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1.1 Background 

 “How can accounting researchers become more innovative?” (Basu, 2012); 

“Whither accounting research?” (Hopwood, 2007); “What is the actual economic role 

of financial reporting?” (Ball, 2008); “Is accounting an academic discipline?” 

(Demski, 2008); these are just some titles of recent commentaries written by 

influential accounting researchers. These authors express their concerns about the 

current state of research in accounting and provide views on how to improve. 

Although the authors have different backgrounds and have different views on what 

ideal accounting research should be, they all seem to agree on one concern: the 

literature in accounting seems to focus on a very narrow set of questions, and these 

questions might not be so relevant after all. For example, Ball (2008) argues that after 

40 years of capital market research we still do not have an idea about what the actual 

role of financial reporting is. Hopwood (2007) argues that “the accounting research 

community has become ever more internally focused and self-referential, and thereby 

less subject to a diversity of pressures and interests that would be created if there were 

more active consumers of new accounting knowledge”. Demski (2008) even argues 

that: “The vast bulk of our published work is insular, largely derivative, and lacking in 

the variety that is essential for innovation. Arguably, our work is focusing increasingly 

on job placement and retention.”   

The main reason why I believe capital market research disregards many 

fundamental and potentially interesting questions is that it is just more difficult to 

answer these questions with the use of archival research methods. For example, the 

existence of databases that contains firm-specific data on financial statement items 

(COMPUSTAT), stock data (CRSP), and analyst forecasts (IBES) inevitably 

contributed to a large research area that examines the association between accounting 

data and stock data. But empirically examining for example the economics and politics 

of standard-setting or the interaction of accounting information with other disclosures, 

is not so easy. Ball (2008) argues that these types of questions are not easy to answer, 

because there is no variance to exploit. He therefore suggests that in order to answer 

these questions researchers should “find creative ways in discovering and exploiting 

variance”. 

This dissertation is no attempt in providing solutions for the problems identified by 

Ball (2008), Basu (2012), Hopwood (2007) and Demski (2008). What the three essays 

have in common is that they take an attempt in creatively discovering and exploiting 

variation in order to answer three very different research questions in financial 

reporting, tax and politics. Of course, while these empirical approaches try to answer 

their respective research question, there are always limitations in the extent to which 

they do. In section 1.2 I provide an overview of the chapters where I highlight the 
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research question and the empirical approach used to provide an answer to the 

question.  

  

1.2 Overview of chapters 

In chapter 2, I examine whether the IRS is able to generate spillover effects for the 

auditor. At first sight this might not be obvious as auditors and the IRS focus on 

different dimensions of management’s actions. Furthermore, the IRS often inspects tax 

returns after the auditor performs the financial statement audit, which makes it 

unlikely that the IRS is able to generate any spillover effects for the auditor. However, 

I will argue that the IRS can generate spillover effects for auditors, as a strong IRS 

increases manager´s incentives to comply with tax regulations, which causes auditors 

to reduce the assessment of audit risk.  

In order to test for spillover effects, I introduce an IRS-district specific measure of 

manager’s expected IRS monitoring strength, based on the location of the company’s 

headquarters. More specifically, I rank IRS districts based on the intuition that the 

expected IRS monitoring strength is higher for districts where managers on average 

report higher GAAP effective tax rates. The main finding in this chapter is that 

auditors demand lower audit fees in IRS districts where managers report higher GAAP 

effective tax rates, which is consistent with the prediction that the tax authority is able 

to generate spillover effects for the auditor. Results from additional analyses are 

generally consistent with the overall prediction. I predict and find that the negative 

association between my measure of expected IRS monitoring strength and audit fees 

disappears for expert auditors. I also predict and find that the association becomes 

weaker for firms with more extensive foreign operations, as these firms are less likely 

to be subject to the regional offices of the IRS. Finally, I find evidence that the internal 

control system quality is a mechanism through which spillover effects occur, as I find 

that firms report fewer internal control problems in IRS districts where managers 

report higher GAAP effective tax rates. 

In chapter 3, I examine whether a commitment in providing accounting information 

disciplines managers in providing forward looking disclosures. There are two reasons 

why accounting information can serve as a disciplining mechanism. First, accounting 

information can play a confirmatory role in that it can confirm prior forward looking 

disclosures and hence prevent managers from biasing their forward looking 

information. A commitment in providing accounting information therefore enables 

managers to provide more credible forward looking disclosures, which should result in 

more of these disclosures. Second, accounting information reveals unfavorable 
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information, which disciplines managers in providing timely disclosures, because a 

failure to do so could result in litigation or reputation costs (Skinner, 1994).  

The main challenge of empirically examining the disciplining role of accounting 

information is that a counterfactual is missing. That is, we as researchers cannot 

observe cases where firms do not distribute accounting reports. I attempt to solve this 

issue by examining whether firms that start withholding disaggregated accounting 

information also reduce their disaggregated forward looking disclosures. As of 1998, 

SFAS 131 allows US firms to withhold audited profitability accounting information on 

geographical segments. I predict and find that firms that do not show commitment in 

continuing to provide segmented profitability accounting information (the profit 

segment stoppers) reduce their forward looking disclosures on foreign operations in 

the MD&A. These firms reduce both good and bad news forward looking disclosures. 

Furthermore, they reduce predominantly forward looking information on segment 

sales. In additional analyses I show that this only occurs for firms for which forward 

looking segment sales disclosures are uninformative or misleading to investors about 

whether the geographical segment will generate value to the firm. Finally, I find that 

profit segment stoppers use the number of foreign sales segments in the accounting 

report as an alternative disciplining mechanism. 

In chapter 4 I examine whether firms use executive compensation to compensate 

managers for contributing their personal money to the political process.1 Companies 

may have an economic interest in various political outcomes, such as legislation or 

regulation outcomes. As a result, firms have incentives to be connected with politics 

by contributing money directly to politicians. Firms are to some extent able to spend 

money on politics, but using corporate funds for political spending is subject to many 

restrictions. Firms that want to invest in relationships with politicians and parties 

therefore have incentives to find alternative ways to effectively contribute money 

towards politics. I propose that firms incentivize managers to contribute their own 

personal money to politics, by compensating them via employee remuneration. 

In order to examine whether firms use executive compensation as a channel to 

contribute money to politics, I identify firms that I expect to have increased incentives 

to use this channel. More specifically, I expect and find that firms that used corporate 

funds for contributing to politics, but were unable to do so after the adoption of the 

Bipartisan Campaign Reform Act (BCRA) in 2002, increased their executive cash 

compensation. I also find that when investors of these firms react negatively to the 

adoption of BCRA, firms are more likely to circumvent BCRA by increasing 

executive cash compensation. As far as I know, my results are the first to suggest that 

executive compensation can be used as a mechanism to compensate managers for 

                                                   
1 This chapter is joint work with Laurence van Lent and Ahmed Tahoun 
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company-induced personal spending.  In this chapter I also propose some additional 

analyses that I plan to do to make the story more convincing. In particular, I plan to 

examine changes in the actual personal political spending behavior of managers from 

the treatment firms that receive higher salary after BCRA. I also plan to examine an 

alternative explanation for the empirical effect, as BCRA could have significantly 

reduced the ability of firms to reduce exposure to political risk, which caused 

managers to demand higher compensation to compensate for the increase in risk. 
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Chapter 2 

 

Expected IRS Monitoring Strength and the Auditor 

 

 

I find that auditors demand lower audit fees in IRS districts where firms report higher 

GAAP effective tax rates. This result is consistent with my prediction that the IRS is 

able to generate spillover effects for the auditor. I predict and find that the association 

between audit fees and GAAP effective tax rates at the IRS district level becomes 

weaker for expert auditors and for firms that are less likely to be inspected by IRS 

regional offices. I also show results consistent with the prediction that internal control 

strength is one mechanism through which spillover effects occur. The evidence in this 

chapter not only supports the view of Desai et al. 2007 [Theft and Taxes, Journal of 

Financial Economics, 2007, 84, 591-623] that the tax authority is an important 

monitor in corporate governance outcomes, but is also consistent with the intuition that 

a strong tax authority can create spillover effects for other monitors.   
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2.1 Introduction 

The auditor and the IRS are two monitors that watch over management. Auditors 

perform a recognized contracting role in controlling agency problems by examining 

whether management misrepresents book income. The IRS examines whether reported 

taxable income is in accordance with tax laws and regulations. In this chapter I argue 

that the IRS can generate spillover effects on the auditor’s monitoring activities. At 

first sight this might not be obvious as auditors and the IRS focus on different 

dimensions of management’s actions. Furthermore, the IRS often inspects tax returns 

after the auditor performs the financial statement audit, which makes it unlikely that 

the IRS is able to generate any spillover effects for the auditor. However, I will argue 

that the IRS can generate spillover effects for auditors, as a strong IRS increases 

manager´s incentives to comply with tax regulations, which causes auditors to reduce 

the assessment of audit risk.  

In order to test my prediction, I introduce an IRS-district specific measure of 

manager’s expected IRS monitoring strength, based on the location of the company’s 

headquarters. More specifically, I rank IRS districts based on the intuition that the 

expected IRS monitoring strength is higher for districts where managers on average 

report higher GAAP effective tax rates. The main finding of the chapter is that auditors 

demand lower audit fees in IRS districts where managers report higher GAAP 

effective tax rates. This effect is consistent with the prediction that the IRS generates 

spillover effects for the auditor. The effect is economically significant: an average-

sized firm that is located in the strongest IRS district pays an 18.5 % higher audit fee 

than a comparable firm in the weakest IRS district. The result is robust to the inclusion 

of firm-specific GAAP effective tax rates and other measures of firm-specific tax 

avoidance.  

In additional analyses I attempt to rule out alternative explanations for the empirical 

result and to provide stronger evidence on the existence of spillover effects. The 

results from these analyses are generally consistent with the overall prediction that the 

IRS generates spillover effects for the auditor. I predict and find that the negative 

association between my measure of expected IRS monitoring strength and audit fees 

disappears for expert auditors. I also predict and find that the association becomes 

weaker for firms with more extensive foreign operations, as these firms are less likely 

to be subject to the regional offices of the IRS. Furthermore, I find evidence that 

internal control system quality is a mechanism through which spillover effects occur, 

as I find that firms report fewer internal control problems in IRS districts where 

managers report higher GAAP effective tax rates.  

My study contributes to the literature in several ways. First, this study examines 

interaction effects between two important monitors, the auditor and the IRS. Although 
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there are many possible monitors that observe senior management of firms, such as 

auditors, analysts, regulators, tax inspectors and the financial press, there is little prior 

work on interaction effects between any of these monitors. One exception is Fang and 

Peress (2009) who find some evidence that analyst coverage and media coverage are 

negatively associated with each other. Other empirical studies that examine multiple 

monitor settings focus for example on whether the presence of multiple monitors in 

teams can reduce incentives for shirking (e.g. Knez and Simester 2011) or on self-

monitoring in the presence of another monitor (Herzberg et al. 2010).  

Second, this study contributes to the literature initiated by Desai et al. (2007) that 

proposes that the tax authorities can decrease agency costs, because income diversion 

and tax avoidance activities are heavily connected. Consistent with this idea, they find 

that an increase in tax enforcement in Russia decreased voting premiums on stocks. 

Guedhami and Pittman (2008) find that tax enforcement decreases the cost of debt and 

El Ghoul et al. (2010) find that it decreases the cost of equity. Hanlon et al. (2012) 

show that tax enforcement increases accrual quality and decreases discretionary 

accruals. I show that the IRS creates spillover effects for auditors. At first sight, the 

effect of the monitoring activities of the IRS on corporate governance outcomes might 

not be obvious in the presence of other monitors. Auditors are likely to have more 

expertise and resources available to discipline the manager with respect to the interests 

of the shareholders. Furthermore, auditors have stronger incentives to monitor well, 

because they have a reputation to defend and are subject to litigation risk. Despite 

these issues, this study shows that the IRS is indeed an important player in corporate 

governance outcomes.  

Third, this chapter contributes to the literature on tax avoidance and auditing. My 

study is closely related to Donohoe and Knechel (2014). They find a positive 

association between a firm’s tax avoidance activities and audit fees, which implies that 

there are interdependencies between tax avoidance activities and audit risk. However, 

it is not clear from Donohoe and Knechel (2014) whether the IRS is able to affect audit 

risk. I show that a considerable amount of variation in audit pricing exists across IRS 

districts, which suggests that the IRS is able to affect audit risk. It is also not clear 

from Donohoe and Knechel (2014) how the IRS can affect audit risk, because the IRS 

may generate spillover effects on audit risk, but they may also increase audit risk by 

increasing the risk that there are material misstatements in a company’s tax related 

financial statement items. My results indicate that a strong IRS on average reduces 

(instead of increases) audit risk. 

Finally, I contribute by introducing a new approach to measure corporate tax 

enforcement. I construct a ranking measure of IRS districts based on the intuition that 

the expected IRS monitoring strength is higher for districts where managers on 
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average report higher GAAP effective tax rates. This measure complements those 

suggested in prior work. Other studies use IRS tax inspection probabilities as a 

measure of tax enforcement (e.g. Guedhami and Pittman, 2008; Ghoul et al., 2010; 

Hoopes et al., 2012; Hanlon et al., 2012), which are published annually by the IRS. 

The conceptual difference between my measure and IRS inspection probabilities is 

that my measure attempts to proxy for expected IRS monitoring strength, whereas the 

IRS inspection probabilities are measures of actual IRS monitoring strength. The main 

reason why I argue my measure is better suited for the setting in this study is that I 

believe that the use of IRS inspection probabilities introduces significant 

methodological concerns for my setting, which will work against finding any evidence 

for spillover effects. For instance, IRS inspection probabilities increase substantially in 

the period 2003 till 2006 for all firms, but in this period also audit fees increase for all 

firms due to the introduction of the Sarbaines-Oxley Act in 2002, which introduces a 

positive correlation between audit fees and IRS inspection probabilities. Also, firm 

size may positively bias the association between audit fees and IRS inspection 

probabilities, as IRS inspection probabilities are higher for larger firms and firm size is 

the most important determinant in explaining audit fee levels. Of course, the use of 

IRSSTRENGTH may also lead to concerns for endogeneity, which I will address in 

section 5.  

This chapter proceeds as follows. In section 2.2, I hypothesize how the IRS can 

generate spillover effects for the auditor. In section 2.3 I introduce my measure of 

expected IRS monitoring strength. Section 2.4 discusses the empirical model, sample 

selection, data and the main result. Section 2.5 provides additional analyses to rule out 

alternative explanations for the empirical result and to provide stronger evidence on 

the prediction that the IRS generates spillover effects on audit risk. Section 2.6 

examines whether internal control system quality is mechanism through which 

spillover effects occur. Finally, section 2.7 concludes.   

 

2.2 Hypothesis development 

I propose that the monitoring activities of the IRS can generate spillover effects for 

auditors. There are two reasons why this is not so obvious. First, the IRS and the 

auditor report to different stakeholders, which are interested in different dimensions of 

management’s actions. That is, auditors have to report to stakeholders whether 

management misrepresent book income, and tax inspectors have to verify whether 

reported taxable income is in accordance with tax laws and regulations. Second, the 

IRS often inspects tax returns after the auditor performs his audit, which raises the 

question how the IRS is able to generate any spillover effects for the auditor. However, 

I propose that the IRS can generate spillover effects for auditors, as a strong IRS 
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increases manager´s incentives to comply with tax regulations, which causes auditors 

to reduce the assessment of audit risk. I will elaborate more on this prediction in the 

next to subsections. 

 

2.2.1 Expected IRS monitoring strength and tax compliance 

The IRS inspects firms in order to detect whether managers engage in illegal tax 

evasion activities. There is empirical evidence that the IRS can impose significant 

costs to firms that they accuse of illegal tax evasion. For example, Wilson (2009) 

examined the marginal benefits of tax sheltering and he finds that firms that were 

convicted for tax sheltering had median savings of $66.5 million, but also had $58 

million in interest and penalties that the IRS assessed on these tax shelters. The 

accusation of tax evasion can also cause reputational damages to firms. For example, 

Hanlon and Slemrod (2009) find that investors respond negatively to tax shelter 

announcements, and these reactions are more negative for firms operating in the retail 

sector, which suggests that investors fear reputation damages from tax evasion. Also 

Mills et al. (2013) finds evidence of potential reputation damages for not complying 

with tax regulations as they find that companies that have federal contracts avoid less 

tax. 

Although the main job of the IRS is to detect whether managers engage in illegal 

tax avoidance activities, there is empirical evidence that shows that a strong IRS is 

also able to reduce legal forms of tax avoidance. Tax laws are very complex and open 

to multiple interpretations so that there are often no clear distinctions between what is 

legal and illegal tax avoidance. In case of a strong tax authority, risk averse managers 

may opt for higher tax compliance as they have reduced incentives to seek the 

boundaries of tax laws. Furthermore, managers that are subject to a strong tax 

authority are more likely to fear that signals of legal tax avoidance will draw IRS 

attention. Consistent with this, Mills (1998) shows that the tax authority proposes 

larger adjustments to taxable income if the book-tax gap of firms is larger. Bozanic et 

al. (2014) proxy for firm-specific IRS attention by measuring the number of 10-K 

downloads by the IRS. They show that their proxy for IRS attention is negatively 

associated with cash effective tax rates, positively associated with unrecognized tax 

benefits, and positively associated with the number of disclosed subsidiaries in tax 

havens. The most direct evidence on the claim that a strong IRS is able to reduce legal 

forms of tax avoidance is provided by Hoopes et al. (2012) as they find that US firms 

undertake less aggressive tax positions when tax enforcement is stricter. Based on the 

evidence described above I assume that when managers perceive the IRS to be strong, 

they are more likely to comply with tax regulations.  
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2.2.2 Tax compliance and audit risk 

I propose that auditors are likely to reduce the assessment of audit risk for high 

managerial tax compliance. Part of the auditor’s job is to check the basis and 

computation for tax-specific financial statement items (e.g. the tax expense, the tax 

liability, and the tax reserve). This task is similar as for other financial statement items, 

but the amounts involved are more likely to be material, and the issues affecting them 

are complex and debatable (Defliese et al., 1975). In order to audit these items, 

auditors need to evaluate the tax positions taken by the manager, which requires them 

to understand the firm’s tax return and to have knowledge on corporate tax legislation. 

Managers that take more aggressive tax positions increase the difficulty for auditors in 

auditing the tax-related financial statement items, because aggressive tax positions 

need more time and expertise for judgment. Therefore, manager’s tax compliance 

significantly reduces the work and required expertise for auditors in auditing the 

financial statements. Consistent with this intuition, Donohoe and Knechel (2014) find 

that tax aggressive firms pay higher audit fees.  

A second reason why manager’s tax compliance may reduce audit risk is that tax 

avoidance activities increase concerns for low quality internal control systems. Desai 

and Dharmapala (2006) are the first to suggest that tax avoidance may increase agency 

costs, because most transactions aimed at diverting corporate value towards 

controlling shareholders also reduce corporate tax liabilities. Recent literature seems 

consistent with their idea that a company’s tax avoidance activities are related to a 

company’s internal control system quality and corporate governance quality. For 

example, Richardson et al. (2013) find for a sample of Australian firms that tax 

avoidance is negatively associated with audit committee independence and internal 

control strength. Balakrishnan et al. (2012) find evidence that firms avoid tax by 

increasing organization complexity, which decreases the quality of the internal control 

system. On the other hand, Gallemore and Labro (2013) argue that companies that 

want to want to be successful in avoiding tax should invest in high quality internal 

control systems. Consistent with their prediction they find that tax-avoiding firms have 

higher quality internal information environments. Overall, these studies suggest that if 

investors do not want tax avoidance activities to reduce internal control system quality, 

then they will demand higher assurance levels.   

A third reason why tax compliance could reduce audit risk is related to concerns for 

earnings management. Although financial reporting standards and tax regulations 

create two different income measures for US firms, the two income measures are to 

some extent aligned, because many transactions affect both measures in the same 
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way.2 As a result, taxable income can be used to assess the quality of book income. 

Managerial tax avoidance reduces the extent to which taxable income can be used as a 

benchmark for evaluating the quality of book income, and may therefore lead to lower 

book income quality and higher audit risk. Consistent with this argument, Hanlon 

(2005) find that firm-years with large book-tax differences have less persistent 

earnings than firm-years with small book-tax differences. Other studies show that 

around the implementation of new tax acts management shifts income into lower-taxed 

years and these effects are also visible in book income (e.g. Scholes et al., 1992; 

Guenther, 1994; Maydew, 1997). More recent evidence indicates that auditors are 

concerned that tax avoidance activities create concerns for earnings management, as 

Hanlon et al. (2013) show that auditors demand higher audit fees when the book-tax 

gap is larger.  

Several studies more specifically examine the interdependencies that exist between 

a company’s tax plan and audit risk, by studying auditors that provide tax compliance 

and consulting services to their clients. If these audit firms can deliver a higher audit 

quality to their clients, then this would be evidence of these interdependencies. For 

example, Gleason and Mills (2011) find that firms that buy tax services from their 

auditor have better estimates of their tax reserves. De Simone et al. (2012) find that 

these firms have a better internal control system quality. Hence, it seems that tax 

experts are better able to understand the implications of the firm’s tax avoidance 

activities on audit risk, which is consistent with the intuition that there exist 

interdependencies between a company’s tax plan and audit risk.   

 

2.2.3 Audit fees and expected IRS monitoring strength 

To test whether the tax inspector generates spillover effects for the auditor, I focus 

on the association between audit fees and a measure of expected IRS monitoring 

strength. I expect a negative association, as auditors might reduce the assessment of a 

material misstatement for firms that are disciplined by a strong tax authority. 3  I 

therefore state the following hypothesis:  

 

Hypothesis:  There is a negative association between audit fees and expected IRS 

monitoring strength.  

                                                   
2 For US firms there is a basic book-tax alignment in some fundamental accounts (e.g. many types of 

sales, cost of goods sold etc.). 
3 In case the auditor generates spillover effects for the IRS, I expect a positive association between 

audit fees and my measure of expected IRS monitoring strength, because higher audit fees would 

result in more tax compliance. For example, high quality audits may reduce the measurement error in 

GAAP effective tax rates, so that management has lower ability to underreport their GAAP ETRs.  
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Alternatively, there can be a positive association between audit fees and expected 

IRS monitoring strength, because the auditor may fear that IRS monitoring strength 

increases litigation or reputation costs. There are three potential reasons why the tax 

authority could increase litigation or reputation costs for the auditor. First, the IRS 

could detect fraud that has not been detected by the independent auditor. The Internal 

Revenue Code enables the tax inspector to disclose certain otherwise confidential 

information to other federal agencies in case this information provides evidence of a 

violation of any Federal criminal law. Although there are not many publicly known 

cases where this happened, Dechow et al. (2011) report some examples where firms 

are subject to investigations by the criminal division of the IRS. Second, for financial 

statement purposes auditors have to evaluate the tax positions taken by the manager, 

which may subsequently be subject to IRS inspection. To the extent investors care 

about auditor’s misevaluations of tax positions and the resulting effects on earnings 

quality, auditors feel reputation pressure to do a good job. Third, it is not unusual for 

auditors to assist their clients in tax compliance or tax avoidance, which could increase 

the possibility that the auditor is formally or informally held responsible for a 

company’s aggressive tax strategy. However, it is not likely that this leads to increased 

litigation risk, because auditors are not allowed to engage in activities that could 

reduce their independence, such as representing their clients in courts.   

