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Introduction 

“I know it's only Rock N’ Roll, but I like it.” 
The Rolling Stones 

 
This PhD thesis contributes to answering the question: What are the implications of competition and 

barriers to entry in Financial Economics? My research provides empirical evidence to answer this 

question. In my job market paper, I unravel how corporate lobbying affects competition. In two other 

papers, my co-authors and I show that restricted entry to intermediation industries has negative implications 

on client companies. We demonstrate this in the context of bond underwriting and shareholder litigation. 

In the first chapter, Lobbying Externalities and Competition, I uncover the anti-competitive 

implications of corporate lobbying and the reasons why they persist. I show that lobbying has broader 

effects beyond the gains to lobbying companies: it negatively affects the market value of their non-lobbying 

competitors and generates a $1.9bn aggregate loss per piece of legislation. This interpretation is supported 

in a difference-in-difference-in-differences test around Barack Obama’s 2009 executive order restricting 

“revolving door” lobbying, which shows that when lobbying is restricted, the externalities decrease. My 

results raise the question: why do negatively affected companies not lobby? I document two mechanisms 

depriving them of political access. First, those companies do not mobilize enough votes individually to 

support lawmakers in the elections. The externalities from lobbying are stronger when the value of votes 

for politicians is higher: in battleground electoral areas, and when bill sponsors or congressional committee 

members seek re-election. Second, non-lobbying companies face a coordination problem when lobbying 

together in trade associations. Using a unique hand-collected dataset on membership in trade associations 

over time, I demonstrate that trade association are captured by individually-lobbying companies. These two 

mechanisms have important policy implications: they highlight the areas that can be targeted by policies 

designed to eliminate lobbying externalities.  

In two other chapters, my co-authors and I focus on the market power of intermediaries and its 

consequences for their client companies. In the second chapter, Underwriter Competition and 

Bargaining Power in the Corporate Bond Market, we focus on the underwriting industry. Corporate 
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bond underwriters specialize, which limits the number of potential underwriters that issuers can hire. The 

limited choice to the issuer endows the underwriter with high bargaining power. To demonstrate this 

mechanism, we construct a novel bond-level measure of underwriter bargaining power: we count how many 

other underwriters could take a given bond to the market based on their bond placement ability. Our 

measure associates with higher underwriting fees and lower bond issuance prices. In total, issuers bear 

$1.5m higher issuance costs. An extensive set of checks ensures that our results are not driven by the effects 

of certification, issuer-underwriter relationship, issue complexity, and omitted bond or issuer 

characteristics. Issuers try to avoid facing a powerful underwriter – we show that they do so by splitting an 

issue into multiple bonds with different characteristics. In addition, we demonstrate that more powerful 

underwriters place bonds faster, which suggests that the investor network’s size constitutes a barrier to 

entry into the underwriting business. Overall, our findings uncover the implications of underwriter market 

power on firm borrowing costs. 

Finally, in the third chapter, Are Star Lawyers Also Better Lawyers?, we demonstrate a trade-off 

between competence and competition in the context of plaintiff law firms. Barriers to entry into the legal 

profession result in the dominance of a small number of “star” law firms, which supposedly have superior 

expertise and provide a better service. We ask whether their performance is actually better. The main 

challenge we face is separating treatment (star law firms always reach a more favorable settlement) from 

selection (star law firms are good at picking lawsuits that will settle). To address this challenge, we use 

corporate insurance coverage as a proxy for the expected settlement on a given lawsuit. Using this measure, 

we show that the added value of a star law firm to the plaintiff’s settlement amount is low, and that plaintiffs 

overpay their star law firms by $1.35m per lawsuit. We also show that this is not compensated by 

improvements to defendant firm corporate governance. In addition, we use a unique dataset on insurance 

pricing and employ machine learning and Monte Carlo simulations to show that our result are not driven 

by defendant over-insurance or measurement error. Our results bring attention to how restricted entry allows 

star law firms to abuse their dominant position at the expense of their clients.
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Chapter 1. Lobbying Externalities and Competition 

1.1 Introduction 

Corporate lobbying is under extensive public scrutiny. It was a key issue in the last two U.S. presidential 

campaigns, it is mentioned by the major newspapers more than once a day on average, and it often features 

in popular movies and television series.1 This level of attention has fueled two widespread beliefs: (1) that 

most corporations lobby, and (2) that lobbying is expensive. The facts, however, are very different: only 

20% of all publicly listed companies lobby, and lobbying expenses are typically less than $4m per lobbying 

firm-Congress. That is peanuts for a publicly listed company, and even more affordable to a group of 

companies lobbying together in a trade association such as the National Rifle Association or the Mortgage 

Bankers Association. 

The fact that relatively few companies lobby raises the question what externalities they impose on 

the ones that don’t. After all, lobbying targets regulation, which affects everyone. Those externalities could 

be positive if lobbying provides useful information to legislators, or negative if it persuades them to 

prioritize the interests of lobbying companies. The fact that lobbying appears so affordable raises the 

question why so many companies do not invest in it. Some frictions must exist, which prevent them from 

lobbying. 

In this paper, I address these questions. I show that non-lobbying companies are negatively affected 

when a new piece of regulation influenced by lobbying is approved by Congress. They experience negative 

stock returns, and the aggregate loss in value per one bill is $1.9bn. I obtain these results on a 

comprehensive sample, which I assemble by scraping information from the websites of the Senate’s Office 

of Public Records, the Center for Responsive Politics, and the Library of Congress. My data track lobbying 

activity and bills targeted by lobbying across all industries over the period 1999-2016 (106th-114th 

Congresses), covering 18,564 bills out of which 789 become law. 

Lobbying externalities are heterogeneous across three dimensions. First, they vary within industry 

                                                        
1 Source: Daily newsload is from the Dow Jones Factiva database.  
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depending on the degree of competition, measured by product similarity between lobbying companies and 

their non-lobbying competitors. The further away competitors are most negatively affected; and the closest 

competitors free-ride on lobbying and gain. For example, lobbying by a petroleum producer is detrimental 

to “clean energy” companies, but it is beneficial to other petroleum producers. Similarly, lobbying by 

internet giants such as Google, Twitter or Facebook comes with a cost to traditional media companies, but 

benefits businesses distributing online content. 2  Second, the negative effects are pervasive across 

industries, affecting energy, finance, healthcare, and high-tech companies the most. Third, the externalities 

vary by the nature of the regulated economic activity, which I infer from the bill text. I group bills into 

distinctive categories using the Latent Dirichlet Allocation (LDA) text clustering technique. The largest 

groups of bills on which the non-lobbying companies lose in value are related to natural resources, 

stakeholder protection, and to credit and financing. 

To ensure that my results are not driven by omitted time-varying company characteristics, I exploit 

the rich structure of my data. Most lobbying companies in a given Congress lobby on multiple bills, and 

their non-lobbying competitors are affected by multiple bills. This generates within company-Congress 

variation and allows me to include lobbying company × Congress fixed effects and non-lobbying company 

× Congress fixed effects. Those fixed effects absorb any factors associated with a given company at a given 

point in time that could drive both returns and lobbying. 

I perform additional tests to rule out two alternative explanations to these findings. First, in a series 

of checks I show that they are not a product of measurement error. The externalities for non-lobbying 

competitor companies are negative under alternative definitions of lobbying, returns, and industry. They 

are null for non-competitor companies, which do not operate in the same industries with the lobbying 

companies (“placebo group”). 

Second, I rule out an alternative explanation that lobbying does not impose externalities, but merely 

serves as a regulatory protection. It could be that by lobbying companies obtain an exemption from 

                                                        
2 For example, these effects are evident on the American Security and Clean Energy Act, on the Stop `Online Piracy 
Act and the Protect Intellectual Property Act. 
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restrictive regulation and gain in value, and companies that cannot lobby lose. If this were the case, any 

policy aimed at restricting lobbying would not decrease the lobbying externalities, and would only deprive 

lobbying companies from the regulatory protection. To rule this out, I develop a test around Barack 

Obama’s 2009 executive order preventing politicians from acting as “revolving door” lobbyists (and vice 

versa) for two years after leaving (or before entering) the administration. In a difference-in-differences-in- 

differences framework, I show that after the executive order, non-lobbying competitors to lobbying 

companies heavily relying on “revolving door” lobbyists lose in value less around passage of regulation 

influenced by lobbying. Since the lobbying restriction associates with lower value losses to the competitors, 

the externalities must be imposed by lobbying. 

Overall, my first set of findings is consistent with lobbying generating negative externalities that 

affect the non-lobbying companies. Given that those companies lose in value, it is perplexing why they do 

not lobby. In my second set of results, I present empirical evidence on two economic frictions that deprive 

them of access to lobbying. The first friction is that those companies do not mobilize sufficient voting 

power to support politicians in the elections. The second friction is that their collective lobbying via trade 

associations is captured by individually-lobbying companies. 

Voting power plays an important role, because by lobbying companies hire lobbyists to convince 

politicians to alter the regulation, and in return the politicians can rely on votes mobilized by the 

companies.3 By altering the regulation in favor of a given company, a politician can gain electoral support 

of the company’ employees via at least two channels. First, employees have a direct incentive to support a 

politician favoring their employer. Second, companies actively encourage their workers to vote for the 

politician by communicating information about their preferred candidates (Hertel-Fernandez (2016)).4 

These mechanisms are especially powerful for politically connected companies, because their employees 

                                                        
3 In comparison, political campaign contributions (PACs) or politically oriented non-profit donations are made in form 
of monetary payments. 
4 “Companies [...] sent letters or information packets to their employees suggesting – and sometimes explicitly 
recommending – how they should vote... .” (“Here’s a Memo From the Boss: Vote This Way”, The New York Times, 
October 26, 2012). 
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are more likely to vote in the elections (Babenko et al. (2018)). 

If politicians respond to voting power, companies lacking it may not lobby. Consistent with this 

argument, I show that within a given electoral area companies with little voting power are more affected 

by lobbying externalities. This is especially true where voting power is more important, i.e. in battleground 

electoral areas where politicians win or lose with a small margin of votes, and when bill sponsors seek re-

election. 

When companies cannot lobby individually, they could still combine enough voting power to lobby 

together. I show that within electoral areas their aggregate number of employees typically exceeds the 

number of employees of their lobbying rival. However, when trying to coordinate their actions, companies 

face a moral hazard problem: each of them has an incentive not to join the collective lobbying effort and 

free-ride. To avoid this problem, they can coordinate in a trade association, which lobbies on behalf of all 

its members. 

Setting up and operating the association is costly and again subject to moral hazard. Thus, it is 

frequently delegated to large and resource-rich companies with high bargaining power within the 

association (Wilson (1995)). Those companies often have individual lobbying access and can choose 

whether to lobby alone or via the association. When the regulation affects all the members in a similar way, 

they have more incentive to lobby via the association together with other members (Bombardini and Trebbi 

(2012)). On the contrary, if the regulation affects them differently, they have more incentive to lobby 

individually and also to capture the association to support their interests. As a result, member companies 

without individual lobbying access lose the association’s lobbying protection. 

To demonstrate this mechanism empirically, I use hand-collected historical company membership in 

the 30 largest lobbying trade associations over 1999-2016 from the Internet Archive: Wayback Machine 

website. This digital archive stores older versions of the websites of trade associations with historical 

member lists.5 Using those data, I show that the association’s members without individual lobbying access 

                                                        
5 The website URL is https://archive.org/web/ 
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gain in value, when most members lobby together. They lose, when a high fraction of the association’s 

members lobby alone. These results support the argument that the organized lobbying is ineffective because 

the trade associations are captured by the individually-lobbying companies. 

My findings make three contributions. First, I contribute to the literature on corporate political 

influence (e.g. Stigler (1971), Shleifer and Vishny (1994), Duchin and Sosyura (2012), Hill et al. (2013), 

Faccio and Zingales (2017), Bertrand et al. (2018)). In the context of lobbying, this literature focuses on 

characterizing the effects of hiring particular types of lobbyists (Blanes i Vidal et al. (2012), Bertrand et al. 

(2014)) and on measuring gains to the lobbying corporations (Yu and Yu (2011), Borisov et al. (2015), 

Kang (2015)). Adding to these studies, my paper is the first to show that lobbying generates externalities, 

i.e. it negatively affects non-lobbying competitor companies that face frictions preventing them from 

lobbying. The externalities are pervasive across industries and type of regulation. 

Second, my results contribute to the public policy debate on regulating corporate political influence. 

I show that there are two economic frictions that hinder lobbying and sustain the negative externalities. The 

first friction is that the voting power of the non-lobbying companies is insufficient to reward the politician 

for making changes to legislation. The second friction is that the political interests of lobbying trade 

associations are biased towards the interest of individually-lobbying companies. These two frictions 

represent potential areas that can be targeted by policies designed to decrease the negative effects of 

lobbying. 

Third, my results address the question why observed lobbying expenses are low, and contribute to 

the debate on why “there is so little money in politics” (Ansolabehere et al. (2003), Bertrand et al. (2018)). 

The frictions restrict political access and grant the ability to lobby to a relatively small group of companies. 

As in a simple monopsonostic setting with only a few buyers, the resulting lobbying expenses are not 

competitive and low. 

The paper is organized as follows. Section 1.2 describes in detail the data, my measure of lobbying, 

and presents descriptive statistics on lobbying and congressional activity. Section 1.3 shows the empirical 

results on lobbying externalities, documents the heterogeneity in externalities based on the degree of 
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competition, industry, and type of regulation, and presents the robustness tests. Section 1.4 provides the 

evidence on the frictions hindering lobbying. Section 1.5 concludes. 

1.2 Data and empirical approach 

1.2.1 Data and sample 

To measure the externalities from lobbying I need to observe (1) companies and trade association lobbying 

on regulation and their lobbying expenses, (2) bill characteristics, and (3) competitor companies. I assemble 

these data in several steps. First, I obtain names of the lobbying organizations, including companies and 

other interest groups, and the lists of bills they lobby on. This information is publicly available since 

lobbying activity is reported on a quarterly basis with the Senate’s Office of Public Records (SOPR) under 

the Lobbying Disclosure Act of 1995. For each organization, I first scrape a set of links to SOPR quarterly 

reports from the website of a non-profit political watchdog – the Center for Responsive Politics (CRP). 

Then, I use those links to gather the information for the sample years 2008-2016.6 To extend the panel, I 

scrape annual data from the CRP website available back to 1999.7 The resulting dataset contains the names 

of lobbying organizations, their expenses and all the bills they lobbied on over the years 1999-2016 (106th 

- 114th Congresses). 

Both the lobbying reports and the CRP website provide names of the lobbying organizations, but do 

not distinguish their type. I identify which names belong to publicly listed companies by fuzzy-matching 

them with the firm names in the Center for Research in Security Prices (CRSP) database. Appendix 1.B 

provides the details. The final sample contains 1,312 publicly listed companies lobbying on 18,564 bills, 

789 of which were signed into law. 

Second, I obtain information on the bills targeted by lobbying, by mapping each bill into the Library 

of Congress (LOC). I gather the data on the roll call voting, and the bill texts. To identify the lawmakers 

who can affect a given bill, I gather the names of bill sponsors or co-sponsors, who introduce and support 

                                                        
6 The reports for earlier years come in low quality PDF files. 
7 The year 1998, which is also available, mostly omits the bills targeted by lobbying. I repeat my analysis using yearly 
data also for 2008-2016, and obtain similar results. 
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the bills, and lists of the committees, who can amend the bills. I also obtain names of the politicians assigned 

to the committees from the website of Professor Charles Stewart III.8 

Third, I determine the non-lobbying competitors to the lobbying companies. For each lobbying 

company at the start of each Congress, I focus on the competitors that do not lobby on any bill during the 

Congress and operate in the same industry as the lobbying company. I use the industry definition of Hoberg 

and Phillips (2010, 2016), which is based on pairwise similarity between companies’ product descriptions 

in the yearly 10-K reports.9  The advantage of using product similarity is that it identifies competing 

companies from different SIC codes, which can also be affected by lobbying. For example, lobbying by oil 

and gas producers in SIC 13 (Oil and Gas Extraction) can affect wind power generating companies in SIC 

49 (Electric, Gas and Sanitary Services). Also, the product similarity is time-varying and reflects changes 

in industry competition. For example, an investment in renewable energy infrastructure by an oil and gas 

company will be reflected in its 10-K report, and in the product similarity. In the sample, there are 7,187 

non-lobbying competitors.10  

Finally, I hand-collect historical membership in the 30 top trade associations over my sample period. 

Those associations account for a meaningful part of all the trade associations’ lobbying. Their combined 

lobbying expenses exceed 30% of lobbying expenses made by all the associations; and the expenses of the 

next largest association account for less than 0.1%. Typically trade associations disclose their current 

membership lists on their websites, but they do not provide information on their historical membership. I 

retrieve older versions of their websites available on the Digital Internet Archive: Wayback Machine 

website.11  

1.2.2 Measuring lobbying 

My measure of lobbying reflects the aggregate lobbying pressure on the bill. I construct this measure in 

                                                        
8 The website URL is http://web.mit.edu/17.251/www/data_page.html 
9 The measure of product similarity between companies is downloaded from the website of Gerard Hoberg and Gordon 
Phillips. The website URL is http://hobergphillips.usc.edu/ 
10 If a given company is a competitor to multiple lobbying companies on the bill, I keep the observation with the 
highest product similarity. 
11 The website URL is https://archive.org/web/  
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two steps. First, I compute how much a given company spends on lobbying a bill. Second, I aggregate the 

expenses across all the companies. 

To compute how much a company " spends on lobbying a bill #, I first use the information from the 

SOPR quarterly lobbying reports for 2008-2016. When a company " in a calendar quarter $ hires lobbyists 

to target a set of bills %, the lobbyists’ firm files a quarterly report reflecting this information. For example, 

in the first quarter of 2016, General Electric Co. (GE) paid $50,000 to lobbyists of Signal Group 

(Dollar spending
&'(

) for lobbying on the Energy Policy Modernization Act and the North American Energy 

Security & Infrastructure Act (set %), or two bills ()(%)). This information is reflected in the Signal 

Group’s quarterly report for GE. I approximate the per-bill expenses of GE in the report by dividing the 

$50,000 by the number of bills, which is two in this case. Then, I compute how much GE spends lobbying 

on a particular bill by adding up all GE’s per-bills expenses from all the reports mentioning the Act (# ∈

%): 

Company expenses&- = ∑ ∑
Dollar spending

012|4∈5

6(7)012|4∈5

8
(9:

;
'9:                                      (1) 

where <  is the total number of the " ’s reports. For the years 1999-2007, I compute also Company 

expenses&- based on the CRP lobbying data, which is less granular.12 

To measure the aggregate lobbying pressure on a given bill, I add up the expenses by all the lobbying 

companies and take the natural logarithm of the sum: 

Lobbying
-
= log@1 + ∑ Company expenses&-C

&9: D                                  (2) 

1.2.3 Summary statistics 

Figure 1.1 presents a snapshot of my data across three dimensions: (1) aggregate lobbying expenses on a 

bill, (2) number of bills that were signed into law, and (3) lobbying participation. Figure A shows that per 

Congress companies typically spend $4.5m to lobby on a bill. The largest expenses are associated with 

                                                        
12 For these sample years, I observe the yearly lobbying expenses of a lobbying company and the number of bills it 
lobbies on. Based on this information, I approximate the GE’s per-bill expenses in a given year by dividing its yearly 
lobbying expenses by its yearly number of bills. Then, I aggregate the GE’s per-bill expenses over the two years of 
Congress.  
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111th-112th Congresses, that coincides with the passage of milestone regulation such as the Dodd-Frank 

Wall Street Reform and Consumer Protection Act, the American Recovery and the Reinvestment Act, and 

the Unemployment Compensation Extension Act. Figure B plots the number of bills passed in each 

Congress, and the average number of bills passed per Congress, which is 90. Congresses 109th-111th are the 

busiest with 117, 146 and 125 new laws respectively. 

Figures C and D show that lobbying expenses on a bill come from only 7% of companies potentially 

affected by the bill.13 The other 93% are the non-lobbying competitors that belong to the same industry with 

the lobbying company based on the product similarity of Hoberg and Phillips (2010, 2016). The non-

lobbying companies are also a large fraction by aggregate size – they constitute about 40-50% by market 

capitalization. 

Table 1.1 presents the data along each dimension in greater detail. Panel A summarizes lobbying 

activity. Per two years of Congress, a publicly listed company on average spends $4m on lobbying, which 

is about 0.15% of its revenues. The expenses are typically distributed over about 21 bills.14 Panel B shows 

that per-bill expenses are $0.20m, and the expenses on the new laws are slightly higher at $0.22m.15  

The scheme below demonstrates that 18,564 introduced bills result only in 789 new laws (4.25%). 

Only 12% of bills pass by roll call voting in the first chamber, 38% of those bills pass in the second chamber, 

and the majority of bills passed in both chambers are signed into law. Only 0.29% of bills fail by voting, 

and the rest expire with the end of Congress. Thus, the date of bill approval by roll call voting in the second 

chamber approximates well the date when the new law likely passes. 

 

                                                        
13 In total, lobbying companies account for about 20% of the CRSP-Compustat universe. 
14 In 89% of the cases companies lobby on two or more bills. 
15 The difference is statistically significant with E	 = 2.17. 
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Table 1.1, Panel B summarizes characteristics of the new laws. The new laws typically pass with a 

high percentage of votes in favor (YEAs) at 39.65% in the first chamber and 44.44% in the second chamber. 

Among those, 71% originate in the House of Representatives, and the remaining 29% originate in the 

Senate. The average number of bill sponsors and co-sponsors – politicians that introduce and promote the 

bill – is 21, and a typical bill is lengthy with 21,850 words. The average new law passes in 6.56 months 

and is amended 23 times. The average bill typically attracts 16 lobbying companies, and 4% bills are 

crowded attracting over a hundred lobbying companies. There are typically about 321 non-lobbying 

competitors per bill, or 21 competitors per one lobbying company. 

Table 1.1, Panel C compares characteristics of lobbying companies with the characteristics of their 

competitors. Consistent with Hill et al. (2013) and Borisov et al. (2015), the lobbying companies on average 

have more employees, they have larger market capitalization, lower book-to-market ratio, they are more 

profitable and cash rich, more leveraged, and they spend less on research and development (R&D). 

1.2.4 Empirical approach 

To measure the externalities from lobbying to the non-lobbying competitor companies, I rely on the 

estimates from the stock market. Following the literature that evaluates the effects of government policies 

(Bittlingmayer and Hazlett (2000), Veronesi and Zingales (2010)), I employ an event study approach. I 

measure the stock returns around the passage of bills, which are the dates of the roll call voting on the bills 

in the second chamber, as described in Section 1.2.3. Assuming a weak-form efficient financial market, the 

stock returns in narrow time intervals around those dates should reflect the expectations of investors about 

the gains or losses to companies from the new laws. I estimate the following regression: 

CAR&H- = I&H + JLobbying
-
+ γ′K- + L&H-                                                (3) 

where CAR&H-  is the cumulative abnormal stock return to a non-lobbying company "  in a Congress E 

around passage of a bill #. Abnormal returns are computed relative to the market model based on the CRSP 

value-weighted market index, and are cumulated over a [−10, 10] day window.16 Lobbying
-
 is the natural 

                                                        
16 The results are similar when using alternative definitions of returns. 
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logarithm of the combined lobbying expenses on the bill made by all publicly listed companies (equation 

(2)). x- are a set of control variables measured on the bill level, and ε&H- is the error term. 

The rich structure of my data generates a lot of variation. Most companies in a given Congress lobby 

on multiple bills and their non-lobbying competitors are affected by multiple bills. Thus, for a given non-

lobbying company the returns vary within a Congress across bills. I exploit this variation by including non-

lobbying company × Congress fixed effects (I&H ), which absorb factors associated with a given non-

lobbying company at a given point in time that could affect both lobbying and stock returns. Also, by 

tracking the pairs of lobbying and non-lobbying companies on each bill, I include lobbying company × 

Congress fixed effects. 

1.3 Lobbying externalities 

1.3.1 Baseline estimates 

Table 1.2 presents the estimates of the equation (3) for bills that pass in Congress and became new laws. 

Panel A reports the regression estimates of the cumulative abnormal return (CAR) to the non-lobbying 

competitor companies on the bill-level measure of lobbying (equation (3)). Specification (1) without any 

controls or fixed effects yields negative coefficient on Lobbying equal to −0.216 (E	 =  −8.71). 17  In 

economic terms, an increase in Lobbying by one standard deviation implies that an average non-lobbying 

competitor company loses 0.23% in stock returns over [−10, 10] day window: −0.23% = −0.216	× 1.07 × 

100%, where 1.07 is one standard deviation of Lobbying. 

Specification (2) includes a set of company characteristics and bill characteristics as control 

variables. The company characteristics are from Hill et al. (2013) and Borisov et al. (2015): log(Market 

capitalization), Book-to-market, Profitability, Cash/Total assets, Leverage, and R&D/Total sales. The bill 

characteristics are Bill length measured with a natural logarithm of a number of words in the bill text, and 

Crowded bill measured with an indicator variable equal to one if the bill attracts over a hundred lobbying 

companies, and zero otherwise. In addition, it includes runup in abnormal stock returns over [−50, −11] 

                                                        
17 t-statistics are clustered on the non-lobbying company level. 
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days, and industry × Congress fixed effects, which absorb all the time-varying industry characteristics 

potentially affecting both lobbying and returns.18 The estimated coefficient on Lobbying is similar in 

magnitude to the specification (1). 

Specification (3) includes lobbying company × Congress fixed effects, which account for all the 

time-varying characteristics of the lobbying companies. Specification (4) replaces all the non-lobbying 

company characteristics with non-lobbying company × Congress fixed effects, which absorb all the time-

varying characteristics of the non-lobbying companies. The coefficient estimates on Lobbying are again 

similar to the previous estimates. Based on the baseline specification (4), when Lobbying increases by one 

standard deviation, which is about $2m, the average non-lobbying competitor company loses 0.21% in 

stock returns, or $3.12m in market value.19 Given that typically there are 321 non-lobbying competitors per 

bill, their total loss is about $1bn. 

To show that my empirical strategy produces results consistent with the literature, I repeat the 

estimates for companies that lobby on the bills. The results are presented in the Panel B, specification (1). 

The coefficient on Lobbying is positive and equals 0.265 (E	 = 2.17). In economic terms, an increase in 

Lobbying by one standard deviation implies that the average lobbying company gains 0.28% in stock 

returns over the [−10, 10] day window around the dates of passage of bills. Based on this estimate, the 

average lobbying company gains $54.18m in value, and in aggregate the gain per one new law is $0.9bn.20 

The Net Present Value from lobbying for a given company is about 1,100%, which is similar to the estimate 

implied from Borisov et al. (2015).21 

Specification (2) shows that Lobbying also associates with a higher probability of passage of bills, 

                                                        
18 I use the fixed 50 industries of Hoberg and Phillips (2010, 2016), and the results are similar for other definitions of 
industry such as Fama-French 10, 12, 48, and SIC-3 digit industry codes. 
19 $3.12m = 0.193 × 1.07 × $1,512m, where 1.07 is a standard deviation of Lobbying and $1,512m is the average 
market capitalization of the non-lobbying company. 
20 $54.18m = 0.265 × 1.07 × $19, 107m, where $19,107m is the average market capitalization of the lobbying 
company. $0.9bn = 54.18 × 16/1,000, where 16 are the average number of companies lobbying on the bill. 
21 Given that the return company lobbies on 21 bills per Congress, and that 4.25% of all the bills pass, there is 0.88 
chance that one bill that a company lobbies on passes. Thus, the NPV = ($54.18 × 0.88 − $3.97)/$3.97 × 100% = 
1,100%, where $3.97 are the company’s total lobbying expenses per Congress. 
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which is consistent with Kang (2015). Additionally, specification (3) shows that total lobbying expenses 

made by lobbying companies in a given calendar quarter associate with higher probability of bill 

amendment in the subsequent quarter, which suggests that companies may have an impact on the bill 

content. 

Overall, my findings are consistent with the argument that lobbying generates externalities affecting 

the non-lobbying companies. There could also be a redistribution of value from the non-lobbying 

companies to the lobbying companies given a similar magnitude of the losses and the gains. The value 

losses also imply that the non-lobbying companies have little choice of whether to lobby or not. For 

comparison, the last specification (4) in Panel B presents the estimates for competitors to lobbying 

companies that choose to lobby only on other bills in Congress. Those companies are not affected by the 

legislation that they decide not lobby on. 

1.3.2 Size of the economic effects 

Because a passage of a bill may not be unexpected to the market, some of the effects might already be 

incorporated into the stock prices prior to its passage. This would lead to erroneously associating a large 

amount of lobbying with smaller stock return impact. I address this problem by focusing on bills that pass 

with a smaller margin of votes above the required majority, passage of which is less expected. 

Table 1.3 presents the results. Panel A repeats the baseline estimates for the subsample of laws that 

pass with some degree of voting disagreement. Specification (1) presents the estimate for the subsample of 

bills that pass with a margin of votes in the bottom 5% of the sample.22 The coefficient estimate is larger 

than the baseline estimate at −0.815 (E	 = −3.66). Specification (2) presents the estimate for the bills that 

pass with any opposition. The estimated coefficient is −0.776 (E	 = 11.18). Specifications (3) and (4) 

account for a possibility that larger companies might be less affected by the externalities and weight the 

observations by company size. The estimated coefficients are slightly smaller, but are similar in magnitude. 

                                                        
22 Not all the introduced bills are voted on, and those that are voted on likely pass. As a result, the percentage of votes 
above the required majority is left skewed, and the value of the fifth percentile corresponds to a 13.26% voting margin 
above the required majority. 
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Panel B uses the whole sample and weights the observations by the inverse of the margin of votes 

above the requited majority in the first chamber (specification (1)) as well as in the second chamber 

(specification (2)). The more conservative estimate in specification (2) yields the coefficient estimate of 

−0.548 (E	 = −10.21), and gives an upper bound for the losses to the non-lobbying companies per one 

legislation piece at $2.85bn, and a midrange of $1.9bn between this upper bound and the baseline estimate. 

The specifications (3) and (4) repeat the regressions for the lobbying companies. The estimated coefficients 

are again larger than the baseline at 0.300 (E	 = 2.19), and imply a $1.2bn gain to lobbying companies per 

one legislation piece. 

1.3.3 Heterogeneity in externalities 

The large number of non-lobbying competitor companies and bills allows me explore the heterogeneity in 

lobbying externalities. I show how the effects of lobbying on the non-lobbying companies vary across three 

dimensions: (1) by the degree of competition within an industry, (2) across industries, and (3) across types 

of regulation. 

First, the externalities vary depending the degree of competition. The typical regulation is rather 

general and may affect multiple companies in a similar way. Thus, the non-lobbying competitors that lose 

from the regulation should be different from the lobbying companies in a meaningful way. Within a given 

industry those competitors are likely to rely on a different production technology and, as a result, a different 

set of products. For example, lobbying by an oil producer is likely to be detrimental to a renewable energy 

company, but not another oil producer. 

To test whether this is the case, I sort the non-lobbying companies within each industry and Congress 

by their product similarity to the lobbying rivals. I use the continuous similarity scores of Hoberg and 

Phillips (2010, 2016) and perform sorting within their fixed 50 FIC industries and Congress.23 I form ten 

deciles, with the closest (furthest) competitors in the 10th (1st) decile, and then I regress the CARs on 

Lobbying within each decile. Figure 1.2 presents the estimated coefficients net of company × Congress 

                                                        
23 I obtain similar results using other definitions of industry. 
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fixed effects and runup in abnormal stock returns, and 10% confidence intervals. Indeed, the negative 

effects are concentrated on companies between the 3rd and the 8th deciles. The closest competitors do not 

lose – the laws affect them in a similar way with the lobbying companies, and they free ride. In terms of 

the above example, lobbying by an oil producer likely benefits other oil producers. The companies with the 

very least similar products are not affected. Even taking into account this variation in the effects, a major 

fraction of the competitors within a given industry lose in value when bills influenced by lobbying pass. 

Second, I show that the externalities vary across industries. Figure 1.3 plots the estimated coefficients 

Lobbying, and 10% confidence intervals in wide industry groups for companies in the 3rd to 8th deciles by 

product similarity. Figure A shows that the effects of lobbying are the largest in Consumer Goods, 

Manufacturing, and Energy. Figure B scales the coefficients by the aggregate market value of the non-

lobbying companies in the industry. When the coefficients are scaled by the market value, Energy, 

Healthcare and Finance appear to be affected the most. Industries where the non-lobbying companies gain 

are Retail and Telecom; however, once scaled by value, the effects are not large. 

Third, I uncover heterogeneity in the externalities by type of regulation. To identify which economic 

aspects bills regulate, I analyze their texts. I use Latent Dirichlet Allocation (LDA), which finds clusters of 

documents containing sets of words that appear together most frequently (Blei et al. (2003), Müller and 

Guido (2016)). I apply the LDA method to all bills introduced in Congress, and sort bills into ten distinctive 

categories. Then, I regress CARs on Lobbying in each category. Table 1.4 shows that the externalities are 

pervasive across most categories of bills but the one related to education and schooling. The largest groups 

of bills on which the non-lobbying companies lose in value are related to natural resources, stakeholder 

protection, and to credit and financing. 

Overall, the effects of lobbying on the non-lobbying companies are mostly negative and pervasive 

across the type of regulation and across industries. Within a given industry the negative effects are 

concentrated on the non-lobbying competitors with different set of products from the lobbying companies. 

1.3.4 Robustness 

My results are consistent with lobbying imposing negative externalities on the non-lobbying companies, 
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and my fixed effect strategy absorbs a large number of factors that could potentially confound the estimates. 

I perform additional set of tests to rule out two alternative explanations. First, to ensure that my results are 

not a product of measurement error, I vary definitions of lobbying, returns and industry when estimating 

the baseline equation (3). Table 1.5 presents the estimated coefficient on Lobbying from the regression of 

CARs to non-lobbying companies on Lobbying. The regressions include the same set of controls and fixed 

effects as in the Table 1.2, Panel A, specification (4). 

Panel A employs the alternative measures of lobbying: the aggregate lobbying expenses made by all 

the publicly listed companies on the bill divided by their combined revenues (Expenses total/Revenues), 

and by their combined market capitalization (Expenses total/Market cap.), ten deciles of the aggregate 

lobbying expenses made by all the publicly listed companies on the bill (Expenses total, 10 deciles), and 

the natural logarithm of one plus lobbying expenses made by a publicly listed company on the bill 

(Company lobbying). Panel B considers two alternative definitions of returns. It uses the returns computed 

net of the market index (Market-adjusted), and relative to the Fama-French three factor model (FF 3 factor 

model). All the alternative measures lead to similar inference: non-lobbying companies lose in value when 

the regulation influenced by lobbying passes in Congress. 

