒𝑏𝑟) + (𝛼2,𝑗,𝑖 + 𝛼2,𝑗,𝑖
𝑟𝑒𝑏𝑟) ln(𝑇𝑖

+) + (𝛼3,𝑗,𝑖 + 𝛼3,𝑗,𝑖
𝑟𝑒𝑏𝑟) ln2(𝑇𝑖

+)]
. For 𝑀𝐾𝑇𝐺𝑗,𝑖,𝑡

𝑤𝑖𝑡ℎ𝑜𝑢𝑡, we refer to Footnote 

22. 
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absolute shelf price (𝑚𝑘𝑡𝑔4,𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 ) and the corresponding wholesale price (𝑊𝑃𝑖

𝑤𝑖𝑡ℎ𝑜𝑢𝑡)
32

, all of 

which evaluated at 𝑇𝑖
+ (see the section “Derivation of Constituent Effects”): 

(3.12a) 𝜋𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 = 𝑠𝑖

𝑤𝑖𝑡ℎ𝑜𝑢𝑡 (𝑚𝑘𝑡𝑔4,𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 −𝑊𝑃𝑖

𝑤𝑖𝑡ℎ𝑜𝑢𝑡) 

Following the rebranding, the profits change to: 

(3.12b) 𝜋𝑖
𝑤𝑖𝑡ℎ = 𝑠𝑖

𝑤𝑖𝑡ℎ (𝑚𝑘𝑡𝑔4,𝑖
𝑤𝑖𝑡ℎ −𝑊𝑃𝑖

𝑤𝑖𝑡ℎ) 

Consequently, the change in profits (Δ𝜋𝑖) attributed to the rebranding becomes: 

(3.12c) Δ𝜋𝑖 = 𝑠𝑖
𝑤𝑖𝑡ℎ (𝑚𝑘𝑡𝑔4,𝑖

𝑤𝑖𝑡ℎ −𝑊𝑃𝑖
𝑤𝑖𝑡ℎ)⏟              

absolute margin 
with rebranding

− 𝑠𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 (𝑚𝑘𝑡𝑔4,𝑖

𝑤𝑖𝑡ℎ𝑜𝑢𝑡 −𝑊𝑃𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡)⏟                  

absolute margin 
without rebranding

 

The total change in profits can come from two sources: (i) changes from the consumer 

demand side, as reflected in changed prices and/or sales, and (ii) changes in efficiencies on the 

procurement side, as reflected in altered wholesale prices. To understand the relative contribution 

of these two factors, we decompose Equation (3.12c) in a part capturing profit changes due to 

demand-side effects (Δ𝜋𝑑,𝑖), where price and sales change with the rebranding, but wholesale 

prices are fixed to the level with the rebranding, and a part capturing profit changes due to 

different procurement costs (Δ𝜋𝑝,𝑖) where wholesale prices change, but sales and prices are fixed 

to the level without the rebranding: 

(3.13) Δ𝜋𝑑,𝑖 = 𝑠𝑖
𝑤𝑖𝑡ℎ (𝑚𝑘𝑡𝑔4,𝑖

𝑤𝑖𝑡ℎ −𝑊𝑃𝑖
𝑤𝑖𝑡ℎ)⏟              

absolute margin 
with rebranding

− 𝑠𝑖
𝑤𝑖𝑡ℎ𝑜𝑢𝑡 (𝑚𝑘𝑡𝑔4,𝑖

𝑤𝑖𝑡ℎ𝑜𝑢𝑡 −𝑊𝑃𝑖
𝑤𝑖𝑡ℎ)⏟                

absolute margin without rebranding 
with wholesale prices with rebranding

 

(3.14) Δ𝜋𝑝,𝑖 = 𝑠𝑖
without (𝑚𝑘𝑡𝑔4,𝑖

without −𝑊𝑃𝑖
with)⏟                

absolute margin with rebranding
with prices without rebranding

− 𝑠𝑖
without (𝑚𝑘𝑡𝑔4,𝑖

without −𝑊𝑃𝑖
without)⏟                  

absolute margin 
without rebranding 

 

As with the total sales effect across categories, we aggregate the category-level profit 

implications to the retailer level. Due to confidentiality reasons, we cannot report the absolute 

                                                           
32

 To arrive at the wholesale price with and without the rebranding (corresponding to the retail price and the other 

marketing-mix variables), we estimate an additional model (Equation 3.4) with the log of wholesale price (WPi,t) as 

dependent variable. The results are provided along with the other marketing-mix models in Table 3.6. 
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profit changes, Δ𝜋 (see, e.g., Huang et al. 2012 for a similar argument). Instead, we report the 

profit changes as a percentage of the tier’s value sales without the rebranding (𝑟𝑒𝑣𝑤𝑖𝑡ℎ𝑜𝑢𝑡). For 

the focal PL tier, we find a positive profit effect of about 9.2%. While economically substantial, 

the effect is only marginally significant (p = .14).
33

 How can we reconcile these findings in the 

light of stable sales? We find these increased profits to come predominantly from demand-side 

advantages, which contribute 8.0% (p = .14). Specifically, the retailer increased its prices 

slightly, while maintaining its volume sales level, causing a substantial profit increase. On the 

procurement-cost side, we find no significant effects (p > .20), even though such cost advantages 

are sometimes expected with umbrella branding. As such, our findings are in line with the often-

heard contention that “pricing […] is the fastest and most effective way for managers to increase 

profits” (Marn, Roegner, and Zawada 2003, p. 21). For the other PL tier, we find no significant 

profit implications (∆π, ∆πd, ∆πp; p’s > .20). 

Additional rebranding cases. Our second extension pertains to two additional rebranding 

cases. Due to space constraints, we refrain from presenting the descriptive statistics and the 

parameter estimates of the market-response and marketing-mix models here, but provide them 

along with detailed information on the constituent effects in Appendix 3.C for Attent and 

Appendix 3.D for Colruyt. Instead, we immediately turn to the constituent effects that compare 

our insights from SPAR to Attent and Colruyt, as displayed in Table 3.8. We first discuss the 

findings for Attent and then turn to Colruyt.  

The market-response model (pseudo R
2 

= .56) and the marketing-mix models (average 

pseudo R
2
 = .66) fit the data well. Based on these models, we derive the constituent effects 

(column 3, Table 3.8). We find our results to generalize from SPAR to Attent for 14 out of 16 

                                                           
33

 In line with Lamey et al. (2014, p. 26) and Lodish et al. (1995, p. 128), we conduct the tests for profit implications 

at the 20% level to reflect the substantial managerial costs (through lower profits) associated with type II errors (i.e., 

unjustifiably rejecting the alternative hypothesis). 
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TABLE 3.8 

Constituent Effects 

Constituent Effect 
Focal Retailer: 

SPAR 

Extension 1: 

Attent 

Extension 2: 

Colruyt 

Focal PL Tier: ∆rev Stemming from ...    

∆Brand Strength –   

∆Marketing Effectiveness    

Price (j = 4) +   

Temporary price cuts (j = 5) (ns)   

Assortment size (j = 6) +   

Advertising (j = 7) + n/a  

∆Marketing Conduct    

Price (j = 4) (ns)   

Temporary price cuts (j = 5) (ns)   

Assortment size (j = 6) (ns)   

Advertising (j = 7) + n/a  

Total Sales Effect of PL Rebranding (ns)   

Other PL Tier: ∆rev Stemming from ... 

∆Brand Strength – () () 

∆Marketing Effectiveness    

Price (j = 4) +  () 

Temporary price cuts (j = 5) – () () 

Assortment size (j = 6) +  () 

Advertising (j = 7) + n/a  

∆Marketing Conduct    

Price (j = 4) (ns)   

Temporary price cuts (j = 5) (ns)   

Assortment size (j = 6) (ns)   

Advertising (j = 7) (ns) n/a  

Total Sales Effect of PL Rebranding (ns)   

Notes: A +, –, and (ns) indicate a positive effect, negative effect, and non-significant effect, 

respectively.  indicates a consistent effect and () a directionally consistent effect 

with the focal model. n/a = not applicable. 

 

effects, in spite of the very different format, positioning, size, and marketing-mix strategy of both 

retailers. Specifically, as with SPAR, we find that (i) the focal PL’s brand strength decreases, (ii) 

the marketing-effectiveness effects of price and assortment size are positive and significant, 

while temporary price cuts’ effectiveness does not change, (iii) the marketing-conduct effects for 

temporary price cuts and assortment size are not significant, while the effect for price is 

directionally the same, yet marginally significant. That is, seven out of eight effects of the focal 
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PL tier generalize from SPAR to Attent. For the other PL tier, all constituent effects are 

replicated directionally, with the exception of a negative, non-significant marketing-effectiveness 

effect for price. 

As a further probe into the generalizability of our findings, we present the findings of a third 

rebranding case (Table 3.8, column 4), which differs not only in format, positioning, size, and 

marketing-mix strategy, but also in the country in which the retailer is active (Belgium vs. The 

Netherlands) and the tier that is being rebranded (standard PL vs. economy PL). The model fit of 

the market-response model (R
2

 = .54) and the marketing-mix models (average R
2
 = .55) are 

good. 

For the focal PL tier, we find nine out of ten effects to replicate from SPAR to Colruyt, with 

(i) a negative brand-strength effect, (ii) marketing-effectiveness effects that generalize for price, 

temporary price cuts, and assortment size, but not for advertising, and (iii) no significant 

marketing-conduct effects for price, temporary price cuts, and assortment size, and a sales-

boosting increase in Colruyt’s advertising. As for the other PL tier we find similar to SPAR, a 

negative brand-strength effect that is, however, not significant. All marketing-conduct effects are 

line with SPAR and are non-significant. Only the marketing-effectiveness effects in the other PL 

tier seem to be idiosyncratic to SPAR, as we do not find any evidence of such effects for 

Colruyt’s other PL tier. 

 

3.6 Discussion 

Retailers have been growing their PL portfolios for decades by introducing PLs into many new 

product categories (Geyskens et al. 2010), often creating new brand names. At the same time, 

PLs have become stronger, and by now are a “widely accepted brand class of their own” 
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(Seenivasan et al. 2016, p. 802). In light of these developments, retailers often consider 

rebranding multiple, category-specific PL brands within a tier to one umbrella brand. The 

reasons for this are manifold, and range from providing an easier categorization of PLs for 

consumers and a unified and simplified PL appearance to increase marketing effectiveness. Yet, 

so far the academic literature lacks insights as to how a PL rebranding affects the retailer, and 

how these rebrandings are implemented with the marketing mix. We study three substantially 

different retailers who have rebranded one of their PL tiers, and decompose the sales effect of the 

rebrandings in three constituent parts: a part attributable to a change in (i) intrinsic brand strength 

(research question 1), (ii) marketing effectiveness (research question 2), and/or (iii) marketing 

conduct (research question 3). We also study to what extent other PL tiers are affected (research 

question 4).  

Does the Focal PL Tier’s Intrinsic Brand Strength Change Following the Rebranding to an 

Umbrella Brand? 

Generally, retailers are reported to expect a PL’s brand strength to benefit from umbrella 

branding (Colruyt Group 2015; Store Brands Decisions 2012b). We find, however, contrary to 

what may be believed, a rebranded PL tier’s brand strength to decrease with the rebranding. 

Moreover, we find full consistency for this effect as it unfolds for all three retailers in our 

empirical setting, despite the substantial differences across the various cases (see Table 3.1). 

Interestingly, the size of the effect is sizeable, and fairly comparable across the three retailers 

with a loss of 25.75% of the sales level prior to the rebranding for SPAR, 20.01% for Attent, and 

29.07% for Colruyt.  
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Does the Focal PL Tier’s Marketing Effectiveness Change Following the Rebranding to an 

Umbrella Brand? 

We also find a very high degree of consistency for the focal PL’s marketing-effectiveness 

effects. The increased effectiveness of price and assortment size is consistently associated with 

an increase in sales, and shows that retailers get “more bang for the buck” of each dollar of 

marketing investment after the rebranding. Also uniform across all retailers, we detect no 

effectiveness change for temporary price cuts. Only for advertising, we find differing effects, 

which may be attributable to different characteristics of the retailers or the actual implementation 

of the advertising campaigns (Kopalle et al. 2017). In sum, the positive marketing-effectiveness 

effects (partially) compensate the negative brand-strength effect, and make for a small, but 

consistent, negative shift in brand equity (SPAR: -9.20%; Attent: -5.07%; Colruyt: -1.39%). 

Does the Focal PL Tier’s Marketing Conduct Change Following the Rebranding to an 

Umbrella Brand? 

We find the rebranding’s effect on marketing conduct to depend on the management level 

involved in setting the marketing mix. For advertising, typically managed by higher-level 

management (Keller 2013, p. 311), we find a positive marketing-conduct effect for both retailers 

in our sample (SPAR and Colruyt) that used that instrument. With category-level decisions, in 

contrast, i.e. price, temporary price cuts, and assortment size, we find no evidence of a 

marketing-conduct effect in eight out of nine cases.
34

 As such, the marketing-conduct effect 

seems to predominantly play out at the higher levels of management rather than the category-

level management tasked with the day-to-day implementation of the rebranding.  

                                                           
34

 Only for Attent’s price, we find a marginally significant conduct effect (p = .09). 
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How are Other PL Tiers Affected Following the Focal PL Tier’s Rebranding to an Umbrella 

Brand? 

As for the other PL tier, we find directionally a negative impact in brand strength in all three 

instances, with a highly significant effect for SPAR (p < .01), a marginally significant effect for 

Attent (p = .12), and a non-significant effect for Colruyt. Fully consistent across all three 

retailers, there is no evidence of marketing-conduct effects. The only difference is that the 

significant marketing-effectiveness effects we found in the other tier for SPAR, do not 

materialize for Attent and Colruyt, and therefore appear to be idiosyncratic to SPAR. Table 3.9 

summarizes our findings. 

Implications 

Our results offer important implications for both top-level and category-level managers involved 

in PL rebrandings. First, we provide strong evidence against top-level management’s often-held 

belief that a rebranding enhances the PLs’ intrinsic brand strength (Store Brands Decisions 

2012c). On the contrary, it decreases substantially, hinting to strong, positive category-specific 

associations of individual brands as compared to an umbrella brand across many categories, at 

least in the first year. These associations seem to be lost when engaging in a rebranding and may 

make the PL intrinsically less attractive for consumers.
35

 Second, we speak to category-level 

managers who are tasked with the implementation of a rebranding with respect to the marketing 

mix. We find especially the marketing effectiveness of price and assortment size to increase with 

the rebranding. This can create room for additional resources to further increase the rebranded 

PLs’ success (van Heerde et al. 2013). Yet, this is not what we generally observe. Marketing-mix

                                                           
35

 While we cannot claim a positive brand-strength effect will never happen, we do not find it for any of the three 

retailers and for more than 90% of all categories under consideration. As such, it is dangerous to rebrand under the 

assumption of a de-facto positive brand-strength effect. 
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TABLE 3.9 

Summary of Findings 

Constituent Effect Direction of Effect Theoretical Implication Strategy Recommendation 

Brand strength Negative PL umbrella branding creates consumer 

confusion since positive category-specific 

associations and/or trade dress advantages get 

lost (de Jong 2015; Rao et al. 2004). 

 

 

The total sales effect of the 

negative brand-strength and 

positive marketing effectiveness 

effect is slightly negative. This 

implies that retailers do not win in 

terms of sales by rebranding their 

PL (although their profits slightly 

increase). Retailers should re-

evaluate and possibly adjust their 

marketing mix after the rebranding 

by investing more in those 

marketing instruments whose 

marketing effectiveness increases. 

This can allow them to increase the 

brand equity of their umbrella-

branded PL.  

Marketing effectiveness Positive PL umbrella branding makes marketing 

actions more visible and thereby more 

effective (Erdem and Sun 2002). Especially 

the marketing effectiveness of price and 

assortment size increases. 

Marketing conduct Null Category managers continue business as 

usual. They neither commit additional 

resources to make their rebranding project a 

success (Sorenson and Waguespack 2006) nor 

do they reduce marketing support because of 

exaggerated levels of self-confidence 

(Hayward and Hambrick 1997). Only the 

support of advertising, typically managed by 

higher-level managers, is increased. Given the 

higher effectiveness of several instruments, 

this leads to a missed opportunity. 
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instruments controlled predominantly by category-level managers are not adjusted after the 

rebranding, despite improved levels of effectiveness. 