 

2.3 Expected IRS monitoring strength 

2.3.1 Empirical approach 

This study introduces an IRS-district specific measure of expected IRS monitoring 

strength by managers, based on the location of the company’s headquarters. I propose 

that managers perceive IRS monitoring strength to be different across IRS districts for 

two reasons. First, the IRS uses geographical areas as a basis for allocating resources 

and evaluating performance of tax inspectors. More specifically, the Large and 

Medium Sized Business division (LMSB) of the IRS, which inspects firms with total 

assets exceeding 10 million dollars, has “Territory Managers” that are responsible for 

“the full range of planning, directing, managing, and executing all activities related to 

the tax payers assigned to the Territory”4. Differences in expected monitoring strength 

may arise if managers believe that the IRS headquarter decides to allocate more 

resources to specific IRS districts. Second, differences in expected IRS monitoring 

strength can arise due to differences in the extent to which IRS districts are able to 

attract high ability employees. Anecdotic evidence suggests there is a high demand for 
                                                   
4 Source: http://www.irs.gov/irm/part1/irm_01-001-024.html 
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tax professionals (TaxSearch Incorporated 2013) and firms are able to attract the high 

ability tax professionals by offering competitive salaries (Norvack and Saunders 

1998). Differences in expected IRS monitoring strength may arise if managers believe 

that the market for tax professionals differs across IRS districts.  

I proxy for manager’s expected IRS monitoring strength by ranking IRS districts 

based on the intuition that the expected IRS monitoring strength is higher for districts 

where managers on average comply more with tax regulations when filing their tax 

returns. I use GAAP effective tax rates as measures of firm-specific tax compliance, as 

recent empirical evidence indicates that GAAP effective tax rates are the main 

performance measures for corporate tax departments. For example, Armstrong et al. 

(2012) find that incentive compensation of tax directors exhibits a strong negative 

association with GAAP effective tax rates, but little association with other measures of 

tax avoidance, such as the cash effective tax rate, the book-tax difference and tax 

shelter probabilities. Moreover, corporate tax departments that set up their operations 

as profit centers have significantly lower GAAP effective tax rates, while the cash 

effective tax rate is not affected (Robinson et al. 2010). 

It often takes multiple years for the IRS to inspect tax returns. As a consequence, 

when managers submit a tax return, they will have a perception of IRS monitoring 

strength for the upcoming years. Therefore, when constructing the measure of 

expected IRS monitoring strength for year t, I use observations of tax compliance for 

years t, t-1, t-2 and t-3. More specifically, for each fiscal year t, I construct a measure 

of expected IRS monitoring strength by ranking the district alphas after the estimation 

of the following regression for the fiscal years t, t-1, t-2 and t-3:  

 

𝐸𝑇𝑅𝑖,𝑑,𝑞,𝑠,𝑡 =  ∑ 𝛼𝑑
𝐷
𝑑=1 Dd + ∑ 𝛿𝑞

𝑄
𝑞=1 Qq + 𝛽1STATERATEs,t + 𝛽2TAXCLIMATEs,t + β𝑋𝑖,𝑡 

+ 휀𝑖,𝑑,𝑞,𝑠,𝑡                       (1) 

 

The dependent variable measures the firm-specific tax compliance for fiscal years t, 

t-1, t-2 or t-3. Consistent with prior research (e.g. Dyreng et al., 2008; Mills et al. 

2010) the sample of firm-year observations only includes firm-year observations with 

positive pre-tax income. Also, the values of ETR are winsorized so that all values are 

in between the interval [0,1]. Each estimated coefficient 𝛼𝑑 represents an IRS-district-

specific value of expected IRS monitoring strength for fiscal year t, such that a higher 

(lower) 𝛼𝑑  indicates higher (lower) expected monitoring strength. Based on the 

estimated coefficients I create a year-specific rank measure of expected IRS 

monitoring strength (IRSSTRENGTH) that varies between 0.04 (low monitoring 

strength) and 1 (high monitoring strength).  
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The estimated coefficients ∑ 𝛼𝑑
𝐷
𝑑=1  might not represent expected IRS monitoring 

strength if there is cross-district variation in the incentives and opportunities for tax 

avoidance. I attempt to control for cross-district variation in tax incentives and 

opportunities in the following ways. First, I include a vector of industry dummies 

(∑ 𝛿𝑞
𝑄
𝑞=1 ), as tax incentives and opportunities differ across industries, and industry 

coverage differs across IRS districts. Second, I control for the state-specific corporate 

income tax rate (STATERATE), which could mechanically cause state-specific 

variation in effective tax rates. Third, I control for a state’s tax climate 

(TAXCLIMATE), because US states differ in the way they offer corporate income tax-

related instruments to attract business, such as the provision of tax credits. To 

construct TAXCLIMATE, I use data from the Tax Foundation, which is an organization 

that collects data and publishes research on tax policies at the federal and the state 

level. They annually publish comparative statistics on the competitiveness of US 

states. I use their ranking measure to capture state-specific differences in corporate 

income tax climate.  Higher values of TAXCLIMATE indicate that the headquarter of 

the firm is located in a state with a more strict corporate income tax environment. 

I also control for firm-specific characteristics by including the vector 𝑋𝑖,𝑡  in 

regression equation (1), as firm characteristics may explain differences in effective tax 

rates. In order to reduce concerns that results are driven by across district variations in 

firm characteristics, I demean each control variable with respect to the district mean.5 I 

include LNSIZE, because the size of the firm is likely to be a major determinant of tax 

avoidance. On the one hand, large firms could structure complex transactions and 

avoid more tax, but on the other hand, large firms are often mature and therefore have 

lower tax shields, so I make no prediction. Debt is an important tax shield, so I include 

LEV, which I expect to be negatively associated with the effective tax rate. Firms that 

have a higher proportion of their operations abroad are subject to tax incentives to 

place income in low-tax jurisdictions. Hence, I include FORINC that equals the 

absolute value of the ratio of foreign pre-tax income to domestic pre-tax income. I 

expect this variable to be negatively associated with the effective tax rate. I include the 

ratio of net property, plant and equipment (PPE) to proxy for tax-planning 

opportunities, because governments use favorable tax treatment of these investments 

to spur economic growth. Firms with more inventories have lower tax incentives, so 

INVENT should be positively related with effective tax rates. I include research and 

development expenditures (RD) and advertising expense (ADV) as proxies for 

intellectual property. Firms with more intellectual property have more opportunities to 

shift income across jurisdictions. I expect these variables to decrease the effective tax 

                                                   
5 Without this demeaning, the alpha intercepts will depend on across district heterogeneity in the 

values of the control variables. However, the results in this study are qualitatively similar when I use 

non-demeaned values to estimate IRSSTRENGTH.  
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rate. I include ROA to proxy for firm profitability, because firms that are more 

profitable should have higher tax payments. For the same reason I include a dummy 

variable (NOL) that equals one for firms that have net operating loss carry forwards. 

These firms are less profitable so this variable is expected to be negatively associated 

with effective tax rates. I also control for accrual quality (LNTOTACR), because firms 

that have a low earnings quality might also be more tax aggressive (Frank et al. 2009). 

I also include some auditor characteristics, because auditors could advise managers on 

tax positions. I control for BIG4, LNTAXFEE, OFFICE, AUDEXP and TAXEXP. 

Appendix A provides a description of all the variables. 

 

2.3.2 Evaluating the measure 

In this section I evaluate my measure of IRS monitoring strength. I first evaluate to 

what extent the statistical properties of the measure are consistent with several 

intuitive characteristics that the measure should have. Then I argue why I believe my 

measure of IRS monitoring strength is better suited for my research setting compared 

with more commonly used measures of tax enforcement in the literature.  

Ideally, the measure should have three statistical properties. First, as I measure IRS 

monitoring strength across geographical areas, IRSSTRENGTH should not capture any 

differences in district-specific tax compliance caused by state-specific tax incentives. 

Panel A of table 3 shows the coefficients of the estimations of regression equation (1) 

for each fiscal year. The state-specific variables STATERATE and TAXCLIMATE are 

not significantly associated with GAAP effective tax rates. An explanation for this 

insignificant association is that firms in the sample are located in multiple states, so 

that companies are subject to tax incentives from multiple states. It therefore seems 

that state-specific differences in tax incentives do not affect GAAP effective tax rates, 

which implies that IRSSTRENGTH is not affected by these differences.  

Second, in order to test whether the IRS is able to generate spillover effects on audit 

risk, it is important that the measure captures economically significant variation in 

across-district tax compliance. Panel B of table 3 provides some descriptive statistics 

on these coefficients for each estimation. The standard deviations of the coefficients 

vary between 0.014 in fiscal year 2003 and 0.021 in fiscal year 2011. When I express 

these standard deviations as a ratio of the overall IRS district alpha mean, it follows 

that firms in a randomly chosen district on average report a deviation in the GAAP 

effective tax rate of 5 percent from the average district mean in 2003, and of 8.7 

percent in 2011. Hence, there is considerable variation in tax compliance across 

districts, which suggests that the ranking measure IRSSTRENGTH captures differences 

in tax compliance across districts that are economically significant. 
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Table 1 – Sample selection procedure  

Panel A – Sample selection procedure 

 

Firm-years available Available in Compustat for 2003-2011  73061 

 Minus  firms not located in one of the 50 US states (14920)  

   58141 

 Minus financial industry firms (11482)  

   46659 

 Minus firms with total assets < 10 mln. (7415)  

   39244 

 Minus missing values on dependent and independent variables (9835)  

 Total firm-year observations:  29409 
    

Panel B – IRS district composition 

 

District name States # obs. 

South West Arizona, Nevada, New Mexico 1004 

North-South Carolina North Carolina, South Carolina 792 

Delaware – Maryland Delaware, Maryland 720 

Virginia – West Virginia Virginia, West Virginia 760 

Rocky Mountains Colorado, Idaho, Montana, Utah, Wyoming 435 

Midwest Iowa, Nebraska, Wisconsin 510 

Ohio Ohio 804 

Kentucky – Tennessee  Kentucky, Tennessee 692 

Gulf Coast Alabama, Louisiana, Missisippi 950 

Pacific North-West Alaska, Hawaii, Oregon, Washington 1157 

Florida* Florida 1221 

Indiana Indiana 921 

New York* New York 1212 

Kansas - Missouri Kansas, Missouri 2187 

Illinois Illinois 1162 

North Central Minnesota, North Dakota, South Dakota 676 

Georgia Georgia 383 

Texas* Texas 1707 

Michigan Michigan 496 

New England Maine, Massachusetts, New Hampshire, Vermont 5138 

California* California* 1308 

New Jersey New Jersey 845 

Pennsylvania Pennsylvania 3173 

Arkansas – Oklahoma Arkansas, Oklahoma 421 

Connecticut – Rhode Island Connecticut, Rhode Island 735 

 Total 29409 

Panel A describes the sample selection procedure for the panel dataset used to estimate regression 

equation (1). Panel B displays the number of firm-year observations per IRS districts. Data on these 

IRS districts is obtained from: http://tracfed.syr.edu/help/geo/irsmap.html. Districts indicated with a * 

consist of multiple sub-districts. The districts are ordered with respect to the average value of 

IRSSTRENGTH, such that South West (Connecticut – Rhode Island) has the highest (lowest) value. 

IRSSTRENGTH is a ranking variable obtained from regression equation (2). See appendix A for the 

variable definition. 
 

http://tracfed.syr.edu/help/geo/irsmap.html
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Table 2 – Summary statistics 

 N Mean Std. 5th pct.  Median 95th pct. 

LNFEE 29409 13.574 1.206 11.615 13.581 15.632 

IRSSTRENGTH 29409 0.432 0.300 0.040 0.400 0.960 

LNSIZE 29409 6.107 1.962 3.032 6.024 9.594 

LEV 29409 0.529 0.304 0.121 0.503 1.068 

INVENT 29409 0.102 0.123 0 0.055 0.367 

RECEIV 29409 0.137 0.112 0.007 0.114 0.192 

LOSS 29409 0.336 0.472 0 0 1 

ROA 29409 0.001 0.233 -0.045 0.046 0.266 

NOL 29409 0.468 0.499 0 0 1 

R&D 29409 0.059 0.123 0 0 0.298 

FORINC 29409 0.236 0.570 0 0 1.104 

LNSEG 29409 0.519 0.651 0 0 1.609 

DECEMBER 29409 0.692 0.462 0 1 1 

LNTOTACR 29409 2.892 2.083 -0.516 2.870 6.456 

BIG4 29409 0.777 0.416 0 1 1 

AUDEXP 29409 0.189 0.391 0 0 1 

TAXEXP 29409 0.144 0.351 0 0 1 

LNTAXFEE 29409 8.342 5.297 0 10.669 13.933 

LNNAFEE 29409 8.446 4.908 0 10.342 13.686 

OFFICE 29409 0.758 0.252 0 0.840 0.938 

OPINION 29409 0.464 0.499 0 0 1 

WEAKNESS 29409 0.129 0.335 0 0 1 

AUDCH 29409 0.048 0.215 0 0 0 

HERFINDAHL 29409 0.682 0.283 0.264 0.648 1 

POPULATION 29409 0.690 0.221 0.280 0.780 0.960 

TAXCLIMATE 29409 0.561 0.272 0.100 0.580 0.940 

ETR 19510 0.302 0.178 0 0.338 0.506 

This table shows descriptive statistics for the variables used to estimate regression equation (2). The 

table shows statistics for the complete panel dataset of 29409 firm-year observations. Appendix A 

provides variable definitions.   

 

 

 

 

 

 

 

 



 

Table 3 – IRS District regressions 

Panel A – Regression results 

 

 DEP = ETR 

 200(0-3) 200(1-4) 200(2-5)  200(3-6) 200(4-7) 200(5-8) 200(6-9) 20(07-10) 20(08-11) 

LNSIZE 0.014*** 

(0.002) 

0.012*** 

(0.002) 

0.007*** 

(0.002) 

0.005** 

(0.002) 

0.003 

(0.002) 

0.000 

(0.002) 

-0.002 

(0.003) 

-0.003 

(0.003) 

-0.005* 

(0.003) 

LEV -0.060*** 

(0.013) 

-0.048*** 

(0.013) 

-0.041*** 

(0.012) 

-0.025** 

(0.012) 

-0.015 

(0.012) 

-0.014 

(0.012) 

-0.030** 

(0.013) 

-0.017 

(0.013) 

-0.008 

(0.013) 

FORINC 0.017** 

(0.007) 

0.023*** 

(0.007) 

0.038*** 

(0.008) 

0.043*** 

(0.008) 

0.042*** 

(0.009) 

0.044*** 

(0.008) 

0.034*** 

(0.008) 

0.035*** 

(0.008) 

0.031*** 

(0.007) 

PPE -0.046*** 

(0.016) 

-0.037** 

(0.016) 

-0.035** 

(0.016) 

-0.036** 

(0.016) 

-0.038** 

(0.015) 

-0.051*** 

(0.016) 

-0.052*** 

(0.017) 

-0.055*** 

(0.018) 

-0.052*** 

(0.018) 

INVENT 0.032 

(0.026) 

0.044* 

(0.025) 

0.061** 

(0.025) 

0.057** 

(0.025) 

0.062** 

(0.026) 

0.069** 

(0.027) 

0.088*** 

(0.028) 

0.090*** 

(0.030) 

0.063** 

(0.031) 

R&D -0.439*** 

(0.059) 

-0.478*** 

(0.060) 

-0.558*** 

(0.057) 

-0.585*** 

(0.054) 

-0.592*** 

(0.055) 

-0.628*** 

(0.057) 

-0.588*** 

(0.060) 

-0.605*** 

(0.062) 

-0.602*** 

(0.064) 

ADV 0.018 

(0.072) 

-0.003 

(0.075) 

0.015 

(0.074) 

-0.007 

(0.073) 

-0.029 

(0.070) 

0.030 

(0.072) 

0.008 

(0.077) 

0.015 

(0.078) 

0.077 

(0.081) 

ROA -0.072*** 

(0.024) 

-0.046* 

(0.023) 

-0.007 

(0.023) 

0.015 

(0.022) 

0.035 

(0.021) 

-0.003 

(0.022) 

-0.037* 

(0.022) 

-0.066*** 

(0.024) 

-0.103*** 

(0.026) 

NOL -0.020*** 

(0.006) 

-0.023*** 

(0.005) 

-0.019*** 

(0.005) 

-0.022 

(0.005) 

-0.019*** 

(0.005) 

-0.011** 

(0.005) 

-0.009* 

(0.005) 

-0.012** 

(0.005) 

-0.013** 

(0.006) 

LNTOTACR 0.001 

(0.002) 

-0.001 

(0.002) 

0.000 

(0.002) 

0.002 

(0.002) 

0.003 

(0.002) 

0.003 

(0.002) 

0.004** 

(0.002) 

0.004* 

(0.002) 

0.004** 

(0.002) 

BIG4 0.008 

(0.006) 

0.014** 

(0.007) 

0.020** 

(0.009) 

0.025*** 

(0.008) 

0.026*** 

(0.008) 

0.032*** 

(0.008) 

0.033*** 

(0.009) 

0.028*** 

(0.009) 

0.020** 

(0.008) 

OFFICE 0.001 

(0.019) 

-0.005 

(0.021) 

0.001 

(0.023) 

0.005 

(0.025) 

0.008 

(0.025) 

0.004 

(0.026) 

0.019 

(0.030) 

0.021 

(0.026) 

0.007 

(0.012) 

AUDEXP 0.004 

(0.006) 

0.005 

(0.006) 

0.009 

(0.006) 

0.006 

(0.006) 

0.001 

(0.006) 

0.001 

(0.006) 

-0.002 

(0.007) 

-0.002 

(0.007) 

0.002 

(0.008) 

TAXEXP -0.002 -0.004 -0.010 -0.007 -0.006 -0.009 -0.010 -0.011 -0.010 



  

 

 
 

(0.010) (0.007) (0.006) (0.006) (0.006) (0.006) (0.007) (0.008) (0.009) 

LNTAXFEE -0.001 

(0.001) 

0.000 

(0.001) 

0.001 

(0.001) 

0.000 

(0.000) 

-0.000 

(0.000) 

-0.000 

(0.000) 

-0.000 

(0.000) 

-0.000 

(0.001) 

-0.000 

(0.001) 

STATERATE 0.201 

(0.241) 

0.138 

(0.206) 

0.166 

(0.203) 

0.040 

(0.151) 

-0.022 

(0.151) 

-0.037 

(0.148) 

0.100 

(0.131) 

0.151 

(0.131) 

0.226 

(0.186) 

TAXCLIMATE 0.023 

(0.023) 

0.040* 

(0.021) 

0.031 

(0.021) 

0.016 

(0.015) 

0.022 

(0.014) 

0.016 

(0.012) 

0.010 

(0.012) 

0.008 

(0.014) 

0.022 

(0.021) 

Industry effects Yes Yes Yes Yes Yes Yes Yes Yes Yes 

District effects Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Constant No No No No No No No No No 

R-squared 0.081 0.075 0.082 0.085 0.085 0.085 0.079 0.085 0.086 

N 7985 9052 9623 9955 9791 9167 8571 8245 8070 

Panel B – Descriptive statistics on district alphas 

 

 200(0-3) 200(1-4) 200(2-5)  200(3-6) 200(4-7) 200(5-8) 200(6-9) 20(07-10) 20(08-11) 

N 25 25 25 25 25 25 25 25 25 

Mean 0.273 0.263 0.266 0.289 0.287 0.301 0.284 0.267 0.241 

Std dev. 0.014 0.016 0.018 0.018 0.017 0.016 0.016 0.016 0.021 

Minimum 0.241 0.224 0.225 0.257 0.256 0.266 0.248 0.241 0.208 

Maximum 0.292 0.281 0.289 0.317 0.314 0.337 0.317 0.304 0.285 

Panel C – Persistence analysis: Pearson correlations on district alphas 

 

 200(0-3) 200(1-4) 200(2-5)  200(3-6) 200(4-7) 200(5-8) 200(6-9) 20(07-10) 20(08-11) 

200(0-3) 1 0.722*** 

(0.000) 

0.772*** 

(0.000) 

0.706*** 

(0.000) 

0.578*** 

(0.003) 

0.582*** 

(0.002) 

0.506*** 

(0.010) 

0.573*** 

(0.003) 

0.478*** 

(0.016) 

This table reports the regression results of regression equation (1). All regression specifications include firm-years of the four most recent fiscal years. 

For example, the first specification includes firm-year observations from 2000-2003. The dependent variable is ETR, which is the one-year effective tax 

rate. 𝑋 is a vector of control variables. IRS district dummies are included in the regression, but not displayed. Industry dummies (44 Fama French 

industry dummies) are also included, but not displayed. Robust standard errors clustered at the firm-level and are presented in parentheses. ***,**, and 

* indicate statistical significance at the 1%, 5% and 10% levels, respectively. All variables are defined Appendix A.
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Third, although actual tax enforcement may vary substantially over time, it would 

make sense to predict that expected IRS strength is quite stable, as the IRS does not 

provide many insights into their enforcement procedures. Panel C of table 3 examines 

the persistence of the estimated coefficients over time, by showing Pearson 

correlations on the district alphas for the year 2003 with the subsequent years. All 

correlation coefficients are positive and statistically significant, but the correlations 

decline somewhat over time. This result is consistent with the intuition that expected 

IRS monitoring strength is quite stable over time, although over a large time span there 

might be some variation.  

Prior studies use IRS inspection probabilities as measures of IRS monitoring 

strength, (e.g. Guedhami and Pittman, 2008; Ghoul et al., 2010; Hoopes et al., 2012; 

Hanlon et al., 2012). These probabilities are computed as the number of IRS audits 

completed in the current fiscal year divided by the number of returns received in the 

previous year. These probabilities are available for different asset size classes, and 

prior to fiscal year 2000 these probabilities were also available for IRS districts. 

Although these IRS inspection probabilities might be good proxies for corporate tax 

enforcement in prior studies, I believe that IRSSTRENGTH is a better measure for 

using in my setting for two reasons.  

First, I believe that my measure is better able to conceptually deal with the timing 

issue in my setting, as it captures expected IRS monitoring strength. More specifically, 

in general the IRS will potentially visit the firm only after the auditor has performed 

the audit. In order to examine whether the IRS generates spillover effects on audit risk, 

I need a proxy for expected IRS monitoring strength at the time of the financial 

statement audit. Instead, IRS tax inspection probabilities capture actual monitoring 

strength at the time of the tax inspection. Hence, from a conceptual perspective I 

believe that IRSSTRENGTH is a better measure to test for spillover effects compared 

with IRS inspection probabilities. 