Panel C shows that my results also hold using traditional definitions of industries. It uses the set of 

the non-lobbying competitors that belong to the same Fama-French 12 industry (FF-12 industry) as the 

lobbying rival, and to the same Fama-French 49 industry (FF-49 industry). In both cases the coefficient 

estimate on Lobbying is negative and similar to the baseline. Panel D verifies that my definition of industry 

based on the product similarity of Hoberg and Phillips (2010, 2016) captures well the set of non-lobbying 

competitors affected by the bill. If this is the case, then the companies outside those industries should not 

be affected by lobbying. To confirm this, I perform a placebo test on the non-lobbying companies that do 

not belong to the same industry with companies lobbying on the bill. On each bill, I randomly select 100 

and 300 such companies and estimate the baseline equation (3). In both cases the coefficient on Lobbying 

is not statistically significant. In addition, Panel E verifies that my results are not specific to either of the 

two sources of lobbying data − SOPR quarterly reports or CRP annual data. 
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Second, I rule out the alternative explanation that lobbying does not generate negative externalities, 

but merely serves as a protection against restrictive regulation. It could be that by lobbying companies can 

obtain an exemption from the regulation, and companies without lobbying access cannot do so. Thus, I 

could still observe losses to the non-lobbying companies, even if they are not imposed by lobbying. To rule 

this out, I develop a test around Barack Obama’s executive order of January 21, 2009, which imposes a 

restriction on the “revolving door” lobbying: former politicians cannot work as lobbyists (and vice versa) 

for two consecutive years since leaving (before joining) office.24 The intuition behind this test is that if 

lobbying generates externalities, then restricting lobbying should reduce them. Operationally, I employ a 

difference-in-differences-in-differences framework and compare the effects of lobbying after versus before 

the introduction of the executive order on companies having a high fraction of former staffers among their 

lobbyists over the previous Congress (top third of the distribution) with the effects on the other companies. 

Similarly, I compare the effects on their competitors to measure the differential effect of the executive order 

on the lobbying externalities. 

To make sure that the effect of the lobbying restriction is not driven by company characteristics, I 

first compare lobbying companies in two groups across the observable dimensions. Table 1.6, Panel A 

shows that they are similar by size, book-to-market, leverage and profitability, but exhibit some differences 

in cash relative to the size of their assets, in and R&D expenses. I account for these differences using the 

nearest neighbor matching, and Panel B shows that the differences disappear for the matched groups. Panel 

C shows that the non-lobbying competitors are ex-ante not different across the two groups. 

Table 1.7 presents the regression estimates. For this set of tests, I focus on the data for the 109th-113th 

Congresses, which includes two Congresses around the executive order. Also, I use the lobbying expenses 

of individual lobbying companies on bills (Company lobbying), to distinguish the lobbying pressure from 

companies extensively relying on the revolving door lobbyists. Using this measure allows me to saturate 

                                                        
24 The “revolving door” lobbying targeted by this reform is meaningful for both companies and lobbyists and also 
widespread. In the yearly data I obtained from the CRP, about 82% of companies have former staffers among their 
lobbyists. For lobbyists themselves the connections that they make during the service in Congress represent substantial 
source of revenues (Blanes i Vidal et al. (2012)). 
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the regressions with both company × Congress and bill fixed effects, which absorb potentially omitted 

time-varying company characteristics as well as bill characteristics that could drive the results. 

Specifications (1) and (2) show that after the restriction, lobbying companies that extensively rely on the 

revolving door lobbyists (RV) gain from lobbying less. Specifications (3) show that, at the same time, the 

externalities from lobbying decrease. These findings further suggest that the non-lobbying companies are 

negatively affected by the regulation due to lobbying. 

1.4 Lobbying frictions 

Section 1.3 shows that lobbying generates sizable economic externalities. Given that the affected 

companies do not lobby to eliminate those externalities, they may be affected by frictions preventing them 

from lobbying. I propose two such frictions. The first friction is that the companies do not mobilize 

sufficient voting power and thus their lobbying is ineffective ex-ante. The second friction is that a 

coordination problem prevents those companies from effectively combining their voting power in trade 

associations. The reason is that the associations are captured by individually-lobbying companies. This 

section describes each friction in detail and provides empirical evidence. 

1.4.1 Friction #1: Importance of votes 

Voting power is important because by altering the regulation in favor of a given company, a politician can 

gain electoral support from its employees. There are at least two channels how the politicians can gain the 

votes. First, the workers are likely to vote for politicians favoring their place of employment. Second, the 

U.S. companies can have a considerable impact on the political participation of their employees. They 

extensively utilize their right to educate their workers on political matters via “captive” workplace 

meetings, and use help of the non-profit organizations, which aim at facilitating communication of political 

views between employers and employees (Hertel-Fernandez (2016)). One such organization, Business-

Industry Political Action Committee (BIPAC) reports on its website “In Election 2002, more than half the 

Fortune 50 used BIPAC tools to educate employees about pro-business candidates and to get them to the 
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polls.” 25  After 2010 Supreme Court’s decision Citizens United v. Federal Election Commission, the 

companies are able to directly communicate the names of the preferred candidates. Hertel-Fernandez (2016) 

provides survey evidence where the employees admit such communication. These channels are especially 

powerful for politically active companies, since their employees are more active voters (Babenko et al. 

(2018)). In addition, voting power is important in the context of lobbying because the politicians do not 

necessary receive monetary contributions from the lobbying companies. Instead, the companies pay to hire 

lobbyists, who supply politicians with information.26 

To show that voting power is a likely friction hindering lobbying, I perform three tests. In the first 

test, I show that the non-lobbying companies with little voting power relative to the lobbying companies 

are more affected by the externalities. I calculate the difference between the number of employees of each 

lobbying company and its non-lobbying competitors located in the same state. The difference is denoted as 

∆ employees. Within each state and a Congress, I sort non-lobbying companies by ∆ employees into four 

quartiles. Using observations in each quartile, I estimate the equation (3), regressing CARs on Lobbying. 

The regressions include the same set of controls and fixed effects as in the Table 1.2, Panel A, specification 

(4). 

Table 1.8.A presents the results. The negative lobbying externalities to the non-lobbying competitors 

increase monotonically with ∆ employees. In the bottom quartile and in Q2, the coefficient on Lobbying is 

statistically not different from zero. It is negative and increases in magnitude in Q3 and in the top quartile, 

where it is statistically significant. This suggests that the lobbying externalities increase when the non-

lobbying companies have less voting power relative lobbying companies. 

In two subsequent tests, I focus on cases when the companies’ voting power is likely to matter more: 

                                                        
25 Source: www.bipac.org, the website version of December 16, 2004, accessed via web.archive.org.  
26 In comparison, the ways of political influence based on monetary donations are Political Campaign Contributions 
(PACs), Super PACs, or politically oriented charitable contributions. The lobbying expenses are much larger than 
these other ways of political influence. Aggregate lobbying spendings per Congress are 17 times larger than PACs 
and over six times larger than super PACs. The estimates are based on data from the Center for Responsible Politics 
(www.opensecrets.org). As estimated by Bertrand et al. (2018), lobbying expenses also exceed politically oriented 
charitable contributions by 2.5 times. 
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(1) battleground electoral areas, and (2) upcoming elections of bill sponsors and co-sponsors. These tests 

help me make sure that my results reflect companies’ voting power rather than some omitted factor 

correlated with the number of employees. 

In the first test I focus on battleground electoral areas. These are the congressional districts and states 

where a politician wins or loses the elections with a small margin of votes.27 To identify such areas, I obtain 

federal elections data for 1999-2016 from the U.S. Federal Election Commission. I match the elected 

senators with companies by geographical state, and elected members of House by state and congressional 

district. Each Congress the geographic boundaries of congressional districts change. To identify in which 

district a company is located I proceed as follows. I retrieve the ZIP code in the company’s address from 

Compustat, and use it to obtain its corresponding the latitude and longitude from the ZIP Code Tabulation 

Areas in the 2016 Census U.S. Gazetteer Files. I then use the latitude and longitude to find the congressional 

district in the U.S. Congressional Districts Shapefiles of Lewis et al. (2013).28  

In Table 1.8.B, specifications (1) and (2) use the subsamples of companies located in battleground 

electoral areas, where any politician won or lost by a 5% voting margin. Within each Congress and district 

or state, I split the data into two equal groups by the median of ∆ employees and estimate the baseline 

equation (3) using the observations in each group. When ∆ employees is high, the coefficient estimate on 

Lobbying is negative, large and statistically significant; when ∆ employees is low the coefficient becomes 

small and loses its statistical significance. Specifications (3) and (4) present a similar pattern for companies 

located in all other districts or states but the battleground ones. The effects of lobbying when ∆ employees 

is much larger in the battleground districts, which suggests that the non-lobbying companies lacking voting 

power are affected by lobbying more precisely in cases when the voting power is more important. 

In the second test, I focus on the cases when the sponsors of bills seek re-election. A bill sponsor is 

                                                        
27 Members of the House of Representatives are elected on the congressional district level, and each Congress all the 
435 members of the House are re-election. Senators are elected on a state level, and each Congress and 33 of all the 
100 Senators are re-elected.  
28  The files districts106.shp-districts114.shp and the code example “mapping congress in R”. Retrieved from 
http://cdmaps.polisci.ucla.edu on June 24, 2018. 
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a politician, a senator or a member of the House, who introduces the bill based on her expertise and demand 

for a given type of regulation (Schiller (1995)). A politician seeking re-election can rely on the voting 

power of the companies by sponsoring the bills profitable for them; and thus voting power makes lobbying 

more effective.29  

In Table 1.8.C, specifications (1) and (2) use the subsamples of companies located in districts or 

states where bill sponsors or co-sponsors seek re-election. For members of the House the electoral area is 

the congressional district, and for senators it is the entire state. There are 56 bills and 471 observations for 

the non-lobbying companies fitting these criteria. I perform the same analysis as in the case of the 

battleground electoral area. Given that the number of observations is small, I use Congress fixed effects 

instead of the company × Congress fixed effects to preserve statistical power. Consistent with the previous 

results, the lobbying externalities are negative where the voting power of non-lobbying companies is 

smaller relative to the lobbying companies, and the effects are stronger in sponsors’ electoral areas than in 

other districts and states. 

The results presented in this section provide evidence supporting the first friction hindering lobbying. 

Within electoral areas, politicians tend to disregard companies with relatively little voting power, which 

makes lobbying of those companies ex-ante ineffective and deprives them of lobbying access. 

1.4.2 Friction #2: Ineffective trade associations 

Even though companies with insufficient voting power cannot lobby individually, they could lobby 

together. My results suggest that their combined voting power could suffice. Table 1.9 shows that the 

combined number of employees of the non-lobbying companies typically outweigh the number of 

employees of their lobbying rival within states, congressional districts, battleground areas, and per bill. 

However, when trying to organize, those companies likely face a moral hazard problem, i.e. each company 

has an incentive not to join collective lobbying effort and to free-ride. To avoid the coordination failure, 

                                                        
29 In the next version of the paper I will also look at the members of the committees that amend the bills. The data on 
the committee members come from the website of Charles Stewart III at 
http://web.mit.edu/17.251/www/data_page.html. 
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they could organize in a trade association, which lobbies on behalf of all its members. 

While the association can coordinate lobbying effort, the case examples of Wilson (1995) 

demonstrate that setting up and operating the association can be costly. It is often delegated to large and 

resource-rich companies, which have high bargaining power within the associations. Those companies 

often have individual lobbying access and can choose when to lobby via the association or individually. 

There are two likely scenarios. First, when the legislation affects all the members in a similar way, they are 

more likely to lobby via the association (Bombardini and Trebbi (2012)). If they do lobby individually, the 

other members could free-ride. Second, when the legislation affects those companies differently, they are 

more likely to pursue their own interests and lobby individually. In addition, they could use their bargaining 

power to gain support of the association, which would deprive other members of protection from negative 

lobbying externalities. 

I document this mechanism on a novel hand-collected dataset on the membership of the top 30 

lobbying trade associations, which account for over 30% of the lobbying expenses made by all the 

associations over 1999-2016.30 The associations list their current members on their websites, but not their 

past members. The historical membership data are available on the older versions of their websites, which 

I retrieve from the Internet Archive: Wayback Machine.31 In my data, the associations on average include 

64 publicly listed companies per Congress, 42% of which typically lobby on at least one bill. 

The individually-lobbying companies can use their bargaining power within the associations in two 

ways. They can force the associations to support their interests or force them not to lobby at all. To convey 

this, I find all the associations that lobby on a given bill, or do not lobby but belong to the same economic 

sectors as the companies lobbying on the bill. Then, for each non-lobbying company on the bill I find all 

such associations it belongs to, and I measure the presence of the individually-lobbying companies in those 

associations. I compute shares of the individually-lobbying members based on companies’ cash flow 

measured with EBITDA for the last fiscal year before the start of Congress (% Members lobbying, Cash 

                                                        
30 My dataset does not include the Chamber of Commerce that keeps it membership list confidential. 
31 The website https://archive.org/web/ 
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flow) and based on their market capitalization at the start of Congress (% Members lobbying, Market cap.). 

In the tests I focus on the subsample of companies with known association membership, and I split 

the sample by the median value of each of the two variables reflecting presence of the lobbying companies. 

Table 1.10, Panel A repeats the baseline regressions of CARs on Lobbing using observations in each 

quantile. Specifications (1) and (2) present the estimates for the split by the median of % Members lobbying, 

Cash flow, which typically is 19.7%. Specifications (3) and (4) present the estimates for the split by the 

median of % Members lobbying, Market cap., which typically is similar at 19.6%. When the share of 

individually-lobbying companies in the associations is high, the coefficient estimates on Lobbying are 

negative and statistically significant. On the contrary, when their share is low, the coefficient estimates are 

positive. 

Panel B repeats the regressions, replacing Lobbing with Trade associations’ lobbying measured with 

the natural logarithm of the combined lobbying expenses on the bill made by all the trade associations. I 

identify trade associations in the lobbying data based on the CRP industry definition and by machine-

searching the names of the lobbying organizations on the Web. The results show that when the share of the 

individually-lobbying companies in the association is high, the association’s lobbying does not affect 

members without individual lobbying access. The estimates coefficient on Trade associations’ lobbying is 

negative and not statistically significant. However, when the share is low, the association’s lobbying 

benefits those companies. Taken together, the results in both panels are consistent with the above argument 

that lobbying companies capture the associations, which sustains the lobbying externalities. 

1.5 Conclusion 

I study the effect of lobbying on companies that do not lobby. I show that lobbying generates negative 

externalities. When a new piece of regulation influenced by lobbying is approved by the second chamber 

of Congress, the non-lobbying companies suffer a loss in their market value, and the combined effect on 

the average bill is about −$1.9Bn. This result is based on a comprehensive sample combining the corporate 

lobbying activity and congressional activity on lobbied legislation over 1999-2016. It is pervasive across 

industries and sample years and robust to controlling for the measurement errors coming with different 
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definitions of lobbying and industry. The results highlight broader effects of lobbying, which go beyond 

the benefits accruing to the lobbying companies. 

Given that the non-lobbying companies are negatively affected, it is perplexing why they do not 

lobby. I propose two explanations. First, they do not represent sufficient voting power, i.e. they do not 

mobilize enough votes to support politicians in the elections, which makes their lobbying ineffective ex-

ante. Second, the non-lobbying companies share their membership in trade associations with individually-

lobbying companies, which in turn force the trade associations to support their interests. Documenting these 

constrains has valuable policy implications. It highlights the areas that can be targeted by policies aiming 

at eliminating the lobbying externalities.  
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Tables 

Table 1.1: Descriptive statistics 
The table presents descriptive statistics. The data on lobbying activity are from the Senate’s Office of 
Public Records (SOPR) and the Center for Responsible politics (CRP). The data on bill characteristics are 
from the Library of Congress (LOC). The sample period covers 1999-2016 years or 106th-114th 
Congresses. The data on company financial characteristics and number of employees are from CRSP-
Compustat, taken at the start of each Congress. Panel A summarizes lobbying activity of publicly listed 
companies. One observation on Company-Congress level corresponds to one lobbying company in a 
Congress; on Company-bill level it corresponds to one lobbying company on one bill in a Congress; and 
on New law level it corresponds to one new law, which is a bill that passed in Congress. Panel B 
summarizes characteristics of the new laws, and one observation corresponds to one new law. Panel C 
compares characteristics of lobbying companies with characteristics of their non-lobbying competitor 
companies, and one observation corresponds to one company in a given Congress. Non-lobbying 
companies do not lobby during the Congress and operate in the same industry with lobbying companies 
based on the product similarity of Hoberg and Phillips (2010, 2016). E-statistics are clustered by company. 
The symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes 
all the variables. 

Panel A. Lobbying activity Mean St.dev. Min Median Max Obs 
Company-Congress level       
Lobbying per Congress, $m 3.97 8.59 0.00 0.93 58.76 4,207 
Lobbying per Congress/Rev., % 0.15 0.51 0.00 0.03 4.11 3,648 
Number of bills 20.07 28.70 1.00 8.00 153.00 4,207 
Company-bill level       
Company lobbying, $m 0.20 0.35 0.00 0.08 2.20 87,112 
Company lobbying on new law, $m 0.22 0.40 0.00 0.08 2.50 12,682 
New law level       
Expenses total, $m 4.52 9.40 0.00 0.65 53.92 789 
Lobbying 0.96 1.07 0.00 0.50 4.62 789 
Panel B. New laws characteristics Mean St.dev. Min Median Max Obs 
Voting margin 1st Chamber, % 39.65 15.63 0.12 49.28 50.00 583 
Voting margin 2nd Chamber, % 44.44 11.72 0.76 50.00 50.00 616 
House originated, % 71.23 45.30 0.00 100.00 100.00 789 
Number of co-sponsors 20.84 44.71 1.00 5.00 275.00 789 
Number of words, K 21.85 51.74 0.12 2.68 285.26 789 
Times to passage, months 6.56 6.15 0.03 4.93 22.67 789 
Number of amendments 22.82 54.50 0.00 2.00 273.00 789 
Crowded bill, % 3.68 18.83 0.00 0.00 100.00 789 
Number of lobbying companies 16 31 1 4 186 789 
Number of non-lobbying companies 321 456 2 109 1,964 789 

Panel C. Company characteristics 

Lobbying 
companies  

Non-lobbying 
companies (1)-(2) 

  
E-stat 

  Mean 
(1) Obs  

Mean 
(2) Obs 

Number of employees, K 34.39 3,019  3.89 20,788 30.49 16.21*** 
Market capitalization, $bn 19.11 3,053  1.51 21,201 17.6 16.63*** 
Book-to-market 0.62 2,661  0.75 19,275 -0.12 -7.36*** 
Gross profitability 0.26 2,661  0.23 19,281 0.03 3.36*** 
Cash, $bn 2.53 3,050  0.21 21,227 2.33 14.30*** 
Cash/Total assets 0.15 3,050  0.20 21,227 -0.06 -9.66*** 
Debt/Total assets 0.24 2,652  0.16 19,227 0.08 12.49*** 
R&D/sales 0.10 2,661   0.41 19,289 -0.32 -11.74*** 
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Table 1.2: Lobbying externalities around passage of regulation 
The table presents the regression estimates of cumulative abnormal returns (CARs) around bill approval, 
probability of bill approval, and probability of bill amendment on Lobbying. CARs are computed relative 
to the market model over [-10, 10] day window around the date of bill approval in the second Chamber of 
Congress. Lobbying is the natural logarithm of one plus the aggregate lobbying expenses made by all the 
publicly listed companies on the bill. Panel A presents the estimates of CARs to the non-lobbying (NLB) 
competitor companies on Lobbying, fixed effects and control variables. One observation corresponds to one 
company on one new law in a Congress. Panel B, specification (1) repeats the estimates for the lobbying 
(LB) companies. Specification (4) repeats the estimate for companies that lobbied only on other bills over 
the Congress. Specifications (2) and (3) use all the bills introduced in Congress. Specification (2) presents 
the estimates of an indicator variable for a bill approval on Lobbying, and one observation corresponds to 
one bill in a Congress. Specification (3) presents the estimates of an indicator variable for a bill amendment 
on Lobbying, q-1, and one observation corresponds to one bill in a calendar quarter. E-statistics clustered by 
company are in parentheses. The symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. 
Appendix 1.A describes all the variables. 

Panel A. Non-lobbying companies CAR[-10,10] CAR[-10,10] CAR[-10,10] CAR[-10,10] 
(1) (2) (3) (4) 

Lobbying -0.216*** -0.202*** -0.205*** -0.193*** 
  (-8.71) (-4.72) (-3.91) (-4.78) 
log(Market capitalization)  0.147*** 0.173***  

   (5.69) (6.55)  

Book-to-market  0.241** 0.252**  

   (2.35) (2.42)  

Profitability  0.640*** 0.439*  

   (2.80) (1.80)  

Cash/Total assets  0.360 0.125  

   (1.28) (0.41)  

Leverage  -0.643** -0.678**  

   (-2.07) (-2.15)  

R&D/Sales  -0.008 -0.008  

   (-1.10) (-1.07)  

Bill length  0.014 0.055** 0.024 
   (0.66) (2.14) (1.16) 
Crowded bill  0.185* 0.114 0.108 
   (1.85) (0.91) (1.14) 
Runup [-50;-11]  0.092*** 0.089*** 0.079*** 
   (31.54) (30.27) (26.10) 
Constant 0.214***    
  (3.14)    
      
Observations 223,900 201,667 201,550 220,806 
R2 0.00 0.03 0.06 0.13 
      
Industry × Cong. f.e.  Yes   
NLB company × Cong. f.e.  Yes  
LB company × Cong. f.e.    Yes 

Table 1.2 continues on the next page 
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Table 1.2 continues from the previous page 

Panel B. Lobbying companies, 
bill approval and amendment 

Lobbying 
companies 

CAR[-10,10] 

Bill  
approval 

Bill  
amendment 

Companies 
lobbying on 
other bills 

CAR[-10,10] 
(1) (2) (3) (4) 

Lobbying 0.265** 0.040***  0.004 
  (-2.17) (9.31)  (0.08) 
Lobbying, q-1   0.018**  
    (2.57)  
Bill length -0.043 0.008**  -0.055* 
  (-0.76) (3.14)  (-1.91) 
Crowded bill -0.763** 0.378***  0.028 
  (-2.58) (9.34)  (0.20) 
Runup [-50;-11] 0.066***   0.076*** 
  (5.13)   (14.07) 
      
Observations 9,677 18,608 17,205 74,289 
R2 0.27 0.04 0.79 0.12 
      
LB company × Cong. f.e. Yes   Yes 
Cong. f.e.  Yes   
Bill f.e.   Yes  
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Table 1.3: Economic effects 
The table presents the regression estimates of cumulative abnormal returns (CARs) around bill approval 
on Lobbying. The set of fixed effects and control variables is the same as in Table 1.2, Panel A, 
specification (4) for the non-lobbying (NLB) companies and Table 1.2, Panel B, specification (1) for the 
lobbying (LB) companies. One observation corresponds to one company on one new law in a Congress. 
Panel A shows the estimates on the subsamples of bills that passed with the margin of votes above the 
required majority in the bottom 5% of the sample distribution (specification (1)), and with any opposition 
(specification (2)). The specifications (3) and (4) repeat the estimates weighting the observations by 
company market capitalization at the start of Congress. Panel B applies weights inversely proportionate to 
the margin of votes above the required majority in the first chamber (specifications (1) and (3)), and in the 
second chamber (specifications (2) and (4)). E-statistics clustered by company are in parentheses. The 
symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes all 
the variables.  

Dependent variable: CAR Non-lobbying companies 
Panel A: disagreement in votes 

Equal weights, P = 1   P = Company size 
 (1) (2)   (3) (4) 
Lobbying -0.815*** -0.776***   -0.611*** -0.537*** 
  (-3.66) (-11.18)   (-3.06) (-8.44) 
Controls Yes Yes   Yes Yes 
            
Observations 14,051 105,230   14,040 105,188 
R2 0.27 0.18   0.28 0.18 
            
NLB company × Cong. f.e. Yes Yes   Yes Yes 
            

Panel B: vote weights Non-lobbying companies   Lobbying companies 
  

  
P = 1/margin 
1st chamber 

P = 1/margin 
2nd chamber   P = 1/margin 

1st chamber 
P = 1/margin 
2nd chamber 

  (1) (2)   (3) (4) 
Lobbying -0.681** -0.548**   0.333* 0.300** 
  (-1.99) (-10.21)   (1.73) (2.19) 
Controls Yes Yes   Yes Yes 
            
Observations 220,806 220,806   9,677 9,677 
R2 0.46 0.24   0.49 0.35 
            
NLB company × Cong. f.e. Yes Yes       
LB company × Cong. f.e.       Yes Yes 
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Table 1.4: Lobbying externalities and type of regulation 
The table presents the regression estimates of cumulative abnormal returns (CARs) to the non-lobbying 
(NLB) companies around bill approval on Lobbying, using subsamples of bills belonging to a given type 
of regulation. One observation corresponds to one company on one new law in a Congress. Types of 
regulation are defined by clustering bill texts into distinctive categories using Latent Dirichlet Allocation 
(LDA), and then named based on the most frequent words in the clusters. The estimates are obtained 
controlling for company ×  Congress fixed effects and runup in abnormal stock returns. E -statistics 
clustered by company are in parentheses. The symbols ***,**,* denote statistical significance at 1%, 5% 
and 10% levels. Appendix 1.A describes all the variables. 

Dependent variable: CAR Natural  
resources 

Stakeholder 
protection Taxes & tariffs Credit & 

financing 
Lobbying -0.113** -0.523*** -0.156 -0.328*** 
 (-1.96) (-6.01) (-1.33) (-3.37) 
     
Observations 87,200 38,072 19,689 14,332 
R2 0.2 0.31 0.36 0.41 
     
NLB company × Cong. f.e. Yes Yes Yes Yes 
     

  Medicare Trade Education & 
schooling 

Employment & 
immigration 

Lobbying -0.250* -0.921*** 2.090***  -2.588*** 
 (-1.66) (-3.58) (9.17)  (-6.69) 
     

Observations 11,250 10,993 8,253 340 
R2 0.31 0.32 0.42 0.56 
     
NLB company × Cong. f.e. Yes Yes Yes Yes 
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Table 1.5: Robustness 
The table shows robustness tests for the estimates of cumulative abnormal returns (CARs) to the non-
lobbying (NLB) companies around bill approval on Lobbying. One observation corresponds to one company 
on one new law in a Congress. The set of fixed effects and control variables is the same as in Table 1.2, 
Panel A, specification (4). Panel A employs alternative measures of lobbying. Expenses total/Revenues is 
the aggregate lobbying expenses made by all the publicly listed companies on the bill divided by their 
combined revenues at the start of Congress. Expenses total/Market cap. is defined similarly with the 
combined market capitalization in the denominator. Expenses total, 10 deciles are ten deciles of the 
aggregate lobbying expenses made by all the publicly listed companies on the bill. Company lobbying is the 
natural logarithm of one plus lobbying expenses made by a publicly listed company on the bill. Panel B 
computes abnormal returns net of the return on market index - Market-adjusted, and relative to the Fama-
French three factor model - FF 3 factor model. Panel C considers non-lobbying competitor companies 
operating in the same Fama-French-12 industry with the lobbying companies − FF-12 industry, or in the 
same Fama-French-49 industry − FF-49 industry. Panel D focuses on companies that do not lobby during 
the Congress and do not belong to the same industry as the lobbying companies based on the Hoberg and 
Phillips (2010, 2016) similarity score. It randomly selects 100 (300) such companies per bill. Panel E first 
uses only the lobbying data from SORP quarterly reports, which restricts the sample to the 110th-114th 
Congresses. Then, it uses only CRP annual data for all the Congresses. E-statistics clustered by company 
are in parentheses. The symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. 
Appendix 1.A describes all the variables. 

Dependent variable: CAR   
Panel A. Lobbying measure Expenses total/Revenues Expenses total/Market cap. 
Lobbying -0.029*** -0.015***  

 (-7.13)  (-3.29) 
 Expenses total, 10 deciles Company lobbying 
Lobbying -0.105***	 -0.576*** 
 (-5.80) (-2.85) 
Panel B. Returns measure Market-adjusted FF 3 factor model 
Lobbying -0.064*	 -0.100**	
 (-1.81) (-2.42) 
Panel C. Industry definition FF-12 industry FF-49 industry 
Lobbying -0.167***	 -0.132***	
 (-3.73) (-2.62) 
Panel D. Placebo test, companies  100 companies per bill 300 companies per bill 
in unrelated industries -0.028  -0.077 
 (-0.24) (-1.35) 
Panel E. Lobbying data frequency SOPR quarterly reports CRP annual data 
Lobbying -0.363***	 -0.254***	
  (-7.33)  (-6.12) 
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Table 1.6: Company characteristics and “revolving door” lobbying 
The table compares characteristics of lobbying companies that have a percentage of “revolving door” 
lobbyists over the previous Congress in the top tercile of the distribution (High % revolvers) with 
characteristics of other lobbying companies (Low % revolvers); and it also compares the non-lobbying 
competitor companies across these two groups. One observation corresponds to one company in a 
Congress. Panel A presents the comparison for the lobbying companies, Panel B presents comparison for 
the matched lobbying companies based on the nearest neighbor matching. Panel C presents comparison 
for the non-lobbying companies. E -statistics clustered by company are in parentheses. The symbols 
***,**,* denote statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes all the 
variables. 

Panel A. Lobbying companies High % revolvers  Low % revolvers (1)-(2) E-stat 
Mean (1) Obs.  Mean (2) Obs. 

Market capitalization, $bn 19.26 341  24.41 605 -5.15 -1.58 
Book-to-market 0.48 303  0.48 534 0.00 0.16 
Profitability 0.28 303  0.27 534 0.00 0.13 
Cash/Total assets 0.19 339  0.14 604 0.06 3.72*** 
Debt/Total assets 0.21 303  0.22 532 -0.01 -0.72 
R&D/sales 0.09 303  0.05 534 0.04 2.29** 
Panel B. Lobbying companies, 
matched 

High % revolvers  Low % revolvers (1)-(2) E-stat 
Mean (1) Obs.  Mean (2) Obs. 

Market capitalization, $bn 16.89 303  17.02 303 -0.13 -0.04 
Book-to-market 0.48 303  0.49 303 -0.01 -0.39 
Profitability 0.28 303  0.29 303 -0.01 -0.50 
Cash/Total assets 0.19 303  0.18 303 0.01 0.77 
Debt/Total assets 0.21 303  0.22 303 -0.01 -0.37 
R&D/sales 0.11 303  0.08 303 0.04 1.18 

Panel C. Non-lobbying companies High % revolvers  Low % revolvers (1)-(2) E-stat 
Mean (1) Obs.  Mean (2) Obs. 

Market capitalization, $bn 1.04 455  1.15 1,680 -0.11 -0.91 
Book-to-market 0.57 387  0.58 1,531 -0.01 -0.43 
Profitability 0.33 388  0.35 1,531 -0.02 -1.16 
Cash/Total assets 0.19 455  0.19 1,681 0.00 -0.18 
Debt/Total assets 0.19 386  0.18 1,531 0.01 1.01 
R&D/sales 0.09 388  0.06 1,533 0.02 1.24 
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Table 1.7: Restriction on “revolving door” lobbying 
The table presents the regression estimates of cumulative abnormal returns (CARs) around bill approval 
on Company lobbying, before and after the Barack Obama’s 2009 executive order. The executive order 
restricts “revolving door” lobbying. One observation corresponds to one company on one new law in a 
Congress. RV denotes companies with percentage of “revolving door” lobbyists over the previous 
Congress in the top tercile of the distribution (High % revolvers), and their non-lobbying competitors. 
After is an indicator variable equal one for the 111th Congress and further. The regressions use the data for 
the 109th-113th Congresses. E-statistics clustered by company are in parentheses. The symbols ***,**,* 
denote statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes all the variables. 

Dependent variable: CAR Lobbying 
companies 

Lobbying 
companies 
matched 

Non-lobbying 
companies 

 (1) (2) (3) 
Company lobbying × RV × After -6.412** -6.437* 6.204** 
 (-2.29) (-1.83) (2.28) 
Company lobbying × After 0.647 1.055 -0.685 
 (0.32) (0.34) (-0.52) 
Company lobbying × RV 3.783 4.792 -3.775 
 (1.51) (1.54) (-1.54) 
Company lobbying -0.283 -0.967 -0.481 
 (-0.16) (-0.37) (-0.50) 
    
Observations 8,667 5,175 165,330 
R2 0.31 0.35 0.15 

    
LB company × Cong. f.e. Yes Yes  
NLB company × Cong. f.e.   Yes 
Bill f.e. Yes Yes Yes 
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Table 1.8: Lobbying externalities and importance of votes 
The table presents the regression estimates of cumulative abnormal returns (CARs) to the non-lobbying 
(NLB) companies around bill approval on Lobbying, on subsamples where companies’ voting power is 
more important or less important. One observation corresponds to one company on one new law in a 
Congress. The set of fixed effects and control variables is the same as in Table 1.2, Panel A, specification 
(4). ∆ employees is a difference between the number of employees of the lobbying company and of the 
non-lobbying company at the start of a given Congress. Panel A sorts the non-lobbying companies by ∆ 
employees within a given Congress and a state where both the non-lobbying and the lobbying companies 
are located. It presents the estimates on observations in each quartile (the Top, Q3, Q2 and the Bottom). 
Panel B presents the estimates for Battleground electoral areas, which are congressional districts (states) 
where a House member (senator) won/lost in general elections with 45-55% votes, and where both the 
non-lobbying and the lobbying companies are located. Non-battleground areas stand for all other districts 
(states). Panel B presents the estimates for Sponsor’s electoral areas, which are congressional districts 
(states) where a bill’s sponsor is a House member (senator) seeks re-election and where the companies are 
located. Not sponsor’s area stands for all other districts (states). Definition of congressional districts 
accounts for changes in districts’ geographic boundaries. E -statistics clustered by company are in 
parentheses. The symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. Appendix 
1.A describes all the variables. 

Dependent variable: CAR Top Q3 Q2 Bottom 
Panel A: ∆ employees (1) (2) (3) (4) 
Lobbying -0.972*** -0.644** 0.092 -0.055 
 (-3.86) (-2.07) (0.27) (-0.16) 
Controls Yes Yes Yes Yes 

     
Observations 5,510 4,952 4,689 4,477 
R2 0.25 0.28 0.31 0.29 
NLB company × Cong. f.e. Yes Yes Yes Yes 
F-test for difference in 
coefficients on Lobbying 

Top (1) = Bottom (4)  
3.67* 

Panel B: Elections 
Battleground electoral area  Non-battleground area 
High ∆ 

employees 
Low ∆ 

employees 
 High ∆ 

employees 
Low ∆ 

employees 
 (1) (2)  (3) (4) 
Lobbying -1.558*** -0.291  -0.542** 0.101 
 (-3.52) (-0.61)  (-2.07) (0.37) 
Controls Yes Yes  Yes Yes 

      
Observations 2,246 2,142  6,484 6,509 
R2 0.23 0.25  0.27 0.28 
NLB company × Cong. f.e. Yes Yes  Yes Yes 
F-test for difference in 
coefficients on Lobbying 

High ∆ employees (1) = (3)  
3.29* 

Table 1.8 continues on the next page 
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Table 1.8 continues from the previous page 

Panel C: Bill sponsor’s 
electorate 

Sponsor’s electoral areas   Not sponsor’s area 
High ∆ 

employees 
Low ∆ 

employees 
 High ∆ 

employees 
Low ∆ 

employees 

 (1) (2)  (3) (4) 
Lobbying -4.262** 0.867  -0.444* 0.152 
 (-1.98) -0.5  (-1.76) (0.69) 
Controls Yes Yes  Yes Yes 

      
Observations 235 236  7,492 7,439 
R2 0.22 0.13  0.03 0.03 
NLB company × Cong. f.e. Yes Yes  Yes Yes 

F-test for difference in 
coefficients on Lobbying 

High ∆ employees (1) = (3)  
3.40* 
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Table 1.9: Combined voting power of non-lobbying companies 
The table compares the combined number of employees of the non-lobbying companies with the number 
of employees of their lobbying competitor company (Employee ratio) within states, congressional districts, 
battleground electoral areas, and per bill. It tests Employee ratio = 1, and reports the averages and E-
statistics clustered by company. One observation in this table corresponds to one lobbying company 
located in the corresponding area (specifications (1)-(3)), or lobbying on the bill (specification (4)). The 
symbols ***,**,* denote statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes all 
the variables. 