In addition, we find the role of retailer-level advertising to change for the retailer that 

rebranded an economy PL tier. While advertising did not affect economy PL’s sales before the 

rebranding – in line with its role as low-price product with limited exposure – the PL does 

benefit from advertising expenditures after the rebranding (𝛽7 + 𝛽7
𝑟𝑒𝑏𝑟 = 1.77, p < .05). At the 

same time, advertising effectiveness for the other PL tier increases as well, speaking to 

synergistic effects across the entire PL portfolio. 

Finally, we find no evidence for procurement-cost advantages with umbrella rebranding, as 

often proclaimed in the academic and business literature (Aaker and Joachimsthaler 2000, p. 18; 

Carlotti, Coe, and Perrey 2004, p. 26; Keller 2013, p. 437). On the contrary, slight price 

increases, which are very influential when products have very thin or even negative margins 

(Marn et al. 2003), lead to a marginally significant, positive profit effect of the rebranding.  

Limitations and Future Research 

As almost every study, our research faces limitations which can offer fruitful areas for future 

research. First, the decision to rebrand is made at the retailer level and rolled out across all 

product categories in which the PL tier is offered. As such, we study the rebranding’s effect at 

the retailer level. However, the magnitude of the intrinsic brand-strength effect varied from 

category to category (and was even positive in a few cases), revealing an interesting source of 

heterogeneity. It would be interesting to study (i) how the brand-strength effect (as well as the 

marketing-effectiveness effect) varies across categories and (ii) to what extent more nuanced 

recommendations are called for.  

Second, we find a high consistency in the marketing-effectiveness effect across marketing- 
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mix tools, retailers, and product categories. Only in one out of nine cases, advertising, we find 

differing results. Advertising’s effectiveness may well depend on the actual implementation and 

focus (e.g., quality vs. price) of the advertising campaign, calling for more research on that 

matter. Indeed, Kopalle et al. (2017) found that lower-tier brands, as compared to higher-tier 

brands, may better not focus on the quality dimension in their advertising campaigns.  

Third, we study three retailers that vary substantially on a number of characteristics and find 

our effects to generalize across these three cases. An advantage of our study is that we had deep 

institutional knowledge (e.g., through personal communication with the management we knew 

how the order of the rebranding was determined, and that PL suppliers were not changed after 

the rebranding) for two of the three cases. Still, to further extend the generalizability of our 

findings, additional cases, also from less developed PL landscapes, could be studied. 
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Appendix 3.A 

Tests of Robustness 

1. Alternative Time Horizons for Evaluation of Constituent Effects: 39 and 52 Weeks 

We evaluated the effects of the rebranding by comparing the sales and marketing-mix variables 

26 weeks after the rebranding to account for a dust-settling period, with the situation 26 weeks 

before the rebranding to allow for an adjustment period. The former allows consumers to get 

accustomed to the new products, while the latter is used to ensure we study effects that are 

directly related to the rebranding rather than to short-term, tactical adjustments in anticipation of 

the event. To check whether the choice of 26 weeks as time horizon affects our results, we 

replicate our analysis with 39 weeks and 52 weeks as two alternative time horizons. This reduces 

the number of available product categories from 55 to 44 (31) product categories for which we 

have at least 39 (52) weeks of data around the rebranding available. We re-estimate the market-

response and marketing-mix models based on these restricted sets of product categories and 

derive the constituent effects, which are reported in Table 3.A1, columns 3 and 4. In spite of the 

reduced number of observations, the results remain robust in direction, magnitude, and level of 

significance for 32 out of 36 effects.
36

 For the remaining four effects, the parameters change only 

in terms of significance, such as the focal tier’s marketing-conduct effect for advertising (focal 

model: ΔrevMC7 = 555.03, p < .10; 39-weeks model: ΔrevMC7 = 481.39, p = .16; 52-weeks model: 

ΔrevMC7 = 386.39, p = .14),
37

 but not in sign or order of magnitude. 

                                                           
36

 36 effects = (1 brand-strength + 4 marketing-effectiveness + 4 marketing-conduct effects) x 2 PL tiers (focal and 

other PL tier) x 2 alternative time horizons (39 weeks and 52 weeks). 
37

 Given the substantial increase in advertising after the rebranding (see Figure 3.4, Panel D), one may expect a 

stronger marketing-conduct effect over time. However, advertising’s effect on sales is very small compared to, e.g., 

price and assortment size (see Table 3.5), which is why the increase in spending has only a limited effect. 
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Table 3.A1 

Constituent Effect Focal Model 
Alternative Time Horizons Alternative Operationalizations 

Consistency 
39 weeks 52 weeks Value Sales  5% Price Cut 

Focal PL Tier: ∆rev Stemming from ...  

∆Brand Strength -1,405.92 *** -1,017.71 *** -1,419.30 *** -1,707.77 *** -1,251.98 *** 
 

∆Marketing Effectiveness            

Price 346.61 *** 215.69 *** 247.75 *** 306.25 *** 256.38 ***  

Temporary price cuts 1.11  1.03  5.90 ** 1.09  -.11   

Assortment size 489.48 *** 304.45 *** 340.63 *** 658.36 *** 458.79 ***  

Advertising 66.45 *** 73.02 *** 52.63 *** 98.49 *** 59.79 *** 
 

∆Marketing Conduct            

Price -254.34  -282.16  -176.56  146.69  -230.76   

Temporary price cuts -1.05  -1.30  -2.14  -1.04  4.17   

Assortment size -72.74  -244.95  -169.58  -85.85  -71.61   

Advertising 555.03 * 481.39  386.39  705.87 * 478.53  () 

Total Sales Effect -275.38  -470.53  -733.27 ** 122.10  -5.42   

Other PL Tier: ∆rev Stemming from ...  

∆Brand Strength -12,952.20 *** -11,322.33 *** -5,392.88  -13,630.80 *** -13,505.25 *** () 

∆Marketing Effectiveness            

Price 1,853.33 ** 1,929.76 ** 1,685.45 ** 1,171.21 ** 3,040.23 **  

Temporary price cuts -836.67 *** -834.94 *** -558.70 *** -612.82 *** -928.98 ***  

Assortment size 5,733.66 *** 4,962.63 *** 1,951.79 ** 5,937.25 *** 6,345.30 ***  

Advertising 518.27 *** 546.52 *** 1,117.39 *** 642.67 *** 410.70 *** 
 

∆Marketing Conduct            

Price -284.64  323.72  78.48  -370.33  -189.53   

Temporary price cuts 91.60  79.27  130.47  107.80 * 128.49  () 

Assortment size 959.84  2,101.49  507.63  1,165.18  511.81   

Advertising 6,139.89  5,021.75  1,304.81  6,217.60  5,463.87  
 

Total Sales Effect 1,223.08  2,807.84  824.44  627.77  1,276.64  () 

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 
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2. Alternative Dependent Variable in Market-Response Model: Value Sales 

We evaluated each constituent effect in value sales as these represent an important retailer metric 

(Hanssens et al. 2016; Kumar and Karande 2000) that is comparable across product categories. 

In our market-response model, we used volume sales and transformed the effects in a second step 

to value sales by multiplying them by a price variable. This approach safeguards against spurious 

correlation, common with composite variables (Farris, Parry, and Ailawadi 1992). To arrive at 

our constituent effects more directly, and test whether our two-step approach did not affect our 

results, we immediately use value sales as dependent variable in the market-response model. 

Table A, column 5, presents the constituent effects based on this alternative market-response 

model. Again, we find all effects to be very robust to this alternative operationalization, and only 

one constituent effect (the marketing-effectiveness effect for temporary price cuts of the other PL 

tier) changes from marginally not significant (p = .18) in the focal model to significant (p = .06) 

in the robustness check. We therefore conclude that our results are robust to variations in the 

operationalization of the key dependent variable.  

3. Alternative Temporary Price Cuts Operationalization: 5% Cut-Off Value 

We studied the effect of temporary price cuts on a retailer’s volume sales, and adopted the 

widely used threshold of 10% (see, e.g., Andrews et al. 2014; Nijs et al. 2010), below which 

temporary price cuts may not be effective. As we are studying PLs, which are characterized by 

low regular prices and historically few temporary price discounts, one may argue that the 

threshold for PLs may be lower than for NBs. To assess whether the selection of 10% as 

threshold drives our non-significant result for temporary price cuts, we re-estimate the market-

response and marketing-mix model with a 5% temporary price discount variable (also used in ter 

Braak et al. 2013a), and derive the constituent effects again. Table 3.A1, column 6, provides the 
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results. We find all constituent effects to be very similar, indicating that the choice of threshold 

did not drive our results. 

4. Additional Dynamics: Post-Promotion Dip 

In our model specification, we incorporated dynamics for several marketing-mix variables. 

Specifically, by using an adstock formulation for advertising, we allowed for carry-over effects 

of advertising spending. While the temporary price cuts variable appears, at first sight, to only 

capture the instantaneous effect of a price promotion, one should keep in mind that our 

operationalization tracks price promotions of up to six weeks. Thereby, it captures not only the 

immediate effect, but also an initial dip after the start of the promotion (Gedenk and Neslin 

2000). Still, to test whether post-promotion dips are sufficiently reflected in our model, we 

compute a post-promotion variable based on our temporary price cuts variable, and include it 

both as main and interaction effect with the rebranding dummy variable in our market-response 

model. The four parameter estimates (two per PL tier) are not significant (p’s > .20), and do not 

affect any of the other parameter estimates. 

5. Model Estimation  

We estimated the market-response model for the focal tier together with the market-response 

model for the other tier to enhance the estimation efficiency. Similarly, for each marketing 

instrument, we estimated the corresponding marketing-mix model for the focal and other tier 

simultaneously. Ideally, we would have estimated all 10 equations (two market response models 

and four sets of two marketing-mix models) simultaneously. However, this was computationally 

not feasible. 

To assess the sensitivity of our results to this restriction, we estimated a number of extended 

specifications (see, e.g., Nijs et al. 2001 for a similar validation exercise), in that we estimated 
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systems of four equations, consisting of the two market-response models along with the two 

marketing-mix equations for (in turn) price, temporary price cuts, and assortment size. The 

Spearman Rank correlation between the parameter estimates obtained in respectively, the two-

equation models and the four-equation models was each time very high: .883 for price, .729 for 

temporary price cuts, and .926 for assortment size. For advertising, a three-equation extension 

was estimated (two tier-specific market-response models and one marketing-mix model as the 

advertising data are not tier-specific). Also here, the correlation (.998) was very high. 
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Appendix 3.B: Evolution in Brand Strength and Marketing Conduct after Rebranding for the Other PL Tier 

Panel A: Brand Strength Panel B: Temporary Price Cuts
38

 

  

Panel C: Assortment Size Panel D: Advertising 

  

Notes: The solid lines represent the average evolution, based on the parameters of the intercept (sales: 𝛽1, marketing mix: 𝛼1,𝑗), trend (sales: 𝛽2 and 𝛽3, 

marketing mix: 𝛼2,𝑗 and 𝛼3,𝑗), minimum support (sales: 𝛽𝑗, j = 4, …, 7) and their respective changes with the rebranding (𝛽1−7
𝑟𝑒𝑏𝑟  and 𝛼1−3,𝑗

𝑟𝑒𝑏𝑟 ), while 

the dashed lines represent the predicted evolution after the rebranding based on the pre-rebranding parameters (𝛽1−7 and 𝛼1−3,𝑗). We do not display 

the immediate four weeks before and after the rebranding as these were excluded in the estimation (see Footnote 17). 

                                                           
38

 For the other PL tier, we find neither a change in intercept nor trend for price and therefore do not report its evolution (which would be a flat line). Instead, we 

report the temporary price cuts’ evolution, for which we find a change in conduct with the rebranding. 

-20

0

20

40

60

80

100

120

-52 -42 -31 -21 -10 0 10 21 31 42 52

S
al

es
 (

S
B

S
) 

Week after Rebranding 

0

10

20

30

40

50

60

70

-52 -42 -31 -21 -10 0 10 21 31 42 52

T
em

p
o

ra
ry

 P
ri

ce
 C

u
t 

(M
K

T
G

5
) 

Week to Rebranding 

0

15

30

45

60

75

90

105

120

-52 -42 -31 -21 -10 0 10 21 31 42 52

A
ss

o
rt

m
en

t 
S

iz
e 

(M
K

T
G

6
) 

Week after Rebranding 

0

200

400

600

800

1000

1200

1400

-52 -42 -31 -21 -10 0 10 21 31 42 52

A
d

v
er

ti
si

n
g
 (

M
K

T
G

7
) 

Week after Rebranding 

C
h
ap

ter 3
: R

eb
ran

d
in

g
 P

riv
ate-L

ab
els 



 

 

1
0
2
 

Appendix 3.C: Parameter Estimates for Attent 

Table 3.C1 

Key Variables’ Values Before and After Rebranding for Attent (Ncategories = 53) 

Variable 
Focal PL Tier Other PL Tier 

Before   After Change in % Before   After Change in % 

Volume sales 94.42 110.96 +17.52 103.07 97.17 -5.72 

Price 99.00 102.19 +3.22 99.30 101.44 +2.16 

Temporary price cuts 90.63 132.58 +46.29 96.44 115.16 +19.41 

Assortment size 94.47 110.83 +17.32 101.21 99.41 -1.78 

Notes:  Per category, volume sales are normalized by s𝑖,. and marketing-mix variable j by 𝑚𝑘𝑡𝑔𝑗,𝑖,.. The resulting values are multiplied by 100. As such, values 

below (above) 100 indicate that the variable is lower (higher) in a particular week relative to its average value over time. Following Pauwels (2004), the 

data are aggregated across categories using time-invariant market shares. 
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Table 3.C2 

Parameter Estimates of Market-Response Model for Attent (N = 19,296) 

DV: Sales (S) Parameter Focal PL Tier Other PL Tier 

Variable (R
2
 = .56) Main Rebranding Main Rebranding Main Rebranding 

Intercept 𝛽1 𝛽1
𝑟𝑒𝑏𝑟 -112.410 ** -149.310 * -91.481  -235.590 ** 

Trend 𝛽2 𝛽2
𝑟𝑒𝑏𝑟 .536  11.235 * 10.378 *** 1.411  

Trend
2

 𝛽3 𝛽3
𝑟𝑒𝑏𝑟 .424  -2.115 ** -1.649 *** -1.034  

Price 𝛽4 𝛽4
𝑟𝑒𝑏𝑟 -31.771 *** -12.332  -105.230 *** 20.604 * 

Temporary price cuts 𝛽5 𝛽5
𝑟𝑒𝑏𝑟 5.507 *** -3.703 ** 3.992 *** -1.439  

Assortment size 𝛽6 𝛽6
𝑟𝑒𝑏𝑟 70.893 *** 44.188 *** 142.410 *** 31.135 ** 

Control variables 𝛿𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are portrayed in bold. 

Due to space limitations, we do not report parameter estimates of the control variables. These are available upon request. 
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Table 3.C3 

Parameter Estimates of Marketing-Mix Models for Attent (N = 19,296) 

DV: Marketing Mix (ln(MKTG)) Parameter Focal PL Tier Other PL Tier 

Variable Main Rebranding Main Rebranding Main Rebranding 

Price (R
2
 = .71)           

Intercept 𝛼1,4 𝛼1,4
𝑟𝑒𝑏𝑟 4.632 *** .053 * 4.618 *** -.100 *** 

Trend 𝛼2,4 𝛼2,𝑖
𝑟𝑒𝑏𝑟 .027  -.037 * -.038 ** .065 *** 

Trend
2 𝛼3,4 𝛼3,4

𝑟𝑒𝑏𝑟 -.009 ** .014 *** .009 ** -.013 *** 

Control variables 휁4,𝑘   

Temporary Price Cuts (R
2
 = .42)           

Intercept 𝛼1,5 𝛼1,5
𝑟𝑒𝑏𝑟 4.300 *** .598 ** 4.191 *** 1.637 *** 

Trend 𝛼2,5 𝛼2,5
𝑟𝑒𝑏𝑟 .051  -.259 ** -.179 ** -1.107 *** 

Trend
2
 𝛼3,5 𝛼3,5

𝑟𝑒𝑏𝑟 -.010 * .033 * .025 ** .191 *** 

Control variables 휁5,𝑘   

Assortment Size (R
2
 = .84)           

Intercept 𝛼1,6 𝛼1,6
𝑟𝑒𝑏𝑟 4.217 *** -.172  4.580 *** .130 *** 

Trend 𝛼2,6 𝛼2,6
𝑟𝑒𝑏𝑟 .017  .117  .038  -.105 *** 

Trend
2
 𝛼3,6 𝛼3,6

𝑟𝑒𝑏𝑟 .009  -.004  -.008 * .022 *** 

Control variables 휁6,𝑘   

Wholesale Price (R
2
 = .76)    

Intercept 𝛼1,8 𝛼1,8
𝑟𝑒𝑏𝑟 4.615 *** -.045 * 4.584 *** -.040 ** 

Trend 𝛼2,8 𝛼2,8
𝑟𝑒𝑏𝑟 -.066 ** .041 ** -.004  .040 *** 

Trend
2
 𝛼3,8 𝛼3,8

𝑟𝑒𝑏𝑟 .014 ** -.011 *** .002  -.008 *** 

Control variables 휁8,𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are portrayed in bold. 