Second, I believe that the use of IRS inspection probabilities introduces significant 

methodological concerns for my setting, which will work against finding any evidence 

for spillover effects. As audit fee data only becomes publicly available after fiscal year 

2000, only IRS inspection probabilities could be used that vary by asset size classes 

and time. As can be seen from Hanlon et al. (2012) and Hoopes et al. (2012), after a 

long period of declining inspection probabilities over time for all asset size classes, 

these probabilities increase substantially in the period 2003 till 2006. In this period 

also audit fees increase substantially for all firms due to the introduction of the 

Sarbaines-Oxley Act in 2002. This introduces a positive correlation between audit fees 

and IRS inspection probabilities, which will bias against finding any evidence for 

spillover effects. Furthermore, firm size may positively bias the association between 



                                                                                                                     CHAPTER 2  

 

23 

 

audit fees and IRS inspection probabilities, as IRS inspection probabilities are higher 

for larger firms and firm size is the most important determinant in explaining audit fee 

levels. Of course, the use of IRSSTRENGTH may also lead to concerns for 

endogeneity. I will try to reduce these concerns as much as possible in section 5.  

 

2.4 Spillover effects from monitoring 

2.4.1  Empirical model  

In order to test the hypothesis, I estimate the following regression equation: 

 

𝐿𝑁𝐹𝐸𝐸𝑖,𝑑,𝑞,𝑡 = β0 + β1𝐼𝑅𝑆𝑆𝑇𝑅𝐸𝑁𝐺𝑇𝐻𝑑,𝑡 + β𝑍𝑖,𝑡 + ∑ 𝛿𝑞
𝑄
𝑞=1   + 휀𝑖,𝑑,𝑞,𝑡   (2) 

 

The dependent variable is the natural logarithm of audit fees and the independent 

variable of interest is IRSSTRENGTH. A negative β1 would be consistent with the 

hypothesis that the IRS generates spillover effects on the auditor’s monitoring 

activities, as auditors demand lower audit fees in IRS districts were firms on average 

report higher GAAP effective tax rates. A positive β1 would be consistent with the 

alternative hypothesis that auditors may fear that IRS monitoring strength increases 

litigation or reputation costs, so that they demand higher audit fees in the presence of a 

strong tax authority. An alternative explanation for a positive β1 would be consistent 

with measurement error in IRSSTRENGTH, as it could be that it proxies for tax 

avoidance behavior in IRS districts irrespective of IRS strength. For instance, it could 

be that there is cross-district variation in audit quality, and that in districts with a 

higher audit quality, auditors reduce concerns for the IRS that book income is 

managed, which reduces the ability of firms to avoid tax.  

The vector 𝑍𝑖,𝑡  contains a number of firm-specific control variables, which are 

obtained from an extensive literature on audit fees (Hay et al. 2006). LNSIZE controls 

for the size of firm and is expected to have a strong positive relation with audit fees. 

To control for audit complexity, I include the number of business segments (LNSEG), 

the ratio foreign income to domestic income (FORINC), the ratio inventory to assets 

(INVENT) and the ratio receivables to assets (RECEIV). I expect these variables to be 

positively associated with audit fees. Current year operating losses (LOSS), tax loss 

carry forwards (NOL) and leverage (LEV) are expected to be positively associated with 

audit fees, because client profitability and leverage could increase future losses of the 

auditor. Research and development expenditures (R&D) reflect risky investments, so 

this variable is expected to be positively associated with audit fees. DECEMBER is 
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included to proxy for higher audit fees due to the busy season. To proxy for low 

earnings quality, I include the size of accruals (LNTOTACR).   

I also control for several auditor characteristics. Large auditors demand higher audit 

fees than small auditors, so I include a BIG4 dummy variable. At the start of the audit 

engagement, auditors offer discounts to their clients, so I include a variable that 

captures the start of the engagement (AUDCH). Non-audit fees (LNNAFEE) and tax 

fees (LNTAXFEE) are expected to be positively associated with audit fees. Auditors 

that have industry expertise can offer higher audit quality (Reichelt and Wang 2009), 

so I expect industry expertise in auditing (AUDEXP) and tax advice (TAXEXP) to be 

positively associated with audit fees. I control for the size of the audit office 

(OFFICE), because larger offices are able to offer higher audit quality (Choi et al. 

2010).  I expect audit fees to be higher in case the auditor does not issue an unqualified 

opinion (OPINION). Also, an internal control weakness (WEAKNESS) increases audit 

risk and audit fees (Hogan and Wilkins, 2008). Finally, I include control for auditor 

competition (HERFINDAHL), as more competition may decrease audit fees. 

 

2.4.2 Sample selection and data 

In order to estimate regression equation (2), I use a panel dataset of firm-year 

observations that cover fiscal years from 2003-2011. I choose only to use firm-year 

observations from 2003 onwards, because since 2003 companies have to disclose the 

fees they pay to their auditor for tax services and other non-audit services. Panel A of 

table 1 shows the sample selection procedure. To be included in the sample, the firm’s 

head office should be located in one of the 50 states of the US. Firms that operate in 

the financial service industry are excluded, because they are subject to extensive 

regulation and therefore face other important monitors as well. I also exclude firms 

that have total assets of less than 10 million, because the Large and Medium Sized 

Business division of the IRS does not inspect these firms. Finally, firms are required to 

have sufficient data on the control variables. This leaves a total sample of 29409 firm-

year observations. Table 2 shows descriptive statistics for the total sample.  

Table 4 shows some correlations of important variables. The correlation coefficient 

on firm size with IRSSTRENGTH suggests that firms are on average larger when they 

are located in IRS districts that are expected to have a stronger IRS. This is consistent 

with the idea that the IRS tends to focus their attention on larger firms. Other 

correlation coefficients indicate that firms located in IRS districts with an expected 

strong IRS on average have more debt, are more profitable, have larger auditors and 

are more likely to buy tax services from their financial statement auditor. The 

correlation between IRSSTRENGTH and ETR is positive and significant, but the 



 

Table 4 – Correlation Matrix 

This table shows Pearson correlations on some variables that are used in regression equation (2) for the sample period 2003-2011. Appendix A provides 

variable definitions. P-values are presented in parentheses. Coefficients are printed bold in case the correlation coefficient is statistically significant at 

the 10 % level. The correlations for the ETR are presented for the sample of 19387 firm-year observations; the remaining correlations are presented for 

the overall sample of 29444 firm-year observations. 

 LNFEE IRSSTRENGTH ETR LNSIZE LEV LOSS ROA NOL R&D BIG4 LNTAXFEE FORINC WEAKNESS 

LNFEE 1             

IRSSTRENGTH 0.012 

(0.034) 

1            

ETR 0.049 

(0.000) 

0.092 

(0.000) 

1           

LNSIZE 0.817 

(0.000) 

0.114 

(0.000) 

0.076 

(0.000) 

1          

LEV 0.196 

(0.000) 

0.125 

(0.000) 

0.060 

(0.000) 

0.211 

(0.000) 

1         

LOSS -0.220 

(0.000) 

-0.115 

(0.000) 

- -0.359 

(0.000) 

0.117 

(0.000) 

1        

ROA 0.206 

(0.000) 

0.115 

(0.000) 

-0.042 

(0.000) 

0.342 

(0.000) 

-0.129 

(0.000) 

-0.684 

(0.000) 

1       

NOL 0.063 

(0.000) 

-0.054 

(0.000) 

-0.050 

(0.000) 

-0.062 

(0.000) 

0.028 

(0.000) 

0.159 

(0.000) 

-0.143 

(0.000) 

1      

R&D -0.148 

(0.000) 

-0.235 

(0.000) 

-0.194 

(0.000) 

-0.313 

(0.000) 

-0.137 

(0.000) 

0.326 

(0.000) 

-0.556 

(0.000) 

0.123 

(0.000) 

1     

BIG4 0.484 

(0.000) 

0.018 

(0.002) 

0.053 

(0.000) 

0.488 

(0.000) 

0.066 

(0.000) 

-0.156 

(0.000) 

0.122 

(0.000) 

-0.015 

(0.010) 

0.018 

(0.002) 

1    

LNTAXFEE 0.326 

(0.000) 

0.031 

(0.000) 

0.014 

(0.000) 

0.304 

(0.000) 

0.043 

(0.000) 

-0.133 

(0.000) 

0.132 

(0.000) 

0.021 

(0.000) 

-0.063 

(0.000) 

0.279 

(0.000) 

1   

FORINC 0.244 

(0.000) 

-0.021 

(0.000) 

0.069 

(0.000) 

0.138 

(0.000) 

0.009 

(0.135) 

-0.047 

(0.000) 

0.068 

(0.000) 

0.103 

(0.000) 

-0.012 

(0.036) 

0.068 

(0.000) 

0.138 

(0.000) 

1  

WEAKNESS 0.052 

(0.000) 

-0.000 

(0.949) 

0.011 

(0.136) 

-0.063 

(0.000) 

0.071 

(0.000) 

0.105 

(0.000) 

-0.082 

(0.000) 

0.055 

(0.000) 

-0.025 

(0.000) 

-0.089 

(0.000) 

-0.029 

(0.000) 

0.042 

(0.000) 

1 
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coefficient is small. This suggests that within IRS districts there is considerable 

variation in effective tax rates.  

Of particular interest is the correlation between IRSSTRENGTH and LNFEE, which 

is positive and statistically significant. That is, audit fees are higher in IRS districts 

that are expected to have a strong IRS, which is not consistent with the hypothesis. 

However, audit fees depend for a large part on firm size, which might cause the 

correlation to be positive. The partial correlation coefficient controlling for LNSIZE is 

negative and statistically significant (coefficient = -0.141 and p-value = 0.000), which 

is consistent with the hypothesis that there are spillover effects from monitoring 

between the tax inspector and the auditor.   

 

2.4.3 Main results 

Table 5 shows the main results of regression equation (2). The first specification 

shows the results for the full panel dataset. The variable IRSSTRENGTH is negatively 

associated with audit fees and the coefficient is statistically significant. That is, 

auditors demand lower audit fees in IRS districts where managers report higher GAAP 

effective tax rates. The observed empirical effect is consistent with the expectation that 

a strong IRS division increases spillover effects for the auditor. The effect of 

IRSSTRENGTH on LNFEE is also economically significant: an average-sized firm that 

is located in the strongest IRS district pays an 18.5 % higher audit fee than a 

comparable firm in the weakest IRS district. 

Next, I examine whether the observed effect is robust to the inclusion of firm-

specific tax compliance. In the second specification I exclude the firm-year loss 

observations. Although a significant number of observations drop out of the sample, 

the main effect of IRSSTRENGTH on LNFEE remains significant. The third 

specification includes the effective tax rate (ETR), to proxy for firm-specific tax 

compliance. The ETR is negatively associated with audit fees, which suggests that 

firms that comply more with tax regulations on average have lower audit fees. The 

main effect of IRSSTRENGTH on LNFEE is of similar size as in the second 

specification, which suggests that the association is not affected by the inclusion of 

firm-specific tax compliance.6  

 

 

 

                                                   
6  The effect of IRSSTRENGTH on LNFEE is unaffected by the use of the following alternative 

measures of firm-specific tax avoidance: the long-term ETR (measured over four years), the long-term 

cash ETR (measured of four years), and the natural logarithm of the tax reserve (only available for the 

sample period 2008-2011).  
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Table 5 

Main results 

 DEP=LNFEE DEP=LNFEE DEP=LNFEE 

 Coef. Std error Coef. Std error Coef. Std error 

 

IRSSTRENGTH -0.193*** (0.021) -0.159*** (0.024) -0.158*** (0.024) 

ETR - - - - -0.072** (0.034) 

LOSS 0.086*** (0.013) - - - - 

LNSIZE 0.469*** (0.006) 0.496*** (0.007) 0.496*** (0.007) 

LEV 0.087*** (0.023) 0.116*** (0.036) 0.114*** (0.036) 

INVENT 0.259*** (0.072) 0.250*** (0.086) 0.255*** (0.086) 

RECEIV 0.964*** (0.071) 0.952*** (0.084) 0.957*** (0.084) 

ROA -0.161*** (0.033) 0.106 (0.068) 0.105 (0.068) 

NOL 0.090*** (0.012) 0.109*** (0.105) 0.108*** (0.015) 

R&D 0.555*** (0.066) 1.252*** (0.152) 1.212*** (0.151) 

FORINC 0.153*** (0.009) 0.228*** (0.013) 0.230*** (0.013) 

LNSEG 0.094*** (0.011) 0.091*** (0.012) 0.091*** (0.012) 

DECEMBER 0.143*** (0.015) 0.150*** (0.018) 0.150*** (0.018) 

LNTOTACR 0.022*** (0.004) 0.006 (0.005) 0.007 (0.005) 

BIG4 0.289*** (0.019) 0.240*** (0.024) 0.248*** (0.024) 

AUDEXP 0.096*** (0.016) 0.097*** (0.019) 0.097*** (0.019) 

TAXEXP -0.049*** (0.016) -0.034* (0.018) -0.034* (0.018) 

LNTAXFEE 0.011*** (0.001) 0.012*** (0.001) 0.012*** (0.001) 

LNNAFEE 0.004*** (0.001) 0.007*** (0.001) 0.007*** (0.002) 

OFFICE 0.375*** (0.034) 0.368*** (0.039) 0.369*** (0.039) 

OPINION 0.103*** (0.009) 0.077*** (0.011) 0.077*** (0.011) 

WEAKNESS 0.268*** (0.014) 0.231*** (0.018) 0.232*** (0.018) 

AUDCH -0.019 (0.018) -0.017 (0.024) -0.018 (0.023) 

HERFINDAHL -0.055** (0.025) -0.084*** (0.030) -0.084*** (0.030) 

      

Industry effects Yes Yes Yes  Yes 

Year effects Yes Yes Yes  Yes 

Constant 8.669*** (0.141) 8.447*** (0.149) 8.462*** (0.150) 

R-squared 0.809 0.820 0.820  0.826 

N 29409 19510 19510  19387 

This table reports the regression results of regression equation (2). The dependent variable is the 

natural logarithm of audit fees. IRSSTRENGTH is a ranking variable obtained from a ranking of the 

district dummy coefficients from regression specification (1). 𝑍  is a vector of control variables. 

Industry dummies (44 Fama French industry dummies) and year dummies are included in the 

regression, but not displayed. The first regression specification includes 29409 firm-year observations 

from the fiscal years 2003-2011.  The second and third specifications exclude the firm-year loss 

observations.  Robust standard errors clustered at the firm-level and are presented in parentheses. 

***,**, and * indicate statistical significance at the 1%, 5% and 10% levels, respectively. All variables 

are defined Appendix A.  
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Most of the control variables have signs consistent with expectations and are 

statistically significant. Audit fees are larger when firms are larger, have more debt, 

have more inventories and receivables, are less profitable, have more foreign 

operations, operate in more industries, have their fiscal year end in the busy season, 

have lower discretionary accruals, and when a large auditor audits the firm. Audit fees 

are lower when the firm buys tax services from their financial statement auditor. This 

effect is consistent with prior literature that shows that the provision of tax services by 

the auditor reduces workload for auditors (e.g. Gleason and Mills 2011; Kinney et al. 

2004). Finally, audit fees are positively associated with non-audit fees, office size and 

an opinion different from an unqualified opinion.   

Overall, the results in table 5 are consistent with the prediction that the IRS 

generates spillover effects on the auditor’s monitoring activities.  

 

2.5 Alternative explanations 

Overall, the results in table 5 are consistent with the prediction that the IRS 

generates spillover effects on the auditor’s monitoring activities. In this section I 

examine whether results are robust to alternative explanations for the negative 

association between audit fees and my measure of expected IRS monitoring strength. I 

also attempt to provide more evidence on the existence of spillover effects. . 

 

2.5.1 State-specific endogeneity 

I consider two state-specific alternative explanations for the empirical result that 

audit fees are lower in IRS districts where firms report higher GAAP effective tax 

rates. First, US state population density might be an omitted variable that causes a 

negative association between audit fees and the level of GAAP effective tax rates at 

the district level. States with a high population density have higher costs of living for 

their inhabitants, which might cause audit fees to be high and the tax authority to be 

weak. Hay et al. (2006) find for multiple settings that audit fees are higher in high-

population areas. IRS offices in high-population states might have difficulties in 

attracting high-quality tax professionals, as in these states the wage-differential for IRS 

jobs compared with tax advice jobs is likely to be higher. I therefore control for US-

state population density (POPULATION) to address this endogeneity concern. The 

first specification of table 6 displays the results for the inclusion of POPULATION in 

regression equation (2). Consistent with the expectation, audit fees are higher in high-

population states. However, the association between IRSSTRENGTH and audit fees is 

not affected. 



  

 

 
 

Table 6 – Alternative explanations 

 DEP=LNFEE 

   EXP= AUDEXP EXP=TAXEXP EXP=AUD&TAXEXP  

IRSSTRENGTH  -0.212*** 

(0.023) 

-0.241*** 

(0.024) 

-0.238*** 

(0.024) 

-0.235*** 

(0.023) 

-0.237*** 

(0.024) 

POPULATION  0.380*** 

(0.033) 

0.380*** 

(0.033) 

0.380*** 

(0.033) 

0.381*** 

(0.033) 

0.380*** 

(0.033) 

TAXCLIMATE  -0.101*** 

(0.027) 

-0.101*** 

(0.027) 

-0.101*** 

(0.027) 

-0.102*** 

(0.027) 

-0.102*** 

(0.027) 

Control variables  Yes Yes Yes Yes Yes 

Industry effects  Yes Yes Yes Yes Yes 

Year effects  Yes Yes Yes Yes Yes 

       

EXP   0.029 

(0.023) 

-0.127*** 

(0.023) 

-0.014 

(0.035) 

 

IRSSTRENGTH*EXP   0.159*** 

(0.041) 

0.180*** 

(0.040) 

0.233*** 

(0.047) 

 

FORINC      0.101*** 

(0.013) 

IRSSTRENGTH*FORINC      0.106*** 

(0.027) 

       

R-squared  0.809 0.809 0.809 0.810 0.809 

N  29409 29409 29409 29409 29409 

This table reports the regression results of regression equation (2) where IRSSTRENGTH is interacted with the variables, FORINC, AUDEXP, TAXEXP 

and AUD&TAXEXP. All specifications include the control variables from table 5, but these are not always displayed for presentation purposes. All 

regression specifications include 29409 firm-year observations from the fiscal years 2003-2011. The dependent variable is the natural logarithm of audit 

fees. IRSSTRENGTH is a ranking variable obtained from a ranking of the district dummy coefficients from regression specification (1). 𝑍 is a vector of 

control variables. Industry dummies (44 Fama French industry dummies) and year dummies are included in the regression, but not displayed. Robust 

standard errors clustered at the firm-level and are presented in parentheses. ***,**, and * indicate statistical significance at the 1%, 5% and 10% levels, 

respectively. All variables are defined Appendix A. 
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Second, US state tax climate might be an omitted variable that causes a negative 

association between audit fees and the level of GAAP effective tax rates at the district 

level. Auditors located in states with a less strict tax climate might need to invest in 

more expertise in dealing with tax credits for financial statement purposes, which 

requires them to demand higher audit fees. Firms in these states may have lower 

effective tax rates as it is easier for firms to use tax credits to decrease taxable income. 

I therefore also control for TAXCLIMATE to address the endogeneity concern. The 

first specification of table 6 displays the results for the inclusion of TAXCLIMATE in 

regression equation (2). Consistent with the expectation, audit fees are lower in stricter 

tax-climate states. The association between IRSSTRENGTH and audit fees is not 

affected. Furthermore, it also appears from panel A of table 3 that TAXCLIMATE is 

not likely to affect GAAP effective tax rates, which again reduces concerns for this 

alternative explanation for the result. 

 

2.5.2 Spillover effects for expert auditors 

There might be a concern that my measure of expected IRS monitoring strength 

does not capture what it should capture. It could for example capture across-district 

variation in tax avoidance that is not related to IRS district monitoring strength, but 

related with audit quality. An alternative explanation for the empirical findings could 

therefore be that within some IRS districts, audit firms are more able to deliver high 

audit quality, for example due to a larger market supply of high quality employees, 

which causes these audit firms to be more able to assist firms in tax avoidance 

activities. To address this concern, I examine whether the association between audit 

fees and IRSSTRENGTH is different for audit firms that have more industry expertise. 

Prior literature finds that industry experts provide higher quality audits (Reichelt and 

Wang, 2010) and provide better tax services (McGuire et al., 2012) to their clients. A 

stronger negative association between audit fees and IRSSTRENGTH would be 

consistent with the alternative explanation that high quality audit firms are more able 

to reduce tax compliance, as especially these industry experts are more able to this.  A 

weaker negative association would not be consistent with the alternative explanation, 

as it indicates the IRS is not able to generate spillover effects on audit risk for high 

expert auditors. 

I empirically capture three dimensions of industry expertise. First, I construct the 

variable AUDEXP, which is a dummy variable that equals one if the auditor is an 

industry expert in auditing. Second, I construct the variable TAXEXP, which is a 

dummy variable that equals one if the auditor is an industry expert in tax services. 

Third, I construct the variable AUD&TAXEXP, which is a dummy variable that equals 

one if the auditor is an industry expert both in audit and tax services. The second, third 
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and fourth specification in table 6 shows the results with the interactions between 

IRSSTRENGTH and the different dimensions of auditor expertise. In all cases, the 

coefficients of IRSSTRENGTH are negative and statistically significant. These 

coefficients measure the effect of tax enforcement on audit fees for firms that do not 

hire services from an industry expert.  The interaction terms are positive in all cases, 

which is consistent with the intuition that spillover effects decline when auditor have a 

higher ability. There is no empirical support for the alternative explanation. Note that 

the interaction term is the highest for industry experts that deliver both audit and tax 

services. This is consistent with the intuition that for the highest expertise auditors the 

IRS is most unable to generate spillover effects on audit risk.   

 

2.5.3 Spillover effects for firms with foreign operations 

There might be other concerns that my measure of expected IRS monitoring 

strength does not capture what it should capture. In order to reduce these concerns for 

endogeneity, I examine whether the association between audit fees and my measure of 

expected IRS district monitoring strength is weaker for firms that are less likely to be 

monitored across IRS districts. For very complex firms the IRS has the Coordinated 

Industry Case program that subjects complex firms to a more thorough inspection. 

These firms are not likely to be inspected by regional offices, as these inspections 

require a lot of expertise that is assembled for each inspection plan.7 Unfortunately, 

researchers do not know which firms fall under this program. Although there is a point 

system with criteria that is used for classifying firms, there are also exceptions to the 

rule. Two criteria are related to the firms’ foreign operations. I therefore propose that 

firms with more foreign operations are more likely to be included in the Coordinated 

Industry Case program. I expect that my measure of expected IRS district monitoring 

strength is less likely to affect audit fees for these firms.   

The last specification of table 6 shows the results with the interaction between 

IRSSTRENGTH and FORINC. The coefficient of FORINC is positive and statistically 

significant. This effect is consistent with a high audit complexity of firms that have 

foreign operations. The coefficient of IRSSTRENGTH is negative and statistically 

significant. This coefficient measures the effect of tax enforcement on audit fees for 

firms that only operate domestically. The interaction term is positive and statistically 

significant. That is, the effect of tax enforcement on audit fees is negative, but 

becomes less negative in case the extent of foreign operations increases. This effect is 

consistent with the intuition that spillover effects decline for firms with more foreign 

operations as these firms are less likely to be inspected by regional offices. 