  State Congressional 
district 

Battleground 
electoral area On a bill 

  (1) (2) (3) (4) 
Employee ratio 9.626*** 3.368*** 1.790*** 6.425*** 
 (7.70) (4.99) (5.15) (7.35) 
     
Observations 1,434 803 253 784 
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Table 1.10: Lobbying externalities and membership in trade associations 
The estimates in this table are obtained on a sample of non-lobbying companies, which are members of 
the top 30 trade associations. It presents the regression estimates of cumulative abnormal returns (CARs) 
to the non-lobbying (NLB) companies around bill approval on Lobbying (Panel A) and on Trade 
associations’ lobbying (Panel B). One observation corresponds to one company on one new law in a 
Congress. The set of fixed effects and control variables is the same as in Table 1.2, Panel A, specification 
(4). In both panels specifications (1) and (2) show the estimates for the non-lobbying companies, which 
belong to trade associations with high (above median) and low (below median) share of member 
companies that lobby on the bill individually, based on companies’ cash flow measured with EBITDA for 
the last fiscal year before the start of Congress (% Members lobbying, Cash flow). Specifications (3) and 
(4) repeat the estimates using the shares based on the companies’ market capitalization (% Members 
lobbying, Market cap). E-statistics clustered by company are in parentheses. The symbols ***,**,* denote 
statistical significance at 1%, 5% and 10% levels. Appendix 1.A describes all the variables. 

Dependent variable: CAR           

Panel A: Effect of other 
members’ individual lobbying 

% Members lobbying, 
Cash flow 

 % Members lobbying, 
Market cap. 

High Low  High Low 
 (1) (2)  (3) (4) 
Lobbying -0.820*** 1.229***  -0.596** 0.945*** 
 (-3.17) (5.47)  (-2.13) (4.12) 
Controls Yes Yes  Yes Yes 
      
Observations 10,227 10,110  10,190 10,189 
R2 0.16 0.19  0.16 0.19 
NLB company	× Cong. f.e. Yes Yes  Yes Yes 
F-test for difference in 
coefficients on Lobbying 

(1) = (2) 
14.60*** 

 (3) = (4) 
14.60***  

Panel B: Effect of trade 
associations’ lobbying 

% Members lobbying, 
Cash flow 

 % Members lobbying, 
Market cap. 

High Low  High Low 
 (1) (2)  (3) (4) 
Trade associations’ lobbying -0.350 1.504***  -0.098 0.953*** 
 (-1.15) (4.62)  (-0.29) (3.03) 
Controls Yes Yes  Yes Yes 
      
Observations 10,227 10,110  10,190 10,189 
R2 0.16 0.19  0.16 0.19 
NLB company	× Cong. f.e. Yes Yes  Yes Yes 
F-test for difference in 
coefficients on Trade 
association’s lobbying 

(1) = (2) 
4.35** 

 
(3) = (4) 
14.50***   
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Figures 

  

  
Figure 1.1: Data summary 

Figure A presents aggregate lobbying expenses of companies on a bill, averaged within a Congress. It also 
shows the average across all the Congresses (Average). Figure B presents a number of bills passed in a 
Congress, and the average across all the Congresses. Figure C and Figure D present percentage of lobbying 
companies and non-lobbying companies on a bill, averaged within a Congress. Figure C computes 
percentages based on the combined number of companies, and Figure D computes percentages based on 
their combined market capitalization. Both figures also show the average percentages across all 
Congresses. Non-lobbying companies do not lobby during the Congress and operate in the same industry 
with lobbying companies based on the product similarity of Hoberg and Phillips (2010, 2016). 
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Figure 1.2: Lobbying externalities and product similarity 

The figure plots the estimated coefficients on Lobbying, from the regression of cumulative abnormal 
returns (CARs) to the non-lobbying companies around bill approval on Lobbying. Each bar is an estimated 
coefficient on observations in each decile of product similarity of Hoberg and Phillips (2010, 2016) with 
the lobbying companies, sorted within FIC-50 industries and Congresses. The most (least) similar 
companies are in the 10th (1st) decile. The error bars correspond to the 10% confidence intervals. The 
estimates are obtained controlling for company × Congress fixed effects and runup in abnormal stock 
returns. Non-lobbying companies do not lobby during the Congress and operate in the same industry with 
lobbying companies based on the product similarity. 
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Figure 1.3: Lobbying externalities across industries 
The figure plots the estimated coefficients on Lobbying, from the regression of cumulative abnormal 
returns (CARs) to the non-lobbying companies around bill approval on Lobbying. In Panel A plots each 
bar is an estimated coefficient on Lobbying using observations in a given industry. The estimates are 
obtained controlling for company × Congress fixed effects and runup in abnormal stock returns. The error 
bars correspond to the 10% confidence intervals. Panel B scales the coefficients by the aggregate market 
value of the non-lobbying companies in the industry subject to an average bill lobbied by companies from 
that industry. Non-lobbying companies do not lobby during the Congress and operate in the same industry 
with lobbying companies based on the product similarity of Hoberg and Phillips (2010, 2016).  
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Appendix 1.A Description of variables 

The table describes the variables used in the analysis. The data on lobbying activity are from Senate’s 
Office of Public Records (SOPR) and Center for Responsible politics (CRP). The data on bill 
characteristics are from Library of Congress (LOC). Sample period covers 1999-2016 years (106th-114th 
Congresses). The data on company financial characteristics and number of employees are from CRSP-
Compustat, taken at the start of each Congress. All the dollar values are expressed in millions of 2015 U.S. 
dollars. Non-lobbying competitor companies do not lobby during the Congress and operate in the same 
industry with the lobbying companies based on the product similarity of Hoberg and Phillips (2010, 2016). 
The measure of product similarity between companies is downloaded from the website of Gerard Hoberg 
and Gordon Phillips, URL 
http://hobergphillips.usc.edu/. 

Variable Description Source 
Lobbying characteristics   
Company expenses Lobbying expenses made by a publicly listed company on the 

bill. SORP, CRP 

Company lobbying Natural logarithm of one plus Company expenses. SORP, CRP 
Expenses total The aggregate lobbying expenses made by all the publicly 

listed companies on the bill. SORP, CRP 

Lobbying Natural logarithm of one plus Expenses total. SORP, CRP 
Lobbying, q-1 Lag of Lobbying computed over a calendar quarter. SORP, CRP 
Expenses total/Revenues Expenses total scaled by their combined revenues 

(Compustat item revt). 
SORP, CRP, 
Compustat 

Expenses total/Market 
capitalization Expenses total scaled by their combined market capitalization 

(CRSP-Compustat items rpcc_f × csho). 
SORP, CRP, CRSP, 

Compustat 

Expenses total, 10 deciles Ten deciles of Expenses total. SORP, CRP 
RV Indicator variable equal one if a number of “revolving door” 

lobbyists (former government officials) over the total number 
of lobbyists that a company hired in the previous Congress is 
in the top tercile of the distribution, and zero otherwise. 

CRP 

After Indicator variable equal one for the 111th Congress and the 
subsequent Congresses, and zero otherwise. SORP, CRP 

Trade associations’ 
lobbying 

The aggregate lobbying expenses made by all the trade 
associations on the bill over a Congress. SORP, CRP 

Bill characteristics   
Bill length Natural logarithm of a number of words in the bill text. LOC 
Crowded bill Indicator variable equal one if a hundred or more companies 

made above zero lobbying expenses on the bill. SORP, CRP 

Bill approval Indicator variable equal one if the bill passed by vote in both 
chambers (the Senate and the House of Representatives) and 
was signed by the President, and zero otherwise. 

LOC 

Bill amendment Indicator variable equal one if the bill was amended at least 
once in a given quarter, and zero otherwise. LOC 

The table continues on the next page 
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The table continues from the previous page 
Variable Description Source 
Returns   

CAR [−10, 10] 

Cumulative abnormal return around passage of a bill. 
Abnormal returns are computed relative to the market 
model (or market-adjusted, or computed relative to the 
Fama-French 3 factor model), and cumulated over the 21-
day event window. 

LOC, CRSP 

Runup [−50, −11] Abnormal returns cumulated over 40 days prior to the event 
window. LOC, CRSP 

Company characteristics   

Market capitalization Share price (rpcc_f) multiplied by the number of common 
shares outstanding (csho). CRSP, Compustat 

Book-to-market Book value of equity divided by market capitalization, 
computed following Fama and French (2001). CRSP, Compustat 

Profitability Gross profits, which are total revenues (revt) – cost of 
goods sold (cogs), scaled by lag of total book assets (at). Compustat 

Cash/Total assets Cash and short-term investments (che) scaled by total book 
assets (at). Compustat 

Leverage Total of long-term debt (dltt) and debt in current liabilities 
(dlc) scaled by total book assets (at). Compustat 

R&D/Sales Research and development expenses (xrd) scaled by total 
net sales (sale) if available, and zero otherwise. Compustat 

Number of employees Total number of people employed by the company and its 
subsidiaries (emp), expressed in thousands (K). Compustat 

∆ employees 
Difference between the number of employees (emp) of a 
lobbying company and its non-lobbying competitor 
company. 

Compustat 

Employee ratio 

Aggregate number of employees (emp) of non-lobbying 
companies within a state, or congressional district, or on a 
bill, divided by a number of employees of their lobbying 
competitor company located on in the same area, or 
lobbying on the bill. 

Compustat 
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Appendix 1.B Matching lobbying data with CRSP 

To identify which names of the lobbying organizations in the Senate’s Office of Public Records (SOPR) 

and the Center for Responsive Politics (CRP) belong to publicly listed companies, I match them with the 

full universe of names of the publicly listed companies in the Center for Research in Security Prices 

(CRSP)-Compustat universe. From the CRP-Compustat I use the full list of names associated with a given 

permanent company identifier (PERMCO) at any point in time. This helps me to identify all the names 

associated with a given company in the lobbying data. For some companies the CRP omits the information 

on lobbied bills, and as a result, those companies are not in my final sample. Also, I use the full list of 

names in SOPR and CRP, including the names of the organizations lobbying on bill that did not pass, or 

ones with missing bill information in the CRP early sample years. This helps to decrease a possibility of a 

type II error of falsely classifying lobbying firms as non-lobbying.  

I perform matching in three stages. First, I clear both SOPR and CRP and CRSP names from entity 

indicators such as “Inc.”, “Corp.” or “L.L.C”. Second, I find all the exact matches. Third, I perform fuzzy-

match on the remaining manes using the standard SAS GOMPGED function. The function computes 

generalized edit distance between two names, approximating the cost of converting one string into the other 

by replacing the characters. I manually check accuracy of the best matches (one with minimum cost of 

conversion). 

  



 53 

Chapter 2. Underwriter Competition and Bargaining Power in the Corporate Bond Market   

Co-authors: Alberto Manconi, and Luc Renneboog 

2.1 Introduction  

The bond market is a major source of corporate financing. It has tripled in size since 2001, reaching nearly 

$50 trillion in outstanding value as of 2013 (Tendulkar and Hancock (2014)). At the same time, the bond 

underwriting industry has become increasingly more concentrated, with a handful of very large banks 

capturing the bulk of deals: in 2013, the top ten underwriters in the U.S. had a combined market share of 

about 80%, up from 55% in 2000 and 30% in 1990. Industry practitioners and the financial press have 

raised the concern that this may give disproportionate bargaining power to a few large underwriters to the 

detriment of corporate bond issuers.32 In this paper, we address this concern and ask whether, and to what 

extent, lack of competition allows underwriters to extract rents from bond issuers. 

The main challenge presented by this question is that the underwriter’s bargaining power is 

unobservable and often overlaps with her reputation. For instance, at first glance market share could seem 

a reasonable measure of the underwriter’s competitive position and bargaining power. However, it could 

also stand for the certification value of the underwriter’s reputation as a signal of bond quality; and indeed, 

the literature has used it as a proxy for both (Booth and Smith (1986), Burch, Nanda, and Warther (2005), 

Livingston and Miller (2000)). Similar considerations apply to alternative proxies such as past performance 

(Nanda and Yun (1997), Dunbar (2000)) or industry specialization (Dunbar (2000)). Disentangling the 

impact of the “bargaining power” and “certification” channels, therefore, requires a measure of the 

underwriter’s competitive position that is distinct from reputation.  

We develop one such measure, and attempt to separate the two effects, with a novel empirical 

approach that departs from conventional market share-based arguments. We gauge bargaining power on 

the basis of how difficult it is to find or replace an underwriter for a given issue. We define our main proxy 

                                                        
32 “The biggest winners were Barclays PLC, J.P. Morgan Chase & Co., Bank of America Corp., and Morgan Stanley, 
which each earned about $41 million for their lead roles placing the debt with investors (“Verizon Sells a Record $49 
Billion Worth of Bonds”, The Wall Street Journal, September 11, 2013). 
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in detail below; but the intuition behind it is straightforward. Consider, for instance, two bond issues in our 

data by Oracle, a computer technology firm, and by AT&T Inc., a telecommunications firm, both taken to 

the market by J.P. Morgan in 2012. On the first one, our proxy indicates that only J.P. Morgan can be 

expected to take the issue to the market, suggesting a strong bargaining power for J.P. Morgan. On the 

AT&T issue, our proxy indicates 10 potential replacements to J.P. Morgan, with Bank of America, 

Barclays, and UBS among the alternatives. Competition among potential underwriters – the fact that a 

number of other investment banks could take the issue to the market – weakens J.P. Morgan’s bargaining 

power. Put differently, the underwriter’s bargaining power is inversely related to the number of outside 

options available to the bond issuer. 

The features of our measure help us separate bargaining power from certification, because a given 

underwriter may have different bargaining power when dealing with different issuers. In our example, J.P. 

Morgan has a strong bargaining position vis-à-vis Oracle, but a weaker one vis-à-vis AT&T. Building on 

this intuition, we take advantage of the nature of competition in the market for underwriting corporate bonds 

in our empirical setup. Unlike traditional proxies for certification such as market share, our bargaining 

power measure varies within underwriter, across different issues, at a given point in time. We exploit this 

feature to identify the effect of bargaining power net of underwriter reputation, via a fixed effects strategy. 

Whether J.P. Morgan is underwriting an issue by Oracle or AT&T, her reputation and certification ability 

remain the same. In contrast, our proxy allows J.P. Morgan’s bargaining power to differ across the two 

issues. Comparing different issues that share the same underwriter at the same point in time therefore 

absorbs the impact of reputation and identifies the bargaining power effect.  

Our main testable hypothesis is that, in line with the concerns voiced by practitioners and the press, 

powerful underwriters are able to extract rents from issuers. If the underwriter has a unique ability to place 

the bond, she will be able to set the contract terms in her favor. We find evidence strongly consistent with 

this argument. 

We run our tests on a comprehensive dataset combining bond characteristics and underwriting 

information from the Mergent Fixed Income Securities (FISD) and SDC Platinum Global New Issues 
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(SDC) databases. Our data cover 9,356 corporate bonds issued by 1,696 individual publicly listed U.S. 

firms, and span a 45-year period from 1970 to 2015.  

Our main findings are as follows. Consistent with our hypothesis, underwriters with high 

bargaining power are able to extract larger rents from the issuers, in the form of higher fees, higher issuance 

yield spreads, and higher underpricing (first-trading day return). Moving from the bottom to the top decile 

of our bargaining power proxy, we observe on average an 8 basis points (bps) increase in fees, 18 bps higher 

yield spreads, and 13 bps larger underpricing. In comparison, the fees, yield spread, and underpricing on 

the average issue in our sample are 88 bps, 184 bps, and 13 bps respectively. In dollar terms, bond issuers 

pay additional issuing costs of $0.46m in fees and about $1m in terms of issuance yield spreads and 

underpricing, or a 16% increase relative to the about $9 million cost borne by the average issuer. These 

effects indicate that the costs associated with underwriter power are material. 

These findings are sustained in an extensive set of robustness checks. We consider alternative 

measures of bargaining power, based on the Banzhaf (1964) and Shapley and Shubik (1964) indexes of 

power in a coalition, and alternative filters on the set of potential “replacement” underwriters on a given 

bond issue. Our findings are also robust to a broad set of control variables, alternative clustering of the 

standard errors, and a number of filters on the sample of bonds in our data. 

Our fixed effects strategy considerably raises the bar for any alternative explanation based on 

certification. Such an explanation requires that the same underwriter, at a given point in time, have different 

certification ability on different issues. Although unlikely, this could still be a possibility e.g. if underwriters 

may have more or less expertise in certain bond market segments. We perform two further checks against 

this possibility. First, we study how the market price of an issuer’s bonds outstanding reacts to a new bond 

issue, taken to the market by a powerful underwriter. Under the certification hypothesis, having a reputable 

underwriter conveys positive information to all of the issuer’s creditors (Booth and Smith (1986)), 

suggesting an increase in the price of bonds outstanding, or at least no decrease. In contrast, under the 

bargaining power hypothesis, the issuer bears a cost that can harm the position of existing bondholders, so 

that the price of bonds outstanding should decrease. Our evidence is consistent with the latter prediction, 
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indicating a larger drop in the price of bonds outstanding around issues taken to the market by a powerful 

underwriter. Second, we compare the effects of underwriter power on fees, yields, and underpricing for 

issuers or issues that are more transparent or more opaque, based on analyst coverage, probability of default, 

time since first tapping the bond market, age, or issue complexity (measured with proxies based on textual 

analysis of the bond prospectus). In contrast to the certification hypothesis, we do not detect any differences 

between transparent and opaque issuers.  

A second alternative explanation is “loyalty” between issuers and underwriters, referring to the fact 

that issuers tend to stick to the same underwriters because they derive some benefits (observable or 

otherwise) from their continued relationship. Four sets of results rule out this explanation. First, we exploit 

time-variation within issuer-underwriter pairs in our underwriter power measure, and include issuer × 

underwriter fixed effects in our estimates. We are thus able to absorb the impact of any unobservable, non-

time-varying factor affecting the matching between issuers and underwriters – such as loyalty. We find 

very close estimates to our baseline, inconsistent with loyalty being a main driver of the effects that we 

document. Second, we restrict the attention to cases where the issuer employs a given underwriter for the 

first time, where by construction loyalty cannot play a major role, and find again very close effects. Third, 

we obtain very close estimates when we compare cases in which the issuer and the underwriter have a long 

relationship (where loyalty considerations should be more important) or a short one. Fourth, we test whether 

a past relationship with the underwriter on bond, equity, or M&A transactions absorbs the effects of our 

underwriter power measure. We find that is not the case, suggesting that loyalty is not driving our results.  

A third alternative explanation is that unobservable characteristics of the issuer or the bond issue, 

rather than the level of competition faced by the underwriter, are behind our findings. To address this 

possibility, we exploit issues that are taken to the market by a syndicate of underwriters. In those issues, 

different underwriters are apportioned fees depending on their bargaining power. As a result, the fees vary 

across underwriters within a given bond issue, allowing us to absorb the potential effect of any issuer and/or 

bond characteristic with individual bond issue fixed effects. When we relate apportioned fees to underwriter 

power in this setting, we find again estimates that are very close to our baseline, indicating that omitted 
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issuer and/or issue characteristics do not explain our results. 

Finally, we ask whether bond issuers attempt to attenuate the costs associated with powerful 

underwriters, and how those underwriters are able to preserve their rents in equilibrium. First, bond issuers 

can strategically structure their issues so as to avoid having to hire a powerful underwriter. For instance, 

the issue can be broken down into a number of smaller bonds, or a combination of bonds with different 

maturities. Consistent with this argument, when we compare such “broken down” issues to similar issues 

involving only one bond, we find that they are systematically taken to the market by less powerful 

underwriters.  

Second, we provide evidence of one channel through which underwriter rents are preserved. We 

show that powerful underwriters have a superior network of connections to large institutional investors, 

which enables them to place bond issues more rapidly. The cost of establishing such a network constitutes 

a barrier to entry: As in classic oligopoly models, the presence of a fixed cost of entry implies that the 

market can only sustain a small number of players in equilibrium. 

Our paper makes three main contributions to the literature. First, it provides evidence of the 

economic impact of underwriter power. The bond underwriting literature has so far focused on the 

certification effects associated with top underwriters. The certification view implies that working with a top 

underwriter is beneficial to the issuers: increased certification effort may be associated with higher 

underwriting fees, but these are more than offset by the lower yields that a reputable underwriter can obtain 

on the market (Fang (2005)). We document a “dark side” of corporate bond underwriting, where top 

underwriters are able to leverage their market power to extract rents at the expense of bond issuers. The 

costs associated with a dearth of outside underwriting options can have important regulatory implications, 

particularly in light of the banking industry’s consolidation in the aftermath of the 2008 financial crisis. 

Second, our work contributes to the literature on underwriter selection. Thus far, this strand of 

literature has highlighted driving factors such the underwriter’s prestige and expertise (Ritter and Welch 

(2002), Liu and Ritter (2011), Logue, Rogalski, Seward, and Foster-Johnson (2002)), reputation and 

certification ability (Livingston and Miller (2000), Fang (2005)), and loyalty (Yasuda (2005), Burch, 



 58 

Nanda, and Warther (2005)). Our results point to competition among potential underwriters – or rather, lack 

thereof – as an additional factor. Moreover, they suggest that, when issuers have limited outside options, 

underwriters can extract substantial oligopolistic rents at their expense. 

Third, we develop a novel approach to measuring underwriter power. The prior literature has 

considered proxies, such as market share, which do not enable a separation of reputation from bargaining 

power effects (Megginson and Weiss (1991), Beatty and Welch (1996), Gande, Puri, and Saunders (1999), 

Livingston and Miller (2000), Burch, Nanda, and Warther (2005), Fang (2005), Yasuda (2005) and 

Ljungqvist, Marston, and Wilhelm (2006)). Because our proxy is issue-specific, we are able to isolate power 

effects while controlling for reputation with underwriter ×  date fixed effects. Moreover, alternative 

measures of bargaining power such as the Banzhaf (1964) or Shapley and Shubik (1954) indexes used e.g. 

in the shareholder voting literature are complex (see Felsenthal and Machover (1998) for a review). Our 

results indicate that, at least in the context of corporate bond underwriting, a simple count-based index as 

the one we propose can be as effective as those measures. The simplicity, generality, and flexibility of our 

approach suggest that it could be applied to a number of other settings, such as, but not limited to, other 

security public offerings (e.g. IPOs). 

The remainder of this paper is organized as follows. Section 2.2 describes the data, our bargaining 

power proxy, and the identification strategy. Section 2.3 presents our baseline results and robustness checks. 

In section 2.4 we rule out alternative explanations based on certification, loyalty, and omitted issuer or issue 

characteristics. Section 2.5 discusses how issuers attempt to attenuate the costs associated with powerful 

underwriters, and how those underwriters are able to preserve their rents. Section 2.6 concludes. 

2.2 Data, variables of interest, and empirical strategy 

2.2.1 Data 

We merge data from a number of sources. We obtain corporate bond characteristics and underwriting 

information from the Mergent Fixed Income Securities Database (FISD) and the SDC Platinum Global 

New Issues Database (SDC). We exclude bonds issued by financials (SIC codes 6000-6999), regulated 
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utilities (SIC codes 4900-4949), non-U.S. firms, issues in foreign currency, and puttable issues. We restrict 

our sample to newly issued straight corporate bonds, and drop convertibles and medium-term notes. We 

focus on non-distressed public bond issuers with non-negative book equity from the CRSP-Compustat 

Merged (CCM) database, and retain bonds with non-missing offering amounts and maturities, known 

underwriter names, available information on fees or offering yields, and for which ratings are provided by 

at least one of the main rating agencies (Moody’s, Standard and Poor’s, and Fitch). These filters are in line 

with the literature (e.g. Billett, King, and Mauer (2007), Fang (2005), Yasuda (2005)). After applying these 

filters, our sample comprises 9,356 bonds issued by 1,696 firms, over the period 1970 to 2015.33  

We also analyze corporate bond returns on the secondary market. To do so, we collect bond trades 

data from the Trade Reporting and Compliance Engine (TRACE) and the National Association of Insurance 

Commissioners (NAIC) databases. We remove cancelled, corrected, and commission trades, as well as non-

institutional trades from TRACE following Bessembinder et al. (2009). We combine trades from the NAIC 

and TRACE datasets and then calculate daily bond returns by applying Bessembinder et al.’s (2009) “trade-

weighted price, trade ≥ 100k” approach, i.e. we restrict the data to trades larger than $100,000, and weigh 

intraday transactions by trading volume. We compute bond returns between two trading days as: 34  

 QH =
RSTRSUVWXYS

RSUV
 (4)	

where ZH is the bond price on a day E, [\H is the interest accrued between the two subsequent trading days 

E − 1  and E . 35  We drop 1,038 price reversals as returns with absolute value larger than 20%, as in 

Bessembinder et al. (2009).36 The final sample includes 1,268,635 daily return observations for 6,290 bonds 

traded from 10 January 1994 until 15 July 2016. 

Table 2.1.A illustrates the main features of the bonds in our sample. The average issue size is $357 

                                                        
33 Appendix 2.B describes in detail the construction of this part of our data set. 
34 When calculating returns we exclude weekends and holidays in the recommended holiday schedule for financial 
markets from http://www.sifma.org/services/holiday-schedule/. 
35 We calculate accrued interest starting from the date of accruing interest (dated_date FISD variable) or, when 
missing, from the bond issue date, and until the date of the last interest payment (last_interest_date FISD variable) or, 
when missing, until the bond’s maturity. 
36 In unreported checks, we find that retaining those outliers does not affect our results. 
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million, and the maturity is about 13 years. Around one-quarter (26%) of the bonds in our sample are below 

investment grade, similar to Fang (2005) and Bessembinder et al. (2009). 

Table 2.1.B shows that the average bond issuer in our sample has market capitalization of nearly 

$8 billion, profitability (ROA) of 5%, leverage (total debt divided by total assets) of 35%, market-to-book 

ratio of 1.52, and cash holdings over debt of 40%. The table also compares the issuer characteristics in our 

sample with other companies in CRSP-Compustat. The average bond issuer is larger, more profitable, and 

slightly more leveraged, and has lower market-to-book ratio and more cash. These findings are in line with 

those of Faulkender and Petersen (2006) and Billett, King, and Mauer (2007).  

Table 2.1.C describes underwriter characteristics. Bond underwriting syndicates are set up and 

coordinated by lead underwriters, so we focus on the leads for most of the analysis.37 If a given underwriter 

is acquired by or merges with another bank, we re-assign all future bond issues to the surviving entity.38 

There are 134 individual lead underwriters in our sample. About one-half of the bonds are co-led by multiple 

banks, and the average number of lead underwriters on a given bond is 2.3. The average underwriter market 

share, measured one year before the issue, is about 12%.39  

[Insert Table 2.1 about here] 

2.2.2 Measuring underwriter bargaining power 

To study how underwriter power affects bond issues, we develop a novel measure of market power, building 

on insight from the industrial organization and banking literatures (Shaked and Sutton (1982), Degryse 

(1996), Degryse and Ongena (2005)). The intuition behind our measure is that an underwriter will enjoy 

greater power over a given issuer, if the issuer has few alternatives to the underwriter to take the bond to 

the market. In terms of the example in the introduction, J.P. Morgan will have stronger power over Oracle, 

                                                        
37 Existing studies typically assume that the lead underwriters are solely responsible for underwriting the securities 
(e.g. Carter and Manaster (1990), Gande, Puri, and Saunders (1999), Fang (2005), Hoberg (2007), Ljungqvist, 
Marston, and Wilhelm (2006), Yasuda (2005)). 
38  We aggregate subsidiaries under their parent banks, and account for the history of mergers and acquisitions 
following the list of the principal M&As between underwriters provided in Ljungqvist, Marston, and Wilhelm (2006) 
for 1988-2002, integrated with data from the SDC M&A database, bank websites, and press releases. The full list of 
M&As of banks underwriting bonds in our sample is described in Appendix 2.C, Figure 2.C.1. 
39 When computing market shares, we credit each lead underwriter with the full issue size. If we split the issue size in 
equal parts among all lead underwriters, the resulting average market share is about 13%. 
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if no underwriter other than J.P. Morgan can take Oracle’s bond issue to the market. Thus, our measure, 

which we call Z]P^_, reflects how difficult it is to find a replacement for the underwriter on a given issue.  

The extent to which the underwriter is “difficult to replace” depends on her ability to place the issue 

on the market. Placement ability is mainly driven by the amount of the issue allocated to the underwriter 

and by the underwriter’s activity in a given bond market segment and industry. In the first place, a bank’s 

balance sheet should be large enough to underwrite the issue, as the corporate bond market is characterized 

by a prevalence of “commitment” underwriting, where the underwriter purchases the bond from the issuer 

at a discount while guaranteeing the full proceeds (Levinson (2014, p. 78)).40 Secondly, although a small 

number of very large banks provide universal services and rank relatively high in league tables across 

different market segments, most underwriters tend to lead in a smaller range of segments.41  Similar 

considerations apply, for instance, in equity IPOs, where issue size and industry are primary drivers of the 

underwriter choice (Ritter and Welch (2002)). 

Building on these observations, we develop our measure as a function of a given underwriter’s 

expected placement ability for a given bond issue, conditional on the issue’s size as well as rating, maturity, 

and issuer industry. We focus on those characteristics because they can delineate bond market segments, 

by determining an issue’s risk profile and transparency to the underwriter and the market (Datta, Iskandar-

Datta, and Patel (1997), Fang (2005), Helwege and Turner (1999), Yasuda (2005)). We partition the bond 

market into six groups according to rating (AAA, AA, A, BBB, BB, and B and lower), calculate the bonds’ 

years to maturity, and classify issuers into the Fama-French 10 industries. Consistent with the idea that 

underwriters’ activity tends to relate to rating and industry, we find that for the average underwriter in our 

sample, the top (top three) rating group(s) accounts for 68% (94%) of her business, and the top (top three) 

industry (industries) accounts for 60% (85%) of her business.  

                                                        
40 SDC reports the offering technique for 79% bonds in our sample. “Commitment” underwriting accounts for 100% 
of those bonds. The alternative regime is “best effort” underwriting, in which the underwriter only pledges to make 
the best effort to sell the issue to investors. 
41 For example, in 2013 Deutsche Bank and Credit Suisse do not even feature among the top-ten investment grade 
bond underwriters, but at the same time the 3rd and the 4th positions in the high yield segment (Wiegmann, (2013)). 
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We then obtain our underwriter power measure, by comparing the portion of the bond that the lead 

underwriter actually takes to the market with the amount that other banks could be expected to place. We 

proceed as follows. Given an underwriter ` at calendar quarter E, we consider the set of bonds taken to the 

market by each underwriter other than `, denoted by – `. For each underwriter – ` separately we estimate 

the following equation over all bonds that – ` took to the market over the preceding five-year period:42 

%Tb- = ITb + ∑ JTbcQdE(e)-c + fTbgdE- + ∑ hTb&\)i(")-& + jTbgeE	k"l^H + mTbn- + LTb-	     (5) 

where %Tb-  denotes the natural logarithm of the underwriting allocation of bond # to underwriter −`, 

QdE(e)- are indicator variables for the six credit rating categories, gdE- is the natural logarithm of years 

to maturity, \)i(")-  are indicators for the 10 Fama-French industries, geE	k"l^H denotes the natural 

logarithm of the total volume of bond issuance on the market over past 5 years, and n- is the number of 

lead underwriters on bond # underwritten by −`.43 We obtain predicted coefficients IoTb, JpTbc, foTb, hpTb&, 

ĵTb , and m̂Tb  and derive underwriter −` ’s predicted placement ability on bond #  that is actually 

underwritten by `  as: %rTb- = IoTb + ∑ JpTbcQdE(e)c -
+ foTbgdE- + ∑ hpTb&\)i(")- + ĵTbgeE	k"l^H +&

m̂Tbn-. %rTb- reflects the amount that an underwriter other than ` could place on the market, for a bond 

having characteristics such as those of bond #. Given that %b- reflects the actual amount placed by ` on 

the bond #, we then define underwriter `’s bargaining power on bond # as a function of the number of 

underwriters that could “replace” ` as: 

 Powerb- = − ln@1 + ∑ tu%rTb- ≥ %b-wTb D (6) 

Intuitively, the larger the number of underwriters that could place a bond similar to # replacing underwriter 

`, the lower the power of `.44  

Table 2.1.D summarizes our measure of underwriter power. In the typical bond issue, the 

                                                        
42 Robustness checks, described below, reveal that our findings are not sensitive to the length of this time window. 
43 Whenever the underwriting allocation is not available, we divide the bond issue size by the number of its lead 
underwriters, and assign the resulting value to each of them. 
44  When a given bond issue has multiple lead underwriters, we compute the number of potential replacement 
underwriters as the weighted average of the number of replacements associated with each underwriter, where the 
weights are proportional to the underwriting allocation. 
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underwriter has Z]P^_ equal to –2.23, corresponding to about 8 replacements, or about 21% of all active 

lead underwriters. That is consistent with the notion that only a relatively small number of banks are able 

to place a given issue. It is also line with the organizational structure of the bond market, where about ten 

“bulge-bracket” banks and a smaller number of second-tier underwriters should be able to take the typical 

issue to the market. Figure 2.1 illustrates the variation in the average number of replacements to the largest 

underwriters, ranked by the total underwritten amount over the sample period, broken down by segments 

based on bond size, rating, and time to maturity (upper panel), or issuer industry (lower panel). Darker cells 

indicate fewer possible replacements for the actual underwriter, i.e. stronger bargaining power. Overall, 

even among this set of large banks, there is not a single underwriter with high Z]P^_ across all segments, 

suggesting that the variation in Z]P^_ across underwriters and segments is material.  

[Insert Figure 2.1 about here] 

2.2.3 Rent extraction measures 

Throughout the analysis, we focus on three main measures of rent extraction by the underwriters. The first 

one is bond issuance fees, representing the immediate monetary benefit that the underwriter can obtain from 

the issuer. Underwriters charge fees as compensation for marketing and distributing the issue, as well as 

for taking on underwriting risk. A stronger bargaining position should enable the underwriter to extract 

larger fees from the bond issuer. From Table 2.1.A, the typical fees charged by the underwriter are 0.88% 

of the par issued amount, close to the values reported by Fang (2005). For the vast majority, the bonds are 

offered via a negotiated sale, so that the fees are negotiated between the issuer and the underwriter, and are 

equal to the spread between the price the issuer receives and the price at which the underwriter sells the 

issue to the market.45  

The second measure is bond issuance yield spreads, computed as the difference between the bond’s 

issuance yield and the yield on Treasury bonds of similar maturity. Unlike fees, which result from a direct 

negotiation between issuer and underwriter, yields depend on the demand for the new issues generated by 

                                                        
45 Negotiated sales take place for over 90% of the issues in our sample. The alternative is a competitive sale, when the 
selling price to the market is defined by competitive bids by brokers.  
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the underwriter via marketing to prospective investors and book-building. The pricing process and the 

allocation of bonds to investors, however, are not transparent to the issuers, and the absence of efficient 

rules regulating this process makes it difficult for the regulators to punish malpractices.46 This creates scope 

for moral hazard, and two sources of agency costs. First, because the underwriter’s selling effort is not 

verifiable, the underwriter might choose to place the issue at a lower price to exert less effort (Baron (1982)). 