Due to space limitations, we do not report parameter estimates of the control variables. These are available upon request. 

 

C
h
ap

ter 3
: R

eb
ran

d
in

g
 P

riv
ate-L

ab
els 



 

 

1
0
5
 

Table 3.C4 

Constituent Effects for Attent (Ncategories = 53) 

Constituent Effect   

Focal PL Tier: ∆rev Stemming from ... Pos. Sig. Pos. Neg. Sig. Neg. Effect Across Categories 

∆Brand Strength 6 0 47 11 -165.07 *** 

∆Marketing Effectiveness       

Price (j = 4) 53 1 0 0 22.52 *** 

Temporary price cuts (j = 5) 42 0 11 1 -.25  

Assortment size (j = 6) 53 19 0 0 100.98 *** 

∆Marketing Conduct       

Price (j = 4) 13 0 40 2 -26.89 * 

Temporary price cuts (j = 5) 38 2 15 0 2.25  

Assortment size (j = 6) 38 3 15 0 99.05  

Total Sales Effect of PL Rebranding 31 0 22 0 32.59  

Other PL Tier: ∆rev Stemming from ... 

∆Brand Strength 8 0 45 4 -669.54  

∆Marketing Effectiveness       

Price (j = 4) 0 0 53 3 -105.05  

Temporary price cuts (j = 5) 21 0 32 2 -42.98  

Assortment size (j = 6) 53 11 0 0 397.61 * 

∆Marketing Conduct       

Price (j = 4) 30 3 23 2 -8.11  

Temporary price cuts (j = 5) 29 2 24 0 10.05  

Assortment size (j = 6) 29 5 24 3 174.99  

Total Sales Effect of PL Rebranding 17 0 36 0 -243.03  

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Numbers in columns 2-5 represent the number of categories with a positive, significant positive, negative, or significant negative effect, 

respectively. In line with Lamey et al. (2014, p. 26) and Lodish et al. (1995, p. 128), we use p < .20 as cut-off for testing the significance at the 

category level. 
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Appendix 3.D: Parameter Estimates for Colruyt 

Table 3.D1 

Key Variables’ Values Before and After Rebranding for Colruyt (Ncategories = 42)39  

Variable 
Focal PL Tier Other PL Tier 

Before   After Change in % Before   After Change in % 

Volume sales 96.53 107.81 +11.69 91.70 115.36 +25.80 

Price 98.89 102.94 +4.10 98.00 102.66 +4.76 

Temporary price cuts 105.59 92.23 -12.65 97.95 105.57 +7.78 

Assortment size 96.45 106.58 +10.50 94.96 108.50 +14.26 

Advertising 78.83 131.22 +66.46 78.83 131.22 +66.46 

Note:  Per category, volume sales are normalized by 𝑠𝑖,. and marketing-mix variable j by 𝑚𝑘𝑡𝑔𝑗,𝑖,.. The resulting values are multiplied by 100. As such, values 

below (above) 100 indicate that the variable is lower (higher) in a particular week relative to its average value over time. Following Pauwels and 

Srinivasan (2004), the data are aggregated across categories using time-invariant market shares. 

                                                           
39

 For Colruyt, no wholesale price data are available and we use the average wholesale price within each brand type and product category of SPAR and Attent. If 

no one-to-one match in product categories between Colruyt and the Dutch cases was available, the average value of the (higher level) product class in the other 

country was taken. In line with van van Heerde et al. (2013), we distinguish between five product classes (dairy food, non-dairy food, beverages, household care, 

and personal care). 
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Table 3.D2 

Parameter Estimates Market-Response Model for Colruyt (N = 16,212) 

DV: Sales (S) Parameter Focal PL Tier Other PL Tier 

Variable (R
2
 = .54) Main Rebranding Main Rebranding Main Rebranding 

Intercept 𝛽1 𝛽1
𝑟𝑒𝑏𝑟 32.529  176.200 ** 38.050  -681.060  

Trend 𝛽2 𝛽2
𝑟𝑒𝑏𝑟 -11.382 ** 3.847  -7.364  29.977  

Trend
2

 𝛽3 𝛽3
𝑟𝑒𝑏𝑟 1.645 ** -.413  1.029  -2.579  

Price 𝛽4 𝛽4
𝑟𝑒𝑏𝑟 -70.374 *** -61.117 *** -38.804 *** -19.672  

Temporary price cuts 𝛽5 𝛽5
𝑟𝑒𝑏𝑟 3.042 *** -.411  -.463  -1.063  

Assortment size 𝛽6 𝛽6
𝑟𝑒𝑏𝑟 72.969 *** 25.202 *** 61.576 *** 160.110  

Advertising 𝛽7 𝛽7
𝑟𝑒𝑏𝑟 13.265 *** -3.556  -7.135  -6.952  

Control variables 𝛿𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are portrayed in bold. 

Due to space limitations, we do not report parameter estimates of the control variables. These are available upon request. 
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Table 3.D3 

Parameter Estimates of Marketing-Mix Model for Colruyt (N = 16,212) 

DV: Marketing Mix (ln(MKTG)) Parameter Focal PL Tier Other PL Tier 

Variable Main Rebranding Main Rebranding Main Rebranding 

Price (R
2
 = .36)           

Intercept 𝛼1,4 𝛼1,4
𝑟𝑒𝑏𝑟 4.687 *** .003  4.553 *** .095  

Trend 𝛼2,4 𝛼2,4
𝑟𝑒𝑏𝑟 -.061 *** -.008  .008  -.082  

Trend
2 𝛼3,4 𝛼3,4

𝑟𝑒𝑏𝑟 .009 ** -.001  .000  .018  

Control variables 휁4,𝑘   

Temporary Price Cuts (R
2
 = .20)            

Intercept 𝛼1,5 𝛼1,5
𝑟𝑒𝑏𝑟 3.876 *** .967 ** 3.510 *** 1.158 *** 

Trend 𝛼2,5 𝛼2,5
𝑟𝑒𝑏𝑟 .251 *** -.514 ** .406 *** -.699 *** 

Trend
2
 𝛼3,5 𝛼3,5

𝑟𝑒𝑏𝑟 -.044 *** .062  -.064 *** .110 *** 

Control variables 휁5,𝑘   

Assortment Size (R
2
 = .64)           

Intercept 𝛼1,6 𝛼1,6
𝑟𝑒𝑏𝑟 4.504 *** .528 *** 4.412 *** .500 *** 

Trend 𝛼2,6 𝛼2,6
𝑟𝑒𝑏𝑟 .045  -.306 *** -.070  -.361 *** 

Trend
2
 𝛼3,6 𝛼3,6

𝑟𝑒𝑏𝑟 -.010  .061 *** .025 ** .052 *** 

Controls 휁6,𝑘   

Advertising (R
2
 = .99)           

Intercept 𝛼1,7 𝛼1,7
𝑟𝑒𝑏𝑟 3.479 *** .099  3.479 *** .099  

Trend 𝛼2,7 𝛼2,7
𝑟𝑒𝑏𝑟 .740 *** .182  .740 *** .182  

Trend
2
 𝛼3,7 𝛼3,7

𝑟𝑒𝑏𝑟 -.123 *** .005  -.123 *** .005  

Control variables 휁7,𝑘   

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Fixed-effects parameter estimates for which the variance of the random component is significant (p < .10) are portrayed in bold. For 

advertising, no multivariate HLM is estimated as the data are not category-specific. 

Due to space limitations, we do not report parameter estimates of the control variables. These are available upon request. 
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Table 3.D4 

Constituent Effects for Colruyt (Ncategories = 42) 

Constituent Effect   

Focal PL Tier: ∆rev Stemming from ... Pos. Sig. Pos. Neg. Sig. Neg. Effect Across Categories 

∆Brand Strength 3 0 39 3 -183.64 ** 

∆Marketing Effectiveness       

Price (j = 4) 42 29 0 0 133.67 *** 

Temporary price cuts (j = 5) 14 4 28 5 -4.83  

Assortment size (j = 6) 40 6 2 0 64.09 *** 

Advertising (j = 7) 0 0 42 0 -18.06 * 

∆Marketing Conduct       

Price (j = 4) 24 8 18 6 15.35  

Temporary price cuts (j = 5) 15 1 27 2 -3.15  

Assortment size (j = 6) 27 1 15 0 51.18  

Advertising (j = 7) 42 0 0 0 49.25 *** 

Total Sales Effect of PL Rebranding 36 1 6 0 103.86  

Other PL Tier: ∆rev Stemming from ... 

∆Brand Strength 19 0 23 1 -41.10  

∆Marketing Effectiveness       

Price (j = 4) 23 2 19 0 3.64  

Temporary price cuts (j = 5) 6 0 36 0 -1.40  

Assortment size (j = 6) 25 2 17 0 146.43  

Advertising (j = 7) 19 0 23 0 -15.62  

∆Marketing Conduct       

Price (j = 4) 15 0 27 0 -19.80  

Temporary price cuts (j = 5) 20 0 22 0 -.10  

Assortment size (j = 6) 17 0 25 0 -57.55  

Advertising (j = 7) 13 0 29 0 -34.00  

Total Sales Effect of PL Rebranding 16 0 26 0 -19.50  

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 

Notes: Numbers in columns 2-5 represent the number of categories with a positive, significant positive, negative, or significant negative effect, respectively. In line 

with Lamey et al. (2014, p. 26) and Lodish et al. (1995, p. 128), we use p < .20 as cut-off for testing the significance at the category level. 
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4 To Be Different, or to Be the Same? The Impact of New National 

Brand and Private Label SKUs on Retailer Category 

Performance 
 

4.1 Introduction 

Retailers continuously update their assortments by adding and deleting stock-keeping units 

(SKUs). Worldwide, more than 33,000 new SKUs appear each month on retailers’ shelves 

(Mintel 2016), and this number is increasing by a staggering nine percent per year in Europe 

(Nielsen 2016, 2014a). New products are of critical importance for retailers (Lamey et al. 2014), 

as they may lead to long-term success and a competitive advantage in the market place (Sorescu 

and Spanjol 2008). A case in point is Milka “Choco Supreme”, a new chocolate biscuit, which 

increased the revenues of the chocolate biscuit category in France by 40 percent. At the same 

time, however, more than 75 percent of new SKUs fail within a year and do not contribute to the 

product category’s success. In both the U.K. beer and chocolates categories, for example, 80 

percent of the 2013 new-product revenues came from a mere three percent of new SKUs 

(Nielsen 2014a). 

Given the large numbers of SKUs that are introduced each year, it does not come as a 

surprise that many of them are hardly unique. While brand manufacturers aspire to launch bolder 

(and fewer) new products, they typically end up with a long tail of highly similar new SKUs 

(Nielsen 2016). If we are to believe the many industry reports (e.g., Deloitte 2017; IRI 2016; 

Nielsen 2016), more unique SKUs help retailers to increase category sales by attracting new 

customer segments while also generating more sales from existing customers (see Gatignon and 

Xuereb 1997 and Srinivasan et al. 2009 for similar arguments). On the other hand, less unique 

SKUs may be more easily understood and adopted by shoppers who are in a routinized shopping 
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mode (Hoyer 1984), and better marketed by the retailer’s category managers who have more 

experience with them (Goldenberg, Lehmann, and Mazursky 2001). 

To complicate matters, offering uniqueness – which in the past was the exclusive domain of 

national-brand (NB) manufacturers – now also belongs to the realm of private labels (PLs) 

(Gielens 2012). The market has changed and “gone are the days of an exclusive focus of retailers 

on launching me-too products” (Nielsen 2014a, p. 9). Today, retailers’ PLs are innovating “to the 

same extent as [NB] manufacturers” (EuroCommerce 2016, p. 32) and have even started to win 

innovation awards. In 2016, for example, more PLs than NBs were selected as the “Best Product 

of the Year” in 37 product categories in the Netherlands (Adformatie 2016).  

Against this background, retailers need to know what separates successful new SKUs from 

the unsuccessful ones. Do more unique SKUs contribute more to a retailer’s category 

performance, and does this hold for NBs and PLs alike? To what extent do characteristics of the 

SKU’s parent brand affect whether more unique SKUs are better placed to increase the retailer’s 

category performance than less unique SKUs? Do more unique SKUs perform better if their 

parent brand is stronger, and/or if it has a tradition of launching many new SKUs? Finally, does 

the appropriateness of SKU uniqueness depend on the competitive structure of the category to 

which the new SKUs are added? Specifically, to what extent does this depend on the category’s 

level of commoditization and its level of competitive clutter, as reflected in its PL share and NB 

concentration, respectively? 

In sum, we study the following four research questions:  

1. How do more vs. less unique new SKUs affect a retailer’s category sales? 

2. How do the new SKU’s parent-brand characteristics shape the effect of more vs. less unique 

SKU additions on the retailer’s category sales?   
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3. How does the competitive structure of the product category shape the effect of more vs. less 

unique SKU additions on the retailer’s category sales? 

4. To what extent do the answers to the previous questions differ between new NB SKUs and 

new PL SKUs? 

We study these questions in the context of more than 2,300 PL and NB introductions over 

seven years in 16 product categories of the Belgian consumer-packaged goods (CPG) market. 

We contribute to the literature in three ways. First, academic research has so far focused on the 

success of new product lines, and has abstracted from “mere SKU proliferation of the existing 

offerings” (e.g., Lamey et al. 2014; Steenkamp and Gielens 2003). While important, this focus 

stands in sharp contrast to the fact that “many more of the decisions made by consumers, 

manufacturers, and retailers occur at the level of the stock-keeping unit” (Fader and Hardie 1996, 

p. 442). In response, we focus on SKU success. A unique characteristic of our data is that we 

have very rich information on multiple (up to 28) product attributes at the SKU level, which 

allows us to capture product uniqueness in a much more refined way than prior research. In 

contrast, Lamey et al. (2014) and ter Braak et al. (2013a) had information on two attributes, 

Rooderkerk et al. (2013) on three attributes, Sinha, Sahgal, and Mathur (2013) on four attributes, 

and Voleti, Gangwar, and Kopalle (2017) on five attributes. 

Second, most prior research efforts have been directed towards consumers’ perceptions of 

unique new products (Hoch, Bradlow, and Wansink 1999; van Herpen and Pieters 2002), but did 

not provide evidence for their success in the market place. Studies on the impact of new products 

looked at the performance of the new item itself, either in terms of consumer adoption 

(Steenkamp and Gielens 2003) and/or in terms of new-product sales or market shares (Lamey et 

al. 2014). In contrast, we focus on a new product’s ability to grow a retailer’s category sales. 
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New SKUs may cannibalize other SKUs within the category, especially in case of assortment 

duplication (Kahn and McAlister 1997; Sloot, Fok, and Verhoef 2006). Hence, in light of the 

increasing proliferation of SKUs (Rooderkerk et al. 2013), it is becoming increasingly common 

for retailers to evaluate new SKUs in terms of their ability to grow the category (Sinha et al. 

2005).  

Third, extant research has made abstraction of the success of new PL SKUs (Gielens 2012). 