                                                   
7 http://www.irs.gov/irm/part4/irm_04-046-002.html  

http://www.irs.gov/irm/part4/irm_04-046-002.html
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2.6 Spillover effects and internal control weaknesses 

The results in the prior sections are consistent with the prediction that the IRS 

generates spillover effects on the auditor’s monitoring activities. In this section I 

explore one potential mechanism through which these spillover effects can occur. Prior 

research suggests that tax avoidance activities are adversely related with internal 

control quality (e.g. Desai and Dharmapala 2006; Richardson et al.,2013; Balakrishnan 

et al., 2012). If a strong IRS can discipline managers such that they comply more with 

tax regulations, then these firms are more likely to have high quality internal control 

systems, which reduces auditor’s audit risk assessments. If spillover effects occur 

through internal control system quality, I would expect that the probability of an 

internal control weakness is lower in IRS districts with a higher expected monitoring 

strength. In order to test this prediction I estimate the following logit model: 

 

𝑊𝐸𝐴𝐾𝑁𝐸𝑆𝑆𝑖,𝑡 = β0 + β1𝐼𝑅𝑆𝑆𝑇𝑅𝐸𝑁𝐺𝑇𝐻𝑖,𝑡 + β𝑍𝑖,𝑡 + ∑ 𝛿𝑠
𝑆
𝑠=1   + 휀𝑖,𝑡    (3) 

 

The dependent variable WEAKNESS is a dummy variable that equals one in case a 

firm is identified by Audit Analytics as having weak internal controls or significant 

deficiencies in the fiscal year, and zero otherwise. The independent variables are 

similar as in regression equation (2). A negative coefficient β1 is consistent with the 

prediction that internal control quality is higher in IRS districts with high expected 

monitoring strength. 

The first specification of table 7 shows the logit estimates for equation (3). The 

effect of IRSSTRENGTH on WEAKNESS is negative and statistically significant. The 

effect is also economically significant: an average firm located in the weakest IRS 

district has a 14 percent higher probability of an internal control problem than a similar 

firm in the strongest IRS district. This result is consistent with the intuition that 

internal control system quality is one mechanism through which spillover effects 

occur.  

The second specification in table 7 shows the results of regression equation (3) 

where IRSSTRENGTH is interacted with FORINC. As firms with large foreign 

incomes are less likely to be subject to differences in expected IRS monitoring 

strength across districts, I predict that the effect of IRSSTRENGTH on WEAKNESS 

becomes less negative for multinationals. Marginal effects are reported at the bottom 

of table 7 for different values of FORINC. The effect of IRSSTRENGTH on 

WEAKNESS is negative and statistically significant for firms that do not have any 

foreign operations. An domestic firm located in the weakest IRS district has a 19.7 

percent higher probability of an internal control problem than a similar firm in the  
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Table 7 – The effect of IRSSTRENGTH on WEAKNESS 

 DEP=WEAKNESS 

 Coef. Std error Coef. Std error 

IRSSTRENGTH -0.175* (0.095) -0.254*** (0.098) 

FORINC 0.215*** (0.031) 0.096* (0.054) 

IRSSTRENGTH*FORINC   0.267*** (0.100) 

LNSIZE -0.078*** (0.027) -0.078*** (0.027) 

LEV 0353*** (0.081) 0.349*** (0.081) 

INVENT 0.176 (0.279) 0.173 (0.279) 

RECEIV 0.467* (0.261) 0.462* (0.261) 

LOSS 0.366*** (0.061) 0.368*** (0.061) 

ROA -0.824*** (0.143) -0.810*** (0.143) 

NOL 0.191*** (0.050) 0.192*** (0.050) 

R&D -1.741*** (0.325) -1.740*** (0.325) 

LNSEG 0.138*** (0.042) 0.140*** (0.042) 

DECEMBER -0.160*** (0.058) -0.163*** (0.058) 

LNTOTACR 0.043** (0.018) 0.044** (0.018) 

BIG4 -0.335*** (0.071) -0.335*** (0.071) 

AUDEXP 0.035 (0.075) 0.035 (0.075) 

TAXEXP -0.101 (0.087) -0.101 (0.087) 

LNTAXFEE -0.003 (0.005) -0.003 (0.005) 

LNNAFEE 0.004 (0.005) 0.004 (0.005) 

OFFICE -0.314** (0.154) -0.322** (0.154) 

OPINION 0.520*** (0.046) 0.520*** (0.046) 

AUDCH 0.577*** (0.071) 0.576*** (0.072) 

HERFINDAHL -0.040 (0.102) -0.038 (0.102) 

POPULATION 0.010 (0.124) 0.012 (0.124) 

TAXCLIMATE -0.249** (0.105) -0.254** (0.105) 

     

Industry effects Yes Yes 

Year effects Yes Yes 

Constant -2.775*** (0.544) -2.746*** (0.546) 

Pseudo R-squared 0.080 0.081 

N 29409 29409 

 

Marginal effects of IRSSTRENGTH on WEAKNESS conditional on FORINC: 

FORINC= 0 0.1 0.2 0.4 0.6 1 

Coef. -0.023*** -0.021** -0.019** -0.015 -0.010 0.001 

Std error (0.009) (0.009) (0.009) (0.009) (0.010) (0.013) 

This table reports the regression results of regression equation (3). The dependent variable is a dummy 

variable that equals one in case the firm faces a material weakness or a significant deficiency. 

IRSSTRENGTH is a ranking variable obtained from a ranking of the district dummy coefficients from 

regression specification (1). 𝑍 is a vector of control variables. Industry dummies (44 Fama French 

industry dummies) and year dummies are included in the regression, but not displayed. The sample 

contains 29409 firm-year observations. Robust standard errors clustered at the firm-level and are 

presented in parentheses. ***,**, and * indicate statistical significance at the 1%, 5% and 10% levels, 

respectively. All variables are defined Appendix A.  
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strongest IRS district. The marginal effects decline for larger values of FORINC. 

When more than half of the company’s pre-tax profits consist of foreign profits, the 

effect of IRSSTRENGTH on WEAKNESS is no longer significant. This decline in 

marginal effects is consistent with my prediction.  

Overall the results in this section are consistent with the prediction that internal 

control quality is a mechanism through which the IRS is able to generate spillover 

effects for the auditor. 

 

2.7 Conclusion 

This chapter examines whether the IRS is able to generate spillover effects for the 

auditor. In order to test for spillover effects, I introduce an IRS-district specific 

measure of manager’s expected IRS monitoring strength, based on the location of the 

company’s headquarters. More specifically, I rank IRS districts based on the intuition 

that the expected IRS monitoring strength is higher for districts where managers on 

average report higher GAAP effective tax rates. The main finding of the study is that 

auditors demand lower audit fees in IRS districts where managers report higher GAAP 

effective tax rates. This effect is consistent with the prediction that the IRS generates 

spillover effects for the auditor. I predict and find that the association between audit 

fees and GAAP effective tax rates at the IRS district level becomes weaker for expert 

auditors and for firms that are less likely to be inspected by IRS regional offices. I also 

show results consistent with the prediction that internal control strength is one 

mechanism through which spillover effects occur. The evidence in this study is 

consistent with the intuition that strong tax authority can create spillover effects for 

other monitors.   
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Appendix A:  Variable Definitions8 

 

LNFEE The natural logarithm of audit fees. Source: Audit Analytics. 

IRSSTRENGTH A rank variable that ranges from 0.04 till 1 that is obtained 

by ranking the coefficients of the district specific α’s from 

regression equation (1). 

WEAKNESS A dummy variable that equals one in case a firm is identified 

by Audit Analytics as having weak controls or significant 

deficiencies in the fiscal year and zero otherwise.  

ETR Year-specific GAAP effective tax rate: tax expense (TXT) / 

pre-tax income (PI). ETRs above 1 (0) are set equal to 1 (0).  

LNSIZE The natural logarithm of total assets (AT). 

LEV Total liabilities (LT) / total assets (AT). 

INVENT Inventory (INVT) / total assets (AT). 

RECEIV Receivables (RECT / total assets (AT). 

PPE Property, plant and equipment (PPENT) / total assets (AT). 

ROA Pre-tax income (PI) / lagged total assets (AT). 

ADV Advertising expense (XAD) / lagged total assets (AT). 

LOSS Dummy variable that equals one if the firm reports a negative 

pre-tax income (PI) in the fiscal year and zero otherwise. 

R&D R&D expense (XRD) / lagged total assets (AT). 

DECEMBER Dummy variable that equals one in case the fiscal year ends 

in December. 

FORINC The absolute value of foreign pretax income (PIFO) / pre-tax 

income (PI). 

NOL Indicator variable equal to one if tax loss carry forward 

(TLCF) is non-zero. 

LNSEG The natural logarithm of the number of self reported business 

segments. 

LNTOTACR The natural logarithm of the absolute value of total accruals. 

BIG4 Dummy variable that equals one if the firm is audited by a 

Big 4 auditor and zero otherwise. Source: Audit Analytics. 

AUDCH Dummy variable that equals one if the fiscal year is the first 

year of the engagement between the auditor and the firm. 

LNNAFEE The natural logarithm of total non-audit services minus tax 

fees plus one. Source: Audit Analytics. 

LNTAXFEE The natural logarithm of total tax fee plus one. Source: Audit 

                                                   
8 All continuous variables are winsorized at the 1st and 99th percentile, except for the state-specific 

variables. 
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Analytics.  

OFFICE The size of the audit office measured as the sum of audit fees 

of all clients of the auditor minus the audit fee of the specific 

client. The variable is scaled by the largest value. 

AUDEXP A dummy variable that equals one in case the auditor is 

industry expert for auditing services at the city level. An 

auditor is industry specialist if it ranks number one in the 2-

digit SIC industry and if the difference in market share in 

audit fees with second best is more than 0.1.  

TAXEXP A dummy variable that equals one in case the auditor is 

industy expert for tax services at the city level. An auditor is 

industry specialist if it ranks number one in the 2-digit SIC 

industry and if the difference in market share in audit fees 

with second best is more than 0.1. 

AUD&TAXEXP A dummy variable that equals one in case the auditor is 

industry expert for both audit and tax services at the city 

level. An auditor is industry specialist if it ranks number one 

in the 2-digit SIC industry and if the difference in market 

share in audit fees with second best is more than 0.1. 

OPINION Dummy variable that equals one in case the audit opinion 

(AUOP) is not an unqualified opinion  

POPULATION A state-year specific ranking measure of the state population 

density level that ranges from 0.02 till 1. 

STATERATE The state-specific corporate income tax rate of a company’s 

home state 

TAXCLIMATE A state-year specific ranking measure of the corporate 

income tax climate obtained from tax foundation. A higher 

value indicates a stricter corporate income tax climate. 

Source: http://taxfoundation.org/article/2014-state-business-

tax-climate-index 

http://taxfoundation.org/article/2014-state-business-tax-climate-index
http://taxfoundation.org/article/2014-state-business-tax-climate-index


 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

Chapter 3 
 

The Disciplining Role of Disaggregated Accounting 

Information 
 

I propose that a firm’s commitment in providing disaggregated accounting information 

disciplines managers such that they provide more disaggregated forward looking 

disclosures. As of 1998, SFAS 131 allows US firms to withhold audited profitability 

accounting information on geographical segments. I predict and find that firms that do 

not show commitment in continuing to provide segmented profitability accounting 

information (the profit segment stoppers) reduce their forward looking disclosures on 

foreign operations in the MD&A. These firms reduce both good and bad news. 

Furthermore, they reduce predominantly forward looking information on segment 

sales, but this only occurs for firms where the disciplining role of segmented sales 

accounting information is not likely to work.  Finally, I find that profit segment 

stoppers use the number of foreign sales segments in the accounting report as an 

alternative disciplining mechanism.  
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3.1 Introduction 

I examine the disciplining role of disaggregated accounting information by studying 

whether firms that start withholding disaggregated accounting information also reduce 

their disaggregated forward looking disclosures. I expect that a firm’s commitment in 

providing disaggregated accounting information disciplines managers such that they 

will provide more voluntary disaggregated forward looking disclosures for two 

reasons. First, accounting information can play a confirmatory role in that it can 

confirm prior forward looking disclosures and hence discipline truth telling behavior 

of management (e.g. Gigler and Hemmer, 1998; Arya et al., 2004; Stocken, 2000). A 

commitment in providing disaggregated accounting information therefore enables 

managers to provide more credible disaggregated forward looking disclosures, which 

should result in more of these disclosures. Second, the commitment in providing 

unfavorable disaggregated accounting information reduces the possibilities for 

managers that have disaggregate bad news to aggregate the news with other good news 

or to gamble and wait for good news in later periods. Instead, managers are disciplined 

in providing timely disaggregated disclosures, because a failure to do so could result in 

litigation or reputation costs (Skinner, 1994). 

In order to examine the disciplining role of disaggregated accounting information, I 

study voluntary forward looking disclosures on disaggregated foreign operations 

around the adoption of SFAS 131 in 1998. This setting allows me to identify firms that 

choose not to commit to high quality disaggregated accounting information. SFAS 131 

enables managers to withhold profitability accounting information on geographical 

segments in case their internal reporting structure is based on business segments. Some 

managers make use of this increase in discretion and stop showing commitment in 

disclosing geographical profitability segment information (the profit segment 

stoppers), while other firms keep providing high quality segment information by 

continuing to provide segmented profitability information (the profit segment 

continuers). I expect that after the adoption of SFAS 131 the profit segment stoppers 

decrease the amount of disaggregated forward looking information on foreign 

operations more than the profit segment continuers.  

There are two reasons why profit segment stoppers might not reduce their 

disaggregated forward looking disclosures on foreign operations. First, these firms still 

have to provide segmented accounting information on foreign sales, which might 

discipline managers in providing forward looking information on foreign sales. If 

segment sales changes are informative about profit changes it might also discipline 

managers in providing forward looking information about foreign profits. Second, 

managers might pre-empt news in aggregate foreign pre-tax income by providing 

supplementary information on the cause of the bad news (Baginski et al., 2003). In 
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case the disclosure of aggregate foreign pre-tax income already incentivizes managers 

to provide disaggregated timely disclosures on foreign operations, the disciplining role 

of disaggregated accounting information might be diminished.    

For a balanced panel dataset with five fiscal years around the adoption year 1998 I 

find results consistent with the expectation that firms which stop providing 

geographical segment information on profitability decrease the amount of forward 

looking information on foreign segments in the annual MD&A. Since managers have 

incentives to opportunistically and pessimistically bias their forward looking 

disclosures, I manually classify the sentences into good and bad news sentences. For 

example, managers may optimistically bias their disclosures about future performance 

in case they care about their reputation of if they want to influence stock price. And 

managers may be too pessimistic in their forward looking disclosures if they want to 

discourage investments by competitors, or if they want to guide investor’s expectations 

downwards. I find that the profit segment stoppers reduce both good news and bad 

news forward looking disclosures. In addition, I find that these firms have more 

forward looking disclosures that contain bad news prior to SFAS 131 than the profit 

segment continuers. This suggests that these firms decided to stop providing 

geographical segment information on profitability because of the undesired 

disciplining nature of this information.   

Next, I examine whether profit segment stoppers reduce forward looking 

information on disaggregated foreign profitability, sales, or both. Surprisingly, I find 

that these firms predominantly reduce forward looking information on disaggregated 

foreign sales. I predict and find that this effect predominantly occurs for firms that 

have segment sales changes that are uninformative about segment profit changes. For 

these firms, the sole disclosure of geographical segmented accounting information on 

sales is not likely to discipline managers in providing disaggregated forward looking 

information on segment sales. This is because forward looking segment sales 

disclosures are uninformative to investors about whether the geographical segment 

will generate value to the firm, and might be even misleading for naïve investors. On 

the contrary, if segment sales changes are informative about segment profit changes, 

the sole disclosure of segmented accounting information on sales suffices in 

disciplining managers to provide forward looking information on segment sales, 

because forward looking information on segment sales is informative about firm value. 

Finally, I explore an alternative way how geographical segment information can 

discipline management in providing forward looking information, by examining the 

profit segment stoppers more closely that have forward looking disclosures after the 

adoption of SFAS 131. I predict and find that these firms increase the number of 

reported foreign segments more compared with their non-disclosing peers. This 
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finding is consistent with the idea that a high level of disaggregation of foreign sales is 

an alternative mechanism that disciplines managers in disclosing forward looking 

information.   

While there is evidence that management forecasts and forward looking disclosures 

in MD&As are informative to investors (e.g. Hirst et al., 2008; Li, 2010), we know 

relatively little about the mechanisms through which managers can provide 

informative disclosures. Possible mechanisms managers can use are for example to list 

as a public firm (e.g. Ball and Shivakumar, 2005, 2008; Leuz et al., 2008); or to cross-

list (e.g. Ball et al., 2000). However, we don’t know much about mechanisms that 

managers can use to provide informative disclosures within a reporting regime. 

Therefore, Beyer et al. (2010) encourage researchers to investigate the interplay 

between forward looking information and (mandatory) accounting information, as they 

suspect that accounting information plays an important role in increasing the 

credibility of management forecasts.  

A paper that is closely related to my study is Ball et al. (2012). They propose that 

independent auditing is a mechanism that allows managers to signal commitment in 

providing accurate and unbiased accounting reports, such that managers are not able to 

hide any management earnings forecast errors. In order to proxy for this commitment 

they use abnormal audit fees, and they find that this measure is positively associated 

with management earnings forecast incidence, forecast accuracy and the market 

reaction around these disclosures. The theory of Ball et al. (2012 cautions standard 

setters not to provide managers with too much subjectivity in their accounting reports. 

I contribute by proposing that managers can use their discretion in providing 

disaggregated accounting information as another form of commitment to be able to 

provide more credible forward looking disclosures. My study cautions standard setters 

that enabling the manager to aggregate accounting information might reduce the 

quality of the information environment by more than they think it does.  

This chapter proceeds as follows. Section 3.2 describes the institutional setting and 

formulates the hypothesis. Section 3.3 describes the research design and the procedure 

for the content analysis of the MD&As. Section 3.4 shows the main results of the 

empirical analysis. Section 3.5 explores in more detail why the profit segment stoppers 

reduce forward looking disclosures on disaggregated foreign sales. Section 3.6 

examines whether the profit segment stoppers that disclose forward looking 

information after the adoption of SFAS 131 increase the disaggregation of 

geographical segment reporting as an alternative disciplining mechanism. Finally, 

section 3.7 concludes. 
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3.2 Hypothesis development 

3.2.1 The disciplining role of disaggregated accounting information  

Managers have private information about the company’s future value and this 

information is likely to be disaggregated in nature. For example, management may 

have an expectation on whether a certain type of expense is going to increase or 

decrease in the forthcoming years. Or management may have an expectation on 

whether the profitability of a certain industry or geographical segment might change. 

This private information can be disclosed in an aggregated way by disclosing a 

management earnings forecast (see Hirst et al., 2008). Managers may additionally or 

alternatively choose to disclose disaggregated private information. Providing 

disaggregated forward looking information may enhance the credibility of aggregated 

forward looking information, because investors can use the disaggregated forward 

looking information to evaluate the underpinnings of the aggregate management 

earnings forecast. In case there is no aggregate earnings forecast provided, investors 

may form their own earnings expectation based on disaggregated forward looking 

information. Hence, there is likely to be a demand from investors for disaggregated 

forward looking information.  

Prior literature indicates that there is an investor demand for disaggregated forward 

looking disclosures. For example, Li (2010) finds that investors react to forward 

looking disclosures in the MD&A, which are often disaggregated. Hirst at al. (2009) 

find that participants in their experiment judge disaggregated forecasts as more 

credible than aggregated forecasts, especially in instances were management has 

incentives to misreport. Complementary to their evidence, Elliott et al. (2011) 

experimentally find that the disclosure of disaggregated forecasts compared with 

aggregated forecasts reduces earnings fixation by investors on the current earnings 

announcement. Merkley et al. (2013) show that analysts use more management 

earnings guidance in their own forecasts when management delivers supplementary 

disaggregated forecast information. There is also evidence that analysts that try to 

establish a reputation also provide more disaggregated forecast information to I/B/E/S 

and investors react more to forecast revisions of these analysts (Ertimur et al., 2011). 

The evidence described above indicates that there is a demand from analysts and 

investors for disaggregated forward looking information.   

I propose that a commitment in providing disaggregated accounting information 

disciplines managers such that they provide more disaggregated forward looking 

disclosures for two reasons. First, forward looking disclosures are only useful to 

investors when the disclosed information is credible. In absence of a mechanism that 

enhances disclosure credibility, the disclosure of forward looking information might 

cause only a small shift in priors, because managers have incentives to optimistically 



THE DISCIPLINING ROLE OF DISAGGREGATED ACCOUNTING INFORMATION 

 

46 

 

or pessimistically bias these disclosures. For example, managers may have incentives 

to optimistically bias forward looking disclosures to influence their performance 

evaluation, incentive compensation and their reputation. And they may have incentives 

to pessimistically bias disclosures in order to deter entry of competitors. Commitment 

to hard and verified disaggregated accounting information can act as a mechanism 

through which managers can disclose more credible disclosures of disaggregated 

forward looking information, because the reporting of verified financial outcomes 

permits investors to ex post evaluate the truthfulness of disaggregated forward looking 

disclosures (e.g. Gigler and Hemmer, 1998; Arya et al., 2004; Stocken, 2000). Hence, 

disaggregated accounting reports can confirm prior disaggregated forward looking 

disclosures and therefore discipline truth telling behavior of management. Because 

disaggregated accounting information permits managers to disclose more credible 

disaggregated information, they are likely to provide more of these disclosures (Ball et 

al., 2012). 

Second, managerial commitment in providing unfavorable disaggregated 

information in the accounting report may discipline the manager in providing timely 

disaggregated bad news disclosures. Kothari et al. (2009) suggest and find that 

managers on average delay disclosures of bad news compared with good news. 

Reasons for this asymmetric disclosure behavior are for example career concerns and a 

loss in wealth as a result of stock price declines following bad news disclosures. 

Instead of the disclosure of bad news, managers have incentives to gamble and wait 

for other events that might reverse the news. They might also aggregate the 

disaggregated bad news with other news. A commitment in providing unfavorable 

disaggregated accounting information reduces the opportunities for managers to 

withhold bad news. As a consequence, managers are disciplined to provide timely 

disaggregated information, because failure to do so could result in litigation or 

reputation costs (Skinner, 1994).  