Second, the underwriter may underprice bonds in order to cater to a clientele of investors, such as large 

bond funds that, in return, can generate business for the underwriter. An example of such quid-pro-quo 

behavior is underwriters earning trade commission revenues in exchange for underpriced bonds (e.g. Reuter 

(2006), Goldstein, Irvine, and Puckett (2011)). Since it should be easier for a powerful underwriter to make 

the issuer agree to a lower price, we expect stronger bargaining power to be associated with a higher yield 

spread. From Table 2.1.A, the issuance yield spread on the average bond is 1.84% (again similar to Fang 

(2005)). 

The final measure is bond underpricing, i.e. the change in bond price relative to the offering price 

during the first day of trading. While the issuance yield spread measures ex-ante underpricing (Gande, Puri, 

and Saunders (1999), Livingston and Miller (2000), Fang (2005)), first-day returns measure ex-post 

underpricing on the secondary market. By a logic similar to the case of issuance yield spreads, we expect 

stronger bargaining power to be associated with a stronger underpricing. We compute bond underpricing 

following Cai, Helwege, and Warga (2007), as the first-day bond return net of the value-weighted return 

on a matching portfolio of bonds with similar rating and maturity based on the “Rating & Maturity” 

approach of Bessembinder et al. (2009). We are able to compute underpricing for 5,396 bonds in our 

sample.47 For 96.6% of these bonds, we observe first day prices. When we do not observe first day prices 

                                                        
46 “The behind-closed-doors process by which new corporate bonds are priced and then doled out to investors means 
that opportunities for questionable – though not necessarily illegal – behaviour exist, these bankers say.” (“How firm 
a foundation?” Financial Times, March 8, 2015). Further, regulators are “…unlikely to find wrongdoing because there 
were no clear cut rules around how banks should dole out bond issuances among investors”. (“SEC probes Goldman 
and Citi bond allocations.” Financial Times, February 28, 2014). 
47 When studying the secondary bond market Bessembinder et al. (2009) exclude putable and zero-coupon bonds. In 
our sample there are 76 such obseavations and their exclusion does not affect the results. 
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we follow Cai, Helwege, and Warga (2007) and use the earliest available price within one week of trading. 

From Table 2.1.A, bond underpricing is on average 13 bps.48 

2.2.4 Empirical strategy 

We exploit the features of Z]P^_ to address the identification challenge discussed in the introduction, and 

distinguish underwriter market power from reputation and certification effects. The fact that Z]P^_ varies 

over time and across different issues for a given underwriter is key, because it provides us with a way to 

separate power from reputation with fixed effects. Going back to the example from the introduction, our 

approach compares bond issues by Oracle and AT&T that take place at the same time, and are both taken 

to the market by J.P. Morgan. Because J.P. Morgan’s reputation does not vary across the two issues, by 

comparing them we can isolate bargaining power effects.  

Based on this reasoning, in our baseline tests we estimate:  

 x&bH = IbH + JZ]P^_&bH + f
yK&bH + L&bH (7) 

x&bH  denotes the fees, yield spreads, or underpricing on bond " , issued at time E  and underwritten by 

underwriter `. Z]P^_&bH is the bargaining power of underwriter ` over the issuer associated with bond ". 

K&bH is a set of bond and bond issuer controls. Importantly, we include underwriter × calendar quarter fixed 

effects (IbH term above) to absorb the impact of reputation (and, indeed, any time-varying underwriter 

characteristics). To define the fixed effects, we focus on lead underwriters; i.e. in terms of our example, the 

fixed effects group together all issues on which J.P. Morgan is the lead underwriter at a given date. 

Whenever there are multiple lead underwriters (in 4,725 cases, or about 50% of the deals in our sample), 

we define fixed effects that account for their composition; i.e. issues where the lead underwriters are J.P. 

Morgan and Goldman are grouped separately from issues where the leads are J.P. Morgan and Morgan 

                                                        
48 Cai, Helwege, and Warga (2007) find somewhat larger underpricing, 37 bps on average. The difference can be 
related to the fact that they use as benchmarks the Lehman Brothers Corporate Indices. Those indices include all 
publicly traded US corporate debentures and secured notes meeting several maturity, liquidity, and quality guidelines; 
in particular, they include securities with calls, puts, and sinking fund provisions. In contrast, our matching portfolios 
constructed with under the Bessembinder et al. (2009) approach only include bonds meeting the filters on the NAIC 
and TRACE data described in Section 1.1. 
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Stanley. In a further set of tests discussed in Section 2.3, we treat members of an underwriting syndicate 

individually. 

2.3 Results 

Our main testable hypothesis is that lack of competition strengthens underwriter bargaining power. Under 

that hypothesis, powerful underwriters can extract rents from issuers, by placing their bonds on the market 

at higher fees and lower prices (higher yield spreads and underpricing). 

A simple univariate sort supports this prediction. Table 2.1.E presents the average fees, offering 

yield spreads, and underpricing by terciles of	Z]P^_. The difference between the top and bottom terciles 

is 11 bps for fees, 36 bps for yield spreads, and 6 bps for underpricing, consistent with the notion that issues 

placed by more powerful underwriters are typically more costly for issuers. Relative to the average fee (88 

bps), yield spread (184 bps), and underpricing (13 bps), these effects also appear to be economically non-

negligible. Figure 2.2 plots the coefficient estimates of fees, yield spread and underpricing on Z]P^_ over 

time, and the effects are of similar economic magnitudes to the sorts in Table 2.1.E. The association of all 

three variables with Z]P^_ somewhat decreases around 1995-2000 around the repeal of Glass-Steagall Act 

and the development of the secondary bond market, but remains economically meaningful and statistically 

significant across the sample period.  

An alternative interpretation of the univariate sorts is that weaker issuers turn to more powerful 

underwriters for certification, because they would otherwise not be able to place their bonds on the market. 

Our identification strategy, as discussed, attempts to disentangle these two alternatives; we now turn to 

those tests. 

2.3.1 Baseline tests 

Our first set of tests looks at the relationship between underwriter power and issuance fees. Table 2.2.A 

reports the estimates of regressions of <^^k on Z]P^_, with the specification described by equation (4), 

where <^^k  denotes the fees associated with a given bond issue as a percentage of bond size. Each 

observation is a bond issue by a given issuer, taken to the market by a given underwriter, during a given 

calendar quarter. The control variables include a number of bond and issuer characteristics used in Burch, 



 67 

Nanda, and Warther (2005), Fang (2005), and Yasuda (2005): bond rating indicators and log-years to 

maturity, issuer size (natural logarithm of market equity), leverage, profitability (ROA), market-to-book 

ratio, and cash holdings-to-debt ratio, as well as issuer industry with Fama-French 10-industry and calendar 

quarter indicators. All issuer characteristics are measured at the end of the year preceding the bond issue 

date. In all specifications, we two-way cluster the standard errors by lead underwriter-calendar quarter 

combination and issuer. 

Specification (1) reports a statistically significant coefficient on Z]P^_ of 0.055, which is also 

economically meaningful. An increase in Z]P^_ from the bottom to the top decile is associated with 9 bps 

higher fees, or a 10% increase relative to the average fees of 88 bps.49 Specification (2) includes lead 

underwriter fixed effects and issuer fixed effects. Specification (3) includes lead underwriter × calendar 

quarter fixed effects to disentangle the bargaining power and reputation effects. The coefficient on Z]P^_ 

in this specification is very close to the estimate of specification (1) and equal to 0.051. 

To assess the dollar value of the additional cost to issuers when they hire powerful underwriters, 

we regress log-dollar fees (ln(<^^k	 × 	%])i	k"l^)) on the full set of control variables and fixed effects of 

specification (4), except for Z]P^_. We then exponentiate the residuals, and compare the average values 

for the subsamples of issues underwritten by the most and the least powerful banks. The difference captures 

the dollar amount that the issuers lose in fees when hiring powerful banks. The average value for issues in 

the top decile of Z]P^_ is $1.36m, while in the bottom decile it is $0.89m, resulting in a difference of 

$0.47m, or 18% of the $2.59m that issuers typically pay in fees. The impact of underwriter bargaining 

power on issuance costs appears, therefore, substantial. 

In Table 2.2.B we run a similar analysis on bond yield spreads at issuance (i.e., ex ante 

underpricing), regressing the bond’s offering yield spread on Z]P^_. In all specifications, the coefficient 

on Z]P^_  is positive and statistically significant. It is also economically meaningful: Based on the 

                                                        
49 The economic effects are computed as follows. The bottom-decile average level of Z]P^_ is –3.00; the top-decile 
is –1.39. Therefore 0.055 × (−1.39 + 3.00) × 100 = 8.85bps. The effects discussed in the remainder of the paper 
are computed in the same way. 
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estimates of specification (1), an increase in Z]P^_ from the bottom to the top decile is associated with a 

35 bps higher offering yield spread, or a 19% increase relative to the average offering yield spread of 1.84%. 

Considering the other specifications, the effect of an inter-decile increases in Z]P^_ on bond yield spreads 

ranges between 18 and 35 bps. In dollar terms, with the same approach as for the fees, we find that the cost 

associated with an inter-decile increase in Z]P^_ amounts to $1.02m, or 15% of the about $6.85m dollar 

yield spread on the typical bond. Combining this effect with that of fees calculated above, we obtain about 

$1.5m, or an implied 16% (= (0.47 + 1.02) / (2.59 + 6.85)) increase total issuing costs. Overall, these 

findings are in line with our prediction that powerful underwriters can extract rents from bond issuers, and 

suggest that the implied extra cost for the issuers is non-trivial. 

In Table 2.2.C we repeat the analysis for (ex-post) underpricing. Similar to the impact on yield 

spreads, we find that Z]P^_ has a positive and significant association with underpricing, with the economic 

effects ranging between a 10 to 19 bps increase when going from a bottom-decile to a top-decile underwriter 

in terms of Z]P^_. In dollar terms, the effect on underpricing is close to the effect on yield spreads and 

amounts to $1m, implying again a combined increase in total issuance costs of about $1.5m. 

 [Insert Table 2.2 about here] 

2.3.2 Robustness  

We conduct a series of robustness checks, summarized in Table 2.3. For brevity, that table only reports the 

estimates of the coefficients on Power and the associated E-statistics; but all regressions include the same 

sets of controls and fixed effects as in Table 2.2, specification (3).  

In a first set of checks, we use two alternative indexes from the literature on bargaining power in 

coalitions (Felsenthal and Machover (1998)). Our baseline Power measure treats all alternative underwriter 

“coalitions” as equally relevant outside options for the issuer. That ignores the fact that a given underwriter 

might be critical to the forming of a given coalition, thus narrowing the range of alternatives effectively 

available to the issuer. The indexes of Banzhaf (1964) and Shapley and Shubik (1954) account for this. We 

thus develop measures of bargaining power based on those indexes, described in detail in Appendix 2.A, 
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and replicate our main tests using those measures instead of our baseline Power. The results are reported 

in Table 2.3.A. The estimates and economic effects are similar to the ones discussed in the previous 

section,50  suggesting that a simple count-based index as Power  such as the one used in our baseline 

estimates can provide an adequate measure of underwriter power. 

In a second set of checks, we examine three variations in the estimation of the baseline Power 

measure (Table 2.3.B). First, we control in the placement ability equation (5) for the underwriter’s 

placement history in a given bond segment and industry (natural logarithm of the total number of issues 

and natural logarithm of the total amount placed over the past 5 years). The resulting estimates are very 

close to those of Table 2.2. Second, we show that our results are not sensitive to the length of the estimation 

window used to define “replacement” underwriters, nor to restricting potential replacements to underwriters 

active in a given rating, industry, or maturity group. The parameter estimates of Power and their statistical 

significance are similar to the baseline. Third, in equation (6) we defined Power  as − ln@1 +

∑ tu%rTb- ≥ %b-wTb D, where %b- is the allocation of bond issue # to underwriter `. We show that we obtain 

similar inference when we set an additional bandwidth of 5% around the bond size %b-  to determine 

potential replacements. The results are again close to our baseline. 

In a third set of checks, we consider alternative ways of clustering the standard errors (Table 2.3.C). 

We find that our estimates are robust to clustering by issuer, underwriter, issuer × underwriter pair, or by 

calendar quarter. We also find that our results are robust to restricting the sample to cases in which only 

one bond of a given issuer is taken to the market, or to averaging fees, yield spreads, and underpricing 

across all bonds comprised in one issue (Table 2.3.D).51 Finally, they are robust to controlling for a number 

of additional issuer and bond characteristics: fees, yield spreads, and underpricing faced by the issuer on 

                                                        
50 The economic effects are computed as follows. The bottom-decile average Banzhaf (1954) power index is 2.66; the 
top-decile is 7.23. Therefore, moving from a bottom- to a top-decile underwriter is associated with an increase in fees 
by 0.011	 ×	(7.23	 − 2.66) × 100 = 5 bps, with an increase in yield spreads by 16 bps, and in underpricing by 21 
bps. Similarly, the bottom-decile average Shapley and Shubik (1964) power index is 1.46; the top-decile is 11.29. 
Therefore, moving from a bottom- to a top-decile underwriter is associated with an increase in fees by 
0.014 × (11.29 − 1.46) × 100 = 14 bps, with an increase in yield spreads by 29 bps, and in underpricing by 25 bps.  
51 Around 22% of the bonds in our sample are taken to the market as part of an issue comprising multiple bonds. We 
come back to these bonds and examine them in greater detail in Section 4.  
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previous issues, the bond’s size, as well as syndicated loans obtained by the issuer within ten years prior to 

the bond’s issuance date (Table 2.3.E, 2.3.F, and 2.3.G).  

[Insert Table 2.3 about here] 

2.4 Alternative explanations 

The results discussed above are consistent with the effects associated with underwriter power. Our fixed 

effects strategy, moreover, considerably raises the bar for alternative explanations. If we assume for a 

moment that Z]P^_  reflects some underlying economic variable, e.g. underwriter reputation or 

certification, which matches issuers and underwriters, such a variable must vary within underwriter, at a 

given point in time. This restricts the potential alternative drivers for our results to a narrow set, and further 

requires that any “matching” variable changes precisely around new bond issues. To check for this 

possibility, and disentangle the effect of underwriter power from alternative explanations based on 

assortative matching, we turn to three additional sets of tests. 

2.4.1 Certification 

In a first set of tests, we address the possibility that our earlier findings are explained by underwriter 

certification and reputation. First, we examine the returns on bonds outstanding around the issue dates of 

new bonds of the same issuers. Since certification reduces the amount of adverse information about the 

issue or the issuer, the market should view the issuance of new bonds taken to the market by a reputable 

underwriter as good news (Booth and Smith (1986)). Thus, if certification rather than underwriter power 

drives our results, we expect a more favorable market reaction around issue dates of new bonds underwritten 

by banks with high Z]P^_. The prices of the issuer’s bonds outstanding should therefore increase (or at 

least not decrease). If, instead, the underwriter power mechanism dominates, the market reaction should be 

opposite, since worse contracts are imposed on the issuers. We should therefore observe a drop in the price 

of the issuer’s bonds outstanding. 

We compute cumulative abnormal returns (CARs) on bonds outstanding around issue dates of new 

bonds of the same issuers, and regress them on our bargaining power proxy. We calculate abnormal returns 
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(ARs) following the matching portfolio approach of Bessembinder et al. (2009). We apply their “Rating & 

Maturity” approach, and partition the universe of bonds with available return data on a given day into 17 

matching portfolios.52 We compute two sets of matching portfolio returns, value- as well as equal-weighted. 

Figure 2.3 illustrates the returns on bonds outstanding around new bond issues, for issues taken to 

the market by more versus less powerful underwriters (above/below median Z]P^_). The main conclusion 

from this test is already visible in the graph: when the underwriter of the new issue has higher Z]P^_, the 

price of existing bonds on the secondary market drops by around 40 bps, about twice as much as when the 

underwriter has low Z]P^_. 

We replicate this test in a regression framework, estimating: 

 â[Q&bH = I + JZ]P^_&bH + f
yK&bH + L&bH (8) 

where â[Q is the cumulative abnormal return on outstanding bonds. The sample includes all bonds whose 

issuers have a new issue in our sample period, with available price information in the union of the TRACE 

and NAIC databases. The set of controls mirror those of Table 2.2, and include bond rating and maturity, 

issuer size, profitability and leverage, market-to-book and cash to debt, as well as lead underwriter × 

calendar quarter fixed effects fixed effects. Additionally, we control for the residual maturity of the 

outstanding bonds and their Amihud (2002) illiquidity ratio. As before, we two-way cluster the standard 

errors by lead underwriter-calendar quarter combinations and issuer.  

The results are reported in Table 2.4. Across all specifications, we find a strong negative 

relationship between Z]P^_ and issue announcement returns. In economic terms, an increase in Z]P^_ 

from the bottom to top decile is associated with a drop in the three-day CAR[-1,+1] by 79 bps (specification 

(1)). In specifications (2) and (4), we compute abnormal returns over a longer window, from 10 days prior 

to 10 days after the new bond issue, to account for potential thin trading and stale prices of corporate bond, 

                                                        
52 First, bonds are partitioned into six rating groups (AAA, AA, A, BBB, BB and B and below). The bonds in each 
rating group are then further partitioned by years to maturity. The cutoffs for A-rated bonds is 0 and 7 years to maturity, 
for other investment-grade bonds they are 0, 5 and 10 years to maturity, and for non-investment grade bonds they are 
0, 6 and 9. The cutoffs are designed to ensure approximately equal-sized groups.  
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allowing for more observations and greater statistical power. Here too, higher underwriter Z]P^_  is 

associated with a more negative market reaction to the new bond issue. The implied impact of Z]P^_ 

appears to be more similar, and equal to 91-99 bps. Economically, these effects appear substantial, in 

comparison to the mean yield spread in our data of 184 bps. These findings suggest that our baseline 

estimates of Table 2.2 are unlikely attributable to issuers seeking underwriters with greater certification 

ability; they are more consistent with underwriter power effects. 

 [Insert Figure 2.3 and Table 2.4 about here] 

As an additional check, we isolate bond issuers and issues that can ex ante benefit more from 

underwriter reputation and certification ability, and ask if we observe stronger effects of Z]P^_ on those 

issuers. We identify several proxies for certification needs: (i) analyst coverage (log-number of analysts 

following the issuer, net of the industry median), (ii) default risk (based on the Merton model, estimated 

with the procedure of Bharath and Shumway (2008)), (iii) tapping the bond market for the first time, (iii) 

young issuer age (less than ten years of stock price history), and (v) issue complexity (proxied by the 

prospectus file size and Fog index, computed following Loughran and McDonald (2014)). 

We estimate regression specifications analogous to those reported in Table 2.2, augmented by 

interacting indicators for high certification needs with Z]P^_. The results are reported in Table 2.5. Across 

all specifications, the impact of Z]P^_ does not appear stronger, statistically or economically, for issues 

with higher certification needs. The baseline effect of Z]P^_, on the other hand, appears in line with our 

baseline estimates.  

In sum, the evidence presented in this section suggests that Z]P^_ is unlikely to capture the effects 

of certification and underwriter reputation. 

 [Insert Table 2.5 about here] 

2.4.2 Loyalty 

In a second set of tests, we focus on loyalty. This is an alternative version of the underwriter-issuer matching 

argument, suggesting that the issuer’s choice of a given underwriter is due to the value of a continued 
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relationship (Burch, Nanda, and Warther (2005), Ljungqvist, Marston, and Wilhelm (2006)). Given our 

results so far, it is not obvious why issuers should stick with a given underwriter if that entails bearing 

higher issuance costs and, based on the findings of the previous section, no material certification benefit. It 

is possible, however, that some unobservable long-term benefit accrues to loyal issuers, motivating them 

to rely on the same underwriter. For example, issuers may value the scope of other investment banking 

services provided by investment banks, such as equity underwriting or M&A advisory (Fang (2005)). To 

check for this possibility, we perform four tests. 

First, we augment our baseline regression specification (4) to include issuer × underwriter fixed 

effects. Such fixed effects absorb the impact of any unobservable, non-time-varying factor that affects the 

relationship between issuers and their underwriters – such as loyalty. The estimates are reported in Table 

2.6.A. They are, across all specifications, very similar to the corresponding ones of Table 2.2, suggesting 

that (non-time-varying) loyalty does not contaminate our results. 

Second, we restrict the attention to cases in which the issuer employs a given underwriter for the 

first time. Since the relationship between issuer and underwriter is new in those cases, the effect of Z]P^_ 

should not be driven by loyalty; under the loyalty hypothesis, therefore, we should observe smaller (or no) 

effects. In Table 2.6.B, we show that is not the case; in fact, the effect of Z]P^_ in first-time encounters 

between issuers and underwriters is statistically indistinguishable, and economically very close, to other 

issues.  

Third, we perform in Table 2.6.C a similar test and compare issues on which the issuer and 

underwriter have a long relationship, where loyalty considerations are arguably more relevant, or a short 

one. We find, again, very close effects in the two groups of issues. 

 [Insert Table 2.6 about here] 

Fourth, we model loyalty and directly control for its impact on our tests. To do so, we resort to a 

two-stage procedure based on Heckman’s (1979) selection model. In the first stage, we estimate a probit 

regression for the probability that a given issuer hire a given underwriter. To estimate it, we create an 

indicator variable equal to one if an investment bank is the lead underwriter in a given bond issue, and zero 
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for all banks that are not hired to lead this particular issue, but have been active underwriters over the 

previous five years. 53  Underwriter choice is modeled as a function of having worked with a given 

underwriter in the previous five years on (a) a bond issue, (b) an equity issue (SEO), or (c) an M&A 

transaction, as the literature indicates these to be the main drivers of loyalty (Fang (2005), Ljungqvist, 

Marston, and Wilhelm (2006)). The estimates are reported in Table 2.7.A. Consistent with the evidence on 

loyalty from the literature, all three variables are highly statistically significant, and have a strong positive 

impact on underwriter choice.  

Based on the first-stage estimates, we obtain inverse Mills ratios, which we include in the second-

stage regressions. The inverse Mills ratios reflect the likelihood of a given underwriter-issuer match as a 

function of loyalty; i.e. they allow us to explicitly control for the impact of loyalty (as captured by past 

relationships between the issuer and the underwriter) in our estimates. The results are reported in Table 

2.7.B. Controlling for loyalty does not have a material impact on our findings: the coefficients on Z]P^_ 

in all the specifications are very close to the estimates of Table 2.2.  

Taken together, the results of these tests reject the hypothesis that Z]P^_ captures the effect of 

loyalty, and are more consistent with the predicted effects of underwriter bargaining power.  

[Insert Table 2.7 about here] 

2.4.3 Unobserved issuer and/or issue characteristics 

In a third set of tests, we address the possibility that Z]P^_ is picking up the effect of some unobserved, 

omitted characteristic of the bond issuer or the issue itself, unrelated to the certification and loyalty channels 

discussed in the previous sections. To control for it, we explicity account for the structure of underwriting 

syndicates, and exploit within-syndicate variation in underwriter power and in the allocation of 

underwriting fees. We retrieve the fees allocated to individual underwriters within a syndicate from Capital 

IQ, and regress them on underwriter Z]P^_, including individual bond issue fixed effects. As in our baseline 

                                                        
53 In additional tests, omitted for brevity, we repeat this procedure under alternative definitions of active underwriters. 
We consider underwriters that in the five years prior to a given bond’s issue quarter placed (a) any bond, (b) bonds in 
the same rating group, (c) bonds in the same maturity group (below/above 10 years), or (d) bonds in the same industry. 
In each case, we obtain results similar to the ones reported. 
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estimates, more powerful underwriters should command higher fees – here, a larger fees allocation. At the 

same time, the fixed effects absorb the effect of any variable that does not vary within a given bond issue; 

by construction, that includes any omitted issuer and/or bond characteristics.  

The results are reported in Table 2.8. Consistent with our previous results, we find a strong positive 

association between Z]P^_ and fees allocation. This indicates that our baseline results are not picking up 

the effects of some omitted issuer or issue characteristic. 

[Insert Table 2.8 about here] 

2.5 Discussion 

In the last part of our analysis, we ask two questions about the interactions between bond issuers and 

underwriters and about market entry. First, do bond issuers attempt to attenuate the costs associated with 

powerful underwriters? Second, how are such underwriters able to preserve their oligopolistic rents in 

equilibrium? In either case, we do not claim to provide an exhaustive answer; rather, we describe one 

economically relevant channel. 

2.5.1 Do issuers attenuate the costs associated with powerful underwriters? 

Around 22% of all bond issues in our sample period involve multiple bonds grouped together under one 

prospectus. Breaking up an issue into separate bonds with different characteristics can be a way to 

circumvent a powerful underwriter. The variation in bond characteristics within one prospectus can be non-

trivial: We observe on average a $35 million difference in size between the largest and smallest bond on a 

given prospectus, and a 9-year maturity difference between the longest- and shortest-maturity bond (the 

difference in terms of rating is smaller, about one notch).54 

We compare such bonds to cases where the prospectus contains only one bond as follows. First, 

we define an equivalent “aggregate” bond by summing up the bond sizes and average maturities and rating 

within one prospectus. Second, we seek a matching bond for it, among all bonds issued by firms within the 

same Fama-French 10 industry and of similar rating (both investment grade/both speculative grade) within 

                                                        
54 For a given issuer, it is possible to issue a bond with a lower rating than the issuer’s own rating. It is generally not 
possible to issue a bond with a higher rating. 
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a ±5-year window.  

We then compare underwriter power between the “aggregate” bond and the matching bond, by 

regressing the difference in Z]P^_ between them on a constant term, controlling for an investment grade 

indicator, the log-absolute value of the difference in maturities, and the log-absolute value of the difference 

in bond sizes. The results are reported in Table 2.9. Columns (1)-(4) apply increasingly tighter filters for 

the similarity between the “aggregate” and the matching bonds in terms of issue size (±20%, ±10%) and 

maturity (±20%, ±10%). Across all specifications, the intercept is negative and statistically significant, 

indicating that the matching bond is systematically taken to the market by an underwriter with greater 

Z]P^_. The size of the coefficient estimate indicates that, controlling for rating, maturity, and bond size, 

the matching bond issuer has about one half as many potential replacement underwriters. This is consistent 

with the notion that issuers structure their bonds in such a way as to avoid powerful underwriters, when 

they can. 

[Insert Table 2.9 about here] 

2.5.2 How are underwriter rents sustained in equilibrium? 

In light of the results of the previous section, how are powerful underwriters able to sustain their rents, and 

why are those rents not competed away in equilibrium? We document one channel, related to institutional 

features of the corporate bond sector and the cost of entry into the underwriting market. The vast majority 

of corporate bond issues are “firm commitment” or “bought deal”: the underwriter purchases from the issuer 

the entire value of the bond, which it then sells to investors. To attenuate inventory risk, underwriters 

establish a network of connections with institutional investors that allows them to place an issue more 

rapidly on the market. Establishing such a network represents a fixed cost of market entry. As in classic 

oligopoly models, then, the presence of the fixed entry cost implies that only a reduced number of 

underwriters can be active in the market. 

To take this idea to the data, we look at the speed with which underwriters place a bond. We 

examine trades in the NAIC database between the underwriter of a given bond and insurance companies 

reporting to NAIC, and focus on the fraction of the issue that is sold by the underwriter within the first day 
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of trade and within the first week. The result are reported in Table 2.10. In all specifications, the coefficient 

on Z]P^_ is positive and statistically significant, revealing that powerful underwriters are able to place 

their bonds to investors more rapidly. Going from the bottom to the top Z]P^_ decile, the fraction of the 

bond placed within the first day (first week) increases by 2-11% (2-10%). This is consistent with the notion 

that powerful underwriters have a superior network of investor connections, representing a barrier to entry 

that helps them preserve their oligopolistic rents. 

[Insert Table 2.10 about here] 

2.6 Conclusion 

We study the impact of underwriter competition in the corporate bond market. We rely on a novel 

underwriter power proxy, which measures the extent to which a given underwriter can be replaced by its 

competitors to place a bond issue. Because our measure varies within underwriter, at a given point in time 

across different bond issuers, we are able to separate the impact of bargaining power from the underwriter’s 

reputation and certification ability using underwriter × date fixed effects. Our findings are consistent with 

the view that powerful underwriters are able to extract rents from issuers, in the form of higher underwriting 

fees, offering yields, and underpricing. In dollar terms, going from a bottom-decile to a top-decile 

underwriter in terms of our proxy for power associates with about 16% higher issuance costs. A number of 

checks rule out alternative explanations based on assortative matching between issuers and underwriters 

driven by (a) certification, (b) loyalty, and (c) omitted issuer and/or issue characteristics. Overall, our results 

suggest that lack of underwriter competition can have economically material costs for bond issuers.  
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Tables 

Table 2.1: Descriptive statistics 
The table reports descriptive statistics for the main variables used in the analysis. The sample includes non-convertible 
U.S. dollar-denominated corporate bonds issued by U.S. firms over 1970-2015, excluding exchange offers, medium-
term notes, and bonds issued by financials and regulated utilities. Bond characteristics and underwriting data are 
retrieved the from Fixed Income Securities Database (FISD) and SDC Platinum Global New Issues (SDC) databases. 
Issuer characteristics come from CRSP-Compustat Merged (CCM) Fundamentals Annual. Panel A summarizes bond 
characteristics. Panel B presents issuer characteristics (all measured at the end of the fiscal year prior to the bond issue 
date), and compares them with the characteristics of the average firm in the CCM database. Panel C presents lead 
underwriter characteristics. Panel D describes the underwriter power proxy and the implied number of potential 
replacements for an issue’s underwriter. Panel E computes the means of fees, bond issuance yield spreads, and 
underpricing by terciles of underwriter power. The symbols *, **, and *** denote statistical significance at the 10%, 
5%, and 1% levels respectively. All dollar values are expressed in constant January 1, 2010 U.S. dollars. All the 
variables are winsorized at the 1st and 99th percentiles, and defined in detail in the Appendix 2.A.	

A: Bond characteristics Mean Median St. Dev. Min Max Obs. 
Fees (%) 0.88 0.65 0.72 0.00 3.50 7,971 
Yield (%) 1.84 1.38 1.80  -6.66 7.31 9,024 
Underpricing (%) 0.13 0.08 0.85 -3.29 3.62 5,396 
Bond size ($mln) 357 203 413 1 2,205 9,356 
Maturity (years) 12.87 10.02 9.05 2.00 40.04 9,356 

       
Bonds in rating group (%) AAA AA A BBB BB B and below 
N = 9,356 1.08 8.68 30.17 33.86 11.49 14.72 

       
B: Issuer characteristics and comparison with 
CCM firms 

Our sample (1) Average CCM (2)   
Mean Obs Mean Obs (2)-(1) E-stat 

Market capitalization ($mln) 7,638 4,911 811 159,789 6,827 20.79*** 
ROA 0.05 4,907 0.01 145,484 0.04 22.06*** 
Leverage 0.35 4,901 0.22 161,150 0.13 31.16*** 
Market-to-book 1.52 4,911 1.89 159,785 -0.37 -15.77*** 
Cash/debt 0.40 4,897 11.27 159,785 -10.88 -39.44*** 
Cash ($mln) 411.00 4,911 59.89 159,785 350.97 18.17*** 
       
C: Underwriter characteristics Mean Median St. Dev. Min Max Obs. 
Co-lead (0/1) 0.50 1.00 0.50 0.00 1.00 9,356 
Number of lead underwriters 2.29 2.00 1.76 1.00 9.00 9,356 
Market share 12.15 12.63 5.64 0.00 25.41 9,355 
Segment market share 13.75 13.14 9.72 0.00 56.36 9,355 
Industry market share 13.56 13.16 9.78 0.00 55.12 9,355 
       
D: Underwriter power  Mean Median St. Dev. Min Max Obs. 
Power -2.23 -2.30 0.66 -3.53 0.00 9,350 
Number of replacements 10.22 9.00 6.19 0.00 33.00 9,350 
       
E: Sorts (by underwriter power tercile) Low Mid High High-Low E-stat 
Fees (%) 0.83 0.87 0.93 0.11 4.02*** 
Yield spread (%) 1.67 1.77 2.04 0.36 5.57*** 
Underpricing (%) 0.10 0.12 0.16 0.06 1.79* 
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Table 2.2: Fees, yield spreads, underpricing and underwriter power 
The table presents the estimates of: 

åçéè = êéè + ëíìîïñçéè + ó
yòçéè + ôçéè 

The dependent variable åçéè denotes the fees (panel A), issuance yield spread (panel B), or underpricing (panel C) on 
a bond issued by firm ç at time è, taken to the market by underwriter é. íìîïñ denotes the underwriter power proxy. 
ò is a set of bond- and firm-level control variables, including rating, calendar quarter, Fama-French 10 industry fixed 
effects, as well as, in different specifications, issuer, underwriter, and underwriter × date fixed effects. All the 
variables are winsorized at the 1st and 99th percentiles, and defined in detail in the Appendix 2.A. è-statistics, reported 
in parentheses, are two-way clustered by lead underwriter-calendar quarter combination and by issuer, and *, **, and 
*** denote statistical significance at the 10%, 5%, and 1% levels respectively.  