This made sense in a setting of predominantly me-too PLs. Today, however, more than 35 

percent of innovations are made by retailers rather than brands (Europanel 2015), calling for 

more research on this matter. Our findings allow us to provide insights into whether PL SKUs 

should (still) be treated differently from NB SKUs, and hence will add to the discussion on 

whether PLs are becoming brands in their own right (Gielens 2012; Seenivasan et al. 2016).   

Managerially, we contribute by providing retailers with insights to what extent new SKUs are 

able to generate category sales. New SKU success in this respect is hard to achieve, making it 

crucial to understand under what conditions the odds of success become more favorable. Is 

adding a more unique SKU unconditionally helpful, or does the competitive structure of some 

product categories make retailers better off by adding a more “mundane” SKU? And how do the 

parent brand’s characteristics affect the retailer’s category performance for new SKUs that differ 

in their uniqueness? 

 

4.2 Theory 

Figure 4.1 depicts our conceptual framework. The focal variable is a new SKU’s uniqueness 

within the retailer’s category assortment, which refers to the extent to which the new SKU 
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differs, in terms of its attribute levels, from existing SKUs on the retailer’s category shelves.40 

We study the effect of a large number of new SKU introductions, each characterized by its own 

level of uniqueness, on category sales observed at three different retailers. Category sales is a 

crucial performance metric for retailers (Raju 1992). A new SKU is more desirable for a retailer 

when it leads to an increase in category sales, rather than merely to brand and/or SKU switching.  

The marketing literature is equivocal on the effect of a product’s uniqueness on performance. 

In a meta-analysis on the drivers of new-product performance, Henard and Szymanski (2001) 

reported a non-significant meta-analytical correlation between product uniqueness and 

performance (measured as the product’s sales, share, profit, or return on investment). The large 

underlying variation in effect sizes (correlations ranged between -.62 and .81) indicated, 

however, that the literature was divided between both positive and negative performance effects 

of product uniqueness. Studying comparatively unique products in the consumer durables 

category, Goldenberg et al. (2001) reported that products with a moderate uniqueness level 

generated substantially more positive financial results than those high or low in uniqueness, 

which were more likely to be rejected by the market. Yet, others reported a U-shaped relation 

between product uniqueness and purchase intention (Campbell and Goodstein 2001), and 

between product uniqueness and purchase level (Gielens and Steenkamp 2007; Steenkamp and 

Gielens 2003) in the context of new product lines of CPGs. While the introduction of a new SKU 

in CPGs admittedly differs from the introduction of an entire product line or the introduction of a 

consumer durable, and while extant research has focused on product rather than retailer 

performance, such conflicting evidence suggests that the effect of a new SKU’s uniqueness is 

unlikely to be uniform across all settings. Instead, it may depend on contextual factors (Gielens 

                                                           
40

 Alternative terms that have been used for product uniqueness are product newness (Gielens 2012; Gielens and 

Steenkamp 2007; Goldenberg et al. 2001), product novelty (Steenkamp and Gielens 2003), and product 

innovativeness (Henard and Szymanski 2001).  
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and Steenkamp 2007; Henard and Szymanski 2001). We therefore forward a contingency model 

to explain when a new SKU’s uniqueness stimulates retailer category performance, and under 

what conditions it is likely to act as an inhibitor of category performance.  

We distinguish between characteristics of (i) the parent brand and (ii) the product category to 

which the new SKU belongs. In terms of parent-brand characteristics, we consider the parent-

brand’s strength and its past SKU introduction record, both in terms of quantity and success. In 

terms of the competitive structure of the category to which the new SKU belongs, we study its 

PL share and NB concentration. Finally, we study in an explorative fashion to what extent PLs 

(i) have become “a brand in their own right” (Seenivasan et al. 2016, p. 802) that differs from 

traditional NBs, or (ii) have become “full-fledged brands like any other” (PLMA 2015, p. 1) that 

show the same effects as NBs. 

In the following sections, we provide arguments calling for a positive effect of SKU 

uniqueness on retailer category performance and arguments calling for a negative effect. Then, 

we outline our expectations regarding the moderating influence of the contextual factors on the 

effect of SKU uniqueness on retailer category performance.  

The Effect of SKU Uniqueness on Retailer Category Performance 

A new SKU can increase the retailer’s category sales in two ways: market expansion (sales from 

new customers) and relationship deepening (more sales from existing customers). 

Market expansion. A more unique product is better able to attract new customer segments 

and fulfill hitherto unmet customer needs (Rubera and Kirca 2012; Srinivasan et al. 2009). Since 

a new SKU that is more unique is more likely to create its own niche (Gielens and Steenkamp 

2007), it is more likely to increase the retailer’s category performance rather than cannibalize the 

sales of the retailer’s existing SKUs (De Clerck et al. 2001).
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Relationship deepening. The more unique an SKU, the more the SKU stands out from the 

competitive clutter in the product category and achieves a more differentiated position (Gatignon 

and Xuereb 1997; Lamey et al. 2014). Part of the existing customers in the category may find the 

new SKU is closer to their preferred point in attribute space (their “sweet spot”) than the 

retailer’s current offerings. This better match can lead to an increase in their frequency and/or 

quantity of usage (Roberts 2012). 

There are also arguments for a negative effect of new-SKU uniqueness on retailer category 

performance: more unique SKUs may impose “costs” on both consumers and retailers’ category 

managers, as a result of which category sales may not increase and even decrease.  

Consumer cost. A new unique SKU in a retailer’s assortment poses substantial costs on 

consumers, in the form of higher information processing costs, perceived risk, and even potential 

confusion about the new SKU’s characteristics, which reduces consumers’ likelihood of adopting 

the new SKU (Goldenberg et al. 2001; Rao and McLaughlin 1989). Indeed, consumers’ mental 

models prefer products that are largely congruent with existing products (Moreau, Lehmann, and 

Markman 2001). Moreover, consumers have been shown to more easily defer from making a 

product choice if the choice involves higher attribute uncertainty, e.g., because products are 

relatively more complicated to compare and/or consumers are unsure about their preferences 

(Dhar 1997; Tversky and Shafir 1992), as is especially the case with new unique SKUs (with 

which consumers lack experience). As a result, the retailer’s category sales may not increase in 

the face of a new, unique SKU, and may even decrease, if consumers stop buying the category 

all together (Huffman and Kahn 1998). 

Category-manager cost. The more unique a new SKU is, the higher the “burden” it imposes 

on the retailer’s respective category managers. A unique SKU may require extra effort in 
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educating consumers about its advantages as compared to an SKU that is highly similar to the 

retailer’s existing assortment (Nielsen 2016). However, category managers have less experience 

to draw on, and know less well how to market new SKUs that deviate more from their already 

listed SKUs. This may lead to inertia, and a tendency to revert to past practices or common rules 

of thumb, which hinders category managers to switch to a regimen required for optimally 

marketing a more unique SKU (Sethi 2000). As such, they may miss out on potential category 

performance improvements. 

Moderating Effects on the Performance Implications of SKU Uniqueness 

In the previous section, we have advanced two arguments (“market expansion”, “relationship 

deepening”) as to why a new SKU’s uniqueness may have a positive influence on retailer 

category performance and two reasons for a negative effect (“consumer cost”, “category-

manager cost”). Next, we discuss how brand and category characteristics may increase or 

decrease the strength of these individual arguments, and thereby shift the effect of SKU 

uniqueness up- or downwards. We summarize our expectations in Table 4.1.  

Brand strength. The more unique a new SKU within the retailer’s category assortment, the 

more likely it is to increase consumers’ information processing costs and/or perceived risk, as it 

may not be apparent to consumers why the new attribute (level) is needed and/or useful (Moreau, 

Markman, and Lehmann 2001). Indeed, even a “perfect product experience” may not result in 

market success if consumers do not understand “how the product fits into their lives [and] can’t 

be compelled to try it” (Nielsen 2016, p. 12). To counter this effect, a more unique SKU has an 

increased need for a strong and credible signal to support its value proposition (Goode, Dahl, and 

Moreau 2013). Brands serve as signals that improve consumer perceptions about new SKUs’ 

attribute levels and increase consumer confidence in brands’ claims (Erdem and Swait 1998). 
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TABLE 4.1 

Framework for Developing Expectations 

 Arguments Favoring 

Uniqueness  

(+) 

 Arguments Against 

Uniqueness  

(–) 
Shift in Effect 

of Uniqueness 

on Category 

Sales 
 

Relationship 

Deepening  

Market 

Expansion 

 
Consumer 

Cost 

Category-

Manager 

Cost 

Parent-Brand Characteristics 

Brand strength    +
a
 + + 

Past SKU introduction 

intensity 

   – +/– +/– 

Past SKU success    + + + 

Competitive Structure of the Category 

PL share  +/–    – 

NB concentration – +    – 

a
 To be read as follows: The negative “consumer cost” effect of launching a more (versus less) unique SKU is countered 

for stronger (compared to weaker) brands.  

 

The reduced uncertainty lowers consumers’ information costs and the risk they perceive 

(Caminal and Vives 1996), thus countering the negative “consumer cost” effect. 

Stronger brands can also facilitate inter-organizational activities between the manufacturer 

and the retailer (Davis and Mentzer 2008). With their superior business models, stronger brands 

are better able to support the retailer in marketing their more unique SKUs, through cooperative 

advertising, point-of-purchase displays, and/or salesforce training (Davis and Mentzer 2008). In 

addition, manufacturers with stronger brands may have key-account management systems with 

the retailer that are aimed explicitly at helping the retailer with brand positioning, including the 

positioning of new SKUs (Davis and Mentzer 2008; Homburg, Workman Jr., and Jensen 2002). 

The support from the manufacturer may allay the category manager’s difficult task of marketing 

those unique SKUs, thus offsetting the negative “category-manager cost” effect. In sum, we 

expect that the strength of the SKU’s parent brand positively affects the relationship between 
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SKU uniqueness and retailer category performance. 

Past SKU introduction intensity. The more often a brand manufacturer and a retailer have 

worked together in the past, as reflected in a higher intensity of new-SKU introductions by the 

brand at the retailer, the greater the knowledge the brand manufacturer has of the retailer. This 

may lead to improved communication (Mohr and Nevin 1990) and better mutual planning 

(Maloni and Benton 1997). In addition, intense supplier-buyer relationships may lead to supplier 

extra-role behavior (Wuyts 2007). For example, the brand manufacturer may assist the retailer in 

shaping the new-SKU introduction, which creates value for the retailer. While a positive 

relationship between brand manufacturer and category manager may be desirable regardless of 

the uniqueness of a new SKU, it is likely to be more important if a new SKU is more complex 

and deviates from the existing offering. Then, category managers may be better able, with direct 

or indirect help from the manufacturer, to market a new SKU in line with its unique positioning, 

resulting in lower “category-manager” costs. 

On the other hand, the intensity with which a brand has introduced new SKUs at the retailer 

in the past may also influence the ability of retailers’ category managers to position a new SKU 

conform its value proposition. Specifically, a category manager may have less time to spend on 

each individual new-SKU introduction by a brand the more introductions take place. Time-

pressure in a buyer-supplier relationship, which is more likely to occur when a brand launches 

many new SKUs, reduces the communication quality between the retailer’s category manager 

and the brand manager. This may lead the category manager to market the new SKU less well by 

engaging in “shallow rather than thorough” decisions (Thomas, Fugate, and Koukova 2011, p. 

23), thereby reinforcing the negative “category-manager cost” effect.  

Consumers, too, may be affected by the intensity with which new SKUs of a brand appear on 
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the retailer’s shelves Specifically, consumers may become wary of evaluating each and every 

new alternative, reduce their cognitive effort, and assess the brand’s new SKU less carefully or 

not at all (Broniarczyk and Hoyer 2006). This may especially be the case in the CPG industry, 

where shopping is driven by habit (Hoyer 1984). While this may be less of an issue in the face of 

a not-so-unique, easy-to-evaluate new SKU, for a newly-introduced more unique SKU this 

approach may backfire as consumers may pay less attention to the distinguishing attributes of the 

new SKU. As such, when a parent brand has introduced more SKUs in the past, this is expected 

to strengthen the negative “consumer cost” effect, as consumers may anchor on the common 

brand name and may not engage in extended cognitive processing for (yet) another SKU. 

Consistent with this reasoning, Hoyer (1984) reports very few within-brand comparisons – 

consumers examine on average only .07 different SKUs of the same brand –, indicating a more 

pronounced “consumer cost” effect. Given the opposing arguments, it remains an empirical 

question whether the brand’s past new-SKU introduction intensity positively or negatively affects 

the relationship between SKU uniqueness and category performance.  

Past SKU success. Previous SKU launches of the same brand that have performed well may 

serve as a risk-reducing signal to consumers, such that consumer uncertainty about the new SKU 

is reduced. Put differently, consumers may be more willing to buy more unique SKUs if the 

previous product launches of that brand performed well, i.e. the risk is lower (Campbell and 

Goodstein 2001). Taken together, the information processing costs of assessing the additional 

benefit of a new SKU may be mitigated if previously launched new SKUs of that brand did well 

in the market place, thereby countering the negative “consumer cost” effect. 

For category managers, it is easier to market relatively similar products, as well-known 

strategies can be applied and the required effort per new SKU introduction is reduced. However, 
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when a brand has a good track record of new-SKU launches, category managers may be more 

willing to invest additional resources into the support of a more complex, unique new SKU with 

a potentially higher return (Sinha et al. 2005). In addition, they may be more open to the 

recommendations by the brand manager on what is the best way to market the new SKU once the 

ability of the brand manager to provide valuable recommendations has been established on 

previous occasions (Anand and Stern 1985). Indeed, research on manager performance has 

shown that when past performance is good, managers may be more likely to view more risky 

alternatives (such as unique products) as an opportunity rather than a threat (Amason and 

Mooney 1999; Dutton 1993). At the same time, when past performance is poor, managers are 

“likely to view themselves as being under eminent threat” (Amason and Mooney 1999, p. 344) 

and may revert back to the less risky strategies they are used to in the context of marketing less 

unique SKUs. Thus, when the parent brand has launched many successful SKUs in the past, the 

negative “category-manager cost” effect may be reduced. In sum, we expect that the success of 

the brand’s past new SKUs positively affects the relationship between SKU uniqueness and 

retailer category performance. 

PL share. Unique SKUs may have a hard time expanding the market in categories with a 

high PL share. These categories are typically characterized by a low level of differentiation 

(Koschate-Fischer, Cramer, and Hoyer 2014), which has historically facilitated the success of 

PLs. As such, most consumer preferences may already be adequately addressed by the retailer’s 

assortment. Offering a unique SKU, which typically has the advantage of expanding the market, 

may therefore work less well in these instances. Thus, the positive “market expansion” effect 

may be attenuated when PL share is high. 

On the other hand, recent research has shown that retailers may organize a category’s 
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assortment composition with an undue focus on PL proliferation rather than overall category 

performance (Alan, Dotson, and Kurtuluş 2017). As such, a high PL share in a category may not 

necessarily mean that all consumer preferences are reflected. Instead, in these historically 

undifferentiated categories, unique new-SKUs may be able to stand out more from the 

competitive clutter (Danaher, Bonfrer, and Dhar 2008), and therefore provide an opportunity to 

expand the market by targeting at hitherto underserved customer segments. As we have put forth 

opposing arguments for the moderating effect of PL share on SKU uniqueness’ relation to on 

category performance, we do not advance a directional expectation. 

NB concentration. NB concentration is high if a few brands account for most NB sales 

(Steenkamp and Geyskens 2014). A lower level of NB concentration indicates a higher 

competition among NBs (Keller et al. 2016). With intense competition, consumers are more 

likely to be used to the fact that NBs actively fight for them. Knowing that brands cannot afford 

to “stand still” and have to improve constantly in order to succeed in the market (Steenkamp and 

Geyskens 2014), consumers may be more inclined to look for the relative advantage a new and 

unique SKU has to offer. On the other hand, with less competition (and a higher NB 

concentration) in the category, consumers may not expect a lot of new-SKU activity, and will be 

less likely to detect that a new, unique SKU could better meet their preferences, This better 

match may lead to an increase in consumers’ frequency and/or quantity of usage (Roberts 2012). 

As such, a more unique SKU is less likely to benefit from a “relationship deepening” effect when 

NB concentration is higher. 