 

3.2.2 SFAS 131 and geographical segment reporting 

In order to examine the disciplining role of disaggregated accounting information, I 

study voluntary forward looking disclosures on disaggregated foreign operations 

around the adoption of SFAS 131 in 1998. This new accounting standard had 

implications for segment reporting on both industry/business segments and 

geographical segments. I will use the increased discretion that the new standard 

provided for geographical segment reporting in order to identify firms that choose not 

to commit to high quality disaggregated accounting information. 
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Prior to SFAS 131 (effective from fiscal years starting after December 15, 1997 

onwards), segment reporting occurred under the former standard SFAS 14. The new 

accounting standard significantly changed the way companies reported both 

geographical and industry segments in the financial statements. The main goal of 

SFAS 131 was to improve industry segment reporting by adopting a “management 

approach”. This approach entailed that the disaggregation of industry segment 

information should be based on the way managers internally evaluate the performance 

of their business units. Standard setters believed that this should reduce managerial 

discretion in disaggregating information and should lead to more self-reported 

business segments. Berger and Hann (2003) show that this increase indeed occurred 

and they show that this increase caused improved analyst forecast accuracy. In 

subsequent work these authors find that managers withheld business segments in the 

pre-SFAS 131 period when these segments had abnormally low profits (Berger and 

Hann, 2007). Overall, the evidence seems consistent with improved segment reporting 

for industry/business segments due to SFAS 131. 

Because of the increased disclosure requirements for business segments, SFAS 131 

provided managers with more leniency for geographical segment reporting. Under 

SFAS 14 companies were required to disclose the sales, assets and earnings for each 

geographical segment. The new standard SFAS 131 created a two-tiered segment 

reporting structure (industry segments vs. geographical segments). Firms had to 

disclose sales, assets and earnings for each primary segment, but only had to disclose 

sales and identifiable long-lived assets for each secondary segment. The disclosure of 

earnings for secondary segments became voluntary. Herman and Thomas (2000) show 

that nearly all firms that operated in multiple industries and geographic areas chose 

industry segments as their primary segments and these firms therefore did not disclose 

geographical segmented earnings anymore. Hope and Thomas (2008) find that firms 

that stopped disclosing geographical segment reporting on profitability experienced 

greater expansion of foreign sales, produced lower foreign profit margins and had 

lower firm value in the post-SFAS 131 period. This evidence is consistent with a 

stewardship role of geographical segment reporting: investors were less able to 

monitor management concerning foreign operations for firms that stopped providing 

geographical segment profitability information.   

 

2.3.3 The disciplining role of geographical segment information 

As indicated in the previous section, SFAS 131 allows US firms to withhold 

disaggregated profitability accounting information on geographical segments. Some 

managers make use of this increase in discretion and stop disclosing geographical 

profitability segment information (the profit segment stoppers), while other firms keep 
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providing segmented profitability information (the profit segment continuers). I expect 

that the profit segment stoppers reduce the amount of forward looking information on 

foreign segments for two reasons. First, investors of these firms are less able to use 

geographical segment information to confirm prior disaggregated forward looking 

disclosures on foreign operations, so that management is less able to provide credible 

disaggregated forward looking disclosures. Second, a reduced commitment in 

providing unfavorable geographical segment information enables managers to 

withhold timely disclosures and wait for better news. Therefore I state the following 

hypothesis: 

 

H1:  The profit segment stoppers decrease the amount of disaggregated forward 

looking disclosures on foreign operations in the MD&A after the adoption of 

SFAS 131 more compared with the profit segment continuers. 

 

There are two reasons why profit segment stoppers might not reduce their 

disaggregated forward looking disclosures on foreign operations. First, these firms still 

have to provide segmented accounting information on foreign sales, which might 

discipline managers in providing forward looking information on foreign sales. If 

segment sales changes are informative about profit changes it might also discipline 

managers in providing forward looking information about foreign profits. Second, 

aggregate accounting information may also incentivize managers in providing 

disaggregated forward looking disclosures. For example, managers might pre-empt 

bad news in aggregate accounting earnings by providing supplementary information 

on the cause of the bad news (Baginski et al., 2003). For tax purposes managers have 

to disclose the total amount of foreign pre-tax income in the financial statements. In 

case the disclosure of aggregate foreign pre-tax income already incentivizes managers 

to provide disaggregated timely disclosures on foreign operations, the disciplining role 

of disaggregated accounting information might be diminished.    

 

3.3 Research design 

3.3.1 Sample selection 

In order to test the hypothesis, I construct a balanced panel dataset of firm-year 

observations from 1996 till 2000. Table 1 provides detailed information on the sample 

selection procedure. The procedure starts with identifying US firms that engage in 

segment reporting prior to the adoption of SFAS 131. More specifically, firms are 

required to be headquartered in the US and to report two or more foreign geographical  
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Table 1 – Sample Selection 

   

US firms that report at least two foreign segments on sales and 

profitability for the fiscal years 1996 and 1997 

 

801  

                    Less: financial institutions 

 

 (25) 

 

 

776  

                    Less: firms that have no COMPUSTAT coverage for the             

                              fiscal years 1998-2000 

 

 (187) 

 

 

589  

                    Less: firms that stop geographical segment reporting 

 

 (90) 

 

 

499  

                    Less: firms with missing 10K-s or missing MD&As 

 

 (66) 

 

 

433  

                    Less firms with lack of data for the control variables 

 

 (15) 

 418  

This table presents the steps in the sample selection procedure for the annual balanced panel dataset. 

The total number of firms in the sample is displayed on each line. The final annual dataset consists of 

418 firms and 2090 firm-year observations.  

 

segments in both 1996 and 1997. The initial sample consists of 801 US firms. Next, 

firms from the financial service industry are excluded, which leads to a sample of 776 

firms. The sample is further reduced to 589 firms, because some firms do not have 

COMPUSTAT data for any of the years 1998 till 2000. Next, firms are required to 

report two or more foreign geographical segments in both 1999 and 2000.9  This step 

reduces the sample to 499 firms. I downloaded 10-K filings from the SEC Edgar 

database and I manually extracted the MD&A from each filing. For some firm-year 

observations the 10-K was not available, which leads to a sample of 433 firms. Finally, 

some firms didn’t have sufficient data for the control variables available, which leads 

to the final sample of 418 firms. 

                                                   
9 It could be interesting to examine changes in forward looking disclosures for firms that entirely stop 

geographical segment reporting. However, there are only 37 firms that stop segment reporting and 

have sufficient annual MD&As available. Furthermore, it is not clear a priori why these firms entirely 

stop geographical segment reporting (e.g. too costly to continue, segment information might not be 

relevant, firms reduce activities abroad etc.) as this also might have implications for the amount of 

forward looking disclosures on foreign operations. 
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I identify two groups of firms based on the accounting choice that managers make 

in the post-adoption years 1999 and 2000. I classify firms as profit segment stoppers in 

case firms continue to provide sales information of at least two geographical segments, 

but stop providing geographical profitability information in any of the post-adoption 

years. I classify firms as profit segment continuers in case firms continue to provide 

both sales and profit information for at least two geographical segments in both post-

adoption years. This classification procedure results in 288 profit segment stoppers and 

130 profit segment continuers. 

  

3.3.2 Regression model 

In order to examine whether profit segment stoppers decrease the extent of 

disaggregated forward looking disclosures about foreign segments in the MD&A 

compared to profit segment continuers, I use the following regression model:   

 

MD&A_FLi,t  = 𝛽0 + 𝛽1SFAS131i,t + 𝛽2PROFSEGSTOPPERi,t + 

 𝛽3SFAS131*PROFSEGSTOPPERi,t + Controls + Industry Dummies +  εi,t    

 (1) 

 

The dependent variable MD&A_FL  is a dummy variable that equals one in case the 

MD&A contains at least one sentence with forward looking information on the 

company’s foreign operations, and zero otherwise.10 Section 3.3 provides a detailed 

description of the sentence labeling procedure. SFAS131 is a time dummy variable that 

equals one in case the MD&A is about fiscal periods that end after December 15 1998 

(the first periods that are subject to SFAS 131), and zero otherwise. The variable 

PROFSEGSTOPPER is a dummy variable that equals one in case a firm is identified 

as a profit segment stopper, and equals zero for profit segment continuers. A negative 

coefficient of 𝛽3  is consistent with the expectation that profit segment stoppers 

decrease the amount of forward looking information on foreign operations compared 

with profit segment continuers. A positive (negative) coefficient of coefficient 𝛽1 

shows that profit segment continuers increase (decrease) disaggregated forward 

looking disclosures on foreign operations. I have no prediction on this coefficient. A 

positive (negative) coefficient of coefficient 𝛽2  shows that profit segment stoppers 

disclose more (less) forward looking information on foreign operations prior to the 

introduction of SFAS 131. This coefficient might be negative if profit segment 

                                                   
10 As an alternative dependent variable I use LN(#MD&A_FL) which is the natural logarithm of one 

plus the number of forward looking sentences on foreign operations in the MD&A.  
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stoppers already anticipated the consequences of SFAS 131 prior to its adoption when 

deciding to disclose forward looking information about foreign operations. This 

coefficient might be positive if the profit segment stoppers were disciplined in 

disclosing forward looking information prior to SFAS 131, and they decided to stop 

providing geographical segment information on profitability because of the undesired 

disciplining nature of this information.   

It is important to note that I do not aim to infer causality, because my theory 

predicts that managers simultaneously decide on the decisions to stop providing 

geographical profitability accounting information and to reduce disaggregated forward 

looking disclosures on foreign operations. Regression equation (1) is therefore not an 

example of a difference-in-difference design, because in such design the treatment 

should be exogenous, whereas in this setting firms can choose whether they are in the 

treatment group themselves. To reduce the possibility that any observed effects are 

driven by changes in firm characteristics, I control for firm size (LN(ASSETS), 

leverage (LIABILITY), profitability (ROA), the size of the firm’s information 

environment (LN(#ANALYSTS)), the number of geographical foreign segments 

(LN(#FORSEG)), the number of business segments (LN(#BUSSEG)) and foreign sales 

(FORSALES). Appendix B provides a more detailed description on the construction of 

the variables. I also include 48 industry dummies, because firms in certain industries 

might be more forthcoming in their disclosures.11   

 

3.3.3 Sentence labeling procedure 

This section describes the sentence labeling procedure from which the variable 

MD&A_FL is constructed. The labeling procedure is carried out at the sentence level 

rather than the paragraph or the MD&A level, in order to reduce misclassifications due 

to the improper use of context. I first use automated software to extract potential 

forward looking sentences on foreign operations from the MD&As. Subsequently, I 

perform a manual check on the obtained sentences to verify whether the sentence 

indeed provides forward looking information on foreign operations. Appendix A 

describes how the software first performs a standard linguistic analysis on each of the 

MD&As. In order for a sentence to be initially classified as a forward looking sentence 

on foreign operations, the sentence must meet three main requirements. First, a 

sentence should contain at least one word that indicates that the sentence provides 

some information about the future. I use the forward looking wordlist from Li (2010), 

who uses this wordlist in order to distinguish forward looking sentences from non-

                                                   
11 As a robustness check a lower number of industry dummies is used. The results are qualitatively 

similar. 
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forward looking sentences in MD&As. Second, a sentence should provide information 

about specific countries or regions. In order to identify whether a sentence is about a 

country or region, I use word lists provided by GATE which contain country and 

region names, as well as extensions like “European”, “Dutch”, “French” etc.12 Third, 

the sentence should be about operational income or one of its components (e.g. sales or 

costs information).  

The initial classification procedure described above resulted in 1693 forward 

looking sentences on foreign operations. Next, I manually check whether the sentences 

provided forward looking information on foreign operations. 13  Out of these 1693 

sentences, only 503 sentences are finally classified forward looking sentences on 

foreign operations. Appendix B shows some examples of these forward looking 

sentences.  

Managers have several places in the 10-K where they discuss market risk issues as 

currency risk, hedge risk etc. They can do this in the MD&A, but also in section 7A 

(Quantitative and Qualitative Disclosures about Market Risk), or in the notes of the 

financial statements. In order to make sure that I do not empirically capture a change 

in the placement of market risk disclosures I exclude sentences that discuss the effect 

of currency risks on foreign operations. As a robustness check I include those 

sentences and the results are qualitatively similar.  

 

3.3.4 Descriptive statistics 

Panel A of table 2 displays a comparison of some firm characteristics for the profit 

segment stoppers with the profit segment continuers in the fiscal year 1997. The 

results show that the profit segment stoppers are on average larger and have more 

analysts following prior to the adoption of SFAS 131. However, the profit segment 

stoppers do not differ in the extent of foreign sales. They also do not have significant 

differences in the level of geographical segment disaggregation prior to SFAS 131. 

These results suggest that profit segment stoppers and profit segment continuers are 

not different from each other with respect to their foreign operations prior to the 

adoption of SFAS 131. 

Panel B of table 2 provides some summary statistics for all 2090 firm-year 

observations. The dependent variable MD&A_FL has a mean of 0.174, which implies  

                                                   
12 Words that are about the US (e.g., USA, North America, but not Latin America) are deleted from 

this wordlist, because managers have to report pre-tax domestic income in their financial statements. 
13 Some examples of type I errors are: 1) disclosures about compensation “plans”; 2) disclosures about 

certain “projects” that firm is running abroad; 3) attributions that caused current results to differ from 

“expected” results; 4) foreign acquisitions done in the month “May”; 5) forward looking information 

on the aggregate foreign operations instead of disaggregate foreign operations. 
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Table 2 – Summary Statistics 

Panel A – Firm characteristics in 1997 (N=418) 

     

 Mean Mean  

     

 PROFSEGSTOPPER= 1 PROFSEGSTOPPER=0 Dif. St. error 

LN(ASSETS) 6.708 5.988 -0.720*** 0.197 

LIABILITY 0.175 0.184 0.009 0.020 

ROA 0.102 0.069 -0.033 0.017 

LN(#ANALYSTS) 1.401 1.180 -0.220* 0.127 

LN(#FORSEG) 0.857 0.850 -0.007 0.021 

LN(#BUSSEG) 0.939 0.885 -0.054 0.041 

FORSALES 0.377 0.385 0.007 0.021 

    

Panel B – Descriptive statistics per firm-year (N=2090) 

      

 Mean Std. 5th pct Median 95th pct 

      

MD&A_FL 0.174 0.379 0 0 1 

LN(#MD&A_FL) 0.145 0.332 0 0 0.693 

MD&A_FL_SALES 0.108 0.310 0 0 1 

MD&A_FL_PROFIT 0.115 0.319 0 0 1 

MD&A_FL_GOOD 0.082 0.274 0 0 1 

MD&A_FL_BAD 0.097 0.296 0 0 1 

PROFSEGSTOPPER 0.691 0.462 0 1 1 

LN(ASSETS) 6.571 1.950 3.395 6.562 9.813 

LIABILITY 0.191 0.197 0 0.154 0.521 

ROA 0.077 0.175 -0.210 0.089 0.310 

LN(#ANALYSTS) 1.365 1.237 0 1.386 3.332 

LN(#FORSEG) 1.024 0.389 0.693 1.099 1.792 

LN(#BUSSEG) 0.525 0.636 0 0 1.609 

FORSALES 0.401 0.178 0.127 0.385 0.712 

CO-MOVEMENT50 (N=1245) 0.518 0.500 0 1 1 

CO-MOVEMENT75 (N=1245) 0.293 0.455 0 0 1 

      

Panel C – Descriptive statistics per firm (N=418) 

      

 Mean Std. 5th pct Median 95th pct 

      

MD&A_FL 0.435 0.496 0 0 1 

MD&A_FL_SALES 0.299 0.458 0 0 1 

MD&A_FL_PROFIT 0.304 0.460 0 0 1 

MD&A_FL_GOOD 0.371 0.484 0 0 1 

MD&A_FL_BAD 0.311 0.463 0 0 1 

This table shows summary statistics for the main variables for the balanced panel dataset. The sample 

selection process is described in table 1. Panel A provides difference in means tests for some firm 

characteristics for the fiscal year 1997. ***,**, and * indicate statistical significance for two-sided t-

tests at the 1%, 5% and 10 % levels, respectively.  Panel B provides summary statistics per firm-year 

observation for the whole sample. Panel C provides summary statistics for the dependent variables per 

firm observation. Appendix A provides the classification procedure for the sentence labeling process. 

Appendix C provides variable definitions for the variables.  
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that 17.4 % of the annual MD&As in the sample contains at least one forward looking 

sentence on foreign operations. Panel C of table 2 shows that 43.5 % of all firms in the 

sample have disclosed at least one forward looking sentence on foreign operations in 

the sample period. Summary statistics on the other dependent variables show that there 

are no differences with respect to the likelihood of disclosure of sales vs. profit 

forecasts, or good news vs. bad news forecasts. 

 

3.4 Main empirical results 

3.4.1 Main test 

I first present the results for the analysis where I examine whether the profit 

segment stoppers have a higher reduction in the likelihood that they disclose any 

forward looking information on disaggregated foreign operations, compared with the 

profit segment continuers. The first and second specification of table 3 shows the OLS 

results from regression (1) with the dependent variable MD&A_FL, which is a dummy 

variable equal to one in case a MD&A contains at least one forward looking sentence 

on disaggregated foreign operations. 14  The interaction effect is negative and 

significant, which is consistent with hypothesis 1. That is, the probability that 

managers disclose disaggregated forward looking information on foreign operations 

decreases more for the profit segment stoppers than for the profit segment continuers. 

The economic significance is large: in the post-adoption period the probability that 

managers disclose disaggregated forward looking information on foreign operations 

decreases with 10.4 % more for the profit segment stoppers compared with the profit 

segment continuers. The inclusion of control variables does not alter the sign or 

significance of the interaction variable. One potential explanation for insignificance of 

the control variables is that the sample consists of firms that are all active abroad and 

all have a potential need to disclose forward looking information regarding their 

foreign activities. As a matter of fact, about 43.5 % of the firms disclosed this type of 

information in the sample period, but the annual firm average is only 17.4%. This 

indicates that disaggregated forward looking disclosures on foreign segments are not 

easy to predict by using firm characteristics in this sample.   

Next, I show the results for the analyses where I examine whether the profit 

segment stoppers reduce the total amount of forward looking disclosures on 

disaggregated foreign operations more compared with the profit segment continuers. 

The third and fourth specification show the results with the dependent variable 

LN(#MD&A_FL), which equals the natural logarithm of one plus the number of 

                                                   
14 I use a linear probability model to estimate the regression in order to facilitate interpretation of the 

interaction coefficients. 



 

Table 3 – Results for regression equation (1) 

     

 MD&A_FL MD&A_FL LN(#MD&A_FL) LN(#MD&A_FL) 

     

SFAS131 0.058** 

(0.029) 

0.054* 

(0.031) 

0.035 

(0.027) 

0.028 

(0.028) 

PROFSEGSTOPPER 0.075** 

(0.030) 

0.088*** 

(0.033) 

0.055* 

(0.029) 

0.068** 

(0.031) 

SFAS131*PROFSEGSTOPPER -0.094*** 

(0.036) 

-0.104*** 

(0.037) 

-0.064** 

(0.032) 

-0.078** 

(0.033) 

LN(ASSETS)  0.010 

(0.008) 

 0.006 

(0.007) 

LIABILITY  -0.076 

(0.050) 

 -0.078* 

(0.042) 

ROA  -0.088 

(0.071) 

 -0.073 

(0.058) 

LN(#ANALYSTS)  -0.010 

(0.011) 

 -0.006 

(0.010) 

LN(#FORSEG)  0.014 

(0.031) 

 0.014 

(0.027) 

LN(#BUSSEG)  -0.001 

(0.027) 

 0.018 

(0.026) 

FORSALES  0.091 

(0.074) 

 0.077 

(0.073) 

Constant 0.126*** 

(0.023) 

-0.065 

(0.100) 

0.112*** 

(0.023) 

-0.055 

(0.081) 

Industry effects No Yes No Yes 

R-squared 0.043 0.051 0.003 0.058 

This table provides OLS regression results for regression equation (1). The dependent variable in the first and specification is MD&A_FL, which is a dummy 

variable that equals one in case a MD&A contains at least one forward looking sentence about disaggregated foreign operations, and zero otherwise. The 

dependent variable in the third and fourth specification LN(#MD&A_FL) which is the natural logarithm of one plus the number of sentences that contain 

forward looking information on disaggregated foreign operations. Appendix A provides information on the sentence classification procedure. Appendix C 

provides definitions for the variables. Robust standard errors are presented in parentheses and are clustered on the firm-level. ***,**, and * indicate statistical 

significant at the 1%, 5% and 10 % levels, respectively.
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forward looking sentences on disaggregated foreign operations in the MD&A. The 

interaction effect is negative and significant, consistent with hypothesis 1. The effect 

is economically significant: in the post-adoption period the number of disaggregated 

forward looking sentences on foreign operations decreases with 53.8 % (conditional 

on the sample mean of 0.156 sentences per MD&A) more for the profit segment 

stoppers compared with the profit segment continuers. Also for this dependent 

variable the inclusion of control variables does not alter the results. 

 

3.4.2 Forward looking good news and bad news 

The evidence provided in table 3 is consistent with hypothesis 1. However, in all 

specifications of table 3 the coefficients on PROFSEGSTOPPER are positive and 

significant, which indicates that prior to SFAS 131, profit segment stoppers were 

disclosing more forward looking information than the profit segment continuers. This 

seems consistent with the intuition that the mandatory disclosure of geographical 

segment information on profitability prior to SFAS 131 disciplined managers in 

disclosing timely (unfavorable) information, and that these timely disclosures were 

undesired by managers of the profit segment stoppers. To provide empirical support 

for this intuition, I examine whether the coefficient on PROFSEGSTOPPER differs 

for good news and bad news disclosures.  

I manually classify the sentences in good news and bad news sentences and re-

estimate regression equation (1).15 Table 4 shows the results where the dependent 

variable is either MD&A_FL_GOOD  in case a firm disclosed at least one good news 

forward looking sentence on foreign operations or MD&A_FL_BAD in case a firm 

disclosed at least one bad news forward looking sentence. For both dependent 

variables the coefficient on the interaction term is negative and statistically significant, 

which is consistent with the hypothesis that the profit segment stoppers reduce their 

forward looking disclosures on foreign operations both for good news and bad news 

compared with the profit segment continuers. However, the main effect of 

PROFSEGSTOPPER is only positive and significant for the bad news disclosures. 

This result provides support for the intuition that firms decided to stop providing 

geographical segment information on profitability because of the undesired  

 

                                                   
15 This manual procedure is very straightforward. If management expects sales or profits to increase 

(decrease) compared to prior expectations, it is good (bad) news, and if they expect costs to increase 

(decrease) it is bad (good) news. If it is not clear what the prior expectations are from the context, I 

assume that managers refer to the financial results from the previous fiscal year. I also classify 

sentences as bad news if managers provide warnings about future sales, costs or profit levels. 