A: Fees 
 (1) (2) (3) 
Power 0.055*** 0.049*** 0.051*** 

  (4.85)  (3.17)  (3.43) 
log(Maturity) 0.177*** 0.181*** 0.185*** 

  (19.78)  (19.98)  (22.12) 
log(Market capitalization) -0.112*** -0.146*** -0.160*** 

  (-10.30)   (-5.84)   (-4.46)  
ROA 0.085 -0.075 -0.340 

  (0.60)  (-0.38)   (-1.38)  
Leverage 0.136** 0.121 -0.079 

  (1.98)  (0.80)  (-0.48)  
Market-to-book 0.052*** 0.050*** 0.088*** 

  (5.03)  (2.76)  (2.72) 
Cash/Total debt 0.004 0.002 0.011 

  (0.51)  (0.22)  (0.73) 
    

N 7,354 6,382 5,205 
R2 0.72 0.82 0.86 

    
Rating f.e. Yes Yes Yes 
Calendar quarter f.e. Yes Yes  
Fama-French industry 10 f.e. Yes   
Issuer f.e.  Yes Yes 
Underwriter f.e.  Yes  
Underwriter × calendar quarter f.e.   Yes 
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Table 2.2: Fees, yield spreads, underpricing and underwriter power – continued 
 

B: Yield spread 
 (1) (2) (3) 
Power 0.218*** 0.132*** 0.109*** 

  (7.83)  (3.62)  (2.68) 
log(Maturity) 0.240*** 0.245*** 0.271*** 

  (10.79)  (11.69)  (13.95) 
log(Market capitalization) -0.297*** -0.443*** -0.398*** 

  (-12.40)   (-7.38)   (-4.69)  
ROA -1.993*** -1.923*** -1.877*** 

  (-4.99)   (-3.63)   (-2.70)  
Leverage 0.170 0.399 -0.382 

  (0.97)  (1.08)  (-0.95)  
Market-to-book -0.020 0.010 0.028 

  (-0.74)   (0.21)  (0.37) 
Cash/Total debt 0.036** -0.022 -0.150** 

  (2.00)  (-0.53)   (-2.20)  
    

N 8,249 7,088 5,631 
R2 0.57 0.76 0.83 

    
Rating f.e. Yes Yes Yes 
Calendar quarter f.e. Yes Yes  
Fama-French industry 10 f.e. Yes   
Issuer f.e.  Yes Yes 
Underwriter f.e.  Yes  
Underwriter × calendar quarter f.e.   Yes 
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Table 2.2: Fees, yield spreads, underpricing and underwriter power – continued 
 

C: Underpricing 
 (1) (2) (3) 
Power 0.061** 0.116*** 0.083*** 

  (2.33)  (3.61)  (2.92) 
log(Maturity) 0.055*** 0.047* 0.051* 

  (2.90)  (1.84)  (1.86) 
log(Market capitalization) -0.031* -0.024 -0.009 

  (-1.95)   (-0.31)   (-0.05)  
ROA 0.374 -0.045 -3.329** 

  (1.20)  (-0.07)   (-2.12)  
Leverage -0.047 -0.137 -2.020* 

  (-0.37)   (-0.37)   (-1.77)  
Market-to-book 0.001 -0.024 0.147 

  (0.06)  (-0.38)   (0.94) 
Cash/Total debt -0.017 -0.029 -0.168 

  (-1.23)   (-0.77)   (-1.62)  
    

N 4,873 4,025 2,957 
R2 0.08 0.45 0.68 

    
Rating f.e. Yes Yes Yes 
Calendar quarter f.e. Yes Yes  
Fama-French industry 10 f.e. Yes   
Issuer f.e.  Yes Yes 
Underwriter f.e.  Yes  
Underwriter × calendar quarter f.e.   Yes 

  



 84 

Table 2.3: Robustness 
This table reports robustness checks. In all panels, regression specifications similar to the ones reported in Table 2.2 
are estimated, with fees (column (1)), yield spreads (column (2)), and underpricing (column (3)) as the dependent 
variable, and including all control variables and rating, issuer, and underwriter × date fixed effects as in column (3) 
of Table 2.2. For brevity, only the coefficients on the key variables of interest are reported. Panel A considers 
alternative proxies for underwriter power, based on the Banzhaf (1954) and Shapley and Shubik (1964) measures of 
centrality in a coalition. Panel B considers variations to the construction of the underwriter power proxy defined in 
Section 2.2.2 (controlling for the underwriter’s placement history in equation (5), using 10 years of past issues to 
estimate equation (5), restricting the set of comparable underwriters to those active in same rating, maturity, or industry 
group, applying a 5% bandwidth to determine the number of potential replacements in equation (6). Panel C 
reproduces the estimates of Table 2.2 with alternative clusters of the standard errors, around issuer, underwriter, issuer 
× underwriter, or calendar quarter. Panel D removes from the analysis issues that involve multiple bonds, or replaces 
them by an average of the characteristics of the underlying bonds. Panel E reports regressions that control for fees, 
yield spreads, or underpricing of past issues. Panel F controls for bond size. Panel G controls for the presence of 
syndicated loans associated with the bond issuer. The symbols *, **, and *** denote statistical significance at the 
10%, 5%, and 1% levels respectively.  

 Fees Yield spread Underpricing 
  (1) (2) (3) 
A: Alternative underwriter power proxies  
Banzhaf (1954) index  0.011*   0.036*   0.045***  
   (1.71)  (1.82)  (2.61) 
Shapley and Shubik (1964) index  0.014***   0.029**   0.026**   
   (3.86)  (2.29)  (2.00) 
        
B: Variations in the construction of Power (coefficients on Power) 
Controlling for underwriter placement history   0.049***   0.115**   0.109***  

 (2.77)  (2.32)  (3.52) 
10 year of past issues  0.053***   0.096**   0.075**   
   (3.60)  (2.35)  (2.44) 
5% bandwidth  0.051***   0.109***   0.083***  
   (3.43)  (2.68)  (2.92) 
Potential replacements in rating group  0.046***   0.075*   0.054*    
   (3.52)  (1.94)  (1.93) 
Potential replacements in maturity group   0.055***   0.115***   0.059*    
   (3.73)  (2.89)  (1.95) 
Potential replacements in industry   0.037***   0.077**   0.042*    
   (3.03)  (2.19)  (1.76) 
        
C: Alternative standard error clusters  
Power   0.051   0.109   0.083   
E-statistics based on st. errors clustered 
around…    

Issuer  (3.22)  (2.50)  (2.43) 
Underwriter  (3.08)  (2.77)  (2.28) 
Issuer × underwriter  (3.33)  (2.67)  (1.99) 
Calendar quarter  (3.68)  (2.75)  (2.14) 
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Table 2.3: Robustness – continued 

 Fees Yield spread Underpricing 
  (1) (2) (3) 
D: Treatment of issues that involve multiple bonds (coefficients on Power) 
One bond per issue  0.083***   0.190***   0.333*  
   (3.54)  (2.93)  (1.67) 
Average bond per issue  0.097***   0.172**    0.083  
   (4.09)  (2.15)  (0.69) 
        
E: Control for past fees, yield spreads, underpricing  
Power   0.042***   0.118***   0.104***  
   (2.62)  (2.63)  (3.52) 
Past Fees -0.040     
   (-0.73)      
Past Yield spread   0.001   
     (0.05)   
Past Underpricing     0.067 
       (0.80) 
        
F: Control for bond size  
Power   0.048**   0.110**   0.142**   
   (2.14)  (2.08)  (2.00) 
Bond size 0.003 -0.001 -0.081 

   (0.12)  (-0.03)   (-0.97)     
        
G: Control for syndicated loans to the bond issuer 
Power   0.051***   0.108***   0.083***  
   (3.44)  (2.65)  (2.94) 
Syndicated loans -0.075 0.181 0.183 

   (-0.98)   (1.42)  (0.55) 
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Table 2.4: Certification: Underwriter power and returns on bonds outstanding around new issues 
The table presents the estimates of a regression of the cumulative abnormal returns (CARs) on bonds outstanding 
around the new bond issue dates on underwriter bargaining power (Power). Bond abnormal returns (ARs) are 
cumulated over 3-day [-1,1], and 21-day [-10,10] windows, and are computed relative to value-weighted (columns 
(1)-(2)) or equal-weighted (columns (3)-(4)) matching portfolios following Bessembinder et al. (2009). All regressions 
include the issuer and issue controls from Table 2.2, as well as controls for the bonds outstanding (log-residual 
maturity and Amihud (2002) illiquidity ratio). E-statistics, reported in parentheses, are two-way clustered by lead 
underwriter-calendar quarter combination and by issuer. The symbols *, **, and *** denote statistical significance at 
the 10%, 5%, and 1% levels respectively.  

  Value-Weighted  
Matching Portfolio 

  Equal-Weighted  
Matching Portfolio 

   CAR [-1, 1]   CAR [-10, 10]     CAR [-1, 1]   CAR [-10, 10]  
  (1) (2)  (3) (4) 
Power -0.493*** -0.566***   -0.536*** -0.619*** 

  (-6.53)   (-19.90)     (-7.04)   (-20.27)  
            
N 4,587 6,865   4,587 6,865 
R2 0.39 0.30   0.39 0.30 

        
Outstanding bonds’ controls Yes Yes   Yes Yes 
Issuer and issue controls Yes Yes   Yes Yes 
Rating f.e. Yes Yes   Yes Yes 
Issuer f.e. Yes Yes   Yes Yes 
Underwriter × cal. quarter f.e. Yes Yes   Yes Yes 
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Table 2.5: Certification: Underwriter power and certification needs  
The table presents the estimates of regressions of fees, bond issuance yield spreads, and underpricing on underwriter 
power (Power), interacted with proxies for certification needs. Panel A looks at analyst coverage (natural logarithm 
of the number of I/B/E/S analysts covering the firm net of Fama-French industry 10 × date average, odd-numbered 
columns) and default probability (implied by the Merton model, estimated using the Bharath and Shumway (2008) 
approach, even-numbered columns). Panel B looks at an indicator for the first time the issuer taps the corporate bond 
market (odd-numbered columns) and an indicator for less than ten years of stock trading history (even-numbered 
columns). Panel C looks at issue complexity, proxied by the log-prospectus file size (odd-numbered columns) and the 
Fog index (even-numbered columns), computed following Loughran and McDonald (2014). The set of controls and 
fixed effects is the same as in Table 2.2, specification (3). E-statistics, reported in parentheses, are two-way clustered 
by lead underwriter-calendar quarter combination and by issuer. The symbols *, **, and *** denote statistical 
significance at the 10%, 5%, and 1% levels respectively.  

A. Analyst coverage and default probability 
 Fees  Yield spreads  Underpricing 

   (1)   (2)     (3)   (4)     (5)   (6)  
            
Power 0.049*** 0.049***   0.107** 0.115***   0.092*** 0.095*** 

  (3.11)  (3.34)    (2.56)  (2.79)    (3.02)  (3.24) 
Power × Analyst coverage 0.006    0.015    -0.042  
   (0.53)     (0.51)     (-1.45)  
Analyst coverage -0.010    0.053    -0.100    (-0.37)      (0.72)     (-0.75)  
Power × Default probability 0.076    -0.332    -0.375 
     (0.22)      (-1.19)      (-0.61) 
Default probability   1.022    1.146***    -2.038**  

    (1.43)      (2.70)      (-1.99) 
Bond and issuer controls Yes Yes   Yes Yes   Yes Yes 
                  
N 5,205 5,205   5,631 5,631   2,957 2,957 
R2 0.87 0.87   0.83 0.83   0.68 0.68 
                  
Rating f.e. Yes Yes   Yes Yes   Yes Yes 
Issuer f.e. Yes Yes   Yes Yes   Yes Yes 
Underwriter × cal. quarter f.e. Yes Yes   Yes Yes   Yes Yes 
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Table 2.5: Certification: Issuer characteristics and underwriter power – continued 

B. First time on the bond market and young issuers 
 Fees  Yield spreads  Underpricing 

   (1)   (2)     (3)   (4)     (5)   (6)  
            
Power 0.052*** 0.049***   0.115*** 0.123***   0.071**  0.079*** 

  (3.49)  (3.22)    (2.63)  (2.74)    (2.42)  (2.60) 
Power × 1st time on bond mkt -0.028    -0.077    0.128  
   (-0.56)      (-0.80)      (1.09)  
1st time on bond mkt 0.024    0.040    0.278  

  (0.21)     (0.18)     (0.77)  
Power × Young issuer  0.017    -0.121    0.041 
    (0.22)      (-1.17)       (0.31) 
Young issuer  -0.022    -0.514    0.059 

   (-0.12)       (-1.60)       (0.11) 
Bond and issuer controls Yes Yes   Yes Yes   Yes Yes 
                  
N 5,205 5,205   5,631 5,631   2,957 2,957 
R2 0.87 0.86   0.83 0.83   0.68 0.68 
                  
Rating f.e. Yes Yes   Yes Yes   Yes Yes 
Issuer f.e. Yes Yes   Yes Yes   Yes Yes 
Underwriter × cal. quarter f.e. Yes Yes   Yes Yes   Yes Yes 
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Table 2.5: Certification: Issuer characteristics and underwriter power – continued 

C. Issue complexity 
 Fees  Yield spreads  Underpricing 

   (1)   (2)     (3)   (4)     (5)   (6)  
            
Power 0.051*** 0.052***   0.110*** 0.111***   0.083*** 0.080*** 

  (3.41)  (3.46)    (2.72)  (2.73)    (2.91)  (2.84) 
Power × log(File size) -0.007     0.017    -0.045  
   (-0.44)       (0.66)      (-1.31)    
log(File size) 0.012     0.016     -0.010   

  (0.29)      (0.26)      (-0.10)    
Power × Fog index   -0.002    0.000    0.007 
     (-0.89)       (0.01)      (1.04) 
Fog index   -0.005    0.019    0.033 

    (-0.80)       (1.62)      (1.27) 
Bond and issuer controls Yes Yes   Yes Yes   Yes Yes 
                  
N 5,205 5,205   5,631 5,631   2,957 2,957 
R2 0.87 0.86   0.83 0.83   0.68 0.68 
                  
Rating f.e. Yes Yes   Yes Yes   Yes Yes 
Issuer f.e. Yes Yes   Yes Yes   Yes Yes 
Underwriter × cal. quarter f.e. Yes Yes   Yes Yes   Yes Yes 
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Table 2.6: Loyalty: Underwriter × issuer fixed effects, new underwriters, and length of relationship 
Panel A presents the estimates of regressions analogous to those of Table 2.2, column (3), augmented to control for 
underwriter ×  issuer fixed effects. Panel B presents similar estimates, where íìîïñ  is interacted with 
öïî	õúùïñîñçèïñ, an indicator equal to 1 if the issuer hires a given underwriter for the first time on a given bond, 
as well as with 1 – öïî	õúùïñîñçèïñ. Similarly in Panel C, íìîïñ is interacted with ûìúü	ñï†°èçìú¢£ç§, an 
indicator equal to 1 if the issuer has employed the same underwriter on a previous bond or equity issue or an M&A 
during the previous ten years, as well as with 1 – ûìúü	ñï†°èçìú¢£ç§. In all panels, the dependent variable is fees 
in column (1), issuance yield spread in column (2), and underpricing in column (3). All regressions include the full 
set of control variables and fixed effects used in Table 2.2. t-statistics, reported in parentheses, are two-way clustered 
by lead underwriter-calendar quarter combination and by issuer. In panels B and C, the rows labeled F-stat and p-
value report the F test statistic for the null hypothesis that the coefficients on the interactions between 
öïî	õúùïñîñçèïñ / 1 – öïî	õúùïñîñçèïñ (ûìúü	ñï†°èçìú¢£ç§ / 1 – ûìúü	ñï†°èçìú¢£ç§) and íìîïñ are 
equal and the corresponding p-value. The symbols *, **, and *** denote statistical significance at the 10%, 5%, and 
1% levels respectively.  

 Fees  Yield spread  Underpricing  
(1) (2) (3) 

A: Underwriter × issuer fixed effects 
Power 0.045*** 0.125*** 0.096*** 
  (3.18)  (3.02)  (3.33) 
Bond and issuer controls Yes Yes Yes 
Rating and Underwriter × cal. quarter f.e. Yes Yes Yes 
    
N 4,480 4,657 2,483 
R2 0.90 0.87 0.70 
Underwriter × issuer f.e. Yes Yes Yes 
    
B: New and old underwriters 
Power × New underwriter [A] 0.046*** 0.121*** 0.067**  
  (3.06)  (2.77)  (2.05) 
Power × (1 – New underwriter) [B] 0.055*** 0.098** 0.104*** 
  (3.52)  (2.37)  (2.74) 
    
N 5,205 5,631 2,957 
R2 0.86 0.83 0.68 
Controls and fixed effects as in Table 2.2 Yes Yes Yes 
F-stat [A] = [B] 0.98 0.94 0.78 
p-value 0.32 0.33 0.38 
    
C: Previous relationship with the underwriter 
Power × Long relationship [A] 0.048*** 0.094* 0.092*   
  (3.06)  (1.85)  (1.68) 
Power × (1 – Long relationship) [B] 0.052*** 0.116*** 0.078**  
  (3.38)  (2.98)  (2.29) 
    
N 5,205 5,631 2,957 
R2 0.86 0.83 0.68 
Controls and fixed effects as in Table 2.2 Yes Yes Yes 
F-stat [A] = [B] 0.14 0.63 0.04 
p-value 0.71 0.43 0.84 
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Table 2.7: Loyalty: Past issuer-underwriter relationship  
The table reports the estimates of a two-stage model for underwriter selection in the spirit of Heckman (1979). Panel 
A reports the (first-stage) estimates of a probit model for the probability that a given underwriter takes to the market 
a given issue, as a function of the full set of control variables used in the previous regressions, as well as indicators 
for whether the issuer and underwriter have worked together on a bond issue, equity issue, or an M&A in the previous 
five years (information on previous equity issue and M&As is retrieved from the SDC Platinum database). From the 
estimates of panel A, inverse Mills ratios are obtained, which are then included in the second-stage estimates reported 
in panel B. Panel B reports specifications analogous to the ones in Table 2.2, column (3), where the dependent 
variables are fees (column (1)), issuance yield spreads (column (2)), and underpricing (column (3)). t-statistics, 
reported in parentheses, are two-way clustered by lead underwriter-calendar quarter combination and by issuer. The 
symbols *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively.  

   Fees   Yield spreads   Underpricing  
 (1) (2) (3) 

A: First-stage  
Past bond underwriter 4.059*** 4.007*** 3.948*** 
   (25.49)  (24.42)  (24.76) 
Past equity underwriter 1.323*** 1.437*** 1.126*** 
   (4.92)  (5.75)  (4.29) 
Past M&A advisor 1.851*** 2.072*** 1.539*** 
   (5.32)  (5.55)  (4.65) 
Bond and issuer controls; industry and cal. 
quarter indicators Yes Yes Yes 
        
N 317,618 318,513 245,267 
        
B: Second-stage 
Power 0.049*** 0.112*** 0.082*** 
   (3.39)  (2.77)  (2.91) 
Inverse Mills’ ratio 0.021*   -0.041 0.054 
   (1.75)  (-1.28)      (0.53) 
Bond and issuer controls Yes Yes Yes 
        
N 5,205 5,631 2,957 
R2 0.87 0.83 0.68 
        
Issuer f.e. Yes Yes Yes 
Underwriter × Calendar quarter f.e. Yes Yes Yes 
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Table 2.8: Omitted issuer or issue characteristics: Individual bond fixed effects 
The table reports the estimates of regressions analogous to those of Table 2.2.A, but where the dependent variable is 
the percentage fees apportioned to a given underwriter. Therefore, one observation corresponds to one underwriter in 
one bond. The apportioned fees are regressed on underwriter power and, in column (1), the same set of controls and 
fixed effects as in Table 2.2.A column (3). In column (2), we include individual bond fixed effects, which absorb all 
bond- and issuer-level controls, as well as any potentially omitted variable on the bond or issuer level. Data on the 
apportionment of fees to each underwriter on a given issue is retrieved from Capital IQ. t-statistics, reported in 
parentheses, are two-way clustered by lead underwriter-calendar quarter combination and by issuer. The symbols *, 
**, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively.   

    (1)   (2) 
Power 0.056*** 0.113*** 
   (7.54)  (10.74) 
Bond and issuer controls  Yes   –  
      
N 4,741 4,741 
R2 0.80 0.84 
   
Issuer f.e. Yes   
Underwriter × Calendar quarter f.e. Yes Yes  
Individual bond f.e.   Yes 
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Table 2.9: Strategic structuring of bond issues 
The table focuses on the 1,493 issues in the sample which include multiple bonds, and tests whether these issues are 
strategically “broken down” to circumvent powerful underwriters. The characteristics of the bonds comprised within 
a given issue are aggregated, and the resulting “aggregate” bond is matched to other issues involving only one bond, 
by an issuer belonging to the same industry and credit quality (investment grade/speculative grade), and of similar 
size and maturity. The “broken down” and matching issues are then compared, by estimating a regression of the 
difference in underwriter power between “broken down” issue and the average of the matching issues on an intercept 
and controls for the log-difference in their maturities and issue sizes, including industry and rating indicators. The 
intercept’s estimate measures the reduction in underwriter power achieved by “broken down” issues. The different 
columns restrict the set of potential matches to progressively tighter bands in terms of size (±20%, ±10%) and 
maturity (±20%, ±10%). t-statistics, reported in parentheses, are two-way clustered by lead underwriter-calendar 
quarter combination and by issuer. The symbols *, **, and *** denote statistical significance at the 10%, 5%, and 1% 
levels respectively. 

Size difference from match ±20% ±20% ±10% ±10% 
Maturity difference from match ±20% ±10% ±20% ±10% 

 (1) (2) (3) (4) 
     
Intercept -0.968*** -1.052*** -0.877*** -1.066*** 
   (-6.16)   (-6.37)   (-4.42)   (-4.87)  
Controls for industry, rating,  
difference in maturity and issue size Yes Yes Yes Yes 
     
N 611 454 394 267 
R2 0.07 0.08 0.07 0.07 
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Table 2.10: Underwriter power and speed of bond placement 
The table reports the estimates of a regression of the fraction of a given bond sold by the underwriter on the offering 
date (columns (1)-(2)) and within one week (columns (3)-(4)) on underwriter power. Whenever a bond is underwritten 
by multiple underwriters, the regression includes separate observations for each underwriter. Columns (1) and (3) 
include the full set of controls and fixed effects used in Table 2.2; columns (2) and (4) include individual bond fixed 
effects, which absorb those controls. Bond placement data are based on the trades between underwriters and insurance 
companies reported in the NAIC database. t-statistics, reported in parentheses, are two-way clustered by lead 
underwriter-calendar quarter combination and by issuer. The symbols *, **, and *** denote statistical significance at 
the 10%, 5%, and 1% levels respectively. 

 % of the bond sold  
on the offering date 

 % of the bond sold  
within a week 

 (1) (2)  (3) (4) 
      

Power 0.010*** 0.059***  0.009*** 0.062*** 
 (4.41) (9.85)  (4.38) (9.83) 
Bond and issuer controls Yes –  Yes – 
      

N 10,963 9,954  10,963 9,954 
R2 0.30 0.39  0.34 0.40 
      

Rating f.e. Yes   Yes  

Issuer f.e. Yes   Yes  
Underwriter × Cal. quarter f.e. Yes Yes  Yes Yes 
Individual bond f.e.  Yes   Yes 
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Figures 

 
Figure 2.1: Underwriter power by segments and industries 
The graph depicts the median number of potential replacements for several bond underwriters, by bond size 
(above/below the median), rating, maturity (shorter/longer than 10 years), and Fama-French 10 industry groups. 
Replacements are defined as the number of underwriters that could replace a lead underwriter on a given bond, based 
on equation (6). Darker areas correspond to fewer replacements, implying higher underwriter power.  
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Figure 2.2: Fees, yield spreads, underpricing and underwriter power over time 
The graph plots the estimated coefficients on Z]P^_ from the regression of fees, yield spread, and underpricing on 
underwriting power over five-year time periods. Fees, yield spread, and underpricing are net of yearly indicators and 
issuer size. The error bars represent 5% confidence intervals around the coefficient estimates. The estimates for 
underpricing are plotted since 1995 due to availability of data on underpricing. 
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Figure 2.3: Returns on bonds outstanding and underwriter power 
The graph presents cumulative abnormal returns (CARs) on bonds outstanding around the dates of new bond issues, 
separating new issues taken to the market by underwriters with High Power (top tercile) and Low Power (bottom 
tercile). Abnormal returns (ARs) are computed relative to matching portfolios based on rating and maturity groups 
following Bessembinder et al. (2009). The ARs are then value-weighted on each day and cumulated. 
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Appendix 2.A Description of variables 

The sample includes all non-convertible, U.S. dollar-denominated corporate bonds issued by U.S. firms from 1970 
until 2015, excluding exchange offers, medium-term notes, and bonds issued by financials and regulated utilities. 
Bond characteristics and underwriting data are retrieved from the Fixed Income Securities Database (FISD) and SDC 
Platinum Global New Issues (SDC). Issuer characteristics come from the CRSP-Compustat Merged (CCM) 
Fundamentals Annual database, and are computed at the end of the fiscal year prior to the bond issue date. All dollar 
quantities are expressed in constant 2010 U.S. dollars, deflated using the Producer Price Index. 

Variable Description 
Bond characteristics 
Fees The sum of managing fees, underwriting fees, and selling concessions 

expressed as a percentage of par. It is equal to FISD Gross_spread divided by 
FISD Principal_amt. If Gross_spread is missing, it is equal to SDC GPCT. 
We also replace FISD values by the SDC fee values when SDC reports positive 
fee values whereas FISD does not report fees. In the test repoted in Table 2.8, 
we break down the fees into the amount apportioned to each underwriter in a 
syndicate, retrieved from Capital IQ. 

Yield spread Bond yield at the issuance date, minus the yield on a Treasury bond of similar 
maturity. The issuance yield is retrieved as FISD’s Offering_yield if available, 
otherwise as SDC’s Y.  

Underpricing First-trading day return on a bond (if available; otherwise return based on the 
earliest trade available during the first week of trading), net of the return on 
the bond’s matching portfolio constructed with the Bessembinder et al. (2009) 
procedure. Data on secondary-market bond returns are obtained from the union 
of the NAIC and TRACE databases. 

Bond size Bond part value, equal to FISD Offering_amt if available; otherwise SDC 
AMT. 

Rating group Six bond rating groups AAA, AA, A, BBB, BB, B and below, based on the 
FISD Rating closest to the bond issue date and, if missing, based on SDC rating 
variables QMOODY, QSP, and QFITCH. We compute averages across 
Moody’s, Standard and Poor’s and Fitch ratings, round values to a notch, and 
then allocate them to a group such that e.g. AA includes AA+/AA- bonds, A 
includes A+/A- bonds, etc. 

Maturity Difference between principal due date minus issuance date, divided by 365. 
Principal due date is equal to FISD Maturity, and, if missing, to SDC 
FINALMATURITY_YYYY. Issue date is equal to FISD Offering_date and, if 
missing, to SDC D. 

Issuer characteristics 
Market capitalization Share price (Compustat data item rpcc_f) times the number of shares 

outstanding (csho). 
ROA Net income (Compustat data item ni) divided by lagged total assets (at).  
Leverage Sum of long-term debt (Compustat data item dltt) and debt in current liabilities 

(dlc) divided by total assets (at). 
Analyst coverage Natural logarithm of the number of I/B/E/S estimates in the quarter prior to the 

bond issue date, net of the industry-quarter median. 
Default probability Probability of default implied by the Merton model, estimated via the Bharath 

and Shumway (2008) procedure. 
First time on the market Indicator variable equal to one if on a given year the firm issues a bond for the 

first time, and zero otherwise. 
Young issuer Indicator variable equal to one if a given issuer has less than ten years of stock 

price history, and zero otherwise. 
Prospectus file size Size of the bond issue prospectus, measured in Mb (computed following 

Loughran and McDonald (2014)). 
Fog index 0.4 × (Average number of words per sentence + Percentage of complex words) 
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in the bond issue prospectus (computed following Loughran and McDonald 
(2014)). 

 
Underwriter characteristics 
Z]P^_ Underwriter power measure, equal to the negative of the natural logarithm of 

one plus the number of potential replacements for the underwriter taking to the 
market a given bond. The construction of this variable is explained in detail in 
Section 2.2.2 of the paper. 

Banzhaf (1954) index For a given underwriter `, it is defined as the number of coalitions that would 
not be able to place a bond # without `, divided by the number of all coalitions 
that could place bond #. The index is expressed in percentage points. Any 
underwriters active in the past five years can form a coalition, i.e. jointly 
underwrite a bond, and if the amount they could jointly underwrite exceeds the 
bond size, the coalition could place the bond #. The actual underwriters of 
bond # are assumed to contribute an amount equal to the bond size divided by 
the number of lead underwriters on the bond. Other underwriters contribute the 
amount predicted by the underwriter placement ability model (equation (5)), 
where the bond size is divided by the number of lead underwriters on the bond.  

Shapley and Shubik (1964) index This measure is similar to the Banzhaf (1954) index, with the difference that 
the order in which underwriters enter a coalition matters. For a given 
underwriter `, the Shapley and Shubik (1964) index equals the number of 
coalitions that become able to place the bond # after ` joins the coalition, 
divided by the number of all such “sequential” coalitions. The index is 
expressed in percentage points. 
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Appendix 2.B. Sample construction 

We obtain corporate bond characteristics and underwriting data from the Mergent Fixed Income Securities 

(FISD) and SDC Platinum Global New Issues (SDC) databases. The coverage of these datasets presents 

slight differences, and in general FISD provides information on a broader range of bonds. The intersection 

of FISD and SDC covers 78.5% (7,347 bonds) of the bonds in our sample, while 19.3% (1,806 bonds) 

comes only from FISD, and 2.2% (203 bonds) comes only from SDC. In contrast to the SDC database, 

FISD comprises only bond data and provides a broader range of bond characteristics (such as detailed 

information on covenant protection, rating updates, details of interest payments, etc.). SDC comprises 

equity, bond, and M&A data, and as well as some additional information on underwriters such as the 

underwriter’s parent bank and underwriting allocations. The two databases are also complementary in their 

coverage of the list of underwriters on a given bond. For these reasons, combining the two datasets yields 

a more comprehensive coverage.  

First, we merge the datasets by either 8-digit CUSIP or ISIN and security issue date.55 For a small 

number of issues, SDC does not report an 8-digit CUSIP. In those cases, we merge by issuer 6-digit CUSIP 

and security characteristics, requiring the bonds to be uniquely identified by issuer CUSIP, bond issue date, 

bond size, and maturity. This allows us to retrieve information available in SDC but not in FISD.  

We restrict the attention to bonds issued by companies in the CRSP/Compustat merged (CCM) 

database. To merge CCM with our sample of bond issues, we match bonds to issuers on the basis of their 

historical issuer 6-digit CUSIP and date. In some cases, we can match an issuer before and after a given 

issue date E, but not at E. When that happens, we use the issuer’s PERMCO identifier from CRSP, which 

does not change over time, to fill in the link information on date E. In such cases, the FISD issuer name 

(prospectus_issuer_name), the SDC issuer name (issuer), the FISD issuer identifier (issuer_id), or the SDC 

issuer identifier (SDC ID) do not vary between the earlier and later dates. 

Following the literature, we exclude the bond issues by financials (SIC 6000-6999), utilities (SIC 

                                                        
55 CUSIP and ISIN codes can be re-assigned; we thus match by security identifier and issuance date.  
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4900-4949), non-U.S. firms, firms with negative book value of equity at the end of the last fiscal year before 

the bond issue date. We apply these filters, and also require availability of information on issuer country 

and SIC code of the issuer. Finally, we exclude all issues in foreign currency, equity-linked (including 

convertibles) and equity-like bonds, medium-term notes, and exchange offers. Exchange offers are an 

exchange of one security for another and 97% have missing information on underwriting fees and offering 

yields or report zero fees. Medium-term notes allow issuers to receive short-term financing and to avoid 

registration with the Securities and Exchange Commission. The typical medium-term note in our sample is 

about 8 times smaller in size than the typical bond. We also drop bonds issued before 1970 since the 

information on them is very sparse. These filters restrict our sample to 9,356 newly issued straight corporate 

U.S. dollar-denominated bonds, issued by 1,696 U.S. firms over 45 years. 
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Appendix 2.C. Mergers and acquisitions among bond underwriters 

 
Figure 2.C.1 Mergers and acquisitions among bond underwriters over 1970-2015 
This figure describes mergers and acquisitions among the banks underwriting bonds in our sample, over the 1970-
2015 period. The horizontal axis plots the timeline. The vertical lines originate from the target banks and touch the 
horizontal lines of the surviving banks at the date of the merger. Bold font highlights the banks still active as of 2015, 
at the end of our sample. In contrast, e.g. LF Rothschild filed for bankruptcy on June 30, 1989, and as a result the 
horizontal line for this bank stops. If after the acquisition the target bank is sold to another acquirer, we draw a 
connection to the former acquirer with a dashed line and a connection to the subsequent acquirer with a solid line. 
Banks for which we do not observe any M&A activity during our sample period, e.g. Goldman Sachs, are not presented 
on the graph. 
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Chapter 3. Are Star Lawyers Also Better Lawyers? 

Co-authors: Allen Ferrell, Alberto Manconi, Will Powley, and Luc Renneboog 

3.1 Introduction 

The legal profession is in many ways a hierarchal profession. Out of the leading 200 U.S. law firms in 2016, 

the top 10 captured 21% of total revenues.56 Focusing on the important practice area of securities litigation, 

the thirty largest plaintiff law firms have accounted for between 50% and 80% of yearly corporate and 

securities litigation settlements since 1970 (Figure 3.1). The settlement value of these cases can be 

staggering: $7.242 billion for the Enron securities litigation; $6.194 billion for the Worldcom securities 

litigation; and more recently $3 billion in the Petrobas case and $2.425 billion in the Bank of America-

Merrill Lynch case. Star plaintiff law firms that litigate these cases receive a percentage of the recovery. 

Defense costs are also significant, in the range of 25%-35% of settlement value on average (Baker & 

Griffith (2010), p.135).  

But do these star law firms add value to these cases in the sense of obtaining a larger settlement value 

than a less prominent law firm could achieve? Star law firms are larger and have more resources and more 

experience and presumably better lawyers, but being a “better” lawyer in this context might also include 

the ability to convince institutional investors to retain them to become lead plaintiff’s lawyer in the most 

promising cases in the first place as well as being able to skillfully manage the lead plaintiff appointment 

judicial process so as to come out on top (see generally Coffee (2010)). The latter set of skills need not 

result in value being added to the case itself. Whether star law firms add value, and by how much, is an 

empirical question – one which we attempt to answer in this paper.  

The main empirical challenge we face is determining whether (a) on any given lawsuit, a star has the 

ability to generate a more favorable settlement, over and above the average law firm (“treatment” effect), 

or (b) stars are better at picking lawsuits where any law firm can generate a favorable settlement (“selection” 

effect). The implications are very different: clients should be willing to pay for treatment (a), but not for 

                                                        
56 Data from the Am Law 100 and Am Law 200 rankings (The American Lawyer, May 2017 and June 2017). 
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selection (b). Separating those two effects is challenging, because most straightforward measures of law 

firm performance are positively associated with both. For instance, finding that star status correlates with 

more favorable settlements is uninformative, as it may be explained by treatment, selection, or a 

combination of both. To isolate the treatment effect and assess the impact of stars on the lawsuit’s outcome, 

one needs a “benchmark” assessing the expected settlement regardless of the law firm on the lawsuit. 

That is precisely the intuition behind our empirical approach. To design our test, we rely on an 

institutional feature of the U.S. legal environment: the fact that companies routinely purchase corporate 

insurance against litigation. We use the insurance coverage as a natural benchmark for plaintiff law firm 

performance. Our analysis mainly focuses on the directors and officers (D&O) insurance that constitutes 

82% of observations in our data. Among other insurance types, we observe professional insurance of 

practices insurance, employment practices, product liability, and etc. The corporate insurance market is 

highly competitive and has modest information asymmetry, as corporations must disclose private 

information on litigation risk to their prospective insurers. Insurance coverage thus represents an unbiased 

estimate of the settlement expenses that a defendant company expects to face, irrespective of the law firm 

employed by the plaintiffs. In other words, insurance coverage gauges the selection effect. The difference 

between the actual settlement and the amount covered by the insurance, on the other hand, estimates the 

treatment effect associated with a given plaintiff law firm. 

To take these ideas to the data, we assemble a database of lawsuits against companies listed in the U.S. 

and plaintiff law firms over the period 1970-2016. Our sample covers shareholder and derivative class 

actions, employee lawsuits, lawsuits related to products, services and operations, intellectual property, trade 

practices, environment, fraud, and antitrust; it combines a number of existing databases with hand-collected 

data. For each lawsuit in our sample, we obtain information on the defendant company, the plaintiff law 

firms, settlement amounts, and insurance coverage. To the best of our knowledge, this is the most 

comprehensive dataset on corporate lawsuits to date. 

Our main findings are as follows. Consistent with the notion that stars tend to associate with successful 

lawsuits, we find a strong positive relation between dollar settlement amounts and an indicator for the top-
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10 plaintiff law firms. However, when we separate “selection” and “treatment” by looking at the amount 

covered by corporate insurance and the residual settlement amount, we find that selection explains over 

80% of the outperformance of star law firms. That suggests that the ability to generate a more favorable 

settlement accounts for less than one-fifth of the performance of stars relative to non-stars. Because plaintiff 

law firm fees are determined as a percentage of the settlement amount, a back-of-the-envelope calculation 

suggests that, relative to the insurance coverage benchmark, on average star plaintiff law firms are overpaid 

by $1.35 million per lawsuit. 