On the other hand, in fragmented NB markets, where each brand is not very strong, the 

market may already reflect the “variations on consumer taste [that] give rise to product 

differentiation” (Lovell 1970, p. 121). Put differently, a low NB concentration may be the result 
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of many niche segments, where differentiated consumer preferences are captured by the existing 

NBs (Schmalensee 1978). Then, it should be more complicated for a unique SKU to grow the 

market, as compared to a situation with a high NB concentration and a few strong NBs. We have 

advanced positive and negative arguments for NB concentration’s influence on the effect of SKU 

uniqueness on category sales and make the net effect an empirical question.  

New NB SKUs versus New PL SKUs  

Traditionally, PLs have focused on offering “me-too” products (Lamey et al. 2012), while NBs 

took the lead in introducing relatively more unique SKUs. Over the past years, PLs have caught 

up and now also increasingly feature unique SKUs (EuroCommerce 2016). By doing so, retailers 

hope to achieve a similar positive effect on category sales for their new PL SKUs as for 

successful new NB SKUs.  

Taking this one step further, some retailers have undeniably been able to build strong PL 

brands and have a tradition of launching many new PL SKUs. For example, Loblaw’s 

President’s Choice PL has recently been named Canada’s most trusted brand.41 As such, PL 

SKUs that are introduced by strong PL brands and/or a successful past, should be able to counter 

the negative “consumer cost” effect that comes with increased SKU uniqueness, in a similar vein 

as successful NBs. Nevertheless, it remains unclear whether a PL’s brand strength and/or a 

retailer’s track record with a given PL supplier helps them to reduce the category-manager costs 

that come with more unique new SKUs. Arguably, category managers have been able to build up 

more experience in marketing unique new NB SKUs than unique new PL SKUs, which have 

historically been often me-too products. Similarly, the additional support coming from NB 

suppliers may be more helpful than from PL suppliers, as retailers are often much more powerful 

than their PL suppliers (ter Braak et al. 2013a), irrespective of the track record. On the other 

                                                           
41

 Gustavson Brand Trust Index (http://www.uvic.ca/gustavson/brandtrust/index.php). 
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hand, category managers may show a higher level of involvement with new PL SKUs than with 

new NB SKUs, as the key objectives of each category manager are to increase sales of its 

category along with PL sales penetration (Pepe, Abratt, and Dion 2011). As such, they may 

invest more time and effort in marketing new PL SKUs. It therefore remains an empirical 

question whether parent-brand characteristics shape the effect of SKU uniqueness on retailer 

category sales similarly for new PL SKUs and new NB SKUs. 

Further, retailers have more data about consumers than NB manufacturers (Kumar 1997), 

which allows them to better design unique SKUs that match so far unmet consumer demands and 

expand the market (EuroCommerce 2016). At the same time, NBs have a greater stake in 

individual product categories than retailers, and are therefore better able to create category-

specific associations for their brands than retailers can for each of their many categories (Lamey 

et al. 2012). Retailers, on the other hand, need to compromise their positioning. This allows new 

NB SKUs to better stand out from the competitive clutter and potentially deepen the relationship 

with their customers. As such, it is also unclear whether the moderating role of the competitive 

structure of the category is similar for new NB SKUs and new PL SKUs. 

 

4.3 Data Setting 

We study the performance of newly-introduced SKUs across 16 product categories and three 

retailers during the period January 2009 to December 2015 in the Belgian CPG market.42 We 

have access to GfK household panel data, spanning 391 weeks from mid-2008 to 2015.43 We 

focus on SKU introductions with the three largest traditional retailers, Carrefour, Colruyt, and 

                                                           
42

 These categories are: assorted vegetables, breakfast bars, breakfast cereals, chocolate spread, dairy substitutes, 

fruit juice, kids breakfast products, leguminous vegetables, milk substitutes, mixed vegetables, multi-pack yogurts, 

nectar, regular coffee, single-serve coffee cups, single-serve yogurts, and specialty vegetables. 
43

 The first 26 weeks are used to initialize certain covariates. 
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Delhaize, who have a combined market share of over 60%.44  

In each product category, we capture the SKU introductions by the leading 10 national 

brands (NBs) and all private labels (PLs), which together represent at least 95% of the value 

sales in these categories across the data period. In line with Gielens (2012), we exclude transient 

SKUs. Specifically, we eliminate SKUs that are sold in less than 13 weeks per year, because 

those products are likely to be trial products, leftover inventories, or data input errors (Hwang, 

Bronnenberg, and Thomadsen 2010). In total, we study 2,337 new-SKU introductions, 58% of 

which are NB SKUs and 42% PL SKUs. By their very nature, the PL SKUs were adopted by 

only one of the retailers. Of the NB SKUs, 18% appeared on the shelves of all three retailers, 

while 27% appeared with two retailers. 

 For the 2,337 identified new-SKU introductions, we obtained detailed information on 

multiple product attributes, such as cholesterol content, sugar content, fair trade certification, 

packaging material, and taste. Three attributes are common across all categories: brand name, 

brand tier (NB, economy PL, standard PL, or premium PL), and package size (in grams, 

milliliters, or units). The other attributes may differ across product categories (e.g., the attribute 

“sugar content” is relevant for the category “chocolate spread” but not for “single-serve coffee 

cups”). On average, we have information on 11.4 attributes per product category (minimum = 5 

for the category “breakfast bars” in 2009, maximum = 28 for the category “dairy substitutes” in 

2010). Following Sinha et al. (2013), ter Braak et al. (2013a), and Voleti et al. (2017), we do not 

include price as an attribute when constructing our uniqueness measure, but control for its 

influence explicitly in our empirical model. Table 4.2 presents for every product category the 

                                                           
44

 In line with Keller et al. (2016), we do not consider hard discounters (Aldi and Lidl) because of their substantially 

different business model (see, e.g., Cleeren et al. 2010). All other traditional retailers are much smaller, and had a 

2015 market share of less than 4%. Also, Colruyt engaged in a major rebranding operation of its standard PL around 

May 2013, which can affect marketing-mix parameters and/or the level of the marketing mix. We therefore consider 

Colruyt only until the start of its PL rebranding. 
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number of new-SKU introductions, the average number of attributes across our data period, as 

well as examples of attributes and attribute levels.  

 

4.4 Method 

To test our expectations, we employ a two-stage analysis where we first quantify the impact of 

each new SKU introduction on a retailer’s category sales in a performance model. Then, we 

relate the performance effect of each new SKU introduction to the SKU’s uniqueness, the 

characteristics of its parent brand, and the competitive structure of the category. 

Step 1: Quantifying the Impact of a New SKU Introduction 

Performance model. To quantify the performance effect of each new SKU introduction, we 

estimate a log-log sales-response model. The dependent variable, category sales, is related to one 

new-product variable for each week in which a new SKU is available at retailer r in category j. 

In addition, we include the retailer’s price and promotion, the category advertising, three 

variables to account for changes in the assortment size, competitors’ price and promotion, and a 

set of control variables. Equation (4.1) presents the model: 

(4.1) ln(S𝑗𝑟,𝑡) = ∑ γ𝑚𝑗𝑟
NP𝑚𝑗𝑟𝑗𝑟,𝑡

M=1,854
𝑚𝑗𝑟=1

+ β1,𝑗𝑟ln(PRICE𝑗𝑟,𝑡) + β2,𝑗𝑟ln(PROMO𝑗𝑟,𝑡) 

+ β3,𝑗𝑟ln(PRICE𝑗𝑟,𝑡−1) + β4,𝑗𝑟ln(PPROMO𝑗𝑟,𝑡) +  β5,𝑗𝑟ln(ADSTOCK𝑗,𝑡) + 

+ β6,𝑗𝑟ln(SKU𝑗𝑟,𝑡
incumb) + β7,𝑗𝑟ln(SKU𝑗𝑟,𝑡

added) + β8,𝑗𝑟ln(SKU𝑗𝑟,𝑡
delist) 

+ β9,𝑗𝑟ln(CPrice𝑗𝑟,𝑡) + β10,𝑗𝑟ln(CPROMO𝑗𝑟,𝑡) + β11,𝑗𝑟ln(CPrice𝑗𝑟,𝑡−1) + β12,𝑗𝑟ln(CPPROMO𝑗𝑟,𝑡 ) 

+ β13,𝑗𝑟ln(TREND𝑗𝑟,𝑡) + β14,𝑗𝑟ln
2(TREND𝑗𝑟,𝑡) + ∑ β14+𝑑,𝑗𝑟HD𝑑,𝑡

10
𝑑=1   

+ β25,𝑗𝑟 sin (
2𝜋𝑡

52
) +  β26,𝑗𝑟 cos (

2𝜋𝑡

52
) + ɣ𝑟 + ɣ𝑗

′ + ε𝑗𝑟,𝑡, 

where Sjr,t refers to category volume sales in category j at retailer r in week t. NP𝑚𝑗𝑟𝑗𝑟,𝑡 is a set of 

new-product variables and allows for a shift, γm𝑗𝑟
, in category sales after the introduction of the 
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  TABLE 4.2 

Number of New-SKU introductions, Product Attributes, and Attribute Levels by Category 

Category 
# of New-SKU 

Introductions 

Number of 

Attributes 
Two Example Attributes (Two Example Attribute Levels) 

Assorted vegetables 95 7.7 Product finish (pre-cut, raw, …); Package material (can, jar, …) 

Breakfast bars 70 5.3 Taste (red fruit, chocolate, …); Light product (no, yes) 

Breakfast cereals 122 6.4 Product addition (crunchy, dried fruits, …); Product composition (brittle, regular, …) 

Chocolate spread 61 13.0 Sugar content (reduced sugar, regular); Product base (no palm oil, regular) 

Dairy substitutes 101 22.8 Lactose-free (no, yes); Taste (vanilla, coconut, …) 

Fruit juice 345 15.9 Organic (no, yes); Sugar content (reduced, regular) 

Kids breakfast products 136 6.5 Additional vitamins (no, yes); Taste (chocolate, honey, …) 

Leguminous vegetables 138 8.2 Product finish (pre-cut, raw, …); Ecological (no, yes) 

Milk substitutes 99 17.1 Gluten-free (no, yes); Light product (no, yes) 

Mixed vegetables 75 8.2 Product finish (pre-cut, raw, …); Package material (can, jar, …) 

Multi-pack yogurts 428 18.8 Fat content (reduced, regular); Ecological (no, yes) 

Nectar 36 10.7 Taste (multifruit, tropical fruits, …); Sugar content (reduced, regular) 

Regular coffee 155 12.7 Conscious choice (fair trade, regular); Type (espresso, lungo, …) 

Single-serve yogurts 133 11.0 Organic (no, yes); Cholesterol content (reduced, regular) 

Single-serve coffee cups 252 10.8 Conscious choice (fair trade, regular, …); Package material (plastic, cardboard, …)  

Specialty vegetables 91 7.8 Supplement (cream sauce, wine, …); Product finish (pre-cut, raw, …) 
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new SKU mjr in category j at retailer r in week t. Each new-product variable NP𝑚𝑗𝑟𝑗𝑟,𝑡 equals 1 if 

t > 𝑡𝑚𝑗𝑟  and as long as mjr is listed at retailer r, where 𝑡𝑚𝑗𝑟  refers to the week in which the new 

SKU mjr was introduced by retailer r in category j. PRICEjr,t is the actual price and PROMOjr,t 

the price promotions in category j at retailer r and week t. To allow for dynamics in the price and 

promotion effect, we follow van Heerde et al. (2013) and include a lagged price variable as well 

as a post-promotion variable (PPROMOjr,t). In addition, we include an adstock variable 

(ADSTOCKj,t) that captures potential carry-over effects of advertising spending. 

SKU𝑗𝑟,𝑡
incumb captures the number of remaining SKUs from the previous period (i.e., the number of 

products that were on the shelves in t-1 and that are still on the shelves in t), SKU𝑗𝑟,𝑡
added refers to 

the number of SKUs added in week t, while SKU𝑗𝑟,𝑡
delist denotes the number of delisted SKUs in 

week t.45 CPRICEjr,t, CPROMOjr,t, and PPROMOjr,t capture to the average price, price 

promotion, and post-promotion values for retailer r’s competitors in category j and week t.46 We 

allow for a flexible evolution of the category sales by including both TREND𝑗𝑟,𝑡 and TREND𝑗𝑟,𝑡
2  

(Tellis, Prabhu, and Chandy 2009). We specify ten holiday dummy variables, and two 

trigonometric terms to account in a parsimonious way for seasonal fluctuations. We capture 

unobserved heterogeneity across retailers and categories by including retailer (ɣ𝑟) and category 

(ɣ𝑗
′ ) fixed effects. ε𝑗𝑟,𝑡 is a residual. We account for heteroscedasticity by using Huber/White 

robust standard errors (McAlister et al. 2016).  

Our unit of analysis is the week-category-retailer level. Since more than one SKU is 

sometimes introduced in the same week, category, and retailer (e.g., four variants of Douwe 

Egberts Senseo coffee pads), mjr does not range from 1 to 2,337 (the total number of new-SKU 

                                                           
45

 As such, (SKU𝑗𝑟,𝑡
delist + SKU𝑗𝑟,𝑡

incumb +  SKU𝑗𝑟,𝑡
added) reflects the assortment size (i.e., the number of SKUs) of retailer r 

in category j and week t.  
46

 We consider all competitors (including hard discounters) with a market share larger than 5%. 
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introductions) but rather from 1 to 1,854 (the number of week-category-retailer combinations 

that feature at least one newly-introduced SKU). In the second stage of our analysis (see below), 

we will control for the number of SKUs that were introduced simultaneously in the same week, 

category, and retailer. 

Data and measurement. The GfK panel data are used to construct weekly volume sales, as 

well as price and promotion variables for the focal retailer and its competitors, as well as the 

number of SKU incumbents, additions, and delistings. To reduce the impact of extreme values, 

we winsorize SKU value and volume sales within each SKU at the 1% and 99% level (see, e.g., 

McAlister et al. 2016 and Rego, Morgan, and Fornell 2013 for a similar practice). As we are 

studying the effect of new SKU introductions on retailers’ category performance, we aggregate 

the data across SKUs to the category-retailer level, using the procedure outlined in Pauwels and 

Srinivasan (2004). Advertising data are obtained from Nielsen. As we have information over a 

period of seven years, we deflate all advertising and pricing variables with the consumer price 

index. Details on the operationalizations are provided in Table 4.3. 

Model building approach. In the spirit of Snijders and Bosker (2012, p. 105), we build our 

model in steps to avoid overfitting. We formally test for each effect (e.g., the effect of price on 

category sales) whether it is common across categories and retailers, or whether it should be 

category-specific, retailer-specific, or both. To do so, we use a two-step procedure. First, we 

estimate our model with all parameters specified as category-specific. Variables that do no 

exhibit significant variation across categories (determined with an F-test) are constrained to be 

fixed at the category level.47 In a second step, we re-specify our model to have (i) retailer-

                                                           
47

 We first test for variation across categories, because our data include substantially different product categories, 

ranging from relatively young and small categories (e.g., milk substitutes) to mature and large categories (e.g., 

canned vegetables). Hence, the marketing-mix response is more likely to be different across categories (e.g., 

Sethuraman, Tellis, and Briesch 2011) than across retailers. 



 

 

1
3
1
 

TABLE 4.3 

Variable Operationalizations: Performance Model 

Construct Notation Definition Reference  

Category volume 

sales 

Sjr,t Quantity sold (expressed in equivalent units, such as grams, milliliters, or pieces) in category j at retailer r in 

week t. 

Lourenço and 

Gijsbrechts (2013) 

New-SKU 

introduction 
NP𝑚𝑗𝑟𝑗𝑟,𝑡  New-product variable that accompanies the introduction of the new SKU mjr in category j at retailer r. It equals 1 

if t > 𝑡𝑚𝑗𝑟
 and as long as mjr is listed at retailer r, where 𝑡𝑚𝑗𝑟

 refers to the week in which new SKU mjr was 

introduced by retailer r in category j. If multiple SKUs are introduced in the same week t by retailer r in category 

j, one common parameter is estimated. 

Gielens (2012) 

Price PRICEjr,t SKU-weighteda actual price per unit volume in category j at retailer r in week t.  Kumar et al. (2015) 

Promotion PROMOjr,t SKU-weighteda share of SKUs with a price promotion in category j at retailer r in week t, according the algorithm 

by Gedenk and Neslin (2000) and using 10% as the discount threshold value. This algorithm allows for price 

promotions of up to six weeks. 