Sentences can be classified as both good and bad news if they contain both types of news. I classify 

sentences in the no news category if there is no clear indication of the news. There are only a few no 

news sentences in the sample. 
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Table 4 – Good news vs. bad news 

   

 MD&A_FL_GOOD MD&A_FL_BAD 

   

SFAS131 0.011 

(0.023) 

0.026 

(0.023) 

PROFSEGSTOPPER 0.023 

(0.025) 

0.066*** 

(0.024) 

SFAS131*PROFSEGSTOPPER -0.057*** 

(0.029) 

-0.059** 

(0.027) 

LN(ASSETS) 0.002 

(0.006) 

0.007 

(0.006) 

LIABILITY -0.031 

(0.030) 

-0.049 

(0.044) 

ROA -0.033 

(0.036) 

-0.062 

(0.059) 

LN(#ANALYSTS) 0.006 

(0.006) 

-0.009 

(0.009) 

LN(#FORSEG) -0.010 

(0.024) 

0.009 

(0.021) 

LN(#BUSSEG) 0.035* 

(0.020) 

-0.009 

(0.021) 

FORSALES -0.011 

(0.053) 

0.104* 

(0.056) 

Constant -0.023 

(0.053) 

-0.028 

(0.089) 

Industry effects Yes Yes 

R-squared 0.057 0.045 

This table provides OLS regression results for regression equation (1) with other dependent variables. 

The dependent variable in the first specification is MD&A_FL_GOOD, which is a dummy variable 

that equals one in case a MD&A contains at least one good news forward looking sentence about 

disaggregated foreign operations, and zero otherwise. The dependent variable in the second 

specification is MD&A_FL_BAD  which is a dummy variable that equals one in case a MD&A 

contains at least one bad news forward looking sentence about disaggregated foreign operations, and 

zero otherwise. Appendix A provides information on the sentence classification procedure. Appendix 

C provides definitions for the independent variables. Robust standard errors are presented in 

parentheses and are clustered on the firm-level. ***,**, and * indicate statistical significant at the 1%, 

5% and 10 % levels, respectively. 

 

 

disciplining nature of this information. The results for good news disclosures are more 

in line with a confirmatory role for geographical segment information. 

 

3.4.3 Forward looking disclosures on sales and profits 

The evidence in the previous sections shows that when managers stop providing 

geographical accounting information on profitability, they reduce the amount of 

forward looking information on disaggregated foreign operations. SFAS 131 enables 

firms to withhold segmented accounting information on profitability, but not on sales.  

Managers are therefore still disciplined in providing forward looking information on  
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Table 5 – Sales vs. profitability information 

   

 MD&A_FL_SALES MD&A_FL_PROFIT 

   

SFAS131 0.021 

(0.024) 

0.023 

(0.026) 

PROFSEGSTOPPER 0.064** 

(0.027) 

0.036 

(0.028) 

SFAS131*PROFSEGSTOPPER -0.071** 

(0.031) 

-0.046 

(0.032) 

LN(ASSETS) -0.003 

(0.007) 

0.017*** 

(0.006) 

LIABILITY -0.089** 

(0.041) 

0.009 

(0.043) 

ROA -0.020 

(0.059) 

-0.066 

(0.057) 

LN(#ANALYSTS) -0.004 

(0.009) 

-0.001 

(0.010) 

LN(#FORSEG) 0.014 

(0.024) 

0.002 

(0.026) 

LN(#BUSSEG) 0.010 

(0.022) 

-0.010 

(0.023) 

FORSALES 0.062 

(0.060) 

0.079 

(0.063) 

Constant 0.069 

(0.089) 

-0.189*** 

(0.067) 

Industry effects Yes Yes 

R-squared 0.052 0.059 

This table provides OLS regression results for regression equation (1), with two other dependent 

variables. The dependent variable in the first specification is MD&A_FL_SALES, which is a dummy 

variable that equals one in case a MD&A contains at least one forward looking sentence about 

disaggregated foreign sales, and zero otherwise. The dependent variable in the second specification is 

MD&A_FL_PROFIT, which is a dummy variable that equals one in case a MD&A contains at least 

one forward looking sentence about disaggregated foreign profitability and costs, and zero otherwise. 

Appendix A provides information on the sentence classification procedure. Appendix C provides 

definitions for the independent variables. Robust standard errors are presented in parentheses and are 

clustered on the firm-level. ***,**, and * indicate statistical significant at the 1%, 5% and 10 % 

levels, respectively. 

 

sales after the adoption of SFAS 131. This raises the question whether the profit 

segment stoppers only reduce forward looking information on profitability, and not on 

sales. 

In order to examine this question, I manually classify the sentences in sales and 

profitability sentences and re-estimate regression equation (1) with two new 

dependent variables. Table 5 shows the results where the dependent variable is either 

MD&A_FL_SALES, which is a dummy variable that equals one in case a firm 

disclosed at least one forward looking sentence on foreign sales or 

MD&A_FL_PROFIT, which is a dummy variable that equals one in case a firm 

disclosed at least one forward looking sentence on foreign profitability (excluding 
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sales). For both dependent variables the coefficient on the interaction term is negative, 

but only for forward looking information on sales the coefficient is significant. This 

finding is not consistent with the prediction that geographical accounting information 

on profits disciplines managers in providing forward looking disclosures on segment 

profits. This finding is also not consistent with the intuition that the disclosure of 

geographical accounting information on sales is sufficient in disciplining manager’s 

forward looking disclosures on segment sales. Instead, it seems that a commitment in 

providing geographical segment accounting information on profitability disciplines 

managers in providing forward looking information on disaggregated sales.  

 

3.5 The disciplining role of geographical segment sales accounting 

information 

In this section I provide and test for an explanation for the surprising finding that a 

commitment in providing geographical segment accounting information on 

profitability disciplines managers in providing forward looking information on 

disaggregated sales. I propose that this effect predominantly occurs for firms that have 

segment sales changes that are uninformative about segment profit changes. For these 

firms, the sole disclosure of geographical segmented accounting information on sales 

is not likely to discipline managers in providing disaggregated forward looking 

information on segment sales. This is because forward looking segment sales 

disclosures are uninformative to investors about whether the geographical segment 

will generate value to the firm, and might be even misleading for naïve investors. On 

the contrary, if segment sales changes are informative about segment profit changes, 

the sole disclosure of segmented accounting information on sales suffices in 

disciplining managers to provide forward looking information on segment sales, 

because forward looking information on segment sales is informative about firm 

value. I therefore expect profit segment stoppers to continue (stop) disclosing forward 

looking information on segment sales if sales changes are informative (uninformative) 

about profit changes. 

I use pre-SFAS 131 segment data to empirically capture whether segment sales 

changes are informative about segment profit changes. Prior to SFAS 131 the profit 

segment stoppers had to report both sales and profit information of their geographical 

segments. In this period investors could assess whether firm’s segment sales and 

profits show a strong or a weak co-movement. I construct a measure of investor’s 

perception of intra-segment sales-profit change co-movement by taking the R-squared 

of the following firm-specific regression for firm’s geographical segments s for the 

fiscal years t = 1995, 1996 and 1997: 
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Log(
𝑝𝑟𝑜𝑓𝑖𝑡𝑠,𝑡

𝑝𝑟𝑜𝑓𝑖𝑡𝑠,𝑡−1
) = 𝛽0 + 𝛽0Log(

𝑠𝑎𝑙𝑒𝑠𝑠,𝑡

𝑠𝑎𝑙𝑒𝑠𝑠,𝑡−1
) + εs,t        (2) 

 

Regression equation (2) is an adaption to the method from Anderson et al. (2003). I 

require profit segment stoppers to have at least four observations in the pre-SFAS131 

period for regression equation (2), which leads to a sample of 1245 firm-year 

observations. I create two measures co-movement between profit and sales changes. 

First, I create a dummy variable CO-MOVEMENT50, which equals one for firms that 

have an R-squared of 0.50 or higher, and zero otherwise. Second, I identify more 

extreme co-movement firms by creating a dummy variable CO-MOVEMENT75, 

which equals one for firms that have an R-squared of 0.75 or higher, and zero 

otherwise. I use these variables in the following regression that only includes the 

profit segment stoppers: 

 

MD&A_FLi,t  = 𝛽0 + 𝛽1SFAS131i,t + 𝛽2CO-MOVEMENTi,t + 

 𝛽3SFAS131*CO-MOVEMENTi,t + Controls + Industry Dummies +  εi,t       (3) 

 

A positive coefficient of 𝛽3 would be consistent with the prediction that if segment 

sales changes are informative about segment profit changes, profit segment stoppers 

are more likely to continue disclosing disaggregated forward looking information on 

foreign sales. Panels A and B of table 6 show the results for the analysis with CO-

MOVEMENT50 and CO-MOVEMENT75 respectively. Both panels show results for 

forward looking sentences on either sales, profitability, or both. The coefficient on the 

interaction term with CO-MOVEMENT50 is not significant in all specifications. 

However, the coefficient on the interaction term with CO-MOVEMENT75 is positive 

and significant in the first two specifications, which indicates that when segment sales 

changes are informative about segment profit changes, profit segment stoppers are 

more likely to continue disclosing disaggregated forward looking information on 

foreign sales. In fact, their disclosure behavior seems consistent with the profit 

segment continuers, as they also have less forward looking disclosures prior to SFAS 

131 compared with the other profit segment stoppers. The interaction term is not 

significant for forward looking disclosures on segment profitability. The results in 

table 6 are consistent with the suggestion that when segment sales changes are 

informative about segment profit changes, the disciplining role of geographical 

segment sales information suffices to discipline managers in providing forward 

looking disclosures on foreign segment sales. 
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3.6 An alternative mechanism 

In this section I further explore the disciplining role of geographical segment 

information by examining whether the profit segment stoppers that disclose forward 

looking information after the adoption of SFAS 131 choose an alternative disciplining 

mechanism. An alternative mechanism that managers might use is to increase the 

disaggregation of geographical sales. Managers that commit to a higher level of  

 

Table 6 – Co-movement between segment sales and profit changes 

Panel A – CO-MOVEMENT based on R-Squared of equation (2) of more than 0.50 

 

 MD&A_FL MD&A_FL_SALES MD&A_FL_PROFIT 

    

SFAS131 -0.054 

(0.039) 

-0.073** 

(0.035) 

-0.004 

(0.030) 

CO-MOVEMENT50 -0.020 

(0.043) 

-0.049 

(0.038) 

0.009 

(0.034) 

SFAS131*CO-

MOVEMENT50 

-0.017 

(0.046) 

0.026 

(0.041) 

-0.047 

(0.035) 

Control variables Yes Yes Yes 

Industry effects Yes Yes Yes 

R-squared 0.078 0.073 0.079 

N 1245 1245 1245 

    

Panel B – CO-MOVEMENT based on R-Squared of  equation (2) of more than 0.75 

 

 MD&A_FL MD&A_FL_SALES MD&A_FL_PROFIT 

    

SFAS131 -0.088*** 

(0.033) 

-0.083*** 

(0.019) 

-0.040 

(0.028) 

CO-MOVEMENT75 -0.088** 

(0.041) 

-0.065* 

(0.034) 

-0.046 

(0.034) 

SFAS131*CO-

MOVEMENT75 

0.086* 

(0.051) 

0.079* 

(0.041) 

0.039 

(0.040) 

Control variables Yes Yes Yes 

Industry effects Yes Yes Yes 

R-squared 0.081 0.074 0.079 

N 1245 1245 1245 

    

This table provides OLS regression results for regression equation (3). The dependent variables are 

MD&A_FL, which is a dummy variable that equals one in case a MD&A contains at least one forward 

looking sentence about disaggregated foreign operations, and zero otherwise, MD&A_FL_SALES, 

which is a dummy variable that equals one in case a MD&A contains at least one forward looking 

sentence about disaggregated foreign sales, and zero otherwise, and MD&A_FL_PROFIT, which is a 

dummy variable that equals one in case a MD&A contains at least one forward looking sentence 

about disaggregated foreign profitability and costs, and zero otherwise. Appendix A provides 

information on the sentence classification procedure. Appendix C provides definitions for the 

independent variables. Robust standard errors are presented in parentheses and are clustered on the 

firm-level. ***,**, and * indicate statistical significant at the 1%, 5% and 10 % levels, respectively. 
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disaggregation have fewer possibilities to withhold good and bad segment 

performance, because for non-commitment firms, managers can hide the segment 

performance by aggregating it with another segment (Berger and Hann, 2007). 

Because of these reduced possibilities to withhold segment information, managers are 

able to disclose more credible disaggregated forward looking disclosures. 

Furthermore, managers will have to disclose the news anyway, they might do this 

timelier due to concerns for reputation or litigation costs. I therefore predict that profit 

segment stoppers that disclose forward looking information after SFAS 131 increase 

the number of geographical sales segments more compared with the non-disclosing 

profit segment stoppers.  

Under the former standard companies were required to report geographical 

segments based on geographical regions. SFAS 131 significantly changed the 

definition of geographical segments by requiring managers to define segments based 

on material countries and to group all immaterial countries into one single “foreign” 

category. SFAS 131 lacks precision on what a “material country” is, so it would 

appear that managers have significant discretion in defining geographical segments. 

Herman and Thomas (2000) document that some firms increased the number of 

geographical segments, some firms decreased this number, and other firms chose to 

retain the prior segment definitions which were based on regions instead of countries. 

Firm’s responses seem to vary, which provides an opportunity to examine whether the 

number of foreign segments can be used as an alternative mechanism to increase the 

credibility of forward looking disclosures.  

I predict that the profit segment stoppers that disclose forward looking information 

after the adoption of SFAS 131 increase their foreign segments more than their non-

disclosing peers. In order to test this prediction I estimate the following regression 

equation for the profit segment stoppers: 

 

LN(#FORSEG) i,t  = 𝛽0 + 𝛽1SFAS131i,t + 𝛽2MD&A_FL_POSTi,t + 

 𝛽3SFAS131*MD&A_FL_POSTi,t + Controls + Industry Dummies +  εi,t        (4) 

 

The dependent variable LN(#FORSEG) is the natural logarithm of the number of 

foreign segments that the firm reports. The independent variable MD&A_FL_POST is 

a dummy variable that equals one in case a firm discloses a forward looking sentence 

on disaggregated foreign operations in the fiscal periods 1999 and/or 2000. A positive 

coefficient on the interaction term indicates that firms that disclose forward looking 

sentences on disaggregated foreign operations increase their number of sales segments 

relative to firms that do not disclose this information. Table 7 shows the results of 

regression equation (4). The interaction term is positive and statistically significant. 
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That is, profit segment stoppers that disclose forward looking information in their 

MD&A increase the number of sales segments compared with profit segment stoppers 

that do not disclose this type of information. This result is consistent with the 

prediction that these firms use the level of disaggregation as an alternative disciplining 

mechanism.  

 

 

Table 7 – Number of segments 

  

Profit segment stoppers 

(N=1445) 

 

Profit segment continuers 

(N=645) 

  

LN(#FORSEG) 

 

LN(#FORSEG) 

   

SFAS131 0.188*** 

(0.031) 

0.234*** 

(0.040) 

MD&A_FL_POST -0.040 

(0.026) 

-0.045 

(0.040) 

SFAS131*MD&A_FL_POST 0.097** 

(0.047) 

0.028 

(0.057) 

LN(ASSETS) 0.001 

(0.010) 

-0.005 

(0.123) 

LIABILITY 0.012 

(0.081) 

-0.031 

(0.088) 

ROA 0.115* 

(0.061) 

-0.136* 

(0.081) 

LN(#ANALYSTS) -0.009 

(0.013) 

0.054*** 

(0.020) 

LN(#BUSSEG) 0.121*** 

(0.035) 

0.072 

(0.051) 

FORSALES 0.652*** 

(0.090) 

0.512*** 

(0.102) 

Constant 0.474** 

(0.225) 

0.485*** 

(0.142) 

Industry effects Yes Yes 

R-squared 0.303 0.373 

This table provides OLS regression results for regression equation (4). The first specification shows 

the results for the profit segment stoppers, the second specification for the profit segment continuers. 

The dependent variable in both specifications is LN(#FORSEG), which is the natural logarithm of the 

number of geographical segments in the financial statements. The independent variable 

MD&A_FL_POST is a dummy variable that equals one in case a firm discloses a forward looking 

sentence on disaggregated foreign operations in the years 1999 and/or 2000. Appendix A provides 

information on the sentence classification procedure. Appendix C provides definitions for the 

independent variables. Robust standard errors are presented in parentheses and are clustered on the 

firm-level. ***,**, and * indicate statistical significant at the 1%, 5% and 10 % levels, respectively. 
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3.7 Conclusion 

I examine whether a firm’s commitment in providing disaggregated accounting 

information disciplines managers such that they provide more disaggregated forward 

looking disclosures. As of 1998, SFAS 131 allows US firms to withhold audited 

profitability accounting information on geographical segments. I predict and find that 

firms that do not show this commitment in continuing to provide segmented 

profitability information (the profits segment stoppers) reduce their forward looking 

disclosures on foreign operations in the MD&A. These firms reduce both good news 

and bad news. Furthermore, they reduce predominantly forward looking information 

on segments sales, but this only occurs for firms where the disciplining role of 

segmented sales accounting information is not likely to work.  Finally, I find that 

profit segment stoppers use the number of foreign sales segments in the accounting 

report as an alternative disciplining mechanism. 
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Appendix A  Sentence labeling procedure 

In this appendix I describe the sentence classification procedure. I use GATE 

Developer software, which is a linguistic program. The first step that GATE performs 

is a tokenization of the documents. This procedure identifies words and spaces from 

the text. The second step is to split up the texts into sentences. The third step is a part 

of speech tagging procedure on each of the words in the sentences. This procedure 

classifies words into pre-specified part-of-speech tags (such as noun singular, noun 

plural, verb base form, verb past tense, etc). Sometimes there are multiple candidate 

tags for a word. For example, the string “costs” can be a noun plural as in “advertising 

costs declined this year” or a verb as in “reducing advertising potentially costs us 

future sales”. GATE makes use of this context by using complex algorithms to find 

the right tag. The final standard procedure is a morphological analysis on each of the 

words. This procedure splits words into stems and affixes. For example, the noun 

“costs” will be separated into the stem “cost” and the affix “s”. This procedure is 

important, because it enables researchers to classify sentences based on stems instead 

of word strings which reduces the number of possible search items in the word lists. 

After the standard linguistic analysis, I use GATE to label sentences based on word 

lists. Most of the lists contain stems, but for some classifications I require GATE to 

search for strings. For example, in order to identify sentences that contain sales 

information, a sentence must contain either the stem “revenue” or the string “sales”. I 

use the stem “revenue” in order to ensure that sentences are also identified when they 

contain the plural form “revenues”. I use the string “sales” in order to exclude the 

singular form “sale”, because this word is often not related to the sale of products or 

services (e.g. the sale of an asset, business unit). It is also possible to label a sentence 

based on a sequence of stems or strings. For example, GATE can identify the word 

sequence “operating income” by searching for two subsequent stems: “operating” and 

“income”.  
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I use the following algorithm to label sentences as forward looking sentences on 

disaggregated foreign operations: 

 

Step 1: A sentence is initially classified as a forward looking sentence on 

disaggregated foreign operations if the sentence meets the following three 

requirements: 

 

Requirement 1:  

Forward looking Stems: “will”, “should”, “can”, “could”, “may”, 

“might”, “expect”, “anticipate”, “believe”, 

“plan”, “hope”, “intend”, “seek”, “forecast”, 

“objective”, “goal”, “project”, “seek”; (same list 

as Li, 2010) 

Requirement 2:  

Foreign country/region String out of: 

Country list provided by GATE; 

Region list provided by GATE ; 

Country adjusted  list provided by GATE  

(e.g. French, German, Dutch etc.); 

Region adjusted list provided by GATE  

(e.g. Asian, European, Latin American etc.); 

(list items related to the United States are deleted 

from the initial GATE lists) 

Requirement 3:  

Operational income  

Sales Stems: “revenue”;  

Strings: “sales”; 

Costs Stems: “cost”, “expense”; 

Strings: “SG&A”, “COGS”; 

Profits Stems: “profit”, “loss”, “earnings”, “income”, 

“margin”, “EBIT”, “EBITDA”, “EBITA”, “eps”; 

Sequence of strings: “operating results”, “results 

of operations”, “operating performance”; 

 

Step 2: Sentences identified in step 1 are manually classified as forward looking 

sentence on foreign operations. I specifically exclude sentences that inform investors 

about taxes or about currency risks. 

 



 

Appendix B  Examples of forward looking sentences on disaggregated foreign operations 

 

Company Fiscal 

year 

Sentence 

Graco Inc. 1996 Graco anticipates higher sales in 1997, driven primarily by continued new product 

introductions, an improved worldwide distribution network, satisfactory economic conditions in 

North America and Europe, and robust growth in the Asia Pacific region other than Japan, 

which remains stagnant. 

LAM Research Corp 1996 In addition, the Company intends to continue to invest substantial resources to increase sales of 

its systems to Japanese semiconductor manufacturers, who represent a substantial portion of the 

worldwide semiconductor market and whose market is difficult for non-Japanese equipment 

companies to penetrate. 

E-Z-EM Inc. 1996 The effects of the relocation will continue to be felt through the first half of 1997, resulting in 

lower than normal Canadian gross profits. 

Praxair Inc. 1997 Since Asia represents a small percentage of Praxair's sales and operating profit, there should be 

no material impact on Praxair's 1998 results. 

National Instrument 

Corp 

1997 The Company's results of operations in the third quarter of 1998 may be adversely affected by 

lower sales levels in Europe which typically occur during the summer months. 

Hewlett Packet Co 1998 The company anticipates that revenue growth will be slower during the first half of 1999, 

reflecting the current economic weakness in Asia and other areas and will increase later in the 

year when compared to the weaker revenue growth in the second half of 1998. 

Rayonier Inc. 1998 Losses are expected to continue into the near future, before an anticipated market recovery 

emerges, which is highly dependent upon the recovery of Asian economies. 

Edwards JD & Co 1999 Consistent with its historical results, the Company expects that during fiscal 2000 it will 

continue to recognize a relatively small percentage of its revenue from Asia and other specific 

geographic areas that are currently being impacted by adverse economic conditions. 
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Appendix C 

 

Dependent variable definitions: 

MD&A_FL Dummy variable that equals one in case a MD&A contains at 

least one forward looking sentence on disaggregated foreign 

operations, zero otherwise.  

LN(MD&A_FL) The natural logarithm of one plus the number of forward 

looking sentences on disaggregated foreign operations in the 

MD&A. 

MD&A_FL_SALES Dummy variable that equals one in case a MD&A contains at 

least one forward looking sentence on disaggregated foreign 

sales, zero otherwise (manually classified). 

MD&A_FL_PROFIT Dummy variable that equals one in case a MD&A contains at 

least one forward looking sentence on disaggregated foreign 

profits or costs, zero otherwise (manually classified). 

MD&A_FL_GOOD Dummy variable that equals one in case a MD&A contains at 

least one good news forward looking sentence on 

disaggregated foreign operations, zero otherwise (manually 

classified). 

MD&A_FL_BAD Dummy variable that equals one in case a MD&A contains at 

least one bad news forward looking sentence on 

disaggregated foreign operations, zero otherwise (manually 

classified). 

LN(#FORSEG) The natural logarithm of the number of reported foreign 

segments in the financial statements. Source: Compustat. 

 

 

Independent variables definitions: 

PROFSEGSTOPPER Dummy variable that equals one in case a firm provides 

geographical sales information but withholds geographical 

profit information for at least two foreign segments for at 

least one post-SFAS 131 adoption year (fiscal years: 1999 

and 2000), zero otherwise. Source: Compustat. 

