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Abstract 

 

Since the recent financial crisis, both the Russian business community and foreign investors have started to 

make more and more use of ratings of the reliability of Russian banks, i.e., their ability to meet interest and 

repayment commitments to the investors. In response to this, the number of rating agencies has increased 

over the past few years. In this paper, existing ratings are analyzed and compared using ordered probit mod-

els that explain bank ratings from bank characteristics such as size indicators and financial ratios characteriz-

ing profitability, or default risk on loans given. Moreover, on the basis of a survey among financial experts, 

models for expert ratings are constructed and results are compared to those for the agency ratings. 

We find that agency and expert ratings of virtual banks are largely in line with each other, but there 

are also some differences. For example, liquidity measures are important for agency ratings but insignificant 

for the expert ratings. Moreover, we find some surprising differences between expert ratings of real banks 

and expert ratings of virtual banks. While overdue loans are important for the virtual banks, they play no role 

in either the agency ratings or the expert ratings of real banks. An explanation may be that banks manage to 

mask the actual number of overdue loans.  

                                                      
1The authors thank Andrey E. Petrov for providing the data and repeated valuable discussions and Sergei V. 

Golovan for organizing the database. The authors are also grateful to Elena Golovko and Vadim Sidorov for their assis-
tance and work on a preliminary version of this paper, and to Vasso Ioannidou, Bertrand Melenberg and an anonymous 
CentER DP series referee for useful comments. 
2 Corresponding author: Arthur van Soest, 1700 Main Street, P.O. Box 2138, Santa Monica, California 90407-2138, 
USA. 
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1. Introduction 
 

Since the financial crisis in 1998, the development of the Russian economy and the expansion of financial 

interconnections between banks and enterprises have led to an increased interest in the ratings of the credit-

ability of banks and enterprises in Russia, i.e., their ability to meet interest and repayment commitments to its 

investors.3 Bank ratings have become particularly widespread, and the number of rating agencies publishing 

ratings for Russian banks steadily continues to grow. One explanation for this is the high risk of operations in 

the Russian financial markets. Before the crisis, many large banks were considered “immortal.” Neverthe-

less, what happened in the banking system after August 1998 has shown that, in unstable economic condi-

tions, the size of a commercial bank is not an absolute guarantee for its reliability or stability. More than half 

of the twenty largest Russian banks ceased to exist or lost their position in the market. Companies or indi-

viduals who intend to make a decision about the collaboration with a particular bank have become aware of 

the issue of bank reliability and now rely on bank ratings by professional agencies much more than before. 

In this study, we analyze and compare the ratings published by several agencies. Characteristics of the 

banks such as size indicators and financial ratios are used to explain the ratings given by the most important 

agencies. Following the work of Kaplan and Urwitz (1979) on corporate bond ratings, we use ordered probit 

models to explain the rating, which is always a categorical variable with six or seven ordered possible out-

comes. While many empirical studies on corporate bond ratings in general exist, only few look at ratings of 

companies in one specific industry. The topic of our study is probably most related to Mar Molinero, Apel-

laniz Gomez and Serrano Cinca (1996), who look at bond ratings of Spanish banks. They focus on one rating 

only, while we estimate and compare models for several ratings published by different agencies. As shown 

by Morgan (2002), there is a relation between the diversity in ratings in a certain sector and the difficulty of 

characterizing the risks of the firms. This explains his finding that the banking industry in the US is – 

together with the insurance industry - one of the industries with the largest diversities in the two main ratings 

(Moody’s and S&P). In the Russian banking sector, the risks are probably larger and harder to observe, but 

the ratings of the various agencies also seem to be more fundamentally different in the sense that they have 

their own (implicit) definition of what constitutes bank reliability or creditability. As a consequence, 

differences between the various ratings are sometimes substantial, and it is interesting to analyze what drives 

these differences.             

The main methodological novelty of our study compared to many studies on bond ratings, is that apart 

from the ratings given by professional agencies, we also analyze the results of a survey among experts work-

ing at different Russian banks. These experts have first been asked which criteria they consider most impor-

tant for bank reliability. Second, each of them has rated a number of existing and well-known Russian banks. 

Third, they have evaluated a number of virtual banks that were only described in terms of their scores on a 

selection of important reliability indicators. The analysis makes it possible to address a number of issues of 

interest. First, the data on the professional ratings can be used to investigate whether the agencies use the 

same published reliability criteria with the same weights or not, and to which extent their ratings are based 
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upon publicly available data of bank activity, rather than private and often qualitative, non-financial or sub-

jective information such as management strategy, business plan, etc.. The latter is also the main motivation 

for the Mar Molinero et al. (1996) study. Second, it is interesting to compare the ratings of the agencies with 

ratings given by experts working in the banks themselves. Third, comparing expert evaluations of existing 

banks and virtual banks can give insight in the weight that experts give to the public information provided by 

the existing banks that may be subject to reporting bias, compared to the weight they would give to the same 

information for a virtual bank, where such reporting biases do not play a role. All this seems highly relevant 

also in an international context, relating to the new Basel agreement that sets new standards for the credit 

requirements for banks with less mechanical rules than before (see Basel Committee on Banking Supervision 

(2000, 2001) and the special issue of the Journal of Banking and Finance edited by Altman (2001)).  Ideally, 

an objective rating as the one constructed by “averaging” over a panel of independent experts, could be the 

basis for a common standard of bank reliability. 

This paper is organized as follows. In Section 2, a brief sketch of the recent developments and the cur-

rent state of affairs of the Russian banking system is given. Section 3 gives an overview of existing ratings 

for Russian banks and describes the data on ratings that will be used in the empirical analysis. In Section 4, a 

set of bank characteristics is described that are considered relevant to explain the ratings. The empirical 

models will use subsets of these seventeen variables. Section 5 describes the set up of the expert survey and 

the data set obtained from this survey. Section 6 compares the estimated models for the published ratings and 

for the ratings given by an average expert in the survey to existing and virtual banks. Section 7 concludes. 

 

2. The Banking Sector in Russia 

 

The Russian Central Bank and the government ratified the medium-term (5 years) plan “The strategy of de-

velopment of the bank sector of Russian Federation” in December 2001,4 stating a significant increase in 

bank reliability as one of the main goals of bank development. The strategy aims at increasing the role of the 

banking sector in the development of the Russian economy. It also should lead to gradual convergence of the 

characteristics of the Russian banking sector to those in countries that, in terms of the level of economic de-

velopment, are leading the group of countries with a transition economy. It is foreseen that the ratio of bank-

ing sector assets to GDP can reach 45 to 50%. The ratio of capital of the banking sector to GDP should reach 

5 to 6%, and the target for the ratio of credits to the real sector of the economy to GDP is 18 to 20%. This 

implies that banks need to attract investments and should increase their capital. Preparations for joining 

WTO will lead to more competition in the market of banking services. This, in turn, will make banks more 

interested in their position in the ratings, as one of the components of transparency and openness.  

                                                                                                                                                                                
3 Creditability and reliability will be used as synonyms. 
4 See the Statement of the Government of the Russian Federation and the Central Bank of the Russian Federation of 
December 30, 2001 “On the strategy of development of the banking sector of the Russian Federation” 
(http://www.cbr.ru/today/publications_reports/print.asp?file=strat_2002.htm).�
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The Association of Russian Banks (ARB) sees the problem of interrelations between banks and enter-

prises as one of the most important problems of the Russian banking sector.5 The needs for producer credits 

are not entirely satisfied. In 2000, the Russian economy turned from negative to positive growth. In the same 

year, the amount of credits given by banks to the real sector of the economy increased substantially. In No-

vember 2000, total enterprise debt on credits was 654 billion rubles with an increase of 47% in one year. 