Gedenk and Neslin 

(2000) 

Post promotion PPROMOjr,t SKU-weighteda share of SKUs for which a promotion has ended in category j at retailer r in week t. Gong, Smith, and 

Telang (2015) 

Advertising ADSTOCKj,t Total spending on advertising (ADVj,t) in thousand Euros of all brands in category j in week t. To allow for carry-

over effects, an adstock variable is defined as ADSTOCKj,t = c ADVj,t + (1-c) ADSTOCKj,t-1. The decay 

parameter c is determined using a grid search procedure over the interval [0, .9] in .05 increments. 

Datta et al. (2017) 

Competitors’ 

marketing mix 

CPRICEjr,t 

CPROMOjr,t 

CPPROMOjr,t 

Time-invariant market-share weighted average value of marketing-mix instrument (price, promotion, or post 

promotion) across all competitors with a market share larger than 5% (including hard discounters) of retailer r in 

category j in week t. 

van Heerde et al. 

(2013) 

Incumbent SKUs SKU𝑗𝑟,𝑡
incumb  Number of SKUs that were available in category j at retailer r in week t-1 and that were still available in week t. De Clerck et al. 

(2001) 

Added SKUs SKU𝑗𝑟,𝑡
added Number of SKUs that were added in category j at retailer r in week t. Gielens (2012) 

Delisted SKUs SKU𝑗𝑟,𝑡
delist  Number of SKUs that were delisted in category j at retailer r in week t. Gielens, 

Gijsbrechts, and 

Dekimpe (2014) 

Trend TRENDjr,t Variable running from t = 1 (first week of data period) up to T (last week of data period) for each category j and 

retailer r. 

Tellis et al. (2009) 

Holiday HD1-10,t Ten pulse dummy variables, each capturing a national public holiday (New Year’s Eve, Easter, Labor Day, 

Ascension Day, Pentecost, Belgian National Holiday, Assumption of Mary, All Saints’ Day, Armistice Day, and 

Christmas). They take on the value of 1 in the week of the public holiday and 0 otherwise.  

Ailawadi et al. 

(2003) 

a We aggregate from the SKU-category-retailer level to the category-retailer level using full-period market shares as weights (for a similar practice, see Pauwels and Srinivasan 

2004). 
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specific parameters for effects that were not category-specific, and (ii) retailer-category specific 

parameters for effects that were found to be category-specific in step 1. We again test for each 

effect whether a retailer-specific parameter is needed. Variables that do no exhibit significant 

variation across retailers are constrained to be fixed at the retailer level. An overview of the 

outcomes of each step is presented in Appendix 4.A (Table 4.A1).  

Endogeneity. Price (PRICE𝑗𝑟,𝑡 and CPRICE𝑗𝑟,𝑡), promotion (PROMO𝑗𝑟,𝑡 and CPROMO𝑗𝑟,𝑡), 

advertising (ADSTOCK𝑗,𝑡), and assortment decisions (SKU𝑗𝑟,𝑡
added and SKU𝑗𝑟,𝑡

delist) may be made 

with the expected performance of the category in mind, and hence may be endogenous.48 In line 

with van Heerde et al. (2013) and Lamey et al. (2012), we use the values of the potentially 

endogenous marketing variables from three other product classes as instrumental variables (IVs). 

We use time-invariant market-share weighted averages across all other retailers with a market 

share larger than five percent in the Belgian market (including hard discounters, but excluding 

the focal retailer). We chose these IVs because the same underlying cost structures may 

determine marketing-mix changes for other product classes at other retailers. These costs 

structures are unlikely to be related to demand shocks for the focal product category and 

retailer.49 To further capture the evolution in overall costs, we follow Sotgiu and Gielens (2015) 

and include GDP per capita and fuel costs as additional IVs. In addition, we work with the fourth 

lag of the IVs to help ensure exogeneity (Sotgiu and Gielens 2015). All IVs are allowed to be 

category- and retailer-specific.  

To establish for which of these variables endogeneity is an issue, we use the Durbin-Wu-

Hausman test (see, e.g., Steenkamp and Geyskens 2014 for a similar practice). F-tests (p < .01) 

reveal evidence of endogeneity for own and competitors’ price, advertising, and competitors’ 

                                                           
48

 Following van Heerde et al. (2013), we treat the lagged variables as predetermined. 
49

 We distinguish beverages, canned food, dairy food, and non-dairy food. 
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promotions. We account for endogeneity by adopting a two-stage least squares (2SLS) approach. 

As the effects of price, advertising, and competitor price are category- and retailer-specific (i.e., 

feature interaction effects with the category and retailer dummy variables), we treat these 144 

interaction effects (16 categories x 3 retailers x 3 marketing-mix tools) as separate endogenous 

variables (Wooldridge 2002, pp. 121-22), together with competitors’ promotions (of which the 

effect is neither category- nor retailer-specific), for a total of 145 endogenous variables. To avoid 

overfitting and instrument proliferation (Roodman 2009), we retain only those instruments that 

are not significant in the Sargan test. As we have more IVs (414) than endogenous variables 

(145), our model is overidentified. 

Step 2: Assessing the Effect of SKU Uniqueness 

Uniqueness model. In the second stage, we relate the new SKU’s effect on the retailer’s category 

sales to the SKU’s uniqueness, the characteristics of its parent brand, and the competitive 

structure of its product category. Equation (4.2) presents the model: 

(4.2) ɣ𝑚𝑗𝑟
= 𝛿1UNIQ𝑚𝑗𝑟

+ 𝛿2UNIQ𝑚𝑗𝑟

2
⏟                

SKU Uniqueness

+ 𝛿3 ln (BSTR𝑚𝑗𝑟
) + 𝛿4 ln (PINTNS𝑚𝑗𝑟

) + 𝛿5 PSUCC𝑚𝑗𝑟⏟                                    
Parent−Brand Characteristics

  

+ 𝛿6 ln (PLSHARE𝑚𝑗𝑟) + 𝛿7 ln (NBCONC𝑚𝑗𝑟)⏟                          
Competitive Structure

 

+ UNIQ𝑚𝑗𝑟
[𝛿3
′ ln (BSTR𝑚𝑗𝑟

) + 𝛿4
′ ln (PINTNS𝑚𝑗𝑟

) + 𝛿5
′PSUCC𝑚𝑗𝑟⏟                                  

SKU Uniqueness x Parent−Brand Characteristics

+

 𝛿6
′ ln (PLSHARE𝑚𝑗𝑟

) + 𝛿7
′ ln (NBCONC𝑚𝑗𝑟

)⏟                            
SKU Uniqueness x Competitive Structure

]  

+ 𝛿8 ln (GAP𝑚𝑗𝑟
) + 𝛿9 ln (CONC_PB𝑚𝑗𝑟

) + 𝛿10 ln (CONC_OB𝑚𝑗𝑟
) + ∑ 𝛿𝑝+10 𝛾𝑚−𝑝𝑗𝑟

3
𝑝=1   

+ 𝛿14 ln(TREND𝑡) + 𝛿15 ln
2(TREND𝑡) + 휁𝑟 + 휁𝑗

′ + 휂𝑚𝑗𝑟
, 

where γ𝑚𝑗𝑟  is the sales change in category j at retailer r following the introduction of the new 

SKU mjr, UNIQ𝑚𝑗𝑟  is new SKU mjr’s uniqueness within retailer r’s assortment for category j, and 
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UNIQ𝑚𝑗𝑟
2  its square. BSTR𝑚𝑗𝑟  captures the strength of the parent brand of SKU mjr within 

category j at retailer r, PINTNS𝑚𝑗𝑟  the parent brand’s past new-SKU introduction intensity, and 

PSUCC𝑚𝑗𝑟  the success of the new-SKU introductions by mjr’s parent brand at retailer r before 

SKU mjr was included in retailer r’s assortment. PLSHARE𝑚𝑗𝑟 reflects the PL share and 

NBCONC𝑚𝑗𝑟  the NB concentration in the category (j) and retailer (r) in which the new SKU mjr 

is offered.  

We include six control variables. GAP𝑚𝑗𝑟  reflects the price gap between SKU mjr’s price and 

the category’s price. CONC_PB𝑚𝑗𝑟  is a count variable that captures the number of other SKUs 

that the parent brand of new SKU mjr introduced concurrently with mjr in category j at retailer r. 

Similarly, CONC_OB𝑚𝑗𝑟
 is a count variable that captures the number of SKUs that were 

introduced simultaneously with new SKU mjr by another brand than mjr’s parent brand.50
 𝛾𝑚−𝑝𝑗𝑟 

capture the performance of the last p SKU introductions in category j at retailer r (p = 1, ..., 3). 

TREND is a trend variable. Finally, δ are the parameters, 휁𝑟 retailer fixed effects, 휁𝑗
′ category 

fixed effects, and 휂𝑚𝑗𝑟 the residual. With the exception of (1) SKU uniqueness (for which we 

include a squared term, consistent with past research; see, e.g., Gielens and Steenkamp 2007 and 

Steenkamp and Gielens 2003), (2) past new-SKU success (which may take on negative values), 

and (3) the performance of the last p SKU introductions in the category at the retailer (which also 

may take on negative values), all variables are log-transformed to account for diminishing 

returns to scale.  

Because the dependent variable is an estimated parameter with different degrees of 

estimation precision, we use weighted least squares with the inverse of its standard error as 

                                                           
50

 We add 1 to both count variables before taking the logarithm. A robustness check without taking the logarithm of 

both variables yielded substantively the same results. 
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weights. As some covariates are estimated quantities, we derive our standard errors by 

bootstrapping with 1,000 replications (Rust, Kumar, and Venkatesan 2011). In order to test to 

what extent our theoretical expectations hold for both NBs and PLs, we estimate Equation (4.2) 

separately for NBs and PLs. To clearly separate the effects of the two brand types, we do not 

consider 76 observations (4%) where a retailer introduced a mix of PL and NB SKUs in the 

category. 

Data and measurement. The GfK data are used to calculate the variables in Equation (4.2) at 

the SKU level. Next, we describe the two key variables in our uniqueness model, SKU 

performance and SKU uniqueness. For details on the operationalization of the moderating 

variables and the control variables, we refer to Table 4.4.  

We measure the new SKU’s performance as the percentage change in category volume sales 

following the introduction of SKU mjr in category j at retailer r, as captured by γ𝑚𝑗𝑟  in our first-

stage regression (see Equation (1) and Gielens 2012 for a similar practice). γ𝑚𝑗𝑟  is comparable 

across categories, as the dependent variable in the first-stage regression (category sales) is 

specified in logs.  

Following Gower (1971), we measure the uniqueness of a new SKU within the retailer’s 

category assortment as the inverse of the new SKU’s similarity to the existing assortment (see ter 

Braak et al. 2013a and Lamey et al. 2014 for a similar practice). If a new SKU offers a new 

attribute or a new level to an existing attribute than the SKUs that are already offered by the 

retailer (e.g., a fair trade certification), its uniqueness score within the retailer’s assortment will 

be higher. If a new SKU’s attribute level (e.g., vanilla taste) is already offered by many of the 

incumbent SKUs, its uniqueness score will be lower. For each new SKU mjr, we compare its 

attributes to those of all SKUs already offered in the retailer’s category assortment at the time of 
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TABLE 4.4 

Variable Operationalizations: Uniqueness Model 

Construct Notation Definition Reference  

New-SKU 

performance 
ɣ𝑚𝑗𝑟

 Percentage change in category volume sales following the 

introduction of SKU mjr in category j at retailer r, derived 

from a sales response model. Details are provided in the 

section “Quantifying the Impact of a New SKU Introduction.”  

Gielens 

(2012) 

Uniqueness
a
 UNIQ𝑚𝑗𝑟  

Uniqueness of new SKU mjr within the retailer’s category 

assortment as the inverse of the new SKU’s similarity to the 

existing assortment. Details are provided in the section “Data 

and Measurement.” 

ter Braak et al. 

(2013a) 

Brand strength
a
 BSTR𝑚𝑗𝑟  

Market share of the parent brand (brand tier for PLs) of SKU 

mjr in category j at retailer r in the 26 weeks prior to the new 

SKU’s introduction. 

Kumar (2005) 

Past SKU 

introduction 

intensity
b
 

PINTNS𝑚𝑗𝑟  
Number of new-SKU introductions by the parent brand (brand 

tier for PLs) of SKU mjr in category j at retailer r in the 26 

weeks prior to the new SKU’s introduction. 

 

Past SKU 

success
a
 

PSUCC𝑚𝑗𝑟  
Average new-SKU performance by the parent brand (brand 

tier for PLs) of SKU mjr in category j at retailer r in the 26 

weeks prior to the new SKU’s introduction. 

 

PL share PLSHARE𝑚𝑗𝑟

 Value market share of the PLs in category j at retailer r in the 

26 weeks prior to new-SKU introduction mjr. 

Lamey et al. 

(2014) 

NB 

concentration 
NBCONC𝑚𝑗𝑟  

Share of top four NB value sales among all NB value sales in 

category j at retailer r in the 26 weeks prior to new-SKU 

introduction mjr.  

Steenkamp 

and Geyskens 

(2014) 

Price gap
a
 GAP𝑚𝑗𝑟  

Price gap of new SKU mjr, given by the ratio of the new 

SKU’s shelf price in category j at retailer r to the SKU-

weighted category shelf price in category j at retailer r in the 

introduction week 𝑡𝑚𝑗𝑟 . 

 

Concurrent 

launches by 

parent brand
b
 

CONC_PB𝑚𝑗𝑟
 Count variable, indicating the number of other SKUs that 

were introduced in the same week 𝑡𝑚𝑗𝑟  as new SKU mjr in 

category j at retailer r by the parent brand (brand tier for PLs) 

of mjr. 

 

Concurrent 

launches by 

other brands
b
 

CONC_OB𝑚𝑗𝑟
 Count variable, indicating the number of SKUs that were 

introduced in the same week 𝑡𝑚𝑗𝑟  as new SKU mjr in category 

j at retailer r by a brand other than the parent brand (brand tier 

for PLs) of mjr. 

 

Past new-SKU 

performance 
γ𝑚−𝑝𝑗𝑟 

 New-SKU performance of the p SKUs (p = 3) that were 

launched prior to the new SKU mjr in category j at retailer r. 

 

Trend TREND𝑚𝑗𝑟  
Variable running from t = 1 (first week of data period) up to T 

(last week of data period). 

Tellis et al. 

(2009) 
a
 If multiple new SKUs are introduced in the same week-category-retailer combination, we take for each covariate the 

average across the (simultaneously-introduced) SKUs. 

 

its inclusion, and create the following uniqueness score: 

(4.3) UNIQ𝑚𝑗𝑟|𝑙𝑘
′ = 1 −

1

𝐾
∑ (

∑ SKU𝑖𝑗𝑟|𝑙𝑘
𝐼𝑟

𝑖=1

𝐼𝑟
)𝐾

𝑘=1 , 
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where mjr = newly-launched SKU, i = existing SKU, j = category, r = retailer, k = attribute (k = 

1, ..., K), and l = attribute level (𝑙𝑘
′  is the attribute level for attribute k of the new SKU mjr). 

SKU𝑖𝑗𝑟|𝑙𝑘  is 1 if 𝑙𝑘  = 𝑙𝑘
′  and 0 otherwise. I

r 
is the total number of SKUs at retailer r at the time the 

new SKU is included in the retailer’s assortment. The ratio in parentheses
 
gives the share of 

SKUs that have the same attribute level l for attribute k as the newly-introduced SKU mjr. If a 

new SKU is the first to have a specific attribute level,51 the ratio becomes zero.  

 

4.5 Descriptives 

Table 4.5 presents the total number of new-SKU introductions along with the average uniqueness 

of a new SKU by retailer and by brand type. In line with the retailers’ highly comparable market 

shares (each close to 20%; Euromonitor 2015), we find each of them to account for 

approximately one third of the new-SKU introductions. Overall, the new-SKU uniqueness is 

.408, with Colruyt offering the most unique new SKUs (.430) and Delhaize the least unique ones 

(.382). Interestingly, newly-introduced PL SKUs are somewhat more unique than their NB 

counterparts (.431 for PLs vs. .391 for NBs, p < .01) and this holds across all three retailers (all 

p’s < .01).  