The baseline result of a small impact of star law firms on settlements net of the insurance coverage is 

very robust. It holds under alternative proxies for law firm status and alternative treatments of the standard 

errors; it is robust to the inclusion of a large number of controls and fixed effects; it also holds when we 

restrict the attention to shareholder lawsuits (class actions and derivative actions), as well as over different 

time periods.  

We address three potential alternative explanations for our findings. The first one is measurement error, 

related to the fact that when a lawsuit is dismissed the insurance coverage is not disclosed, but is rather set 

to zero just as the settlement amount. That attributes a more favorable outcome to the plaintiff law firm, 

because it implies that it performs in line with the insurance benchmark whereas it actually underperforms 

it, as the unobserved insurance coverage is likely positive. As star plaintiff law firms are more likely to 

reach a settlement, the censoring associated with dismissed lawsuits can introduce a bias against them 

relative to non-stars. We address this difficulty by means of several approaches: list-wise deletion of the 

dismissed lawsuits, where we restrict our tests to settled cases, as well as three data imputation methods 

(mean imputation, Markov Chain-Monte Carlo Multiple Imputation (MCMC-MI), and the Random Forest 

algorithm), which estimate the censored insurance coverage. The combined evidence from these approaches 

provides a range of estimates for the treatment effect. Under the approach most favorable to the law firms, 

selection still accounts for over 60% of the overall performance of stars; under the least favorable one, for 

all of it. This evidence indicates that censoring of insurance coverage in dismissed lawsuits does not explain 

the modest performance of star law firms. 
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The second alternative explanation is excessive corporate insurance by the defendant companies (over-

insurance). Inflated insurance coverage can induce a bias towards estimating a smaller treatment effect, 

which could explain our findings under the additional assumption that over-insured companies are more 

likely to face star plaintiff law firms. To address this possibility, we resort to a unique database containing 

D&O insurance contracts and their pricing at a leading insurance company active in the primary D&O 

insurance market. We combine these data with machine-learning techniques to obtain insurance coverage 

and premium estimates for all defendant companies in our data, and flag as over-insured those companies 

with high coverage and low premiums relative to three alternative benchmarks. The differences in treatment 

effect estimates between over-insured companies and the rest are statistically insignificant and 

economically minuscule, suggesting that over-insurance does not explain our baseline findings. 

 The third alternative explanation is that plaintiff utility is not just a function of the dollar settlement, 

but also of changes to the governance and policies of the defendant firm. To check for this possibility, we 

consider a range of governance indexes, covering corporate governance dimensions such as managerial 

compensation, entrenchment, and board structure. At least some lawsuits are associated with governance 

changes: Between filing and settlement year, nearly 20% defendant companies change CEO, and the 

average company experiences significant board turnover. However, such changes do not appear to 

concentrate among lawsuits with star plaintiff law firms, where we find at best only weak evidence of any 

governance improvements. Unreported tests also reveal little evidence of improvements along more general 

dimensions such as employee relations, diversity, community, human rights, and environmental 

performance. In sum, non-monetary lawsuit outcomes are unlikely to explain our findings, consistent with 

the notion that star plaintiff law firms have little impact on the defendant company’s governance structure. 

Our paper makes two main contributions. First, it contributes to the literature on competition and 

barriers to entry in regulated professions, in particular legal services. The traditional argument for those 

barriers is based on information asymmetry: law firm clients lack sufficient information to assess the merit 

of a lawsuit and the ability of their legal counsel, and incompetent lawyers can cause irremediable damage 

(Kleiner (2000), Barton (2001)). The key assumption behind this argument is that the inefficiencies that 
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arise from restricting entry (documented e.g. by Winston, Crandall, and Maheshri (2009) and Winston and 

Karpilow (2016)) are compensated by the superior service provided by the best law firms. Our results 

indicate that even the most successful “stars” provide a service that is only marginally better than the 

average law firm. They support the view that the alleged benefits of restricted entry in legal services are in 

fact outweighed by its anti-competitive effects. Our contribution to this literature is also methodological. 

To our knowledge, this is the first study to cast the problem of measuring law firm performance in terms of 

its selection and treatment components, whereas practitioner rankings tend to rely on crude measures such 

as total revenues. In contrast to those rankings, we use corporate insurance coverage to develop an intuitive 

benchmarking approach that could be easily implemented in professional practice. 

Second, our paper contributes to the corporate governance literature on corporate litigation. The ability 

of shareholders (and more generally corporate stakeholders) to take managers to court serves as an ex ante 

disciplining mechanism against moral hazard and provides ex post compensation in case managers 

misbehave (Jensen and Meckling (1976), La Porta, Lopez-de-Silanes, Shleifer, and Vishny (1997, 1998)). 

Along with studies documenting the beneficial effects of corporate litigation (Ferris et al. (2007), Chung 

and Wynn (2008), Appel (2016)), this literature points to two inter-related problems. The first one is that 

exposure to potentially frivolous lawsuits can result in excessive managerial conservatism (Kinney (1994), 

Lin, Liu, and Manso (2017)). The second problem is that institutional features of the legal profession can 

induce lawyers to focus on profits rather than the merit of a lawsuit; an example is the widespread 

application of “no win, no pay” contingency fees (Brickman (1989), Horowitz (1995), Krishnan and Kritzer 

(1999)). Indeed, among legal scholars a prevailing concern is that a large fraction of corporate lawsuits are 

frivolous and that attorneys, rather than shareholders, are the main beneficiaries in shareholder litigation 

(Romano (1991), Rhode (2004)). These two problems suggest that the governance role of litigation may be 

undermined in practice, and that law firms make gains at the expense of the plaintiffs they represent. Our 

findings bring new elements corroborating this view, by showing that dominant law firms do not materially 

improve their clients’ expected monetary benefit from litigation, nor do they have an impact on governance 

at the defendant firm. In addition, they suggest that regulatory efforts aimed to limit shareholders’ ability 
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to sue their company, such as the Private Securities Litigation Reform Act (PSLRA) of 1995, may be 

misdirected. If stars do not have a large impact on settlements but command larger fees, addressing law 

firms’ incentives and/or their market power may be more beneficial for their clients. 

The remainder of our paper is organized as follows. Section 3.2 provides the institutional background 

and discusses our empirical strategy. Section 3.3 describes our data and variables. Section 3.4 presents the 

main results. Section 3.5 analyzes alternative interpretations. A brief conclusion follows.  

3.2 Institutional background and empirical strategy 

Corporate insurance is a central litigation risk management tool. Our data, described below, indicate that 

the insurance covers on average around 72% of settlement amounts, and in many cases the entire settlement. 

Appendix Table 3.A.2 shows that 82% of insurance observations in our data comprise of D&O insurance. 

It is also the line of corporate insurance that nearly all U.S. public corporations purchase (Baker and Griffith 

(2007)). We mainly focus our discussion in this section to the D&O market that accounts for 82% of our 

insurance data, but the conclusions apply to other lines of insurance we observe such as professional 

liability, employment liability, product liability, etc. The features of the insurance market indicate that (i) 

companies seek coverage for the full extent of their expected liability, and (ii) insurers provide such 

coverage at a fair premium. These elements suggest that insurance coverage represents an unbiased estimate 

of the expected settlement amount.  

Prior to underwriting the insurance coverage, the insurers obtain information about litigation risk from 

prospective insureds, collected through the application process and via independent research. Prospective 

insureds have an incentive to transparency in their application, because an applicant furnishing untrue 

information creates the basis for a subsequent rescission action. The insurer’s research is based on public 

data, as well as on private information obtained from meetings with the applicant’s senior management, 

typically covered by nondisclosure agreements. The information collected through these channels has broad 

scope, and ranges from the prospective insured’s financials and corporate strategy, to incentives and 

governance, to the background and personality of the managers (Baker and Griffith (2007)). Indeed, Core 
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(2000) finds evidence that D&O premiums reflect the quality of the insured company’s governance. 

Moreover, policies are renewed on a frequent basis (in some cases yearly), so that the data on which they 

are based is timely. In sum, the insurers collect information that enables them to form an accurate 

assessment of the litigation risk of the prospective insured, reflected in the insurance premium and coverage. 

The exposure of any individual insurer to a given company’s litigation risk is limited. In case of the 

D&O insurance, most policies have limits of $10 million or less (Baker and Griffith (2007)). Companies 

therefore purchase a “tower” of policies in order to reach a desired amount of insurance, with the assistance 

of specialized insurance brokers. The bottom layer of the tower, or “primary policy” responds first to a 

covered loss; the layers further up in the tower are purchased from so-called excess insurers. The typical 

insurance package protects individual managers from litigation (so-called “Side A”), reimburses the 

corporation for indemnification of officers and directors (“Side B”), and protects the corporation itself from 

the risk of litigation to which it may be a party (“Side C”).57 The principal exclusions from D&O coverage 

are fraud, “insured v. insured” cases (aimed at avoiding collusive litigation), and prior claims. The prior 

claims exclusion removes from the coverage any claims noticed or pending prior to the commencement of 

the current policy, which ordinarily would be covered under a prior policy, creating an incentive for the 

insured to notify the insurer of any potential claims at the earliest possible date, because those claims are 

likely to be excluded under any subsequent policies.  

Although insurers have a degree of discretionality in insurance pricing, they are constrained by 

competition and transparency. In the market for primary insurance a few insurers such as ACE, AIG, and 

Chubb historically have had large market shares; but the excess insurance market is competitive and has 

                                                        
57 Side A coverage has no deductible, whereas side B and C can have deductibles. A higher deductible can reduce the 
insurance premium; but such savings are considered small, and involve the risk of the company bearing higher costs 
in the event of litigation. In addition, although the company may not receive any benefits from the insurer, the insurer 
may require (1) to be kept informed throughout the litigation, and (2) that the insured comply with the insurer’s rules, 
such as whom they may retain as counsel, when the insured may settle a claim, and general litigation strategy 
(Guggenheim and Henderson (2008)). The Tower Perrins (2008) survey reports that 66% of surveyed firms purchase 
D&O insurance with no deductibles at all. Among the ones with total assets between $2-$5 Bn as in our sample, the 
average deductible is about $860,000. In our data, the average settlement is $45 m for lawsuits with available insurance 
coverage information, and the average insurance coverage is $33 m, implying that deductibles are on average 1.9% of 
the settlement amount, or 2.6% of observed insurance coverage.  
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low barriers to entry, and features of insurance contracts such as the prior claims exclusion, or the fact that 

the primary insurer’s quote is disclosed to all prospective excess insurers, ensure that information is widely 

available and timely. In addition, “shopping” for less expensive coverage is common (Baker and Griffith 

(2007)). These features suggest that corporate insurance premiums will generally be fair, so that companies 

have no reason to under-insure their litigation risk. 

The combination of (i) accurate risk assessment on part of insurers and (ii) the fact that companies 

likely do not under-insure suggests that the insurance coverage provides an unbiased estimate of the 

litigation settlement amounts a given company expects to face. This is consistent with a literature 

documenting the information content of the D&O insurance (Boyer and Stern (2014), Chalmers, Dann, and 

Harford (2002), Core (2000)), and it plays an important role in our empirical strategy.  

To gauge whether star plaintiff law firms add value by increasing the settlement amounts for their 

clients, we can compare the settlement amounts generated by star law firms with those generated by non-

star law firm. However, any increase in settlement associated with the stars can be a product of (i) their 

ability to reach a favorable settlement (corresponding to the “treatment” effect), or (ii) their ability to pick 

a lawsuit that can generate a favorable settlement in the first place, irrespective of a law firm type 

(corresponding to the “selection” effect). Separating the two effects is empirically challenging. 

Observing the insurance on a lawsuit helps us tackle this challenge of separating treatment and selection 

and disentangle these two effects. Based on the features of the insurance market discussed above, the 

insurance coverage serves as a benchmark for the expected settlement regardless of the law firm on the 

lawsuit, or the selection effect. To isolate the treatment, we therefore subtract from the log-settlement 

amount (•^EE¶^ß^)E) the log-insurance coverage amount (â]®^_d©^), and then we relate it our measure 

of star law firms that discussed in the following section. 

3.3 Data and main variables of interest 

3.3.1 Sample composition 

To maximize coverage and the representativeness of our sample, we merge information from the major 



 
 
 

111 

providers of data on corporate lawsuits in the U.S., incorporating manual screens and hand-collected 

additional information. Our main sources are Audit Analytics Litigation (AA), ISS Securities Class Action 

Services (ISS), the Federal Court Cases Integrated Data Base (FCC), the Master Significant Cases & 

Actions Database (MSCAd), and the Stanford Securities Class Action Clearinghouse (SCAC). Our dataset 

combines these sources, to assemble what is, to the best of our knowledge, the most comprehensive 

collection of corporate lawsuits against U.S. publicly listed firms settled over the period 1970-2016 (the 

earliest coverage for any of those sources is 1970).  

The MSCAd database contains 14,364 individual corporate lawsuits with complete available data for 

our test; AA 8,409; FCC 7,299; ISS 5,705; and SCAC 2,818. There is some overlap among them, so we 

merge lawsuits in the different databases by defendant company, court, docket number, filing date, and 

settlement date. Defendant company names and docket numbers are sometimes reported using different 

spelling or numbering conventions, and we screen them to remove duplicates. The resulting dataset contains 

27,428 individual lawsuits. Out of them, 79% are brought before federal courts, 20% before state courts, 

and the remaining 1% comprise a small number of lawsuits brought before foreign courts, regulators, or 

alternative dispute resolutions. Figure 3.2.A describes the number of corporate lawsuits over time; the data 

coverage is sparse until 1991, but after that date we observe an increase in litigations, reaching a peak in 

the 2006-10 period with nearly 9,000 lawsuits against U.S. public companies. 

In comparison to the previous literature, the set of lawsuits we analyze is broader. The majority of 

studies using individual lawsuit data restrict the focus to shareholder class actions (e.g. DuCharme, 

Malatesta, and Sefcik (2004), Fahlenbrach, Low, and Stulz (2010)) or derivative actions (e.g. Appel (2016), 

Lin, Liu, and Manso (2017)). Because we want to assess the performance of law firms in general, we aim 

to obtain the largest possible coverage; however, as we show in robustness checks our main results hold 

when we restrict the sample to the largest lawsuit category, that of shareholder lawsuits.  

That category includes both shareholder class actions and derivative actions, lawsuits related to 

shareholder risks, financial practices, management and fiduciary risks, corporate capital, finance, and 

investment risks, and is associated with Nature Of Suit (NOS) codes 160 and 850 in the AA and FCC 
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databases. The number of shareholder lawsuits has also been increasing over time, and their average 

settlement amounts since the 2000s are in line with those of other corporate lawsuits (Figure 3.2). Although 

more frequent, shareholder lawsuits exhibit only the fourth largest average settlements, after lawsuits 

associated with environment risk, products, and trade practices (Figure 3.3). We define lawsuit categories 

in greater detail in Appendix 3.A.2. 

When we break down our sample by industry, we find that out of the 10 Fama-French industries, 

lawsuits are most frequent among “Finance, business services, and others” and “Business equipment”. The 

largest average settlement amounts are found among “Finance, business services, and others”, 

“Telecommunications”, and “Oil, gas, and coal” (Figure 3.3). 

Multiple plaintiff and defendant law firms can be involved in a given lawsuit. In corporate litigation, 

all but the very largest law firms tend to specialize as either plaintiff or defendant; because of the nature of 

our empirical approach, we focus on plaintiff law firms. Law firms are partnerships, and they are typically 

named after their most senior partners. Their names may change over time, reflecting e.g. a promotion to 

“name partner” or the departure of one or more name partners from the firm. We standardize firm names, 

to account for alternative spellings, abbreviations, and typos, and to track firms across the different sources 

and over time. The lawsuits in our dataset involve 11,612 individual plaintiff law firms; the average lawsuit 

is associated with 2 law firms, and the average law firm participates in 6 lawsuits.58 

Throughout the analysis, we require that the outcome of a given lawsuit is known, i.e. that the lawsuit 

has been either settled or dismissed by the end of our sample period. We drop any lawsuits that are still 

pending or have unknown outcome as of the end of 2016. The vast majority of corporate lawsuits (over 

98%) do not actually go to trial, but are either settled or dismissed prior to that.59 Settlement occurs in 57% 

of the lawsuits in our data (15,716 cases; Table 3.1). For settled cases, the average settlement is around $27 

                                                        
58 The distribution of the number of lawsuits is skewed. The 95th percentile is 15 lawsuits, the 99th is 91, and the law 
firm with the maximum number of lawsuits in our data is Milberg LLP (formerly known as Milberg Weiss LLP and 
Milberg Weiss Bershad & Schulman LLP) with 1,478.  
59 A mere 522 lawsuits go to trial, or 1.9% of the lawsuits in our data. Among those, the most common type is 
shareholder lawsuits (407 cases), and the most common industry of the defendant firm is business equipment (108 
cases). 
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million (Table 3.1; all dollar figures are expressed in constant 2010 U.S. dollars); however, settlements 

become larger in the more recent years, peaking at about $50 million in the period 2001-2005 (Figure 3.2). 

These figures are consistent with earlier studies focusing on narrower datasets (e.g. Baker and Griffith 

(2007)). 

Conditional on observing the settlement amount, the case description can also report the amount of the 

settlement covered by corporate insurance. Insurance coverage is not universally disclosed; in our data, out 

of 15,716 settled lawsuits, 1,340 reveal it. Typically, the lawsuits with insurance disclosure involve larger 

settlements; for those suits, the average settlement amount is around $45 million. For our purposes, that 

means: (i) our baseline tests focus on the portion of the data that is economically more relevant, and (ii) 

those tests are based on a set of lawsuits where plaintiff law firms seemingly generate larger amounts of 

money for their clients. As we verify in section 3.4.1, however, insurance coverage disclosure does not 

appear to affect the relationship between star law firm status and settlements. On average, insurance 

coverage is nearly $33 million, or 72% of the settlement; but there is important variation in this variable: 

in 46% of lawsuits with available information, the insurance coverage the entire settlement amount, whereas 

in 7% of cases the coverage is zero. 

3.3.2 Star law firms 

To identify “star” law firms, we rank law firms on the basis of the settlement amounts that they generate 

over time. Cumulative settlement amounts are a natural measure of law firm status, as they are observed by 

their clients and determine the firms’ revenues. In turn, revenues drive many popular law firm rankings, 

such as the Am Law 100 mentioned in the introduction, which are widely available to industry practitioners 

and prospective clients. Fees are more closely related to revenues, but they are also more sparsely populated 

in our data sources; and as we confirm in robustness checks, the information contained in the settlement is 

largely equivalent. 

Figure 3.1, already referred in the introduction, plots the distribution of settlement amounts over four 
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periods: pre-2000, 2001-05, 2006-10, and 2011-16. 60  Two patterns emerge. First, the shape of the 

distribution is quite stable over time. Second, whereas a large number of firms has small market shares, a 

core of firms captures the lion-share of settlements. 

These stylized facts motivate our choice of variables proxying for law firm status. Our main proxy is 

the •Ed_ indicator, equal to 1 for the top 10 law firms in a given year based on cumulative settlement 

amounts. This variable is constructed as follows. For a given law firm "  in year E , we compute the 

cumulative settlement amount •&H generated by the firm over the 5 years up to and including E. We then 

rank law firms in year E + 1 sorting them by •&H, such that the firm with the largest cumulative settlement 

has the top rank. The one-year lag between cumulative settlement amounts and law firm ranks ensures that 

the information about past performance (settlement) is available to e.g. prospective clients in year E + 1, 

and that there is no overlap between the dependent variables in most of our tests (related to settlements in 

individual lawsuits) and the law firm’s rank.61 

For robustness, we also consider three alternative measures of law firm status. The first, •Ed_	(™^^k), 

is a top-10 firm indicator based on cumulative past fees rather than settlements. Cumulative fees are 

computed analogously to •&H; where fees are not disclosed in the case descriptions, we impute the value of 

1/3 of the settlement, about the median fraction of the settlement amount destined to fees. The second one, 

•Ed_	(´]`)E) is a top-10 firm indicator based on the cumulative number of lawsuits that a given law firm 

has worked on, over a 5-year period. The third and final one is a continuous measure, called Qd)e, and 

defined as:  

                                                        
60 Whenever n > 1 plaintiff firms are involved in one lawsuit, we assign 1/n times the settlement amount to each of 
them. In 27% of the lawsuits in our data, we are able to observe the lead plaintiff or defendant law firm, which often 
receives the lion-share of the fees (this information is only available in Audit Analytics). In unreported tests, we 
construct an alternative version of our law firm status proxies, by attributing the entire fees to the lead law firm in 
those cases; the results based on the alternative measure are very similar in terms of statistical and economic 
significance. 
61 The ranking we obtain agrees with other popular industry rankings. Out of the top 100 law firms in 2016 according 
to our ranking, over half have a national rank in the U.S. News & World Report “Best Law Firms” ranking, and over 
90% of those are in the first tier for “Corporate Law”, “Litigation – Securities”, “Litigation – Intellectual Property”, 
“Mass Tort Litigation – Class Action / Plaintiffs”, or “Criminal Law – White Collar”. Over 30% of them, moreover, 
feature in the Am Law Top 100 Law Firms list. 
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 Qd)e&HW: =
≠0STmin∞u≠∞Sw	

max∞u≠∞SwTmin∞u≠∞Sw
 (9) 

where min≤u•≤Hw and max≤u•≤Hw are the minimum and maximum cumulative settlement across all law firms 

≥ other than firm ". This measure reflects the concentration of the distribution of market shares among law 

firms, assigning a higher value to firms with larger cumulative settlements.62  

3.3.3 Other variables of interest 

In most of our tests we use control variables derived from the CRSP/Compustat Merged database. We 

match CRSP/Compustat to defendant companies in our lawsuit data, mainly by manually screening 

company names; both the AA and SCAC databases contain tickers, and the AA database also contains the 

SEC’s Central Index Key (CIK), so we use this linking information where available.  

The main set of control variables used throughout the paper are derived from Kim and Skinner (2012), 

and include: Size (natural logarithm of the defendant company’s total assets), yearly sales growth rate, stock 

return (monthly average over a one-year period), stock return skewness, stock return volatility, and share 

turnover (ratio of the number of shares traded to the number of shares outstanding). These variables are 

defined on a yearly frequency, and expressed in their values as of the end of the year prior to a given 

lawsuit’s filing date.  

In robustness checks, we supplement these variables with additional controls retrieved from 

CRSP/Compustat, the IBES analyst forecast database, BoardEx, and the Thomson Reuters 13F Institutional 

Holdings database. We list the additional controls in section 3.4.2, and describe them in detail in Appendix 

3.A.1. 

Finally, in the tests on changes to corporate governance described in section 3.5.3, we take into 

consideration several measures related to governance quality. The first is the Bebchuk, Cohen, and Ferrell 

(2009) E-Index (retrieved from professor Bebchuk’s website). We also analyze CEO changes and CEO 

compensation package data from the Compustat ExecuComp database. Finally, we look at board 

                                                        
62 In untabulated tests, we construct measures analogous to Qd)e but based on fees and the number of past lawsuits. 
The results are very similar in terms of statistical and economic significance. 



 
 
 

116 

composition measures from BoardEx. The variables and their sources are described in detail in Appendix 

3.A.1. 

3.4 The performance of star plaintiff law firms 

3.4.1 Baseline evidence 

This section reports our baseline finding: relative to the benchmark of corporate insurance coverage, the 

performance of star law firms is modest. Our baseline regression is: 

 x&' = I + J•Ed_' + f′K&' + L&' (10) 

where •Ed_ denotes the “star” indicator, equal to 1 if plaintiff law firm ™ is a top-10 law firm, and K is a 

vector of control variables used by Kim and Skinner (2012), including filing year and defendant company 

fixed effects. The dependent variable x&'  is •^EE¶^ß^)E&' , the natural logarithm of the amount of the 

settlement (expressed in millions of 2010 dollars) on lawsuit " with plaintiff law firm ™, or â]®^_d©^&', 

the log-insurance coverage amount, or the difference •^EE¶^ß^)E&' − â]®^_d©^&'.63  

The estimates are reported in Table 3.2. They show that star law firms are associated with much larger 

settlements: When the •Ed_ indicator equals 1, the settlement amount is 18% (column (6)) to 60% (columns 

(3)-(4)) larger.64 The question is how much of that is attributable to treatment – star law firms being able to 

reach a larger settlement on any given case – and how much to selection – star law firms being skilled at 

picking those lawsuits where any law firm would be able to reach a large settlement. To answer that 

question, in columns (1) and (5) we replace the dependent variable by •^EE¶^ß^)E − â]®^_d©^ , the 

difference between log-settlement and log-insurance coverage which, as we argued, removes the selection 

effect. Our results suggest a much smaller treatment effect of star law firms: the estimate that is more 

favorable to star law firms attributes a 10% larger settlement amount to them; the more conservative one, a 

                                                        
63 One observation in equation (10) corresponds to one lawsuit and one plaintiff law firm. Many lawsuits involve 
multiple plaintiff law firms; the median lawsuit has 2, the maximum is 67. Unreported tests reveal nearly identical 
results if we restrict the sample to lawsuits involving at most 10 or at most 5 plaintiff law firms. 
64 Because insurance coverage data is not always available, we estimate specifications (3) and (4), respectively, 
restricting the sample to lawsuit-plaintiff law firm observations where insurance coverage is available and where it is 
not. The coefficients on the •Ed_ indicator are very similar, suggesting that the availability of insurance coverage data 
does not affect the relationship between law firm status and settlement amounts. 
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3% larger settlement.  

A back-of-the-envelope calculation based on columns (5) and (6) reveals the economic magnitude of 

the implied performance misattribution. The average settlement amount is about $27.08 million (Table 3.1); 

the estimates of column (6) imply that star law firms are associated with 18% larger settlements, i.e. an 

extra $4.87 million. At the average fee of about 1/3 of the settlement amount, that means that a law firm 

with star status earns $1.62 million more per lawsuit than a regular one. The estimates of column (5), 

however, imply that it should earn only about 1/6 of that, or $270,000; i.e. plaintiffs overpay stars by $1.35 

million.  

This calculation is based on average fees; but we can expect that star law firms will charge higher fees. 

In a separate set of tests, reported in Table 3.3, we estimate a regression analogous to (10), replacing the 

dependent variable by log-fees or log-fees plus expense reimbursements. The estimates indicate that indeed 

star law firms do indeed charge 3.3% higher fees relative to the average law firm, implying an excess 

payment to stars of $1.41 million per lawsuit.65 

3.4.2 Robustness 

We now present a number of robustness checks on the baseline test discussed in the previous section; the 

results of these tests are summarized in Table 3.4. First, we consider alternative proxies for law firm status. 

We look at •Ed_	(™^^k) and •Ed_	(´]`)E), alternative top-10 firm indicators based on fees and number of 

past lawsuits, respectively, rather than settlement amounts, as well as at the continuous measure Qd)e, all 

defined above. We re-estimate the baseline regression (10), replacing •Ed_ by those alternative proxies. 

The results are reported in panel A. Under all alternative proxies, the results are similar to our baseline, in 

terms of statistical significance and economic magnitude. In all cases, star law firms (•Ed_	(™^^k) or 

•Ed_	(´]`)E) indicator equal to 1, or a higher value of the Qd)e variable) are associated with higher 

                                                        
65 The regression specification also includes log-settlement amount among the control variables. Fees information is 
only available for a subset of the sample, explaining the smaller number of observations in the specifications in Table 
3.3. The calculation of the economic effects in this section is based on the average settlement size of $27 million 
(Table 3.1). Conditional on the availability of insurance coverage data, the average settlement is actually larger ($45 
million); we use the unconditional average to reach a conservative estimate. 
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settlement amounts, but (much) smaller settlements net of insurance coverage. Our baseline results, 

therefore, do not depend on the specific proxy for law firm status we used in the previous section. 

The second set of robustness checks revolves around the treatment of the standard errors. First, we 

focus on the potential serial correlation in settlement amounts generated by a given law firm. Because we 

determine star law firm status based on past settlements, there could be a mechanical correlation between 

•^EE¶^ß^)E (and •^EE¶^ß^)E − â]®^_d©^) on the left-hand side of equation (10) and •Ed_ on the right-

hand side. To address this issue, we run regressions in the spirit of Fama and MacBeth (1973): We draw 

inference from the average coefficients from year-by-year cross-sectional regressions corresponding to 

equation (10). As each cross-sectional regression is estimated on one year of data only, serial correlation in 

settlement amounts is not a concern.66 The results are reported in panel B (columns (1)-(2)): the average 

coefficient estimates are somewhat larger, but still close to our baseline, suggesting that the results of Table 

3.2 are not affected by serial correlation. As an additional test, we re-estimate our baseline equation (10) 

with two- and three-way clustered standard errors (panel B, columns (3)-(6)), clustering by defendant firm 

and filing year, and by defendant firm, law firm, and filing year. The statistical significance of the resulting 

estimates is comparable to the baseline regressions of Table 3.2. 

The third set of checks is about potential omitted variables. First, we include a large number of 

additional control variables in the baseline regression; second, we include additional fixed effects. In panel 

C, columns (1)-(2) include additional controls for a number of firm characteristics (book-to-market, 

dividend payout ratio, ROA, debt-to-total assets ratio, interest coverage ratio, R&D-to-sales ratio, 

advertising-to-sales ratio, staff-to-sales ratio, and discretionary accruals ratio). In columns (3)-(4), we add 

controls associated with transparency and stock liquidity (analyst forecast dispersion, forecast errors, and 

                                                        
66 The concern for a mechanical serial correlation is attenuated due to the fact that we obtain nearly identical results 
with •Ed_	(´]`)E), which is based on the number of past lawsuits rather than settlement amounts. Due to the relatively 
small number of observations per settlement year prior to 1992, we constrain the sample to the settlement years from 
1992 on in the Fama-MacBeth estimation. Moreover, although serial cross-correlation between settlement amounts 
and the •Ed_ indicator is not a problem with the Fama-MacBeth approach, serial correlation in the •Ed_ indicator 
itself and the other right-hand side variables can still be an issue. To adjust for that, the standard errors apply the 
Newey-West correction, based on a 5-year lag window.  
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coverage, bid-ask spread, Amihud (2002) illiquidity ratio, and idiosyncratic volatility). In columns (5)-(6), 

we add controls associated with the quality of corporate governance (Bebchuk, Cohen, and Ferrel’s (2009) 

E-index, board size, log-CEO salary, bonus, and equity pay) and with ownership structure (institutional 

ownership level, equity stake controlled by the top 10 largest institutional shareholders, ownership of 

institutional block-holders, number of institutional investors, number of institutional block-holders, and 

institutional ownership HHI). All additional control variables are defined in detail in Appendix 3.A.1. The 

introduction of additional control variables does not affect the baseline finding of a small treatment effect 

for star law firms, relative to the benchmark of insurance coverage. In panel D, columns (1)-(4), we repeat 

the baseline regression including court fixed effects, lawsuit type fixed effects, law firms fixed effects, as 

well as all three additional fixed effects. Court and lawsuit type fixed effects do not much affect the 

coefficient on •Ed_ in comparison to the baseline; when we introduce law firm fixed effects, however, the 

coefficient becomes statistically insignificant and economically much smaller. In sum, this set of checks 

confirms that the treatment effect of star law firms appears small. 

In a fourth check, we ask if shareholder lawsuits, which represent a large component of the lawsuits in 

our sample, differ from other lawsuits in a meaningful way. We distinguish between shareholder class 

actions and derivative actions, and introduce interaction terms between •Ed_ and indicators for either kind 

of lawsuit. The estimates, reported in panel D, columns (5)-(6), indicate an effect of star law firms in class 

actions somewhat larger than the baseline, but still economically small. The effect for derivative actions is 

smaller than in Table 3.2, and statistically insignificant. 

The two subsequent robustness checks are reported in panel E. In the first check, we collapse lawsuits 

that have the same court, docket, and filing date but different settlement dates (columns (1)-(2)), as well as 

lawsuits with the same court, filing, and settlement date but different dockets (columns (3)-(4)). The first 

case corresponds to related lawsuits affecting different defendants (e.g. the company and its directors); the 

second one to lawsuits filed by different plaintiffs, and then unified by the court. The results are, statistically 

and economically, very close to the baseline. In the second check, we trace the effect of star plaintiff law 

firms over different time periods: pre-2000, 2001-2005, 2006-2010, and 2011-2016. The estimates indicate 
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a small and insignificant impact of star law firms on settlement amounts (net of the insurance benchmark 

or otherwise) in the years prior to 2006. The •^EE¶^ß^)E − â]®^_d©^ effects become larger in 2006-10 

and 2011-16, but are still small relative to the larger settlements associated with star law firms. 

The final robustness check is presented in the panel F, where we include â]®^_d©^  as a control 

variable instead of subtracting it from •^EE¶^ß^)E. This specification is a form of Heckman’ selection 

model where coverage represents inverse Mill’s ratio. In this test as well, the estimated coefficients on •Ed_ 

are very close and slightly smaller in magnitude than the baseline.  

Taken together, the checks discussed in this section support our baseline results. They suggest that the 

finding of a small impact of star law firms is robust to alternative proxies for law firm status, treatment of 

the standard errors, potential omitted variables, different types of lawsuits, aggregation of related lawsuits, 

and over time. This is consistent with the view that star law firms have a relatively small treatment effect 

on settlement amounts.  

3.5 Alternative explanations 

We discuss four potential alternative explanations for our findings. The first one is measurement error, due 

to the fact that when a lawsuit is dismissed the insurance coverage is set to zero like the settlement amount, 

or to the fact that multiple settlements can exhaust a defendant company’s insurance coverage. The second 

one is over-insurance: it is possible that defendant firms purchase excessive insurance coverage, biasing 

our results towards finding a smaller treatment effect. The third one is that insurance coverage might reflect 

the “treatment” effect of the plaintiff law firm that the defendant company expects to face. The fourth one 

is that plaintiffs do no seek redress in the form of a dollar settlement, but rather in terms of changes to the 

defendant firm’s governance; by focusing on settlement amounts, therefore, we may underestimate the 

actual impact of star law firms. Below we address all these alternative explanations, and we find that they 

are unlikely to explain our findings. 

3.5.1 Measurement error 

Our data include 11,711 lawsuits in which the settlement is equal to zero, as the case was dismissed. 
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Because of the zero settlement, the amount covered by the insurance is also set to zero. But in fact, most 

likely in those cases the actual insurance purchased by the defendant company is not zero but, rather, a 

positive amount. For the average law firm in our data, the censoring implied by dismissed cases results in 

a more favorable estimate of the treatment effect. The reason is that we attribute a performance 

(•^EE¶^ß^)E − â]®^_d©^) equal to zero, whereas the actual performance should be negative, as a zero 

settlement is associated with a (most likely) non-zero insurance coverage.  

To assess the impact of this potential bias on our estimates, we perform five additional tests, 

corresponding to alternative approaches to dealing with the censored data. Approach I is list-wise deletion: 

we estimate the baseline regression (10) restricting the sample to the set of observations with a positive 

settlement amount. The estimates are reported in Table 3.5, column (5), and show a small, statistically 

insignificant, and actually negative coefficient estimate on •Ed_.  

Approach II also restricts the sample to settled lawsuit, but applies inverse-probability weighting (IPW; 

Seaman and White (2011)). Intuitively, this approach estimates equation (10) assigning greater importance 

to lawsuits that, although settled, were most likely to be dismissed based on their characteristics. The IPW 

approach requires two steps: (i) estimate the probability Z that a given lawsuit is dismissed, and (ii) estimate 

equation (10) on the settled lawsuits observations with weighted least squares (WLS), where the weights 

are proportional to 1/Z. In the first step, we estimate a probit regression where the dependent variable is an 

indicator equal to 1 for settled cases, and 0 otherwise, and the explanatory variables are the •Ed_ indicator 

and the Kim and Skinner (2012) controls. We also estimate a linear probability model with analogous 

specification, including filing year and defendant company fixed effects. The estimates are reported in 

Table 3.5, columns (3) and (4). They indicate that star law firms are strongly associated with settled cases. 