Banks reduced interest rates and gave producers more access to their funds. Table 1 presents data on the dy-

namics of the main indicators of the development of the Russian banking sector from 1998 until 2002.6  

 

Table 1. Main indicators of development of the Russian banking sector in real terms 
compared to July 1, 1998 (in %) 

Indicator 1/07/98 1/04/99 1/04/02 

Aggregate assets of banking sector 100.0 58.3 106.8 

Banking sector capital 100.0 26.8 114.7 

Credits to the real sector of the economy including unsettled debts 100.0 57.1 147.1 

Deposits of private individuals 100.0 47.7 96.5 

Funds accumulated from enterprises and organizations 100.0 84.3 148.3 
 

 

Still, to reach stable economic growth the size of credits to the real sector of the economy should be 

increased. Well-functioning enterprises should not be denied the funds for production activity. One reason 

why the size of credits is not sufficient is in the enterprises themselves: 40% of them are unprofitable and the 

majority of them are not sufficiently remunerative. Such enterprises cannot count on bank credits because of 

too much credit risk. Many of these enterprises have low quality of management, with business-plans of in-

vestment projects that do not meet the banks’ requirements. 

 The August 1998 crisis showed that the development of the Russian economy was closely con-

nected with the state of the financial system. Stable and reliable Russian banks investing in the real sector 

can provide credits to the enterprises that need investments. In turn, the enterprises feel a considerable need 

for full and adequate information about banks in order to select a reliable partner. It also argued that banks 

could only survive by turning to the real sector instead of speculating on financial markets. See Tarasov and 

Zakharov (2000). Banks that give credits to firms have experience with industry and know the credit history 

of the firms they work with. These banks typically also provide financial management services to the firms 

and take part in designing business plans, so that the relation is beneficial to both bank and firm. As a result, 

the average default risk is lower than the risk of indirect and speculative investments through the financial 

                                                      
5 See two letters of the Association of Russian Banks to the Prime Minister of the Russian Federation M.M. Kassyanov 
VLJQHG�E\�$5%�3UHVLGHQW�6�(��(JRURY��)HEUXDU\���������� � -���� -����DQG�6HSWHPEHU��������� � -01/1-485.�

6
�6RXUFH��5HSRUW�RI�3ULPH�'HSXW\�&KDLUPDQ�RI�WKH�&HQWUDO�%DQN�RI�5XVVLDQ�)HGHUDWLRQ� � �.R]Oov at the XI Interna-

tional Bank Congress (Saint-Petersburg, June 6, 2002) 

 �
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markets. This suggests that the extent to which banks are active in the real sector is crucial for their reliabil-

ity. One of the specific aims of analyzing the ratings is to determine whether or not the existing ratings in-

deed depend on this. Moreover, we will also focus on the importance that the experts attach to this. 

 

3 Ratings of Russian Banks 
 
The ratings of Russian banks published on a regular basis in 2001 can be divided into several categories. The 

first category actually consists of rankings rather than ratings, i.e., lists of banks ordered according to some 

financial indicator or index. A drawback of such a list is that only one indicator is used, usually assets, 

shareholder equity, or another indicator of size. A typical example is the traditionally published list of banks 

ordered according to total liabilities. Some banks manipulate their position in this ranking by creating so-

called “bubbles” in their balance sheets, increasing their liabilities to between 1.5 and 3 times the value of 

their assets, for example by adding virtual transactions between their own branches. To prevent this type of 

manipulations, many rankings now exclude loans and debts to own branches. Rankings are published each 

quarter by the agency Interfax (publishing the “Interfax-100” list of the 100 largest banks) and by the journal 

“Money” (200 largest Russian banks). Monthly rankings are published by the journals “Profile” and “Com-

pany.” Still, as the recent crisis has shown, the size of a bank is not an absolute guarantee for its reliability, 

limiting the value of these rankings. 

The second category consists of so-called mixed ratings (see Olenev, Karminsky and Astrelina, 1999). 

These are lists of banks ordered according to an indicator that combines several bank characteristics that af-

fect bank reliability. Examples are the ratings published by the journal “Profile” and the agencies Ratebank 

(rating of large banks in Moscow and the Moscow region) and IA “Mobile.” A mixed rating can be con-

verted into a usual rating on (for example) a five-point scale by defining thresholds for the indicator and 

grouping banks accordingly. 

The third category of ratings consists of classifications into a few categories on the basis of evalua-

tions of the financial performance. The categories are usually with letters, figures, and signs “+” and “−“, for 

example, A1 or BB+. Most international rating agencies such as Standard & Poors’, Fitch IBCA, and 

Moody’s use this type of classification. Unfortunately, these international agencies evaluate only very few 

Russian banks. In Russia, the IC “Rating” agency and the “Expert” journal publish such ratings. 

The ratings above can be divided into expert and distant ratings (see Olenev et al., 1999). In the expert 

approach, a rating agency acquires access to bank documents and analyzes both financial and non-financial 

information. Such ratings rely on information that is not publicly available. The data used in constructing 

such a rating may not always be up to date at the moment when the rating is published. Constructing this 

type of rating requires significant costs and effort, for inspecting the organization, processing the accumu-

lated information, etc. Examples are the ratings issued by international agencies such as Standard & Poors’, 

Fitch IBCA, and Moody’s and ratings of the Russian agencies RA “Interfax” and EA-Rating. 

On the other hand, distant ratings are typically constructed using publicly available financial informa-

tion only. Examples are the ratings of the journals “Profile” and “Expert” and of the agencies “Mobile” and 



 6

IC “Rating”. Distant ratings can be divided into open ratings, for which the formula and algorithm are pub-

lished, and closed ratings, which use agency expert evaluations, built on public information. The rating of 

“Profile” is open; the exact formula is published and everyone could replicate the calculations. The ratings of  

“Expert” and IA “Mobile” are neither open, nor completely closed. Some information about the methodol-

ogy is published but not the details of the algorithm. An example of a completely closed rating is that of IC 

“Rating.”  

In October 2001, there were nine published ratings of Russian banks: the ratings of the agencies 

Moody’s, Standard & Poor’s, Fitch IBCA, “RusRating”, “Ratebank”, IC “Rating”, and IA “Mobile” and of 

the journals “Expert” and “Profile”. Ratings of the international agencies Moody’s, Standard&Poor’s, and 

Fitch IBCA and the rating of the Russian agency IC “Rating” are classifications of banks into several reli-

ability groups. Table 2 presents the pair-wise Spearman rank correlations for most of these ratings. The rat-

ings of Moody’s and Standard & Poor’s are not included since they evaluate only very few Russian banks. 

The table shows that most of the ratings are positively correlated, suggesting that agencies at least to some 

extent use the same evaluation criteria. Size and significance level of the correlation coefficients vary sub-

stantially. The correlations between “Expert”, IC “Rating” and IA “Mobile” are all quite strong. On the other 

hand, none of the correlations with the rating of “Profile” is significant at the 5% level. 