Although, on average, newly-introduced PL SKUs are more unique than newly-introduced 

NB SKUs, this does not hold across all product categories. Figure 4.2 presents, by brand type, 

the average uniqueness of new SKUs for three sample categories (Panel A). Indeed, for breakfast 

bars, the uniqueness of new PL SKUs is higher than that of new NB SKUs (.780 for PLs vs. .522 

for NBs, p < .01), conform the general picture. However, the reverse holds for canned 

vegetables, with an average uniqueness of. 508 for new PL SKUs versus .605 for new NB SKUs 

                                                           
51

 This also includes a new attribute, because the new SKU by definition is the first to have a specific attribute level 

on a new attribute. 
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TABLE 4.5 

Number of New SKUs and Average New-SKU Uniqueness Scores  

by Retailer and Brand Type 

 # of New SKUs 

Brand Type 

NB PL Overall 

Carrefour 728 .387 .446 .407 

Colruyt 873 .415 .442 .430 

Delhaize 736 .372 .399 .382 

Overall 2,337 .391 .431 .408 

 

 (p < .05). For breakfast cereals, on the other hand, we do not observe a difference between PL 

and NB uniqueness (.588 for PLs vs. .572 for NBs, p > .10).  

To complicate matters further, the uniqueness of new PL SKUs and new NB SKUs may be 

similar within a category, but may differ within the same category across retailers, as Panel B of 

Figure 2 illustrates. For breakfast cereals, for example, Carrefour’s new NB SKUs are more 

unique than its new PL SKUs (.619 for NBs vs .577 for PLs, p < .10), while the opposite is true 

for Colruyt (.562 for NBs vs. .639 for PLs, p < .01) For Delhaize, on the other hand, we do not 

observe a significant difference between the uniqueness of new PL SKUs and new NB SKUs in 

this category (p > .10). 

 

4.6 Results 

We first briefly present the main results of the performance model and then turn to the 

uniqueness model.  
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Results of the Performance Model 

Table 4.B2 in Appendix 4.B presents an overview of all parameter estimates. The parameter 

estimates have face validity, and model fit is excellent with an R
2
 of .94. The correlations 

between our continuous variables, presented in Table 4.B1 of Appendix 4.B, are all below .80 

(Judge et al. 1998, p. 868; max r = .75 between competitor's price and lagged competitor's price). 

This indicates that multicollinearity is not likely to be an issue. Our instruments are strong, as 

indicated by the high correlations between the predicted values from the first-stage regressions 

with the original regressors (r’s ranging from .68 to .99). The instruments’ strength is further 

supported by Sanderson-Windmeijer (2016) multivariate F-tests (all p’s < .01). The Sargan test 

confirms that our instruments are uncorrelated with the error term (p > .10), which attests to their 

validity. Finally, we find no indication of autocorrelation in the residuals (Durbin-Watson 

statistic d = 2.03) (Wooldridge 2012). 

The parameters of focal interest, the effect of the new-SKU introductions on the retailer’s 

category sales, are summarized in Table 4.6. We find that slightly more than half (966) of the 

1,854 γ𝑚𝑗𝑟
 parameters are positive. 340 out of 1,854 γ𝑚𝑗𝑟

 parameters (18%) are significantly 

different from zero, with 56% of them being positive and 44% being negative. On average, the 

effect of a new SKU-introduction on category sales is very close to zero (.008), which is in line 

with the many industry reports that highlight the high failure rate of new SKUs (e.g., IRI 2016; 

Nielsen 2016, 2014a). At the same time, the average positive effect (e
.105 

= 11.1%) and the 

average negative effect (e
-.098

 = -9.34%) are sizeable and indicate substantial variation in a new 

SKU’s ability to affect category sales. 
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FIGURE 4.2 

Average Uniqueness across Categories and Retailers by Brand Type 

Panel A: Average Uniqueness for Three Example Categories across Retailers and by Brand Type 

 

Panel B: Average Uniqueness for Breakfast Cereals by Retailer and Brand Type 

 

Notes: Vertical bars indicate 90% confidence interval band. 
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TABLE 4.6 

Summary Statistics on the Performance of New-SKU Introductions (𝛄𝒎𝒋𝒓
) 

 

Impact on Category Sales 

Positive Negative Combined 

# of γ𝑚𝑗𝑟
 parameters 966 888 1,854 

# of significant γ𝑚𝑗𝑟  parameters 189 151 340 

Average γ𝑚𝑗𝑟   .105 -.098 .008 

 

Results of the Uniqueness Model 

To understand to what extent a new SKU’s contribution to category sales depends on its 

uniqueness, and whether this differs between new NB SKUs and new PL SKUs, we estimate 

Equation (4.2) separately for NBs and PLs. Columns 3 and 4 of Table 4.7 present the results for 

NBs, while columns 5 and 6 present the results for PLs. The explained variance, as given by the 

squared correlation between the observed and the predicted value of the dependent variable, is 

comparable for both models (NBs: r
2
 = .11; PLs: r

2
 = .11). Again, multicollinearity does not 

seem to be an issue, as all correlations are well below .8 (NBs: max r = .50; PLs: max r = .54), as 

reported in Table 4.8. 

While the parameters associated with SKU uniqueness (𝛿1) and uniqueness squared (𝛿2) are 

not significant in either the NB or the PL model (p’s > .10), the effect of uniqueness depends 

strongly on the contextual factors. For new NB SKUs, we find a significant moderating effect of 

all parent-brand characteristics. More unique NB SKUs contribute more to a retailer’s category 

sales when their parent brand is stronger (𝛿3
′  = .057, p < .05), and when the average success of 

the parent brand’s previous new SKU listings with the retailer is higher (𝛿5
′  = .884, p < .10), as 

per our expectations. In contrast, the parent brand’s historical SKU introduction intensity has, as 
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expected, a performance-dampening effect: it attenuates the impact of the new NB-SKU’s 

uniqueness on the retailer’s category sales (𝛿4
′= -.189, p < .01).  

For new PL SKUs, we find – similar to new NB SKUs – a positive moderating effect of 

brand strength (𝛿3
′  = .098, p < .10): more unique PL SKUs contribute more to the retailer’s 

category sales when the PL brand is stronger. We find no significant moderating effects of the  

PL brand’s historical record of launching SKUs, neither in terms of quantity (𝛿4
′ , p > .10) nor 

success (𝛿5
′ , p > .10). 

Rather, for new PL SKUs, the competitive structure exhibits a substantial influence on 

whether their uniqueness affects the retailer’s category performance. Specifically, the effect of 

SKU uniqueness on retailer category sales is lower in categories with a higher level of 

commoditization, as reflected in their PL share (𝛿6
′  = -.260, p < .10). Also in line with our 

expectations, a higher NB concentration in the category decreases the effect of the uniqueness of 

a new PL SKU on category sales (𝛿7
′  = -.856, p < .05). The appropriateness of introducing a 

more versus less unique NB SKU, on the other hand, does not depend on the category’s 

competitive structure (𝛿6
′  and 𝛿7

′ ; p’s > .10).  

In sum, we find that the strength of the parent brand affects whether more unique SKUs are 

better placed to increase the retailer’s category performance than less unique SKUs – for new 

NB SKUs as well as new PL SKUs. In addition, for new NB SKUs, the parent brand’s historical 

introduction behavior (in terms of both quantity and success) plays an important role in shaping 

the effect of uniqueness on retailer category sales, while the category’s competitive structure 

does not matter. Whether it is better to have more unique versus more mundane new PL SKUs, 

on the other hand, is sensitive to the category’s competitive structure but does not depend on the 

PL brand’s historical introduction behavior.
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TABLE 4.7 

 Uniqueness Model: Results 

  
 

NBs (N = 941) PLs (N = 693) 

DV: New-SKU Performance Parameter Estimate  p-value Estimate  p-value 

SKU Uniqueness        

Uniqueness 𝛿1 .008  .910 .042  .608 

Uniqueness
 
squared 𝛿2 -.064  .817 -.065  .834 

Moderating Effects of Brand Characteristics   

x Brand strength 𝛿3
′  .057 ** .012 .098 * .070 

x Past SKU introduction intensity 𝛿4
′  -.189 *** .000 .065  .324 

x Past SKU success 𝛿5
′  .884 * .069 .135  .771 

Moderating Effects of Competitive Structure   

x PL share 𝛿6
′  .008  .876 -.260 * .094 

x NB concentration 𝛿7
′  -.016  .964 -.856 ** .045 

Main Effects of Moderator Variables       

Brand strength 𝛿3 .009 *** .008 -.007  .368 

Past SKU introduction intensity 𝛿4 -.024 *** .001 -.001  .890 

Past SKU success 𝛿5 -.030  .644 -.104  .236 

PL share 𝛿6 -.002  .838 .063 ** .040 

NB concentration 𝛿7 .041  .320 -.068  .302 

Control Variables        

Price gap 𝛿8 -.008  .366 -.012  .247 

Concurrent launches by parent brand 𝛿9 .023  .152 .009  .650 

Concurrent launches by other brands 𝛿10 -.006  .709 -.037  .605 

Past new-SKU performance (1) 𝛿11 -.230 *** .000 -.153 *** .002 

Past new-SKU performance (2) 𝛿12 -.089 *** .008 -.068  .130 

Past new-SKU performance (3) 𝛿13 .025  .439 .025  .531 

Trend 𝛿14 -.003  .691 .019 ** .040 

Trend squared 𝛿15 -.009 ** .039 .013 ** .038 

Category fixed effects 휁𝑟        

Retailer fixed effects 휁𝑗
′       

* p < .10 (two-sided), ** p < .05 (two-sided), *** p < .01 (two-sided) 
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TABLE 4.8 

Uniqueness Model: Correlations 

Variable (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) 

(1) New-SKU performance  .013 .021 -.013 -.107 -.035 .036 -.011 .054 -.014 -.227 -.058 .069 .020 

(2) SKU uniqueness .008  -.136 -.360 .044 .030 .385 .181 -.126 -.120 .029 .017 .055 .001 

(3) Brand strength  .030 -.058  .501 -.008 -.242 .252 -.194 .108 .078 .015 .004 -.042 .063 

(4) Past SKU introduction intensity .011 -.294 .364  -.039 -.067 -.013 -.036 .109 -.015 -.061 -.010 -.091 .161 

(5) Past SKU success -.099 -.024 -.005 .007  .045 -.008 .037 -.016 -.016 .351 .087 -.020 -.040 

(6) PL share  .059 -.303 .287 .090 .068  -.317 .226 -.007 .066 -.020 -.006 -.010 -.042 

(7) NB concentration  -.020 .540 .057 -.195 -.012 -.192  -.196 -.023 -.125 .008 .013 -.034 .107 

(8) Price gap -.033 .004 .337 .099 .068 .148 .006  -.029 .014 .030 -.074 .024 -.006 

(9) Concurrent launches by parent brand .010 -.100 .073 .081 .040 .021 -.055 .049  .049 -.038 .064 -.006 .004 

(10) Concurrent launches by other brands -.059 -.065 .037 .048 -.005 -.073 -.041 -.010 .032  .022 -.026 .000 -.103 

(11) Past new-SKU performance (1) -.193 -.031 -.030 .004 .426 -.004 .007 .015 .002 .043  -.223 -.029 .029 

(12) Past new-SKU performance (2) -.041 .015 .030 .017 .177 .027 .006 .062 -.049 .045 -.222  -.236 -.012 

(13) Past new-SKU performance (3) .063 -.025 .019 .013 .120 .041 .057 .025 .025 -.016 -.082 -.182  .004 

(14) Trend .040 .096 .102 -.058 .036 .077 .043 .053 .005 -.099 .048 .080 .020  

Notes: Values below (above) the diagonal show correlations for the uniqueness model for PLs (NBs).  
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Visualization of the Moderating Effects 

To explore the significant interaction effects in more detail, we visualize them in Figures 4.3 

(NBs) and 4.4 (PLs). We display the marginal effect of a new SKU’s uniqueness on the retailer’s 

category sales (solid lines) for the range of observed values of the respective moderator. The 

90% confidence interval bands (dotted lines) are derived using the Delta rule.52 These plots help 

us to understand from which point(s) of the moderator onwards, the effect of SKU uniqueness on 

retailer category sales becomes significant. 

Figure 4.3, Panel A displays the positive interaction effect of parent-brand strength and SKU 

uniqueness for new NB SKUs. The plot reveals that the marginal effect is significant for very 

weak parent brands only. When a parent’s brand market share at the retailer is higher than 

approximately 1.9%, SKU uniqueness has no impact on the retailer’s category sales. Below this 

point, adding a new SKU significantly decreases category sales. This holds for 70 of the 941 

(7.4%) NB-SKU introductions in our sample. Figure 4.3, Panel B, highlights a significant 

positive marginal effect of SKU uniqueness on retailer category performance for parent brands 

that introduced less than two new SKUs in the previous 26 weeks, representing 270 NB-SKU 

introductions (28.7%). From this point onwards, as the number of prior introductions by the 

parent brand increases, SKU uniqueness has no impact on the retailer’s category sales until the 

parent brand’s number of product introductions reaches approximately five over the last 26 

weeks. Beyond this point, as the parent brand’s historical introduction intensity increases, SKU 

uniqueness has a significant negative impact on retailer category sales. This applies to 174 NB-

SKU introductions (18.5%) in our sample. Finally, panel C displays the interaction effect of 

SKU uniqueness with the parent brand’s past new-SKU success. The marginal effect of SKU 

                                                           
52

 To compute the marginal effects, we re-estimate Equation (4.2) without the (insignificant) squared uniqueness 

parameter. All parameters remain highly stable in terms of sign, magnitude, and level of significance. 
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uniqueness on category performance is negative and significant for parent brands with a tradition 

of unsuccessful past introductions at the retailer (below -.27), as observed for only 12 NB-SKU 

introductions (1.3%) in our sample, and positive and significant if the parent brand has a 

historical track record of introducing very successful new SKUs at the retailer (larger than .24), 

which also corresponds to 12 NB-SKU introductions (1.3%) in our sample. 

Turning to the introduction of new PL SKUs, we find a very comparable picture for the 

interaction effect of brand strength (Figure 4.4, Panel A) as for the introduction of new NB 

SKUs. For PL brands with a market share lower than 1.3%, the marginal effect of SKU 

uniqueness on the retailer’s category performance is significantly negative. Note that we only 

observe this negative significant effect for ten 10 PL-SKU introductions (1.4%) in our sample. 

The opposite, a significantly positive marginal effect, is achieved for PL brands with a market 

share larger than 60.1% (42 PL-SKU introductions (6.1%) in our sample). When PL share is 

lower than approximately 28%, the marginal effect of SKU uniqueness on category sales is 

negative and significant (Figure 4.4, Panel B), which holds for 45 (6.5%) of the new PL SKUs in 

our sample. When PL share exceeds 28%, SKU uniqueness has no impact on the retailer’s 

category sales. Finally, a new PL SKU’s uniqueness positively affects the retailer’s category 

sales in product categories with a NB concentration lower than 72.5%, as observed for 88 

(12.7%) of the PL- SKU introductions in our sample (Figure 4.4, Panel C). 

 

4.7 Discussion 

In the constant battle for consumers, retailers continuously introduce new SKUs on their shelves 

and hope to increase category sales rather than merely shift sales from one SKU to another. 

Retailers introduce relatively unique and highly differentiated SKUs, but also more mundane and 

easy-to-understand SKUs that are highly similar to their existing product assortment. In addition, 
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FIGURE 4.3 

Marginal Effects for New NB SKUs 

Panel A: Marginal Effect of SKU Uniqueness on Category Sales over Brand Strength  

 

Panel B: Marginal Effect of SKU Uniqueness on Category Sales over Past SKU Introduction Intensity  

 

Panel C: Marginal Effect of SKU Uniqueness on Category Sales over Past SKU Success  

 
Notes: The x-axis represents the range of (untransformed) observed values of the moderator variable in our 

sample. The solid line represents the marginal effect of SKU uniqueness on the retailer’s category sales 

across the observed range of the moderator variable. The dotted lines are the 90% confidence interval 

band. The threshold is the value of the moderator after which (or before) its effect becomes significant.  
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FIGURE 4.4 

Marginal Effects for New PL SKUs  

Panel A: Marginal Effect of SKU Uniqueness on Category Sales over Brand Strength  

 

Panel B: Marginal Effect of SKU Uniqueness on Category Sales over PL Share  

 

Panel C: Marginal Effect of SKU Uniqueness on Category Sales over NB Concentration  

 
Notes: The x-axis represents the range of (untransformed) observed values of the moderator variable in our 

sample. The solid line represents the marginal effect of SKU uniqueness on the retailer’s category sales 

across the observed range of the moderator variable. The dotted lines are the 90% confidence interval 

band. The threshold is the value of the moderator after which (or before) its effect becomes significant.  
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as retailers are gatekeepers and competitors to NB manufacturers at the same time, they 

introduce not only new NB SKUs, but almost as often new PL SKUs (EuroCommerce 2016). 