SFAS131 Time dummy that equals one for fiscal periods that end after 

December 15, 1998, zero otherwise. 

LN(ASSETS) The natural logarithm of total assets (AT). 

LIABILITY Total liabilities (LT) / total assets (AT). 

ROA Pre-tax income (PI) / lagged total assets (AT). 

LN(#ANALYSTS) The natural logarithm of one plus the number of analysts that 

reported at least one one-period ahead annual earnings 
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forecast for the current fiscal year. In case there are no one-

year ahead annual earnings forecasts, this variable equals 0. 

Source: IBES. 

LN(#FORSEG) The natural logarithm of the number of reported foreign 

segments in the financial statements. Source: Compustat. 

LN(#BUSSEG) The natural logarithm of the number of self reported business 

segments. Source: Compustat. 

FORSALES Foreign sales / total sales. Source: Compustat. 

CO-MOVEMENT Dummy variable that equals one for profit segment stoppers 

that have an R-Squared of higher than 0.50 or 0.75 in 

regression equation (2), zero otherwise 

 

 

 

 

 

 

 



 

Chapter 4 
 

The Politics of Employee Remuneration 

 

We propose that firms use executive compensation to compensate managers for 

contributing their personal money to the political process. We expect and find that 

firms that used corporate funds for contributing to politics, but were unable to do so 

after the adoption of the Bipartisan Campaign Reform Act (BCRA) in 2002, increased 

their executive cash compensation. These firms increase salaries even more when 

investors react very negatively to the adoption of BCRA. As far as we know, our 

results are the first to suggest that executive compensation can be used as a 

mechanism to compensate managers for company-induced personal spending.16   

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

                                                   
16 This paper is joint work  with Laurence van Lent and Ahmed Tahoun 
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4.1 Introduction 

We propose that firms use executive compensation to compensate managers for 

contributing their personal money to the political process. Firms are to some extent 

able to spend money on politics, but using corporate funds for political spending is 

subject to many restrictions. For example, firms are not allowed to directly contribute 

to political candidates. Individuals face no such restrictions, but they can only 

contribute to political candidates within some monetary limits. Firms that want to 

invest in relationships with politicians and parties have incentives to find ways to 

effectively contribute money towards politicians and parties. We therefore expect that 

these firms incentivize managers and their employees to contribute their own personal 

money to politics, by compensating them via employee remuneration.   

Reimbursement for political donations, including through a bonus or any other 

form of compensation, is forbidden. There is however some anecdotic evidence that 

some firms violate election rules by explicitly requiring managers to contribute in 

order to achieve a higher bonus. For example, the Federal Election Committee 

asserted in 2003 that Robert Moss, a former CEO of Centex Construction Units, 

“encouraged employees to make political contributions and to send copies of 

contribution checks to him or the company’s CFO” (ENR, 2003). Employees 

understood that their political spending behavior “would be considered in determining 

their year-end bonus”.  

Although the example above show that some firms might make aggressive use of 

the executive compensation channel, we do not argue that firms in the cross-section 

force their managers and employees to contribute; neither do we argue that firms 

require managers to contribute in order to get higher pay. We believe that this 

compensation through employee remuneration occurs in a more implicit way. For 

example, some US firms enable their managers and employees to make political 

contributions from their pre-tax income by matching these contributions with 

donations to charity (Bloomberg.com, 2013). Companies that permit their managers to 

engage in these types of transactions include Coca-Cola Co., Wal-Mart Stores Inc. and 

Hewlett-Packard Co. This matching is legal and provides managers with incentives to 

contribute to the company-preferred political candidates. 

In order to examine whether firms use executive compensation as a channel for 

political spending, we use the adoption of the Bipartisan Campaign Reform Act 

(BCRA) in 2002. Prior to BCRA, firms were allowed to spend corporate funds to an 

unlimited amount to political parties (but not to candidates) intended for activities to 

influence elections. The BRCA forbade these so-called soft money transactions, which 

caused firms to have more diffuclties in contributing to the political process. We 

propose that firms that had soft money transactions prior to BRCA have incentives to 

find alternative channels through which they can contribute to the political process 
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and we propose that one of these channels is the executive compensation channel. We 

therefore expect to find an increase in cash executive compensation around the 

adoption of BRCA for firms that engaged in soft money transactions. The results are 

consistent with our expectations. We find that firms that engaged in soft money 

contributions prior to BCRA increase their variable cash executive compensation 

more around the adoption of BCRA than other politically active firms.  

Next, we examine how investors of the soft money firms react to the adoption of 

BCRA and whether this reaction is associated with the increased use of the executive 

compensation channel. We expect that soft money firms use the executive 

compensation channel more if investors react negatively to BCRA, because investors 

of these firms seem to believe that it is important for the firm to continue political 

spending. In order to identify the investor reactions, we use key event dates that 

increased or decreased the likelihood of the adoption of BCRA. We find that, on 

average, investors of firms that engaged in soft money contributions react positively 

towards the adoption of BCRA. This suggests that investors believe that soft money 

contributions are detrimental to firm value and that investors believe that BCRA is 

effective in reducing these investor concerns. We then use firm-specific investor 

reactions to BCRA to identify whether and how the investor reaction is associated 

with the firm-specific use of the executive compensation channel. Consistent with the 

previous finding, we find that the soft money firms increase their salaries more. But 

we also find that soft money firms with very negative investor reactions increase cash 

executive salary even more, but only the fixed cash salary part. It seems that these 

firms react to investor’s demand by persistently (instead of transitory) increasing 

executive compensation. 

Our study contributes to the debate on whether political donations are value 

increasing or value reducing. Companies may have an economic interest in various 

political outcomes, such as legislation or regulation outcomes. As a result, firms have 

incentives to be connected with politicians. Recent empirical evidence is consistent 

with this view and shows that political connections help firms to create value. For 

instance, Claessens et al. (2008) show that Brazilian firms that contributed to elected 

federal candidates experienced higher stock returns than firms that did not contribute. 

Cooper et al. (2010) find similar results for US firms. They additionally find that stock 

returns are higher when managers from US firms contribute to a greater number of 

candidates that hold office in the same state that the firm is based. However, there is 

also evidence that managers follow their own preferences when they use corporate 

funds for politics, which is consistent with a view that political connections are value 

reducing. For instance, Aggerwal et al (2012) find that firms that use corporate funds 

for political donations are more likely to have worse corporate governance and lower 

stock returns. We contribute to this discussion by first showing that, on average, 

investors of firms that engaged in soft money contributions react positively towards 
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the adoption of BCRA. This suggests that investors believe that soft money 

contributions are detrimental to firm value and that investors believe that BCRA is 

effective in reducing these investor concerns. Second, we show that when investors 

react negatively to the adoption of BCRA, firms are more likely to use the executive 

compensation channel for political participation. This suggests that firms respond to 

investor’s demand for political spending.  

Our study also contributes to the literature on executive compensation and political 

spending. Aslan and Grinstein (2012) find that CEO contributions towards campaign 

finance are positively associated with CEO compensation and negatively with the pay-

for-performance relation. Skaife et al., (2013) find that corporate lobbying is 

positively related with excess CEO compensation. Both studies interpret their results 

as an increase in agency problems due to political spending. Farrell et al. (2001) find 

that executive’s personal PAC contributions are positively related to their 

shareholdings, income and option holdings. Their paper suggests that executive 

compensation contracts are an incentive alignment device for political spending. That 

is, managers with more incentives tied to the firm act more in the interest of the firm 

and donate their personal money to politics. In contrast, we argue that executive 

compensation contracts are a reimbursement device for political spending. That is, we 

argue that executive compensation contracts are implicitly used to compensate 

managers for company-induced personal spending.  

This chapter proceeds as follows. In section 4.2 we explore the executive 

compensation channel. We discuss the institutional setting, the sample selection 

procedure, the empirical model and the main result. Section 4.3 discusses how 

investors of soft money firms react to the adoption of BCRA and how these investor 

reactions are related with the use of the executive compensation channel. Section 4.4 

discusses some potential additional analyses. Section 4.5 concludes. 

 

4.2 The executive compensation channel 

4.2.1 Institutional setting 

The adoption of the Bipartisan Campaign Reform Act (BCRA) provides us with a 

unique setting to test whether firms use employee remuneration for political spending.  

Prior to BRCA, campaign finance was regulated under the Federal Election Campaign 

Act of 1971. Contributions that were regulated under this Act are typically called hard 

money contributions. These contributions  could be used by candidates and parties for 

all kinds of political spending. Companies were not allowed to use their corporate 

funds to engage in hard money contributions. Instead, they could set up their own 

political action committee (PACs), which is an organization that pools hard money 
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contributions from managers, and donates those funds to politicians or to political 

parties.  

The Federal Election Campaign Act of 1971 was primarily meant to reduce the 

influence of wealthy individuals in the political spending process and therefore puts 

restrictions on the amounts individuals and PACs could spend on campaign finances. 

The maximum amount that individuals could spend was $25000 each year (FEC.gov, 

2014). In addition, they could only spend up to $1000 for each politician per election 

cycle, up to $5000 for each state or local party committee per year, up to $20000 for 

each national party committee per year, and up to $5000 for each PAC per year. Also 

PACs are subject to contribution limits, as they are only allowed to give up to $5000 

to a candidate per election.  

Companies were not allowed to use their corporate funds to engage in hard money 

contributions. However, they could spend their corporate funds to an unlimited 

amount to political parties intended for “party building” activities. What constitutes a 

“party building” activity was not defined, but common practice was that this money 

could not be used by political parties to fund adds that tell people which candidates to 

vote for. As these contributions were made outside the scope of the Act, they were 

called “non-federal” money or soft money contributions. There are no spending limits 

on these contributions as they are unregulated. 

The BCRA was signed by the President on March 27, 2002, and most provisions 

went into effect on November 6, 2002. The Act prohibits raising and spending soft 

money by political candidates and national political parties (FEC.gov, 2014). As a 

compromise, all contribution limits for hard money were raised. For instance, 

individuals now could spend up to $95000 each election cycle. Furthermore, they 

could spend up to $2000 for each politician per election cycle, up to $10000 for each 

state or local party committee per year, and up to $25000 for each national party 

committee per year. In order to examine whether firms use employee remuneration for 

political spending, we identify firms that engage in soft money spending prior to the 

soft money ban. We expect that after the soft money ban these firms use alternative 

channels to contribute to the political process and we propose that one of those 

alternatives channels is cash executive pay.   

 

4.2.2 Sample selection and data 

The sample period comprises the election cycles 2001-2002 and 2003-2004. Table 

1 shows the steps for the sample selection procedure. We first require S&P1500 firms 

not to have any missing data on the variables in any of the years within the sample 

period. This leads to a balanced panel dataset consisting of 5,560 firm-year 

observations. We then require firms to be politically active in the campaign finance  
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Table 1  - Sample selection procedure 

    

Number of firm-

year observations 

S&P 1500 firms in 

sample period 2001-

2004   

 9360  

 Less: firms that have missing data in any of the 

years in the sample period 2001-2004 

 (3800) 

 

  5560 

[1390] 

 

 Less: firms that have no corporate PAC in any 

of the years in the sample period 2001-2004 

 (3888) 

[972] 

  1672 

[418] 

 

 Less: firms that have no COMPUSTAT 

coverage in any of the years in the pre-sample 

period 1995-2000 

 

 (80) 

[20] 

Final sample  1592 

[398] 

 

This table shows in detailed format the steps in the sample selection procedure for the main 

regressions. The numbers within brackets contain the number of firm-observations, the number 

without brackets contain firm-year observations. 

 

process during the years in the sample period. We identify politically active firms as 

firms that have their own corporate PACs during the four years in the sample period. 

This reduces the number of firm-year observations to 1,672.17 Finally, we require 

firms to exist in the eight years prior to the sample period (the years 1995-2002), 

because we want to compare firms that engaged in soft money contributions prior to 

BCRA with firms that did not. This results in a final balanced panel dataset consisting 

of 1,592 firm-year observations.  

Data on political contributions are retrieved from the Center for Responsive 

Politics. The database has an extensive coverage on political contributions starting in 

1990, and contains records on hard money transactions between individuals, PACs 

(corporate and other types) and politicians, and on soft money transactions between 

individuals, firms and PACs. We manually link the corporate PAC data from the 

Center for Responsive Politics with company data for S&P1500 firms. Because we 

know which PAC belongs to which firm, we can also identify to what extent firms 

that have a PAC also engage in contributing soft money in the eight years prior to 

                                                   
17 We implement this sample selection procedure in order to be able to link COMPUSTAT data with 

data on  soft money donations provided by the Center for Responsive Politics. In the future, we plan 

to find alternative ways to link this data, which will lead to the exclusion of this sample selection 

procedure. 



                                                                                                                     CHAPTER 4 

 

77 
 

BCRA. We create a dummy variable, SoftmoneyFirm, which is a dummy variable that 

equals one if a firm engaged in soft money transactions in the period 1995-2002, zero 

otherwise. Table 2 provides some descriptive statistics and shows that out of the 

political active firms in the final sample, 26.4 percent never engaged in any soft 

money transactions prior to BCRA.  

 

Table 2  - Descriptive statistics 

 (1) (2) (3) (4) (5) 

VARIABLES N mean sd min max 

      

Fixed Salary 1,592 6.260 0.381 4.488 7.841 

Total Salary 1,592 6.944 0.652 4.807 9.637 

Variable Salary 1,592 5.734 1.888 0 9.577 

LnPacContributions 1,592 10.94 1.659 0 14.67 

Lnsize 1,592 9.148 1.523 5.031 13.96 

Market To Book 1,592 1.642 0.953 0.628 11.30 

Tangibility 1,592 0.332 0.248 0.00149 0.935 

Roa 1,592 0.0395 0.0756 -0.580 0.849 

Roe 1,592 0.179 1.859 -26.70 61.23 

Leverage 1,592 0.295 0.173 0 1.743 

Divpay 1,592 0.749 0.434 0 1 

R&D 1,592 0.0804 0.242 0 3.499 

Advertising 1,592 0.0545 0.170 0 3.791 

Investment 1,592 0.169 0.181 0 3.242 

Cash 1,592 0.126 0.243 0 2.671 

Divyield 1,592 0.0197 0.0449 0 1.566 

Stockreturn 1,592 0.611 11.90 -0.984 349 

Lncorp527 1,592 2.365 4.280 0 13.91 

Softmoney Firm 1,592 0.736 0.441 0 1 

NegIR 1,348 0.368 0.482 0 1 

HighIR25 1,348 0.249 0.433 0 1 

LowIR25 1,348 0.249 0.433 0 1 

This table presents summary statistics on the dependent variables and the control variables. Appendix 

B provides a description of the variables. The sample selection procedure is described in table 1. 

 

We use the database ExecuComp for our executive compensation variables. 

ExecuComp contains detailed data on many elements of executive compensation for 

the top five highest paid executives. Because we expect that firms use the cash 

component of executive compensation to incentivize managers to contribute to the 

political process, we use data on cash salaries for our main analyses. More 

specifically, we use data on total cash salary, fixed cash salary, and variable cash 

salary. We calculate the average on the cash compensation components across 



 

Table 3  - Correlation matrix 

 

Total 

Salary Fixed Salary 

Variable 

Salary 

Softmoney 

Firm 

LnPac  

Contributions Lncorp527 Lnsize Investment Cash 

Total Salary 1 

        

          Fixed Salary 0.702*** 1 

       

 

(0.000) 

        Variable Salary 0.745*** 0.332*** 1 

      

 

(0.000) (0.000) 

       Softmoney Firm 0.1*** 0.112*** 0.024 1 

     

 

(0.000) (0.000) (0.329) 

      LnPacContributions 0.436*** 0.48*** 0.234*** 0.199*** 1 

    

 

(0.000) (0.000) (0.000) (0.000) 

     Lncorp527 0.241*** 0.256*** 0.135*** 0.283*** 0.316*** 1 

   

 

(0.000) (0.000) (0.000) (0.000) (0.000) 

    Lnsize 0.641*** 0.593*** 0.345*** 0.077*** 0.508*** 0.248*** 1 

  

 

(0.000) (0.000) (0.000) (0.002) (0.000) (0.000) 

   Investment 0.091*** 0.037 0.091*** 0.012 0.044* 0.001 -0.039 1 

 

 

(0.000) (0.137) (0.000) (0.621) (0.081) (0.977) (0.122) 

  Cash 0.052** -0.079*** 0.058** 0.056** 0.047* 0.047* -0.032 0.186*** 1 

 

(0.040) (0.002) (0.021) (0.026) (0.058) (0.063) (0.199) (0.000) 

 This table presents the correlation coefficients of some of the main variables for firms in the main sample, which consists of 1592 firm-year observations. 

Table 1 presents the sample selection procedure. Appendix B provides a description of the variables. P-values are shown in parentheses. ***, **, and * 

indicate statistical significance at the 1%, 5% and 10% levels, respectively. 
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Table 4  - Main regression 

 (1) (2) (3) 

VARIABLES Total Salary Fixed Salary Variable Salary 

    

BCRA_SoftmoneyFirm 0.076** 0.010 0.418** 

 (0.037) (0.014) (0.167) 

LnPacContributions -0.003 -0.001 -0.006 

 (0.011) (0.005) (0.043) 

Lncorp527 0.005** 0.000 0.008 

 (0.003) (0.001) (0.012) 

Lnsize 0.217*** 0.103*** 0.268 

 (0.063) (0.018) (0.273) 

Market To Book 0.046 0.014** 0.177 

 (0.040) (0.007) (0.122) 

Tangibility -0.022 0.164** -0.723 

 (0.266) (0.079) (1.246) 

Stockreturn 0.000 -0.001*** 0.002 

 (0.000) (0.000) (0.003) 

Roa 0.791*** -0.083 2.635*** 

 (0.234) (0.052) (0.833) 

Roe -0.004 -0.000 -0.008 

 (0.004) (0.002) (0.014) 

Leverage 0.038 -0.077 -0.616 

 (0.227) (0.062) (0.788) 

Divpay -0.112* 0.042* -0.887*** 

 (0.065) (0.023) (0.316) 

R&D 0.180 0.018 0.739* 

 (0.135) (0.034) (0.426) 

Advertising -0.259*** -0.064*** -0.686*** 

 (0.091) (0.017) (0.207) 

Investment -0.037 0.017 0.078 

 (0.060) (0.018) (0.241) 

Cash 0.144 0.007 1.124* 

 (0.154) (0.024) (0.583) 

Divyield -0.372 -0.115* -1.243 

 (0.241) (0.061) (1.152) 

Constant 4.864*** 5.215*** 3.658 

 (0.617) (0.182) (2.756) 

Firm-year observations 1,592 1,592 1,592 

R-squared 0.203 0.153 0.102 

Number of firms 398 398 398 

Firm FE YES YES YES 

Year FE YES YES YES 

This table provides the regression results for regression equation (1) for the balanced panel dataset of 

1,592 firm-year observations. Table 1 shows details on the sample selection procedure. The first, 

second and third specifications have as dependent variables Total Salary, Fixed Salary, and Variable 

Salary. Appendix B provides definitions for all variables. Robust standard errors are presented in 

parentheses and are clustered on the firm-level. ***, **, and * indicate statistical significance at the 

1%, 5% and 10% levels, respectively.
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managers and we construct the firm-year variables Total Salary, Fixed Salary and 

Variable Salary by taking the natural logarithm of these averages.18 Using the natural 

logarithm transformation for compensation data is consistent with prior literature 

(Graham et al., 2012).  

To construct the remaining variables, we use COMPUSTAT and CRSP. Appendix 

B provides a description of the variables and table 2 shows summary statistics. 

  

4.2.3 Main regressions 

In order to test our prediction, we estimate variations of the following regression 

equation: 

 

Salary = 𝛽1SoftmoneyFirm_BCRA + β Controls + Year FE + Firm FE  (1) 

 

The dependent variable Salary equals the natural logarithm of either one plus the 

firm-specific average across managers of the total cash salary (Total Salary), one plus 

the firm-specific average across managers of the fixed cash salary (Fixed Salary), or 

one plus the firm-specific average across managers of the variable cash salary 

(Variable Salary). The independent variable SoftmoneyFirm_BCRA is an indicator 

variable that equals one for firm-year observations that are within the 2003-2004 

election cycle and when these firms engaged in soft money transactions prior to the 

soft money ban. A positive 𝛽3 would be consistent with our prediction that the soft 

money firms increase their cash executive salaries more than the non-soft money firms 

after the adoption of BCRA. The inclusion of many of the control variables is based 

on prior executive compensation studies (see Graham et al., 2012). In addition, we 

control total contributions made to corporate PACs. 

We also control for the amount of company contributions towards 527 groups. A 

527 group is a type of US tax-exempt organization organized under Section 527 of the 

Internal Revenue Code (opensecrets.org). The main purpose of these groups is to 

receive contributions from individuals, corporations and unions and to spend these 

resources in the political process. These 527 groups had already existed for a long 

time, but their popularity has increased after the introduction of BCRA (PBS.org, 

2004). BCRA forbids federal candidates and political parties to raise soft money 

contributions from corporations and unions. However, these constrains do not hold for 

527 groups, as they can receive unlimited contributions from individuals, unions and 
                                                   
18  Most firms report executive compensation information for the top 5 highest paid executives. 

However, some firms report on more executives. In order to have consistent cash compensation 

variables across firms and time, we only use compensation data for the top five highest paid 

executives.  
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corporations. The only restriction that 527 groups have is that they should be totally 

independent from political parties or candidates.  As a result, after BCRA these 527 

groups may become an attractive vehicle for firms that want to continue spending 

corporate funds on politics. We therefore control for the use of this alternative 

channel.  

The first, second and third specification of table 4 show the regression outputs for 

the three dependent variables Total Salary, Fixed Salary and Variable Salary. The 

indicator variable SoftmoneyFirm_BCRA is significant only in the first and third 

specification, which indicates that firms which engaged in soft money contributions 

prior to BCRA increase the variable component of cash executive salary. In monetary 

amounts, for an averaged sized firm we find that soft money firms increased their total 

salaries with $81880 and the variable salary with  $160000. As individuals could 

spend up to $95000 every two years for individual hard money contributions after 

BCRA, it seems that the increase in salary is comparable to the maximum amount 

managers can spend. The results do not imply there is full comparability, but we do 

not believe this has to be the case. For example, lower salary increases may be 

sufficient if the company’s and manager’s personal preferences are already aligned 

prior to BCRA, and higher salary changes may be necessary to align manager’s 

personal spending preferences with the company.  

Overall, our findings are consistent with our prediction that companies seek 

alternative ways to participate in the political process, and one of these ways is the 

compensation of managers for spending their own personal money into campaign 

finance. The finding that this compensation mainly occurs via the variable pay makes 

sense, because this component is easily adjustable over time, and changes in this 

component will not immediately draw attention of investors or legislators.  