 

Table 2. Spearman rank correlations 

 
Number of  
banks rated 

RusRating Ratebank-1 Ratebank-2 
IC  

”Rating” 
IA 

“Mobile” 
Fitch IBCA Profile 

Expert 59 
0.55 (0.03) 

16 
0.56 (0.01) 

20 
0.51 (0.00) 

30 
0.74 (0.00) 

43 
0.80 (0.00) 

58 
-0.05 (0.87) 

13 
-0.15 (0.32) 

49 

RusRating 20 1 
0.52 (0.23) 

7 
-0.13 (0.75) 

9 
0.09 (0.76) 

14 
0.69 (0.00) 

19 
0.35 (0.56) 

5 
0.02 (0.95) 

19 

Ratebank-1 19  1 
… (…)    

0− 
0.67 (0.01) 

15 
0.38 (0.11) 

19 
0.13 (0.76) 

8 
0.43 (0.07) 

18 

Ratebank-2 38   1 
0.51 (0.01) 

26 
0.52 (0.00) 

29 
0.45 (0.55) 

4 
0.11 (0.60) 

24 

IC ”Rating” 115    1 
0.72 (0.00) 

51 
0.93 (0.00) 

8 
-0.24 (0.14) 

39 

IA “Mobile” 117     1 
0.35 (0.21) 

14 
-0.21 (0.08) 

70 

Fitch IBCA 15      1 
0.25 (0.44) 

12 

Profile 90       1 

Source: Original journals and websites where ratings are published. The second column contains the number of banks 
in each rating.  Other columns contain Spearman rank correlation coefficients with p-values (in parentheses) and the 
number of banks rated by both agencies. The rating of Ratebank agency is presented in two parts: Ratebank-1 (largest 
banks) and Ratebank-2 (large banks).7  
 

In the empirical analysis, we will focus on four ratings of Russian agencies: ratings of the journals 

“Expert” and “Profile” and the agencies IA “Mobile” and IC “Rating”. These are the Russian bank ratings 

that are most well-known and used by investors, on a number of banks that is sufficient for the empirical 

analysis. IC “Rating” divides banks into six groups: A3 – highest reliability, A2 – very high reliability, A1 – 

                                                      
7 There was not enough information to merge these two ratings into one as was done for “Expert”. 
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high reliability, B3 – high enough reliability, B2 – medium reliability, B1 – satisfactory. The methodology of 

constructing the rating is closed; the agency only indicates that expert opinions are used in addition to nu-

merical (public) information. 

 The journal “Profile” publishes a reliability rating of large, medium and small banks. This is an 

ordered list of banks sorted by the evaluation coefficient of each bank’s creditability. This coefficient is cal-

culated using the formula of V. Kromonov, a rather complicated formula involving several financial ratios 

and other bank characteristics. See “Methodology of the calculation of bank reliability rating,” Profile, 20 

(242), 28 May 2001.8  

The rating of IA “Mobile” is the Bank’s Dynamic Financial Stability Rating (RDFS; see Karminsky 

and Petrov, 2000, and Petrov, Astrelina, Berezinsky, and Belyaev, 2001, for details on the methodology). 

This is an open rating with a monthly update, which also takes into account the bank’s dynamics and the 

relative position of the bank compared to other banks. It is constructed on the basis of internal and external 

indicators. The internal indicators characterize the quality of the bank’s activities and the functional stability 

of the bank in dynamic terms. The external indicators reflect how the bank’s position in the Russian banking 

system evaluates during a year. Combining the internal and external indicators gives the value of the RDFS, 

which is the final result of processing of a multi-dimensional set of pieces of analytical information that ar-

rive during the year (see Karminsky and Petrov, 2001). 

Originally the ratings of the IA “Mobile” agency and “Profile” were presented as ordered lists of 

banks, sorted by the evaluation coefficient of bank reliability in the case of “Profile” and by value of RDFS 

in the case of IA “Mobile”. To make them comparable to other ratings, the orderings were transformed into 

categorical ratings, using thresholds chosen by expert opinion. 

The rating of the journal “Expert” is a classification of banks into groups of similar financial stability. 

It is based on weighting indicators of sufficiency of capital, liquidity, quality of assets, profitability, and 

evaluation of management. Banks are divided into homogeneous groups according to size and type of activ-

ity. The rating of each bank is determined by its financial stability coefficient compared to the stability coef-

ficients of other banks in the same group. Originally, “Expert” provided separate ratings for very large and 

for large banks in Moscow. To get a rating with a sufficient number of banks for analysis, these two ratings 

were combined into one rating. The procedure for doing this was simple: very large banks get their original 

rating, whereas large banks get new ratings which are two categories below their original rating. This ad-

justment is justified by the fact that, when a “large” bank grows and in the next time period falls into the 

“Expert” set of “very large” banks, the rating of this bank usually worsens by two categories. Since each of 

the original “Expert” ratings divided banks into four reliability groups, the merged rating has six reliability 

groups. 

An interesting issue is the stability of ratings over time. For the ratings that existed already in the last 

quarter of 2000, the rank correlations between the ratings of each bank at two points in time are presented in 

Table 3. The table shows that the stability of the three ratings is similar.  

                                                      
8 See http://www.profil.orc.ru/archive/n242/text6.html 
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Table 3. Yearly Spearman rank correlations over time 
“Expert”, December 2000 – December 2001 0.71 

IC “Rating”, November 2000 – November 2001 0.76 

“Profile”, October 2000 – October 2001 0.71 

 
 
 
4 Indicators of Bank Performance 
 

The explanatory variables in the ordered probit models explaining the ratings are a subset of 17 indicators of 

bank activity that are a priori considered to be potentially relevant for bank creditability. The set of 17 char-

acteristics is presented in Table 4. Underlying financial indicators used to construct these variables are ex-

plained in the Appendix 1. We first briefly describe each of the 17 indicators and their expected effects on 

bank reliability. These indicators include the same dimensions of bank rating determinants found by Mar 

Molinero et al. (1996) and also the factors determining bankruptcy identified by Kolari, Glennon,  Hwan 

Shin and Caputo (2002). In addition, some factors that are particularly relevant for the situation in Russia are 

taken into consideration.   

Shareholders’ equity and assets are indicators of the size of a bank, which is commonly considered as 

one of the most important characteristics in determining bank reliability. The larger the bank, the more reli-

able it can be expected to be. The two indicators are strongly correlated. Only equity will be used in the re-

gressions that we present, since it is the more significant one in all the models. Equity appears to be signifi-

cant with the expected positive sign in the models for all four ratings that we consider. 

 
Table 4.  Financial Indicators of Bank Performance 

Eq Equity 
As Assets (excluding loans and debts to own branches) 
Eq/As Equity to assets ratio (indicator, inverse of financial leverage) 
CA Capital adequacy ratio* (standard N1) 
SL Short-term liquidity ratio* (standard N2) 
CL Current liquidity ratio * (standard N3) 
GL General liquidity ratio * (standard N5) 
LNI/TA Loans to non-financial institutions to total assets ratio 
LLNI/TA Long-term loans to non-financial institutions to total assets ratio 
OL/LNI Overdue loans to loans to non-financial institutions ratio 
EA/As Earning assets to assets ratio 
LNR/Eq Liabilities to non-residents to equity ratio 
NGS/TA Non-government securities to total assets ratio 
GB/TA Government bonds to total assets ratio 
DPC/TA Private customers’ deposits and accounts to total assets ratio 
SFD/Eq Surplus on forward deals to sell and buy currency to equity ratio 
PBT/Eq Profitability ratio (profit before tax to equity ratio) 
* According to the Central Bank of the Russian Federation Instruction No 1 and additions 
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A second indicator that is generally considered to be important for creditability is capital adequacy (for 

the scale and nature of the bank’s operations), a measure constructed by the Russian Central Bank as the ra-

tio of equity and some risk weighted value of assets.9 The indicator is similar to the equity to assets ratio. In 

the models we will include one to the two, depending on which one is more significant. Sufficient capital 

forms a buffer that allows a bank to remain solvent and to continue to operate regardless of any unexpected 

events. A bank with a low capital adequacy (or insufficient equity) is exposed to a high risk of bankruptcy 

during a recession. On the other hand, a bank with too much equity usually lacks flexibility and competitive-

ness. Banks traditionally try to maintain the value of capital sufficiency at a low level in order to raise their 

efficiency and to increase the profit of investors, while supervising institutions prefer a higher value, since 

this improves the stability of the bank system. The Russian Central Bank imposes that the value of capital 

adequacy should be at least 10% for large banks and 11% for the others. Once this condition is satisfied, the 

effect of this indicator on bank flexibility, competitiveness, performance, and thus also on creditability, can 

be expected to be negative. 