Despite the many studies on new-product performance, the academic literature so far has 

focused on entire product-line introductions and concentrated on product performance, but has 

made abstraction of individual SKU introductions – in particular the introduction of new PL 

SKUs – and their effect on category performance, which is what the retailer ultimately cares 

about. In addition, the measures used for product uniqueness were relatively coarse, since data 

about numerous product attributes are typically hard to obtain. This leaves retailers in the 

unfortunate position to have little guidance as to whether more unique SKUs are better placed to 

increase the retailer’s category sales than less unique SKUs. Studying 2,300+ new SKU 

introductions (with up to 28 attributes) over seven years in 15+ CPG categories in Belgium, we 

attempt to fill this gap. In doing so, the current study offers three key insights. 

First, we document the uniqueness of new SKU introductions by both NBs and PLs. Despite 

the latter’s origin as “me-too” products with a high similarity to existing NB SKUs in the 

retailer’s assortment, we find that PLs have caught up with NBs in terms of their uniqueness (see 

Table 4.5). To further understand the evolution in uniqueness for both PLs and NBs, we 

estimated a regression over all 2,337 new SKUs with uniqueness as the dependent variable, and 

related it to an intercept, a PL dummy variable, a logged trend, an interaction effect of the PL 

dummy variable and the trend, and retailer and category fixed effects.53 Interestingly, we find 

SKU uniqueness to decrease over time for NBs (μ2 = -.006, p < .01), representing a loss in 

uniqueness of about eight percent over the span of our data period. This is not the case for PLs, 

however, where the interaction effect is positive and significant (μ3 = .011, p < .01), revealing a 

positive trend of uniqueness (μ2 + μ3 = .017, p < .01), that corresponds to an increase in 

                                                           
53 UNIQ =  𝜇0 + 𝜇1PL + 𝜇2ln(TREND) + 𝜇3PL ∗ ln(TREND) + 𝜔 
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uniqueness by about six percent over our data period. That is, while new PLs scored 

approximately 11 percent lower on uniqueness than new NBs in the beginning of our data period 

(2009), they had closed the gap in uniqueness at the end of our data period (2015).  

Second, while we find no linear or quadratic effect of SKU uniqueness on the retailer’s 

category performance, neither for new PL SKUs nor for new NB SKUs, our results highlight the 

importance of several boundary conditions. For new NB SKUs, the parent brand’s characteristics 

play an important role. First, brand strength positively moderates the effect of SKU uniqueness 

on category sales. Second, the parent brand’s historical conduct, as reflected in the success and 

intensity with which a brand’s SKUs have appeared on the shelves, matter. Higher past new-

SKU success helps new unique SKUs to perform better. In contrast, the intensity with which the 

parent brand launched new SKUs in the past dampens the performance effect of new unique 

SKUs, such that retailers may better consider more mundane, less unique products of brands with 

a continuous stream of new SKUs. 

Third, while also for new PL SKUs, brand strength has a positive moderating effect on SKU 

uniqueness’ impact on category sales54, the effect of a new PL SKU’s uniqueness is strongly 

dependent on the category’s competitive structure. Specifically, PL share and NB concentration 

negatively influence the effect of the uniqueness of a new PL SKU on category performance. 

Substantive Implications for Retailers 

Category managers need to be aware of the impact of various SKUs in their category assortments 

on category sales. Below, we discuss guidelines for their task of evaluating a continuous stream 

of new NB and PL SKUs. 

1. Do more unique SKUs perform better when they are introduced by stronger brands? Yes, 

                                                           
54

 Pooled estimation of the uniqueness models for NBs and PLs reveals no significant difference between the 

moderating effect of brand strength for NBs and PLs (p > .10). 



Chapter 4: SKU Uniqueness and Category Performance 

 

151 

provided they are introduced by PL brands. Interestingly, only very strong PL brands 

(such as, e.g., all three retailers’ standard PL in the canned vegetables category) can 

benefit from their market power and increase category sales by introducing unique SKUs. 

In contrast, new unique SKUs by very weak brands reduce the odds of category growth, 

and this is the case for both NBs and PLs. As such, both weak PLs and NBs can hurt the 

prospects of unique new SKUs, but only strong PL brands can increase the odds of 

success. Why would that be the case? Because of the huge power shift from NB 

manufacturers to retailers over the past years (Dukes and Geylani 2016), retailers may 

now be able to pull their weight behind unique PL SKUs. Similarly, because of retailers’ 

increased knowledge about their consumers (Dawar and Stornelli 2013; Kumar 1997), 

retailers may be better informed about which new product features need to be explained 

to consumers, which allows for a better in-store implementation (e.g., salesforce training, 

on-the-shelves displays) than NBs could wish for.  

2. Does a parent brand’s historical new-SKU activity at the retailer affect the success of its 

unique new SKUs? Yes, it does, but only for NBs. A retailer is better off with a more 

unique SKU from a NB that does not frequently introduce new SKUs at the retailer. If the 

retailer has already included many new SKUs from the parent brand in the past, offering 

more mundane and less unique new SKUs from this parent brand is what can help the 

retailer most in growing its category sales. The reason may be that consumers are not as 

much willing and/or able to engage in a demanding cognitive evaluation of new SKUs of 

the same parent brand when these come at a (too) regular basis, but prefer easy-to-

understand products in such circumstances. The second aspect of a brand’s historical 

conduct, the success of its previous SKU introductions, has a “door-opening” (or “door-
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shutting” effect) in that highly successful past NB SKUs open the door for more unique 

new NB SKUs, while unsuccessful past NB SKUs shut that door and call for less unique 

NB SKUs. But why does the parent brand’s historical conduct not matter for PLs? A 

defining difference between NBs and PLs is that the latter are offered across many 

product categories while the former are typically offered in few categories only. As such, 

for PLs, a marketing action in one category (such as the launch of a new SKU) may have 

a perceptual spillover effect to many other categories (Erdem and Sun 2002). Especially 

with the plethora of new SKU introductions, this makes it much harder for consumers to 

notice and use signals from PLs’ past conduct, as compared to signals from NBs, which 

are much more limited, and may therefore stand out more. 

3. Do unique new SKUs perform better in categories with a lower or a higher PL share? 

Categories with a lower PL share are more responsive to the introduction of more unique 

PL SKUs. In these categories, where fewer PLs are on the shelves, it may be easier for 

unique new PL SKUs to appeal to customer segments which have not yet been captured 

by the retailer’s extant product portfolio. In contrast, NBs are innately more likely to be 

differentiated products with a well-defined set of customers (Ailawadi et al. 2008), for 

which attracting new customer segments may be harder per se, regardless of the 

category’s PL share.  

4. Do unique new SKUs perform better in categories where many brands account for the 

category’s NB sales? Yes. More unique new SKUs positively affect category sales in 

product categories with low levels of NB concentration – provided they are PLs. In 

situations of intense competition between NBs (i.e., low NB concentration), NBs may be 

so much focused on defending their own turf, that they mainly shift sales from one SKU 
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to another (irrespective of the uniqueness of these SKUs), rather than grow the category. 

Under these circumstances, unique PL SKUs are more noticeable by their distinct nature 

of being linked to the retailer, while also being able to take full advantage of the retailer’s 

in-store support. By more easily standing out from the competitive NB clutter, a more 

unique new PL SKU can attract consumers that were previously neglected by the fiercely 

competing NBs. 

Substantive Implications for NB Manufacturers 

While, in the past, “retailers were merely distributors” of new products (Lamey et al. 2014, p. 1), 

it now becomes “increasingly common for retailers to ask even large national brands to prove 

their brand’s worth to the growth of the category” (Sinha et al. 2005, p. 354). When should NB 

manufacturers aim to offer a more unique vs. a less unique new SKU? Our findings imply that 

NB manufacturers may be able to grow the retailer’s category with unique SKUs if they have a 

low intensity of previous SKU launches at the retailer and/or have a good track record of 

successful previous launches. Conversely, NB manufacturers may be better off with more 

mundane, less unique SKUs, if they have a weaker brand, a higher intensity of past new SKU 

launches at the retailer, and/or were not very successful with launching new SKUs at the retailer 

in the past.  

Limitations and Future Research 

Our study has various limitations which leave avenues for future research. First, we study a new 

SKU’s uniqueness while taking up to 28 attributes per product category into account. While 

weighing each attribute equally seems reasonable for many attributes (such as, e.g., product 

finish and package material), future research could refine our uniqueness measure by weighing 

each attribute with an importance factor, using auxiliary demand regressions in the spirit of 
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Voleti et al. (2017). Unfortunately, this method has so far been used with five attributes only, and 

may become quite cumbersome when many more attributes are considered. In addition, this 

method requires an “auxiliary” data set which must not overlap with the analysis data set.  

Second, future research could expand the parent-brand characteristics and category-level 

characteristics to improve the overall explanatory power of the model. For example, new SKUs 

are sometimes supported with promotions (e.g., rebates) and/or dedicated advertising campaigns 

aimed at educating consumers about the product’s innovative character, which could affect 

consumer- and/or category-manager costs. Similarly, as we study 16 categories, we are 

somewhat limited in the extent to which we capture innate category differences. Future research 

could investigate more categories and also include more variables that vary along this dimension. 

For example, it may be interesting to study how a category’s level of penetration shifts the effect 

of uniqueness on category sales. High levels of penetration may indicate that there is less room 

to grow for a unique SKU and may therefore negatively affect the market-expansion effect. The 

frequency with which a household purchases in a category, on the other hand, may affect the 

extent to which a more unique SKU is able to “deepen the relationship.” In categories in which 

consumers do not purchase often, it may be easier to provide a reason to purchase more 

compared to categories where frequency is already at high levels.  

Third, we do not study hard discounters given their substantially different business model. 

Yet, in the pursuit of growth, hard discounters have recently started to add some NB SKUs to 

their PL-dominated assortments. These NB SKUs are still fairly unique to the hard discounter’s 

product portfolio (Deleersnyder et al. 2007), and are a radical break with what customers are 

used to. It would be interesting to study to what extent our results generalize to hard discounters.  

Fourth, we study the effect of more vs. less unique new SKUs on retailers’ category sales, 
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which is an important metric for retail managers (Nijs et al. 2001). When introducing very 

unique SKUs, retailers may, however, be able to command higher margins on these products. 

This may result in higher profitability, even in the face of cannibalization. While ter Braak et al. 

(2013a) did not find a significant relation between uniqueness and PL margins, we are not aware 

of any research that has looked at the profitability of more vs. less unique NB SKUs. Further 

research could evaluate the margin and profit implications of adding more vs. less unique (NB) 

SKUs to the retailer’s assortment. 

Fifth, we add to the existing literature by studying retailer category sales as a performance 

metric. Examining a new SKU’s effect on category sales has the advantage of capturing the net 

effect of own-SKU success as well as the extent of any within-assortment cannibalization. Future 

research could explicitly quantify the extent and sources of cannibalization. 

Finally, future research could study the effects of SKU uniqueness in emerging markets. 

Given their substantially different marketing and institutional environment, it would be 

interesting to study to what extent our results replicate in these markets or whether the 

institutional environment changes the effect of SKU uniqueness on retailer category sales. 
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Appendix 4.A 

Table 4.A1 

Variation of Parameters across Categories and Retailers 

 

 

Step 1: Should Parameter(s) 

Vary across Categories? 

 Step 2: Should Parameter(s) 

Vary across Retailers? 
Final Specification 

F-statistic p-value 

 

F-statistic p-value 

Parameter 

varies over 

retailers 

Parameter 

varies over 

categories 

Price 12.47 <.001  2.01 <.001   

Price promotion .94 .521  .25 .778   

Lag price 3.79 <.001  1.32 .104   

Post promotion 1.28 .204  1.29 .277   

Adstock 2.55 <.001  2.11 <.001   

Incumbent SKUs 1.82 .026  1.76 .005   

Added SKUs 1.26 .216  1.81 .163   

Delisted SKUs 2.83 <.001  1.52 .030   

Competitors’ price 1.67 .050  1.35 .090   

Competitors’ price promotion 1.23 .237  1.49 .226   

Lag competitors’ price .53 .924  1.36 .256   

Competitors’ post promotion 1.06 .390  1.65 .192   

Trend & Trend
 
squared 2.98 <.001  2.08 <.001   

Holiday dummy 1 .93 .532  .71 .490   

Holiday dummy 2 1.31 .185  1.09 .337   

Holiday dummy 3 1.38 .147  .63 .533   

Holiday dummy 4 .79 .686  3.55 .029   

Holiday dummy 5 .72 .763  2.02 .133   

Holiday dummy 6 .93 .529  2.29 .101   

Holiday dummy 7 1.64 .055  1.31 .115   

Holiday dummy 8 2.29 .003  1.67 .010   

Holiday dummy 9 1.76 .033  .97 .484   

Holiday dummy 10 2.03 .011  1.12 .296   

Trigonometric terms 6.53 <.001  1.10 .278   
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Appendix 4.B 

Table 4.B1 

Performance Model: Average Correlations across Categories and Retailers 

Variable (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) 

(1) Sales               

(2) Price -.082              

(3) Price promotions  .083 -.112             

(4) Lag price -.035 .554 -.016            

(5) Post promotion .050 .030 .006 -.076           

(6) Advertising .017 .032 .026 .032 .020          

(7) Incumbent SKUs .334 -.006 .107 -.005 .079 -.030         

(8) Added SKUs .024 -.002 .011 -.017 -.014 -.015 -.028        

(9) Delisted SKUs -.041 -.024 .002 .023 .017 .013 .149 .136       

(10) Competitors’ price  .080 .433 -.014 .315 -.024 .092 -.001 -.039 .028      

(11) Competitors’ post promotion .019 .009 .079 .007 .053 .006 .105 .046 .003 -.049     

(12) Lag competitors’ price .068 .341 -.006 .257 -.020 .080 -.002 -.034 .014 .745 -.020    

(13) Competitors’ price promotions .002 .012 .035 .000 .027 -.012 .058 .009 .007 .021 .032 -.080   

(14) Trend -.151 -.102 .091 -.090 .070 -.189 .022 .125 -.053 -.338 .200 -.293 .092  

Notes: Values represent average correlations across each retailer’s product category (i.e. across 3 x 16 correlations), before taking the logarithm and before mean-centering.  
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Table 4.B2 

Performance Model: Results (N = 16,153) 

DV: Category Volume Sales Parameter Notation Average Parameter Estimate Number of Parameter Estimates 

New-SKU introduction γm𝑗𝑟  .008 1,854 

Price β1,𝑗𝑟  -.793 48 

Price promotions β2 .002 1 

Lag price β3,𝑗 .063 16 

Post promotion β4 .009 1 

Advertising β5,𝑗𝑟  .001 48 

Incumbent SKUs β6,𝑗𝑟  .518 48 

Added SKUs β7 .010 1 

Delisted SKUs β8,𝑗𝑟  -.013 48 

Competitors’ price β9,𝑗𝑟  .323 48 

Competitors’ price promotions β10 .083 1 

Lag competitors’ price β11 -.000 1 

Competitors’ post promotion  β12 .005 1 

Trend β13,𝑗𝑟  1.242 48 

Trend sq. β14,𝑗𝑟  -.143 48 

Holiday variables β15−24,𝑗𝑟   105
a 

Trigonometric terms β25,𝑗, β26,𝑗  32 

Category fixed effects ɣ𝑗
′   15 

Retailer fixed effects ɣ𝑟  2 

Constant   1 
a
 Not all holiday-dummy variables are category- and retailer-specific. Details are provided in Table 4.A1 of Appendix 4.A. 

Notes: Average parameter estimates represent the average effect across categories and/or retailers or the common effect, depending 

over which dimensions the parameter varies. 
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