Having a star plaintiff law firm is associated with a 4.8 percentage points higher probability of settlement 

(column (4)); relative to the unconditional probability of 57%, this represents an 8% increase, which is 

economically non-trivial. In the second step, we use WLS with weights inversely proportional to the 

probability that a lawsuit is settled. The estimates are reported in Table 3.5, column (6). We find again a 
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small, statistically insignificant, and negative coefficient on •Ed_. The performance of star law firms, 

therefore, seems to owe more to the fact that they tend to reach a settlement at all, rather than a higher 

settlement than other law firms. 

Our subsequent approaches rely on data augmentation and imputation methods to form an estimate of 

the actual insurance coverage in dismissed lawsuits, and use it in our test. Approach III is based on mean 

imputation. We regress the log-insurance coverage on indicators for lawsuit category, defendant firm Fama-

French industry, and lawsuit settlement year, and use the coefficient estimates to obtain imputed values for 

firms in a given lawsuit category, industry, and year. We then obtain an updated •^EE¶^ß^)E − â]®^_d©^ 

variable, which replaces the imputed insurance coverage values where the lawsuits were dismissed, and re-

estimate equation (10). The estimates are reported in Table 3.5, column 7. The coefficient on •Ed_ is now 

positive, and the magnitude (0.021) small but closer to the baseline estimate of 0.031 from Table 3.2 

(although still statistically indistinguishable from zero).  

Approach IV is the Markov Chain-Monte Carlo (MCMC) data augmentation method combined with 

multiple imputation (Rubin (1987)) MCMC data augmentation proceeds in two steps: (i) an imputation step 

(I-step), where given a vector of parameter estimates Jp  a set of observations for the censored â]®^_d©^ 

data are obtained, as a random draw from the distribution of â]®^_d©^ given Jp ; and (ii) a prediction step 

(P-step), where a revised estimate of the vector of parameters is formed, as a random draw from the 

distribution of Jp  given the observed data and the â]®^_d©^  draw from the I-step. The initial set of 

estimates Jp  are obtained via the expectation-maximization algorithm; the I-step and P-step are then iterated, 

generating a Markov Chain that for a sufficiently large number of iterations converges to its stationary 

distribution, from which a set of imputed values of â]®^_d©^ is drawn. Those values are then plugged into 

•^EE¶^ß^)E − â]®^_d©^, and the baseline test (10) is estimated. To account for the uncertainty in the 

imputed values, the MCMC process is repeated over 100 rounds; the resulting estimates are averaged to 

obtain one estimate for the coefficient on •Ed_, and the associated standard errors are obtained through the 
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Rubin (1996) formulas.67 The estimates are reported in Table 3.5, column (8). The estimated coefficient on 

•Ed_ is larger than the baseline estimate of Table 3.2 at 0.046, although again statistically insignificant.  

Approach V uses the Random Forest algorithm (Brieman (2001), Mullainathan and Spiess (2017)). 

Random Forest is a machine-learning algorithm that based on a large number of random decision trees 

generates a prediction of the censored values of insurance coverage for dismissed lawsuits using the 

available data used as a “training set”.68 We impute the Random Forest prediction for those censored values, 

re-run equation (10), and report the estimates in Table 3.5, column (9). In this case, the estimated coefficient 

on •Ed_ equal to 0.077, larger than the baseline estimate of Table 3.2 and statistically significant (E = 2.53).  

Summing up, the five approaches discussed in this section provide a range of values for the coefficient 

on •Ed_ between -0.012 and 0.077, bracketing our baseline estimate of 0.031. Under the most favorable 

estimate, the “treatment effect” from the •^EE¶^ß^)E − â]®^_d©^ regression accounts for only 39% of 

the overall performance of star law firms; under the least favorable one, the treatment effect is statistically 

indistinguishable from zero, and actually negative. Combined, this evidence suggests that our baseline 

result of a small treatment effect associated with star plaintiff law firms is not explained by the unobserved 

insurance coverage data for dismissed lawsuits.  

A separate instance of measurement error is if multiple settlements exhaust a defendant company’s 

insurance coverage, underestimating the “selection effect” and overestimating the “treatment effect”. Over 

40% of the settlement in our data are associated with firms that face no other settlement in the same calendar 

year, and 90% with firms facing at most 4 other settlements. In addition, the institutional features of the 

corporate insurance market discussed in Section 3.2 indicate that insurance coverage should be close to the 

expected total settlement for a given firm in a given year. That suggests that this type of error is unlikely to 

play a major role in our data. Consistent with this view, in additional tests omitted for brevity we find that 

our baseline effect is unrelated to the number of settlements a given company has to meet in a given year, 

nor to their size compared to previous settlements. 

                                                        
67 We provide details on this approach in Appendix 3.B. 
68 We provide details on this approach in Appendix 3.C. 
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3.5.2 Over-insurance 

A second potential explanation for our baseline finding is over-insurance. It is possible that defendant 

companies purchase corporate insurance in excess of the expected settlement amount that they face from 

corporate lawsuits. Under this hypothesis, the log-difference •^EE¶^ß^)E − â]®^_d©^  tends to 

underestimate the treatment effect. That should not be a problem if over-insurance is distributed at random 

across defendant companies, independent of the •Ed_  indicator. Under the additional assumption that 

companies that over-insure tend to face star plaintiff law firms, however, it could introduce a bias against 

stars in our test. 

Over-insurance requires inefficient behavior on part of corporate insurers, defendant companies, or 

both. First, a company may receive an excessively low insurance premium quote from its prospective 

insurers, and take advantage of it to purchase a higher coverage; in turn this requires that insurers 

systematically underestimate the company’s litigation risk. Second, the company may face an accurate 

insurance premium, but decide to purchase a higher amount of insurance coverage; this could be due for 

instance by an agency issue such as excessive managerial conservatism in the face of potential litigation 

(Manso (2011)). In sum, over-insurance should be associated with relatively low premiums and relatively 

high coverage.  

One challenge in taking to the data the over-insurance hypothesis is that insurance premiums and 

overall coverage are not publicly disclosed. We address this difficulty combining a unique dataset with 

machine-learning techniques to produce premium and coverage estimates for the defendant companies in 

our main data. We build this part of our analysis on the universe of D&O insurance quotes by a leading 

insurance company active in the primary segment of the D&O insurance market, over the years 2005-2016, 

covering 130 companies. We use this database as a “training set” for the Random Forest algorithm, 

described above and in greater detail in Appendix 3.C, to obtain an estimate of the primary D&O insurance 

premium for defendant companies, based on characteristics observable up to the end of the year prior to the 

lawsuit settlement or dismissal. 

Before discussing our test, we point out that some of the features of the D&O insurance market 
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discussed in section 3.2 suggest that systematic over-insurance is unlikely. Inefficient pricing (cheap 

premiums) are not expected because the insurance market is competitive, as there are low entry barriers for 

insurers, and transparent, as prospective insured are expected to share both public and private information 

with their insurers, and the quote of the primary insurer is made available to the excess insurers. That 

indicates that D&O insurance premium will tend to reflect the litigation risk of the prospective insured in 

an accurate manner, leaving few if any “arbitrage opportunities” for the insureds. Moreover, although there 

is evidence suggesting that managers act more conservatively when faced with litigation risk, they appear 

to do so mainly through other leverages than D&O insurance coverage, such as their innovation policies 

(e.g. Lin, Liu, and Manso (2017)). If anything, practitioners tend to debate the possibility that the insureds 

increase deductibles, reducing the effective coverage to lower the overall insurance cost; but even that 

appears to be associated with modest gains at best (Guggenheim and Henderson (2008)).  

We flag over-insured companies as follows. We regress insurance premiums and coverage on indicators 

for size (total assets) quintile, settlement year, and interaction terms, and obtain residuals. We consider a 

company over-insured if its premium residual is negative and its coverage residual positive. In additional 

checks, we repeat this procedure augmenting the premium and coverage regressions to include industry 

indicators or industry and previous litigation intensity indicators, and their interactions with settlement year 

indicators.69 We then estimate the baseline regression (10) separately for over-insured defendant companies 

and the other companies in our dataset, and compare the coefficients on •Ed_.  

The results are reported in Table 3.6. Across all the specifications, over-insured companies do not 

exhibit especially small •Ed_ coefficients. In fact, in two out of three cases the coefficient is nearly identical 

to the baseline value of 0.030 from Table 3.2 (specifications (1) and (3)); and in the remaining specification 

(5), it is actually larger at 0.052. Moreover, in all cases the differences between the over-insured companies 

and the rest are economically very small, and indistinguishable from zero at conventional level of statistical 

                                                        
69 In the mean imputation approach test described in section V.B, we estimate insurance coverage for the settlement 
amount on an individual lawsuit. Here we benchmark the insurance coverage for an entire company, potentially facing 
multiple lawsuits. For that reason, we do not condition on lawsuit type, but rather on company size (total assets) to 
define the benchmark used in this test. 
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significance. This evidence indicates that over-insurance does not explain the baseline effects documented 

in Table 3.2. 

3.5.3 Does insurance coverage reflect the expected plaintiff law firm besides expected settlement? 

So far we have assumed that the insurance coverage reflects the expected settlement amount conditional on 

facing an “average” law firm. An alternative is that when the defendant company expects a very large 

settlement it also expects to face a star plaintiff law firm, and therefore purchases a larger insurance policy. 

Under this hypothesis, the insurance coverage may capture part of the “treatment effect”, and we may 

underestimate the impact of star law firms on the larger lawsuits. 

Another way to see this is as follows. Suppose that lawsuits can be “large” or “small”, and that on either 

kind of lawsuit, a star law firm can increase the settlement by an amount ^X, where [ > 0 is a positive 

amount. Suppose further that when the defendant company expects to face a star law firm (i.e. in a large 

lawsuit), it raises its insurance coverage by an amount ^7. Now let Pµ≠ the fraction of observations of large 

(L) lawsuits with star law firms (S) in the data, PµC≠ the fraction of observations of large lawsuits with 

non-star law firms (NS), P≠≠ the fraction of observations of small lawsuits with star law firms, and P≠C≠ 

the fraction of observations of small lawsuits with non-star law firms. 

The baseline regression (10) where the dependent variable is ln •^EE¶^ß^)E − lnâ]®^_d©^ returns 

then an estimate of: 

 Pµ≠ ([ − %)∂∑∏∑π
Large, Star

−PµC≠ (−%)∂∏π
Large, Non-Star

+P≠≠ × [⏟
Small, Star

−P≠C≠ × 0⏟
Small,	Non-Star

 (11) 

If defendant companies tend to obtain higher insurance when they expect a larger settlement because they 

are likely to face a star law firm, we should expect Pµ≠ > PµC≠. The above expression clarifies that this 

leads to underestimating the treatment effect of star plaintiff law firms [. 

One solution to this difficulty is to stratify the sample so that Pµ≠ ≈ PµC≠. In other words, we compare 

lawsuits with star law firms to lawsuits with similarly-sized settlements, but without star law firms. To that 

end, we employ a matched-sample approach. For each lawsuit with a star law firm, we include in the 

regression sample ) lawsuits with non-star law firms having similar settlement size, with ) = 10, 5, 3, or 
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1. This ensures that Pµ≠ ≈ PµC≠ and P≠≠ ≈ P≠C≠, thus removing the bias if it exists. 

The results are reported in Table 3.7. In no specification do we detect a larger effect associated with 

star law firms in comparison to the baseline test of Table 3.2. In fact, the coefficient on •Ed_ is always 

small, insignificantly different from zero or at best weakly significant, and actually negative in all 

specifications. These results indicate that the results of Table 3.2 are not an artifact of insurance coverage 

absorbing part of the treatment effect of star law firms. 

3.5.4 Changes in governance around the lawsuit 

So far we have assumed that all that the plaintiff cares about is the dollar settlement amount. However, it is 

possible that the payoff plaintiffs seek is not exclusively monetary; they may in fact derive a benefit from 

material changes in management and/or governance practices. As a result, the defendant company might 

be able to avoid having to pay a large settlement on condition of implementing changes to its governance 

structure; and conceivably this might be a more favorable outcome for the plaintiff, as it brings about gains 

over the longer term. As argued by Romano (1991), this would be a salutary Coasian outcome, where the 

defendant company, rather than the court, is able to redress the problems that give rise to the lawsuit in the 

first place. According to this line of reasoning, an alternative explanation for our findings is that the 

beneficial impact of star law firms manifests itself, rather than in higher settlement amounts, in changes in 

governance at the defendant company.  

Indeed, changes along several corporate governance dimensions do take place around the average 

lawsuit in our data. In the tests in this section, we consider changes in board composition, CEO identity, 

CEO compensation, and in the Bebchuk et al. (2009) E-index. As reported in Table 3.8, panel A, over the 

course of the average lawsuit we observe the departure (addition) of 1.1 (1.6) board members, and a net 

reduction in board size of 0.5 members. Similar changes are found when we restrict the sample to 

shareholder lawsuits. Relative to the average pre-lawsuit board size of about 7 members, these changes 

appear economically meaningful, and potentially value-improving based on Yermack’s (1996) evidence 

that smaller boards are associated with higher stock market valuation. In a similar spirit, we also observe a 

CEO change in nearly 20% of lawsuits (overall as well as shareholder lawsuits). The picture is more 
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ambiguous when we look at changes in CEO compensation, at those companies where the CEO does not 

change during the course of the lawsuit. In those cases, CEO bonuses and equity compensation (restricted 

stocks plus stock options) are reduced by about 20% and 30% respectively, but the CEO’s salary increases 

by 13% (similar effects obtain when restricting the sample to shareholder lawsuits). Overall, we observe an 

increase in the E-index, signaling greater managerial entrenchment; but the statistical significance of the 

change is only marginal, and disappears when we restrict the sample to shareholder lawsuits. In sum, we 

observe potential improvements in governance associated with managerial turnover (CEO and board 

membership changes), but more ambiguous results when looking at CEO compensation and managerial 

entrenchment, closer to the spirit of the findings of Romano (1991), who finds little impact of litigation on 

those dimensions. 

The interesting question is if any governance improvements are more likely when the plaintiff law firm 

is a star. We run a set of tests for this possibility, looking at corporate governance changes following the 

lawsuit. We estimate: 

 ΔΩ&' = I + J•Ed_' + f
yK&' + L&' (12) 

The dependent variable ΔΩ denotes the annualized percentage change in a given corporate governance 

quality proxy over the period from the end of the year before lawsuit " is filed to the end of the year when 

it is settled (or dismissed), and K includes the Kim and Skinner (2012) controls, as well as defendant 

company and filing year fixed effects.  

The results are reported in Table 3.8, panels B (all lawsuits) and C (shareholder lawsuits). Overall, we 

find very little evidence that star plaintiff law firms are associated with governance improvements. The 

coefficient on •Ed_  is, across all specifications, small and mostly indistinguishable from zero at 

conventional levels of statistical significance. The only significant effects we detect are a positive 

association between •Ed_ and the likelihood of a CEO change, which is 3 percentage points higher in 

shareholder lawsuits, and between •Ed_ and the change in CEO salary, which 1.5-2.4% lower. There is no 

evidence of a significant relation between star plaintiff law firms and the size of the board (although the 
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number of board departures and additions both decrease), nor with components of CEO compensation other 

than salary.  

Overall, the evidence reported in this section provides little support for the view that the small treatment 

effect of star plaintiff law firms on settlement amounts can be compensated by changes in classic corporate 

governance measures. In unreported tests we considered a range of indexes of corporate social 

responsibility from the MSCI-KLD database, related to employee relations, diversity, community, human 

rights, and environmental performance. We find little evidence of any association between those indexes 

and •Ed_, suggesting that even broadening the scope of governance changes is unlikely to reveal a material 

treatment effect of stars. 

3.6 Discussion 

The results of Table 3.2 indicate that about 80% of the settlement generated by a star law firm is explained 

by selection. That implies that stars are not especially better than the average law firm at reaching a 

favorable settlement for their clients. Combined with the finding that they tend to charge higher fees (Table 

3.3), this evidence suggests that plaintiffs could be better off hiring lesser-known law firms. Why, then, 

does that not happen? 

The answer to that question has two parts. First, modest as it may be, there still exists a treatment effect 

associated with star law firms. Our baseline estimates imply that they outperform non-stars, net of the 

corporate insurance benchmark, by a statistically significant 3%. That translates into an over $800,000 

higher settlement amount, relative to the average settlement of $27 million. Economically, this may be non-

negligible, and it may be sufficient to induce a preference for stars. 

Second, the selection effect – the ability of stars to pick lawsuits that have a greater chance of settling 

– can be valuable per se to prospective plaintiffs, as they typically lack the ability to assess the merit of 

their case. The estimates of Table 3.5, columns (3)-(4), indicate that stars have a 5-8% higher probability 

of reaching a settlement. This is economically non-trivial, and combined with the treatment effect, it may 
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justify the success of stars.70  

These considerations suggest that, despite the small treatment effect of stars indicated by our findings, 

great caution should be exercised before drawing general welfare implications. A small competitive 

advantage is nonetheless an advantage, and the market share and higher fees commanded by star law firms 

may well be rational in equilibrium.  

An alternative is that plaintiffs could indeed improve their welfare by turning to non-stars, but are 

unable to do so. The combination of two frictions can lead to this result. The first one comprises the 

regulatory barriers to entry into the legal profession mentioned in the introduction, which limit the supply 

of potential competitors. The second friction is related to information asymmetry between law firms and 

their clients, as well as institutional features of the market for legal services in the U.S. Not only are 

plaintiffs often unable to assess the merit of their case against a defendant company without the assistance 

of legal counsel, but it is not uncommon for law firms to actively pursue prospective clients.71 As a result 

of those frictions, law firm clients are unlikely to search for alternative, less expensive legal counsel, which 

can sustain the dominant position of stars. Determining whether the competitive advantage or limits to 

competition explanation for the small treatment effect of star law firms that we document is beyond the 

scope of our analysis, and left for future research. 

3.7 Conclusion 

We study the performance of dominant law firms (“stars”) in corporate litigation, on a large sample of 

corporate lawsuits in the U.S. over the period 1970-2016. We exploit corporate insurance coverage as a 

                                                        
70 An additional possibility could be that star law firms help their clients reach a settlements in a shorter time. When 
we regress the time log-time between filing of the lawsuit and settlement (or dismissal) on the •Ed_ indicator, however, 
we find small, insignificant, and actually positive coefficients on the indicator, suggesting that star law firms are not 
associated with quicker lawsuits. 
71  A characteristic illustration of that is the shareholder alerts often placed online by law firms specializing in 
shareholder class actions. For instance, in August 2018 Bronstein, Gewirtz & Grossman, LLC announced that it is 
“investigating potential claims on behalf of purchasers of Atlantia S.p.A.”, seeking facts related to its investigation on 
whether Atlantia’s officers and/or directors violated federal securities laws, as well as investors who “purchased 
Atlantia shares”, presumably as prospective clients. In the same alert, Bronstein, Gewirtz & Grossman, LLC mention 
that their primary expertise is “the aggressive pursuit of litigation claims on behalf of our clients.” The alert is available 
at: https://www.bgandg.com/atasy.  
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benchmark for expected settlement amounts, to separate to what extent (a) stars reach more favorable 

settlements on any lawsuit (“treatment effect”) or (b) stars pick lawsuits where a favorable settlement is ex 

ante more likely (“selection effect”). Our findings indicate that selection explains over 80% of observed 

settlement amounts, and that star firms have an economically small treatment effect. This result is not 

explained by measurement error or over-insurance; and stars also do not appear to be associated with 

significant improvements in governance at the defendant companies. Overall, our evidence suggests that 

star law firms are not especially more valuable to their clients than lesser-known firms. 
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Tables  

Table 3.1: Descriptive statistics 
The table reports descriptive statistics for the main variables used in the analysis. The summary statistics for Settlement 
($MM), Settlement | Insurance coverage ($MM), Insurance coverage ($MM), Fees ($MM), and Case settled (Y/N) 
are based on collapsed data where one observation corresponds to one lawsuit. The other variables are based on data 
where one observation is one lawsuit and one law firm. The variable Settlement | Insurance coverage ($MM) is 
identical to Settlement ($MM), except in that the sample is restricted to observations where corporate insurance 
coverage data are available. All dollar quantities are expressed in 2010 dollars. All the variables are defined in detail 
in Appendix 3.A.1. The sample is the set of all lawsuits against U.S. public firms filed in the period 1970-2016, 
contained in the union of the Audit Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and 
Stanford Securities Class Action Clearinghouse databases. 

Variable  Mean St. dev. Min P25 Median P75 Max N 
 (1) (2) (3) (4) (5) (6) (7) (8) 

Star 0.048 0.213 0.000 0.000 0.000 0.000 1.000 71,260 
Star (fees) 0.050 0.218 0.000 0.000 0.000 0.000 1.000 71,260 
Star (count) 0.106 0.308 0.000 0.000 0.000 0.000 1.000 71,260 
Rank 0.052 0.139 0.000 0.000 0.002 0.033 1.000 71,260 
Size 7.542 2.738 2.234 5.404 7.309 9.473 14.337 58,136 
Sales growth 0.214 0.675 -0.945 -0.004 0.060 0.242 5.038 57,915 
Return 0.038 0.626 -1.915 -0.245 0.016 0.307 2.278 58,485 
Ret. skewness 0.196 0.701 -1.485 -0.264 0.153 0.625 2.105 57,690 
Ret. volatility 0.154 0.106 0.034 0.080 0.123 0.194 0.577 57,690 
Share turnover 3.157 3.211 0.175 1.152 2.132 3.959 18.984 56,519 
Settlement ($MM) 27.266 110.035 0.000 0.000 1.753 9.115 963.167 14,470 
Settlement | Ins. cvg. 
($MM) 45.987 162.491 0.000 0.687 3.738 13.114 963.167 1,309 

Ins. coverage ($MM) 33.216 146.039 0.000 0.013 2.577 9.527 963.167 1,309 
Fees ($MM) 3.714 8.862 0.000 0.348 0.928 2.789 62.934 5,218 
Case settled (Y/N) 0.578 0.494 0.000 0.000 1.000 1.000 1.000 25,034 
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Table 3.2: Baseline estimates 
The table shows the estimates of: 

x&' = I + J•Ed_' + f
yK&' + L&' 

The unit of analysis is one lawsuit ", where law firm ™ acts as a plaintiff law firm. In column (1) the dependent variable 
is •^EE¶^ß^)E − â]®^_d©^, the difference between log-settlement amounts and log-insurance coverage on lawsuit 
". In column (2), the dependent variable is the log-insurance coverage â]®^_d©^; in columns (3) and (4) it is the log-
settlement •^EE¶^ß^)E, with the sample restricted to observations with available insurance coverage data in column 
(3), and unrestricted in column (4). •Ed_' is an indicator variable equal to 1 if plaintiff law firm ™ ranks among the 
top 10 firms by settlement amounts. K is the vector of control variables used by Kim and Skinner (2012), listed in the 
table; I denote defendant firm and filing year fixed effects. All the variables are defined in detail in Appendix 3.A.1. 
The sample is the set of all lawsuits against U.S. public firms filed in the period 1970-2016, contained in the union of 
the Audit Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and Stanford Securities Class 
Action Clearinghouse databases. The t-statistics, reported in parentheses, are based on standard errors clustered around 
defendant company. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively.  

Dep. variable: •^EE¶^ß^)E

− â]®^_d©^ â]®^_d©^ •^EE¶^ß^)E •^EE¶^ß^)E 
•^EE¶^ß^)E

− â]®^_d©^ •^EE¶^ß^)E 
 (1) (2) (3) (4) (5) (6) 
Star 0.102*** 0.510*** 0.612*** 0.630*** 0.031*** 0.184*** 

 (6.70) (11.91) (11.42) (13.45) (3.71) (6.91) 
Size     0.040* 0.175**  

     (1.80) (2.22) 
Sales growth     0.022 0.145**  

     (1.41) (2.09) 
Return     -0.005 -0.098 

     (-0.19) (-1.06)  
Ret. skewness     0.007 -0.009 

     (0.55) (-0.23)  
Ret. volatility     -0.285 -0.702 

     (-1.51) (-1.16)  
Share turnover     0.008* 0.016 

     (1.65) (1.05) 
Intercept 0.077*** 0.323*** 0.400*** 1.072***   

 (11.50) (18.27) (18.56) (45.28)   
       

Require 
available ins. 
coverage data Y Y Y  Y Y 
Filing year f.e.      Y Y 
Defendant firm 
f.e.     Y Y 
R2 0.003 0.012 0.012 0.007 0.582 0.72 
N 33,759 33,759 33,759 71,260 26,426 26,426 
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Table 3.3: Fees for star plaintiff law firms 
The table shows the estimates of: 

<^^k&' = I + J•Ed_' + f
yK&' + L&' 

In column (1) the dependent variable is <^^k, the natural logarithm of the fees charged by the plaintiff law firm 
(expressed in millions of 2010 dollars); in column (2), it is the log-fees plus expense reimbursements. •Ed_' is an 
indicator variable equal to 1 if plaintiff law firm ™ ranks among the top 10 firms by settlement amounts. K is the vector 
of control variables used by Kim and Skinner (2012), augmented to include the log-settlement amount •^EE¶^ß^)E; 
I denote defendant firm and filing year fixed effects. All the variables are defined in detail in Appendix 3.A.1. The 
sample is the set of all lawsuits against U.S. public firms filed in the period 1970-2016, contained in the union of the 
Audit Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and Stanford Securities Class Action 
Clearinghouse databases. The t-statistics, reported in parentheses, are based on standard errors clustered around 
defendant company. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively.  

 (1) (2) 
Star 0.032*** 0.033*** 

 (2.68) (2.79) 
   

Controls Y Y 
Filing year f.e. Y Y 
Defendant firm f.e. Y Y 
R2 0.911 0.911 
N 12,114 12,114 
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Table 3.4: Robustness 
The table reports robustness checks on the baseline results of Table 3.2. In all panels except D, the odd-numbered 
columns report correspond to column (5) of Table 3.2, with •^EE¶^ß^)E − â]®^_d©^ as the dependent variable, and 
the even-numbered columns correspond to column (6), with •^EE¶^ß^)E as the dependent variable. Panel A considers 
alternative proxies for law firm status: •Ed_	(™^^k), a top-10 law firm indicator based on fees (columns (1)-(2)), 
•Ed_	(´]`)E), a top-10 law firm indicator based on the number of past lawsuits (columns (3)-(4)), and the continuous 
Qd)e measure based on settlement amounts (columns (5)-(6)). Panel B considers alternative treatments of the standard 
errors, running Fama-MacBeth regressions (columns (1)-(2)), or using two- and three-way clustered standard errors 
(columns (3)-(6)). Panel C considers augmented specifications with additional control variables. Columns (1)-(4) of 
panel D report specifications corresponding to column (5) of Table 3.2, with •^EE¶^ß^)E − â]®^_d©^  as the 
dependent variable, augmented to include additional fixed effects. Columns (5)-(6) correspond to the same columns 
of Table 3.2, focusing on the performance of star law firms in shareholder lawsuits (class actions and derivative 
actions). Panel E reports specifications where lawsuits with identical defendant firm, court, docket, and filing date, 
but different settlement date are collapsed (columns (1)-(2)), where lawsuits with identical defendant firm, court, filing 
date, settlement, but different dockets are collapsed (columns (3)-(4)), as well as a breakdown of the effects associated 
with star law firms by time period (columns (5)-(6)). Panel F controls the regressions for logarithm of insurance 
coverage, â]®^_d©^, instead of subtracting it on the left-hand side. The sample is the set of all lawsuits against U.S. 
public firms filed in the period 1970-2016, contained in the union of the Audit Analytics, ISS, Federal Court Cases, 
Master Significant Cases & Actions, and Stanford Securities Class Action Clearinghouse databases. The t-statistics, 
reported in parentheses, are based on standard errors clustered around defendant company. *, **, and *** denote 
statistical significance at the 10%, 5%, and 1% levels respectively. 

 (1) (2) (3) (4) (5) (6) 
A. Alternative law firm status proxies 
Star (fees) 0.027*** 0.169***     

 (3.42) (6.63)     
Star (count)   0.021*** 0.142***   

   (2.82) (6.34)   
Rank      0.051*** 0.358*** 

     (3.31) (7.40) 
       

Controls Y Y Y Y Y Y 
Filing year f.e. Y Y Y Y Y Y 
Defendant firm f.e. Y Y Y Y Y Y 
R2 0.582 0.720 0.582 0.720 0.582 0.721 
N 26,426 26,426 26,426 26,426 26,426 26,426 

       
B. Fama-MacBeth and alternative standard error clusters 
 Fama-MacBeth Alternative standard error clusters 
Star 0.045** 0.233** 0.031*** 0.184*** 0.031*** 0.184*** 

 (2.56) (2.46) (3.02) (4.60) (4.22) (4.19) 
       

Controls Y Y Y Y Y Y 
Filing year f.e. Y Y Y Y Y Y 
Defendant firm f.e.   Y Y Y Y 

St. error Newey-West 5 lags Cluster by firm  
and year 

Cluster by firm, law  
firm, and year 

(Avg.) R2 0.331 0.372 0.582 0.72 0.582 0.720 
N 26,229 26,229 26,426 26,426 26,426 26,426 
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Table 3.4: Robustness – continued 

 (1) (2) (3) (4) (5) (6) 
C. Additional control variables 
Star 0.030** 0.192*** 0.017** 0.169*** 0.015* 0.150*** 

 (2.49) (5.14) (2.13) (4.27) (1.83) (3.68) 
       

Baseline controls Y Y Y Y Y Y 
Additional firm controls Y Y Y Y Y Y 
Transparency controls   Y Y Y Y 
Governance controls     Y Y 
Filing year f.e. Y Y Y Y Y Y 
Defendant firm f.e. Y Y Y Y Y Y 
R2 0.537 0.677 0.569 0.695 0.574 0.719 
N 15,178 15,178 12,108 12,108 10,433 10,433 

       
D. Additional fixed effects; Shareholder lawsuits 
Star 0.027*** 0.025*** 0.009 0.010 -0.020 -0.062 

 (3.49) (3.31) (0.57) (0.69) (-1.20) (-1.04) 
Star × Class action     0.051** 0.223*** 

     (2.43) (3.37) 
Star × Derivative action     0.020 0.396** 

     (0.38) (2.43) 
Class action     0.067*** 0.432*** 

     (3.20) (8.35) 
Derivative action     0.032 0.065 

     (0.78) (0.92) 
       

Controls Y Y Y Y Y Y 
Filing year f.e. Y Y Y Y Y Y 
Defendant firm f.e. Y Y Y Y Y Y 
Court f.e. Y   Y   
Lawsuit category f.e.  Y  Y   
Law firm f.e.   Y Y   
R2 0.596 0.585 0.674 0.686 0.584 0.733 
N 26,302 26,410 22,931 22,826 26,426 26,426 
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Table 3.4: Robustness – continued 

 (1) (2) (3) (4) (5) (6) 
E. Collapsed data; effects by time period 
Star 0.031*** 0.193*** 0.030*** 0.182***   

 (3.65) (6.89) (3.60) (6.83)   
Star: 1970-2000     0.003 -0.044 

     (0.26) (-1.63) 
Star: 2001-2005     0.008 0.060 

     (0.63) (1.61) 
Star: 2006-2010     0.051** 0.330*** 

     (2.36) (5.23) 
Star: 2011-2016     0.074* 0.420*** 

     (1.96) (4.25) 
       

Controls Y Y Y Y Y Y 
Filing year f.e. Y Y Y Y Y Y 
Defendant firm f.e. Y Y Y Y Y Y 
R2 0.583 0.717 0.582 0.721 0.582 0.721 
N 24,649 24,649 26,324 26,324 26,426 26,426 
       
F. Controlling for â]®^_d©^ 
Star 0.020* 0.013*     
 (1.94) (1.80)     
â]®^_d©^ 1.159*** 1.119***     
 (111.31) (68.23)     
       
Controls  Y     
Filing year f.e.  Y     
Defendant firm f.e.  Y     
R2 0.901 0.956     
N 33,759 26,426     
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Table 3.5: Measurement error 
The table reports a number of checks against the possibility that measurement error explains the baseline findings of Table 3.2, owing to the fact that corporate 
insurance coverage cannot be observed when a lawsuit is dismissed. Columns (1)-(2) report the estimates of Table 3.2 (columns (5)-(6)) for ease of comparison. 
Columns (3) and (4) report the estimates of a model relating the relationship between the star law firm indicator and the probability that the case is settled (as 
opposed to dismissed), using a probit model (column (3), where marginal effects are reported) or a linear probability model (column (4)). The remaining columns 
report alternative approaches to dealing with the censored insurance coverage data for dismissed lawsuits. Column (5) is based on list-wise deletion, i.e. the sample 
is restricted to observations with available data (settled cases). Column (6) is also based on list-wise deletion, but applies Inverse Probability Weighting (IPW) to 
assign more importance to observations that, although corresponding to settled lawsuits, are ex ante more likely dismissed. Column (7) applies mean imputation to 
estimate imputed values for the censored insurance coverage observations, and based on those imputed values estimates a regression corresponding to column (1). 
Column (8) also uses imputed values, obtained with the Markov Chain-Monte Carlo Multiple Imputation (MCMC-MI) method. Column (9) also uses imputed 
values, obtained with the Random Forest (RF) method. The sample is the set of all lawsuits against U.S. public firms filed in the period 1970-2016, contained in 
the union of the Audit Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and Stanford Securities Class Action Clearinghouse databases. 
The t-statistics, reported in parentheses, are based on standard errors clustered around defendant company (except in column (8), where they are based on the Rubin 
(1996)) formulas). *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively. 

 Baseline (as in Table 3.2) Probability of !"##$"%"&#	– 	)*+",-." 

 
!"##$"%"&#	
− 	)*+",-." !"##$"%"&# 

settlement List-wise 
deletion IPW 

Mean 
imputation 

MCMC-
MI RF 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Star 0.031*** 0.184*** 0.077*** 0.048*** -0.012 -0.010 0.021 0.046 0.077** 
 (3.71) (6.91) (7.81) (7.26) (-1.13) (-1.20) (0.95) (1.00) (2.53) 
          
Controls Y Y Y Y Y Y Y Y Y 
Filing year f.e. Y Y Y Y Y Y Y Y Y 
Defendant firm f.e. Y Y  Y Y Y Y Y Y 
R2 0.582 0.720  0.743 0.865 0.878 0.645  0.735 
N 26,426 26,426 26,426 26,426 4,926 4.922 26,426 26,426 26,426 
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Table 3.6: Over-insurance 
The table reports a number of checks against the possibility that the baseline findings of Table 3.2 are explained by 
some defendant company over-insuring against corporate litigation. Over-insurance is identified as follows. For each 
defendant company in our data, we estimate the yearly D&O insurance coverage and per dollar insurance price 
applying the Random Forest algorithm to the leading insurance company database as described in the text and in 
greater detail in Appendix 3.C. In columns (1)-(2), insurance coverage (price) is then regressed on indicators for size 
(total assets) quintiles, settlement year, and interactions, obtaining regression residuals. A company is considered over-
insured when the coverage residuals are positive and the price residuals are negative. Columns (3)-(4) repeat the 
procedure, augmenting the insurance coverage and price regressions to include Fama-French 10 industry indicators 
and their interactions with settlement year indicators; columns (5)-(6) repeat it again, augmenting the insurance 
coverage and price regressions to include an indicator for above-median number of previous lawsuits and its 
interactions with settlement year indicators. The row labeled “Difference F test (p-value)” reports the F test statistic 
for the difference between the coefficient on !"#$ in the over-insured and rest samples, as well as the associated p-
value. The sample is the set of all lawsuits against U.S. public firms filed in the period 1970-2016, contained in the 
union of the Audit Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and Stanford Securities 
Class Action Clearinghouse databases. The t-statistics, reported in parentheses, are based on standard errors clustered 
around defendant company. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively. 