Liquidity, the ability of a bank to pay for its liabilities in time, is the third important characteristic for 

bank reliability. Indicators of short-term, current, and general liquidity will be used. All of them are expected 

to positively affect bank reliability. 

The next group of indicators describes the bank’s relations with enterprises in the non-financial sector. 

As argued above, such indicators are probably relevant for the specific Russian situation. They are not in-

cluded by Molinero et al. (1996), for example. Working with enterprises is probably the most legitimate way 

for banks to increase their assets and to invest their funds. With restricted potential of stock and inter-bank 

markets, banks have to make investments in the real economy. Two indicators are used: all loans to non-

financial institutions to total assets ratio (LNI/TA), and long-term loans (i.e., loans for more than one year) to 

non-financial institutions to total assets ratio (LLNI/TA). Investments in the real sector may suffer from risk 

of default, but a bank that does not give credit to the real sector is deprived of one of the main sources of 

profit. Investing in the real sector is probably the only way to make profit in the long run and as such can be 

seen as a signal of reliability. 

The (overdue loans) to (loans to non-financial institutions) ratio (OL/LNI) reflects the quality of drawn 

credits and the effectiveness of the bank’s credit risk department. The lower the overdue loans to loans to 

non-financial institutions ratio the more reliable and stable the bank will be.  

The earning assets to assets ratio (EA/As) shows which part of accumulated assets is allocated to profit 

making activities. Banks with a high value of this ratio can be expected to make more profits and have higher 

reliability.  

                                                      
9 The weights are predetermined by the Instruction No. 1 by the Central Bank of the Russian Federation and reflect the 
default risk on the asset. For example, deposits in the Central Bank or government bonds of industrial countries get 
weight 0.0, weights for regional bonds are 0.2, weights for deposits in Russian commercial banks or banks of non-
industrial countries are 0.7, etc.  
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The amount of non-residents’ assets on bank accounts reveals how much confidence foreign investors 

have in the bank. This is measured by the (liabilities to non-residents) to equity ratio (LNR/Eq), which is ex-

pected to have a positive effect on the bank reliability ratings.  

Investing in stocks and shares of other companies is not one of the main aims of a bank. Moreover, in-

vestments in non-government securities are, on average, more risky than other investments. The ratio 

NGS/TA reflects the share of non-government securities in total assets. We expect that it negatively affects 

reliability. Government bonds are a reasonably safe investment but do not have a very high return. It is there-

fore not so clear whether the government bonds to total assets ratio (GB/TA) will be positively or negatively 

related to bank reliability. A hump shaped pattern where a limited share invested in government bonds would 

be optimal is also possible. 

The deposits and accounts of private customers to total assets ratio (DPC/TA) characterizes the ability 

of a bank to attract money from private investors, reflecting how much confidence people have in the bank. 

We expect a positive relation with the reliability ratings. 

Many banks that allocated a too large share of their funds to operations on the money market crashed 

after the financial crisis of August 1998. Foreign banks wanting to buy Russian government bonds could not 

do this directly. They therefore lent dollars to Russian banks, which converted the dollars into rubles and in-

vested these in government bonds, with a forward contract to repay dollars to the foreign banks. When the 

crisis started, the ruble lost its value and Russian banks were unable to meet their obligations on the forward 

contracts. This implies that the ratio of the surplus of forward deals to shareholders’ equity (SFD/Eq) is ex-

pected to have a negative effect on bank reliability. 

The profitability ratio (PBT/Eq) plays an important role in evaluating the reliability of a bank. Profit is 

a necessary condition for creating adequate funds to stimulate personnel and management, for expansion and 

innovation and for improvement of the quality of bank services. The importance of bank profit is high for all 

economic agents and depends on interest rates in bank operations, operating costs, and the structure of assets 

and liabilities. 

Data on these indicators are publicly available in the commercial banks’ balance sheets that banks send 

to the Central Bank of the Russian Federation every month. For the sample of 826 banks that are rated by at 

least one of the four rating agencies that we consider, a table of correlation coefficients and descriptive statis-

tics of the variables used in the regressions is presented in Appendix 2. Most of the correlations are small. 

The only correlations larger than 0.5 are those between two measures of liquidity (SL and CL; correlation 

0.699, between the equity to assets ratio and the strongly related index for capital adequacy (Eq/As and CA, 

correlation 0.845), between Loans to non-financial institutions to total assets ratio and equity to assets ratio 

(LNI/TA and EA/As, correlation 0.555) and between total assets and the overdue loans to loans to nonfinan-

cial institutions ratio (TA and OL/LNI; correlation 0.847).  
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5 Survey among experts 
 
For the purpose of our study, a survey among experts working in different banks and other financial institu-

tions (but not rating agencies) was conducted. Twenty-five experts responded to the survey. Experts were 

asked to answer four sets of questions. First, they were asked to rate twenty well-known Russian banks on a 

five-point scale. Second, the experts were asked to indicate the five characteristics of bank activity that, in 

their opinion, were most important for a bank’s reliability. They were offered a list of twenty indicators but 

could also add other characteristics.10 The ten characteristics presented in Table 5 were indicated as the most 

important. 

 

Table 5. Indicators of bank activity that experts consider important for bank reliability  

Indicator 
% of experts listing  

the indicator among the 
five most important 

Overdue loans to loans to non-financial institutions ratio OL/LNI 72% 
Current liquidity  CL 48% 
Capital adequacy ratio CA 48% 
Equity Eq 44% 
Long-term liabilities to total assets ratio LLi/TA 44% 
Non-earning assets to total assets ratio NEA/TA 44% 
Assets As 40% 
Return on equity PAT/Eq 40% 
Short-term liquidity ratio SL 28% 
Long-term loans to non-financial institutions to total assets ratio LLNI/TA 20% 

 

 

The indicator that is listed most often is the overdue loans to loans to non-financial institutions ratio 

(listed by 72% of experts). Other characteristics that are often listed as important are liquidity standards, the 

standard of capital sufficiency, profitability of shareholders’ equity, and the size of shareholders’ equity. The 

long-term loans to non-financial institutions to total assets ratio LLNI/TA, our indicator for investment in the 

real sector of the economy, is considered among the five most important indicators by 20% of the experts. 

In the third part experts were asked to rate sixteen virtual banks on the basis of data on the indicators in 

Table 4 that were a priori thought to be most important: Eq, Eq/As, LNI/TA, OL/LNI, PBT/Eq, and CL. 

Finally, experts were asked to rank rating agencies and journals that publish ratings of Russian banks. 

In Table 6 the average rankings are presented. The table shows that experts have largest confidence in the 

western rating agencies. The four ratings that we will study in the empirical models are printed in italics. It is 

clear that the experts on average have more confidence in the “Expert” rating than in the other three.  

                                                      
10 Some expets in fact added some characteristics, but non of it gain more than 8%. 
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Table 6. Average expert rankings of rating agencies 
Standard&Poor’s 3.3 
Moody’s 3.4 
Fitch IBCA 4.7 
Expert 6.4 
Interfax 6.4 
IC “Rating” 7.4 
RusRating 7.8 
EA-Ratings 7.9 
IA “Mobile” 8.3 
Profile 8.8 
Commersant 9.1 
Company 10.4 
Rate Bank 10.8 

 
 
 
 
6  Empirical models for published ratings and expert opinions 
 
In this section, the four major ratings will be explained from a small set of bank characteristics. The informa-

tion that is available on the methodology underlying the construction of some of the ratings (see Section 3) 

will not be used, since we aim at comparability and use the same model specification strategy for the four 

ratings.  