 

4.3 The executive compensation channel and investor perceptions 

In this section we examine how investors of soft money firms react to the adoption 

of BCRA and whether this reaction is associated with an increased use of the 

executive compensation channel. We expect that firms use the executive 

compensation channel more if investors react negatively to BCRA, because investors 

of these firms seem to believe that it is important for the firm to continue political 

spending. We first describe the procedure of obtaining firm-specific investor 

perceptions on BCRA. Then, we examine whether investors of soft money firms react 

positively or negatively on the ban. Finally, we test our prediction that firms increase 

their cash salaries more if investors react negatively to BCRA.  
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4.3.1 The event dates 

In order to measure investor perceptions of the consequences of the BCRA for 

firms, we identify key event dates from the extensive legislative history on which we 

expect the adoption of BCRA to become more or less likely. This approach is similar 

to Armstrong et al. 2010, who use multiple event dates to infer investor perceptions 

regarding the adoption of International Financial Reporting Standards. The first 

version of the final BCRA was introduced as S. 1219 in the 104th Congress on 

September 7, 1995. The legislative history of the BCRA took several years, until it 

was signed into law by the President on March 27, 2002. Appendix A provides an 

overview of the event dates and displays the expectations regarding whether the event 

increases or decreases the likelihood of a ban on soft money transactions. 

There are three types of event dates. First, we include September 7, 1995, which 

was the date that Senators McCain and Feingold introduced the first version of BCRA 

in the Senate. The combined efforts of a Republican (McCain) and a Democratic 

(Feingold) politician might convince investors that there is a broad consensus among 

US politicians to ban soft money contributions. Second, we include event dates on 

which members of the House or the Senate vote for or against one of the versions of 

the BCRA. If the outcome of the vote is uncertain, the abnormal returns around these 

event days are indicative of investors’ perceptions on the soft money ban. Third, we 

include event dates on which members of the Senate vote on cloture. Senators have 

the right to speak as long as they deem fit on any issue, which gives them the 

opportunity to delay or block legislative action (a filibuster). Cloture votes enable the 

Senate to end the debate and to vote on a particulate Act if a majority of 60 out of 100 

Senators vote for cloture. In the legislative history of the BCRA there were six cloture 

votes, and five of them were not invoked. For the cloture votes that were not invoked, 

investors are likely to believe that it will take longer for new legislation that bans soft 

money contributions to be implemented. We therefore also use these cloture votes as 

event dates. 

 

4.3.2 Abnormal returns and Softmoney Firms 

In this section we estimate whether and how investors react to the potential ban of 

soft money contributions. For each of the event dates that we identify we calculate 

firm-specific daily abnormal returns for days surrounding the event dates by using 

market model regressions. We use an approach similar as Ongena et al. (2003). We 

regress for each firm j the daily stock returns 𝑟𝑗𝑡 on the market return 𝑟𝑚𝑡  and on a set 

of trading day dummies that equal one when day t is inside the event window and 0 

otherwise:    
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𝑟𝑗𝑡 = 𝛼𝑗 + 𝛽𝑗𝑟𝑚𝑡 + ∑ 𝛾𝑗𝑘𝛿𝑗𝑘𝑡
7
𝑘=−7  + 휀𝑗𝑡 ,  t = -250, -249, -248, …, 250   (2) 

 

Table 5  Investor perceptions to BCRA 

 

 SoftmoneyFirm = 0 

N=77 

 

SoftmoneyFirm = 1 

N=227 

Dif(0-1) 

[AR(0,1)] -0.0021 

[-0.182] 

 

0.0200*** 

[3.712] 

0.0147** 

(-1.708) 

[AR(-1,1)] -0.0029 

[-0.201] 

 

0.0206*** 

[2.770] 

-0.0235* 

(-1.442) 

This table contains sample means and t-tests for the investor perceptions (variable=IR) for two groups 

of firms for the 11 events that are described in Appendix A. The first group contains of firms that 

have contributed soft money in the period 1995-2002 (SoftmoneyFirm = 1). The second firm consists 

of other political active firms (SoftmoneyFirm = 0). In order to be included in the sample, firms need 

to have PACs for each of the years 1995 till 2002, and data on daily stock returns should be available 

for all 11 events. This leads to a total number of 304 firm observations. Numbers between brackets are 

t-statistics for the tests whether the mean is different from zero. The last column contains the 

difference in means between the two groups. The numbers between parentheses are t-statistics for the 

difference in mean tests between the two groups of firms, where unequal variances are assumed. ***, 

**, and * indicate statistical significance for one-sided t-tests at the 1%, 5% and 10% levels, 

respectively. 

 

We estimate regression equation (2) using an estimation period equal to 249 trading 

days before and 249 trading days after each event. As a proxy for the market return 

𝑟𝑚𝑡  we use the value-weighted CRSP market return (CRSP:vwretd). We index the 

days inside the event period by k and we set the number of trading days within this 

window equal to 15.  Each of the coefficients 𝛾𝑗𝑘 represents the daily abnormal return 

for each firm around each event date. To calculate the firm-specific CAR for each 

event, we add up the estimated coefficients 𝛾𝑗𝑘 for the event day with the subsequent 

day [AR(0,1)], and the event day with the two surrounding days [AR(-1,1)]. Then, we 

multiply each of the CARs by minus one for those events that decrease the likelihood 

of a ban on soft money contributions. Appendix A displays for each event whether the 

event increases or decreases this likelihood. In order to calculate the firm-specific 

investor perception of the ban of soft money contributions, we first construct the 

measure IR by summing up all firm-specific CARs across the 11 events. We only use 

those firm-observations that have stock return data to calculate CARs on all 11 events. 

Firms that score high (low) on this measure have investors that on average believe that 

the ban increases (decreases) shareholder wealth.  

Next, we set up t-tests by forming two groups of firms: firms that engaged in soft 

money contributions in the period 1995-2002, and the other firms that were politically 
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active during that period. For this analysis we require firms to have CARs for all the 

11 events, and we require them to have a PAC in all years of the period 1995-2002. 

This results in a sample of 304 firms, of which 227 firms contributed soft money in 

this period. Table 5 shows the results for two types of t-tests. We first examine 

whether the mean of the variable IR is different from zero. We report the results of 

these tests in the second and the third column. We find that for soft money 

contributors investors on average react positively to the likelihood of a soft money 

ban. For the other firms, the general result is that there is no significant reaction of 

investors to the likelihood of a soft money ban.  Second, we test whether the 

difference in the market reaction is different for the two groups of firms. The fourth 

column of table 5 shows the results of this one-sided difference in means test. The 

tests assume unequal variances. We find that for both event windows the difference in 

market response towards the ban on soft money is statistically significant. 19  The 

results of the two tests are consistent with the idea that, on average, soft money 

contributions are associated with agency problems. 

 

4.3.3 The executive compensation channel and investor perceptions 

We predict that soft money firms use the executive compensation channel more if 

investors react negatively to BCRA. To test this prediction we construct three 

variables. We construct the indicator variable NegIR that equals one in case investors 

respond negatively to the adoption of BCRA (if IR < 0). The other two variables 

capture more extreme investor perceptions: LowIR25 and HighIR25 are indicator 

variables that equal one if investor reactions are among the 25 percent lowest or 

highest, respectively. We use these three variables as interactions with 

SoftmoneyFirm_BCRA from regression equation (1). A positive coefficient on the 

interaction term with NegIR25 and LowIR25 would be consistent with our prediction 

that soft money firms use the executive compensation channel more if investors react 

negatively to BCRA. 

Panel A of table 6 shows the results with NegIR as the interacted variable. The first, 

second and third specifications have as dependent variables Total Salary, Fixed Salary 

and Variable Salary. As in table 4, the coefficients on SoftmoneyFirm_BCRA are 

positive and statistically significant in the first and third specification, which indicates  

                                                   
19 There is no significant correlation between the IR and the natural logarithm of the total size of 

the soft money contributions for eight years prior to BCRA (coefficient = 0.057 ; p-value = 0.321 ; 

N=304). A potential explanation for this insignificant finding deals with firm size: larger firms are 

more likely to create benefits to shareholders (or concerns) if they have larger soft money 

contributions. We plan to do a more extensive investigation of this and other determinants of the 

investor reactions in future versions of this paper.  
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Table 6  - Investor perceptions and the executive compensation channel 

 

Panel A (1) (2) (3) 

 

VARIABLES 

 

Total Salary 

 

Fixed Salary 

 

Variable Salary 

    

BCRA_SoftmoneyFirm 0.083** 0.013 0.454** 

 (0.041) (0.017) (0.197) 

BCRA_SoftmoneyFirm * NegIR 0.018 0.004 0.087 

 (0.039) (0.017) (0.183) 

LnPacContributions 0.003 -0.002 0.028 

 (0.012) (0.005) (0.044) 

Lncorp527 0.003 -0.001 0.002 

 (0.003) (0.001) (0.013) 

Lnsize 0.301*** 0.107*** 0.567** 

 (0.069) (0.022) (0.286) 

Market To Book 0.082*** 0.020** 0.223** 

 (0.026) (0.009) (0.103) 

Tangibility 0.002 0.175* -0.351 

 (0.291) (0.094) (1.412) 

Stockreturn 0.126*** -0.002 0.738*** 

 (0.027) (0.011) (0.136) 

Roa 0.697*** -0.096 1.936** 

 (0.215) (0.062) (0.875) 

Roe -0.004 -0.002 -0.008 

 (0.005) (0.002) (0.016) 

Leverage -0.151 -0.113 -1.248 

 (0.189) (0.072) (0.877) 

Divpay -0.078 -0.003 -0.796** 

 (0.079) (0.029) (0.381) 

R&D 0.188** 0.013 0.537 

 (0.084) (0.025) (0.347) 

Advertising -0.365*** -0.067*** -0.945*** 

 (0.078) (0.025) (0.268) 

Investment 0.013 0.017 0.301 

 (0.059) (0.021) (0.278) 

Cash 0.003 -0.009 0.899 

 (0.134) (0.026) (0.548) 

Divyield -1.806* 0.413** -7.630 

 (0.930) (0.172) (7.654) 

Constant 4.054*** 5.223*** 0.702 

 (0.686) (0.220) (3.003) 

    

Firm-year observations 1,348 1,348 1,348 

R-squared 0.271 0.146 0.160 

Number of firms 337 337 337 

Firm FE YES YES YES 

Year FE YES YES YES 
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Panel B 

 

(1) (2) (3) 

VARIABLES Total Salary Fixed Salary Variable Salary 

    

BCRA_SoftmoneyFirm 0.071* 0.008 0.439** 

 (0.040) (0.017) (0.188) 

BCRA_SoftmoneyFirm * 

LowIR25 

0.088** 0.028* 0.217 

 (0.044) (0.016) (0.219) 

LnPacContributions 0.003 -0.002 0.029 

 (0.012) (0.005) (0.044) 

Lncorp527 0.002 -0.001 0.001 

 (0.003) (0.001) (0.013) 

Lnsize 0.306*** 0.108*** 0.575** 

 (0.068) (0.022) (0.284) 

Market To Book 0.085*** 0.021** 0.229** 

 (0.026) (0.009) (0.103) 

Tangibility 0.004 0.176* -0.355 

 (0.290) (0.094) (1.410) 

Stockreturn 0.125*** -0.002 0.737*** 

 (0.026) (0.011) (0.135) 

Roa 0.674*** -0.104* 1.886** 

 (0.220) (0.063) (0.881) 

Roe -0.004 -0.002 -0.009 

 (0.005) (0.002) (0.016) 

Leverage -0.172 -0.121* -1.282 

 (0.190) (0.073) (0.882) 

Divpay -0.085 -0.006 -0.807** 

 (0.078) (0.029) (0.380) 

R&D 0.192** 0.014 0.542 

 (0.090) (0.024) (0.354) 

Advertising -0.373*** -0.070*** -0.961*** 

 (0.077) (0.025) (0.268) 

Investment 0.015 0.018 0.306 

 (0.059) (0.021) (0.278) 

Cash 0.003 -0.010 0.903 

 (0.134) (0.026) (0.555) 

Divyield -1.819* 0.408** -7.642 

 (0.933) (0.172) (7.644) 

Constant 4.015*** 5.209*** 0.627 

 (0.687) (0.221) (2.997) 

    

Firm-year observations 1,348 1,348 1,348 

R-squared 0.274 0.149 0.161 

Number of firms 337 337 337 

Firm FE YES YES YES 

Year FE YES YES YES 

 

 

 

 

 

 

 



                                                                                                                     CHAPTER 4 

 

87 
 

Panel C 

 

(1) (2) (3) 

VARIABLES Total Salary Fixed Salary Variable Salary 

    

BCRA_SoftmoneyFirm 0.094** 0.008 0.541*** 

 (0.040) (0.016) (0.190) 

BCRA_SoftmoneyFirm * 

HighIR25 

-0.019 0.024 -0.220 

 (0.044) (0.020) (0.220) 

LnPacContributions 0.003 -0.002 0.029 

 (0.012) (0.005) (0.045) 

Lncorp527 0.003 -0.001 0.001 

 (0.003) (0.001) (0.013) 

Lnsize 0.301*** 0.106*** 0.569** 

 (0.068) (0.022) (0.285) 

Market To Book 0.081*** 0.019** 0.225** 

 (0.026) (0.009) (0.101) 

Tangibility 0.002 0.168* -0.317 

 (0.289) (0.096) (1.410) 

Stockreturn 0.127*** -0.001 0.737*** 

 (0.027) (0.011) (0.137) 

Roa 0.701*** -0.095 1.951** 

 (0.215) (0.061) (0.878) 

Roe -0.004 -0.002 -0.007 

 (0.005) (0.002) (0.016) 

Leverage -0.146 -0.108 -1.240 

 (0.186) (0.071) (0.876) 

Divpay -0.078 0.000 -0.809** 

 (0.079) (0.029) (0.381) 

R&D 0.187** 0.011 0.535 

 (0.084) (0.025) (0.351) 

Advertising -0.363*** -0.066*** -0.939*** 

 (0.078) (0.025) (0.261) 

Investment 0.013 0.018 0.293 

 (0.059) (0.021) (0.273) 

Cash 0.005 -0.009 0.904 

 (0.134) (0.027) (0.551) 

Divyield -1.813* 0.435** -7.773 

 (0.940) (0.175) (7.775) 

Constant 4.056*** 5.232*** 0.673 

 (0.684) (0.220) (2.982) 

    

Firm-year observations 1,348 1,348 1,348 

R-squared 0.271 0.149 0.161 

Number of firms 337 337 337 

Firm FE YES YES YES 

Year FE YES YES YES 

This table provides the regression results for regression equation (1). Panel A, B and C show results 

for when the interacted variable is NegIR, LowIR25 and HighIR25 respectively. An additional sample 

requirement is that firms should have sufficient stock data to calculate cumulative abnormal returns 

for all 11 events. This leads to a balanced panel dataset of 1,348 firm-year observations. The first, 

second and third specifications have as dependent variables Total Salary, Fixed Salary, and Variable 

Salary. Appendix B provides definitions for all variables. Robust standard errors are presented in 
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parentheses and are clustered on the firm-level. ***, **, and * indicate statistical significance at the 

1%, 5% and 10% levels, respectively. 

 

that firms that engaged in soft money transactions increase their variable cash 

compensation components more than other politically active firms. The interaction 

terms with NegIR are not statistically significant, which indicates that firms do not 

seem to respond to investor demands. 

Panel B and C of table 6 show the results with LowIR25 and HighIR25 respectively 

as interacted variables. Also here, the coefficients on SoftmoneyFirm_BCRA are 

positive and statistically significant in the first and third specifications. The interaction 

term for HighIR25 of SoftmoneyFirm_BCRA with HighIR25 is not statistically 

significant. However, the interaction of SoftmoneyFirm_BCRA with LowIR25 is 

positive and statistically significant in the first and second specification. These results 

are consistent with our expectation that firms which experience negative investor 

reactions towards the ban on soft money contributions are more likely to circumvent 

BCRA via the executive compensation channel. We find that this predominantly 

occurs via the fixed salary component of cash compensation. It seems that these firms 

react to shareholders’ demands by persistently (instead of transitory) increasing 

executive compensation. 

 

4.4 Discussion 

The results in this study are consistent with our prediction that firms use executive 

compensation to compensate managers for contributing their personal money to the 

political process. However, in order to make our story more convincing, we plan to do 

additional analyses. In this section we discuss these potential analyses. 

First, in order to provide more convincing evidence that executive compensation is 

a channel through which companies induce managers to contribute to politics, we plan 

to examine changes in the personal spending behavior of managers from soft money 

firms that receive higher salary after BCRA. As BCRA increases the thresholds for all 

individual hard money contributions, we need to compare these changes with personal 

political spending behavior from other managers. We could test whether managers 

that receive salary increases from soft money firms increase their personal spending to 

politics in general and to corporate PACs. Of course, managers could already spend 

personal money to politics prior to BRCA to personal favored politicians. Hence, we 

could also test whether these managers change their spending from personal favored 

politicians to corporate PACs or to company favored politicians.  

Second, there could be a political risk-based explanation for the empirical result. 

Firm profitability may be exposed to political risk. For example, the government may 
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affect future profits through the approval of new regulations. And firms may have or 

intend to have government contracts. Investors want their managers to reduce this 

political risk, and one mechanism through which firms can reduce this risk is by 

engaging in political donations. Because the adoption of BCRA significantly reduces 

the opportunity of firms to engage in political spending, firms are less able to reduce 

the exposure to political risk. As a result, managers want to be compensated for the 

increased exposure to political risk through increased management compensation.  

There is evidence in the literature that firms face political risk. Baker et al. (2013) 

construct a measure of economic policy uncertainty using frequencies of newspaper 

references to political uncertainty, and find that this measure is significantly 

associated with investment and hiring policies of firms that are heavily exposed to 

government contracts. Koijen et al. (2014) examine stock returns of firms in the health 

care sector with medical R&D expenditures and find that that these firms have higher 

returns, and that these higher returns are associated with government-induced profit 

risk. Knight (2005)  find evidence that around the 2000 U.S. Presidential election 

stock prices reflect the firm’s preferences for a Bush administration or a Gore 

administration. The evidence above suggests that firms are subject to political risk.  

In order to test for this political risk-based explanation for the empirical result, we 

plan to examine whether shocks in political risks are associated with changes in pay-

performance sensitivity (vega) and risk-taking incentives (delta). In order empirically 

capture shocks in political risk we plan to use stock price reactions around U.S. 

election days. Firms that have very high or low abnormal stock price reactions are 

likely to experience a shift in the political risk profile. If the political risk-based 

explanation holds, we would expect that these firms in that particular election year 

will change manager’s pay-performance sensitivity and risk-raking incentives.  

 

4.5 Conclusion 

In this study we examine whether firms use executive compensation as a channel 

for political spending. We use the adoption of the Bipartisan Campaign Reform Act in 

2002 as a setting to test our prediction. We expect and find that firms that used 

corporate funds to contribute to politics, but were unable to do so after the adoption of 

the BCRA, increased their executive compensation. We also find that when investors 

react negatively to the adoption of BCRA, firms are more likely to circumvent BCRA 

by increasing executive compensation. As far as we know, our results are the first to 

suggest that executive compensation can be used as a mechanism to compensate 

managers for company-induced personal spending.   
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Appendix A  List of event dates 

 

     

104th 

Congress 

    

Event 1 September 7, 1995 Introduction of S.1219 in 

Senate 

 + 

Event2 May 25, 1996 S.1219: Cloture not invoked 

in Senate 

(54-46) -/- 

 

105th 

Congress 

    

Event3 October 7, 1997 S.25: first cloture not 

invoked in Senate 

(53-47) -/- 

Event4 October 8, 1997 S.25: second cloture not 

invoked in Senate 

(52-47) -/- 

Event5 October 9, 1997 S.25: third cloture not 

invoked in Senate 

(52-47) -/- 

Event6 August 6, 1998 H.R. 2183 passed House (252-

179) 

+ 

 

106th 

Congress 

    

Event 7 September 14, 1999 H.R. 417 passed House (252-

177) 

+ 

Event 8 October 19, 1999 S.1593: cloture not invoked 

in Senate 

(52-48) - 

 

107th 

Congress 

    

Event 9 April 2, 2001 S.27 passed Senate with 

amendments 

(59-41) + 

Event 10 February 14, 2002 H.R. 2356 passed House (240-189 + 

Event 11 March 20, 2002 H.R. 2356: cloture invoked 

in Senate 

H.R. 2356 passed Senate 

without amendment 

(68-32) 

(60-40) 

+ 
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Appendix B  Variable definitions 

 

Fixed Salary The natural logarithm of one plus the firm-specific average 

across managers of the fixed amount of cash salary. Source: 

ExecuComp 

Total Salary The natural logarithm of one plus the firm-specific average 

across managers of the total amount of cash salary. Source: 

ExecuComp 

Variable Salary The natural logarithm of one plus the firm-specific average 

across managers of the variable amount of cash salary. 

Source: ExecuComp 

LnPacContributions The corporate PAC’s total amount of contributions towards 

politicians and other PACs. Source: Center for Responsive 

Politics 

Lnsize The natural logarithm of total assets (data6). 

Market To Book (Market value of equity plus the book value of debt)/total 

assets = (data25  * data199 + data6 - data60) / data6 

Roa Net income before extraordinary items and discontinued 

operations / total assets = data18 / lag(data6) 

Leverage (Long term debt + debt in current liabilities) / total assets = 

(data9 + data34) / data6 

Divpay A dummy variable that equals on if common dividends 

(data21) is positive, zero otherwise. 

Cash Cash and short-term investments / (total assets – cash and 

short-term investments) = data1 / (data6 – data1) 

Tangibility Net PPE / total assets = data8 / data6 

R&D R&D expense / lagged net PPE= data46 / lag(data8) 

Advertising Advertising expense / lagged net PPE = data45 / lag(data8) 

Investment Capital expenditures / lagged net PPE = data128 / lag(data8) 

Roe Net income before extraordinary items and discontinued 

operations / book value of common equity = data18 / data60 

Divyield Dividends per share divided by year-end stock price = data26 

/ data24 

Stockreturn Annual stock return 

LnCorp527 The natural logarithm of firm-year specific contributions to 

527 groups. Source: Center for Responsive Politics 

Softmoney Firm A dummy variable that equals one in case the firm spends soft 

money in the period 1995-2002. Source: Center for 

Responsive Politics 

IR The sum of the [AR(0,1)] across the 11 events displayed in 
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Appendix A, where each of the abnormal returns is initially 

multiplied by minus one in case the event decreases the 

likelihood of a soft money ban. 

NegIR A dummy variable that equals one in case the firm’s sum of 

the [AR(0,1)] across the 11 events is below zero, where each 

of the abnormal returns is initially multiplied by minus one in 

case the event decreases the likelihood of a soft money ban. 

HighIR25 A dummy variable that equals one in case the firm’s sum of 

the [AR(0,1)] across the 11 events is among the 25 percent 

highest values, where each of the abnormal returns is initially 

multiplied by minus one in case the event decreases the 

likelihood of a soft money ban. 

LowIR25 A dummy variable that equals one in case the firm’s sum of 

the [AR(0,1)] across the 11 events is among the 25 percent 

lowest values, where each of the abnormal returns is initially 

multiplied by minus one in case the event decreases the 

likelihood of a soft money ban. 

 

 

 

 

 

 

 

 

 

 

 