Over-insurance based on: Size  Size and industry  
Size, prev. lawsuits, 

and industry 

 
Over-

insured Rest  
Over-

insured Rest  
Over-

insured Rest 
 (1) (2)  (3) (4)  (5) (6) 

Star 0.031** 0.027***  0.033*** 0.027***  0.052** 0.024*** 
 (2.39) (3.23)  (2.58) (3.23)  (2.31) (3.24) 
         

Difference F test (p-value) 0.092 (0.761)  0.172 (0.678)  1.381 (0.240) 
         

Controls Y Y  Y Y  Y Y 
Filing year f.e. Y Y  Y Y  Y Y 
Defendant firm f.e. Y Y  Y Y  Y Y 
R2 0.709 0.628  0.719 0.632  0.701 0.598 
N 6,188 20,006  5,935 20,249  2,129 24,196 
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Table 3.7: Potential relationship between insurance coverage and star plaintiff law firms 
The table reports the estimates of the baseline (equation (10)) on a matched sample, constructed as follows. For each 
lawsuit with a star law firm, % matching lawsuits with the closest settlement amount are included in the sample, with 
% = 10 (column (1)), 5 (column (2)), 3 (column (3)), and 1 (column (1)). All the panels correspond to column (5) of 
Table 3.2, with !'""(')'%" − +,-'$#.' as the dependent variable. The lawsuits in each sample are retrieved from 
the set of all lawsuits against U.S. public firms filed in the period 1970-2016, contained in the union of the Audit 
Analytics, ISS, Federal Court Cases, Master Significant Cases & Actions, and Stanford Securities Class Action 
Clearinghouse databases. The t-statistics, reported in parentheses, are based on standard errors clustered around 
defendant company. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively. 

 10 matches 5 matches 3 matches 1 match 
 (1) (2) (3) (4) 

Star -0.015 -0.020 -0.013 -0.019* 
 (-0.69) (-1.23) (-0.84) (-1.70) 
     

Controls Y Y Y Y 
Filing year f.e. Y Y Y Y 
Defendant firm f.e. Y Y Y Y 
R2 0.890 0.890 0.892 0.902 
N 16,945 10,237 7,279 4,314 
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Table 3.8: Changes in governance around corporate lawsuits 
The table reports a number of checks against the possibility that star law firms have an impact on the quality of corporate governance, beyond their impact on 
settlement amounts. Panel A computes average changes around all lawsuits (first row) and shareholder lawsuits (second row) in a number of dimensions of 
governance: The Bebchuck, Cohen, and Ferrel (2009) E-index (column (1)), changes in board composition (columns (2)-(4)), CEO changes (column (5)), and 
change in CEO compensation (columns (6)-(8)). Each cell reports the average (or average % change), with the corresponding t-statistic in parenthesis (based on 
standard errors clustered around defendant company). Panel B reports the estimates of specifications analogous to Table 3.2, where the dependent variable is one 
of the governance dimensions analyzed in panel A (all specifications include controls and defendant company and filing year fixed effects). Panel C reports similar 
regressions, restricting the sample to shareholder lawsuits. In all specifications the t-statistics, reported in parentheses, are based on standard errors clustered around 
defendant company. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels respectively. 

 % change in  Board…  CEO  % change in CEO… 
 E-index  Departures Additions Size  change (Y/N)  Salary Bonus Equity pay 
 (1)  (2) (3) (4)  (5)  (6) (7) (8) 

A. Average across all lawsuits and shareholder lawsuits 
Average 0.010*  1.101*** 1.557*** -0.482***  0.171***  0.133*** -0.207*** -0.273*** 

 (1.85)  (64.09) (76.88) (-43.80)  (55.37)  (38.17) (-28.43) (-50.70) 
Shareholder 
lawsuits 0.021  0.997*** 1.475*** -0.494***  0.184***  0.130*** -0.198*** -0.322*** 

 (0.82)  (15.38) (18.44) (-11.65)  (14.13)  (10.30) (-5.47) (-12.91) 

            
B. Regression estimates: All lawsuits 
Star 0.008  -0.048* -0.048 0.009  0.024  -0.024** 0.040 0.001 

 (1.12)  (-1.74) (-1.39) (0.64)  (1.58)  (-2.53) (1.34) (0.07) 

            

R2 0.891  0.742 0.751 0.815  0.446  0.473 0.652 0.687 

N 2,881  10,306 10,476 10,304  14,823  10,147 9,367 9,882 

            
C. Regression estimates: Shareholder lawsuits 
Star 0.003  -0.032 -0.045 0.020  0.032**  -0.015* 0.014 0.000 

 (0.77)  (-1.20) (-1.31) (1.38)  (2.43)  (-1.91) (0.68) (0.03) 

            

R2 0.981  0.780 0.782 0.853  0.647  0.652 0.809 0.834 

N 1,658  7,185 7,263 7,185  7,964  5,400 4,830 5,168 
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Figures 

 

Figure 3.1: Market concentration among plaintiff corporate law firms 
The figure reports the market share of plaintiff corporate law firms over four periods: up to and including 2000, 
2001-2005, 2006-2010, 2011-2016. Law firms are ranked based on the total settlement amounts they generate over 
a given year, with the firms with the largest total settlements taking rank 1. They are then aggregated into 30-firm 
brackets, and their aggregate settlement amounts over a given period are plotted in the graph. The sample combines 
law plaintiff law firms in corporate lawsuits in the AA, ISS, FCC, MSCAd, and SCAC databases over the period 
1970-2016.  
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A. Lawsuit filings B. Average settlement amounts 

Figure 3.2: Lawsuit filings and average settlement amounts, 1970-2016 
In panel A, the figure plots the number of general corporate lawsuits (red bars) and shareholder lawsuits (green bars) filed in each 5-year period since 1970. In 
panel B, it plots the average settlement amount (in 2010 $MM) associated with general corporate lawsuits (red bars) and shareholder lawsuits (green bars) in the 
same periods. The sample combines law plaintiff law firms in corporate lawsuits in the AA, ISS, FCC, MSCAd, and SCAC databases over the period 1970-2016. 
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A. Lawsuit filings, by industry B. Average settlement amount, by industry 

  
C. Lawsuit filings, by lawsuit category D. Average settlement amount, by lawsuit category 

Figure 3.3: Lawsuit sample composition by industry and lawsuit category 
The figure describes the composition of the lawsuit sample by Fama-French industry (panels A and B) and lawsuit 
category (panels C and D). Panels A and C report the number of lawsuits filed in each industry and lawsuit category 
respectively, and panels B and D the corresponding average settlement amounts (in 2010 $MM). The sample combines 
law plaintiff law firms in corporate lawsuits in the AA, ISS, FCC, MSCAd, and SCAC databases over the period 
1970-2016. 
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Appendix 3.A Description of variables and dataset construction 

3.A.1: Variables description 

The following table reports the description of all the variables used in the analysis. The data on lawsuits 
and law firms combines information from the Master Significant Cases & Actions Database (MSCAd), ISS 
Securities Class Action Services (ISS), Audit Analytics Litigation (AA), and Federal Court Cases: 
Integrated Data Base (FCC). All accounting data come from Compustat and stock trading information from 
CRSP; those variables are expressed in their value as of the end of the fiscal year prior to the lawsuit filing 
date (the relevant Compustat and CRSP data items are listed in parentheses.). All dollar values are expressed 
in 2010 constant prices.  

Variable name Description Source 

Main outcome variables 
Settlement Natural logarithm of the lawsuit settlement amount. The lawsuit settlement 

amount is equal to the maximum of the available values of the MSCAd 
settlement_amount variable, the settlement amount stated in the SCAC case 
description, the ISS total amount, the AA settlement, or the FCC amtrec. 
The settlement amount is expressed in millions of 2010 U.S. dollars. 

MSCAd, 
SCAC, ISS, 
AA, FCC 

Coverage Natural logarithm of the portion of the settlement amount covered by the 
defendant’s corporate insurer, or insurance coverage. The insurance 
coverage is equal to the maximum of the available values of the MSCAd 
exposure_insured variable, the insurance amount stated in the SCAC case 
description, or the ISS insurance amount. The coverage amount is expressed 
in millions of 2010 U.S. dollars. 

MSCAd, 
SCAC, ISS 

Fees; fees plus 
expense 
reimbursements  

Natural logarithm of the amount spent by the plaintiff in prosecuting the 
case, for lawyers, law firms, legal representation, and other related expenses 
(legal fees). The legal fees are equal to the maximum of the available values 
for the MSCAd plaintiff_legal_fees_expenses variable, the fees stated in the 
SCAC case description, or the ISS plaintiff legal fees description. The ISS 
plaintiff legal fees description comes in the form of a text paragraph, from 
which we extract the fee amount using regular expressions and then 
manually checking whether the information is correct. The legal fees are in 
expressed in millions of 2010 U.S. dollars. From the case description in ISS 
and SCAC we are also able to separate out the component of the fees related 
to expense reimbursements, so that we can create a separate variable 
corresponding to fees only. 

MSCAd, 
SCAC, ISS 

Case settled Indicator variable equal to 1 if the MSCAd case_status is “award” or 
“settled”, the SCAC case status is “settled”, or if the ISS case status is 
“settled”, or the FCC disp is 13 (“settled”) or the FCC trclact is 3 (“granted”) 
or if the lawsuit settlement amount (defined below) is greater than zero. It 
is equal to 0 if the MSCAd case_status is “dismissed”, the SCAC case status 
is “dismissed”, or the ISS case status is “dismissed”, or the FCC disp is 2 
(“dismissal – want of prosecution”) or 3 (“dismissal – lack of jurisdiction”) 
or (“dismissal – voluntarily”) or (“dismissal – other”) or the FCC trclact is 
2 (“denied”). 

MSCAd, 
SCAC, ISS, 
FCC 

   
The table continues on the next page. 
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The Table 3.continues from the previous page. 
Variable name Description Source 

Law firm status proxies 
Star Indicator variable for the top 10 law firms based on 5-year cumulative 

settlement amounts. For a given law firm !  in year " , the cumulative 
settlement amount #$%  generated by the firm over the 5 years up to and 
including " is computed. Law firms in year " + 1 are then ranked, sorting 
them by #$%, such that the firm with the largest cumulative settlement has 
the top rank.  

MSCAd, ISS, 
AA, SCAC 

Star (fees) Indicator variable for the top 10 law firms based on 5-year cumulative 
fees. The construction is analogous to the Star indicator, where the 
settlement amounts are replaced by legal fees. Legal fees are not always 
available; when the fees are missing, they are replaced by 1/3 of the 
settlement amount.  

MSCAd, 
SCAC, ISS 

Star (count) Indicator variable for the top 10 law firms based on the 5-year cumulative 
number of lawsuits in which they are involved. The construction is 
analogous to the Star and Star (fees) indicators, replacing settlement 
amounts or fees by the number of lawsuits involving the law firm in a 
given year. 

MSCAd, 
SCAC, ISS, 
AA,  

Rank Continuous measure of law firm status. It is based on the 5-year 
cumulative settlement amounts #$% associated with law firm ! in year ". In 
year " + 1, Rank is then defined as: 

()*+$%,- =
#$% −min01#0%2	

max01#0%2 −min01#0%2
 

where min01#0%2  and max01#0%2  are the minimum and maximum 
cumulative settlement across all law firms 4 other than firm !. 

MSCAd, 
SCAC, ISS, 
AA 

Kim and Skinner (2012) control variables 
Size Natural logarithm of total assets (at). Total assets are expressed in millions 

of 2010 U.S. dollars. 
Compustat 

Sales growth Following Kim and Skinner (2012), it is defined as sales (sale) minus 
previous year sales divided by the beginning of the year total assets (at). 

Compustat 

Return Following Kim and Skinner (2012), it is defined as the monthly market-
adjusted stock return (ret - sprtrn) cumulated over a 12-month period. The 
cumulation period ends with the fiscal year-end. 

CRSP 

Return skewness Following Kim and Skinner (2012), it is defined as the skewness of the 
defendant company’s monthly stock returns (ret) over as 12-month period  

CRSP 

Return volatility Following Kim and Skinner (2012), it is defined as the standard deviation 
of the defendant company’s monthly returns (ret) over a 12-month period. 

CRSP 

Share turnover Following Kim and Skinner (2012), it is defined as the total trading 
volume (vol) over the 12-month period ending with the fiscal year-end, 
divided by shares outstanding (shrout) at the beginning of the year. 

CRSP 

 
The table continues on the next page. 
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The table continues from the previous page. 

Variable name Description Source 

Other defendant company characteristics and control variables 
Book-to-Market Book-to-market equity ratio, as of the end of the year prior to lawsuit filing 

date. 
WRDS Fin. 
Ratios Suite 

Dividend payout Dividend payout ratio (cash dividends divided by income before 
amortization and depreciation, if income before amortization and 
depreciation is positive), as of the end of the year prior to lawsuit filing date. 

WRDS Fin. 
Ratios Suite 

ROA Return on total assets, as of the end of the year prior to lawsuit filing date. WRDS Fin. 
Ratios Suite 

Debt-to-Assets Ratio of total liabilities to total assets, as of the end of the year prior to 
lawsuit filing date. 

WRDS Fin. 
Ratios Suite 

Interest coverage Interest coverage ratio (EBIT divided by interest expenses), as of the end of 
the year prior to lawsuit filing date. 

WRDS Fin. 
Ratios Suite 

R&D-to-Sales Ratio of R&D expenses to sales, as of the end of the year prior to lawsuit 
filing date. 

WRDS Fin. 
Ratios Suite 

Advertising-to-
Sales 

Ratio of advertising expenses to sales, as of the end of the year prior to 
lawsuit filing date. 

WRDS Fin. 
Ratios Suite 

Labor-to-sales Ratio of labor expenses to sales, as of the end of the year prior to lawsuit 
filing date. 

WRDS Fin. 
Ratios Suite 

Accruals Ratio of discretionary accruals to total assets, as of the end of the year prior 
to lawsuit filing date. 

WRDS Fin. 
Ratios Suite 

Analyst dispersion Standard deviation of analyst EPS forecast, divided by the absolute value of 
the median forecast. 

IBES 

Analyst error Absolute value of the difference between median analyst EPS forecast and 
actual EPS, divided by the absolute value of the median forecast. 

IBES 

Analyst coverage Natural logarithm of 1 plus the number of analysts covering the defendant 
company. 

IBES 

Bid-ask spread On a given day, the bid-ask spread is defined as the absolute value of the 
difference between the bid and ask prices, divided by the closing price. 
Daily bid-ask spreads are then averaged over a given year. The bid-ask 
spread variable used in the tests is the yearly average, as of the end of the 
year prior to the lawsuit filing date. 

CRSP 

Amihud (2002) 
illiquidity 

On a given day, the Amihud (2002) is defined as the ratio of the absolute 
value of the change in the stock price divided by the dollar trading volume. 
The dollar trading volume is defined as the product between the number of 
shares traded (vol) and the average of the current and lagged stock prices. 
The Amihud ratio is then averaged over a given year. The variable used in 
the tests is the yearly average, as of the end of the year prior to the lawsuit 
filing date. 

CRSP 

Idiosyncratic risk 1 minus the R-squared from a regression of daily excess stock returns (ret 
minus the risk-free rate of return) on the market (mktrf), size (smb), and 
value (hml) factors. 

CRSP; Fama-
French factors 

 
The table continues on the next page. 
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The table continues from the previous page. 
Variable name Description Source 

E-index Bebchuk, Cohen, and Ferrel (2009) entrenchment index. Prof. L. 
Bebchuck’s 
website 

Board size Number of members of the board of directors of the defendant company, as 
of the end of the year prior to the lawsuit filing date. 

BoardEx 

CEO Salary Natural logarithm of the salary (salary) of the defendant company’s CEO. ExecuComp 
CEO Bonus Natural logarithm of the bonus (bonus) of the defendant company’s CEO. ExecuComp 
CEO equity pay Natural logarithm of the equity-based pay (option awards 

option_awards_blk_value plus restricted stocks grants rstkgrnt) of the 
defendant company’s CEO. 

ExecuComp 

Inst. ownership Fraction of the defendant company’s shares held by 13F institutional 
investors. 

TFN 13F 

Top 10 inst. own. Fraction of the defendant company’s shares held by its 10 largest 
institutional investors. 

TFN 13F 

Block ownership Fraction of the defendant company’s shares held by blockholders. TFN 13F 
Num. inst. own. Number of 13F institutional investors holding the defendant company’s 

shares. 
TFN 13F 

Num. block. own. Number of block holders holding the defendant company’s shares. TFN 13F 
Inst. own. HHI HHI concentration index of the firm’s institutional shareholders. TFN 13F 
Class action Indicator variable equal to 1 if the MSCAd class_collective_action variable 

is “class action” or “collective action”, or if the observations come from ISS 
or SCAC, or the AA class action is 1, or if the FCC classact is 1; and equal 
to 0 otherwise. 

MSCAd, ISS, 
AA, FCC 

Derivative action Indicator variable equal to 1 if the MSCAd derivative_action_flag is equal 
to 1 or if the AA derivative indicator is equal to 1, and 0 otherwise. 

MSCAd, AA 
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3.A.2: Lawsuit types and insurance types 

Below we report a list of the types of lawsuits included in our data. 

Shareholder - MSCAd case_category is Shareholder Risks, Financial Practices, Management & Fiduciary 
Risks, Corporate Capital Risks or Finance & Investment, or AA NOS or FCC NOS is 160 Stockholders 
Suits or 850 Securities/Commodities/Exchange, or if the data source is SCAC or ISS (those sources focus 
on shareholder lawsuits). 

Employment - MSCAd case_category is Employment or Workplace, or AA NOS or FCC NOS is 330 
Federal Employers Liability, 442 Employment, 445 - Americans With Disabilities, 710 Fair Labor Standard 
Act, 720 Labor/Management Relations, 740 Railway Labor Act, 751 - Family and Medical Leave Act, 790 
Other Labor Litigation, and 791 Employee Retirement Income Security Act. 

Products - MSCAd case_category is Products, or AA NOS or FCC NOS is 195 - Contract Product Liability, 
245 Tort Product Liability, 315 - Airplane Product Liability, 355 - Motor Vehicle Product Liability, 365 
Personal Injury Product Liability, 368 - Asbestos Personal Injury Product Liability, 380 - Other Personal 
Property Damage, or 385 Property Damage Product Liability. 

Intellectual Property - MSCAd case_category is Intellectual property, or AA NOS or FCC NOS is 820 
Copyrights, 830 Patent, or 840 Trademark. 

Service & Operations - MSCAd case_category is Service & Operations, Business Practices Risks, 
Professional Practices, Transport & Shipping, or AA NOS or FCC NOS is 110 – Insurance, 120 – Marine, 
140 - Negotiable Instrument, 151 – Medicare, 310 – Airplane, 340 – Marine, 350 - Motor Vehicle, 380 - 
Other Personal Property Damage, 362 - Personal Injury Medical Malpractice, 430 - Banks and Banking, 
480 - Consumer Credit, 870 – Taxes, 891 - Agricultural Acts, 

Trade Practice Risks - MSCAd case_category is Trade Practice Risks, or AA NOS or FCC NOS is 450 – 
Commerce, 470 - Racketeer Influenced and Corrupt Organizations. 

Environment - MSCAd case_category is Environment or AA NOS or FCC NOS is 893 Environmental 
Matters. 

Antitrust - MSCAd case_type is Anti-trust AA NOS or FCC NOS is 410 Antitrust. 

Other Contracts and Fraud for residual categories. 
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Table 3.A.2 Liability insurance types 

The following table reports a number of lawsuits categorized by type of insurance, covering (a part of) 
lawsuit settlement amount. The table uses all the 1,340 lawsuits with available insurance data. Securities 
NOS=850 (ISS and SCAC) denote securities lawsuits with the insurance data available only in ISS or/and 
SCAC. Liability insurance types and lawsuit types in all other instances are from MSCAd dataset. 

Liability insurance type Lawsuit type # lawsuits % in total 

Directors & Officers (D&O) 

Securities NOS=850 (ISS and SCAC) 516  

Securities Class Action 457  

Derivative Shareholder Action 78  

Merger Objection 29  

Securities Individual Actions 5  

Breach of Fiduciary Duties: Securities 2  

Capital Regulatory Actions 3  

Proxies and Solicitation Violations 3  

Billing Fraud 3  

Bid Rigging 1  

Negligence 1  

    1,098 81.94% 
      

Professional Practices   67 5.00% 
Employment Practices 49 3.66% 
Products   16 1.19% 
Automobile   16 1.19% 
Breach of Fiduciary Duties: ERISA Violations 15 1.12% 
Workers' Compensation 7 0.52% 
Cyber/Tech   6 0.45% 
General and Other   66 4.70% 
  Total      1,340 100.00% 
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3.A.3: Dataset construction 

Lawsuit characteristics and law firm names are retrieved from the union of the Master Significant Cases & 
Actions Database (MSCAd), ISS Securities Class Action Services (ISS), Audit Analytics Litigation (AA), 
Federal Court Cases: Integrated Data Base (FCC), and the Stanford Security Class Action Clearinghouse 
(SCAC). The table below presents the composition of the final sample. 

Table 3.A.3 Data sources 
The table presents the data sources used in the construction of our dataset. The column labeled “Observations” reports 
the number of lawsuits associated with a given source or common to multiple sources. The data sources are Master 
Significant Cases & Actions Database (MSCAd), ISS Securities Class Action Services (ISS), Audit Analytics 
Litigation (AA), Federal Court Cases: Integrated Data Base (FCC), and the Stanford Security Class Action 
Clearinghouse (SCAC). Multiple sources indicate that the lawsuit observations are in each of the indicated datasets. 

Source Nr. Lawsuits Source Nr. Lawsuits 
MSCAd 9,981 ISS & SCAC & Federal 113 
ISS 3,867 MSCAd & ISS & SCAC 102 
AA 3,454 ISS & SCAC 101 
AA & Federal 3,325 SCAC & AA & Federal 98 
MSCAd & Federal 2,061 MSCAd & ISS & SCAC & Federal 71 
SCAC 1,404 ISS & AA 60 
MSCAd & ISS 516 ISS & SCAC & AA & Federal 57 
MSCAd & AA & Federal 401 MSCAd & ISS & AA 45 
MSCAd & AA 291 MSCAd & SCAC & Federal 36 
MSCAd & SCAC & AA & Federal 270 MSCAd & ISS & SCAC & AA 32 
ISS & Federal 208 MSCAd & SCAC & AA 27 
MSCAd & ISS & Federal 208 SCAC & AA 24 
MSCAd & SCAC 208 ISS & SCAC & AA 17 
ISS & AA & Federal 193 All sources 115 
SCAC & Federal 143   
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Appendix 3.B Imputation of insurance coverage data with MCMC-MI data augmentation 

This appendix illustrates the Markov Chain-Monte Carlo with multiple imputation (MCMC-MI) data 
augmentation algorithm used to impute insurance coverage values in the tests discussed in section 3.5.1. 
The random forest algorithm, which is used is that section as well as in section 3.5.2, is presented separately 
in Appendix 3.C. 

To recap, the problem we face is that when lawsuits are dismissed, both the settlement amount and the 
insurance coverage are set to zero. Most likely, however, the insurance coverage is not zero, i.e. the 
censoring due to a given lawsuit’s dismissal masks a negative law firm performance. We thus seek to obtain 
imputed values for the insurance coverage in the dismissed cases, using the available information. To 
illustrate the approach, let 56789):8;<= and 56789):8>?@ denote the observed and censored insurance 
coverage observations, and let A  denote the vector of regressors used throughout the analysis (#")9 
indicator and Kim and Skinner (2012) control variables, plus the fixed effects). 

The intuition behind the MCMC-MI approach is to draw repeated samples from the probability 
distribution of the censored values; it then imputes the average of those draws. To do so, it proceeds by 
iterating two steps. The first “imputation” step (I-step) takes a vector of parameter estimates BC(E) as given, 
as an input to estimate the parameters of the distribution of 56789):8G >?@. A vector 56789):8G >?@

(E)  is then 
obtained, as a random draw from the conditional distribution PrJ56789):8>?@|A, BC(E)M. The vast majority 
of applications, including this paper, obtains that distribution assuming joint normality of 56789):8 and 
the variables in A ; Monte Carlo evidence shows that this yields consistent estimates even when the 
underlying variables are not jointly normal (Schaefer (1997)). The second “prediction” step (P-step) obtains 
a revised estimate of the vector of parameters BC(-), as a random draw from the conditional distribution 
Pr NB O56789):8;<=, 56789):8G >?@

(E) , AP.  
The I-step and the P-steps are iterated, generating a Markov chain. Under mild conditions, for a 

sufficiently large number of iterations the Markov chain converges to a stationary distribution, from which 
the vector of imputed values 56789):8G >?@ is drawn. In our application, we “burn-in” the first 500 iterations 
of the Markov chain and use the next 10,000 iterations to reach convergence. This concludes the MCMC 
part of the approach.  

The above procedure is then repeated Q times, yielding Q multiple imputations for 56789):8G R$=. In 
our tests, we set Q = 100. By the law of iterated expectations, for a given parameter T of interest such as 
the coefficient on the #")9 law firm indicator in our tests: 
Pr(T|56789):8;<=)

= UPr(T|56789):8;<=, 56789):8>?@) Pr(56789):8>?@|56789):8;<=)V56789):8>?@ 

so that it is possible to make inference on T by averaging its realizations across the Q imputations. We 
follow Rubin (1996), who provides the following formula for the standard error on TC: 

WX + WY + WX/Q 
where WX is the “between” variance, i.e. the variance of the realizations of TC across the Q imputations, WY 
is the “within” variance, i.e. the average square of the standard errors of TC in each of the Q imputations, 
and WX/Q is a correction factor. The efficiency of the MCMC-MI approach relative to the benchmark with 
no missing data is given by: 

[1 + \
Q]

^-
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where \ denotes the fraction of dismissed cases in the sample. In our data, \ = 53%, implying a relative 
efficiency of 99% with 100 imputations. 
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Appendix 3.C Predicting price per insurance with the Random Forest machine-learning algorithm  

We use the Random Forest machine-learning algorithm in two tests; in both cases, we employ this approach 
to obtain estimated values for observations for which the true value of a given variable cannot be directly 
observed.  

First, we use it to impute censored values of lawsuit-level insurance coverage in the check against 
measurement error discussed in section 3.5.1. In this case, the Random Forest algorithm takes as input all 
the available insurance data in our main dataset. Second, we use the algorithm to obtain predicted values of 
defendant company-level insurance coverage and insurance premium from the database from the leading 
insurance company in the check against over-insurance described in section 3.5.2. In this case, we run the 
Random Forest algorithm on data supplied by the insurer, a leading player in the primary D&O insurance 
market. The data cover D&O insurance information for 130 companies (including 30 defendant companies 
facing corporate lawsuits) over the period 2005-2016. For those companies, the insurer provides 
information on primary-level D&O insurance coverage and premium (computed as a price per unit of 
coverage, i.e. as the ratio of the dollar insurance premium to insurance coverage).  

Intuitively, the Random Forest algorithm obtains imputed values as an average of multiple decision 
trees (prediction models widely used in the machine learning literature). In the two applications of the 
Random Forest algorithm, we make use of the following variables. The top-10 star law firm indicator and 
the number of cases settled or dismissed in a given court for a given law firm over the previous five years 
are exclusively used in the application of section 3.5.1 (lawsuit-level imputation of insurance coverage). In 
the application of section 3.5.2 (firm-level imputation of insurance coverage and insurance premium) the 
latter variable is replaced by the number of cases settled or dismissed in a given court, averaged over the 
past five years. Both applications use the following variables: Number of lawsuits (Number of filed lawsuits 
against the defendant company over the past five years), Total settlement (Total dollar settlement amount 
against the defendant company over the past five years), Share of stars (Total settlement amount settled 
against star plaintiff law firms over the past five years divided by Total settlement over the same period), 
Average rank (Average of an indicator variable for a star law firm on a case over the past five years), Rank 
standard deviation (Standard deviation of an indicator variable for a star law firm on a case over the past 
five years), Cases in industry (Number of cases settled or dismissed in the Fama-French-10 industry of the 
defendant firm over the past five years), Total assets, Sales growth, Return, Return skewness, Return 
volatility, Share turnover, Book-to-Market, Dividend payout, ROA, Debt-to-Assets, Interest coverage, 
Cash-to-Total liabilities, Gross profits-to-Total assets, Cyclically-adjusted P/E ratio, R&D-to-Sales, 
Advertising-to-Sales, Labor-to-Sales, Accruals, Analyst dispersion, Analyst error, Analyst coverage, Board 
size, Departures from the board of directors, the ratio of incoming directors to board size, the ratio of 
departing directors to board size and a time trend (years since 1970). We set missing values for these 
variables to zeros, and include indicator variables equal to one for a given observation and a given variable 
no information is available from CRSP-Compustat, Execucomp, I/B/E/S, or BoardEx. 

In our implementation, we follow the three-step procedure described in Brieman (2001): (1) Tune the 
model parameters to select optimal parameter values, to obtain the highest prediction accuracy; (2) Estimate 
the model with the selected optimal parameters using the observed data; (3) Form predictions for those 
cases when the data is not observed. We now provide a detailed explanation of those steps. 

In the first step of the Random Forest approach, we obtain the optimal values of two parameters: (i) the 
number of trees, and (ii) the maximum number of variables each tree uses to make a prediction. Combined, 
these two parameters supply the best prediction. The criterion we use to assess the optimality of the 
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prediction and model performance is the out-of-bag (OOB) error (Acharya et al. (2018), Brieman (2001), 
Mullainathan and Spiess (2017)). The OOB error is defined as 1 minus the model prediction accuracy on 
bootstrap subsamples. Each subsample is constructed as follows. The data are split into two parts, one for 
model training and the other to make a prediction. The OOB is computed on the prediction subsample.  

First, to determine the optimal number of trees the model is fitted to the data under every number of 
trees between 1 and 1,000. Figure 3.C.1 presents the OOB plot for lawsuit-level insurance coverage (panel 
A), company-level insurance coverage (panel B), and price per unit of insurance coverage (panel C). In all 
three cases, the estimates with a number of trees below 50 produce large errors and are omitted from the 
graphs. Also in all three cases, the OOB error stabilizes after 500 trees; we thus select 500 as the optimal 
number of trees. 

Second, we select the maximum number of variables that will be used to build each tree. Setting the 
number of trees to 500, we fit the Random Forest regressor for each number of variables from 1 to 35, 
where 35 is the number of all the variables we use in this section. Figure 3.C.1 plot the OOB errors for 
lawsuit-level insurance coverage (panel D), company-level insurance coverage (panel E), and price per unit 
of insurance coverage (panel F) under different number of variables (estimates based on fewer than 5 
variables produce very noisy estimates, omitted from the graphs). The red dots in the graphs highlight the 
number of variables minimizing the OOB: 11 for lawsuit-level insurance coverage, 24 for company-level 
insurance coverage, and 12 for price per unit of insurance coverage. 

In the second step of the Random Forest implementation, we fit the model setting the number of trees 
and the maximum number of variables used in each tree to their optimal (OOB error-minimizing) values. 
We set the number of trees to 500 and the number of variables to 11 for the case level insurance, to 17 for 
the company level insurance coverage, and to 12 for the price per unit of insurance coverage.  

In the third step, we make a prediction for the missing data using the fitted Random Forest from the 
previous step. Looking at the most important features of the predictions, we find that the model fits the data 
well. The correlation between the actual and predicted values is 99% for lawsuit-level insurance coverage, 
93% for company-level insurance coverage, and 97% for insurance premia.  
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A. OOB vs number of trees,  

lawsuit-level insurance coverage 
D. OOB vs number of features, 

lawsuit-level insurance coverage 

  
B. OOB vs number of trees, 

company-level insurance coverage 
E. OOB vs number of features, 

company-level insurance coverage 

  
C. OOB vs number of trees,  

company-level price per unit ins. coverage 
F. OOB vs number of features, 

company-level price per unit ins. coverage 

Figure 3.C.1 Random Forest parameters tuning 
The figures illustrate the parameters tuning for the Random Forest algorithms. Panels A, B, and C illustrate the choice 
of the number of trees for lawsuit-level coverage, company-level coverage, and company-level price per unit coverage 
respectively; panels D, E, and F the choice of the number of features. 
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Conclusion 

In this thesis I focuses on implications of limited competition in Financial Economics. In this first chapter, 

Lobbying Externalities and Competition, I study anti-competitive effect of lobbying. I show that 

lobbying generates negative externalities, which affect non-lobbying companies. When a piece of new 

legislation passes in Congress, non-lobbying companies in aggregate lose $1.9bn in market value. I obtain 

this result using a novel dataset combining comprehensive information on corporate lobbying activity with 

congressional activity on bills.  To explain why negatively affected companies do not lobby,  I identify two  

frictions that hinder them.  First, non-lobbying companies do not represent enough voting power to support 

politicians in the elections. Second, trade associations, which could represent their collective interests, are 

captured by companies that lobby individually. I demonstrate this mechanism using unique hand-collected 

data on membership in the main trade associations. These findings have important policy implications: they 

highlight the economic mechanisms which could be targeted by policies regulating corporate lobbying. 

In the second chapter, Underwriter Competition and Bargaining Power in the Corporate Bond 

Market, my co-authors and I study the impact of underwriter competition on corporate bond contracts. We 

develop a new measure of underwriter power and a novel empirical approach, based on the underwriter’s 

comparative ability to place bonds. When an issuer has few “outside options” to take her bond to the market, 

the underwriter enjoys a stronger bargaining power over her. The key feature of our approach is that 

underwriter power varies within a given underwriter at a given point in time across different issuers, 

allowing us to separate the effects of power from those of reputation and certification with a fixed effects 

strategy. Using our measure, we document that powerful underwriters are able to extract rents at the expense 

of bond issuers, in the form of higher fees, issuance yield spreads, and underpricing. Issuers facing 

underwriters with the highest bargaining power have a $1.5 million higher issuance cost, or about 16% 

relative to the average issue. A number of checks rule out alternative explanations based on certification, 

loyalty, and omitted issuer and/or issue characteristics. Our findings suggest that lack of underwriter 

competition results in material costs for corporate bond issuers.  

In this third chapter, Are Star Lawyers Also Better Lawyers?, we study the performance of 
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dominant law firms (“stars”) in corporate litigation. We use corporate insurance coverage as a benchmark 

for expected settlement amounts, to separate to what extent (a) stars reach more favorable settlements on 

any lawsuit or (b) stars pick lawsuits where a favorable settlement is ex ante more likely. Our findings 

indicate the latter, and that stars have an economically small impact on settlement amounts. This result is 

not explained by measurement error or over-insurance. The extent to which stars are associated with 

improvements in corporate governance also appears modest. Overall, our evidence suggests that star law 

firms are not more valuable to their clients than lesser-known firms. 