Since a rating is a qualitative ordinal variable, the natural choice for the analysis of ratings is a model 

of ordered response (ordered probit). See, for example, Greene (1997) for a detailed description of this 

model and Kaplan and Urwitz (1979) for the first application to bond ratings. The model is specified as fol-

lows. Let there be k ordered alternatives – denote them 1, 2,…, k. Then the probabilities that bank t with a set 

of characteristics ’tx  will be classified in each of the classes 1,2,…, k are given by: 
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The function F is the distribution function of a standard normal random variable (ordered probit) or a 

random variable with a logistic distribution (ordered logit). The parameters of the model, which are esti-

mated on the basis of the data in the sample, are the vector of slope coefficients and the vector of threshold 

values c. We tried both models, the difference between their performances was marginal, and we chose the 

ordered probit model (like Kaplan and Urwitz (1979)), because it gave a slightly higher value of log-

likelihood. 
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6.1 Analysis of existing ratings 
 
For each of the four ratings “Expert”, IC “Rating”, IA “Mobile”, and “Profile”, an optimal model was se-

lected using Akaike’s information criterion, although we always kept in at least one of the indicators LNI/TA 

or LLNI/TA, since we are interested particularly in the role of credits to the real sector for reliability rat-

ings.11 The results are presented in Table 7. The predictive ability of the models is described in the bottom 

panel of the table. The Pseudo-R2 values show that the rating of IC “Rating” is easier to predict than the 

other ratings, suggesting that IC “Rating” uses more public information than the other rating agencies. The 

rank correlations between predicted and actual ratings are reasonably high for all four agencies. Particularly 

for IA “Mobile”, the model does a good job in predicting the ordering, although the Pseudo R2 value implies 

that the model cannot perfectly predict the level of each rating.  

The categorical outcomes are coded from highest (1) to lowest (6 or 7) reliability, so that a positive 

coefficient implies that a higher value of the indicator reduces the reliability rating. All models contain the 

size indicator Eq (shareholder’s equity), which is always significant with the expected negative sign. Larger 

banks are rated as more reliable, keeping other characteristics constant. 

 

Table 7.  Models for existing ratings 

Parameter Rating  

 “Expert” IC “Rating”  IA “Mobile” “Profile” 

LLNI/TA –4.74*** 1.703 –5.53*** 3.94*** 

CA 0.0393*** 0.0529*** 0.0214***  

EA/As 3.33***   3.52*** 

Eq (billion rubles) –0.51*** –0.89*** –0.82*** –0.042** 

CL –0.0234*** 0.0153** –0.0116*  

PBT/Eq   –2.43***  

SL  –0.0225*** –0.0041*** –0.0255*** 

GL  –0.0355**   

DPC/TA  –4.88**   

GB/TA    7.80*** 

Eq/As    –7.55*** 

AIC 2.59 1.19 2.26 2.66 

Pseudo-R2 0.331 0.509 0.351 0.338 
Rank corr. actual 
and predicted rating 

0.75 0.76 0.82 0.78 

*, ** and *** significant at 10, 5, and 1 percent level.  

 

Capital adequacy is positive and significant for all ratings except “Profile”. As explained in Section 

4, this may mean that, once the minimum equity requirement is met, a high level of equity indicates low 

flexibility and competitiveness, reducing opportunities for making profit and for growth, and thus reducing 

                                                      
11 We also included some squares of the indicators but these were never significant.  
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reliability.12 In the model for “Profile”, capital adequacy is represented by the indicator Eq/As, the share of 

equity in assets. This variable is significant but with the opposite sign, suggesting that “Profile” attaches 

more value to risk aversion than to competitiveness. 

All four models contain at least one liquidity measure that is significant and has the expected nega-

tive sign. Current liquidity is negative and significant for “Expert” and IA “Mobile”, short-term liquidity for 

IC “Rating”, “Profile” and IA “Mobile”, general liquidity for IC “Rating”. For IC “Rating”, current liquidity 

has a positive sign, perhaps due to the fact that we also have included the other two liquidity measures. 

Profitability can be captured by either the profitability ratio PBT/Eq, or the ratio of earning assets to 

total assets EA/As. For IA “Mobile”, the profitability ratio is significant and a higher profitability increases 

reliability, as expected. For “Expert” and “Profile”, however, EA/As is significantly positive, which would 

suggest that this profitability indicator would reduce these two reliability ratings. For IC “Rating”, neither of 

the two profitability indicators is included. 

Investing in the real sector of the economy rather than in other financial institutions is evaluated posi-

tively by the ratings “Expert” and IA “Mobile”. For “Profile”, however, a large value of the indicator 

LLNI/TA reduces reliability. This is in line with the fact that “Profile” assigns high reliability to “sleeping” 

banks that do not invest in economic activity but choose very safe but probably non-profitable investments. 

For IC “Rating”, the indicator for investing in the real economy is not significant. 

The ratio of deposits to private costumers arises only in the model for IC “Rating”, where it is signifi-

cant with the expected positive sign. IC “Rating” assigns higher reliability to banks that manage to gain the 

confidence of private costumers. Finally, the ratio of government bonds plays a role only in the rating of 

“Profile”, where it has a negative effect on reliability. 

Unexpectedly, none of the models includes the ratio of overdue loans to loans to non-financial institu-

tions, which was the only indicator considered important by the majority of the experts (cf. Table 5). An in-

terpretation of this result is that rating agencies do not trust the data on overdue loans provided by the banks. 

Standards of Russian accounting allow banks to reregister and prolong credits easily, thus decreasing the re-

ported value of the indicator OL/LNI. 

The indicator LLi/TA (long-term liabilities to total assets ratio) was also one of the indicators that 

many experts in the survey considered important (44%; cf. Table 5). It appears in none of the four models, 

however. 

The indicator LNR/Eq (liabilities to non-residents to equity ratio) does not plays any role either. This is 

probably because of the negligible volume of such assets after the 1998 crisis. Similarly, the indicator 

SFD/Eq (Surplus on forward deals to sell and buy currency to equity ratio) plays no role, since the volume of 

such operations at the moment of this research was negligible or perhaps since this indicator does not fully 

reflect the volume of operations. 

All results taken together, it seems justified to conclude that the “Profile” rating deviates substantially 

from the other three. The common opinion that this rating overvalues “sleeping” banks that do not invest in 

                                                      
12 We experimented with non-linearities to account for the positive effect of meeting the threshold but find no signifi-
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economic activity is confirmed by the results. According to the model of the “Profile” rating, the four indica-

tors relating to bank activity, the long-term loans to non-financial institutions to total assets ratio (LLNI/TA), 

the government bonds to total assets ratio (GB/TA), the Earning assets to assets ratio (EA/As), and equity to 

assets ratio (Eq/As) all reduce reliability. A bank that does not borrow money on the market and does not 

invest its assets in either credits or government bonds or in any earning assets at all is considered the most 

reliable. Such a policy may be optimal during a crisis but in the long run, a bank with this policy is unlikely 

to be competitive.  

 

Table 8.  Comparison of models 
Model Rating 
  IC Rating Expert IA “Mobile” Profile 
IC Rating  CA 0.0529*** 0.0313*** 0.0240*** −0.0585*** 
 LLNI/TA 1.703 −2.99* –4.37*** 2.33* 
 Eq (billion rub) �0.893*** −0.502*** −0.750*** −0.00885 
 CL 0.0153** –0.0280*** −0.00734 −0.00098 
 GL –0.0355** –0.0122 0.00753 −0.00886 
 SL –0.0225*** 0.00306 −0.00461*** −0.00872*** 
 DPC/TA –4.88** –5.20 1.00 −3.25 
 AIC 1.19 2.74 2.34 2.94 
 Pseudo-R2 0.509 0.304 0.331 0.265 
      
  IC Rating Expert IA “Mobile” Profile 
Expert LLNI/TA 2.755* –4.743*** –6.17*** 1.74 
 CA 0.0298*** 0.0393*** 0.0246*** –0.0536*** 
 EA/As 1.233 3.326*** 0.903* 2.75*** 
 Eq  (billion rub) −0.827*** �0.507*** −0.761*** −0.0209 
 CL 0.00652 –0.02337*** –0.00969* –0.00165 

AIC 1.34 2.59 2.37 3.03 
Pseudo-R2 0.415 0.331 0.313 0.230 

      
  IC Rating Expert IA “Mobile” Profile 
IA “Mobile” PBT/Eq –0.0924** –2.968 –2.426*** –0.861 
 CA 0.0512*** 0.0264** 0.0214*** –0.0577*** 
 LLNI/TA 3.103** –2.78* –5.53*** 2.32* 
 SL –0.0205*** 0.00384 –0.0042*** –0.00892*** 
 Eq (billion rub) −0.786*** −0.483*** �0.822*** −0.00817 
 CL 0.00804 –0.0288*** –0.0116* –0.000945 

AIC 1.25 2.71 2.26 2.94 
Pseudo-R2 0.470 0.304 0.351 0.260 

      
  IC Rating Expert IA “Mobile” Profile 
Profile LLNI/TA 1.30 –4.768*** –6.294*** 3.936*** 
 GB/TA 0.147 0.480 –2.176 7.804*** 
 SL –0.00742 –0.005390 –0.00341*** –0.02552*** 
 EA/As 0.320 3.443*** 0.592 3.52*** 
 Eq (billion rub) −0.798*** −0.450*** −0.790*** –0.0423*** 
 Eq/As 6.08*** 4.142*** 3.047*** –7.552*** 

AIC 1.29 2.73 2.31 2.66 
Pseudo-R2 0.453 0.299 0.335 0.338 

 

                                                                                                                                                                                
cant nonlinear effects.  
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The model for the rating of IA “Mobile” agency includes as significant 6 out of 10 indicators marked 

by experts (see Table 5) as the most important. This number is larger than that in the models for the other 3 

ratings. In this sense the rating of IA “Mobile” is the rating that corresponds most to the expert opinions. 

In order to get some insight in the sensitivity of the results for the model selection procedure and in the 

similarity between different ratings, the four model specifications in Table 7 were estimated for all four rat-

ings. The results are presented in Table 8. The table suggests that IC “Rating”, “Expert” and IA “Mobile” are 

comparable. For each specification, signs and significance levels for these three ratings are largely in line 

with each other. As was already noted above, the rating for “Profile” journal differs substantially from the 

other three. 

Table 9 presents an overview of the deviations between predicted and actual ratings, using the models 

in Table 7. The numbers in the upper line correspond to the difference between the predicted rating and the 

actual rating. For instance, “−2” means that the model predicts a rating that is two gradations more reliable 

than the actual rating. In the last column the share of forecasts with deviation not more than one gradation is 

given. 

 
Table 9.  Deviations between predicted and actual ratings 

∆ −3 −2 −1 0 1 2 3 |∆| ≤ 1 
IC “Rating” 0% 0% 7% 80% 13% 0% 0% 100% 

“Expert” 0% 5% 22% 49% 20% 3% 0% 92% 
IA “Mobile” 0% 1% 15% 57% 26% 1% 0% 98% 

“Profile” 3% 2% 20% 51% 19% 4% 0% 90% 
 

The table shows that the model IC “Rating” predicts 80% of the ratings correctly. IC “Rating” and IA 

“Mobile” give the smallest number of prediction errors. The cases for which the difference between pre-

dicted and actual rating exceeds two gradations can be explained in more detail. For the “Expert” rating this 

difference equals +2 for BIN Bank and Gazenergoprombank. Both of these had substantial support at the 

moment of evaluation, the former from the oil company “Slavneft”, the latter from Gazprombank and 

Mostransgas – the companies connected with the gas industry. This fact was probably taken into account by 

the experts. The difference is –2 for Credittrust Bank, Mezhtopenergo Bank, Mosstroyeconombank and, 

which had some difficulties (quality of given credits, etc.) at the moment of evaluation that can be taken into 

account in the actual ratings. A difference of three gradations occurs only for “Profile”, for banks Olimpiy-

sky, National Reserve Bank, and Rosbank. All these three banks have a strong financial position but their 

actual rating by the “Profile” experts does not do justice to this.  

 
6.2 Analysis of the expert evaluations of real banks  
 
As explained in section 5, the survey asked 25 experts to rate 19 existing banks into 5 reliability groups. 

Some experts did not rate all banks, which led to 416 observations rather than 475. These observations were 

pooled and used to estimate ordered probit models, using the bank indicators described in section 4. A simi-

lar model selection procedure as in the previous section gave the results in Table 10.  
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Table 10. Model for expert evaluations of real banks 
Included observations: 416 

Variable Coefficient 
PBT/Eq –4.828*** 
LLNI/TA –3.612*** 
Eq (billion rubles)  –0.0599*** 
Eq/As 2.99*** 

AIC 2.92 
Pseudo-R2 0.078 

 

 

The relatively low level of the pseudo R2 in comparison to the published ratings (Table 7) could be 

due to the fact that expert opinions vary substantially. After including expert specific dummy variables (i.e., 

fixed effects) the value of the generalized R2 rose to 0.124, which is still much lower than the values in Ta-

ble 7. Thus it seems that the experts in the survey attach more value than rating agencies to bank characteris-

tics that are not included in the publicly available balance sheets and put more weight on their specific 

knowledge about each bank. 

The indicators included in the model in Table 10 are significant and have the expected sign. Profitabil-

ity, bank size (i.e., equity), and focus on the real sector (LLNI/TA) all improve bank reliability in the view of 

the experts. The ratio of equity over assets is similar to the role that the capital adequacy indicator plays for 

the ratings IA “Mobile”, IC “Rating” and “Expert”. A high share of equity indicates a lack of flexibility and 

competitiveness.    

As was noted earlier, many experts consider the ratio of overdue loans to loans to non-financial institu-

tions as important for bank reliability (cf. Table 5). Still, this indicator is not included in the selected model 

and is insignificant if added. This is the same as for the published ratings. It may imply that the experts do 

not take the reported ratio seriously since it can be manipulated by reregistering overdue loans as new loans. 

The main difference with the models for published ratings is that the three liquidity measures are not 

included, although many financial experts report that particularly current liquidity is an important indicator 

for reliability. 

 

6.3 Expert evaluations of virtual banks  

 

In the third section of the questionnaire experts were asked to rate 16 virtual banks, using information on six 

indicators only: the size indicator Eq, the capital adequacy proxy Eq/As, the indicator LNI/TA for activity in 

the real sector, the overdue loans measure OL/LNI, the indicator PBT/Eq for profitability, and the liquidity 

measure CL. The model presented in Table 11 was constructed using 382 obtained observations; in 18 of the 

400 cases, the expert did not evaluate the bank. The optimal model was selected on the basis of the Akaike 

information criterion, as before. The result is presented in Table 11. 
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Table 11. Model for expert evaluations of virtual banks 
Included observations: 382 

Variable Coefficient 
PBT/Eq –1.99** 
LNI/TA –13.51*** 
(LNI/TA)2 29.45*** 
OL/LNI 10.21*** 
Eq (billion rubles) –0.0804*** 
AIC 2.76 
Pseudo-R2 0.132 

 
 

The Pseudo R2 of this model is larger than that for the expert evaluations of the real banks. For the real 

banks, the experts will also incorporate in their ratings the knowledge they have that is not captured in the 

indicators. Thus this comparison confirms that the expert ratings of real banks are not distant ratings but ex-

pert ratings. Still, the Pseudo R2 in Table 11 is much smaller than that in the models for the published rat-

ings, and there seems to be a lot of disagreement among the 25 experts in how to evaluate the virtual banks.  

As in all models discussed before, the indicator for bank size has the expected negative sign, implying 

that larger banks are considered more reliable. Profitability is also seen as a favorable characteristic, as in the 

model for expert evaluations of real banks. Unlike in all earlier models, we now find a significant effect of 

the indicator OL/LNI (overdue loans to loans to non-financial institutions ratio), implying that a high share 

of overdue loans reduces bank reliability. This corresponds with the fact that many experts report that this 

indicator is an important characteristic for bank reliability (Table 5), but the same indicator was insignificant 

in the expert evaluations of real banks as well as in the published evaluations. Our explanation for that find-

ing was that in practice, banks are able to manipulate this indicator by reregistering existing overdue loans as 

new loans (that are not yet overdue). A plausible interpretation is that in evaluating the virtual banks, the ex-

perts do not take the possibility of such a manipulation into account and take the values of the indicator more 

seriously. 

Another interesting outcome is that we find a significant quadratic pattern of the rating as a function of 

loans to non-financial institutions to total assets ratio (LNI/TA). The estimates imply that there is an optimal 

value of this indicator. Such a result was not obtained in any of the previous models, although it seems very 

plausible that an optimal value for this indicator should exist. If investments in the real sector are too small, a 

bank is likely to lose its competitive strength since it is deprived of one of the most important sources of in-

come. If a bank invests too much, the risk of non-payment becomes too high and the liquidity of assets de-

creases. The point estimate of the optimum, 23%, seems rather low but this estimate is not very accurate. In 

most models for existing ratings and expert evaluations of real banks it was found that reliability increases 

with investment in the real economy. 

Table 12 presents the Spearman rank correlations between predicted ratings for all models in this sec-

tion, based upon the complete sample of 826 banks. 
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Table 12. Spearman rank correlations between different model predictions 

Model “Expert” 
IC 

”Rating” 
“Profile” 

IA 
 “Mobile” 

Real 
banks 

Virtual banks 

“Expert” 1 0.28* –0.03 0.54* 0.31* 0.19* 

IC “Rating” 0.28* 1 –0.17* 0.27* 0.37* 0.15* 

“Profile” –0.03 –0.17* 1 –0.17* –0.49* 0.13* 

IA “Mobile” 0.54* 0.27* –0.17* 1 0.38* 0.01 

Real banks 0.31* 0.37* –0.49* 0.38* 1 0.11* 

Virtual banks 0.19* 0.15* 0.13* 0.01 0.11* 1 

* means that the correlation is significant at 1% level. 

 
 

The rank correlations between predicted agency ratings are significantly positive except for those with 

the “Profile” rating. This is in line with the actual ratings, cf. Table 2. Still, the correlations are smaller than 

those in Table 2, suggesting that the rating agencies take account of non-published information in a similar 

way. These three agency ratings are also positively correlated with the predictions of experts as derived from 

their evaluations of the real banks. Again, “Profile” is the outlier here, with a substantial and significant 

negative correlation with the predicted expert rating. The model based upon the expert evaluations of virtual 

bank gives predictions that are positively correlated with all other predictions except those based on the 

“Profile” model, but the correlations are surprisingly small (although significant in all cases but one). In par-

ticular, the rank correlation with the expert model based upon real bank evaluations is only 0.11. This may 

partly be explained by the small number of indicators used for the virtual banks, but can also be due to the 

fact that the information about the real banks is interpreted in a different way than that for the virtual banks. 

The discussion above on the difference of the effect of overdue loans illustrates the latter point. 

 

7 Conclusion 
 
The main goal of this study was to identify and compare the financial indicators that rating agencies and 

Russian experts in the banking sector find important for determining bank reliability. On the basis of publicly 

available quantitative information ordered probit models for four existing ratings of Russian banks (IA “Mo-

bile” and IC “Rating” agencies, “Expert” and “Profile” journals) were constructed. Moreover, a survey 

among experts working in banks and other financial companies was drawn, giving ratings of well-known real 

banks as well as virtual banks described by just a few indicators. These data were used to estimate two mod-

els for expert opinions, based upon the evaluations of the real and the virtual banks. 

It appears that three out of the four considered ratings (IA “Mobile”, “Expert”, and IC “Rating”) 

evaluate bank reliability in a similar way, and are also strongly correlated to the evaluations given by the ex-

perts. The fourth rating that we analyzed, “Profile”, differs fundamentally from these. This corresponds to 

the answers to the final question in the experts survey, where experts are asked to judge the existing ratings. 

“Profile” does worse than the other three, although the difference with one of these is not very large (cf. Ta-

ble 6).  
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Financial characteristics of a bank such as its size (expressed in the indicator of shareholders’ eq-

uity), liquidity indicators and the indicator of sufficiency of capital play a role in the models for all existing 

ratings and in the expert ratings. This is in line with the international literature on bank ratings and corporate 

bond ratings in general. The long-term loans to non-financial institutions to total assets ratio plays a role in 

most models; profitability of capital in only a few models. The model based upon expert evaluations of vir-

tual banks seems to be most in line with prior expectations. This model gives predictions that are only 

weakly correlated with the predictions of other models (except “Profile”). Apparently, expert knowledge not 

captured in the public information plays a large role, for both rating agencies and the financial experts in the 

survey. 

For an indicator such as the overdue loans to loans to non-financial institutions ratio, the fact that 

neither rating agencies nor experts evaluating real banks take this into account suggests that experts realize 

that for real banks this indicator is often manipulated by the banks and does not reflect the expectation of 

default risk that it stands for. In general, however, they do think that a non-manipulated values of this crite-

rion is an important indicator. This is confirmed by the fact that most experts name this indicator as one of 

the most important characteristics for bank reliability and the fact that it is significant in the evaluations of 

virtual banks. 

From this analysis, some lessons can be learned for the discussion on designing an Early Warning 

System (EWS). Such an EWS will allow fast screening of banks, trying to distinguish banks with a high risk 

of failure in the future from those with a low risk of failure. Models of bank ratings can be used as (ingredi-

ents of) an EWS. The idea that regulatory capital requirements should be risk-sensitive is at the core of the 

proposed changes to the Basel Capital Accord. The first pillar of the New Basel Capital Agreement assumes 

that each bank should use some Bank’s Internal Rating System (IRB) (Basel Committee on Banking Super-

vision (2000,2001). Such an IRB system could also be based on a statistical model of bank credit ratings and 

models of probability of default. Currently, only the US and French supervisory authorities make use of sta-

tistical models. 

The results in this paper suggest that care should be taken in the choice of statistical model or 

benchmark rating underlying the EWS, at least in countries where well-established international rating agen-

cies are not yet active on a large scale. Although they certainly have common elements, different rating 

agencies use different criteria or weigh the criteria in a different way. Moreover, banking experts from within 

the banking industry seem to use their own evaluation criteria, which are again correlated with but far from 

identical to the criteria used by the agencies. A particular concern applies to the mechanical use of seemingly 

objective numerical criteria if these numbers can easily be manipulated by the banks. Using expert opinions 

that explicitly account for such phenomena in addition to evaluations by well-established rating agencies and 

objective criteria incorporated in a statistical model seems a useful strategy to obtain a reliable early warning 

system.    

 

 

 



 21

References 

Altman, E.I. (2001), Introduction to “Credit ratings and the proposed new BIS guidelines on capital ade-
quacy for bank credit assets,” Journal of Banking and Finance, 25, 1-2. 

Altman, E.I., and A. Saunders (1998), Credit risk measurements: Developments over the last 20 years, Jour-
nal of Banking and Finance, 21, 1721-1742. 

Altman, E.I., and A. Saunders (2001), An analysis and critique of the BIS proposal on capital adequacy and 
ratings, Journal of Banking and Finance, 25, 25-46. 

Banks and Finance. Informational and analytical bulletin��������� ��������0���³0RELOH´�LQIRUPational 
agency. 

Chumakov, P. (1999), Kromonov’s rating – virtual optimality. Rynok Tsennykh bumag (Security market), 20, 
155. 

Claessens, S. (1996), Banking reform in transition countries, World Bank Policy Research Working paper, 
n.1642. 

Greene, W.H. (1997), Econometric Analysis (3rd edition), Prentice Hall, Upper Saddle River, New Jersey. 

Kaplan, R., and G. Urwitz (1979), Statistical models of bond ratings: A methodological inquiry, Journal of 
Business, 52, 231–261. 

Karminsky, A.M., and A.E. Petrov (2000), Banks’ dynamic financial stability ratings, Analytic Banking 

Journal, 12, 74-78. 

Karminsky A.M. and A.E. Petrov (2001), Methods of calculation of banks’ dynamic financial stability rat-
ings, in Banking and Financial Technologies, International Center for Banking and Financial Technologies, 
Moscow, 134-142. 

Kolari, J., D. Glennon,  Hwan Shin and M. Caputo (2002), Predicting large US commercial bank failures, 
Journal of Economics and Business, 54, 361-387. 

Morgan, D.P. (2002), Rating banks: risk and uncertainty in an opaque industry, American Economic Review, 
92, 874-888. 

Olenev N., A. Karminsky, and V. Astrelina (1999), To the necessity of differentiation of prudential norms 
and ratings evaluations for the financial institutions of the real economy, Rynok Tsennykh bumag (Market of 

securities), 20, 52-56. 

Petrov, A.E., V.V. Astrelina, I.N. Berezinsky,  and O.I. Belyaev (2001), Bank dynamic financial stability 
rating on the September 1st, 2000, in Banking and Financial Technologies. International Center for Banking 

and Financial Technologies, Moscow, 143-151 

Range of Practice in Bank’s Internal Rating Systems, discussion paper (2000), Basel committee on banking 
supervision, Basel. 

Tarasov V., and V. Zakharov (2000) Trends in the development of the Banking System in Russia. in Banking 
and financial Technologies for the real Economy, Moscow, 2000, 23-41. 

The Internal Ratings-Based Approach, Supporting Document to the New Basel Capital Accord (2001), Basel 
committee on banking supervision, Basel.  
 



 22

Appendix 1. Financial characteristics of bank activity**  
 

Acronym Name Detailed description 

1.  Size 

As Assets Owned and drawn funds placed into lending and other activities 

Eq (Shareholders’) Equity 

The bank’s equity is defined as basic and additional capitals. It 
includes share capital, bank’s funds, accumulated profit as well as 
reserves for revaluation of currency, securities and precious met-
als, allowance for possible loss on non-risk loans and some nega-
tive adjustments*  

TA Total assets* Assets enlarged by inter-branch and intra-bank transactions** 

2.  Activity on financial markets (accounts balances) 

GB Government bonds 
Bonds issued by the Ministry of finance and/or the Central Bank 
of the Russian Federation 

LNI 
Loans to non-financial institu-
tions 

Loans to non-banking entities (to non-financial institutions) 

LLNI 
Long-term loans to non-financial 
institutions 

Loans to non-banking entities (to non-financial institutions) with 
a maturity of one year and over 

EA Earning assets Interest bearing assets 

LNR Liabilities to non-residents Credit accounts of Russian non-residents 

NGS Non-government securities Securities issued by non-government entities 

DPC 
Private customers’ deposits and 
accounts 

Credit accounts opened with a bank by private customers 

SFD 
Surplus on forward deals to sell 
and buy currency 

Surplus on forward deals to sell and buy currency 

3.  Liquidity and capital adequacy  

CA 
Capital adequacy ratio*  
(standard N1) 

Ratio of equity to assets weighted on risk, values of credit risks on 
instruments and term deals, reflected on off-balance accounts, and 
value of market risk less loss reserves on medium-risk loans and se-
curities 

SL 
Short-term liquidity ratio*  
(standard N2) 

Ratio of the sum of highly liquid bank assets (cash money, call 
accounts, precious metals, some reserves) to the sum of bank’s 
call liabilities  

CL 
Current liquidity ratio*  
(standard N3) 

Ratio of the sum of bank’s liquid assets to the sum of bank’s li-
abilities on call accounts and term accounts with a maturity of up 
to 30 days 

GL 
General liquidity ratio*  
(standard N5) 

Ratio of liquid assets to assets 

4.  Income and loss characteristics  

PBT Profit before tax Income before profit tax deduction 

PAT Profit after tax Income less profit tax 

OL Overdue loans 
Debts not redeemed at maturity (defaulting debt at least for one 
day) 

* According to the Central Bank of the Russian Federation Instruction No 1 and additions 
** According to Russian accounting standards. 
 
 



Appendix 2. Statistics of financial indicators of banks 
 

Correlation coefficients of bank characteristics (for the sample of 826 banks)
 PBT/Eq LLNI/TA CA GB/TA LNI/TA SL OL/LNI EA/As Eq Eq/As LLi/TA CL TA 

PBT/Eq 1 0.011 0.029 0.028 0.042 –0.046 –0.001 –0.029 0.009 0.025 0.014 –0.072 0.007 
LLNI/TA 0.011 1 0.085 –0.063 0.459 0.024 –0.055 0.372 0.016 0.207 0.236 0.047 –0.031 
CA 0.029 0.085 1 0.006 –0.131 0.292 0.009 –0.116 –0.016 0.845 –0.143 0.317 –0.072 
GB/TA 0.028 –0.063 0.006 1 –0.222 0.109 0.059 0.172 0.094 –0.083 0.147 –0.017 0.003 
LNI/TA 0.042 0.459 –0.131 –0.222 1 –0.104 –0.129 0.555 –0.041 0.055 0.142 –0.040 –0.084 
SL –0.046 0.024 0.292 0.109 –0.104 1 0.012 –0.084 0.018 0.179 0.148 0.699 –0.022 
OL/LNI –0.001 –0.055 0.009 0.059 –0.129 0.012 1 –0.102 0.065 –0.031 0.066 0.011 0.847 
EA/As –0.029 0.372 –0.116 0.172 0.555 –0.084 –0.102 1 0.083 0.142 0.320 –0.048 –0.083 
Eq 0.009 0.016 –0.016 0.094 –0.041 0.018 0.065 0.083 1 –0.032 0.027 –0.015 0.298 
Eq/As 0.025 0.207 0.845 –0.083 0.055 0.179 –0.031 0.142 –0.032 1 –0.063 0.328 –0.072 
LLi/TA 0.014 0.236 –0.143 0.147 0.142 0.148 0.066 0.320 0.027 –0.063 1 0.175 0.054 
CL –0.072 0.047 0.317 –0.017 –0.040 0.699 0.011 –0.048 –0.015 0.328 0.175 1 –0.019 
TA 0.007 –0.031 –0.072 0.003 –0.084 –0.022 0.847 –0.083 0.298 –0.072 0.054 –0.019 1 

 
Descriptive statistics of bank characteristics (for the sample of 826 banks)

 PBT/Eq LLNI/TA CA GB/TA LNI/TA SL OL/LNI 
Mean 0.041 0.0911 34.6 0.0343 0.364 64.9 0.0308 

Median 0.058 0.0585 29.5 0.0048 0.366 52.7 0.0082 
Maximum 0.861 0.7407 158.7 0.5215 0.820 1231.2 3.4196 
Minimum –35.63 0.0000 0.10 0.0000 0.0071 5.5 0.0000 
Std. Dev. 1.263 0.1031 20.5 0.0673 0.168 67.2 0.1326 

 
 

 EA/As Eq (billion rubles) Eq/As LLi/TA CL TA (billion rubles) 
Mean 0.572 0.4877 0.248 0.067 103.2 12.14 

Median 0.589 0.0771 0.208 0.039 82.45 0.416 
Maximum 2.480 60.28 0.941 0.682 1863 5897 
Minimum 0.014 0.00132 0.0009 0.000 41.3 0.00434 
Std. Dev. 0.186 3.000 0.150 0.087 91.26 215.9 

 
 


